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A B S T R A C T

The past decades have seen a rise in scholarly interest in the concept of eudaimonic entertainment experiences, 
resulting in multiple conceptualizations of the term. Recently, one such experience is Kama Muta (“moved by 
love”), which is typically measured through self-reports. However, it remains unclear to what extent Kama Muta 
is reflected in individuals’ spontaneous reactions to media content. This study examines viewers’ spontaneous 
responses to online videos (e.g., likes, comments) and compares these to their self-reported experiences of Kama 
Muta. Results show that viewers’ experiences of Kama Muta are mostly unrelated to the number of reactions that 
they post. Furthermore, topic modeling shows that Kama Muta is reflected in viewers’ comments to a limited 
extent. We conclude that making computational methods sufficiently efficient to detect abstract constructs such 
as Kama Muta in short texts requires additional methodological advancements.

1. Introduction

More than three decades of research on entertainment experiences 
has led to various definitions of this concept. Specifically when it comes 
to eudaimonic entertainment experiences, there exist different defini
tions based on varying terminology (e.g., [1,2,3]). In general, the term 
eudaimonic entertainment refers to the experiences that individuals 
have in response to dramatic or thought-provoking media content 
[4,5,6,7,8]. The large body of literature conceptualizing eudaimonic 
entertainment has recently been complemented by literature on Kama 
Muta [9]. Kama Muta refers to an emotion that can emerge in response 
to emotional or touching media content [9]. This positive emotion has 
been proposed as a form of eudaimonic entertainment experiences [10].

Similar to other conceptualizations of eudaimonic entertainment 
experiences, experiences of Kama Muta are typically measured using 
self-reports (e.g., [11,12]). While such measures are valuable, relying 
solely on participants’ (dis)agreement with pre-selected survey items 
leaves a critical gap: It remains unclear if the theoretical concept of 
Kama Muta as it is defined in the literature and described in survey items 
is also reflected in individuals’ own and spontaneous reactions to media 
content or rather a result of acquiescent response bias [13]. Addressing 
this gap is essential, because identifying whether and how theoretical 
constructs are reflected in individuals’ unprompted reactions to media 

content can provide stronger, ecologically valid evidence for their real- 
world relevance. In the present case, theory on eudaimonic entertain
ment is based on the empirical observation that people feel entertained 
by and are drawn to serious and sometimes sad content. Tracing forms of 
eudaimonic entertainment experiences such as Kama Muta in people’s 
own reactions to media content is a way to deductively validate such 
theoretical concepts, contributing to the literature.

Whereas it is important to study if Kama Muta is reflected in in
dividuals’ reactions to media content, so far, it has been difficult to do 
so. Gathering and analyzing spontaneous reactions was long impractical 
due to the limited accessibility of user-generated content. However, with 
the rise of social media, advances in data accessibility now make such 
investigations feasible. More specifically, media content is often 
consumed through social media, and these platforms offer users multiple 
opportunities to react to this content. For example, individuals watching 
a video on social media can react to it by writing a comment, or by 
evaluating it by assigning (dis)likes. These data, referred to as social 
information [14,15], offer scholars an opportunity to gather individuals’ 
spontaneous reactions to media content. This approach can help over
come social desirability concerns and does not rely on individuals’ often 
imperfect estimates of their own experiences [16]. In addition, compu
tational methods such as machine learning offer scholars the tools to 
automatically analyze these data. This is necessary as datasets consisting 
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of social information are often too large to be analyzed manually. Using 
these opportunities to investigate if Kama Muta is reflected in in
dividuals’ spontaneous reactions to media content offers a novel 
contribution to the literature investigating entertainment experiences by 
moving beyond self-reports. If the theory on Kama Muta is indeed re
flected in social information and can be detected through computational 
methods, this would not only provide a valuable complement to existing 
survey-based measures but also serve as an external validation of the 
theory itself.

Taken together, learning more about to what extent Kama Muta is 
reflected in individuals’ spontaneous reactions to (online) media content 
can help us to better understand Kama Muta and theory on eudaimonic 
entertainment experiences, as well as to explore new approaches to 
measure the occurrence of such experiences. Given the opportunities to 
do so offered by the online social information and computational 
methods that are available to date, the present study investigates to what 
extent the social information that is created in response to online videos 
relates to and reflects the theoretical concept of Kama Muta.

2. Literature review

2.1. The Expansion of theory on entertainment

Communication scholars have long worked on defining and under
standing entertainment [17,18]. Initially, entertainment was thought to 
encompass enjoyment only, but now scholars regard enjoyment as one 
of multiple aspects that comprise entertainment [4,5,19,8]. This devel
opment was sparked by the ‘sad film-paradox’ reflecting the question of 
why people can feel entertained by tragic or poignant movies [17]. 
Research investigating this question resulted in a dual-process model of 
entertainment [20,21]. This model describes two types of entertainment 
experiences, based on the work by Aristotle who distinguishes between 
hedonism and eudaimonia [22],7]. Applied to entertainment theory, 
hedonic entertainment refers to experiences of pleasure and enjoyment 
in response to funny media content and eudaimonic entertainment re
fers to individuals’ experiences when watching serious and thought- 
provoking content [4,5,6,23,7,8]. Whereas the definition of hedonic 
entertainment is relatively straightforward, there exist many different 
definitions of eudaimonic entertainment.

One of the first conceptualizations of eudaimonic entertainment 
experiences is that these refer to appreciation that people feel in 
response to emotionally and cognitively challenging content 
[1,6,23,24,8]. This is based on the notion that to be truly happy, in
dividuals must live their life in accordance to their own values and they 
must feel that they are living up to their full potential [22], 7,8]. Media 
content that makes individuals reflect on such matters can elicit 
appreciation, or in other words, give rise to eudaimonic entertainment 
experiences. In addition to appreciation, the concepts of elevation and 
self-transcendence have been used to describe eudaimonic entertain
ment experiences [25,26,3,27]. Literature on these concepts suggests 
that when watching others overcome hardship and depicting moral 
goodness or altruism, viewers feel inspired to be the best version of 
themselves, especially when such content resonates with their own lives 
[28,29]. Consuming such content can make people concentrate on 
matters that go beyond their own lives and feel connected to other 
people and the world around them [30,3,31,27,32]. This is a rewarding 
experience and a reason why people feel entertained by content that is 
not solely funny [33,2].

Whereas explanations of eudaimonic entertainment experiences 
such as inspiration, elevation, and self-transcendence are all slightly 
different, they can each be linked to the idea that eudaimonic enter
tainment experiences emerge due to cognitive appraisal of emotions and 
thoughts elicited by serious media content [34,10,30,29,18,8]. For 
example, when watching a beloved media character suffer hardship to 
achieve their goals, it is the cognitive appraisal of the emotions that this 
evokes that may make viewers reflect on their own capabilities and goals 

in life, leading to inspiration. One more recent conceptualization of 
eudaimonic entertainment experiences that is based on a different 
notion than cognitive appraisal, however, is the concept of Kama Muta 
[9,10].

