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6. Summary and Discussion

6.1 Introduction

This investigation focused on the way in which teacher educators use data and how 
they prepare future teachers for data use. The following research question was the 
focus of this investigation: How does a data team contribute to the development of 
teacher educators’ ability to use data to improve their educational practice?
Paragraph 6.1 answers the research questions. Paragraph 6.2 summarizes the 
outcomes of the four studies. Paragraph 6.3 reflects on the outcomes of the studies 
and the methods used. Paragraph 6.4 continues with recommendations for educational 
practice, policy, and further research.

6.2 Summary and Outcomes of the Studies

6.2.1  Summary Study 1: A Study into Data Use by Teacher Educators

The first study focused on how which teacher educators pay attention to data use in 
their instruction to future teachers, and how they use data themselves for accountability 
purposes, for school development, and instructional improvement. Moreover, the study 
also focused on which factors influenced data use by teacher educators. To answer this 
question, the study addressed the following research question: 

How do teacher educators attend to data use at teacher education 
colleges?

The outcomes of the study showed that the majority of teacher educators included 
data use in their curriculum, albeit often integrated into other subjects (such as 
Language or Calculus). Data use is a recurring topic during the traineeship; however, 
not all the teacher educators were able to rely on the traineeship teaching all students 
how to use data. This sometimes resulted in data use being limited to learning about 
data at the teacher education college, with no actual experience in using data in 
educational practice. The time used by teacher educators on data use varied from 
1-2 European Credits (28-56 hours of study) to more than 10 European Credits (280 
hours of study). Apparently, there are differences in the importance that is attached to 
data use. When taking a closer look at the different aspects connected to data use, it 
became clear that not all aspects receive the same amount of attention. In particular, 
the quality of data is relatively overlooked. Data-based decision making has many 
things in common with research, a relatively new component in the curriculum 
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of teacher education colleges. The discussions regarding the form and content of 
instruction regarding research have not been finalised, and this might explain why an 
aspect such as data quality has been relatively overlooked so far.

Teacher educators indicated they mostly used data for accountability 
purposes. The attention to data use for accountability purposes can be explained by 
the fact that the teacher education colleges have been under the magnifying glass 
when it comes to the quality of education, and they need to meet the accountability 
requirements. Moreover, teacher educators indicated that they also used data for 
school development and to a lesser extent for instructional improvement. The 
regression analysis showed that data use for accountability purposes was influenced 
by data and data information systems, the user, and the character of the collaboration. 
Data use for school development was related to the collaboration between users 
and the organisation. When the predominant culture at a school aimed at continuous 
improvement of the school together, data use was stimulated. The study found no 
factors that influence data use for instructional improvement.

6.2.2  Summary Study 2: A Data Team as a Context for Learning

The second study focused on the way in which a data team provides a context for 
learning about data. The study addressed the following research question: 

How does participation in a data team contribute to the professional 
development of the data team members?

The possibilities for learning within a data team were evaluated after a year, based 
upon the relevance and the depth of inquiry of the conversations in the data team. A 
study of the contents of the conversations to see whether they focused on instruction, 
learning, and learning materials, what is termed the relevance of the conversations, 
showed that the conversations in all of the data team meetings were relevant. The 
study also considered depth of inquiry. Depth of inquiry deals with how data team 
members have these conversations, listening to the reasoning, and reflecting upon the 
underlying assumptions to develop knowledge. Depth of inquiry is characterised by 
an inquisitive attitude, and also entails critically reviewing the knowledge that is at the 
basis of each step. This depth of inquiry varied both within and across meetings. Within 
the meetings, most of the meetings started with conversations that had little depth; 
then the depth increased, and towards the end, the depth decreased again. Across the 
meetings, in general, there was relatively little depth of inquiry at the start of the cycle. 
When data (e.g., regarding student progress) were introduced, the mean depth of 
inquiry during the meeting increased, but the depth subsequently decreased 
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a bit when conclusions were drawn and improvement measures were developed. 
The increase of the mean depth of inquiry across the data team meetings could be 
explained by the way in which a team is formed and starts to function; such a team 
needs time to become effective and to develop depth of inquiry in their conversations. 
Another contributing factor for the mean depth of inquiry are data. When data were 
introduced, the depth increased; by interpreting data, data team members developed 
new knowledge.

