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CHAPTER 3
For You vs. For Everyone: 

The Effectiveness of Algorithmic Personalization in 
Driving Social Media Engagement
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Abstract

Social media platforms increasingly use algorithmic personalization, raising 
concerns about potential uncontrolled usage. However, these concerns remain 
partly speculative as evidence for the effectiveness of algorithmic personaliza-
tion in driving user engagement is limited. Therefore, the present study investi-
gated how TikTok users’ behavior and experiences would change if their feeds 
were no longer personalized based on their interests. In this preregistered study, 
88 TikTok users participated in a two-week within-subjects design: a baseline 
week (default highly personalized feed), followed by an experimental week (less 
personalized feed). Daily experiences were assessed through daily surveys, and 
objective TikTok usage data was obtained through screenshots. We found that 
both daily frequency and duration of TikTok use decreased, self-regulation in-
creased, and participants derived less enjoyment from their use. These findings 
highlight the critical role of algorithmic personalization in sustaining user en-
gagement and suggest that reducing feed personalization may be a promising, 
though currently limited, approach to address uncontrolled social media use.

This chapter is published as:
Dekker, C. A., Baumgartner, S. E., & Sumter, S. R. (2025). For you vs. for ever-
yone: The effectiveness of algorithmic personalization in driving social me-
dia engagement. Telematics and Informatics, 101, 1-12. https://doi.org/10.1016/j.
tele.2025.102300

Supplementary materials for this article can be found online at https://osf.io/
se37j/.
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Social media use is often experienced ambivalently (Faber et al., 2022; Vanden 
Abeele & Nguyen, 2024; Ytre-Arne et al., 2020). On the one hand, users appre-
ciate the always-available connectivity and entertainment experiences these 
platforms provide, yet on the other hand, they also frequently struggle with re-
gulating their use. Media psychological research increasingly points to platform 
design features as key contributors to such ambivalent social media experien-
ces (e.g., Flayelle et al., 2023; Vanden Abeele, 2021). A prominent example is the 
algorithmically personalized feed, which presents users with content tailored to 
their inferred interests. Although this personalization can enhance the user ex-
perience by making it maximally entertaining, it may also lead to uncontrolled 
use as users find it difficult to stop scrolling (e.g., Eg et al., 2023).

TikTok stands out in this regard. Its algorithmic personalization outperforms ot-
her social media platforms according to its users (Bhandari & Bimo, 2022; Lee 
et al., 2022; Schellewald, 2023; Taylor & Choi, 2022), and it is seen as the main 
reason for the short-format video app’s popularity (e.g., Boeker & Urman, 2022; 
Feldkamp, 2021). However, alongside the praise for TikTok’s accuracy in cura-
ting content that appeals to users’ interests, concerns have been raised about 
potential negative consequences of algorithmic personalization. For example, 
users report spending more time on the app than intended and procrastina-
ting other tasks (Kang & Lou, 2022; Ramsden & Talbot, 2025). Both users and 
politicians have thus criticized the “addictive nature” of the personalized feed 
(Allyn, 2024; X. Chen et al., 2023; European Commission, 2024; Kang & Lou, 2022).

While prior research has begun to illuminate how algorithmically personalized 
feeds shape user experiences and engagement, much of this evidence has 
come from qualitative or cross-sectional studies. These approaches have pro-
vided important insights, such as that higher perceived accuracy of algorith-
mic personalization is associated with greater enjoyment (e.g., Taylor & Choi, 
2022). Yet, experimental studies that manipulate algorithmic personalization 
in real-world contexts remain rare, partly due to the methodological challen-
ges involved in such designs. One notable exception is a study showing that 
switching from an algorithmically personalized feed to a chronologically orde-
red feed on Facebook and Instagram reduced time spent on these platforms 
(Guess et al., 2023). Still, little is known about how TikTok users respond when 
the personalized feed becomes less personalized: What changes in their usage, 
entertainment experiences, self-regulation, and mental preoccupation with the 
app? Such insights are important for understanding the impact of algorithmic 
personalization in shaping user engagement and may inform future legislative 
efforts aimed at reducing potential harms for users.

The current study seeks to contribute to this emerging field by leveraging the 
newly introduced setting that TikTok implemented in compliance with the Eu-
ropean Union’s Digital Services Act (DSA; European Commission, 2024). Spe-
cifically, TikTok now allows European users to “switch off” the personalization 
of their feeds. When using this less personalized version of the feed, users see 
“locally relevant and globally ‘popular’ videos” (TikTok, 2023) instead of content 
based on algorithmic inferences about their interests. The setting thus offers 
the opportunity to experimentally assess how users’ TikTok usage and experien-
ces change when they switch from a highly personalized to a less personalized 
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feed.

To this end, we conducted a quasi-experimental within-subjects field study in 
which TikTok users switched to a less personalized feed for one week, with daily 
measures of subjective user experiences (entertainment experiences; self-re-
gulation; TikTok vigilance) as well as objective usage metrics (time spent; use 
frequency).