2.2. Kama Muta as an entertainment experience

Kama Muta is Sanskrit for ‘moved by love’ and it refers to a positive 
social-relational emotion in connection to another entity [9]. Kama 
Muta arises in response to a sudden intensification of communal sharing 
relationships [9,11,35,12]. The term communal sharing relationship is 
rooted in the anthropological Relational Models Theory [36–38]. This 
theory states that humans have different ways in which they relate to 
each other [38]. One of these ways is based on a model called communal 
sharing. When people relate to each other based on communal sharing, 
they focus on what they have in common [37]. Such a commonality 
could be, for example, shared genetic roots: Communal sharing is often a 
part of family bonds. But commonalities can also lie in other elements, 
such as shared experiences [37]. Characteristic of communal sharing 
relationships is that these are based on a sense of belonging, a shared 
responsibility, or moral commitment, and a motivation to be kind and 
altruistic to the other [37].

When a communal sharing relationship suddenly intensifies, Kama 
Muta can arise. A communal sharing relationship can intensify suddenly 
when, for example, a broken relationship is mended or when a child is 
born. Such intensifications can pertain to the relationships that in
dividuals have with other individuals, but also to their relationships 
with media characters: Extant research indicates that individuals can 
experience strong personal bonds (i.e., Para-Social Relationships) with 
media characters [39,40], and that Kama Muta is positively associated 
with feelings of social connection [35]. Finally, Kama Muta can also 
arise when individuals witness the sudden intensification of a communal 
sharing relationship between others [41,42]. This can happen, amongst 
others, when individuals consume media content showing such an 
intensification, for example, when the protagonist of a movie proposes 
to their lover, or when an episode of a television series shows a parent 
and child being reunited after having been separated [41]. In light of 
this, Janicke-Bowles et al. [10] have described Kama Muta as a form of 
eudaimonic entertainment experience.

In sum, research on why individuals can feel entertained by media 
content that is not exclusively funny has resulted in the notion that there 
are two different types of entertainment experiences: We can feel 
enjoyment when we laugh about funny content (i.e., hedonic enter
tainment experiences) and we can have a deeper experience if we are 
exposed to content that is thought-provoking (i.e., eudaimonic enter
tainment experiences). When it comes to the latter, many different ex
planations have been provided by the literature, one of them being 
Kama Muta. Kama Muta can be seen as one of the most recent additions 
to literature on the sad-film paradox. But as scholars moved away from a 
focus on enjoyment only and started to study eudaimonic experiences, 
they also made another shift in their research.

2.3. Kama Muta Lies within Viewers, not within content

The discussion of entertainment as more than enjoyment alone is 
partly a consequence of scholars trying to understand how individuals 
can be entertainment by content that is serious and touching as well as 
content that is solely funny. But in more recent work, scholars do not 
focus so much on the characteristics of the content that people consume, 
but on the characteristics of people’s experiences in response to that 
content. In fact, following the notion that entertainment experiences 
arise due to cognitive appraisal, entertainment experiences cannot be 
fully predicted by the absence or presence of specific content charac
teristics. Consequently, scholars now regard entertainment not as a 
characteristic of media content, but as a characteristic of the individuals 
who consume this content: Instead of discussing eudaimonic 
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entertainment content, scholars now often focus on eudaimonic enter
tainment experiences.

The focus on experiences is reflected in researchers’ approach to 
measuring entertainment experiences. For example, the occurrence of 
Kama Muta is typically measured by means of surveys assessing viewers’ 
experiences while watching media content rather than methods 
analyzing the content of media messages (e.g., [11]). The measurement 
of Kama Muta has been developed, amongst others, by Zickfeld et al. 
[12] who developed a scale measuring Kama Muta. But whereas surveys 
asking individuals to indicate to what extent they experienced Kama 
Muta or other conceptualizations of eudaimonic entertainment matches 
the idea that entertainment is a characteristic of individuals and not of 
content, this method does not fully allow scholars to measure eudai
monic entertainment experiences in individuals. This is because asking 
individuals to reflect on survey items which are formulated based on 
researchers’ theoretical knowledge of entertainment experiences does 
not indicate if such experiences are also reflected in individuals’ own 
and spontaneous reactions to media content. To understand if viewers’ 
own reactions indeed reflected theory on eudaimonic entertainment, 
Kama Muta and its dimensions offer a good place to start.

2.4. Finding Kama Muta in Viewers’ reactions

Examining literature on eudaimonic entertainment experiences and 
on Kama Muta in particular shows that Kama Muta differs from earlier 
explanations of eudaimonic entertainment experiences in two ways. 
First, whereas earlier discussions of eudaimonic entertainment experi
ences have led to a variety of definitions, Kama Muta has been consis
tently described as an experience consisting of the five dimensions 
[9,43,42,12]. The first dimension is the appraisal of the perception of a 
sudden intensification of a communal sharing relationship. For example, 
individuals experiencing Kama Muta often explicitly indicate that they 
felt a strong interpersonal bond arise. Second, Kama Muta is charac
terized by a positive valence meaning that it is often described as a 
positive experience. Third, Kama Muta is often accompanied by bodily 
sensations, such as moist eyes, goosebumps, or a lump in the throat. The 
fourth component of Kama Muta is a motivation to do good and to be 
committed to a relationship by acting communally and with kindness. 
Individuals experiencing Kama Muta can feel, for example, an urge to 
help others. The final component of Kama Muta is the usage of different 
vernacular terms or labels describing the experience of Kama Muta. That 
is, whereas they refer to the same experience, people may label Kama 
Muta differently due to their language or cultural background [9,10,12].

The consistent definition of Kama Muta is helpful when assessing if 
individuals’ spontaneous reactions to media content reflect (elements 
of) this concept. That is, Kama Muta is present in individuals’ reactions if 
these describe or indicate the appraisal of a sudden intensification of 
communal sharing relationships, a positive experience, bodily sensa
tions, motivations to do good, or vernacular terms describing being 
moved by love. This stands in contrast to earlier conceptualizations of 
eudaimonic entertainment experiences that discussed multiple different 
characteristics of these experiences, making it hard for scholars to un
derstand what to look for when wanting to detect eudaimonic enter
tainment experiences in individuals’ spontaneous reactions to media 
content. In addition to its consistent definition, Kama Muta differs from 
earlier conceptualizations of eudaimonic entertainment experiences 
because scholars agree on what exactly causes the rise of Kama Muta in 
the context of media consumption.