The data coach played an important role in the meetings, in particular when 
the data coach combined the role of expert with that of coach. Thus, the data coach 
was able to encourage the data team to achieve depth of inquiry in the conversations 
by asking questions and summarising conclusions. In the expert role, the data coach 
brought new knowledge regarding the quality of data, as well as presenting, analysing, 
and interpreting data, and thus encouraged the data team members to achieve depth.

6.2.3  Summary Study 3: Factors Influencing Depth of Inquiry of the 
Conversations

The depth of inquiry of the conversations varied between meetings, but what exactly 
influenced the depth of inquiry in the conversations during the two years the data team 
was active? The third study focused on the following research question: 

Which factors enable and hinder depth of inquiry within the data 
team?

The outcomes of this study showed that data and data information systems influence 
the depth of inquiry in the conversations. Overall, data increased the depth of inquiry 
of the conversations. In order to increase the depth of inquiry, it is important for the 
data to align with the needs of the users and to relate to the hypotheses the data 
team formulated. Furthermore, the data need to relate to the prior knowledge of the 
data team members regarding the problem at hand. The depth of inquiry increased 
when the data team was presented with data that were in keeping with the data skills 
of the data team members. As data team members became more skilled in reading 
data, the conversations focused more on what the data represented. When the data 
did not fit with the prior knowledge of the data team members regarding the subject, 
the reliability of the data was questioned first. After assessing the quality of the data, 
the conversation could focus on what the data represented in relation to the data 
team members’ prior knowledge regarding the subject, and the depth of inquiry of the 
conversations increased.

Moreover, the data team members’ attitude towards data use also influences 
the depth of inquiry. Whereas a negative attitude towards data use was a hindering 
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factor at first, during the second year this attitude played a smaller role in the depth 
of inquiry of the conversations. Finally, the buy-in/belief of the user played a role in 
the depth of inquiry of the conversations. Buy-in/belief in data use caused data team 
members to search for evidence to refute or confirm hypotheses.

The aspects of ownership, locus of control, and support by management, which 
were included in the theoretical framework, did not play a role in the depth of inquiry 
of the conversations. In both the first and second years, the data team was the owner 
of the problem as well as of how the problem was being solved (the activity cycle). This 
did not change during the meetings. The same applied to the locus of control. Nor did 
it make a difference to the depth of inquiry whether the locus of control was internal 
or external. Support by management also did not lead to greater depth of inquiry, 
because the management did not (actively) participate in the data team meetings.

Factors that were not part of the theoretical framework of the study, but 
that did play a role in the depth of inquiry of the conversations were cognitive 
conflicts, prior knowledge, and affective conflicts. Cognitive conflicts were defined 
here as differences in opinion, convictions, and knowledge constructs. This study 
showed that cognitive conflicts can have a positive impact on depth of inquiry. In this 
context, it was important to clarify the prior knowledge at the root of the cognitive 
conflict. By confronting the prior knowledge with data, the knowledge system 
can be reconstructed based upon arguments. Thus, the data team constructed 
a shared knowledge base regarding the problem. When data team members 
developed affective conflicts, this had a negative effect on the depth of inquiry of the 
conversations. Affective conflicts differ from cognitive conflicts in that the differences in 
opinion, convictions or knowledge constructs have become personal. When affective 
conflicts were left unaddressed, these conflicts had a negative effect on the depth of 
inquiry of the conversations.

6.2.4  Summary Study 4: The Impact of the Data Team on Professional 
Development and Data Use

The fourth study aimed to establish the learning gains from the data team intervention 
and how the data were used in educational practice. The focus of the study was: 

How do teacher educators who participate in a data team achieve data 
knowledge, skills, and a more positive attitude towards data use, and 
how does their participation impact their professional practice?

The results of this study show that data team members, who participated in the data 
team for two years, developed their knowledge of data in very different ways: data 
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team members with the least knowledge showed the greatest developed of knowledge 
and skills regarding data use, whereas the members who already had relatively a lot 
of knowledge and skills regarding data use learned less. Data team members gained 
the most knowledge about the steps ‘converting data into information’, ‘transforming 
conclusions into improvement measures’, and about ‘evaluating’, and less about 
‘identifying the problem’ and ‘collecting data’. Although all steps were addressed, 
the data team members did not master all the steps to the same extent. This could 
be explained by the fact that a few data team members indicated that they thought 
the procedure was too slow at times. Data team members also reported that they had 
gained knowledge about working in a team in order to improve education.

When it came to attitude development, not all data team members appeared 
to develop a positive attitude towards data use. This might be caused by the length 
of the intervention. Moreover, it also became clear that an increase in data skills did 
not necessarily coincide with a more positive attitude towards data, and vice versa. 
Apparently, the relationship between knowledge and attitude is a complex one.

