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3 Taming AI 
HOW AI COURSES FOR JOURNALISTS SHAPE THE GLOBAL 
APPROPRIATION OF AI 
 
 

Abstract 
In recent years, a series of AI courses for journalists has emerged in response to 
the rapid adoption of AI technologies in newsrooms, their uneven market 
distribution, and news professionals’ desire to upskill. Consequently, these courses 
are becoming important sites where specific understandings of AI and journalistic 
practices are introduced, negotiated and legitimised. In this paper, we examine the 
specific case of the JournalismAI Academy for Small Newsrooms, an educational 
initiative with institutional prominence and global reach, as a site of domestication. 
Drawing on theorising of technological domestication in Media Studies and 
Science and Technology Studies (STS), we examine how institutional actors shape 
domestication practices in news contexts and the implications of these 
interventions. Based on ethnographic observations and qualitative interviews, we 
identify four central dimensions of domestication that each enact sets of practices 
and meanings associated with AI. These include: (1) demystifying, (2) cultivating, 
(3) managing, and (4) finally, appropriating AI. In analysing these dimensions, we 
identify how the course instructors enact AI as domesticable in ways that are 
contingent on both dominant understandings of AI and the perceived local and 
organisational constraints of the participants. These enactments, in turn, reshape 
participants’ relationship to AI and their subsequent use of AI technologies. 
Through this analysis, we shed light on how courses such as the Journalism AI 
Academy for Small Newsrooms intervene in participants’ AI practices, and how 
the course, in unintended ways, naturalises and depoliticises dominant 
understandings of AI and its inevitability in journalism. 
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Introduction 
In recent years, a series of courses has emerged that aim to empower journalists 
by equipping them with the necessary skills and resources to integrate Artificial 
Intelligence (AI)44 technologies into their daily practices. These include, for 
example, the Google News Initiative’s (GNI) “Introduction to Machine Learning” 
for journalists (Google DNI, n.d.), the JournalismAI Academy for Small 
Newsrooms (JournalismAI Academy, n.d.) and the Associated Press’ (AP) Local 
AI Initiative’s self-paced curriculum (AP, 2022). The courses are responses to the 
rapid adoption of AI technologies in newsrooms, which has created a growing 
market divide, with smaller newsrooms and those in the Global South45 struggling 
to keep up (Beckett, 2019; Beckett & Yaseen, 2023; Rinehart & Kung, 2022). 
Thegrowing use of AI has, in turn, also induced an increasing desire, as well as 
pressure among journalists to upskill due to fears of falling behind, rising demands 
and higher valuations of technological skills (Ahmad et al., 2023; Koivula et al., 
2024; Min & Fink, 2021; Schaetz, Lischka, et al., 2025). This paper investigates the 
specific case of the JournalismAI Academy for Small Newsrooms (hereafter, the 
Academy) to understand the role of these courses in shaping how AI is understood 
and subsequently adopted by journalists globally. 
 
The Academy is organised by the global initiative JournalismAI, a London School 
of Economics (LSE) think tank (Polis) project supported by the Google News 
Initiative (GNI), and offers an eight-week online training programme for 
journalists around the world to help them “leverage the power of artificial 
intelligence in journalism” (JournalismAI Academy, n.d.). The Academy is a 
specifically relevant case both because of its global reach, which allows us to 
investigate AI as a global phenomenon, and due to its prominent institutional 
embedding, which contributes to the course’s legitimacy. The funding from 
Google also places the initiative in the broader discussion of Big Tech 
philanthropy and its effects on journalism (see e.g., Fanta & Dachwitz, 2020; 
Luchs, 2023). The Academy, therefore, can be understood as a highly influential 
“macro-epistemic actor” that sets the conditions for how knowledge around AI is 

 
44 AI is often defined as “a collection of ideas, technologies, and techniques that relate to a computer 
system’s capacity to perform tasks normally requiring human intelligence” (Brennen et al., 2018, pp. 
1–2). In the media context, such tools are used across the media cycle (for an overview, see e.g., 
Beckett, 2019). In this paper, we are, however, less interested in providing a strict definition of AI. 
Instead, we are interested in how AI is defined and presented throughout the Academy and the 
implications of these representations. 
45 We acknowledge the problematisations and critiques of this term, but choose to use the language 
as it was presented in the empirical material, and as the term is prominently used to characterise the 
global relationships and power asymmetries in AI (see e.g., Natale et al., 2025). 
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distributed within knowledge networks and between whom (Knorr-Cetina, 2007, 
p. 367). 
 
