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Article 23 

The Adoption of Open Science Practices in Communication 24 

Research: Taking Stock of the Field in 2025 25 

Abstract 26 

Five years after Dienlin et al.’s (2021) agenda-setting article explicitly called for communication research to 27 
adopt open science practices, this study systematically assesses the current state within the field. Through 28 
manual content analysis of articles published in 2025 across 20 leading communication journals, we evaluated 29 
the adoption of six Transparency and Openness Promotion (TOP) Research Practices provided by the Center 30 
for Open Science, namely study registration, study protocol, analysis plan, materials transparency, data 31 
transparency, and analytic code transparency. The results show limited adoption of TOP research practices in 32 
communication research. Sharing of research materials is done more frequently than other practices, yet its 33 
extent of transparency remains limited. Quantitative studies achieve higher transparency scores than 34 
qualitative studies. Critically, justifications for non-sharing of materials, data, or analytic code, as well as 35 
explicit reporting of deviations from preregistrations, are mostly absent, despite their importance for 36 
transparency and openness. We argue that voluntary adoption may be insufficient and discuss whether 37 
stricter enforcement mechanisms are needed to establish open science as a normative standard. By mapping 38 
the current implementation of open science practices, this study contributes to critical reflection on the 39 
reproducibility and credibility of communication research and informs the development of infrastructures to 40 
support greater transparency. 41 

Keywords 42 
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 45 

1. Introduction 46 

In the early 2020s, Dienlin et al. (2021) and Lewis Jr. (2020) published agenda-setting articles that explicitly 47 
called on communication research to increase transparency and openness and provided concrete actions to 48 
do so. Yet little is known about whether and how the field has responded to this call. This gap matters since 49 
open science can improve research efficiency, democratize knowledge, increase science’s credibility, and 50 
create opportunities for researchers to connect, collaborate, and receive recognition (Allen & Mehler, 2019; 51 
Arza et al., 2017). However, these benefits only matter if open science practices are actually adopted. 52 
Therefore, five years after Dienlin et al.’s (2021) call to action, we aim to assess the current state of open 53 
science practices across communication research. 54 

Open science is a term used in various contexts, ranging from pragmatic definitions focused on early 55 
knowledge sharing (University of Cambridge, 2025) to broader conceptualizations that position it as a 56 
paradigm shift in how science is conducted (Ramachandran et al., 2021). In this study, we adopt the definition 57 
of the Center for Open Science (2025): “open science is a global movement that aims to make scientific 58 
research and its outcomes freely accessible to everyone.” To facilitate this movement, the Center for Open 59 
Science developed the Transparency and Openness Promotion (TOP) Guidelines in 2015 (Nosek et al., 2015). 60 
These serve as standards related to transparency in research and verification processes. Although aimed at 61 
journals, these guidelines also specify concrete research practices that individual researchers can implement 62 
to foster transparency and openness in science. 63 



 

This study systematically analyses articles published in 2025 in the 20 leading communication journals (N = 64 
491) to see to what extent researchers adopted open science practices. Our sample spans journals from 65 
various general communication fields as well as subfields, including political, health, marketing, and 66 
entertainment communication (Song et al. 2020). Guided by Transparency and Openness Promotion 67 
Guidelines (TOP) standards (i.e., study registration, study protocol, analysis plan, materials transparency, data 68 
transparency, and analytic code transparency; Center for Open Science, 2025) we answer the following 69 
research question: 70 

To what extent are Transparency and Open Promotion guidelines implemented within the field of 71 
communication research? 72 

By addressing this research question, this study assesses the current state of open science practices in 73 
communication research since the publication of Dienlin et al.’s (2021) agenda. The aim is to identify where 74 
open science practices are currently being implemented, as well as domains in which transparency is still 75 
limited or absent. Mapping the present landscape of open science practices is essential for informed reflection 76 
on the reproducibility, replicability, and credibility of communication research, and it informs the development 77 
of infrastructures and resources that can further support transparency and openness in the years to come. 78 

2. Theoretical Framework 79 

2.1 TOP Research Practices in Articles 80 

The move towards Open Science emerged as a contemporary effort to institutionalize transparency and 81 
openness in research practice, aiming to enhance its credibility, efficiency, and cumulative knowledge building. 82 
However, concerns about low reproducibility have been documented in multiple scientific fields, including 83 
psychology (Open Science Collaboration, 2015) and other areas of the social sciences (Camerer et al., 2018; 84 
Klein et al., 2014). Given that communication research uses similar empirical designs and analytical 85 
approaches, the field is unlikely to be immune to these concerns. To counter this, open science practices have 86 
been promoted as mechanisms to improve the functioning of science, and more specifically of communication 87 
research, including the verifiability and robustness of research claims (Hicks, 2023). 88 

TOP Guidelines, developed by the Center for Open Science, provide journals with concrete standards and 89 
practical tools to promote open science adoption (Nosek et al., 2015). Previous research has examined uptake 90 
of TOP guidelines at the journal level, for example, by evaluating journal policies or TOP Factor scores (e.g., 91 
Cashin et al., 2021; Spitschan et al., 2020). This adoption at the level of the journal is not always successful 92 
(e.g., Spitschan et al., 2020). Furthermore, this journal-level adoption of open science policies does not 93 
guarantee that individual articles actually implement these practices. Conversely, researchers themselves can 94 
also voluntarily adopt open research practices without formal journal requirements. However, the most recent 95 
assessment of communication research predates much of the contemporary open science debate: Haim and 96 
Jungblut (2023) employed machine-learning techniques to analyze publications across 20 leading 97 
communication journals (2010–2020), showing that open science principles were infrequently used in 98 
communication research, varied by method, and were substantially less common than in psychology. Given 99 
the field-wide calls for open science that have emerged since (Dienlin et al. 2021; Lewis Jr., 2020), an updated 100 
assessment is needed to determine whether these calls have translated into changes in how research is 101 
conducted and reported. 102 