As discussed above, earlier research on eudaimonic entertainment 
experiences proposes that such experiences emerge because of cognitive 
appraisal of emotions felt in response to media content [34,10,18,8]. 
Such an explanation focuses on the psychological process underlying the 
rise of eudaimonic entertainment experiences. Whereas this is in line 
with the notion that entertainment experiences are a characteristic of 
media consumers and not of media content, it does not provide infor
mation on when such experiences are likely to arise. This makes it 

difficult to make and test assumptions about when individuals could be 
expected to refer to eudaimonic entertainment when they react to media 
content. As the theory of Kama Muta explicitly indicates that this 
emotion occurs in response to a sudden intensification of a communal 
sharing relationship, it is plausible to assume that when individuals are 
exposed to media content depicting such an intensification, their re
actions to that content should reflect (elements of) Kama Muta.

Taken together, Kama Muta offers a good starting point for assessing 
to what extent viewers’ own and spontaneous reactions to media content 
reflect theoretical explanations of entertainment theory. It does so 
because its description has been consistent in the literature, offering 
clarity on what exactly constitutes reflections of Kama Muta. In addition, 
as theory explicitly describes when Kama Muta is expected to arise (i.e., 
when a communal sharing relationship suddenly intensifies), it is 
possible to make predictions on when individuals are likely to experi
ence Kama Muta and when this should be reflected in their reactions. 
One way to assess if Kama Muta is indeed reflected in individuals’ 
spontaneous reactions to media content, is by examining social infor
mation available on social media platforms.

When individuals consume online content such as short videos, they 
often do so through social media. On these platforms, viewers can react 
to that content. For example, they can write a comment in response to it 
or evaluate it by assigning it a (dis)like. Such user-generated information 
about content is referred to as social information (e.g., [14,15] and it 
offers insights on viewers’ spontaneous reactions to media content. 
Moreover, it can be used to examine if the characteristics of viewers’ 
reactions to media content (in the form of social information) reflect 
theories of entertainment experiences and more specifically, theory on 
Kama Muta. It can do so in two ways. First, the characteristics of social 
information may be related to the Kama Muta that viewers experience. 
For example, scholars explain that experiencing Kama Muta can moti
vate people to act communally and to do something nice for others [9,
10,12]. Hence, it is possible that viewers who experience Kama Muta 
feel inclined to assign likes to a video as an act of praising its creator. In 
that case, Kama Muta may be reflected by a large quantity of likes 
assigned to a video. Empirically assessing this notion is one way to 
overcome the limitation that results from using predominantly 
self-reports to measure Kama Muta and address the research gap out
lined above. Therefore, we ask the following:

RQ1: How are the characteristics of social information created in 
response to online videos related to the feelings of Kama Muta that 
viewers of these videos experience?

A second way to address the research gap previously discussed is by 
assessing to what extent the Kama Muta experiences of viewers are re
flected in their comments written in response to online videos. Extant 
research suggests that viewers often describe their personal experiences 
when commenting on entertainment videos [44]. In the current context, 
this implies that if viewers experience Kama Muta, their comments may 
reflect this. Specifically, in their comments, online video viewers may 
appraise the sudden intensification of communal sharing relationships, 
describe a positive experience, report experiencing bodily sensations, 
display motivations to do good, or include vernacular terms describing 
the feelings of being moved by love. Based on this, we ask the following:

RQ2: To what extent are the topics discussed in comments written in 
response to videos whose viewers experience Kama Muta reflective of 
Kama Muta theory?

3. Dataset and method

To answer our research questions, we used a mixed-method 
approach in which we detected viewers’ Kama Muta experiences in 
response to videos using the survey developed by Zickfeld et al. [12] and 
analyzed how these experiences relate to the characteristics of the social 
information created in response to these videos. This approach allowed 
us to study if the theoretical assumptions on which previously developed 
survey items are based are reflected in viewers’ own reactions. The study 
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was pre-registered through the Open Science Framework (see: htt 
ps://osf.io/yrz6j/) and approved by the Ethics Committee of the au
thors’ university.

3.1. Dataset

We gathered our data in three steps. First, we selected a sample of 
online videos and gathered their social information, including the 
comments that they received. Second, we measured viewers’ Kama Muta 
experiences in response to these videos through a survey. Finally, we 
identified the topics discussed in the comments of the videos using topic 
modeling.

3.1.1. Dataset 1: Online videos
To select a sample of videos to analyze, we focused on corporate 

videos presented on YouTube. The decision to focus on this particular 
type of video was based on the fact that (1) brands often use corporate 
videos aimed at evoking Kama Muta to engage consumers [45], and (2) 
videos that are available on YouTube are accompanied by social infor
mation that we could analyze. We collaborated with a company 
specialized in creating corporate films. An expert provided us with an 
extensive list of 54 English spoken corporate videos that were available 
on YouTube in September 2023 (see Online Appendix A on OSF for an 
overview of the videos in our sample2). From this list, four videos were 
excluded from our analyses because we could not retrieve (all) their 
social information. Finally, in the analyses for RQ1, Cook’s distance for 
two videos indicated that they substantially altered our statistical 
models (Cook’s distance scores ranging from 1.32 to 6.25). To maintain 
consistency throughout the analyses, these two videos were excluded 
from all analyses. This made our final sample consist of N = 48 corporate 
videos (see Online Appendix A for an overview of the videos included in 
our final sample1).

Using a Python script employing the Google API developed by Van de 
Velde [46], we collected the social information for each video in our 
sample through web scraping. This consisted of the number of views that 
the video received (M = 932,156,3.19, SD = 192,726,62.21, Skewness 
= 3.37, Kurtosis = 15.00), the number of likes assigned to the video (M 
= 250,52.86, SD = 434,13.21, Skewness = 2.80, Kurtosis = 11.75), and 
the duration of the video in seconds (M = 141.65, SD = 86.21, Skewness 
= 0.98, Kurtosis = 2.56). In addition, we gathered the comments that 
were written in response to the videos and for each video, we created 
one number indicating how many initial comments that video received 
(M = 788,31, SD = 1211.00, Skewness = 2.12, Kurtosis = 6.69) and one 
number indicating how many reply comments that video received (M =
309.38, SD = 466.10, Skewness = 2.40, Kurtosis = 8.94).3 For each 
comment that we retrieved, we also collected the username of its author. 
We used this to calculate the number of unique contributors to the 
comments section of each video (M = 832,65, SD = 1236,14, Skewness 
= 2,07, Kurtosis = 6,46).

3.1.2. Dataset 2: Kama Muta experiences of viewers
Using a survey, we measured the Kama Muta experiences that 

viewers had in response to the video in our sample (see Online Appendix 
B on OSF for the complete survey1). The data for this survey were 
collected in October 2023 using the panel company Prolific, which 
allowed us to target only adult residents of the United Kingdom to 
ensure participants were proficient in English, as all videos were in 
English. In total, 995 individuals completed our study. After excluding 
the data of respondents who did not consent with us using their data (n 
= 3), we had a final sample of N = 992 respondents. Respondents were 
individuals (50% female, 49% male, 1% other) aged between 18 and 44 
years old (Mage = 33.16, SDage = 6.46) who resided in the UK. 20% had a 
low level of education, 16% a medium level of education, and 63% a 
high level of education (1% of respondents did not indicate their edu
cation level).