In this paper, we approach the Academy as a site of domestication, where the 
meaning and practice of AI in journalism are negotiated. Domestication theory 
posits that technologies are not merely passively adopted; they are actively “tamed” 
by their users, who adapt them to align with their goals, values, and everyday 
practices (Berker et al., 2006). Yet users do not solely undertake domestication 
work. Instead, external forces, such as courses or public communication, can 
intervene in domestication processes (Hynes & Rommes, 2006; Silverstone & 
Haddon, 1996). That is, external actors can shape how users forge relations with 
new technologies, while also, more broadly, naturalising certain practices as 
“normal” or necessary parts of everyday life (Swanson et al., 2018). Thus, it is 
crucial to examine how influential institutional actors, such as the Academy, 
advance particular domestication practices in journalism and the implications of 
these interventions. 
 
At the nexus of journalism and AI, scholarly work has begun to examine how 
external actors influence “meta-journalistic discourse” (Carlson, 2016) and 
meaning-making around how new technologies can and should “fit” within the 
journalistic field. This work has highlighted the role journalistic unions and the 
trade press play in problematising so-called Generative AI (GenAI) in journalism 
(Ananny & Karr, 2025) and how interorganisational initiatives shape and manage 
expectations around AI (Schaetz & Schjøtt, 2025). Other research has 
foregrounded the role of tech competitors (Ananny & Crawford, 2015; Usher, 
2017; Wu et al., 2019a) or funding institutions (Lewis, 2011; Nunes & Canavilhas, 
2020) as key actors that shape the innovation agenda in newsrooms and influence 
what constitutes journalism in relation to emerging technologies. Yet, while some 
literature has addressed how formal journalism education is changing with the 
increasing adoption of AI (Demmar & Neff, 2023; Wenger et al., 2025), the 
emerging role of educational initiatives, like the Academy, in shaping how 
journalists globally appropriate AI technologies has yet to be explored. 
 
This paper addresses this gap by examining how the Academy, as a site of 
domestication, intervenes in its participants’ domestication of AI. Empirically, we 
draw on participant observation conducted during the Academy in the autumn of 
2022 and follow-up interviews with participants, both immediately after the course 
and approximately two years later. The second round of interviews helped 
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elucidate the course’s long-term effects and address the emergence of Generative 
AI (GenAI) models46, as ChatGPT was released shortly after the course finished 
in 2022. Grounded in the empirical material, we identify four dimensions of 
domestication in which the instructors enact particular sets of practices and 
meanings around AI that, in turn, shape participants’ relationships to AI. Thereby, 
we contribute with empirical insights on how educational initiatives (1) intervene 
in the participants’ AI practices and (2) how the course discursively naturalises and 
depoliticises dominant understandings of AI and its inevitability. In doing so, we 
join scholarship that critically addresses the “constructedness” of dominant AI 
discourses (Bucher, 2017, p. 930; Suchman, 2023), and how these constructions 
intersect with economic, geographic, and cultural power relations in the global AI 
landscape, enabling us to capture how AI is at once a highly global, yet also always 
a situated phenomenon (Natale et al., 2025). 
 