This study particularly focuses on the adoption of six out of seven TOP Research practices at the article level, 103 
because our interest lies in the extent to which open practices manifest at the level of individual articles. Table 104 
1 provides an overview of the seven TOP Research Practices and the rationale for excluding the seventh 105 
research practice in the remainder of the study. Researchers make many choices during the research process, 106 
based on a variety of motivations (Wicherts et al., 2016). Likewise, they have the autonomy to decide whether 107 
and to what extent they adopt the Research Practices specified by the TOP Guidelines. As a result, the degree 108 



 

of transparency might vary: researchers may not engage in a TOP research practice at all; researchers may 109 
state that they engaged in a research practice without providing evidence; or they may engage and publicly 110 
share verifiable evidence, including links to the materials (e.g., preregistrations with timestamps, open data, 111 
analytic code). In our study, we take this extra step to explore in more detail how transparency and openness 112 
are broadly communicated.  113 

Table 1. TOP Research Practices Definition. 114 

Research Practice Definition based on Centre for Open Science (2025) 

Study Registration Authors stated whether or not a study was registered and, if so, where and when it 
was registered (i.e., some sort of announcement that this study will be conducted). 

Study Protocol Authors stated whether or not the study protocol (e.g., planned research design, 
variables) is available and, if so, where and when it was shared. 

Analysis Plan Authors stated whether or not the analysis plan (e.g., planned analysis and variables) 
is available and, if so, where and when it was shared. 

Materials 
Transparency 

Authors stated whether or not research materials (e.g., codebook, stimuli, survey) are 
available and, if so, where. 

Data Transparency Authors stated whether or not data are available, and, if so, where.  

Analytic Code 
Transparency 

Authors stated whether or not analytic code is available, and, if so, where. 

Reporting 
Transparency* 

Authors stated whether or not they used a reporting guideline (e.g., CONSORT, 
STROBE), and, if so, which guideline. 

*Note: Since reporting guidelines have been developed primarily for biomedical and clinical disciplines, and 115 
are not widely adopted and recommended within communication research, we do not include this in the 116 
remainder of our study.  117 

To establish a baseline understanding of the current adoption of TOP Research Practices in communication 118 
research, we ask: 119 

RQ1: What is the prevalence of each TOP practice across articles?  120 

Note that the next research question is eventually left unanswered (see explanation in Results), however we 121 
originally intended to explore the degree of alignment between journals’ TOP Factor scores and their 122 
published articles’ open science practices, by asking:  123 

RQ2: What is the relationship between a journal’s TOP Factor score and the average composite TOP Research 124 
Practices score of its published articles?  125 

2.2 TOP Research Practices across Research Methods 126 

Essentially, science makes a distinction between quantitative and qualitative research, which rely on different 127 
epistemological and ontological orientations (Bryman, 2012, pp. 35-36). The different research methods 128 
belonging to each school present distinct opportunities and barriers for open science research practices. 129 
Experimental research, for instance, may more easily adhere to certain TOP practices since hypotheses can be 130 
preregistered before data collection, and data can often be anonymized and shared. In contrast, qualitative 131 



 

research faces greater challenges due to the in-depth, contextual nature of data and closer relationships with 132 
participants (Fox et al. 2021). Accordingly, the field of qualitative research is divided regarding the extent to 133 
which the adoption of open research practices is possible. While some scholars see possibilities for open 134 
research practices such as preregistration (e.g., Haven & Van Grootel, 2019), others see greater concerns, 135 
especially regarding data sharing (DuBois et al., 2018). 136 

Similarly, disparities in the possibilities of transparent research practices may also exist within quantitative 137 
approaches. The feasibility of data sharing depends on factors such as methodological complexity, whether 138 
research involves human participants, and data sensitivity. Computational methods, for example, might seem 139 
ideally suited for reproducibility and open code sharing, yet researchers face substantial barriers related to 140 
privacy-sensitive and proprietary data (Van Atteveldt et al., 2019). Therefore, to understand which methods 141 
lead in TOP-guideline adoption and which face persistent challenges, we ask:  142 

RQ3: How does the implementation of TOP guidelines differ by method?  143 

2.3 Transparency in Research Materials Reporting 144 

Prior work suggests that material sharing can enhance transparency, facilitate reproducibility and cumulative 145 
impact of scholarly research (Bowman & Spence, 2020). Thus, open materials are a crucial step towards open 146 
science, and refer to the practice of making research materials, such as experimental stimuli, survey 147 
instruments, and coding books, freely accessible to anyone interested, without requiring additional action 148 
from the researchers (Bowman & Spence, 2020).  149 

The TOP Guideline labelled Materials Transparency explicitly focuses on how transparently researchers report 150 
on the sharing of research materials. Researchers may simply state that materials were used without providing 151 
details, offer descriptions of materials within the article text or appendices, or provide full access to materials 152 
through public repositories, like OSF. While detailed descriptions in methods sections are standard practice in 153 
communication research (Bowman & Keene, 2018), such descriptions are a step away from making materials 154 
accessible for independent inspection and reuse, which is the backbone of open science research practices. 155 
Building on the fourth TOP Research Practice, we want to further understand both the extent to which various 156 
research materials are shared and how they are reported, thus we ask: 157 