During the development of data use among the data team participants, their 
data use for school development in their educational practice increased, but data 
use for instructional improvement did not. This outcome might be explained by a 
lack in transfer of the lessons learned. The data team used data to solve a problem 
within the school. When a data team member uses data outside of the data team for 
school development, it is called near transfer. If a data team member were to use data 
for instructional improvement, this would be a case of far transfer. This intervention 
appears to yield data use in line with what they had practised before, so this is a case 
of near transfer.

6.2.5  Conclusion

Going back to the central research question at the core of the study, How does a 
data team contribute to the development of teacher educators’ ability to use data 
to improve their educational practice?, it becomes clear that teacher educators 
teach future teachers how to use data, but that the structure, the scope and the 
content of their data use in education differs, as well as whether data use within the 
traineeship can be guaranteed. The teacher educators themselves primarily use data 
for accountability purposes, and less for school development and adapting their 
instruction to their students’ educational needs. Data use for accountability purposes 
is impacted by characteristics of the data and data information systems, the user, and 
the data-related collaboration. Data use for school development is impacted by the 
collaboration between the users and the organisation. The study did not find any 
factors influencing data use for instructional improvement.
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When teacher educators are working on their professional development in a data 
team, the data team becomes a meaningful context and helps to solve an educational 
problem, although several data team members considered the method time-
consuming. Data team members have conversations in the data team which are 
relevant and vary in depth of inquiry. A factor influencing this depth is whether data 
are used during the conversations, particularly data which correspond to the users’ 
data skills. Moreover, the team members’ attitude towards data and their buy-in/belief 
impact the depth of inquiry of their conversations. The factors of prior knowledge and 
the ability to deal with cognitive and affective conflicts also impact depth of inquiry of 
the conversations. After the intervention, the teacher educators participating in a data 
team developed knowledge and skills; the data team members least knowledgeable at 
the start gained the most knowledge and skills, and those most knowledgeable gained 
the least. The development of knowledge and skills is not related to the development 
of a more positive attitude towards data and data use within educational practice. After 
the intervention, the teacher educators who participated in the data team primarily 
used data for school development and less for accountability purposes or for adapting 
their instruction to their students’ educational needs.

6.3 Reflection on the Study

6.3.1  Reflection on the Outcomes of the Study

In reflecting on the study, we will elaborate on several outcomes of the study: data use 
in the curriculum of the teacher education college, learning in a data team, the transfer 
of learning, and the data team and the organisation.

Data in the Curriculum of the Teacher Education College

Teacher educators teach future teachers to use data for school development. However, 
they themselves use data to a lesser extent for school development, and as such are 
not good role models for their own students (Swennen et al., 2010). At the start of 
their career, teachers find it hard to differentiate based on data (Inspectie van het 
Onderwijs, 2015). We could ask ourselves whether teacher educators are in fact role 
models for their students at all when it comes to using data to adapt their instruction 
to their students’ educational needs. It might be possible that examples in which future 
teachers learn to use data, but in which instruction is also improved upon based on 
data, could provide an impetus for strengthening the model role of teacher educators 
in data use. Jimerson et al. (2016) have, for example, developed a course for future 
teachers in which they are taught not just to use data, but in which the course itself 
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has been developed based on data and the instruction is adapted to the students’ 
educational needs during the course.

Learning in a Data Team

With regard to the data team, it can be said that learning took place in an intervention 
with the characteristics of effective professional development (Desimone, 2011, 
Lomos et al., 2011; Van Veen et al., 2010; Vescio et al., 2008). Both the relevance of 
the conversations as well as the depth of inquiry of the conversations show that the 
data team is a context in which learning takes place (cf. Henry, 2012; Schildkamp et 
al., 2015). This result is corroborated by the findings of a study of learning in data 
teams in secondary education (cf. Ebbeler, 2016). Learning can also be interpreted as 
behavioural change, or the possibility of behavioural change, which occurs even after 
an extended period of time, becomes visible in several situations and is established 
based upon practice and not through maturation or aging (e.g., Illeris, 2002; 2007; 
Poortman, 2007). The question remains whether there was a change in behaviour 
during this study. Data team members did indicate that they started to use more data 
for school development, outside of the data team intervention. This could lead to the 
cautious conclusion that there was an increase in learning.

