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ABSTRACT

People are poor lie detectors, partly because they hold false beliefs about nonverbal cues to deception. Here, we investigated if
guiding people to rely only on a message's detailedness (“take-the-best”) boosts their lie detection and to what extent such heu-
ristic judgments are immune to nonverbal information. In three studies (Ns=109, 88 and 144), participants made detailedness-
based veracity judgements, of text versus video statements (Study 1), or of statements without or with biasing nonverbal behavior

(truth tellers diverting, liars maintaining gaze; Studies 2 and 3). Compared to unguided judgements, participants using the heu-

ristic method achieved higher deception detection accuracy throughout. Mere access to nonverbal behavior did not deteriorate
performance (Study 1), but the heuristic was not fully immune to biasing nonverbal behavior (Studies 2, 3). Our findings chal-
lenge the lay notion that access to nonverbal behavior benefits deception detection and suggest that only focusing on diagnostic

cues improves lie detection.

1 | Introduction

A spectacular example of how people can be misguided by char-
ismatic individuals' nonverbal behavior is the case of Elizabeth
Holmes, founder of Theranos. Once an admired pioneer in the
field of blood test diagnostics, Holmes was convicted of wire
fraud after reports that her method did in fact not work. Yet,
for a long time, Holmes managed to convince patients, jour-
nalists, and investors of the opposite. Holmes' charisma is
well-documented and includes her habit of never breaking eye
contact to convince the public of her method and show her cred-
ibility (McShane 2019; Popken 2021; Way 2021). Cases such
as the one of Elizabeth Holmes and TV shows such as “Lie to

me” show that many people hold beliefs about what nonverbal
behavior can and should be used if one wants to detect deceit.
Yet, nonverbal behavior in general—and a person's eye gaze in
particular—is repeatedly found to be not useful when trying to
evaluate someone's truthfulness (e.g., DePaulo et al. 2003). Thus,
the question remains, whether people are, although potentially
well-intentioned, simply focusing on the wrong cues when try-
ing to tell lie from truth, thus rendering their judgments worse
than they could be?

There is substantial evidence for the assumption that peo-
ple are poor lie detectors. Meta-analyses find that laypeople
perform only slightly above chance level (i.e., 54%; Bond and
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DePaulo 2006). Even police officers and judges do not per-
form better (Aamodt and Custer 2006; Akehurst et al. 1996;
Leach et al. 2004). Why is that? A person can use a lot of ac-
cessible cues for lie detection. However, DePaulo et al. (2003)
show that only a few out of 158 potential cues are (typically
weakly) related to deception (see also, Bogaard et al. 2016).
Thus, people face the problem of choosing which of the many
cues to consider and how to integrate their implications into
one judgment. Content-related lie-detection tools used by
trained coders (e.g., CBSA, Steller and Kéhnken 1989; Nahari,
Vrij, and Fisher 2014) make use of certain subsets of cues and
allow for above-chance accuracy in lie detection. Yet, these
methods are resource-intense and not suitable for situations
in which practitioners need to make quick decisions. With the
current research, we want to contribute to a refined under-
standing of how less resource-intense methods, that is, heu-
ristic deception detection methods (Verschuere et al. 2023),
work in improving deception detection. By helping people
to focus on the right cues when trying to tell lie from truth,
these methods might prove to be useful tools for laypeople and
experts alike.

2 | Heuristics: A Shortcut to Deception Detection

The idea behind the heuristic approach to improving peo-
ple's deception judgments is to provide simple decision rules
(Gigerenzer and Todd 1999; Tversky and Kahneman 1974).
A heuristic is a decision rule that simplifies a complex task
(Tversky and Kahneman 1974) by reducing the amount of
information used or needed to make a decision (Gigerenzer
and Todd 1999). Thus, they allow people to make judgments
with little available time and resources. An example of such
a resource-efficient decision strategy is “Take-the-best”
(Gigerenzer and Goldstein 1996). Take-the-best works ac-
cording to the policy “take the best, ignore the rest”, ranking
cues by their diagnostic value and only using the cue with the
highest validity (i.e., correlation with the criterion) for mak-
ing decisions. Despite thorough mapping of how they can
err (Kahneman et al. 1982; Tversky and Kahneman 1974),
it has been repeatedly shown that heuristics can be surpris-
ingly accurate, performing equally, or better than resource-
intense decision algorithms in domains such as prediction of
criminal recidivism (Dressel and Farid 2018), life outcomes
(Salganik et al. 2020), and medical decisions (Gigerenzer and
Todd 1999). Could focusing on an individual, highly diagnos-
tic cue (i.e., following a take-the-best heuristic) also boost lay-
people's performance in deception detection?

Theoretically, using one diagnostic cue for deception detection
should help in better identifying deceit. The reason for this is
simple: Since detailedness is the best available cue to decep-
tion (DePaulo et al. 2003; Luke 2019; Verschuere, Bogaard, and
Meijer 2021), focusing exclusively on a statement's degree of
detailedness should outperform an unguided judgment. In the
latter case, people might focus on a number of cues with varying
degree of diagnostic value, rendering judgments based on this
bundle of cues less well attuned to the actual truthfulness of a
statement. Of course, this relationship hinges upon the assump-
tion that truthful and deceitful statements are differently associ-
ated with their degree of detailedness.

In recent years, a number of research lines combined show
that detailedness is the most diagnostic cue and perhaps the
only cue for which there exists robust empirical evidence.
First, based on extensive simulation studies, Luke (2019)
showed that publication bias, small numbers of estimates, and
low power inflate the effect size estimates of cues to decep-
tion, with detailedness being the sole exception. Second, as
far as we are aware, detailedness is the only cue that is sup-
ported by independent preregistered replications (Verschuere
et al. 2021). Third, meta-analytic research confirmed the
validity of detailedness as a cue to deception (DePaulo
et al. 2003) and has indicated its effect size can be substan-
tial under certain conditions (i.e., the alibi scenario: d =0.94
[95% CI: 0.64, 1.25]; Verschuere, Bogaard, and Meijer 2021).
Fourth, a survey of deception experts showed that the highest
level of consensus (ca. 70%) on cues predictive of deception
was reached for detailedness (Luke 2019). But not only empir-
ical evidence suggests that detailedness is associated with a
statement's truthfulness. Reality monitoring theory provides
a strong theoretical argument for this, holding that character-
istics of a memory may inform on its origin (Johnson and Raye
1981). This means that truth tellers, having experienced the
event, can provide an account that is richer in detail than liars
(Masip et al. 2005). Moreover, liars risk being exposed when
inventing details and may therefore refrain from providing
them (Hartwig and Bond 2014; Nahari 2018).