Respondents were asked to watch two videos that were randomly 
selected from our sample and report their Kama Muta experiences in 
response to each of them, resulting in each video being watched by 
approximately 36 individuals. For each video that they watched, re
spondents filled out the English version of the KAMMUS-Two scale 
developed by Zickfeld et al. [12]. This scale measures the five compo
nents of Kama Muta (i.e., appraisal of a sudden intensification of 
communal sharing relationships (four items, Cronbach’s alpha between 
0.85 and 0.97), positive valence (one item), bodily sensations (12 items, 
Cronbach’s alpha between 0.71 and 0.94), motivations to do good (four 
items, Cronbach’s alpha between 0.88 and 0.99), and usage of vernacular 
terms (three items, Cronbach’s alpha between 0.88 and 0.98) using 24 
items in total (see the Online Appendix B on OSF for an overview of all 
items used and Online Appendix C for reliability of constructs for all 
videos1). To create one score on each Kama Muta component, we 
averaged respondents’ scores on the items for each individual Kama 
Muta component per video that they watched. For each video, we then 
took the average of respondents’ scores on each Kama Muta component. 
This resulted in one score per video on viewers’ appraisal (M = 3.21, SD 
= 1.05, Skewness = 0.10, Kurtosis = 2.03), positive valence (M = 4.66, 
SD = 0.64, Skewness = -0.18, Kurtosis = 3.49), bodily sensations (M =
2.31, SD = 0.55, Skewness = 0.52, Kurtosis = 2.60), motivations to do 
good (M = 2.60, SD = 0.89, Skewness = 0.37, Kurtosis = 2.28), and 
usage of vernacular labels (M = 3.68, SD = 1.21, Skewness = 0.06, 
Kurtosis = 2.00). Online Appendix A provides a full overview of the 
videos in our sample and the Kama Muta experiences of their viewers.1.

3.2. Analyses

3.2.1. Modeling the relationship between Kama Muta and the 
characteristics of social information (RQ1)

To address RQ1, we examined how viewers’ experiences of the five 
components of Kama Muta related to three characteristics of videos’ 
social information: the number of likes, the number of initial comments, 
and the number of replies. Each characteristic served as the dependent 
variable in a separate model, with the five Kama Muta components 
entered as independent variables. We controlled for the number of video 
views, video duration (in seconds), and the number of unique comment 
authors. As the scores of videos on the number of received likes, initial 
comments, and replies were characterized by high kurtosis (scores 
ranging from 6.69 to 11.75), we planned to run three Poisson Re
gressions (also see our pre-registration). However, results of over
dispersion tests indicated that these models were overdispersed (for the 
number of likes, the number of comments, and for the number of replies, 
p < .001). Therefore, the first RQ was investigated using three Quasi- 
Poisson Regressions. These analyses were run in R using the GLM 
package.

3.2.2. Analyzing the topics presented in online video comments (RQ2)
To address RQ2 and detect the topics that viewers of the videos 

discussed in their comments posted under these videos on YouTube, we 
automatically analyzed the comments in our data using topic modeling. 
When doing so, we split our video sample into two groups (also see 

2 See: https://osf.io/d9xgh/.
3 The sum of initial comments and reply comments as derived from the data 

that we received from the API did not match the number of comments as 
indicated by the metric provided YouTube for eight videos. This can have 
various reasons, such as a delay in updates to the metric after comments are 
added or removed, or comments being posted but being held under review by 
the owner of a video. To verify that these discrepancies did not affect our re
sults, we repeated our analyses for RQ1 (see Results section), but with the total 
number of comments as indicated by YouTube as the dependent variable. In 
line with the results reported in our paper, this analysis indicated that only 
viewers’ experiences of the positive valence component were negatively related 
to the number of total comments that a video received (Estimate = − 1.49, SE =
0.34. t = − 4.35, p < 0.001).
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Online Appendix A on OSF1). Videos that scored higher than the average 
score on at least three of the five Kama Muta components were 
considered Kama Muta eliciting videos (n = 22). Other videos were 
grouped together as control videos (n = 26).

To analyze the comments written in response to the videos on our 
study, we used two unsupervised machine learning methods, namely 
structural topic modeling (STM, [47] and BERTopic [48]. STM identifies 
latent topics based on word co-occurrences within a corpus of docu
ments (comments collected for the study). Unlike traditional topic 
modeling algorithms, STM allows for the inclusion of document-level 
covariates that may influence topic prevalence [47]. This is particu
larly relevant in the current study as the social information collected is 
nested under YouTube videos and it can be expected that the videos 
impact the topics discussed in comments created in response to them. 
Hence, the STM included video ID’s as covariates as the video might 
influence each topic’s prevalence in the comments.

In contrast to STM that treats each comment as a bag-of-words, 
BERTopic uses clustering techniques and class-based TF-IDF to ac
count for the semantic relationship between words within a single 
comment [48]. BERTopic is based on the pre-trained BERT (Bidirec
tional Encoder Representations from Transformers, [49]), using its ca
pacity to generate vector representations of words and sentences with 
semantic properties. BERTopic capabilities of accounting for the se
mantic property of documents inside topics results in more diverse and 
coherent topics when compared to traditional topic models, and it is 
generally seen as more robust in use [50]. Both topic models were 
applied to comments written under Kama Muta eliciting videos and 
neutral videos separately. Online Appendix D on OSF1 provides a 
detailed overview of the data preparation steps and all parameter set
tings used in the analyses.

3.2.2.1. Topic model validation. To validate the topics that resulted from 
our analyses, we ran a second survey in which we checked the under
standability of our topics for humans. Online Appendix E available on 
OSF1 contains the full survey used for the validation of the topic models. 
This final sample of this study consisted of N = 67 students (Mage =

23.04, SDage = 1.36, 16.4% male, 82.1% female, 1.5% preferred not to 
disclose their gender). We validated the results of the topic models 
through three tasks. In the first task, respondents were presented with 
four out of the five most important words for each topic (i.e., words with 
the highest probability for STM or most representative words for BER
Topic). They were asked to select the fifth word, which was presented to 
them along with two distractor words. For each topic, validity was 
confirmed if most respondents correctly identified the missing fifth 
word. For the second task, participants saw six words for each topic: Five 
of these words were the most important word a specific topic, and one of 
them was a distractor word. Respondents were asked to select the word 
that they believed did not belong to the same topic as the other words. 
Validation of topics was confirmed if most respondents correctly 
selected the distractor word.

Prior to completing the last step, respondents read a lay-man’s 
explanation of the concept of Kama Muta. Then, respondents were 
shown the five most important words of each topic identified by our 
models. They were asked to categorize these sets of five words into sets 
that they believed represented Kama Muta in some way and sets that 
represented something else. Validity of a topic was confirmed if most 
respondents correctly categorized its five words with the highest prob
ability as either belonging to Kama Muta or to something else.

