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PROPOSITIONS G

Whof We Do Sample, We Musf Leom to Reconstruct

ZS From Mlssmg k—space Data to N\eamngful lmoges

*77 “Deep Leormng in MR Recons’rruc’non and Beyond
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LA .", Gy
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n MRI reconsfruchon models thof explncuﬂy mcorporote the physncs of
. the forward operofor are superlor to purely moge-’ro—umoge opprooches S

(Chopters%) Pl T :
U-Neus a sufficient and. relloble bockbone for unrolldd reconsfruchon :

: reglsfroﬂon and more (Chop'iers 3, 7 B). - - : .

The obsence of fullyssampled forget data-does - not prevem‘ Ieormng in

"occeleroted ‘MRI' reconstruction; combmmg proxy-domdin supervusgon.

with target- domom self—supervnsnon is: effectwe (Chop’rer 4)..

Dynamlc MRI - reconstruchon requnres "models that explicitly represent
temporal . correlations; - stotlc - orchlfectures are insufficient
(Chopterss VBl oo 5y e : g

' Tosk—optlmlzed reconstructlon produoes beﬂer downstream performonce

than optlmlzmg for reconstruchomfldellty olone (Chapters 8, 11).

Perceptually smooth Al reconsfructions can be dlognoshcolly odequote
even when they diverge’ from noisy reference |moges in pixel-wise
metrics (Chapter10).  -°

A PhD in Al is 90% software and data engineering; *building good,
reusable software. determines how far the remaining 10% can go
(Chapter 5) 0

Routine storage of raw k-spoce data will sulg;tonhally accelerate
progress in data-driven MRI reconstruction.

. Amsterdam is the best city to live in. e

Directness is the shortest distance between a problem and its solution.
Meetings are useful; until they quieﬂy'r’epldce the time required to think.

A PhD is like running; it hurts for a Iong hme, ond if you are still alive at
the end, you celebrofe
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