The TikTok Algorithm

Unlike other social media platforms where networks between users play a key 
role in content distribution (e.g., friends, connections, followers), TikTok is built 
around its algorithm-based content recommendations feed called the For You 
page (Bhandari & Bimo, 2022; Boeker & Urman, 2022; Lee et al., 2022). The For 
You page is the main feature and landing page of the app, where users can 
watch an infinite number of videos selected for them by TikTok. When opening 
the app, the first recommended video automatically starts playing, and users 
can scroll to see the next video. While TikTok offers common social media fea-
tures that allow users to express an explicit preference for certain content (e.g., 
following other users; liking or sharing videos), this is not essential for their stre-
am of personalized content as the algorithm learns about users’ interests from 
a variety of factors. According to TikTok, these factors include engagement me-
trics (e.g., viewing time), metrics related to the videos one engaged with (e.g., 
hashtags), and device and account settings (e.g., language; TikTok, 2020). Based 
on these factors as well as data from similar users, the algorithm can predict 
the likelihood of a user’s interest in a certain video. The more frequently and 
longer someone uses TikTok—producing more data—the more accurate these 
inferences will be (TikTok, 2020; Z. Zhao, 2021).

However, the exact workings of TikTok’s algorithmic system remain opaque 
(Boeker & Urman, 2022; Z. Zhao, 2021). That is, the precise selection of factors 
informing the algorithm and their relative weight in prioritizing and filtering 
content are largely unknown. This lack of transparency is further complicated 
by the proprietary and constantly evolving nature of the model, making it dif-
ficult to determine precisely why certain videos are shown to users (e.g., Bau-
mann et al., 2025).

Several studies have attempted to lift this veil by, for instance, manually inter-
acting (Hilbert et al., 2026) or automatizing TikTok accounts through bots with 
varying user interaction patterns (Boeker & Urman, 2022; Vombatkere et al., 
2024), exploring metrics of trending videos (Klug et al., 2021), or examining the 
invention patents related to TikTok’s algorithm (Z. Zhao, 2021). In general, they 
found that liking, following, and viewing time are most predictive of content 
personalization (e.g., Boeker & Urman, 2022). Further, it has been found that in 
addition to simply catering to users’ known interests (i.e., interest exploitation), 
the TikTok feed sometimes delivers videos that do not perfectly match the in-
ferred interests but may reveal new interests (i.e., interest exploration; Vombat-
kere et al., 2024). This unpredictable content delivery pattern ensures the algo-
rithm can keep up with users’ naturally evolving interests (Lee et al., 2022) and 



68

Chapter 3

prevents users from getting bored by too much repetition (Anderson & Wood, 
2020; Z. Zhao, 2021).

Another line of research focuses on users’ awareness and perspectives of so-
cial media algorithms. Users are generally aware of their existence and have 
formed beliefs about how they function, such as how their interactions with 
the algorithm are reciprocal, as the algorithm adapts based on the user’s inter-
actions with the presented content (Bucher, 2017; Lee et al., 2022; Schellewald, 
2022). Users also attempt to actively influence the algorithm by strategically 
interacting with content in certain ways (Bucher, 2017; Lee et al., 2022; Schelle-
wald, 2022). Consequently, they feel like, over time, the algorithm gets to know 
their multifaceted, dynamic interests and even reflects their identity (Bhandari 
& Bimo, 2022; Lee et al., 2022).

For the present study, then, we need to acknowledge that the technical wor-
kings behind TikTok’s personalized feed partially remain a black box. Notably, 
this also applies to the feed when personalization is disabled. This “non-perso-
nalized” feed is still not completely random, as the content is curated based on 
popularity and the user’s region, thus still personalized to some extent (TikTok, 
2023). We, therefore, label the default personalized TikTok feed as the highly per-
sonalized feed and the personalization-disabled feed as the less personalized 
feed. The key difference is that the highly personalized feed presents content 
based on users’ inferred interests, while the less personalized feed does not. 
Thus, despite the uncertainties around what these feeds technically entail, and 
their evolving nature, our study sheds light on how this aspect of algorithmic 
personalization (i.e., personalization based on inferred user interests) impacts 
user engagement and experiences. 

Time Spent and Use Frequency

Algorithmic personalization has been linked to increased usage (e.g., Montag 
& Hegelich, 2020). Adult users spend about one hour per day on TikTok, which 
surpasses the time spent on other social media platforms (De Marez et al., 2024; 
Feger, 2024). Young adults aged 18-24 even spend around 80 minutes per day 
on TikTok on average (De Marez et al., 2024; Feger, 2024). When it comes to fre-
quency of usage, TikTok reported that its average user opens the app 19 times 
per day (Dua, 2021). With the personalization of the feed making TikTok “both 
appealing and hard to leave once there” (Schellewald, 2023, p. 1574), it seems 
likely that people would reduce their usage if their feed is less personalized 
(Montag & Hegelich, 2020). In line with this reasoning, an experimental study 
showed that switching from an algorithmically personalized feed to a chrono-
logical feed reduced time spent on Facebook and Instagram (Guess et al., 2023). 
We thus predicted that:

H1: Both (a) daily time spent on TikTok and (b) daily frequency of opening TikTok 
will be significantly lower when using a less personalized feed compared to a 
highly personalized feed.
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Entertainment Experiences

In studies examining motivations for using TikTok, entertainment was consist-
ently identified as a key motive (e.g., Bucknell Bossen & Kottasz, 2020; Dong & 
Xie, 2024; Lu et al., 2020; Scherr & Wang, 2021; Vaterlaus & Winter, 2021). Therefo-
re, we investigate how the level of feed personalization relates to entertainment 
experiences on the platform. Personal relevance of content plays a crucial role 
in shaping such experiences (Vorderer et al., 2004), and entertainment expe-
riences typically manifest in two ways: enjoyment and meaningfulness (Oliver 
& Bartsch, 2010). Moreover, when an entertainment experience is particularly 
engaging, users can lose track of time (Sherry, 2004). Accordingly, we focus on 
four outcome variables: personal relevance, enjoyment, meaningfulness, and 
time distortion. 