4. Results

4.1. The characteristics of social information

Our first research question asked how the characteristics of social 
information created in response to online videos relate to the feelings of 

Kama Muta that viewers of these videos experience. The first Quasi- 
Poisson Regression with the number of likes that videos received as 
the dependent variable indicated a significant relationship between the 
extent to which viewers had positive experiences in response to a video 
and the number of likes that the video received (see Table 1 for a full 
report of the results). However, this relationship was negative: The more 
viewers indicated that watching a video was a positive experience, the 
fewer likes that video received. The remainder of the Kama Muta com
ponents was not significantly related to the number of likes that a video 
received (see Table 1). The results of the second Quasi-Poisson Regres
sion indicated that the extent to which viewers had positive experiences 
in response to a video was also negatively related to the number of initial 
comments that the video received (see Table 1). In addition, as viewers 
experienced more bodily sensations while watching a video, the number 
of initial comments that the video received, increased (see Table 1). The 
number of initial comments that a video received was not related to any 
of the other components of Kama Muta (see Table 1). Finally, the results 
of the third Quasi-Poisson Regression showed that the number of replies 
that a video received was not related to any of the components of Kama 
Muta that video viewers experiences (see Table 1).1.

In sum, when it comes to the relationship between viewers’ experi
ences of Kama Muta and the characteristics of social information (RQ1), 
our results showed that the more viewers indicate that watching a videos 
was a positive experience for them, the fewer likes and initial comments 
that video received. However, the more viewers indicate that they 
experienced bodily sensations while watching a video, the more initial 
comments that video received. Most of the components of Kama Muta as 
experienced by video viewers, however, were not related to the number 
of likes, initial comments, or replies that a video received.

4.2. The topics discussed in user comments

The second research question asked to what extent the topics of 
comments written in response to videos whose viewers experience Kama 
reflected Kama Muta theory. To learn more about this, we used both 
BERTopic modeling as well as STM (see methods section).

4.2.1. Structural topic modeling (STM) about comments of Kama Muta 
evoking videos

The five topics that STM identified based on the comments that 
viewers posted in response to Kama Muta eliciting videos were diverse 
(see Table 1 in Online Appendix F for an overview of the topics and the 
three comments that are most important to each topic). The first, second, 
and fourth topic seem to be about concepts related to Kama Muta, 
namely emotions such as love and gratitude (i.e., ‘feel’, ‘love’, and 
‘thank’), bodily sensations (i.e., ‘cri’) and positive valence (i.e., ‘great’). 
They also seem to reflect a focus on spirituality as indicated by the word 
‘god’ in the first topic. A look at the comments that contribute most to 
the topics show that the first topic seems largely based on comments 
written in response to one video about U.S. army veterans. Based on the 
comments, the video seemed to spark emotional reactions expressing 
gratitude to those who served or are serving in the U.S. military (e.g., 
“God bless all those who have served […]”).

Yet, for the second and fourth topic, the most important comments 
do not reflect the idea that they are about concepts related to Kama 
Muta: For Topic 2, two of the comments negatively reflect on the video 
that they accompany whereas another comment provides factual infor
mation about a video. For the fourth topic, two of the comments seem to 
be spam, and another comment seems to be mostly about how effective a 
corporate video about a liquor brand was without providing details as to 
whether or not this is because it makes viewers emotional.

Finally, the third and fifth topic identified among comments written 
in respond to Kama Muta evoking videos by the STM seem to reflect not 
so much emotions, but positive evaluations of the videos that comments 
accompany (i.e., ‘like’ in the third topic, and ‘good’ in the fifth topic). 
Yet, looking at the comments assigned to these topics yields mixed 
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results. One comment characteristic for Topic 3 indeed reflects positive 
feelings in response to videos (e.g., ‘Love this ad […]’). However, the 
other comments are critical of the video they accompany and the com
panies that made them (e.g., ‘Dear Qatar airways, your advertisement 
didn’t attracted our attention but the song. And 90% of the comments 
are all about this song […] for Topic 5), or address a broad, societal topic 
(e.g., ‘#muslims need to tolerance … bunches of uneducated people in 
your community ..#boycot qatar airlines’ for Topic 5).

In all, looking at the words that the model provides for each topic 
suggests that three out of the five topics refer to concepts that are part of 
Kama Muta, specifically, bodily sensations, and positive valence. How
ever, a closer look at the comments that are deemed most representative 
for each topic reveals that this idea only holds for the first topic. This 
topic seems to be based solely on comments written in response to one 
particular video honoring U.S. military veterans in which viewers ex
press their gratitude and appreciation for veterans and send them 
blessings. For the other topics, however, the comments on which they 
are based are inconsistent in terms of topic and of their relevance as they 
also contain spam and texts seemingly unrelated to the video or viewers’ 
experiences. Taken together, the STM reveals some reflection of Kama 
Muta in the comments, but it also shows that most topics discussed in 
comments do not reflect (elements of) Kama Muta.

4.2.2. Bertopic modeling about comments of Kama Muta evoking videos
Running a BERTopic model on comments written in response to 

Kama Muta evoking videos resulted in two topics that seem to reflect 
Kama Muta (see Online Appendix F). Specifically, Topic 1 seems to ex
press emotions (i.e., ‘love’ and ‘thank’) and appreciation for the video (i. 
e., ‘beautiful’). The comments that represent this topic support this 
notion and also reflect the component of bodily sensations (e.g., ‘This 
video is made to make you cry…’). Topic 2 also seems to address an 
emotional topic, namely that of losing someone important. This is also 
reflected in the comments that are deemed representative for this topic 
by the model (e.g., ‘That is so true! I lost my dad 4 years ago, and each 
Christmas I miss him really much […]’).

Three other topics identified by the BERTopic model do not seem to 
be about viewers’ experiences of videos but rather be directly related to 
specific videos. Topic 3 is characterized by comments emphasizing the 
creator of one of the videos (e.g., ‘Love quatar airways’). Similarly, 
Topic 4 seems to represent requests for more of the represented content 
(e.g., ‘Make a full version!’). Finally, the comments representing the 
second topic identified by the model seem to be about criticizing people 
who expressed disliking of a video (e.g., ‘whoever did the thumbs down 
on this video you don’t have a clue what freedom is or what people had 
and have to do for you to have it!’). These comments were posted in 
response to the video honoring veterans of the U.S. military discussed 
above. Yet, whether the video is the same, the topic that the BERTopic 
model identified is about defending veterans against attacks from people 
who react negatively to the video, whereas the topic identified by the 
STM based on comments written in response to the same video are about 
gratitude towards veterans.

Taken together, whereas the first two topics identified by the BER
Topic model seem to reflect Kama Muta and bodily sensations (e.g., ‘This 
video is made to make you cry’) in particular, the latter three topics 
identified by the model seem to focus on the creator or content of spe
cific videos (Topics 3 and 4), or on the reactions of others to a specific 
video (Topic 2). Overall, there is some but no strong reflection of Kama 
Muta in the topics discussed in the comments based on the results of the 
BERTopic model.