Indeed, Verschuere et al. (2023) found that heuristic judgments
relying only on detailedness allowed lay people to distinguish
between truths and lies, outperforming not only unguided judg-
ments where participants were free to use any possible cue but also
judgments based on several cues. Of note, in these studies, partici-
pants evaluated text statements and had no access to nonverbal be-
havior. In real-life situations, however, people will usually see and
hear the person whose statement they evaluate, confronting them
with a number of presumably nondiagnostic nonverbal cues.

3 | The Influence of (Biasing) Nonverbal Behavior

The question is thus whether and how nonverbal behavior im-
pacts heuristic-based veracity judgements in such situations.
There is substantial evidence suggesting that it does—in a neg-
ative way. People have a strongly stereotypical image of how
liars behave (Bond and DePaulo 2006). For example, nonver-
bal behavior such as whether someone seems credible is one
of the most predictive factors for whether people believe them
or not (Bond and DePaulo 2008). The most mentioned non-
verbal cue, however, is that liars avert their eye gaze (Global
Deception Research Team 2006; Sporer and Schwandt 2007;
Taylor and Hick 2007). Gaze aversion, however, is not objec-
tively associated with deception (d =0.03; DePaulo et al. 2003).
Thus, while judges have deemed access to nonverbal behavior
critical for credibility assessment (Leach et al. 2016), it may
actually deter from focusing on diagnostic cues and instead
focus on nondiagnostic cues such as a person’s gaze aversion.
Consequently, Vrij and Hartwig (2021) argued that making
nonverbal information unavailable (e.g., by covering part of
the face) may increase deception detection since nondiagnos-
tic nonverbal information cannot interfere. Indeed, Burgoon,
Blair, and Strom (2008) found that the more visual information
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is available, the worse and more biased deception judgments
were. In an experimental study, participants’ deception de-
tection accuracy reduced when visual information of senders
giving a statement (i.e., video tapes) was available, as opposed
to when only audio recordings were available. Similarly, a
meta-analysis by Bond and DePaulo (2006) shows that people
perform worse in lie detection when judging the veracity of
visual content as compared to audible content. Finally, lay-
people’s deception detection accuracy increased when evalu-
ating statements given by females wearing veils compared to
those not wearing veils (Leach et al. 2016; for a commentary
see Denault et al. 2017) although, in contrast with the idea
that shielding of nonverbal behavior would benefit lie detec-
tion, they found that accuracy was higher for women wearing
a hijab than those wearing a nigab (while that covers more of
the face and body). Irrespective of these, in all reported stud-
ies, people made intuitive judgements.

Here, we compared such unguided judgments with judgments
made by people guided to use only the level of detail (i.e.,
make heuristic judgments). Thus, the “detailedness heuristic”
introduced here relies on the same principles as other take-
the-best heuristics discussed above, that is, basing one's judg-
ments only on the most diagnostic cue. Openly instructing
people to use diagnostic information for their judgments can
be considered a “boosting intervention” (Hertwig and Griine-
Yanoff 2017; Lorenz-Spreen et al. 2021). Following this, by
guiding people to focus only on detailedness, we aimed to
help lay people to avoid relying on nondiagnostic nonverbal
behavior and thus improve their deception detection accuracy.
Study 1 examines the influence of mere access to nonverbal
behavior (video vs. text), and Studies 2 and 3 examine the in-
fluence of strongly biasing nonverbal behavior (truth tellers,
but not liars, displaying stereotypical lie behavior) on their
deception detection accuracy. Our introduced boost involves
relying on a single cue, that is, the level of detail. To rule out
that its effectiveness is due to simply relying on a single cue—
no matter which one—we added a second control condition in
Study 3, where people were asked to rely on a nondiagnostic
cue (eye gaze aversion).

4 | Studyl

Study 1 examined the performance of the detailedness heuris-
tic in lie-truth discrimination for text versus video statements.
After a pilot study (n=41; a detailed report of the pilot can be
found in the online supplement), we preregistered Study 1 to test
the following hypotheses:

Hypothesis 1. Deception detection accuracy is better for
participants relying on the detailedness heuristic than for partic-
ipants making unguided veracity judgments, using any cue they
like.

Hypothesis 2. Deception detection accuracy is better when
evaluating text than video statements.

Hypothesis 3. The benefit of the detailedness heuristic as
compared to the unguided deception judgments is more pro-
nounced for text statements than for video statements.

5 | Method

The study was approved by the ethics committee of the University
of Amsterdam (approval number: 2021-CP-13974). The hypoth-
eses, analyses, and experimental procedure have been prereg-
istered here: https://aspredicted.org/QP8_XFY. Ethics approval,
analysis scripts, the data, the experiment script, a pdf document
of the survey, and all supplementary information can be found
in the online supplement: https://osf.io/7wtyz/. To protect par-
ticipants' privacy who are featured in the video statements, the
statements that we used as stimulus material can be obtained
from the corresponding author after signing a nondisclosure
agreement.

The study had a 2 (judgment-type: detailedness heuristic vs.
unguided judgments) X2 (medium: text vs. video) X2 (state-
ment ground-truth: true vs. false) mixed-subjects design, with
judgment-type and medium as between-subjects factors and
statement veracity as within-subjects-factor. Participants saw 12
video or text statements (half deceptive, half truthful) and either
directly made unguided veracity judgments (unguided judgment
condition), or first a detailedness judgment and used this for
their veracity judgment (in the detailedness heuristic condition).
Note that statement veracity was a factor in the design, but not
in the analyses, because our hypotheses concerned accuracy in
lie-truth discrimination (see online supplement for exploratory
analyses testing for within-subjects effect of statement veracity).

5.1 | Sample

We aimed to collect data from 110 participants (assuming exclu-
sion of about 10 participants) by drawing on previous literature
investigating when to expect stable and reliable results in lie
detection research. Levine et al. (2021) showed in a simulation
study that lie detection experiments should have 12 senders, as
well as 100 judges per condition to detect meta-analytically found
results. Assuming this, our proposed sample size of 12 state-
ments X 100 judges/2 conditions =600 total judgments is lower
than the recommendation by Levine et al. (2021). However, they
showed that already 500 judgments might yield reasonably reli-
able results. For budget reasons (full cost for current sample size
was £824.59), we therefore chose to stick to N~110.

113 participants, recruited via Prolific (2022), started our experi-
ment and were compensated with 5.63 pounds. We only recruited
fluent English speakers who did not participate in studies 2, 3, 4,
5, or 7 conducted by Verschuere et al. (2023). Two participants
were excluded because they did not consent to the study proce-
dure. As preregistered, participants who failed the two attention
checks were excluded from the analyses. This was true for two
participants, leaving us with a final sample size of 109 partic-
ipants, see Table 1 for demographics (obtained from Prolific)
and self-report measures. Exploratory analyses of differences be-
tween conditions can be found in the online supplement.

5.2 | Procedure

Participants accessed the experiment, gave their informed con-
sent to the study procedure, were randomly assigned to one of
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TABLE1 | Study 1sample information.