Personal relevance of content, defined as the perceived alignment with one’s 
interests (Vorderer et al., 2004), may be a direct result of high personalization. 
Qualitative studies show that users believe TikTok’s highly personalized feed to 
be remarkably accurate in providing personally relevant content (Bhandari & 
Bimo, 2022; Kang & Lou, 2022; Lee et al., 2022; Martinez et al., 2024).

In addition, TikTok users commonly describe their experience with the highly 
personalized feed as enjoyable (e.g., Lee et al., 2022; Vaterlaus & Winter, 2021), 
defined as a pleasant response state (Vorderer et al., 2004). A survey study 
found that users’ enjoyment was positively correlated with the perceived ac-
curacy of TikTok’s algorithmic system (Taylor & Choi, 2022). Besides enjoyment, 
users report deriving meaningful experiences from watching personalized Tik-
Tok content, marked by a deeper level of processing and appreciation (Oliver & 
Bartsch, 2010). For example, users describe how some videos serve as sources 
of inspiration and life lessons (Lu et al., 2020; Martinez et al., 2024) or provide a 
sense of belonging and relatability (Lee et al., 2022; Martinez et al., 2024). Feed 
personalization can thus evoke appreciation and introspection by recommen-
ding videos that go beyond mere fun (Lu et al., 2020).

Finally, due to an infinite stream of engaging content, users report they often 
are so engrossed in scrolling that they lose track of time, an experience refer-
red to as time distortion (Kang & Lou, 2022; Martinez et al., 2024; Ramsden & 
Talbot, 2025; Schellewald, 2022; Vaterlaus & Winter, 2021). Correlational studies 
have found that time distortion is related to the relevance and serendipity of 
recommended TikTok videos as well as the ease of viewing them (i.e., not having 
to search for relevant content; Yang et al., 2023; H. Zhao & Wagner, 2022).

In sum, TikTok’s highly personalized feed provides an entertainment experien-
ce characterized by personal relevance, enjoyment, meaningfulness, and time 
distortion. Since it these experiences are likely the result of personally appealing 
content, we proposed that:

H2: Participants will report lower levels of (a) personal relevance, (b) TikTok use 
enjoyment, (c) meaningfulness of the TikTok content, and (d) time distortion 
while using TikTok, when using a less personalized feed compared to a highly 
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personalized feed.

Self-Regulation of TikTok Use

Although users sometimes want to “get carried away by the algorithm” (Schel-
lewald, 2023), they also frequently struggle with regulating their TikTok use. 
These experiences of low self-regulation are often attributed to algorithmic per-
sonalization (e.g., Montag & Hegelich, 2020). Therefore, we examine three indi-
cators of TikTok use self-regulation, namely perceived control, automaticity of 
use, and procrastination.

When it comes to perceived control over one’s usage, qualitative work has 
shown that people describe the highly personalized feed as “addictive”, as they 
find it difficult to disengage once they start scrolling (X. Chen et al., 2023; Kang 
& Lou, 2022; Martinez et al., 2024; Ramsden & Talbot, 2025; Schellewald, 2022, 
2023; Vaterlaus & Winter, 2021). The high personalization of the feed keeps users 
continuously curious about the next pleasantly surprising video (Kang & Lou, 
2022; Ramsden & Talbot, 2025). As a result, they may continue scrolling for lon-
ger than they had intended. We conceptualize this as a perceived lack of control 
over one’s TikTok use, reflecting users’ subjective sense of being unable to regu-
late their use in line with their intentions.

In addition, users typically develop a certain automaticity in using TikTok, which 
refers to the tendency to engage in behavior without conscious intention (e.g., 
Anderson & Wood, 2020). Both opening the TikTok app and scrolling through 
one’s personalized feed can become such routine behaviors (Dong & Xie, 2024; 
K. Wang & Scherr, 2022). This habituation is widely understood to result from 
initial and intermittent rewards associated with repeated behavior (e.g., Ander-
son & Wood, 2020; Bayer et al., 2022). TikTok users gain such rewards from the 
videos they see on their highly personalized feed: The content delivery system 
is appealing and unpredictable at the same time. Each scroll to a new video is 
effortless and yields an instant micro-reward, thereby reinforcing the behavi-
or (Anderson & Wood, 2020; Bayer et al., 2022). Neurological research confirms 
this idea by showing that personalized TikTok videos evoke higher activations 
in brain regions related to reward cognition than non-personalized videos (Su 
et al., 2021). In this study, we focus on the perceived automaticity of opening the 
app and scrolling through the feed, both of which contribute to the habitual 
nature of TikTok use.

Furthermore, with a platform that is so engaging, users often find themselves 
delaying other activities to continue scrolling. More specifically, users report 
using the app to procrastinate daily tasks such as studying and household cho-
res (Holzmann, 2021; Ramsden & Talbot, 2025; Schellewald, 2023; Xie et al., 2023). 
Similarly, TikTok use may interfere with healthy sleep routines, as many people 
use the app in the late evening before going to bed or while in bed (Dong & Xie, 
2024; Lu et al., 2020; Scherr & Wang, 2021). While mindless scrolling can help 
to unwind (Schellewald, 2023), prolonged late-night usage may delay sleeping, 
ultimately causing daytime fatigue (Lu et al., 2020; K. Wang & Scherr, 2022). We 
examine how these two forms of procrastination (i.e., procrastinating tasks or 
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sleeping) are related to the level of feed personalization. We conceptualize task 
procrastination as using TikTok instead of getting an intended task done. Simi-
larly, we conceptualize sleep procrastination as going to sleep later than inten-
ded because of using TikTok.