RQ4: How is the transparency of various research materials discussed?  158 

2.4 Deviations of Preregistration 159 

Preregistration is widely regarded as a core open science practice, as well as the leading driver of research 160 
transparency (Bowman & Keene, 2018). At its core, preregistration requires researchers to specify their 161 
hypotheses, study design, and analysis plan in an official registry, most commonly platforms such as the Open 162 
Science Framework (OSF) and AsPredicted.org, prior to data collection or, in some cases, prior to data 163 
analysis (Nosek et al., 2018). The primary value of preregistration lies in its ability to constrain researchers’ 164 
degrees of freedom and to protect against Questionable Research Practices (QRPs) such as Hypothesizing After 165 
the Results are Known (HARKing) and p-hacking. By committing analytic decisions in advance, preregistration 166 
helps distinguish confirmatory from exploratory analyses and reduces the likelihood of false-positive or 167 
inflated effects (e.g., Schäfer & Schwarz, 2019; Van Den Akker et al., 2024). 168 

However, its value depends critically on transparent reporting of deviations from the original plan (Lakens, 169 
2024). Research suggests that many deviations remain unreported, raising questions about whether 170 
preregistration fulfils its promise to transparency (Willroth & Atherton, 2024). The gap between the 171 
preregistered plans and the reported results undermines the credibility benefits that preregistration is meant 172 
to provide, namely, distinguishing confirmatory from exploratory analyses. Various scholars developed 173 
frameworks that can guide researchers on when and how to deviate from preregistrations and, crucially, how 174 



 

to communicate such deviations transparently (e.g., Lakens, 2024; Willroth & Atherton, 2024). To provide 175 
initial insight into whether and how researchers within the field of communication research address 176 
deviations, we pose the exploratory question:  177 

RQ5: When preregistration is present, how are deviations from the research plan discussed?  178 

3. Methodology 179 

The study was approved by the Ethical Review Board of the authors’ institution and was preregistered on OSF, 180 
including the protocol and analysis plan 181 
(https://osf.io/bsv4k/overview?view_only=1cce2088160c42178647ce0c1beaa91a).  182 

3.1. Sampling Procedure 183 

Our sample was derived from the top 20 communication research journals, based on the typology of Song et 184 
al. (2020). For each journal, empirical articles published on or after January 1st 2025 were sampled. Individual 185 
journal articles served as the unit of analysis, as this study aims to assess open science adoption at the level 186 
of published research rather than journal policies. To provide the most recent overview of the state of open 187 
science practices in communication research, this study included articles published in 2025. 188 

The general population of articles published in 2025 in the twenty journals is 1078. This study aimed to include 189 
30 empirical articles per journal; when journals had fewer than 30 eligible articles published by the time of 190 
sampling, all available empirical articles were included. As not all journals published 30 articles this year, we 191 
ended up with a sample of 542 coded articles. The study included empirical quantitative, qualitative and mixed 192 
methods articles and excluded non-empirical articles (e.g., literature reviews, conceptual papers, research 193 
notes), because open science practices generally require different approaches within those fields or are not 194 
fitting at all. In total, the final sample consisted of N = 491 scientific articles eligible for answering stated 195 
research questions about the TOP practices, which is 45.5 % of the sample. Appendix A provides an overview 196 
of the journals, the number of published articles and the number of coded articles.  197 

3.2 Coding Instrument 198 

The codebook is provided on OSF.  199 

3.2.1. TOP Research Practices 200 

To operationalize the adoption of open science practices, the TOP Research Practices transparency standards 201 
were used, as provided on the website of the Center for Open Science (see https://www.cos.io/initiatives/top-202 
guidelines). The 7th Research Practice, which is Reporting Transparency, was excluded because formal 203 
reporting guidelines (e.g., CONSORT, PRISMA, STROBE) are almost never used in communication research and 204 
thus would result in no meaningful results. The research practices Study Registration and Study Protocol are 205 
operationalized as a single indicator, since these two always go hand-in-hand within communication research, 206 
unlike in for example the medical field. The specific items that operationalize the TOP research practices are 207 
1) study registration and protocol, 2) analysis plan, 3) materials transparency, 4) data transparency and 5) 208 
analytic code transparency, see Table 3 where all seven research practices are outlined individually. Moreover, 209 
for each research practice, we coded how transparency was communicated. This included whether 210 
researchers provided links to materials or preregistrations, included materials in appendices, or employed 211 
other sharing methods. In case when materials were not shared, we coded whether researchers provided a 212 
justification for non-disclosure or offered no explanation. Specific coding categories for each Research Practice 213 
are detailed in the Results section.  214 

3.2.1. Method Classification 215 

https://osf.io/bsv4k/overview?view_only=1cce2088160c42178647ce0c1beaa91a
https://www.cos.io/initiatives/top-guidelines
https://www.cos.io/initiatives/top-guidelines


 

The article’s primary research method used was coded, such that pretests (pilot manipulations or survey 216 
pretests) were ignored for classification purposes. The following categories were used: experiment (various 217 
types of experiments fall under this category, including longitudinal experiments), survey, content analysis 218 
(quantitative or computational), Qualitative content analysis, Mixed methods quantitative, mixed methods 219 
qualitative, Mixed methods quantitative and qualitative, interview or focus group, meta-analysis, 220 
ethnographical study, and an other, please specify… category. Overall, the most common methods were 221 
experiments (n = 148) and surveys (n = 103) and the least common was mixed qualitative methods (n = 10).  222 