Text, Text, Video,

detailedness unguided detailedness Video, unguided Overall
N 28 28 24 29 109
M age (SD) 24.00 (4.06) 28.18 (6.60) 27.92 (7.83) 24.24 (4.31) 26.00 (6.07)
Percentage female 57.14% 71.43% 66.67% 75.86% 67.89%
M motivation (SD) 7.85 (1.56) 7.04 (2.84) 7.17 (1.43) 8.62 (1.63) 7.69 (2.04)
M difficulty (SD) 6.25(2.08) 7.04 (1.86) 7.13 (1.69) 6.72 (2.72) 6.77 (2.14)
Cue “details” mentioned 18 (66.67%) 15 (53.57%) 19 (79.17%) 19 (70.37%) 71 (66.98%)
(percentage of participants that
mentioned the cue)
Nonverbal cues mentioned 0(0%) 1(3.57%) 10 (41.67%) 18 (66.67%) 29 (27.36%)

(percentage of participants that
mentioned the cue)

the four experimental conditions, and instructed about their
tasks during the study. After answering questions to audio- and
attention-check questions, participants completed and reviewed
the 12 text- or video statements (between-subjects) and made
either unguided veracity judgments (unguided judgment con-
dition) or used their heuristic detailedness judgments for the
veracity evaluation (detailedness heuristic condition; between-
subjects). Statements were presented in random order. Finally,
they answered two questions about their motivation and the per-
ceived difficulty of the tasks, were debriefed, and thanked.

5.2.1 | Task Instructions

Participants in the unguided judgment condition were asked to
provide a binary veracity judgment: “You will rate whether the
person giving the statement is telling a lie or a truth.” Participants
in the detailedness heuristic condition were first instructed to
rate a statement's detailedness (from O=not detailed at all, to
10=very detailed) following DePaulo et al.'s (2003) definition (i.e.,
“Detailedness is the degree to which the message includes details
such as descriptions of people, places, actions, objects, events, and
the timing of events; degree to which the message seemed com-
plete, concrete, striking, or rich in details”). Subsequently, they
received the following decision rule for their binary veracity judg-
ment: “Based on your detailedness judgment, you make a deci-
sion of whether the person is telling a truth or a lie, following this
rule: Please use your own judgment of detailedness to make a de-
cision, whether the person is telling a truth, or a lie: If you judged
detailedness to be equal to or above 6, please select that the person
is telling a truth, otherwise (5 or below) select that the person is
telling a lie.” Participants applied this rule in 94.71% of the cases.
The cutoff value of six was an informed guess, splitting the scale
in half. In Study 6, Verschuere et al. (2023) showed that this cutoff
leads to good truth-lie classifications (see the online supplement
for results using different cutoffs). Participants’ accuracy was in-
centivized by informing them about a lottery randomly selecting
three of the best-performing individuals that successfully passed
all attention checks for a bonus payment of five pounds.

5.2.2 | Audio and Attention Checks

To ensure that participants in the video condition could hear
the contents of the videos properly, we showed them two audio
checks. Failure of these audio checks would have led to exclu-
sion, which did not occur. Participants in all conditions then
saw an example statement to make them acquainted with the
setup. This example statement was an additional statement
that came from the same set as the rest of the stimuli but was
not used in analyses. Participants were asked to perform the
same task as for the upcoming stimuli. The example state-
ment was followed by an attention check that asked about
the content of the statement (not used as exclusion criterion).
Participants were informed that they would be randomly asked
attention-check questions throughout the experiment and that
only participants that passed all were eligible for the 5 pounds
bonus-payment. Attention check questions can be found in the
online supplement. The example statement also served the pur-
pose to check whether participants in the detailedness heuristic
condition correctly applied the decision rule. If this was not the
case, we re-iterated their task before proceeding with the actual
experiment.

5.2.3 | Motivation, Difficulty, Cues Used and Debriefing

After completing the experiment, all participants stated their
motivation (“How motivated were you to accurately judge the
statements?” from 0=not motivated at all to 10=very moti-
vated), as well as perceived difficulty of judging the state-
ments (“How difficult did you find it to accurately judge the
statements?” from 0=not difficult at all, to 10 =very difficult;
see Table 1). Additionally, participants answered an open ques-
tion, asking them to mention cues they used for making their
deception judgments. Descriptive results of motivation, diffi-
culty, and cues mentioned can be found online. Demographic
information about their age, gender, and native language was
retrieved from Prolific. Finally, they were debriefed and redi-
rected to Prolific.

4 of 14

Applied Cognitive Psychology, 2024

85U8017 SUOWILIOD BAEa.D 8|qeol|dde aup Aq peusenob a e S9olie YO 8Sn JO Sa|n 10} A%eud1T8U1UO 8|1 UO (SUORIPUOO-PUB-SWLBIW0 A8 | 1M ARIq 1 BUlUO//SANY) SUORIPUOD Pue SWe 1 8y} 89S ' [G202/60/0€] U0 Akeid18ulluO A8]1IM “eauiolqiastelseniun eAn Aq 90002 dIe/zZ00T 0T/10p/wod A8 | Azeiq1jeuljuo//sdny Wwouy pepeojumod ‘9 #7202 ‘0220660T



5.3 | Statements

We used 12 statements (half truthful, half deceptive). These
statements were obtained in a mock crime study (Study 6;
Verschuere et al. 2023). Participants in this study were under-
graduate students from the University of Amsterdam instructed
to find a study location (truth condition) or steal a copy of an
exam (lie condition). Afterwards, all participants claimed to
be innocent of the accused crime (having stolen the exam) and
should state they searched for a study location to a condition-
blind experimenter while being videotaped. The whole set of
stimuli consists of 44 statements, six of which had to be excluded
because participants did not give consent for further use (four),
a face mask was worn (one), or the task was not completed (one).
We selected 12 out of the remaining 38 statements according to
the following criteria: To keep the study at a reasonable length,
we only selected statements shorter than 4 min. From this sub-
set, we selected statements to ensure that truthful and deceitful
statements contain the same number of male and female senders
(one male each) and the same number of native vs. non-native
speakers (two non-natives each). Since truthful and deceitful
statements differ a priori in length and number of details, we
did not use this as a selection criterion but analyzed post hoc
if there were differences between the statements (the same was
true for gaze aversion, see below). The text statements used in
our study are the transcribed video statements. Therefore, we
used the same 12 statements in both the video and text state-
ment condition.