Given that high feed personalization has been linked to experiences of reduced 
control, habitual engagement, and procrastination, we expect that lowering 
the level of personalization will mitigate these effects.

H3: Participants will report (a) higher perceived control over their TikTok use, (b) 
lower automaticity in TikTok opening and (c) scrolling, and (d) lower task and 
(e) sleep procrastination, when using a less personalized feed compared to a 
highly personalized feed.

TikTok Vigilance

Finally, people may develop a cognitive preoccupation with TikTok even when 
they are not actively engaged with it. Given that people use TikTok to stay up-to-
date on peers, news, and trends (Bhandari & Bimo, 2022), and have integrated 
the app into their daily routines (Schellewald, 2022; K. Wang & Scherr, 2022), it 
seems people are mentally engaged with TikTok beyond the moments they ac-
tually spend on the app. This cognitive preoccupation, termed vigilance, descri-
bes a state of awareness and anticipation toward the app and is conceptualized 
as comprising three subdimensions (Klimmt et al., 2017). To illustrate, people 
might mentally reference content they have encountered on TikTok (salience), 
they may be highly attentive to TikTok notifications (reactibility), and they may 
tend to continuously check the app (monitoring). This state of vigilance toward 
TikTok appears to stem from the perceived constant potential of encountering 
relevant content on the app, and may thus be reduced once the feed is less 
personalized. We predicted:

H4: Participants will report lower TikTok vigilance—(a) salience, (b) reactibility, 
and (c) monitoring—when using a less personalized feed compared to a highly 
personalized feed.

Method

Procedure

To test the hypotheses, we conducted a two-week within-subjects quasi-expe-
rimental study, in which participants were asked to use the less personalized 
TikTok feed for one week following a baseline week. The study (methodology; 
hypotheses; analysis plan) was preregistered on the Open Science Framework 
(OSF) and was approved by the Ethics Review Board of the authors‘ university. 
Participants were recruited through the university‘s online lab facilities. Partici-
pants had to be at least 18 years old, have had TikTok installed on their phones 
for at least four weeks, and use the default personalized feed. The latter two 
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criteria ensured that participants were accustomed to using the highly perso-
nalized feed, which was presumed to be well-personalized after four weeks of 
usage (Baumann et al., 2026; Siles et al., 2024). Participants could choose to be 
compensated for their two-week participation with research credits or €15.

After providing informed consent, participants were instructed to install a re-
search app (Avicenna) on their smartphones. Through the app, participants 
completed an entry survey including demographic questions and items about, 
for instance, the use of other social media apps. The next day (i.e., the first full 
day of participation) marked the first day of the baseline week. Every morning 
at 8:00, participants received a short survey with the key outcome measures 
regarding their TikTok use the previous day (e.g., enjoyment). At the end of every 
daily survey, participants were instructed to upload screenshots of their TikTok 
use metrics from the day before, which could be found in the TikTok app. After 
the baseline week, a longer survey was sent, including instructions to switch to 
the less personalized feed. In the following week, participants kept it that way 
and completed daily surveys as before. At the end of the second week, an exit 
survey was completed, including measures related to self-reported compliance 
and future intentions regarding feed personalization, as well as open questions 
about their experiences. On average, participants completed 13.48 daily surveys 
(SD = 1.13) over the course of 14 days. A schematic overview of the study procedu-
re can be found in Figure 1.

Figure 1
Schematic Representation of the Study Procedure

Day

Entry
 survey

Baseline week
(highly personalized)

Instru
ctio

ns

Exit s
urvey

Experimental week 
(less personalized)

Note. Daily surveys (with measures regarding the previous day) were sent in the morning 
on days 3 to 16. On day 9, the daily survey was followed by instructions to switch to the less 
personalized feed. On day 16, it was followed by the exit survey.

Sample

Initially, 120 participants installed the research app and completed the entry 
survey. Applying the exclusion criteria, we excluded 18 participants for not com-
pleting the larger survey after the baseline week which included the instruc-
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tions to switch to the less personalized feed, 3 participants for not completing 
the exit survey, 1 participant for not completing at least four daily surveys in 
both weeks, and an additional 10 participants for self-reported low compliance 
with the feed personalization instructions. The final sample consisted of N = 
88 participants (Mage  =  21.97, SDage  =  3.08), of which 85.2% identified as woman 
and 14.8% as man. Most participants (87.5%) had been using TikTok for more 
than a year. In the entry survey, participants expressed dissatisfaction with how 
much time they spend on TikTok (“I feel like I spend too much time on TikTok”; 
1 = strongly disagree to 7 = strongly agree; M = 5.36; SD = 1.56). They also wanted to 
reduce their TikTok use (“I want to reduce the time I spend on TikTok”; M = 5.35; 
SD = 1.39).4

Measures

All surveys and instructions can be found on OSF.