However, not all members of the team experienced the same increase in 
learning. The variability in depth of inquiry as well as the results of the knowledge 
test, survey, and interview show the teacher educators differ in the extent to which 
they develop knowledge and skills and use data in their educational practice. The 
third study showed that factors related to data and data storage, the knowledge and 
skills of the user, as well as the connections with prior knowledge and dealing with 
cognitive conflicts all impact the depth of inquiry of the conversations, and thus the 
learning of the data team. However, the fourth study showed that individual data team 
members developed their knowledge and skills regarding data use differently. At the 
start, data team members have different data skills and attitudes regarding data use 
and these differences might impact learning within the data team. Moreover, data 
team members also react differently to input of data. This input of data can be seen 
as having one’s own prior knowledge confronted by the data. These data, (in part) 
present the phenomenon, the educational problem that is being worked on. When 
these data diverge from the prior knowledge constructs of the learner, a cognitive 
conflict presents itself (D’ Mello et al., 2014). When the data reflect the phenomenon 
in a convincing way, the learner will build a new knowledge construct (cf. Hubers, 
Poortman, Schildkamp, Pieters, & Handelzalts, 2016). When the data fail to convince 
or the data user keeps holding on to his/her convictions, this will lead to a rejection of 
the data and the learner will stick to the prior knowledge construct (Katz et al., 2009). 
These cognitive conflicts impact learning positively or negatively, depending on the 
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extent to which the data team member can manage the cognitive conflict. Illeris (2003, 
396) calls this the internal process of learning an “internal psychological process of 
acquisition and elaboration in which new impulses are connected with results of prior 
learning”.

The individual data team members’ learning cannot be seen separately from 
the data team in which the learning takes place. The conversations take place within 
the data team. Illeris (2003) calls this an external process of interaction, and describes 
it as: “a process between the learner and his or her social, cultural and material 
environment” (p. 396). A data coach can influence the learning of the individual 
members. The data coach can insert depth of inquiry into the conversations by means 
of conversation interventions. This role does not have to be limited to the data coach. 
Other data team members can take on this role as well, and thus play a role in each 
other’s processes of learning. The conversations in the data team helped to review 
prior knowledge and aided in solving cognitive conflict, but cognitive conflict could 
also result in affective conflict (Butler & Schnellert, 2012).

Learning is not just a cognitive matter. Social and emotional processes 
influence learning as well. This corresponds with what Illeris (2003) writes on learning. 
Illeris distinguished three dimensions of learning: the cognitive dimension of 
knowledge and skills, the emotional dimension of feeling and motivation, and the 
social dimension of communication and collaboration with others. While analysing 
the depth of inquiry of the conversations, it became clear that all three dimensions 
played a role in learning in a data team. The cognitive dimension played a role when 
knowledge was constructed by means of data. The emotional dimension played a 
role in cognitive conflicts, when prior knowledge did not correspond to the data. And 
finally, the social dimension played a role in affective conflicts, when the differences in 
convictions became personal. This learning in three dimensions might explain why the 
processes of learning differed so much between the individual members of the data 
team.

Transfer of Learning

The above-mentioned indicates that the processes of learning differed within the 
data team and that this led to differences in knowledge and skills. This also became 
clear from the extent to which the data team members used their knowledge in their 
educational practice. One data team member, for example, used video recordings of 
students to analyse the students’ learning (far transfer), while at the same time another 
data team member could not see how data could be used to gain insight into the 
differences in learning needs for her subject (dance), but she did use data for school 
development (near transfer) (Kim & Lee, 2001).
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Illeris (2009) and Poortman (2007) do not just distinguish different forms of learning, 
but state that these differences will also lead to differences in transfer. They distinguish 
between: cumulative learning, which is seen as an isolated form of learning that is 
not part of the prior knowledge of the learner. No transfer is established. They also 
distinguish assimilative learning, which is seen as a form of learning in which new 
knowledge is integrated into prior knowledge. The result is knowledge that can be 
accessed relatively easily, as long as the new context is comparable to the context in 
which it was learned. Near transfer is established. They also distinguish accommodative 
learning, which is seen as a form of learning in which an established knowledge 
construct is torn down and a new knowledge construct can be built. The result is 
knowledge that can be easily recalled in different circumstances, even if the new 
context diverges from the context in which it was learned. The learning has become 
internalised. Far transfer is achieved. Finally, there is transformative learning, which 
is seen as learning in which learning brings about a transformation in a person, or 
in the organisation of learning. The outcome is not so much something that can be 
remembered or recalled, but has become part of the person. Far transfer is achieved 
here as well.