As a manipulation check of detailedness as a cue to deception,
we assessed the statements on their level of detailedness in
two ways, both of which indicate that the truthful statements
were indeed more detailed than the deceptive ones. First, the
original, condition-blind interviewers judged detailedness at
the end of the interview (from 0 = not detailed at all to 10 = very
detailed) (see Study 6; Verschuere et al. 2023). Investigating
the whole set of 44 statements on this measure shows
that truthful statements contained more details (M =7.17,
SD=1.34) than deceitful statements (M=4.48, SD=1.57),
BF,,=47028.67. This also held for the subset of 12 statements
that we selected in the current study (M,,,,,=6.17, SD=1.17
versus Mdeceitful =4.17, SD=1.17; BF ,=4.11; Cohen's d=1.7).
Second, we used the Linguistic Inquiry and Word Count soft-
ware (LIWC, Pennebaker et al. 2015) to count the number of
perceptual and contextual details (Schutte et al. 2021). Across
the entire set, truthful statements (M =136.3, SD=752.82) in-
cluded more perceptual and contextual details than deceitful
statements (M =80.72, SD=41.67), BF,,=67.41. In the subset
of 12 videos we used, we only found anecdotal support for the
assumption that truthful statements (M =102.32, SD =26.32)
have more details than false statements (M = 72.35, SD = 32.51),
BF,,=1.14.

6 | Deviations From Preregistration

The preregistration stated that the attention check ques-
tions would have four answer options, but they had five an-
swer options. Apart from that, we did not deviate from the
preregistration.

7 | Results

All analyses were conducted using RStudio (Version 1.3.1093;
RStudio Team 2020) and R (Version 4.0.4; R Core Team 2019).

We ran Bayesian analyses using the BayesFactor-package
(Version 0.9.12-4.3; Morey et al. 2015) with its default settings.
This package uses separate noninformative Jeffreys priors
(or JZS-priors) for the effects in an ANOVA equation (Rouder
et al. 2012), which is considered to be objective, therefore mak-
ing as little assumptions about the range of expected effect sizes
(Rouder et al. 2009). Robustness checks of our analyses, using
different (informed) priors, as well as frequentist analyses of our
main analyses can be found in the online supplement: https://
osf.io/7wtyz/. Resulting Bayes factors indicate evidence in favor
of the alternative (BF,,>1) or the null model (BF,,>1) (Jarosz
and Wiley 2014). Common criteria for interpreting Bayes factors
consider a Bayes factor (BF ) close to 1 as inconclusive, between
1 and 3 as weak, between 3 and 10 as moderate, between 10 and
30 as strong, between 30 and 100 as very strong, and above 100
as extreme evidence (Jarosz and Wiley 2014; Wetzels et al. 2011).

7.1 | Preregistered Analyses

We used deception detection accuracy (i.e., the percentage of
correct truth-lie classifications) as the dependent variable. We
investigated whether results vary with statement veracity, which
can be found online. We used a Bayesian 2 (judgment-type: de-
tailedness heuristic vs. unguided judgments) X2 (medium: text
vs. video) between-subjects ANOVA to evaluate our hypotheses.
The analysis yields a Bayes factor for the two main effects, as
well as one for the interaction effect, comparing the likelihood
of the data given the null hypothesis with the likelihood of the
data given the alternative hypothesis. Therefore, the Bayes factor
tells us how much more likely the data are under the alternative
hypothesis compared to the null hypothesis (i.e., the null model).

As predicted, participants’ deception detection accuracy using
the detailedness heuristic (M =60.9%, SD=15.7%) was better
than participants’ accuracy in making unguided judgments
(M =52.63%, SD=14.45%), Cohen's d =0.55 (95% CI [0.16, 0.94]).
The Bayes factor of BF,,=7.36 indicates that the data are 7.36
times more likely to occur under a model that included the main
effect for judgment-type than under the null model.

We found no support for Hypothesis 2 that participants’ de-
ception detection accuracy would be higher for text statements
(M =58.18%,SD =13.72%) than for video statements (M = 55.06%,
SD=17.09%), d=0.20 (95% CI [-0.18, 0.58]), BF,,=0.33. As it
becomes clear from Figure 1, the data also did not point to an
interaction effect, BF,,=0.8. Thus, the data were equally likely
under the null and the alternative model.

7.2 | Study?2

Study 1 replicated the finding that people relying only on de-
tailedness perform better in deception detection than people
making unguided judgements, free to use any cue they like.
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FIGURE 1 | Deception Detection Accuracy (in %) for Text versus
Video in the Detailedness Heuristic vs. the Unguided Judgment-
Condition. Note. On the y-axis, you can see the mean deception
detection accuracy for the four conditions. On the x-axis, the medium
conditions can be seen, and the shading of the bars indicates judgment-
type condition. The dashed line shows the meta-analytically found
mean accuracy of lie detection (54%; DePaulo et al. 2003). The error bars
show the standard errors of the mean.

We found no evidence that having access to nonverbal behav-
ior harmed the detailedness heuristic. At the same time, the
Bayesian analysis showed that the evidence was not conclusive,
possibly as a result of the modest sample size.

For Study 2, we strengthened the experimental manipulation.
We created a set of statements in which nonverbal information
pointed judges the wrong way. Using a universal and strong
stereotypical cue to deception, this biased set contained vid-
eos of truth tellers diverting their eye gaze and liars looking
the interviewer in the eye. In the control set, eye gaze did not
differ between liars and truth tellers. While Study 1 showed
that the detailedness heuristic may be resistant to the mere
presence of nonverbal behavior, Study 2 allowed us to investi-
gate the potential biasing impact of strongly stereotypical non-
verbal behavior. We preregistered Study 2 to test the following
hypotheses:

Hypothesis 1. Participants using the Take-the-best'heuristic
outperform participants making unguided veracity judgments in
deception detection accuracy.

Hypothesis 2. Compared to the unguided judgements, decep-
tion detection accuracy using the Take-the-best heuristic will be
deteriorated less by the presence of biasing nonverbal information.

8 | Method

The study was approved by the ethics committee of the University
of Amsterdam (approval number: FMG-2376). The hypotheses,
analyses, and experimental procedure have been preregistered
here: https://aspredicted.org/PZ5_VS8. Ethics approval, analysis

scripts, the data, the experiment script, a pdf-document of the
survey, and supplementary information can be found in the on-
line supplement.

The study had the same 2 (judgment type: detailedness heuristic
vs. unguided judgments) X 2 (bias: present vs. absent) X 2 (state-
ment ground truth: true vs. false) mixed-subjects design as Study
1, with judgment type and bias as between-subjects factors and
statement veracity a within-subjects-factor. Participants saw 8
video statements (half deceptive, half truthful) and—as in Study
1—either directly evaluated their veracity (unguided judgments
condition), or their detailedness and used that for their veracity
judgment (in the detailedness heuristic condition). The study
procedure and materials used in Study 2 were the same as in
Study 1, with the following key differences: (1) Participants now
evaluated statements that were either biased or unbiased (be-
tween subjects), (2) to reduce the burden of participants, videos
were cut in length and participants reviewed 8 instead of 12 vid-
eos (3), and we used a Bayesian sequential stopping rule. In the
following, we will only describe differences to Study 1.