TikTok Use Metrics

Every TikTok user can find their use metrics in their TikTok app. Participants 
received detailed instructions on how to access these metrics and take correct 
screenshots (i.e., we provided screenshots of this procedure as well as example 
screenshots). Every day, participants uploaded two screenshots: one from their 
“time spent” metrics and one from their “TikTok opened” metrics (i.e., frequency 
of opening TikTok) of the day before. In the presentation of these metrics, TikTok 
distinguishes between day (6 AM – 10 PM) and night time (10 PM – 6 AM). The 
metrics displayed in the uploads from participants were manually registered 
into a dataset by the researcher. For the analyses, aggregated variables of Tik-
Tok use per day (i.e., 6 AM – 6 AM the next day) were used.

Subjective Experiences

To ensure brevity of the daily surveys, and thus not overburden participants, sin-
gle-item measurements were used to measure the subjective outcome variab-
les. Importantly, recent work on the reliability and validity of single-item mea-
sures has shown that they can be appropriate assessments of unidimensional 
constructs (Martela & Ryan, 2026; Matthews et al., 2022; Wolfers et al., 2025). All 
items referred to participants‘ experiences with TikTok the previous day. Res-
ponse scales ranged from 1 (strongly disagree) to 7 (strongly agree), with some 
items including an additional response option (e.g., “I did not use TikTok yes-
terday) to ensure responses were valid even if the participant, for instance, had 
not used TikTok at all. These response options were marked as missing values 
for the analyses. An overview of all item wordings and references can be found 
in Table 1.

4 We conducted an independent samples t-test to compare the final sample (n = 88) with 
participants who quit or were excluded (n = 32). The latter group reported slightly lower (M 
= 4.78, SD = 1.86), but not significantly lower, intentions to reduce their TikTok use, compa-
red to those who did not drop out (M = 5.35, SD = 1.39), t(118) = 1.81, p = .073.
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Analytical Strategy

We tested the hypotheses using repeated measures analyses with a linear 
mixed models approach. Analyses were performed in R (v4.4.1; R Core Team, 
2024), using lme4 (v1.1-35.5; Bates et al., 2015) and lmerTest (v3.1-3; Kuznetsova 
et al., 2017). In all models, week (0 = highly personalized feed vs. 1 = less perso-
nalized feed) was included as the predictor. In addition, age was included as a 
control variable, since small but significant correlations were found with some 
of the outcome variables (see Table 2). Following recommendations by Barr et 
al. (2013), all models were specified with a maximal random effects structure: 
a random intercept per participant and a random slope for the within-person 
predictor (i.e., week). For an overview of all means and standard deviations in 
both weeks, see Table 3. As fourteen outcomes were assessed, interpretations 
were based on a Bonferroni-corrected α-level of p < .003. The data and analysis 
script are available on OSF.
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Baseline week 
(high personalization)
M (SD)

Experimental week 
(low personalization)
M (SD) M∆

TikTok use

Time spent (minutes per day) 87.17 (80.55) 46.64 (60.99) -40.53

Use frequency (times per day) 19.45 (19.02) 14.17 (15.85) -5.28

Entertainment experience

Personal relevance 5.36 (1.17) 3.01 (1.63) -2.35

Enjoyment 5.33 (1.22) 3.49 (1.75) -1.84

Meaningfulness 4.11 (1.32) 2.80 (1.51) -1.31

Time distortion 4.37 (1.86) 3.05 (1.70) -1.32

Self-regulation

Perceived control 3.71 (2.02) 4.99 (1.77) 1.28

Opening automaticity 4.46 (1.85) 3.72 (1.92) -0.74

Scrolling automaticity 5.25 (1.79) 4.08 (1.91) -1.17

Task procrastination 3.78 (1.99) 2.73 (1.63) -1.05

Sleep procrastination 3.22 (1.99) 2.36 (1.62) -0.86

TikTok vigilance

Salience 2.77 (1.60) 2.36 (1.46) -0.41

Reactibility 2.49 (1.59) 2.39 (1.58) -0.10

Monitoring 2.78 (1.56) 2.44 (1.47) -0.34

Table 3
Means and Standard Deviations

Note. For the variables marked in bold, the LMM analyses revealed a significant difference 
between the two weeks (all p’s < .001).
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Results

Confirmatory Analyses

We found significant decreases in both the average daily time spent on TikTok, 
t(86.59) = -8.52, p < .001, Cohen’s d = -0.78, and the average daily frequency of 
opening TikTok, t(89.05) = -6.67, p < .001, d = -0.49. When using a less personal-
ized feed, TikTok screen time was reduced by approximately 40 minutes per 
day, and app opening frequency was reduced by approximately five times per 
day, thus confirming H1a and H1b.

Participants reported that the TikTok videos they watched were significantly 
less personally relevant during the less personalized week, t(88.06) = -14.86, p 
< .001, d = -2.46, in line with H2a. They also found the content less enjoyable, 
t(87.27) = -11.48, p < .001, d = -1.82, and less meaningful, t(88.36) = -9.83, p < .001, 
d = -1.46, thus supporting H2b and H2c. In addition, participants reported lower 
time distortion during TikTok use, t(85.86) = -8.58, p < .001, d = -1.03, supporting 
H2d.