Educational Initiatives as Sites of Domestication 
While work on technological domestication has traditionally focused on the home 
(Johannessen et al., 2023), the scope of enquiries has expanded over time to 
include institutional settings, such as schools (Martínez & Olsson, 2021) or 
workplaces (Mahnke, 2024), and, of particular interest for our purposes, IT courses 
(Hynes & Rommes, 2006). Studying IT courses aimed at helping disadvantaged 
users, Hynes and Rommes (2006) illustrate how such courses can actively influence 
domestication processes by changing the ways and extent to which their 
participants domesticate technologies. These findings underscore the importance 
of attending to influential actors when studying the adoption of new technologies 
across various contexts and highlight that domestication is a multi-actor and multi-
sited process (Johannessen et al., 2023; Sørensen, 2006). 
 
Emerging critical scholarship on AI has also identified online courses as crucial 
sites for studying the core assumptions and techniques that shape Machine 
Learning (ML) development, as well as the economic or political interests that 
motivate these courses (Heuer et al., 2021; Luchs et al., 2023). By studying the 
discourses in the course content, these studies show how online courses can 
reinforce particular understandings of ML, such as its universal applicability, while 
neglecting ethical considerations (Heuer et al., 2021; Luchs et al., 2023). In their 

 
46 Generative AI is generally defined as a specific “type of artificial intelligence technology that can 
create new content, such as text, images, audio, video, or other media, based on the data it has been 
trained on and according to written prompts provided by users” (Diakopoulos et al., 2024, p. 4). 
These models generally have a much lower barrier to use and are often available either for free or 
under licenses. 



 85 

study of ML courses offered by IBM and Google, Luchs et al. (2023) also find that 
the educational offerings are used to concentrate power in IBM and Google by 
directing participants toward their developer platforms (e.g., TensorFlow) and 
strengthening their ability to recruit new talent. 
 
In this paper, we build on and extend interest in online educational initiatives, 
engaging with the Academy as a particular site of domestication, where not only 
technical conceptions of AI but also their relation to the field of journalism are 
articulated and negotiated. The lens of domestication is useful because, whereas 
prior research on ML courses exclusively examined discourse, a domestication 
framework broadens our perspective to include participants’ actions and 
reflections during and after the course, thereby enabling us to understand the 
intervening effects of such initiatives. Domestication theory has furthermore 
proven productive in recent studies of GenAI, as it helps to tease out the 
collaborative nature of these domestication processes and the ambiguities and 
contradictions users face (Heuser & Vulpius, 2024; Mahnke, 2024).  
 

Domestication Theory: The Taming of “Wild” Technologies 

The notion of domestication traditionally denotes the taming of wild animals or 
nature (Swanson et al., 2018), but was later used in social studies of technology to 
describe the taming processes involved in technological adoption, where users 
appropriate, resist, and naturalise the use of new technologies (Berker et al., 2006). 
When domesticating technologies, users move from “seeing an artefact as radical, 
exciting, unfamiliar or possibly even dangerous, to seeing it as routine, mundane 
and an ordinary part of life” (Sovacool & Hess, 2017, p. 716). Domestication 
theory highlights how technologies are always actively adapted by users and 
embedded within their existing socio-material practices, whether in the home or 
specific work environments (Martínez & Olsson, 2021; Sørensen, 2006). 
Consequently, studies of domestication have challenged more deterministic 
accounts of technology adoption by demonstrating the sociomaterial negotiations 
and meaning-making practices surrounding the domestication of technologies, 
highlighting individuals’ agency in technology adoption (Sovacool & Hess, 2017). 
At the same time, these processes are always seen as conditioned by localised 
constraints and power relations, such as organisational hierarchies or power 
asymmetries between teachers and students (Martínez & Olsson, 2021), or course 
participants’ socio-economic resources, which, as Hynes and Rommes (2006) 
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demonstrate, affected the IT course’s effects in facilitating long-term 
domestication. 
 