8.1 | Sample

We adopted a preregistered Bayesian sequential stopping rule
(Schonbrodt et al. 2017; Stefan et al. 2019), evaluating the evi-
dence after each month of data collection and ending data col-
lection when the data allowed to support (BF,;>5) or refute
(BF,,>5) our hypotheses. Data collection was stopped after
1 month because the data allowed to endorse Hypothesis 1 and
refute Hypothesis 2.

89 participants completed the survey via https://lab.uva.nl, a
research portal of the University of Amsterdam, and were com-
pensated with course credits. One participant was excluded
because they did not consent to the study procedure. This in-
ternational undergraduate sample (n=88) was 78.4% female
(M,,,=20.5, SD,,,=3.2), 19.3% male (M,,,=21.1, SD,,,=3.0)
with 2.3% preferring not to share their gender. Further descrip-
tives are presented in Table 2.

8.2 | Statements

Asin Study 1, we selected statements from the mock crime study
by Verschuere et al. (2023); Study 6. To reduce the burden on our
participants, we cut the videos, only retaining the first 1/3ed of
the video. This cutting procedure preserved the length difference
of the videos. We created two sets of 8 statements (4 lies, 4 truths)
each. For the biased set, we selected truth tellers that tended to
avoid looking at the interviewer and liars that tended to look at
the interviewer. For the control set, we selected videos where
liars and truth tellers did not differ in their eye gaze behavior.
Eye gaze behavior was assessed by a condition-blind researcher
(NC) using a stopwatch. We calculated the proportion of time
that the interviewee looked at the interviewer. Detailedness was
assessed in the same ways explained in detail in Study 1. Table 3
describes the two sets of statements. In both sets, truths were
more detailed than lies, with the two sets differing in the pres-
ence of strongly stereotypical behavior.
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TABLE 2 | Study 2 sample information.

Bias, No bias, No bias,
detailedness Bias, unguided detailedness unguided Overall

N 21 24 22 21 88

M age (SD) 20.57 (2.11) 19.62 (1.28) 20.68(3.12)  21.81(4.87)  20.64(3.14)
Percentage female 71.43% 87.50% 81.82% 71.43% 78.41%
M motivation (SD) 6.86 (1.98) 7.29 (2.20) 7.55 (1.60) 7.05 (1.60) 7.19 (1.86)
M difficulty (SD) 5.95 (2.09) 7.92 (1.53) 6.00 (1.77) 7.67 (1.56) 6.91 (1.95)
M Reliance on cue “detailedness” (SD) 7.30 (2.15) 7.04 (2.22) 9.11 (1.18) 6.80 (1.85) 7.50 (2.09)
M Reliance on cue “eye gaze aversion” (SD) 4.35(2.41) 5.12(2.72) 4.78 (2.08) 6.30 (2.30) 5.15(2.47)
M Reliance on cue “emotions” (SD) 5.85(2.56) 5.96 (2.37) 5.17 (2.68) 5.90 (2.10) 5.74 (2.40)

Note: The statistics for the cues stem from a question asking participants how much they used the respective cue for their judgments on a scale from 0=not at all,
to 10=very much. Due to a technical error, for some participants, there were missing data recorded for the cue reliance. Specifically, no data on these variables are
present for four participants in the no bias, detailedness condition, and for one person each in the bias detailedness and the no bias unguided judgment condition.

TABLE 3 | Characteristics of the two sets of statements (biased versus non-biased).

Bias present

Bias absent

Truthful Deceptive Truthful Deceptive
Proportion eye gaze aversion M=80% M=29% M=56% M=55%
SD=7% SD=3% SD=5% SD=13%
Statement length M=717.00 M=469.75 M=693.50 M=262.00
(LIWC Word Count) SD =318.96 SD=255.43 SD=121.86 SD=42.17
Detailedness judgement (0-10) by original M=6.50 M=4.50 M=7.00 M=3.00
interviewer SD=0.57 SD=2.65 SD=1.63 SD=0.81
LIWC count of perceptual and contextual details M=120.99 M=72.51 M=133.97 M=40.75
SD =50.21 SD=36.79 SD=17.80 SD=6.64
Number of verifiable details M=8.25 M=5.00 M=11.50 M=4.50
SD=2.05 SD=5.40 SD=7.95 SD=2.61

Note: Number of verifiable details was evaluated for the entire video in an earlier study.

9 | Deviations From Preregistration

We planned to exclude participants who failed the two attention
checks. Due to a programming error, the attention check was
only included in two of the four conditions and using it would
imply condition-dependent exclusions. We therefore chose not
to exclude anyone. Note that in the conditions where we had re-
corded the attention check, no participants failed both checks.

10 | Results
10.1 | Preregistered Analyses

All analyses were conducted using RStudio (Version 1.3.1093;
RStudio Team 2020) and R (Version 4.0.4; R Core Team 2019).
Frequentist analyses can be found in the online supplement.

We ran a Bayesian 2x2 ANOVA with judgment type (judgement
type: detailedness heuristic vs. unguided judgments) and bias
(bias: present vs. absent) as between-subjects factors and percent-
age of correct classifications as the dependent variable. We found

strong evidence for a main effect of judgement method, indicating
that participants’ deception detection accuracy was higher when
relying on the detailedness heuristic (M=71.8%, SD=19.3%)
compared to making unguided veracity judgements (M =56.9%,
SD=20.4%), Cohen's d=0.76 (95% C1[0.32, 1.19]), BF,,=39.57.

However, as Figure 2 clearly illustrates, the advantage of the
heuristic method over intuitive judgments depended on the
presence of biasing nonverbal behavior. Comparing the model
that included the interaction effect with the null model that in-
cluded only the intercept showed overwhelming support for an
interaction effect, BF,,=4195.67. Thus, in contrast to our pre-
dictions, deception detection accuracy using the detailedness
heuristic was affected more by the presence of biasing nonverbal
information than the unguided judgements.

10.2 | Non-Preregistered Analyses
Breaking down the interaction, we conducted follow-up t-tests

for the bias present and bias absent conditions, separately. In the
bias-absent conditions, the detailedness heuristic (M =283.5%,
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FIGURE2 | Deception Detection Accuracy (in %) in the Detailedness
Heuristic versus the Unguided Judgment Condition in the Presence
and Absence of Biasing Nonverbal Behavior. Note. On the y-axis, you
can see the mean deception detection accuracy for the four conditions.
On the x-axis, the bias conditions can be seen, and the shading of the
bars indicates judgment-type condition. The dashed line shows the
meta-analytically found mean accuracy of lie detection (54%; DePaulo
et al. 2003). The error bars show the standard errors of the mean.

