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Three Challenges for Media and
Communication Studies in the Age of
AI

Thomas Poell1

Abstract
The rapid development of generative artificial intelligence (GenAI) marks a critical turning point for
media and communication scholarship. In dialogue with earlier analyses of platformization, this
commentary identifies three interrelated challenges that emerge as GenAI systems are progressively
integrated in key sectors of the economy and spheres of life. First, it explores the deep economic and
infrastructural entanglements between GenAI and platform capitalism. Cloud infrastructures de-
veloped by major US and Chinese tech companies underpin the training, deployment, and scaling of
large AI models, reinforcing corporate concentration and dependency. This raises urgent questions
about evolving divisions of labor, data extraction, and value generation in the GenAI economy.
Second, the commentary examines the performative interplay between AI hype and practice. While
grand narratives about Artificial General Intelligence (AGI) and a global AI race shape policy and
investment, they also obscure the situated realities of GenAI development and use across diverse
global regions. The challenge lies in developing situated analyses and conceptual perspectives that
account for the sociotechnical, political-economic, and epistemic specificities of AI adoption
worldwide. Third, the commentary reflects on the possibility of public and non-profit alternatives to
Big AI. Drawing on critical current scholarship, it argues for smaller, locally grounded, and ethically
curated models—while recognizing the structural limitations that constrain their scalability. Taken
together, these challenges demand renewed critical attention to the global political economy of
platforms and GenAI.
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Introduction

Over the past years, the field of generative artificial intelligence (GenAI) has rapidly expanded.
Major US-based tech firms—including OpenAI, Amazon, Google, Meta, and Microsoft—have
committed very substantial resources to the research, development, and deployment of GenAI
services. At the same time, Chinese tech companies, such as Baidu, Alibaba, and Tencent have
launched parallel services, developing their own large language models and integrated AI eco-
systems. In 2024, global corporate investment in GenAI reached an estimated $33.9 billion (Maslej
et al., 2025). These investments have driven an exponential growth in model size, with successive
generations of GenAI systems featuring tens or even hundreds of billions of parameters.

From a socio-economic perspective, we have seen the rapid uptake of GenAI applications among
end-users, as well as an integration within existing digital services. Technology companies are
racing to thoroughly embed GenAI in their service ecosystems: Google has integrated Gemini within
its search engine and workspace, Microsoft added Copilot to its office suite, and Meta AI is in-
tegrated in WhatsApp, Instagram, and Facebook. Similarly, Baidu has introduced an AI “smart box”
to its search engine, Tencent launched AI tools in WeChat, and Alibaba is pushing the integration of
its GenAI tech in cars and smart glasses. Thus, GenAI systems move from standalone applications to
infrastructural components reshaping communication, labor, and knowledge production.

This commentary reflects on three key challenges facing media and communication scholars in
trying to make sense of and critically address these developments. In doing so, it is important to note
that there is a lot of uncertainty about how GenAI technologies will be integrated in broader socio-
economic activities and what the political and cultural implications will be. Recognizing this
uncertainty is vital, as there are, simultaneously, lots of grandiose claims and predictions about what
GenAI will be and what it will come to mean—from collaborative robotics to the imminent de-
velopment of Artificial General Intelligence (AGI) (Zewe, 2025). Of course, these grand claims
correspond with how the term “AI” has been mobilized historically. As Widder and colleagues
(2024) note: “over its more than 70-year history, the term AI has been applied to a wide variety of
approaches, less as a technical term of art and more as marketing and aspiration.” In this essay, I will
attend to this marketing and aspiration.

Five years ago, in Three Challenges for Media Studies in the Age of Platforms, I focused on the
questions surrounding the development of digital platforms. I argued that the growing dominance of
digital platforms complicates the question of media concentration, thwarts the regulation of media
content, and “makes it vital, but also difficult, to develop and sustain […] alternative noncommercial
platforms” (Poell, 2020, 650). The present reflection takes those platform-related challenges as its
starting point. First, I argue that understanding the complex economic and infrastructural entan-
glement between platforms and GenAI systems constitutes an important research conundrum.
Second, I will focus on the challenges posed by researching the hype and practices of GenAI,
simultaneously. Finally, I will return to the question of non-profit, public alternatives.