On an analytical level, domestication processes are usually described as comprising 
different stages, most commonly appropriation, objectification, incorporation, and 
conversion (Berker et al., 2006). Appropriation refers to the pre-adoption stage, 
during which the user encounters the technology and ultimately decides whether 
to adopt it or not (Berker et al., 2006). This initial phase is shaped by processes of 
“commodification”, which describes both marketing efforts and instructional 
manuals, as well as other guidance that aims to contextualise the use of technology 
(Silverstone & Haddon, 1996). In the objectification stage, the user physically 
embeds the technology within their daily practices, while in the incorporation 
stage, its use is routinised within the social and cultural context (Berker et al., 2006). 
Finally, the conversion stage follows the technology’s full domestication and 
describes how it is used, for example, in outward self-presentation efforts (Berker 
et al., 2006). 
 
Studying “Commodification” Processes of Making AI 
Domesticable 
In this paper, we focus only on the initial stage of appropriation, as we examine 
how AI is “commodified” through the guidance offered in the Academy, and how 
that can both constrain and enable the capacity of consumers [i.e., participants] to 
define their own relationship to the technologies that are offered or confront them’ 
(Silverstone & Haddon, 1996, p. 45). Specifically, we analyse how AI is enacted as 
domesticable through particular sets of practices, and how these enactments rely 
on specific understandings of AI that demarcate particular boundaries for the 
participants’ “realistic” relations to AI, and thus shape participants’ subsequent AI 
appropriation. 
 
Crucially, the lens of domestication enables us to analyse how the course’s 
“commodification” of AI influences the attitudes and willingness of participating 
media professionals to adopt these technologies and highlight the ambiguities and 
trade-offs this use presents for them. Thus, allowing us to capture how the 
participants not only begin to “tame” the technologies to their use case based on 
the course’s guidance, but also how this, in turn, transforms their existing practices 
(Pinel & Svendsen, 2024). By studying the Academy as a site of domestication, we, 
therefore, gain an understanding of how such courses shape the global adoption 
of AI in the news sector, both locally by facilitating individual participants’ 
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domestication of AI and more broadly by advancing particular AI practices, 
grounded in dominant AI epistemologies. 
 

The Case: The JournalismAI Academy for Small Newsrooms 

The Academy is one of multiple initiatives organised by JournalismAI, which 
offers a wide variety of support, including materials, events, and spaces for 
knowledge sharing. The first version of the Academy was launched in 2021, with 
20 journalists from small newsrooms in Europe, Africa, and the Middle East 
(EMEA) participating. In the 2022 edition, 40 participants participated as part of 
the Americas and Asia-Pacific (APAC) cohorts. The Academy has continued to 
run in 2023, 2024 and 2025. Over the years, the course material and length have 
changed, for example, with the emergence of GenAI, but the themes covered 
remain similar (JournalismAI Academy, n.d.). 
 
In 2022, the course ran over eight weeks, with two 90-minute sessions per week. 
The first week was a kick-off week, during which the focus is on explaining the 
practicalities of the course and introducing participants to each other and the 
instructors. Similarly, the last week was a presentation and wrap-up week, during 
which participants presented the ideas they had worked on during the course and 
provided feedback. The six weeks in between were thematic modules with the 
following themes: “Key concepts & definitions”, “Applications of AI in 
journalism”, “Data & Technology”, “People & Culture”, “Risks & Concerns” and 
lastly “From ideation to implementation”. Each module was assigned one or two 
instructors, who produced the module’s content in the form of a 45-minute lecture 
and a 45-minute Q&A session in the first session, and a 90-minute workshop in 
the second. The two cohorts had different instructors, both to accommodate time-
zone differences and, as one of the programme managers explained, to include 
instructors from local contexts who could better address participants’ concerns 
(PROG2). Yet, most of the instructors came from large, well-known news 
organisations, such as the China Morning Post, HT Media, Bayerischer Rundfunk, 
Associated Press, La Nacion, The Guardian or The Wall Street Journal, who are 
well-experienced with AI. Others came from universities or smaller, but highly 
renowned, data and investigative journalism newsrooms, such as The Markup. The 
positionality of the instructors matters, as the epistemic location of those 
developing online courses tends to shape how the content addresses the problem 
at hand (Adam, 2020). 
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Methodology: An Ethnographic Enquiry into the Academy 

The paper draws on eight weeks of online participatory ethnographic observations 
(Spradley, 1980), conducted during the Academy in autumn 2022. Ethnography is 
described as a highly suitable method for studying the domestication of 
technologies, as it allows scholars to actively follow the entire process (Finch et al., 
2003), The Academy took place over Google Meet, which challenges classical 
ideals of ethnographic research that rely on a physical field site and in-person 
interaction (Howlett, 2022). However, as the Academy was natively online, 
participating online allowed us to understand the participants’ experience and how 
the particularities of the online environment shaped the interaction. 
 