SD=12.4%) clearly outperformed unguided judgements
(M=57.1%, SD=23.6%), Cohen's d=1.44 (95% CI [0.76, 2.11]),
BF,,=506.24. But in the face of bias, the detailedness heuris-
tic (M =59.5%, SD=17.6%) did no longer outperform unguided
judgements (M =56.8%, SD=17.7%), Cohen's d=0.16 (95% CI
[-0.43, 0.74]), BF,,=0.33.

Finally, participants who were in the detailedness heuristic con-
dition applied the decision rule 97.09% of the time.

10.3 | Study3

Study 2 showed that the increase in deception detection accu-
racy when making heuristic-based judgments completely disap-
peared in the face of bias (i.e., when truth tellers avoided gaze but
liars did not). This finding is surprising, given that participants
were instructed to only use a statement's level of detailedness for
deception detection, which should, thanks to its higher diagnos-
tic value, allow for a better discrimination between true and false
statements. Because this finding was unexpected, we replicated
the study. With Study 3, we aimed to answer three questions.
First, we wanted to test whether participants use the cue they
are told to use when evaluating statements. To this end, we in-
troduced a third condition where participants were instructed
to use a nondiagnostic cue for making veracity judgments: The
amount of gaze aversion. If participants followed our instruc-
tions and did use this cue in their judgments, they should per-
form worse on the biased (i.e., truth tellers avoided eye gaze, liars
did not) than on the nonbiased video statements.

Hypothesis 1. As a manipulation check, people judging de-
ception based on eye gaze aversion should perform worse on the
biased set than on the control set.

Second, we aimed to replicate the finding from Studies 1 and 2
that participants making detailedness-based judgments achieve
a higher deception detection accuracy than participants making
unguided judgments. Yet, it remains unclear if this increased
accuracy is due to participants making judgments based on a
more diagnostic cue (i.e., a statement's level of detailedness) or
because they were simply more engaged or attentive than partic-
ipants who “only” judged a statement's veracity. If the former is
true, participants using another, nondiagnostic cue for making
heuristic judgments (i.e., eye gaze aversion) should not perform
better than participants making unguided judgments.

Hypothesis 2. Judging detailedness will lead to higher decep-
tion detection accuracy compared to both unguided judgements as
well as judgements based on eye gaze.

Finally, we aimed to increase power to obtain conclusive evi-
dence in favor or against the surprising finding from Study 2 that
participants making detailedness-based judgments achieved the
same deception detection accuracy as participants making un-
guided judgments. In line with our predictions in Studies 1 and
2, but at odds with the surprising finding from Study 2, we for-
mulated hypothesis 3 as follows.

Hypothesis 3. Even in the face of bias, judgements based on
detailedness will be more accurate than unguided judgements.

11 | Method

The study was approved by the ethics committee of the University
of Amsterdam (approval number: 2021-CP-13171). The hypoth-
eses, analyses, and experimental procedure have been prereg-
istered here: https://aspredicted.org/tn89r.pdf. Ethics approval,
analysis scripts, the data, and supplementary information can
be found in the online supplement.

Study 3 had a 3 (judgment-type: detailedness heuristic vs. eye
gaze heuristic vs. unguided judgments) X2 (bias: present vs.
absent) X2 (statement ground-truth: true vs. false) mixed-
subjects design, with judgment type and bias as between-
subjects factors and statement veracity a within-subjects
factor. Participants saw 8 video statements (half deceptive,
half truthful) and—as in Study 1 and 2—either directly eval-
uated their veracity (unguided judgment condition), or their
detailedness and used that for their veracity judgment (in the
detailedness heuristic condition). Participants in the third
judgment-type condition (i.e., eye gaze heuristic) were in-
structed to evaluate the amount the statement giver averted
their eye gaze and use that for their veracity judgment. The
study procedure and materials used in Study 3 were the same
as in Study 2, with the following key change. We introduced
a third level in the judgment condition, that is, the eye gaze
heuristic condition. In the following, we will only describe
differences to Study 2.

11.1 | Sample

We adopted the same preregistered Bayesian sequential stop-
ping rule as in Study 2. Data collection ran from February 7th,
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2024 to March 7th, 2024 and was stopped thereafter because the
data allowed to support all three hypotheses.

149 participants, all students from the University of Amsterdam,
participated in the survey via https://www.lab.uva.nl and were
compensated with course credits. As preregistered, we excluded
five participants who failed both attention checks. Out of the re-
maining participants, one participant did not finish the study
and was consequently excluded from the analyses, which left us
with a total sample size of 143 participants.? Out of these, 104
(72.70%) self-identified as female (Magc:20.6, SDage: 3.46), 37
(25.90%) as male (Mage: 20.9, SDage: 3.96) and one participant
indicated to identify differently (age=22). Further descriptive
statistics are presented in Table 4.

11.1.1 | Task Instructions

Participants in the eye gaze heuristic condition received a defi-
nition of eye gaze aversion (i.e., “Eye gaze aversion refers to the
behavior of actively avoiding or limiting direct eye contact with
others, in this case the interviewer”) and were instructed to rate
the amount of eye gaze aversion (from 0 =averts eye gaze all the
time, to 10 =no eye gaze aversion at all): “Please rate the follow-
ing statement on its level of eye gaze aversion.” Participants
received the same decision rule as in the detailedness heuris-
tic condition; however, using their eye gaze judgment: “Is the
person telling a lie or a truth? If you judged eye gaze aversion to
be equal to or above 6, choose ‘telling a truth’, otherwise choose
‘telling a lie’.” Participants applied this rule 95.70% of the time.
Participants in the detailedness heuristic condition applied the
decision rule 92.40% of the time.

11.1.2 | Cues Used and Debriefing

After completing the experiment, participants also indicated,
on a scale from 0=not at all to 10=very much, to what degree
they used one of five cues for making their veracity judgments:
“Which cue did you rely on when judging the video statements?”.
The five cues we asked about where detailedness, eye gaze aver-
sion, emotionality, consistency, and fidgeting. You can find an
overview and analyses regarding these cues in the online sup-
plement. Due to a technical error,? 10 participants did not re-
cord an answer to these questions and were excluded from all

TABLE 4 | Study 3 Sample information.

analyses involving this measurement. After that, participants
were debriefed and thanked.

12 | Deviations From Preregistration

Other than preregistered and to improve reproducibility, we ran
all reported analyses in R, instead of JASP (which is based on R).
Results were the same for both software.

13 | Results
13.1 | Preregistered Analyses

All analyses were conducted using RStudio (Version
2023.6.2.561; RStudio Team 2020) and R (Version 4.3.2; R Core
Team 2019). Frequentist analyses can be found in the online
supplement.