Participants reported higher control over their TikTok use, t(88.23) = 8.89, p < 
.001, d = 0.89, when using a less personalized feed compared to the highly per-
sonalized feed, in line with H3a. Furthermore, supporting H3b and H3c, parti-
cipants reported engaging less in automatic app opening, t(89.04) = -6.37, p < 
.001, d = -0.59, and automatic scrolling, t(84.65) = -7.83, p < .001, d = -0.94. Both 
task procrastination, t(88.27) = -7.51, p < .001, d = -0.85, and sleep procrastination, 
t(89.19) = -6.38, p < .001, d = -0.61, were also significantly reduced, supporting H3d 
and H3e.

For TikTok vigilance, we found significant reductions in both the salience and 
monitoring dimensions. Participants reported less thought-drifting toward Tik-
Tok (salience), t(88.89) = -4.14, p < .001, d = -0.40, and a lower tendency to moni-
tor the app (monitoring), t(86.20) = -3.94, p < .001, d = -0.35. However, participants 
did not feel less reactive to notifications (reactibility), t(58.56) = -1.33, p = .190. 
Thus, H4a and H4c, but not H4b, were supported by our data.

Additional Analyses

In addition to the confirmatory analyses, we explored whether participants had 
replaced their TikTok use with other activities. In the exit survey, we asked par-
ticipants to what extent they perceived to have spent more or less time on ot-
her activities during the less personalized week than normally (1 = much less 
than normally to 7 = much more than normally). We ran one-sample t-tests to 
compare these mean scores to the midpoints of the scales. Participants repor-
ted spending somewhat more time on offline social activities (e.g., hanging out 
with friends or family), M = 4.21, SD = 1.04, t(87) = 4.64, p < .001, and other activi-
ties by themselves (e.g., reading, exercising, walking, or any other hobbies), M = 
4.44, SD = 0.96, t(87) = 4.34, p < .001. 

In addition, participants indicated that they had spent somewhat more time on 
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other social media apps (e.g., Instagram, Snapchat, Facebook) than they nor-
mally do, M = 4.68, SD = 1.38, t(87) = 4.64, p < .001. This suggests that participants 
partially replaced their TikTok use with other social media. We were able to ver-
ify this perception, as participants were also asked to look up their average time 
spent on social media apps in their phone’s screen time metrics (i.e., the “so-
cial media” category, including TikTok) for the week before the study (M = 3:22 
hours, SD = 1:46), the baseline week (M = 3:40, SD = 2:49), and the experimental 
week (M = 2:47, SD = 1:43). A paired samples t-test revealed that the reduction 
between the week before the study (i.e., “normally”) and the experimental week 
was significant, M∆ = 0:35, t(87) = 3.54, p < .001, 95% CI [0.26, 0.92]. The reduction 
between the baseline week and the experimental week was also significant, M∆ 
= 0:53, t(87) = 3.37, p = .002, 95% CI [0.35, 1.43]. Given that participants‘ TikTok use 
decreased by 40 minutes in the experimental week compared to the baseline 
week, it appears that they did not compensate by spending more time on other 
social media apps, and in fact, slightly reduced their usage overall. 

Finally, to gain a better understanding of participants’ experience with the less 
personalized feed, we examined their future intentions. In the exit survey, we as-
ked participants if they would immediately turn their highly personalized feeds 
back on (1 = strongly disagree to 7 = strongly agree). Most people agreed that 
they would return to their highly personalized feed, as only nine participants di-
sagreed (i.e., response options 1-3) or responded neutrally (i.e., response option 
4), M = 5.90, SD = 1.37.

Discussion

Recent political developments, such as the implementation of the DSA in Eu-
rope (European Commission, 2024) and lawsuits against TikTok in the US (Allyn, 
2024), show that social media platforms are viewed with increasing scrutiny. A 
recurring theme is the impact of technology design on uncontrolled use (Flay-
elle et al., 2023), with algorithmic personalization, especially on TikTok, being a 
prime example (e.g., Zakaria, 2023). While public and scholarly attention on this 
topic has increased, empirical evidence on how feed personalization relates to 
user behavior and experiences remains limited. The current study, therefore, 
tested what happens to usage patterns and user experiences when the TikTok 
feed is no longer highly personalized. We found reductions in daily frequency 
and duration of TikTok use, as well as entertainment experiences and TikTok 
vigilance (salience and monitoring), and increased self-regulation when using 
a less personalized feed.

Our objective measures of TikTok use in the baseline week yielded statistics 
comparable to existing reports about the average TikTok user (De Marez et al., 
2024; Dua, 2021; Feger, 2024). Participants used TikTok for one and a half hours 
per day on average and opened the app about 19 times per day. As expected, 
people used the app significantly less in the second week of the study, when 
their feeds were less personalized: The average daily TikTok screen time decrea-
sed by 40 minutes and app opening frequency decreased by 5 times per day. 
These findings indicate that the algorithmic personalization of TikTok’s For You 
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page plays a crucial role in keeping users engaged on the platform as well as 
making them return to the platform frequently.

To understand why people are less drawn to use or continue using TikTok when 
personalization is reduced, we examined users’ entertainment experiences. Not 
surprisingly, participants reported that content on the less personalized feed 
matched their interests less compared to content on their highly personalized 
feed. They also found these generally popular videos less enjoyable to scroll 
through, and less meaningful, than the videos that were personally recommen-
ded to them based on their interests. These findings support the idea that users 
have personal preferences for specific content and that TikTok’s algorithm is 
able to precisely tailor to these preferences (e.g., Lee et al., 2022). Further, par-
ticipants reported lower time distortion when using a less personalized feed, 
suggesting a less engrossing entertainment experience.