3.2.1. Other Variables 223 

To filter out non-empirical questions, we started the codebook with an item to identify non-empirical articles 224 
by asking for the approach applied in the study. The answer categories were Quantitative, Mixed design, 225 
Qualitative, and None of the above (e.g., conceptual essay, literature review). The last coding option resulted 226 
in exclusion from further analysis, as articles with such designs often do not use datasets or research materials. 227 

Furthermore, we coded for the journal name, article name, open access status (44.4 % published open access), 228 
funding details, and CRediT roles (mentioned yes/no, from the 444 articles with multiple authors, only 8 229 
articles specified the roles). If an article was coded as preregistered, an additional item was coded to assess 230 
how deviations from preregistrations were discussed, which is relevant for RQ5. The answer categories for 231 
this item were deviations are not discussed, deviations are discussed in research paper, deviations are 232 
documented in an external source (e.g., OSF), or other, please specify. At the very end of the codebook, there 233 
was a text field for remarkable comments in relation to open science research practices, remaining open to 234 
unexpected qualitative insights. 235 

3.2 Procedure and Reliability 236 

The coding procedure was standardized via the preregistered codebook. Four coders were trained over the 237 
three sessions led by the first author. Here, the codebook was discussed, refined, and practice coding was 238 
conducted to ensure all coders were on a similar understanding. The codebook started with general items 239 
about the article name, journal, method used, then the TOP research practices, and eventually funding details, 240 
credit roles, and a space to leave some final remarks. Intercoder reliability was assessed on a set of 25 241 
academic articles (~5-10%). In the preregistration, we specified that the resultswill be considered satisfactory 242 
if the Standardized Lotus was above .60 (Fretwurst, 2015). All research practices scored high on reliability, 243 
with a Standardized Lotus of .99 for study registration and protocol, .95 for analysis plan, .89 for materials 244 
transparency, .98 for data transparency, and .93 for analytic code transparency. In Appendix B, reliability 245 
scores from all variables are reported.  246 

3.4 TOP Research Practices Composite Score 247 

We created a composite TOP research practices score based on the six coded TOP research practices to assess 248 
the overall openness and transparency of a specific article. Five practices (i.e., study registration, study 249 
protocol, analysis plan, materials transparency and data transparency) were recoded into dichotomous 250 
variables (0 = practice not met, 1 = practice met), with study registration and study protocol combined into a 251 
single item scored 0 or 2 (either both are met or not met). The research practice was considered met when an 252 
answer category truly indicated an action to (pre)register or share information. Materials transparency (TOP 253 
practice 4) was scored proportionally from 0 to 1, based on the proportion of materials shared relative to total 254 
materials used in the study. For example, an article using both stimuli and a questionnaire that shared only 255 
the stimuli received a score of 0.5. The resulting composite score ranged from 0 (no TOP research practices 256 
met) up to 6 (all TOP research practices met), with higher scores indicating greater adherence to open science 257 
research practices.  258 

4. Results 259 



 

4.1 TOP Research Practices in Articles 260 

RQ1 examines the prevalence of each of the TOP practices across scientific articles. Regarding the first two 261 
TOP research practices, study registration and protocol, only a small proportion of articles provided verifiable 262 
evidence of preregistration, while the vast majority made no reference to preregistration or study protocols. 263 
Out of the total pool of articles, less than ten percent (9.4%, N = 46) provided a link to the study preregistration. 264 
In three cases, articles claimed to be preregistered, however, no corresponding preregistration could be 265 
retrieved. More than 90% of the articles (N = 442) were not preregistered. Table 3 provides a detailed overview 266 
of the first two TOP research practices adoption.  267 

The third TOP research practice examined whether the article provides an analysis plan a priori. Regarding the 268 
transparency and openness, less than 10% of the articles actually provide a link to the analysis plan. Detailed 269 
results regarding the analysis plan availability are presented in Table 2. A Chi-Square Test of Independence 270 
was performed to assess the relationship between research registration and protocol and analysis plan. 271 
There is a significantly strong relationship between the research practices, χ2 (4, N = 491) = 519.2, p < .001, 272 
Cramer’s V = .73. Specifically, studies that made and shared a research registration and protocol were 273 
substantially more likely to also share an analysis plan.  274 

Table 2. TOP Research Practices 1-3.  275 

Level of Transparency and Openess Research Practices 1 and 2: 
Study Registration and Protocol 

Research Practice 
3: Analysis Plan 

% (n) % (n) 

The study provides a link to the preregistration / 
analysis plan 

9.4 (46) 9.0 (44) 

The study was stated to be preregistered / have a 
predefined analysis plan, but no link to document 
was provided 

0.6 (3) 0.6 (3) 

No indication of preregistration / analysis plan was 
provided 

90.0 (442) 90.4 (444) 

 276 

The fourth TOP research practice examined is materials transparency. Across all coded articles, a total of 931 277 
research materials were identified as important to the transparency and openness of the study. While some 278 
studies (n = 12) did not use any research materials (e.g., qualitative discourse analysis), others relied on 279 
multiple materials, with up to four distinct material components in mixed-method designs (e.g., 280 
questionnaires, experimental stimuli, codebooks, and search strings). Regardless of the number of materials 281 
used, 180 articles fully disclosed all their materials, 114 articles disclosed some of their materials, and 185 282 
articles disclosed none of their materials. 283 