To test Hypothesis 1, we conducted a Bayesian independent sam-
ple t-test comparing the deception detection accuracy of partic-
ipants in the eye gaze heuristic condition judging biased videos
with the same accuracy of participants in the eye gaze heuristic
condition judging unbiased videos. We found extreme evidence
in favor of the hypothesis that when making heuristic-based
judgments using eye gaze as a cue to deception, participants judg-
ing biased videos performed worse (M =19%, SD=19.5%) than
participants judging unbiased videos (M =52.2%, SD=15.8%),
Cohen's d=1.91 (95% CI [1.2, 2.6]), BF,,=93091.3. Note that the
accuracy achieved using eye gaze as a cue for detecting decep-
tion on unbiased (i.e., “realistic”) videos (using a one-sample ¢-
test) did not allow participants to perform better than chance,
BF,,=0.266.

For testing Hypothesis 2, we conducted a 3 (judgment type: de-
tailedness heuristic vs. unguided judgments) x 2 (bias: present
vs. absent) between-subjects Bayesian ANOVA. We found ex-
treme evidence for a main effect of judgment type in favor of
Hypothesis 2. Participants making heuristic judgments using
detailedness as a cue achieved a higher deception detection ac-
curacy (M=73.4%, SD=17.8%) than participants making heu-
ristic judgments using eye gaze aversion (M =35.6%, SD =24.3%)
and participants making unguided judgments (M=48.2%,
SD=18.6%), BF,,> 2.024%10%°.

Bias, D Bias, E Bias, U No bias, D Bias, E No bias, U Overall
N 25 23 25 23 23 23 142F
M age (SD) 207 (4.29)  21.4(4.23)  20.6(3.32) 20.7 (2.22) 21 (4.73) 19.6 (1.62)  20.7(3.57)
Percentage female 68% 91.3% 60% 78.3% 69.6% 73.9% 73.2%
M motivation (SD) 8.12 (1.64) 7.65 (1.94) 7.68 (1.18) 7.52 (1.97) 8.04 (1.52) 7.65 (1.23) 7.78 (1.59)
M difficulty (SD) 5.52(2.02)  6.43(2.23) 8.2 (1.44) 6 (1.83) 6.39 (1.41) 7.65 (1.8) 6.7 (2.02)

Note: The statistics for the cues stem from a question asking participants how much they used the respective cue for their judgments on a scale from 0=not at all, to

10 =very much.

Abbreviations: D, detailedness heuristic condition; E, eye gaze heuristic condition; U, unguided judgment condition.
"This number is different from the actual sample size of N=143, as one participant did not provide sociodemographic information.
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To test Hypothesis 3, we conducted a Bayesian independent
sample t-test comparing the deception detection accuracy of
participants in the detailedness heuristic condition with the
accuracy of participants in the unguided judgment condition,
both judging biased videos. We found extreme evidence in
favor of the hypothesis that—when evaluating biased videos—
participants making detailedness heuristic-based judgments
achieved a higher accuracy (M =68%, SD=17.3%) than par-
ticipants making unguided judgments (M =39.4%, SD =14%),
Cohen's d=1.85 (95% CI [1.19, 2.51]), BF,,=239,922. The re-
sults, displaying mean accuracy for all conditions, can be seen
in Figure 3.

13.2 | Nonpreregistered Analyses

In Study 2, we found that the advantage of making detailedness
heuristic-based deception judgments disappeared in the face
of bias. The results of testing Hypothesis 3 (see above) show
that this is not the case—participants making such judgments
achieved a higher accuracy than participants making unguided
judgments. But are judgments using the detailedness heuristic
“iImmune” to bias? To test this, we conducted a Bayesian inde-
pendent sample t-test comparing the accuracy of participants
from the two groups making deception detection judgments
using the detailedness heuristic. We found that the detailed-
ness heuristic cannot fully counter the harmful effect of bias.
Participants making detailedness heuristic-based judgments
for biased videos performed worse (M =68%, SD=17.3%) than
participants making the same judgments for unbiased videos
(M =179.3%, SD=16.7%), Cohen’s d=0.68 (95% CI [0.09, 1.26]),
BF,,=2.368.
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FIGURE3 | Deception Detection Accuracy (in %) in the Detailedness
Heuristic versus Eye Gaze Heuristic versus Unguided Judgment-
Condition in the Presence and Absence of Biasing Nonverbal Behavior.
Note. On the y-axis, you can see the mean deception detection accuracy
for the four conditions. On the x-axis, the bias conditions can be seen,
and the shading of the bars indicate judgment-type conditions. The
dashed line shows the meta-analytically found mean accuracy of lie
detection (54%; DePaulo et al. 2003). The error bars show the standard
errors of the mean.

13.2.1 | Cue Usage

We analyzed participants' self-reported cue usage. As expected,
we found that participants in the detailedness heuristic condi-
tion relied more strongly on detailedness than participants in
either of the two other conditions. Participants in the eye gaze
heuristic condition, on the other hand, relied strongly on eye
gaze aversion when making their judgments and more impor-
tantly, more than participants in the unguided judgment or the
detailedness heuristic condition. Detailed analyses can be found
in the online supplement.

14 | Discussion

With the present studies, we investigated whether people's
accuracy in lie detection can be improved by giving them an
easy-to-use heuristic decision rule and whether potential im-
provements depend on the presence of (biasing) nonverbal
behavior. A simple heuristic, specifically, to rely only on the
level of detail in a given statement, led to higher deception
detection accuracy than unguided deception judgments in
all three studies. We found no impact of merely having ac-
cess to nonverbal behavior (i.e., video vs. text). Strongly bi-
asing nonverbal information nullified the benefit of heuristic
judgements over unguided judgements in Study 2; however,
there was only weak to moderate evidence for the absence of
a difference (BF,,=0.33). This was not the case in Study 3.
Although we again found evidence that heuristic judgements
were not fully immune to strongly biasing nonverbal behavior,
we also found conclusive evidence (BF,,=239,922) that par-
ticipants making heuristic-based judgments achieved a higher
accuracy in detecting deceit in the face of bias compared to
participants making unguided judgements. This difference
was due to an advantage of using a diagnostic cue (i.e., de-
tailedness), as participants using a nondiagnostic cue (i.e., eye
gaze aversion) performed at (nonbiased videos) and below (bi-
ased videos) chance level.

14.1 | The Heuristic Approach

We found that participants making unguided judgements, de-
spite being free to use any cue they like, performed close to the
chance level. This fits with a large body of evidence that people
are poor lie detectors (Bond and DePaulo 2006). In contrast to
this, we found that a simple rule of thumb—to rely only on the
level of detail in the message—facilitated deception detection.
While this is certainly counterintuitive, the less-is-more phe-
nomenon fits with decision-making theory and evidence from
various research fields (Fiedler and Walka 1993; Gigerenzer
and Gaissmaier 2011; Gigerenzer and Goldstein 1996;
Verschuere et al. 2023). This intervention can be considered
a “boost”, that is, an intervention tailored at improving peo-
ple's ability to make better decisions (Hertwig and Griine-
Yanoff 2017; Lorenz-Spreen et al. 2021). Deception detection
appears to be a domain (see also, Verschuere et al. 2023) where
people might be able to relatively easily boost their ability to
detect lies by making heuristic-based judgments. Importantly,
using a nondiagnostic cue for making heuristic-based
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judgments (i.e., eye gaze aversion) did not improve a person's
accuracy. This clearly illustrates that the heuristic approach is
advantageous because of its reliance on diagnostic informa-
tion, rather than improving participants’ judgments by merely
using a single cue and making them more attentive or moti-
vated to detect deceit.