In addition, we measured participants’ perceptions of TikTok use self-regula-
tion. When using the less personalized feed, they reported higher control over 
their TikTok use as they less often exceeded their intended usage time. Simi-
larly, participants reported less automaticity in using TikTok, both in terms of 
opening the app and scrolling on their feeds. In general, it appears that people 
use TikTok in a more controlled manner when their feed is less personalized. 
This aligns with our findings that participants reported less task procrastina-
tion and sleep procrastination due to using TikTok. In a similar vein, participants 
perceived to have spent somewhat more time on offline social as well as solitary 
activities than they normally do. Although they also believed they had spent 
more time on other social media apps, suggesting TikTok use was merely repla-
ced by other social media, the objective screen time data did not support this 
perception. It thus seems that switching to a less personalized feed makes it 
easier for users to regulate their TikTok use and prioritize other activities in their 
daily lives. 

Finally, TikTok also occupied less mental space during moments when the app 
was not being used, as revealed by the significant reductions in cognitive sa-
lience of the app and the tendency to monitor the app. This finding is particu-
larly intriguing, as it is widely believed that the increasingly pervasive nature 
of online platforms—marked by the constant potential for notifications, mes-
sages, and new relevant content—makes it challenging to mentally disenga-
ge (e.g., Klimmt et al., 2017). This cognitive salience of the online sphere has 
been linked to lower mental well-being, such as increased stress (Freytag et al., 
2021) and mental fatigue (Van Gaeveren et al., 2024). Considering our finding 
of reduced TikTok salience due to lower feed personalization, it appears that 
algorithmic personalization imposes ongoing cognitive demands, fostering a 
sustained mental engagement with the platform even outside active use. This 
is problematic as algorithmic personalization becomes increasingly central to 
online platform design, and might thus put a strain on users’ cognitive load and 
well-being.

As our study revealed several beneficial outcomes for users’ self-regulation (e.g., 
less procrastination), some might conclude that using this “non-personaliza-
tion” setting is a suitable intervention—or disconnection strategy—for TikTok 
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users who wish to regulate their usage. Indeed, opting out of personalization 
is a form of disconnection, as it entails a deliberate form of non-use of a certain 
feature (i.e., algorithmic feed personalization) to reduce the harms experienced 
by digital media use (e.g., perceived overuse; Nassen et al., 2023; Vanden Abeele 
et al., 2024). However, while our findings suggest that reduced personalization 
may be a promising approach, we identify two key concerns that limit its appli-
cability as a broader solution in its current form.

First, although our participants were initially motivated to reduce their TikTok 
use, and despite the demonstrated effectiveness of reduced feed personaliza-
tion, participants were unwilling to maintain their less personalized feed after 
the study ended. This pattern is similar to what we have seen in previous studies 
that have tested strategies designed to reduce the appeal of smartphones (e.g., 
grayscaling; Dekker & Baumgartner, 2024). Participants’ reluctance may not be 
surprising, as entertainment is a core motive for using TikTok (e.g., Vaterlaus & 
Winter, 2021), and reduced personalization directly compromises this experien-
ce. In the open-ended responses from the exit survey, participants indeed see-
med to reason that, after having experienced the pros and cons of the strategy, 
the cons (e.g., less fun) outweigh the pros (e.g., reduced usage). This suggests 
that disabling interest-based feed personalization is not a strategy that users 
are willing to adopt.

Second, by framing reduced personalization as a strategy that individuals can 
implement to better regulate their use, the responsibility is placed entirely on 
the user (e.g., Jorge et al., 2022). While providing users with options like less 
personalized feeds (i.e., the ability to opt out of default functionalities) can theo-
retically empower them to make more informed decisions about their online 
experiences, in practice, this approach may not be sufficient. More specifically, 
such options can be (too) unattractive if they compromise important benefits, 
as appears to be the case with reduced feed personalization. Furthermore, users 
may be unable to make fully informed choices that are in their best interests 
when constantly confronted with design elements that maximize engagement 
and retention (e.g., Flayelle et al., 2023). This may be particularly challenging for 
more vulnerable groups such as adolescents but also users who are already 
heavily invested in or „hooked“ by the platform.

Thus, merely offering an opt-out option for interest-based feed personalization 
does not seem to be a comprehensive solution. Future regulations may the-
refore need  to impose stricter constraints on platforms’ use of engaging de-
sign functionalities that can undermine user autonomy. One way forward could 
be to explore alternative designs of social media platforms that would provide 
users with the best of both worlds (i.e., maximal entertainment and maximal 
control). While TikTok’s current reduced personalization setting is not ideal as 
it takes away too much of the pleasure, our findings are still promising in that 
they suggest that even simple changes to social media platforms can promote 
more controlled usage without restricting access. Perhaps the solution can be 
found in more nuanced or refined design changes. For example, a feed could 
gradually present less personalized content while scrolling, naturally encoura-
ging users to stop their scrolling session after some time. Additionally, combi-
ning personalization adjustments with changes to other engagement-driven 
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features, such as the infinite scroll, may prove effective (Anderson & Wood, 2020; 
Flayelle et al., 2023). Future research should explore how such more sophistica-
ted design changes influence the balance between users’ enjoyment and con-
trol.