When focusing on the materials generally, 60.1% of the research materials were openly accessible, either 284 
within the article or appendix or via an external repository. Detailed information on material availability is 285 
reported in Table 3.  286 

Table 3. TOP Research Practice 4: Materials Transparency. 287 

Level of Transparency and Openess % (n) 



 

Materials are available via a link to an external platform (e.g., OSF, GitHub) 21.5 (200) 

Materials are available within article or appendix  30.6 (285) 

Materials are partly available 8.0 (74) 

Materials are not available with justification (e.g., for sake of privacy) 1.9 (18) 

Materials are not available without justification or mention 37.0 (344) 

Materials are only available upon request 0.3 (3) 

The study claimed materials were available, but they were not retrievable 0.8 (7)  

Notes: The n is not similar to the number of articles, since we first coded whether this material is used in the 288 
scientific article, and then whether how the sharing is explained in the article. Hence, this table presents the 289 
extent to which materials of any sort are shared. Section 4.2 provides more details specified to each material. 290 

 291 

The fifth TOP research practice examined was data transparency, focusing on both the public availability of 292 
data and how this was communicated. Results showed that at least partial data availability was reported in 293 
21.2 % of articles, whereas more than half did not mention anything about data availability. Detailed 294 
distributions of data transparency are presented in Table 4. 295 

Table 4. TOP Research Practice 5: Data Transparency. 296 

Data 
Disclosement 

Level of Transparency and Openess % (n) 

Yes 21.2 (104) 

 Communicating they share raw data publicly (all parts) 18.3 (90) 

 Communicating they partly share the raw data publicly, with 
justification for unshared parts 

0.2 (1) 

 Communicating they partly share the raw data publicly, without 
justification for unshared parts 

1.8 (9) 

 Communicating they partly share the raw data publicly, while other 
part of data is available upon request 

0.8 (4) 

No 78.8 (387) 

 No reasoning or mentioning about data sharing 54.8 (269) 



 

 Communicating why data sharing is not possible 4.5 (22)  

 Data only upon request with reasoning 6.3 (31) 

 Data only upon request without reasoning 11.4 (56)  

 Communicating that data is available but in practice not retrievable 1.8 (9) 

Finally, the sixth research practice examined was analytic code transparency. The code was reported as fully 297 
or partially available in 16.3 % of the articles. See Table 5 for more details about analytic code transparency. 298 
A Chi-Square Test of Independence was performed to assess the relationship between data sharing (Research 299 
Practice 5) and analytic code transparency. There is a significantly strong relationship between the research 300 
practices, χ2 (6, N = 491) = 260.5, p < .001, Cramer’s V = .73. Specifically, studies that shared the data were 301 
more likely to also share the analytic code. 302 

Table 5. TOP Research Practice 6: Analytic Code Transparency. 303 

Level of Transparency and Openess % (n) 

Analytic code available via link or appendix  15.7 (77) 

Analytic code partly available   1.2 (6) 

Analytic code available upon request only  0.6 (3) 

Analytic code unavailable with justification  0.2 (1) 

Analytic code unavailable without justification  59.5 (292) 

Analytic code stated as available but not retrievable  0.6 (3) 

Not applicable (e.g., qualitative discourse analysis)  22.2 (109) 

 304 

Eventually, a composite score was calculated to capture the overall extent of transparency and openness at 305 
the article level. The minimum composite TOP score was measured on a scale from 0 (= not transparent and 306 
open) to 6 (= very transparent and open). The mean composite TOP score was 1.15 (SD = 1.54, Mdn = 0.67, 307 
Mode = 0.00), indicating generally low levels of adopting the transparency and openness research practices. 308 
A comparison with an independent sample t-test between completely qualitatively grounded studies (n = 93) 309 
and quantitative studies (n = 343) revealed a significant difference, qualitative studies having lower composite 310 
TOP scores (M = 0.30, SD = 0.51) than quantitative studies (M = 1.46, SD = 1.71), t(434) = -6.44, p < .001. The 311 
remaining 55 studies were mixed methods (M = 0.67, SD = 0.80). 312 

The second research question examined the relationship between a journal’s TOP Factor score and the 313 
average composite TOP Research Practices score of its published articles. However, eleven of the twenty 314 
journals in our sample did not have a TOP Factor score (see https://www.topfactor.org/journals). Moreover, 315 
as OSF discontinued updating TOP Factor scores in February 2025, we considered this indicator as outdated 316 
and no longer suitable as a current measure of journal-level open science practices. Because we did not 317 
foresee this at the time of preregistration and no alternative measure seems fitting, we did not explore RQ2 318 
further despite being preregistered. 319 

4.2 TOP Research Practices across Research Methods 320 



 

To address RQ3, differences in TOP research practice implementation were examined across methods using 321 
the composite TOP score. As shown in Figure 1, experiments are most transparent, although still scoring on 322 
the lower end. Furthermore, studies employing quantitative methods exhibited higher levels of adherence to 323 
TOP research practices than qualitatively grounded studies. In Appendix D you can find the exact composite 324 
TOP scores for each method. 325 

 326 

Figure 1. Transparency and Openness Score by Method. 327 

Note. Bars indicate standard error. 328 

4.3 Transparency in Research Materials Reporting 329 

To address RQ4, the transparency of research materials was examined by assessing the availability of each 330 
type of material separately. As shown in Figure 2 (and in Appendix C), stimulus materials were most frequently 331 
made openly available (81.4 % complete or partly available), whereas materials commonly used in qualitative 332 
research, such as observation protocols and interview guides, were shared less often.  333 