Challenge 1: Platforms and GenAI

With the rapid development and diffusion of generative and predictive artificial intelligence (AI), the
focus of media and communication research has started to shift, over the past years, from platforms
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and platformization to AI and automation. Hence, it appears that the platform model has lost some of
its political-economic and socio-cultural relevance. However, looking more closely at the political
economy of GenAI, a more complex and ambiguous picture emerges.

Various studies have pointed out the strong economic and infrastructural connections between
large platform companies and leading GenAI services (Burkhardt & Rieder, 2024; Luitse, 2024;
Narayan, 2022; Van der Vlist et al., 2024; Widder et al., 2024). The same tech companies—Google,
Amazon, Meta, Microsoft, Baidu, Alibaba, and Tencent—operating leading platforms in social
networking, search, retail, and media sharing are also at the center of the current development of
GenAI. These companies are offering popular GenAI services, as well as partnering with newGenAI
companies, such as OpenAI, Anthropic, and Moonshot AI.

Underpinning the central role of these large platform companies in the development of GenAI are
cloud infrastructures, built by these companies over the past two decades. These infrastructures have
enabled the rapid growth of platforms, but also of a wide variety of other services. For example,
during the COVID-19 pandemic, the videoconferencing application Zoom was able to grow very
rapidly to hundreds of millions of daily users because it could instantly increase its computing
capacity by relying on Amazon Web Services (AWS) (Narayan, 2022). Similarly, the training,
evaluation, monitoring, and mass deployment of large GenAI models relies on the computing power
and dedicated services provided by AWS, Microsoft Azure, Google Cloud, Alibaba Cloud, and
Tencent Cloud (Luitse, 2024). From this perspective, as Narayan (2022, 925) argues, these cloud
platforms should not be seen as just another type of platform but “as a computing paradigm that is
constitutive of platform-based organizational forms and business models.” The development of this
paradigm, evidently, constitutes a concentration of political-economic power. Companies that rely
on third-party cloud infrastructures necessarily make themselves dependent on the leading tech
companies. They also tend to find it difficult to switch to alternative services, since this would
require substantial financial and time investments (Luitse, 2024).

As already noted in the Introduction, big tech companies are not just developing standalone
services and providing computational infrastructure for AI training and deployment, but they are
also aggressively trying to integrate GenAI within existing platforms and services. Luitse (2024, 33)
has explored how these companies are developing “complementary specialized services” to expand
into other domains, such as retail, healthcare, and manufacturing, shaping AI development in these
areas. This observation corresponds with finding by Van der Vlist et al. (2024, 7) who maintain that
AWS, MS Azure, and Google Cloud are building large AI ecosystems of third-party developers and
businesses in a range of industries, including “financial services, healthcare, media and gaming, and
the Internet of Things (IoT).”

The continuities between platforms and AI services can also be observed in how large GenAI
models have started to be used by third-party developers. Understanding such models as foundation
models, which “draw on much larger and broader sets of data than typical deep learning systems and
can be applied to a wide variety of tasks,” Burkhardt and Rieder (2024, 6–7) maintain that by using
“base prompts” third-party developers can build applications on top of the model, for example, for
optimizing office work or poetry generation. In this way, the foundation model functions as a
platform. And following this interpretation, “prompting can be understood as a probabilistic
technique for accessing and (re-)programming the internal ‘knowledge space’” (Burkhardt &
Rieder, 2024, 7).