Limitations and Suggestions for Future Research 

Although this study offers valuable insights into the impact of (reduced) feed 
personalization on usage and user experiences, some of the underlying mecha-
nisms require further investigation. Most importantly, the exact components of 
reduced feed personalization that explain the reductions in user engagement 
and automaticity of use remain undetermined. One plausible explanation may 
be found in the reduction of content-based rewards such as enjoyment. The 
lack of rewards may have reduced habitual TikTok use patterns, as they were no 
longer reinforced by positive content-based rewards (Anderson & Wood, 2020). 
Moreover, in addition to less rewarding content, people may encounter content 
they find highly unpleasant or disturbing. For example, in a qualitative study, 
first-time TikTok users reported that some videos on their not-yet-personalized 
feed made them feel uncomfortable, particularly when they contained sexuali-
zed content (Siles et al., 2024). These unpleasant video encounters may serve as 
stopping cues that disrupt the automated behaviors of content consumption 
(i.e., friction; Anderson & Wood, 2020).

At the same time, a personalized feed is not only characterized by a high num-
ber of rewarding videos but these videos are presented in an intermittently re-
warding pattern. This means that more rewarding videos are alternated with 
less rewarding videos to maintain users’ continuous curiosity for the next plea-
santly surprising video (Kang & Lou, 2022; Ramsden & Talbot, 2025). This pattern 
contributes to habitual scrolling to the next content (e.g., Bayer et al., 2022). Ho-
wever, it is uncertain to what extent this variable reward system remains pre-
sent in the less personalized feed, as it could, for instance, be that this pattern is 
mimicked by presenting both more popular videos and less popular videos. It 
thus remains unclear whether the reduction in automaticity of use was primar-
ily due to a decrease in rewarding content, an increase in negative experiences, 
or different content delivery patterns. Further research is needed to determine 
the precise mechanisms that drive and disrupt habitual social media use pat-
terns. More in general, underlying mechanisms and potential mediation effects 
(e.g., reduced usage leading to lower salience) warrant further research, as they 
may help explain how algorithmic personalization impacts user experiences.
 
In addition, the strong reduction in TikTok usage may partially be explained by 
participants’ pre-existing strong intentions to reduce their app use. That is, in 
the entry survey, participants indicated spending too much time on the app 
and wishing to reduce their usage. They may, therefore, have taken the study 
as an opportunity to (finally) act upon their perceived TikTok overuse. It could 
thus be that participants responded more strongly to the reduced personaliza-
tion of their feeds than they would have if they were unconcerned about their 
TikTok use. However, since the less personalized feed also strongly decreased 
enjoyment, similar effects may be expected for all users. Nevertheless, future 
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research may investigate whether our findings generalize to people who are 
satisfied with their TikTok use.

Similarly, given that participants were instructed to switch to the less perso-
nalized feed after the baseline week, their responses and behavior might have 
been shaped by expectations about what the study was investigating. While we 
attempted to minimize demand characteristics by advertising the study neu-
trally (i.e., not as a “social media reduction experiment” but as a study testing 
the effects of TikTok settings on user experiences), we cannot fully eliminate the 
possibility of demand effects. Future research could address this concern more 
directly by employing alternative designs in which participants remain unawa-
re of the experimental condition, such as lab-based studies where researchers 
adjust personalization settings covertly.

A related shortcoming of the present study is the absence of a control group. 
We opted for a within-subjects design, which enhances statistical power and 
feasibility of the study (i.e., lower required sample size). Still, without random as-
signment, alternative explanations cannot be entirely ruled out. Therefore, whi-
le our findings are robust and aligned with theoretical expectations, they are 
not definitively causal. Future work could employ designs that combine rando-
mization with high ecological validity, such as randomized controlled trials, to 
further isolate the effects of algorithmic personalization.

Another limitation concerns the breadth of outcome variables included. The 
inclusion of multiple related constructs may have introduced some conceptual 
overlap and interpretive complexity. Future research may adopt a more targe-
ted approach by focusing on a smaller number of distinct outcomes.

A final avenue for future research might be to examine the role of algorithmic 
personalization for new TikTok users. The current study focused on the effects 
of reduced personalization in a sample of users already accustomed to Tik-
Tok‘s highly personalized feed. This raises the question of how new TikTok users 
would experience and use the app if their feeds never became highly perso-
nalized. It is plausible that these users would find the content irrelevant and 
unappealing, which could discourage continued use of the app. Alternatively, 
they may be less critical of the content because they lack a frame of reference 
for personalized TikTok experiences. As a consequence, they might find a rather 
satisfactory balance where they do not have to miss out on using TikTok while 
still being able to regulate their usage effectively. Further research is needed 
to explore the role of (reduced) feed personalization in the experiences of new 
users and how feed personalization contributes to the development of habitual 
or uncontrolled use.

Conclusion

Social media platforms, and TikTok in particular, are known for their highly en-
gaging algorithmically personalized feeds. Yet, both users and policymakers 
worry that these feeds might be too engaging, leading to uncontrolled use (e.g., 
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Ramsden & Talbot, 2025). Our study is the first to experimentally investigate 
how users interact with a social media platform when their feed is no longer 
personalized based on their interests. We found reduced enjoyment and less 
time spent on the platform, and participants were better able to regulate their 
usage. Despite these beneficial outcomes, participants considered the perso-
nalization feature indispensable, with little intention to maintain a less perso-
nalized feed. These findings confirm that feed personalization plays a critical 
role in engaging users and suggest that reducing feed personalization may be 
a promising, though currently limited, approach to address uncontrolled social 
media use. More research is needed to disentangle underlying mechanisms 
and further inform policies to better protect (vulnerable) users.