To answer how sharing of various research materials is discussed (RQ4), we distinguished the availability of 334 
each material separately. Figure 2 indicates that stimulus materials are mostly openly available within the 335 
article or on external platforms such as OSF or GitHub. Again, qualitative research materials, such as 336 
observation protocols and interview guides, are less shared, often even without justification for why the 337 
materials are not shared. In some cases, research materials were only partly available, for example, authors 338 



 

shared a subset of the stimulus materials but did not provide all stimulus variations used in the study. 339 

 340 

Figure 2. Transparency of Materials. 341 

4.4 Deviations of Preregistration 342 

To answer the research question concerning how deviations from the preregistered research plan were 343 
reported, this study found that from the 46 studies that were verifiably preregistered, 21 (45.7 %) did not 344 
discuss deviations from the preregistration. Sixteen studies (34.8 %) discussed deviations in the research 345 
paper, and nine (19.6 %) explicitly mentioned that deviations were documented in an external source, such as 346 
OSF or GitHub. One study did not refer to deviations, although they published the deviations in an external 347 
repository. On a final note, the extent to which deviations were disclosed ultimately depends on the author 348 
reporting practices, and undisclosed or unreported deviations were not tracked in our analysis. 349 

5. Discussion 350 

This content analysis aimed to assess the current state and extent to which open science practices have been 351 
adopted within the field of communication research. Despite sustained discussion and advocacy, 352 
communication-related articles have not yet widely adopted the TOP Research Practices introduced by the 353 
Open Science Framework. Our results indicate that open science research practices in 2025 remain more 354 
aspirational than routine within the field of communication. The limited uptake has implications beyond the 355 
scientific community, since research adhering to open science principles is perceived as more credible and 356 
trustworthy by the public (Anvari & Lakens, 2018; Song et al., 2022). 357 

In particular, this study found that transparent and open a priori research practices, such as conducting 358 
preregistration and sharing of protocol or analysis plan, remain rare in communication research, despite the 359 
calls to engage in preregistration (e.g., Nosek et al., 2018). Relating to the first three TOP Research Practices, 360 
our analysis found that 90% of articles from the sample did not indicate conducting preregistration nor share 361 
an a priori analysis plan. 362 



 

Prior evidence suggested that researchers perceived these research practices as disruptive (Perreault & 363 
Dienlin, 2025; Sarafoglou et al., 2022). However, these a priori transparent practices are essential for the trust 364 
in science (Song et al., 2022). Moreover, preregistering arguably offers benefits to researchers themselves by 365 
improving preparation and reducing unforeseen analytic complications, and it only requires minor changes in 366 
the research workflow as infrastructures, for example, preregistration documenting exist, and therefore does 367 
not require additional resources (despite some time, which one will likely win back later). Overall, we suggest 368 
that the barrier towards open research practices, and especially transparency a priori, is not about feasibility, 369 
but about normalization. 370 

During the past years, scholars have increasingly advocated for sharing materials and data, especially since 371 
platforms that align with core scientific standards were launched, such as preserving anonymous peer review 372 
(Bowman & Spence, 2020). However, addressing the subsequent TOP practices related to sharing research 373 
materials, data and analytic code, we observe that the actual implementation generally lags. In contrast to the 374 
promising proportion of approximately three-fifths of the article sample which shared research materials to 375 
some extent, only around one-fifth of the articles has to some extent shared their data, while analytic code is 376 
to some extent only shared by 16.3 % of the articles. 377 

As reflected in the last TOP practice factor, an important piece of the transparency and openness puzzle is that 378 
transparency and openness are not limited to the act of sharing itself: a crucial but frequently neglected 379 
component is the explicit justification for non-disclosure. In cases where materials, data, or analytic code 380 
cannot be shared due to privacy concerns, ethical constraints, or proprietary restrictions, openly discussing 381 
these limitations will be a meaningful step toward open science. However, our findings show that such 382 
justifications are often absent: strikingly, half of the article sample did not provide any reason for not sharing 383 
their data (54,8 %), and more than a third did not comment on not sharing their materials (37 %). However, 384 
we argue that these open science practices are accessible, require minimal effort and might be supported, for 385 
example, through journal policies on Materials and Data Availability Statement inclusion. 386 

In addition, this study shows that transparency and openness vary across research methods. In particular, 387 
qualitative research continues to lag behind quantitative methods in the adoption of open science research 388 
practices. While our data do not allow for longitudinal conclusions about whether this gap is narrowing, the 389 
cross-sectional overview indicates that challenges persist. These challenges are likely rooted in the diversity 390 
of qualitative methodologies, greater researcher degrees of freedom, and context-specific ethical constraints, 391 
all of which complicate the adoption of transparent research practices (e.g., Huma & Joyce, 2023). Despite the 392 
dedicated discussion and vast body of literature surrounding open science in qualitative research entailing 393 
general discussions (e.g., Branney et al., 2023), discussions about data sharing (e.g., DuBois et al., 2018), and 394 
preregistration (e.g., Haven & Grootel, 2019), our findings highlight the need for solutions and continued open 395 
science debate. Journals with a qualitative focus, in particular, may play a key role by proactively developing 396 
guidance and an infrastructure that accommodates the specific demands of qualitative research. 397 