The authors each followed one of the two cohorts, and during the sessions, both 
authors observed and took notes, while also participating in the discussions. Our 
role as researchers was announced to the participants via email before the course 
began, and we introduced ourselves during the kick-off47. The ability to see the 
lectures by the instructors and the following discussions and engagement with the 
exercises gave unique insights into not only how AI was presented, but also how 
the participants received it. The empirical insights gained, therefore, differ from 
those of previous studies on offline ML training programs, which employed either 
a quantitative method (Heuer et al., 2021) or a walkthrough method (Luchs et al., 
2023). The online participant observations were followed up with 15 semi-
structured interviews with participants from the two cohorts, three interviews with 
instructors, and a joint interview with the two programme managers of the 
Academy. The interviews were conducted in November and December, right after 
the course had finished, which allowed us to draw on the insights from the 
observations when formulating the interview guide. Additionally, we conducted 
eight follow-up interviews with prior interviewees among the participants in early 
spring 2025. For the second round of interviews, we recruited participants from 
the original 15 interviews. However, due to the two-year gap, recruiting 
participants was more challenging, as some, for example, had moved into other 
roles, resulting in fewer interviewees. We used different interview guides for the 
first and second rounds of interviews. The first interview guide focused on the 
immediate learnings gained through the Academy and the participant’s future 

 
47 Ethical approval for the research was obtained by the ethics committee at the University of 
Amsterdam. The participants were first emailed a description of the research project and offered the 
possibility to ask questions and to be excluded from the study [i.e., no notes to be taken regarding 
them]. Following this, individual consent was obtained using the survey tool Qualtrics, which the 
University of Amsterdam approves for this purpose. 
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plans for using AI. The second interview guide, instead, addressed the longer-term 
effect of the Academy, for example, how and why the participants were now using 
AI. An overview of the interviews is provided in Appendix B48. Beyond our 
collected empirical data, we had access to the written materials shared with the 
participants during the Academy and the recordings of all the modules, which were 
provided by the programme managers. 
 
All original interviews were conducted and recorded over Zoom, and then 
transcribed using Amberscript, an AI transcription tool. The second round of 
interviews was transcribed live using Zoom’s new AI-driven transcription option. 
The empirical data were analysed iteratively using a data-driven approach (Gibbs, 
2007). Both authors reviewed the transcripts and rewatched the module recordings 
to identify specific analytical themes and to validate quotes. Some of these themes 
were grounded in “ethnographic hunches” identified during the fieldwork (Pink, 
2021), whereas others emerged during this iterative reading. The same process was 
used for the interviews in 2025, with the difference that the existing thematic 
coding more directly informed this analysis. However, these interviews also led to 
the identification of additional themes that described the specific ways participants 
had domesticated AI and the value they gained from the Academy. Given the 
analytical focus, this paper primarily relies on observations from the course itself, 
while the participant interviews serve to establish how the course reshaped 
participants’ relations to AI and their subsequent use. 
 

Analysis: Four Dimensions of “Taming” AI 
Grounded in empirical data, we identify four distinct dimensions of domesticating 
AI, which involve (1) demystifying, (2) cultivating, (3) managing, and finally (4) 
appropriating AI. In analysing these four dimensions, we follow the course’s 
chronology. However, in practice and within the course, these dimensions 
overlapped and interrelated. To contextualise how the course shaped the 
participants’ domestication processes, we draw on participant interviews 
throughout. 
 