In those instances where professional development led to data use for school 
development, near transfer was achieved. Using the terminology of Illeris (2009) and 
Poortman (2007), this type of learning can primarily be defined as assimilative learning. 
New knowledge and skills regarding data use are integrated into the prior knowledge 
of data team members, which makes it relatively easy to recall the knowledge as long 
as the new context is similar to the context in which it was learned. In those instances 
where professional development led to more data use for instructional improvement 
based upon the students’ learning needs, far transfer was achieved. Using the 
terminology of Illeris (2009) and Poortman (2007), this type of learning could be 
defined as accommodative or transformative learning. Overall, the data team members 
primarily achieved near transfer.

The Data Team and the Organisation

The results of professional development cannot be understood by looking at the data 
team alone. Although the data team is an important tool for learning for the individual 
data team members, the data team did not act separately from its environment, 
but interacted with the entire college. Thus, the data team was part of the entire 
organisation; a problem was tackled that concerned the entire organisation; data 
team members were also part of other teams, such as the management team, exam 
committees, departments, and other smaller task groups; communication took place 
on all sides and in different contexts, planned and unplanned, and the improvement 
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measures needed to be implemented in the entire organisation. In that sense, learning 
in a data team does not stand apart from the organisation, but is imbedded in the 
organisation. The fact that this relationship impacted the learning of the data team 
members became clear from the improvement measures the data team developed. By 
the time the data team was ready to implement improvement measures in the first year, 
the deadline for decision making for the next year had expired. This led the data team 
members to feel that the data team’s progress was too slow and lacked momentum, 
which led to disappointment. Because professional development was deemed slow, 
there was a negative effect on learning. It might be the relationship between the 
data team and the organisation that limits the opportunities for a data team to both 
learn and at the same time improve educational practice. A data team offers an 
intimate context for learning, one that is transparent and a place where members 
work methodically on a solution to a shared problem. At the same time, all eyes in 
the organisation are on the data team and on the extent to which the data team will 
come up with a timely (satisfying) solution to the educational problem. The rhythm of 
the learning process on the one hand and that of the organisation on the other are not 
always in sync.

6.3.2  Reflection on the Research Method

The motivation for this study was the plea for micro-process research by various 
researchers (e.g., Coburn & Turner, 2011; Little, 2012; Marsh, 2012; Moss, 2012; 
Spillane, 2012). The reason is that there is a lack of knowledge about how the 
interactions in the data teams contribute to learning about and use of data by teacher 
educators. The single case study which was conducted in this study aims to contribute 
to the knowledge base about the processes within a data team. The way in which 
data team members develop knowledge, skills, and attitudes and use data within their 
educational practice was examined in detail. The extensive observational data of the 
conversations in the data team provided insight into the way a data team intervention 
progresses over time and what micro-processes played a role. By combining 
observational data with instruments in which the data team members gave their 
own opinion, and with the data from a knowledge test, insight was gained regarding 
the learning process of the data team members and an answer was provided to the 
question of how a data team contributes to the professional development of teacher 
educators regarding data use for improving their educational practice (Little, 2012; 
Powell & Bromley, 2013). However, to achieve generalisable outcomes, the findings of 
this study will need to be tested in more contexts, and in more diverse contexts.

The survey that was used in study one has been used before with teachers 
in secondary education. The size of the sample in study one limited the statistical 
possibilities, which made it impossible to conduct a multilevel analysis. That is why the
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role of the organisation remained neglected. However, this is the first study to provide 
an insight into the dual role teacher educators have in data use within a Dutch context.

Studies two, three, and four took place in the organisation at which the 
researcher works. At the time of the study, the researcher was both the data coach of 
the data team as well as a researcher. In order to protect the validity and reliability of 
the study (Yin, 2014), a great deal of care was taken when it came to transparency and 
triangulation while designing and conducting the research. Transparency was achieved 
by taking great care when developing the method. All collected data are available on 
request and verifiable. Moreover, the data were also coded by a fellow researcher and 
the outcomes were compared to each other. While collecting data, multiple sources 
were used: observations were combined with interviews, knowledge tests, surveys, 
and artefacts. Data on the data coach’s perception of his role was collected by a fellow 
researcher. Participative research also demands that the researcher is continually 
clear about which role he is taking on. For the purposes of this study it was indicated 
that the researcher had the objective of ensuring that the data team members were 
able to learn (participation) but also had a role in collecting data regarding the 
learning process (distance). Moreover, care was taken with ethics, by indicating how 
confidentiality and anonymity were being dealt with. Because the researcher had the 
role of both data coach and researcher, the data team members could be followed 
systematically, and more extensive insight was gained into the way the micro learning 
process took shape in the data team.