4.2.3. Structural topic modeling (STM) about comments of Control videos
When it comes to the control videos, the STM identified six topics 

(see Online Appendix F for a detailed overview of the results of the topic 
models for control videos1). These topics seem to have in common that 
they are not so much about viewers’ experiences of videos but focus on 
the specific content of videos instead. The first topic that the model Ta
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identified for the control videos is an expression of appreciation for Billie 
Eilish, an artist featuring in one of the videos in the sample. This is re
flected in the comments that the model considers important to this topic 
as they express positive feelings towards the artist (‘I love you billie 
[…]’).

Whereas the first topic does somewhat focus on viewers’ experiences 
and perceptions of the artist featured in one of the videos, the remaining 
topics seem to focus solely on the actual content and creator of the 
videos rather than on viewers’ experiences or emotions. For instance, 
comments important for Topic 2 seem to be created in response to a 
video by a beer brand. Viewers express their (negative) thoughts about 
the brand (e.g., ‘Heineken own a great deal of beers I would drink, not 
brewed by them but nevertheless I will NOT be purchasing ANY of their 
portfolio, nor will i stock any ever again […]’ for Topic 2). A similar 
observation can be made for Topics 3, 4, 5, and 6. For these topics, most 
of the contributing comments seem to have been written in response to 
one particular video, namely a video about a car brand (Topic 3), a video 
promoting Switzerland as a vacation destination (Topic 4), a video by a 
brand for clothing and travel products (Topic 5), and a video by a 
smartphone brand (Topic 6). The topics as well as the comments that 
they are based on reflect this (e.g., ‘My VW POLO has only 4 years left, 
Pls launch the new polo in India soon!’, for Topic 3, and ‘Discovered 
Switzerland as a kid collecting stamps. I have been a regular visitor since 
1954. […]’ for Topic 4).

4.2.4. Bertopic modeling about comments of Control videos
Similar to the results of the STM for comments written in response to 

control videos, the first topic identified for comments in response to 
control videos by the BERTopic model indicates appreciation for the 
artist featured in a specific video. This is reflected in the comments that 
are representative for this topic as well (e.g., ‘I’m in love with Billie’). 
Other topics identified by the model also show similarity to the topics 
identified by the STM model. The third topic is about a car brand as is 
reflected in its comments (e.g., ‘We want this polo in India!’). The fourth 
topic centers around a smartphone brand featured in one of the videos in 
the sample (e.g., ‘My dream phone s23 ultra’). The sixth topic is char
acterized by comments all reflecting the same response to a video 
summarizing all popular media content in which a specific brand was 
featured (e.g., ‘No pulp Fiction?’).

Finally, Topic 2 and Topic 5 have in common that the comments that 
the model deems representative for these topics are all posted in 
response to the same video. The video is created by a beer brand and 
explicitly promotes vaccination against Covid-19. This evokes negative 
reactions, either in the form of a boycott of the brand’s products (e.g., ‘I 
will never drink Heineken again. Never ever!’, Topic 2) or by criticizing 
the brand’s stance regarding vaccination (e.g., ‘Heineken = Apartheid’, 
Topic 5). Note that Topic 2 as identified by the BERTopic modeling is 
similar to the Topic 2 as identified by the STM for comments written in 
response to control videos. Taken together, both the results of the STM 
and of the BERTopic models regarding comments written in response to 
control videos show topics that are predominantly focused on the con
tent of specific videos and do not seem to discuss elements of Kama 
Muta.

4.2.5. Validation of the topic models
Table 2 provides an overview of the results of the validation tests for 

the different topic models. For each of the three tests, validation of the 
identified topics was confirmed is the majority of the respondents 
completed the test correctly. In Table 2, tests for which this was the case 
are highlighted. Observing the results, it seems that for topics identified 
using the BERTopic model validity is confirmed in most cases. Yet, a 
closer look at the results does add the nuance to this, namely that the 
validity of topics seems to depend on the type of validity check that was 
done. According to the results of the last validity check whereby re
spondents were asked to sort topics according to whether they believed 
it was representative of Kama Muta, it seems that the majority of topics 

are valid. This applies to both topics identified using STM and BERTopic 
modeling.

However, observing the results of other validation checks yields 
different results. Looking at the first validity check whereby respondents 
were asked to find the missing word belonging to a topic, most topics 

Table 2 
Results of the validation checks.

Topic Words Validation 
Test 1 
(find the 
missing 
word) 

Validation 
Test 2(pick the 
odd one out)

Validation 
Test 3(sorting 
task)

% correct (n) % correct (n) % correct (n)

Kama 
Muta 
STM 1

thank, will, time, 
year, god

62.7 (42) 16.4 (11) 91 (61)

Kama 
Muta 
STM 2

cry, commerci, 
great, get, work

13.4 (9) 7.5 (5) 53.7 (36)

Kama 
Muta 
STM 3

like, watch, now, 
made, guy

16.4 (11) 6 (4) 22.4 (15)

Kama 
Muta 
STM 4

love, just, one, 
beautiful, feel

38.8 (26) 11.9 (8) 92.5 (62)

Kama 
Muta 
STM 5

video, make, 
can, good, song

37.3 (25) 28.4 (19) 37.3 (25)

Control 
STM 1

love, song, like, 
billion, just

46.3 (31) 4.5 (3) 13.4 (9)

Control 
STM 2

never, will, beer, 
buy, vaccin

23.9 (16) 32.8 (22) 92.5 (62)

Control 
STM 3

india, one, look, 
will, like

31.3 (21) 0 (0) 79.1 (53)

Control 
STM 4

make, good, 
commercial, see, 
people

37.3 (25) 26.9 (18) 50.7 (34)

Control 
STM 5

car, really, need, 
better, amazing

16.4 (11) 5.97 (4) 85.1 (57)

Control 
STM 6

bmw, phone, 
ultra, new, just

9 (6) 11.9 (8) 97 (65)

Kama 
Muta 
BERT 1

thank, beautiful, 
video, 
commercial, love

17.9 (12) 14.9 (10) 86.6 (58)

Kama 
Muta 
BERT 2

brother, died, 
miss, old, dad

82.1 (55) 59.7 (40) 83.6 (56)

Kama 
Muta 
BERT 3

people, freedom, 
dislike, thumbs, 
dislikes

79.1 (53) 19.4 (13) 58.2 (39)

Kama 
Muta 
BERT 4

qatar, airways, 
airline, fly, flight

95.5 (64) 70.1 (47) 4.5 (3)

Kama 
Muta 
BERT 5

version, full, 
please, find, link

50.7 (34) 13.4 (9) 9 (6)

Control 
BERT 1

love, song, 
billion, video, 
like

13.4 (9) 53.7 (36) 20.9 (14)