The effect sizes for the detailedness heuristic that we observed
here (d=0.5-1.85), and were observed before (Verschuere
et al. 2023), are substantially higher than the meta-analytic
average of d=0.3 for the cue detailedness obtained in studies
with trained coders by DePaulo et al. (2003). Research since the
DePaulo meta-analysis has revealed some moderating factors
that may help to explain this difference in effect size. Most impor-
tantly, we used alibi scenarios, where senders talk about a rich,
past, discrete event. Such scenarios are likely to contain more
details than other scenarios (e.g., about opinions), thus increas-
ing obtained effect sizes (Nahari 2018; Verschuere, Bogaard, and
Meijer 2021). Moreover, truth tellers provide more details when
the interviewer builds rapport (Gabbert et al. 2021; Matsumoto
and Hwang 2018), uses an information-gathering interview style
(Meissner et al. 2014, 2017), and encourages to say more (Vrij
et al. 2017). Since the statements we used in this study were ob-
tained under these conditions, it is plausible to assume that the
higher level of detailedness in the used statements might have
caused the larger observed effect sizes.

The heuristic approach relates to, but is different from, ap-
proaches referred to as “indirect deception detection” (also,
“rapid judgements”, “snap judgements”, “implicit deception
detection,” and “unconscious lie detection”). What unites these
studies and contrasts them from “direct deception detection”
(i.e., unguided judgments) is that participants are asked to judge
a characteristic other than, but presumably associated with, de-
ception (Street and Richardson 2015), for example, “Is the person
thinking hard?” (Vrij et al. 2001). Some studies found indirect
deception to be successful, yet others obtained null findings.
Reviews have subsequently concluded that “results appear in-
consistent, and it is unclear which mechanisms could be respon-
sible for this advantage” (Sporer and Ulatowska 2021, p. 1), or
even that the “meta-analysis suggests that accuracy is actually
a little higher with direct than with indirect measures” (Levine
and Bond 2014, p. 1961). Finally, Granhag (2006) concluded that
conceptual clarity is warranted because indirect deception de-
tection can imply judging verbal, nonverbal, or physiological
cues from the sender or the receiver, in an indirect, intuitive, or
even unconscious way. We aimed at improving the conceptual
clarity.

In a situation of cue dominance, where one cue is much more
diagnostic than other cues, it can be beneficial to make a de-
cision solely on that dominant cue and ignore all other cues.
We have argued that deception detection may be such a situa-
tion, with detailedness being the dominant cue. Our findings
support that notion and help to explain why studies relying
on cues other than detailedness produced weaker or incon-
sistent findings (Ulatowski 2018; Vrij et al. 2001). Moreover,
they explain why studies relying on judging multiple cues—
even when one of the cues was detailedness—again produced
weaker or inconsistent findings (Dunbar et al. 2017; Evans

and Michael 2014; for a direct test, see studies eight-nine in,
Verschuere et al. 2023). It is important, however, to keep in
mind that these findings might be idiosyncratic to the exper-
imental paradigm used here, requiring further research with
naturalistic, real-world studies to allow for recommendations
as to whether people should rely solely on detailedness for
making deception-detection judgments.

14.2 | Do Nonverbal Cues Facilitate or Interfere
With Lie Detection?

In Study 1, we found no effect of medium (video vs. text) on de-
ception detection accuracy. This indicates that having access
to nonverbal behavior likely has a small effect on deception
detection accuracy. In line with this, Leach et al. (2016) find
that restricting the access to nonverbal cues led to a modest 3-6
percentage points improvement in lie detection accuracy (but
see Denault et al. 2017). As prominently demonstrated by the
example of Elizabeth Holmes and the findings from Studies 2
and 3, this is different when having access to strongly biased in-
formation, where a person's deception detection accuracy is un-
dermined. Although the heuristic approach was not completely
immune to this kind of bias, it greatly reduced its impact and al-
lowed participants to perform better than chance. Thus, for the
presently investigated context, that is, detecting lies, nonverbal
cues seem to have a detrimental effect on a person's lie detection
ability and reducing the use of these nonverbal cues improves
the ability to detect deceit.

14.3 | Limitations

This work is not without its limitations. First, to assure hav-
ing ground truth in our studies, we used an instructed lying
paradigm. It is therefore vital to expand our work to sponta-
neous lies. Second, when comparing video to text (Study 1),
participants had access to more information (e.g., certain
demographics and attractiveness) than nonverbal behavior.
Even when comparing biased videos to unbiased videos that
were matched on certain demographics (Study 2), there may
be variables we did not control for. To allow full control over
possible confounding factors, future research could involve
avatars or actors to display stereotypical behavior (cf. Vrij and
Winkel 1991).

15 | Conclusions

Our three studies show that deception detection in interview
settings like the one presented here can be improved by rely-
ing only on the level of detail in a message. Yet, even when
guided to only evaluate detailedness, strongly stereotypical
information seems hard to ignore and can reduce deception
detection accuracy. As nonverbal behavior carries little diag-
nostic information for detecting lies in face-to-face interac-
tions, deception detection may therefore best be carried out
only on what is said. However, when time or resources are
limited, one might want to rely on frugal, easy-to-use heuris-
tics for catching a liar.
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Endnotes

ITake-the-best refers to the same heuristic implemented in the other
studies, that is, the detailedness heuristic.

2Note that one participant did not consent to the third question of the
informed consent (i.e., “I declare that (1) I am 16years of age or older,
(2) T have read and understood the information, (3) I consent to partici-
pating in the study and to the usage of the obtained data, (4) I will pre-
serve the right to revoke this consent without notice, (5) I will preserve
the right to cease the study at any moment desired by me”) which was
possible due to a programming error. Since this participant consented to
the two other questions, we decided to include them in the final sam-
ple. Furthermore, due to a programming error, one participant did not
provide sociodemographic information. We decided to include this par-
ticipant's data in all analyses that did not make use of sociodemographic
information.

3Qualtrics, per default, displays the “thumb” on continuous scales at the
lower end (i.e., 0=not at all). Thus, participants wanting to indicate not
using a cue, might have left the thumb unchanged. This, however, is re-
corded as a missing answer by Qualtrics. After taking note of this issue,
we changed the respective items to be compulsory, forcing participants
to actively change the location of the thumb (e.g., move it to 0).
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