Furthermore, in the preregistration revolution paper by Nosek et al. (2018), preregistration as a norm was 398 
considered distant, but achievable. As said, our findings indicate that, as of 2025, this goal remains distant 399 
within communication research. Beyond the limited uptake of preregistration itself, our results also suggest 400 
that an additional and largely underutilized aspect of this reform is the transparent documentation and 401 
discussion of deviations from preregistration. As Lakens et al. (2024) argue, deviations from the plan are often 402 
unavoidable and should not be viewed as failures. However, the registration of the deviations often remains 403 
unreported. This limited presence of such reflection in practice aligns with earlier evidence reported by 404 
Claesen et al. (2021), who showed that although the majority (25 out of 27) of studies in their sample deviated 405 
from their preregistered plans, only one out of twenty-seven fully disclosed these deviations. Although this 406 
evidence stems from psychology and dates almost a decade back (data collection 2015-2017), it provides a 407 
suggestion that progress in systematic reporting of deviations may not have come that far. In line with their 408 
call for disclosing deviations, and supported by our own findings that reporting on deviations from 409 
preregistration is still not the case, we support their argument that preregistration should be paired with a 410 



 

norm where researchers explicitly discuss where and why deviations occurred. Without such reflection, even 411 
when reporting that the analyses exactly went according to plan, the value of preregistration for the 412 
transparency and credibility of science remains limited.  413 

Taken together, a central contribution of this study is that the adoption of open science and transparency 414 
practices still remains limited in communication research, despite all the discourse (e.g., Dienlin et al., 2021; 415 
Lewis Jr., 2020; Shaw et al., 2021), and guidelines, tools, or practical recommendations specified towards the 416 
field of communication research as discussed in, for example, Lewis Jr. (2020). The challenge is that the actual 417 
uptake of transparent and open research practices remains limited when it relies primarily on researchers’ 418 
intrinsic motivation, despite communication scholars being positive about the adoption and importance of 419 
open science practices (Bakker et al., 2021). This observation within communication science implies that 420 
voluntary promotion of TOP research practices alone may be insufficient to bring about substantive change. 421 
Bowman et al. (2022) found that scholars attributed the lack of adoption to the limited standardization of 422 
open science practices and presumed incompatibility with the scientific method. To overcome this, publishers, 423 
editors, and board committees may need to play a more directive role in promoting transparency and 424 
openness by providing clear workflows and enforced standards. One possible implication is that the absence 425 
of key open science research practices, such as not having preregistered or providing research materials, could 426 
result in a manuscript being ineligible for publication, except in cases where this is justified well. This shift 427 
would require journals to reconsider current publication formats, as templates and strict word-count limits 428 
may hinder transparent reporting. One practical solution could also be the introduction of a standardized open 429 
science disclosure form, in which authors provide links to preregistrations, data, materials, and code, or justify 430 
non-disclosure. Like conflict-of-interest statements, this would help normalize transparency and openness as 431 
being the standard rather than being optional. 432 

5.1 Limitations and Future Research 433 

The recommendation for journals to strictly enforce open science policies also presents notable challenges 434 
and potential limitations. This open science enforcement needs to be done on a large-scale and any change 435 
should be a joint effort between publishers, editors, researchers, etcetera (Dienlin et al., 2021), since partial 436 
or inconsistent adoption risks creating publication segmentation between journals. For example, authors who 437 
have concerns about sharing data publicly might prefer journals that do not strictly enforce open science 438 
practices, or authors whose papers are only accepted by journals that do not adopt open science practices 439 
due to various types of reasons could be further marginalized (Fox et al., 2021). These outcomes potentially 440 
create an undesirable division within the scientific community. Accordingly, future research should investigate 441 
how journals can implement open science policies in a coordinated and inclusive manner, including identifying 442 
strategies that promote broad disciplinary adoption and effectively address authors’ concerns about perceived 443 
risks or limited benefits. 444 

Another limitation is that our study provides only a cross-sectional overview of open science adoption in 445 
published research, limiting insights into how these practices change over time, especially since open science 446 
gained traction in recent years. Future research should therefore adopt a longitudinal perspective to map 447 
developments within communication science, for example, by examining a longer timeframe starting in 2020. 448 
Such analyses would extend prior work by Haim and Jungblut (2023), who examined the period between 2010 449 
and 2020 preceding the field’s explicit calls for open science, and help assess the impact of the open science 450 
adoption initiatives over time. 451 

While our study focused on established open science guidelines, one additional exploratory observation is that 452 
several articles in Cyberpsychology, Behavior, and Social Networking voluntarily included artificial intelligence 453 
(AI) usage statements, though it was not strictly required by the journal itself. This reflects the growing use of 454 
AI in academic work driven by various motivations (e.g., for writing support and to increase self-efficacy; Bin-455 
Nashwan et al., 2023; Politzer-Ahles et al., 2020. Current open science guidelines do not yet address the role 456 
of generative AI in the research workflow. Therefore, open science frameworks should consider incorporating 457 



 

standardized AI disclosure guidelines, while clearly distinguishing AI-assisted writing from other AI-supported 458 
practices such as idea generation or data collection. In general, given the rapid emergence of AI and the 459 
opportunities and threats that come along with it, we encourage an ongoing, field-wide discussion among 460 
journals, scholars, and other stakeholders in order to make sure that the disclosure of AI will become 461 
normalized from the very beginning. 462 