Control 
BERT 2

never, beer, 
drink, 
commercial, 
north

79.1 (53) 11.9 (8) 97 (65)

Control 
BERT 3

india, bmw, car, 
polo, launch

56.7 (38) 31.3 (21) 94 (63)

Control 
BERT 4

ultra, phone, 
s23, iphone, s22

88.1 (59) 65.7 (44) 95.5 (64)

Control 
BERT 5

switzerland, 
apartheid, 
propaganda, 
world, people

53.7 (36) 40.3 (27) 68.7 (46)

Control 
BERT 6

fiction, pulp, 
included, list, 
quoted

76.1 (51) 55.2 (37) 86.6 (58)
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identified by BERTopic modeling seem valid, while for the STM, most 
topics are not. The results of the second validity test whereby re
spondents were asked to select the word that did not belong to a specific 
topic, only five topics (identified using BERTopic modeling) out of the 
total 22 topics are valid. Overall, the results of the validity checks 
indicate that BERTopic modeling outperforms STM. But when it comes 
to the question of whether the topics in general were valid, the answer 
depends on the type of validity check used and ranges from a scenario 
where validity is confirmed for most topics (i.e., validity test 3) to one 
where validity is confirmed for a small minority of the topics (i.e., the 
second validity test).

5. Discussion

The present study investigated to what extent Kama Muta can be 
detected in viewers’ comments written in response to online videos. It 
did so inspired by the notion that extant research predominantly relies 
on self-reports to measure entertainment experiences, hindering our 
understanding of how entertainment experiences are reflected in in
dividuals’ spontaneous reactions to media content. To address this gap, 
this study investigated how the characteristics of social information 
created in response to videos relate to video viewers’ experiences of 
Kama Muta (RQ1). Results showed that when viewers report feeling 
stronger bodily sensations, they post more comments in response to a 
video. This suggests that experiencing bodily sensations (e.g., goose
bumps, moist eyes) is the main component of Kama Muta that stimulates 
viewers to actively engage with (other viewers of) a video and write a 
comment to share their thoughts. However, our results also showed that 
not all components of Kama Muta led video viewers to create more social 
information: Most Kama Muta components did not relate to the char
acteristics of social information created in response to videos at all. 
When video viewers indicated that watching a video was a particularly 
positive experience for them, videos even received fewer likes and 
comments.

One component of Kama Muta is the motivation to do something 
good for others [9,42,12]. On YouTube, viewers can assign likes to a 
video or write a comment to express their appreciation for a video which 
could be seen as an act of doing something good for the creator of a 
video. In this context, our finding that most components of Kama Muta 
and the specific component of feeling motivated to do something good 
for others were not related to the quantity of social information seems 
divergent from the literature. An explanation for this relates to our video 
sample. Videos used in our analyses were videos uploaded by (large) 
corporations (e.g., Volvo, Samsung, Johnny Walker). In contrast to 
videos created by individuals with whom viewers have a strong personal 
bond (i.e., friends, acquaintances) or a Para-Social Relationship (i.e., 
influencers) [51], viewers of the videos in our sample may not have felt a 
strong bond to the corporations that uploaded them. This may explain 
why viewers’ experiences of Kama Muta and the motivation to do 
something good for others in particular, did not lead viewers to assign 
likes to or write (replies to) comments in response to these videos.

The notion above is also supported by looking at the topics that were 
identified in the comments that viewers wrote in response to the 
corporate videos of our sample. Several topics were particularly nega
tive (e.g., calls for boycotting specific brands). Although the results of 
our survey show that viewers do experience Kama Muta when watching 
corporate videos, it seems that this experience does not translate into 
social interaction. In fact, viewers are more inclined to write comments 
if their attitudes towards the video and/or its brand are predominantly 
negative. This finding is in line with past research indicating that sharing 
experiences with others through for example word-of-mouth or com
ments can be driven by the intention to draw attention to dissatisfaction 
[52] or wanting to encourage a company to improve by venting negative 
feelings [53]. This could explain the fact that we found a negative 
relationship between viewers’ positive experiences and the number of 
comments that they write and the number of likes they assign to a video. 

Yet, our analyses do not rule out other possible explanations for our 
findings and additional research is needed to examine the role that the 
type of videos plays when it comes to the relationship between video 
viewers’ experiences of Kama Muta and the characteristics of videos’ 
social information. Still, our findings offer an important theoretical 
implication regarding this relationship. Namely, the type of media 
content consumed, and especially its source seems to play an important 
role. To advance our understanding of this, future studies could focus on 
the creators of videos and the bond that viewers have with them as the 
negativity bias might only be present when (Para-)Social relationship is 
lacking.

Next to studying the characteristics of social information, this study 
used topic modeling to analyze the topics that viewers discuss in their 
comments posted in response to videos (RQ2). This led to mixed results. 
On the one hand, Kama Muta in general seems to be reflected in com
ments written in response to Kama Muta evoking videos, as the topics 
identified by our models often revolved around emotions, such as love 
and gratitude. For comments written in response to control videos, re
flections of emotional experiences were much less evident. This is in line 
with the idea that when viewers experience Kama Muta in response to 
online videos, they discuss these emotions in their comments. Yet, when 
zooming in on the specific components of Kama Muta, only the 
component of bodily sensations (i.e., moist eyes, crying) seem to be 
reflected in the topics, where other components were not.

Our validation tests confirm the conclusion that whereas Kama Muta 
in general was detected by the topic models, specific components of 
Kama Muta were not: Their results indicate that both the STM and the 
BERTopic model worked well when it comes to identifying Kama Muta 
in general but not when it comes to identifying specific components. For 
example, all topics identified by our models score relatively high in the 
task where respondents were asked to sort topics into topics related to 
Kama Muta and topics related to something else. Most respondents could 
do so correctly, indicating that the topics identified by our models in 
general clearly reflected Kama Muta or not. Yet, when looking at the 
other validation tests, our topics score much lower. In the first validation 
test, respondents were asked to find the missing word belonging to a 
topic and in the second task, they were asked to pick the word that did 
not belong to a topic. These two tasks require respondents to have a 
relatively clear understanding of the exact topics and their relation to 
the dimensions of Kama Muta, rather than a general understanding of 
whether a topic is about Kama Muta or not. The finding that they could 
complete these tasks less well than the sorting task confirms the idea that 
our models could not identify specific Kama Muta components in a way 
that is clear to humans. Future research could explore methodological 
refinements or alternative modeling approaches such as supervised or 
semi-supervised learning or keyword-assisted topic models that could be 
better equipped to detect and differentiate the specific components of 
Kama Muta in user-generated content. Such approaches could improve 
alignment between computational outputs and human understanding of 
the different Kama Muta dimensions, thereby enabling more robust 
analyses of how abstract emotional constructs are expressed in 
comments.