6.4  Recommendations

The outcomes of the study could help with organising the data team in a more 
effective way, but they also provide possibilities for further research. Recommendations 
for educational practice, policy, and research can be found below.

6.4.1  Recommendations for Educational Practice and Policy

The data team has the function of both school development and professional 
development. When looking at it from a professional development perspective, the 
data team intervention could be strengthened by taking care all data team members 
learn.  
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1. Because the data team intervention does not take into account the data team 
members’ different dispositions towards data at the start of the intervention, 
not everyone learns to the same extent. The data team intervention could 
be strengthened by a screening process aiming at a more homogenous 
composition of the data team. In case of a less homogenous composition 
of the data team, the intervention could be strengthened by methods that 
provide the possibility of differentiating to make sure all data team members 
can learn to the same extent. Thus, data team members who already have 
more knowledge and skills could get a different role in (the preparation of) the 
data teams.  

2. Participants’ dispositions at the start of the meetings as well as the progress 
of the cognitive, social, and emotional dimensions of the learning process 
determine the outcomes of learning. These dimensions of the learning 
processes demand explicit attention, from both the data coach and the data 
team members.

3. In order to teach teacher educators to use data for instructional improvement, 
different data teams could be started, some aimed at data use for instructional 
improvement and some aimed at data use for school development. Members 
of the different data teams can exchange experiences, thus achieving more 
instances of far transfer. 

4. The data team is deemed to be time-consuming at times, and runs the risk of 
losing momentum while searching for a solution which can be implemented at 
short notice. In order to respond to these objections, it should be clear when 
choosing a problem what the timeframe is for implementing improvement 
measures. This will not remove all objections, because different possible 
solutions have different timeframes. It will, however, ensure this aspect is part 
of the data team method and will create pressure to develop improvement 
measures that fit the timeframe. 

5. The first study showed that although data skills are part of the curriculum of the 
teacher education college, not all aspects of data use receive the necessary 
attention. In the Netherlands, data use is not listed as one of the competencies 
for teachers, nor is it mentioned in the knowledge base for teacher educators 
(Dengerink & Snoek, 2016; Geerdink & Pauw, 2016, 2017). Although listing 
data use as one of the competencies might not lead to an immediate change 
in educational practice, it does impact the standards for assessment and it 
will impact the expectations for (future) teachers and thus indirectly impact 
educational practice. Data use could be reinforced within teacher education 
colleges by listing the requirements related to data use in both the teachers’ 
competencies and the knowledge base of the teacher education colleges. 
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These recommendations strengthen the professional development perspective. It 
is important that there is enough room left for the school development perspective 
of the intervention; after all, keeping pace with the (desires of the) organisation is 
equally important to the success of the data team. It might be possible for the data 
team intervention in the organisation to coincide with an intervention in which teacher 
educators use data to improve their instruction to meet their students’ learning needs, 
while using the opportunity to let both interventions learn from each other.

6.4.2 Recommendations for Further Research

1. The way in which future teachers learn how to use data is different in each 
teacher education college. However, there is little known about whether and 
how these differences in position, attention and form in the curriculum impact 
the effectiveness of the learning process involved in teaching future teachers 
to use data. Research should shed a light on effective educational practices in 
learning how to use data.

2. Data team members have different dispositions toward data at the start of the 
intervention. The question is how this can be taken into account effectively 
during an intervention such as a data team? Research could uncover effective 
components that can aid a data team in responding to these different 
dispositions, in order to ensure each data team member’s learning and, in 
particular, learning how to use data in his or her educational practice.

3. The role of the data coach is important. That is why more detailed insight into 
which data coach interventions are effective is desired. These insights could, for 
example, concern effective interventions regarding differentiating between the 
different data team members, regarding individual learning processes of the 
data team members in the data team, and regarding the transfer of what has 
been learned, in order to ensure that data team members do not use data for 
school development alone, but also for instructional improvement to meet their 
students’ learning needs.

4. The objectives of professional learning communities are both professional 
development and school development. The question is how these two 
objectives influence each other and what (im)possibilities this form of personal 
development offers for achieving both objectives. Further research should shed 
more light on this.

5. Finally, research could lead to greater insight into how the teacher educator’s 
learning process regarding data use is related to the teacher educator as a role 
model. 
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