5. Conclusion 463 

This descriptive study shows that despite the discourse on the adoption of open science practices in recent 464 
years, transparent and open research practices are not yet the norm in communication research. In particular, 465 
a priori practices such as preregistration, but also sharing of the data and analytic code, remain limited, 466 
whereas research materials are becoming relatively more accessible, though still far from always available. 467 
We further observe that explicit justification for non-sharing is often absent, even though such disclosure 468 
constitutes an essential component of transparency and openness. Finally, we encourage researchers and 469 
journals to jointly reflect on how the TOP research practices can become an embedded part of communication 470 
research. While this may ultimately involve stricter journal publication policies, such efforts are crucial for 471 
fostering credibility, reproducibility, and trustworthiness of communication research and science in general. 472 
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Table A1. List of journal population and sampled overview. 590 

Journal name Total 
number of 
articles 
published in 
2025 

Number of 
articles in 
sample 

Number of 
excluded studies 
(e.g., literature 
review, 
conceptual 
paper) 

% of 
published 
studies 
included in 
analysis 

Journal of Communication (JOC) 31 21 9 67.7 

Journal of Computer-Mediated 
Communication (JCMC) 

22 20 2 90.9 

Human Communication Research (HCR) 21 21 0 100 

Communication Monographs (CM)   33 30 0 90.9 

Communication Research (CR) 40 30 0 75.0 

Public Opinion Quarterly (POQ) 22 22 0 100 

Public Understanding of Science (PUSC) 58 30 0 51.7 

Cyberpsychology, Behavior, and Social 
Networking (CPB) 

46 30 0 65.2 

Research on Language and Social 
Interaction (RLSI) 

19 7 12 36.8 

Science Communication (SC) 27 27 0 100 

International Journal of Advertising (IJOA) 64 30 0 46.9 

Political Communication (PC) 49 29 1 59.2 

Journal of Health Communication (JHC) 29 29 0 100 

New Media & Society (NMnS) 324 27 3 8.3 

Management Communication Quarterly 
(MCQ) 

22 20 2 90.9 

International Journal of Press-Politics 
(IJPP) 

49 28 2 57.1 

Communication Theory (CT) 20 5 15 25.0 

Journal of Advertising (JOA) 32 26 4 81.3 

Information Communication & Society 
(ICS) 

138 29 1 21.0 



 

Media Psychology (MPSY) 31 30 0 96.8 

Total 1078 491 51 45.5 % 
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Table B1. Intercoder reliability score of remaining variables. 593 

Variables Standardized Lotus 

Research approach (quantitative, qualitative, mixed) .89 

Methodology of article .87 

Open access status .98 

CrediT  .95 

Deviations from preregistration .95 

Funding .87 

TOP 4: Codebook availability .69 

TOP 4: Interview / focus group guide availability .98 

TOP 4: Observation protocol availability 1.00 

TOP 4: Other materials availability .96 

TOP 4: Scripts availability .88 

TOP 4: Search string availability .94 

TOP 4: Stimuli availability .81 

TOP 4: Survey availability .74 

Justification data not shared .96 

Justification data shared .97 
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Table C1. Materials Transparency.  596 

Material Numb
er of 
studie

Materi
als 
availab

Materials 
available 
within 

Materi
als 
partly 

Material
s not 
available 

Materials not 
available 
without 

Materi
als 
only 

Study 
claimed 
materia



 

s used 
the 
mater
ial 

le via 
extern
al 
platfor
m  

article/appe
ndix 

availab
le 

with 
justificat
ion 

justification/me
ntion 

availab
le 
upon 
reques
t 

ls 
availabl
e but 
not 
retrieva
ble 

 
n % (n) % (n) % (n) % (n) % (n) % (n) % (n) 

Questionn
aire 

293 23.5 
(69) 

15.7 (46) 11.6 
(34) 

1.4 (4) 47.1 (138) 0.3 (1) 0.3 (1) 

Stimulus 
material 

161 29.2 
(47) 

47.2 (76) 5.0 (8) 0.0 (0) 16.8 (27) 0.6 (1) 1.2 (2) 

Codebook 154 22.1 
(34) 

23.4 (36) 14.9 
(23) 

0.6 (1) 37.7 (58) 0.0 (0) 1.3 (2) 

Interview 
or focus 
group 
protocol / 
guide 

90 21.1 
(19) 

12.2 (11) 0.0 (0) 0.0 (0) 64.4 (58) 1.1 (1) 1.1 (1) 

Scripts, 
data 
dictionary 
or 
prompts 

73 34.2 
(25) 

2.7 (2) 6.8 (5) 4.1 (3) 50.7 (37) 0.0 (0) 1.4 (1) 

Search 
string 

48 6.3 (3) 52.1 (25) 8.3 (4) 0.0 (0) 33.3 (16) 0.0 (0) 0.0 (0) 

Observati
on 
protocol 

11 0.0 (0) 0.0 (0) 0.0 (0) 9.1 (1) 90.9 (10) 0.0 (0) 0.0 (0) 
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Table D1. Transparency and Openess Score by Method.  599 

Method n Average Level of Transparency 
and Openess (SD) 

Experiment 148 1.68 (1.88) 

Survey 103 1.35 (1.70) 

Content analysis (quantitative or computational) 61 1.11 (1.26) 



 

Meta-analysis 12 1.49 (1.76) 

Focus Group or Interview Study 56 0.30 (0.42) 

Qualitative content analysis 15 0.57 (0.90) 

Mixed methods qualitative 10 0.18 (0.29) 

Mixed methods quantitive 19 1.32 (1.42) 

Mixed methods, combining quantitive and qualitative 35 0.67 (0.77) 

Other (specified seperately) 20 0.68 (0.86) 
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