Overall, the topics identified by the BERTopic models outperform the 
topics identified by the STM when looking at the results of our validation 
study. This is remarkable, as the BERTopic model is considered less apt 
in dealing with our nested data (i.e., comments nested under videos) 
than STM. Yet, the main results that our validation study produced is 
that the performance of a model depends on the type of validation test 
chosen. In the present study, the last validation test (i.e., sorting task) 
assessed if our models produced topics that humans could label as 
reflective of Kama Muta or not. In that regard, both models performed 
well overall. However, the tasks that assessed if humans could clearly 
understand the exact content of specific topics identified by our models 
indicated that our models are not fully capable of doing so. Future 
scholars working with topic modeling are therefore advised to compare 
different validation tasks, and to provide a clear argumentation as to 
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why the tasks chosen by them are suitable to validate their models. They 
can do so by explicitly discussing what they want to validate (e.g., 
assessing if models can detect presence of constructs in texts, or 
assessing if models can detect concrete dimensions or topics that are 
clear to humans), and explaining why the validation task selected by 
them is suitable to do so.

These methodological insights also carry practical implications. 
While corporate videos can evoke Kama Muta, such emotional responses 
do not automatically translate into higher engagement, particularly 
when audiences lack a strong bond with the content creator. For prac
titioners aiming to foster positive engagement, cultivating social 
connection may be as important as evoking emotional responses. 
Moreover, computational tools for detecting emotional content in user- 
generated data hold promise for informing content strategy and allow
ing more fine-grained campaign evaluation based on real-life data. 
However, practitioners should be aware of the current limitations of 
these methods, especially when working with abstract, multifaceted 
emotional constructs.

6. Limitations and future work

Whereas topic modeling has been used by communication scholars in 
other domains such as journalism and media psychology (e.g., [54,55]), 
its application to study entertainment experiences is far less common. 
Our study demonstrates both the potential and the current constraints of 
applying unsupervised techniques to detect topics in short, user- 
generated texts. Additional methodological development is needed to 
make these approaches more suitable for detecting relatively abstract 
constructs such as the various components of Kama Muta. For example, a 
political communication scholar using topic modeling to identify 
whether news articles are about presidential elections may achieve more 
precise results because such topics are concrete and lexically consistent, 
unlike emotional constructs that may be expressed in highly varied and 
idiosyncratic language. The component of vernacular labels, i.e. using 
different words or phrases to describe Kama Muta depending on indi
vidual and cultural differences, is inherently hard to detect by a com
puter because its core characteristic is that it lacks consistency in 
terminology. In other words, entertainment experiences such as Kama 
Muta seem to be predominantly about how someone describes their 
experiences which stands in contrast to more concrete topics that can be 
detected by analyzing what individuals discuss.

Beyond methodological constraints of topic modeling, our study also 
has several limitations. Our sample consisted of United Kingdom resi
dents, which limits the generalizability of our findings to other cultural 
and linguistic contexts where the expression of Kama Muta may differ 
(particularly considering its vernacular character). Furthermore, we 
specifically focused on corporate videos, meaning that our findings may 
not apply to content created by individuals or influencers, where 
stronger (Para-)Social relationship with the creator could influence 
engagement. Future research could address these limitations by exam
ining a more diverse range of content types, incorporating multilingual 
datasets, and studying to what extent and how Kama Muta is expressed 
in comments across cultures.

7. Conclusion

This study investigated whether Kama Muta can be detected in 
viewers’ spontaneous reactions to corporate online videos and how its 
specific components relate to social engagement. Topic modeling ana
lyses revealed that computational methods can detect the general 
presence of Kama Muta in viewer comments but struggle to capture its 
specific components. These findings highlight two key implications for 
the literature on entertainment experiences in general and on Kama 
Muta in particular: On the one hand, more research is needed on how 
Kama Muta is expressed and described by individuals when they react to 
media content spontaneously and to what extent this is in line with the 

theoretical notions on which the concept is based and current oper
ationalizations used in self-reports. On the other hand, more methodo
logical advancement is needed for applying computational methods to 
detect abstract constructs in social media data if scholars want to use this 
to fully understand social media users’ experiences. By doing so, the 
current study offers a first step in mapping out advancements needed for 
entertainment scholars in particular to make full use of the potential that 
computational methods have to offer.
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[33] N.C. Krämer, S.C. Eimler, G. Neubaum, S. Winter, L. Rösner, M.B. Oliver, 
Broadcasting one world: how watching online videos can elicit elevation and 
reduce stereotypes, New Media Soc. 19 (9) (2017) 1349–1368, https://doi.org/ 
10.1177/1461444816639963.

[34] A. Bartsch, M.B. Oliver, Making sense of entertainment, J. Media Psychol. 23 (1) 
(2011) 12–17, https://doi.org/10.1027/1864-1105/a000026.

[35] D. Swarbrick, B. Seibt, N. Grinspun, J.K. Vuoskoski, Corona concerts: the effect of 
virtual concert characteristics on social connection and Kama Muta, Front. Psychol. 
12 (2021) 648448.

[36] Fiske, A. P. (1991). Structures of social life: The four elementary forms of human 
relations. Free Press.

[37] A.P. Fiske, The four elementary forms of sociality: Framework for a unified theory 
of social relations, Psychol. Rev. 99 (1992) 689–723, https://doi.org/10.1037// 
0033-295X.99.4.689.

[38] A.P. Fiske, Relational Models Theory 2.0, in: N. Haslam (Ed.), Relational Models 
Theory: A Contemporary Overview, Psychology Press, 2004, pp. 3–25.

[39] D. Horton, R.M. Wohl, Mass communication and para-social interaction: 
Observations on intimacy and distance, Psychiatry 19 (3) (1956) 215–229, https:// 
doi.org/10.1080/00332747.1956.11023049.

[40] E. Schiappa, P.B. Gregg, D.E. Hewes, The Parasocial Contact Hypothesis, Commun. 
Monogr. 72 (1) (2005) 92–115, https://doi.org/10.1080/0363775052000342544.

[41] J.K. Blomster Lyshol, L. Thomsen, B. Seibt, Moved by observing the love of others: 
Kama Muta evoked through media fosters humanization of out-groups, Front. 
Psychol. (2020) 11. https://www.frontiersin.org/articles/10.3389/fpsyg.2020.012 
40.

[42] T.W. Schubert, J.H. Zickfeld, B. Seibt, A.P. Fiske, Moment-to-moment changes in 
feeling moved match changes in closeness, tears, goosebumps, and warmth: Time 
series analyses, Cogn. Emot. 32 (1) (2018) 174–184, https://doi.org/10.1080/ 
02699931.2016.1268998.

[43] A.P. Fiske, T.W. Schubert, B. Seibt, Seeking communal emotions in social practices 
that culturally evolved to evoke emotions: Worship, kitten videos, memorials, 
narratives of love, and more, Annu. Rev. Psychol. 76 (2025), https://doi.org/ 
10.1146/annurev-psych-020124-023338.
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