While there are many continuities and connections between the political economy of platforms
and GenAI, lots of questions also remain. For one, the platform model revolves around relatively
open platform markets and infrastructures through which third parties or complementors distribute
and monetize services and content to end-users (Poell et al., 2021). Although platforms provide a

528 Global Media and China 10(4)



wide range of boundary resources and tightly govern what is distributed and monetized, com-
plementors are clearly the producers of most of the content and services delivered to end-users. In the
case of GenAI services, the role of third parties is more ambiguous. While it is indeed possible to
develop applications on top of a large model, as Burkhardt and Rieder (2024) argue, a crucial part of
what is generated is nevertheless produced by the model itself. The challenge is to understand and
conceptualize this new division of labor. Where and when are important moments of decision and
meaning making taking place? And which actors are involved? Addressing such questions, the
creative process needs to be understood as distributed, involving a range of human and non-human
actors, and complex chains of decision-making, which include model training, evaluation, mon-
itoring, and deployment (Celis Bueno et al., 2025; Luitse, 2024).

These issues lead us to further questions pertaining to the economics of GenAI. The platform
economy of platforms for an important part revolves around advertising. It is highly uncertain,
however, whether advertising can turn GenAI into a sustainable business. Given the very large
investments in AI infrastructures and the massive spending to train and deploy large GenAI models,
the potentially available advertising revenue does not seem sufficient (McKelvey, 2025). Conse-
quently, AI companies will need to find other sources of revenue, such as subscriptions and more
importantly through the integration of GenAI in other services. Currently, at least, the leading AI
companies are all running their GenAI services at a big loss. In the light of the uncertainty about
future GenAI business models, media and communication scholars will need to remain attentive
observers. In the platform advertising economy, the critical slogan was “If a service is free, you are
the product” (Lanchester, 2017). With GenAI, even when financed through subscriptions or other
paid services, we are all bound to be the product. As GenAI models are trained on massive datasets
scrapped from the internet, humanity at large effectively powers GenAI. While a few large copyright
holders, which have sued the leading AI companies, might receive compensation for the use of their
intellectual property, most people will not be compensated for this mass extraction of data. In other
words, the age of AI will require vital new rounds technology critique.

Challenge 2: Hype and Practice

Many commentators and scholars have noticed that the development of AI cannot be separated from
the hype that accompanies it (Bareis & Katzenbach, 2022; Elish & boyd, 2018; Widder et al., 2024).
Academic scholars should, obviously, be careful not to buy into this hype and critically examine the
many limitations and problems of actually existing AI services. Already 7 years ago, Elish and boyd
(2018, 74) warned that “the fantasies and promises of Big Data and AI often obscure the limitations
of the field and trade-offs involved in doing technical work under the rubric of AI.” Thus, part of the
challenge for media and communication scholars is to map and analyze the reality of GenAI
development and use, while being surrounded by AI hyperbole.

At the same time, scholarship needs to be attentive to how this hyperbolic discourse is per-
formative, guiding strategic decisions of key political-economic actors, from large tech companies
investing billions in AI infrastructures to national states developing new regulations and national AI
programs (Bächle & Bareis, 2022; Bareis & Katzenbach, 2022; Richter et al., 2023). As Kotliar
(2025, 16) observes, “AI hype can stimulate investments, eliminate or create jobs, generate value,
reshape industries, and facilitate various connections between technology and society.” The last
couple of years, national states have become increasingly central to this performative discourse.
Examining AI statements of the US, Chinese, French, and German governments, Bareis and
Katzenbach (2022, 867) found that these governments tend to sketch “inevitable technological
pathways,” establishing “an interdependent connection between technology advancement,
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economic performance, and the resilience capabilities of a society.” Especially the US and Chinese
governments have produced a lot of discourse on a “global AI race,” in which the two states compete
over “economic, military and geopolitical advantages” (Bächle &Bareis, 2022, 2). The challenge for
media and communication researchers is to analyze how such rhetorics inform, guide, and legitimize
specific AI policies, programs, and investments.

Yet, this is not all. While public discourse and scholarly research tend to focus on the global AI
race and on the large US and Chinese tech companies, in practice GenAI technologies are, of course,
not just adopted in the US and China, but around the globe. In my own research with colleagues from
India, Brazil, Japan, Nigeria, Chile, and China, I’m, for example, examining how these technologies
are integrated in cultural industries in these regions (Nieborg et al., 2025). A central concern in this
project is that we do not project observations and theories from the United States and Europe on
these regions and industries. As postcolonial and decolonial scholars have, time and again, made
clear, the universalism of Western theory effectively constitutes a continuation of colonial
knowledge-power relations (Chakrabarty, 2009; Chen, 2010; Escobar, 2018; Mignolo, 2012;
Spivak, 1985). The challenge is to use research from around the world for conceptual innovation and
to rethink dominant theories in our field (Poell et al., 2025).

This is particularly important in the case of the proliferation of GenAI, which is becoming
centrally involved in societal processes of meaning making. In such processes, GenAI is never a
neutral tool but always carries traces—values, meanings, aesthetics, and rationalities—of the data
on which a model has been trained, as well as of how it is deployed and governed. As Amoore et al.
(2024, 2) argue, instead of “a generalizable ‘world model,’” GenAI “gives rise to a model of the
world, and with it a set of political logics and governing rationalities.” This does not mean, however,
that these logics and rationalities are simply imposed. There is always a process of adaptation,
negotiation, and resistance. Consequently, how GenAI is employed in specific settings, who has
access to these technologies, and how they are understood and governed cannot be determined in
general. The development and use of GenAI, like any other technology, is always situated. It is
shaped by a wide variety of actors and relations, including national regulatory frameworks, regional
AI ecosystems and economies, and social relations of class, race, gender, and ethnicity. Hence, the
challenge is to situate the development and use of GenAI, while, simultaneously, examining the
wider political economy of AI.

Challenge 3: Alternatives?

As has been extensively highlighted, large GenAI models come with major costs and problems. In
their famous paper “On the Dangers of Stochastic Parrots: Can Language Models Be Too Big?”,
Bender et al. (2021) list some of the most pressing issues. These issues include high financial and
environmental costs, as well as an overrepresentation of specific populations in training data, leading
to models that further amplify biases and harms. Consequently, Bender and colleagues argue for
smaller, carefully curated training datasets and models, with:

“thorough documentation on the data used in model building, including the motivations underlying data
selection and collection processes. This documentation should reflect and indicate researchers’ goals, values,
and motivations in assembling data and creating a given model. It should also make note of potential users
and stakeholders, particularly those that stand to be negatively impacted by model errors or misuse” (Bender
et al., 2021, 618).
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Clearly, these recommendations directly contradict the current Big AI paradigm, in which leading
tech companies are developing ever-larger models and ever more powerful computational
infrastructures.

Research on AI-based language technologies provides a convincing illustration why smaller,
carefully curated models would be an important alternative. Currently, large machine translation
models are trained on only a few percent of the world’s languages. Not surprisingly, these are the
“most widely spoken, financially and politically backed languages” (Helm et al., 2024, 8). Con-
sequently, as Helm et al. (2024) discuss, this leads to “language modeling bias,” in which the
languages and cultures of large nations are well represented, while most other language communities
and cultures are not. The authors point out that the dominant solution in the field of language
technology to address this problem is to apply machine translation and natural language processing
to an ever-larger set of languages. Such an approach, however, ignores the “more profound di-
mensions of linguistic diversity and ultimately the cultural differences that meaningful diversity
embodies” (Helm et al., 2024, 8). As a result, it ultimately leads to cultural homogenization, based on
Western languages and cultural practices. Consequently, just as Bender et al., Helm and colleagues
(2024, 8) argue for the development of smaller, carefully curated, dedicated language models, which
are constructed through co-creation and local empowerment.

Of course, the question remains whether such small, dedicated GenAI models will have any
impact on larger political economy of AI. The risk is that such models remain within the domain of
academic research and are not adopted up by relevant communities and stakeholders. We have seen
this problem time and again in the realm of non-profit, public alternatives for commercial platform
services. From social networking and cloud hosting to videoconferencing and online learning
systems, for almost any commercial service there are non-profit, public alternatives available. Yet,
these alternatives almost always lack the necessary resources to work at scale and to work
seamlessly. Consequently, they are often not widely used and remain in an experimental phase.
Thus, the final major challenge is not only to develop small, non-profit, dedicated AI services but
also to find sufficient resources to properly deploy and govern these services, and to get relevant user
communities and stakeholders on board.
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