 

 
48 To protect the identities of those who generously shared their experiences with us, we have only 
listed the cohort and general roles of the participants and instructors. However, geographically, the 
interviewed participants are based in Ecuador, Colombia, the US, Paraguay and Argentina in the 
Americas and the Philippines, Malaysia, Singapore, Mongolia, Indonesia and India, with even more 
geographies represented in the Academy. 
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Demystifying AI: Making AI a Mundane Technology 
In September 2022, the 20 participants in the APAC cohort met online via Google 
Meet for the module on ‘Key Concepts and Definitions’. After some small talk, 
the instructor explained the objective for the day – and for the course in general: 
 

“So, my goal here is, first of all, to help understand and clarify the 
key concepts related to AI in journalism that will set a basis for 
the rest of the course, since this is the very beginning. I am also 
trying to help demystify some of the jargon. Also, my very 
important goal here is to help us develop a more critical 
perspective on AI and its limitations, and how journalists or news 
workers can work with it more responsibly. I would also like to 
throw in some caveats here, because, for example, by 
demystifying, it may also mean we are going to take some of the 
charms of AI because we have been hearing so much about AI, 
it is so cool, but maybe at the end of the day, you will feel like, 
ah, it is just like that, it is not that cool. But this is the goal because 
I want you to have a more realistic understanding of what AI and 
machine learning are” (APAC, Module 1). 

 
In this opening statement, the instructor described how the first step to using AI 
involves demystifying the language around AI to better understand what AI 
“really” is. Demystification describes the process of making something complex 
easier to comprehend. However, as the instructor also warns, demystifying AI 
might also take away its charms; it might disenchant AI. With this statement, the 
instructor alludes to enchanting discourses surrounding AI, which often invoke 
magic and mystery when describing its capabilities (Campolo & Crawford, 2020). 
Afterwards, the instructor presented a definition of AI: “Artificial intelligence is 
commonly defined as a computer system able to perform tasks normally requiring 
human intelligence”, while also noting that there is no single, agreed-upon 
definition of AI. This contextualisation was followed by a series of slides 
explaining concepts such as narrow versus general intelligence and weak versus 
strong AI, as well as more specific techniques, including supervised, unsupervised, 
and reinforcement learning, and different subfields of AI, including Natural 
Language Processing and Computer Vision. This introduction to the course 
illustrates how demystification was seen as the first step to facilitating AI use by 
re-establishing AI as a technical rather than fantastical object. 
 



 91 

Another common way the instructors demystified AI was through analogies or 
metaphors. One instructor described the AI pipeline as a recipe with specific steps 
to follow, emphasising the importance of data hygiene to prevent contamination 
(Americas, Module 3). Another used the metaphor of a car: 
 

“The way I like to think about artificial intelligence is really 
around the metaphor of cars, where artificial intelligence is the 
engine of the car, while the technology is the body, and the data 
is the gas that is fuelling the car. Basically, the body you have to 
build once and then you have to maintain it all the time as it gets 
older or it needs to be upgraded, but the data, the gas, is what 
needs to feed the engine constantly” (APAC, Module 3). 

 
These analogies made the often highly complex process of building AI systems 
more graspable to the participants, and many described how their perception of 
AI changed throughout the course. One noted that the course helped to 
“deconstruct the monster” and view AI as “a tool that you can teach some things 
and then it applies it rather than something very complex and sophisticated” 
(PAR1). Others similarly noted that they had been surprised by how AI was not 
nearly as complex as they thought (PAR12) or as scary as the movies made it out 
to be (PAR4). These different ways of demystifying AI, therefore, served an 
important domesticating function by enabling participants to develop a more 
workable, mundane relationship with the technology – what Willim (2017) has also 
called processes of mundanisation. Such processes are necessary for users to 
engage with technologies as part of their everyday practices, but they also always 
entail highlighting certain aspects of the technology while ignoring others (Willim, 
2017). Here, this mundane relationship hinged on downplaying the technical 
complexities of AI systems by focusing only on their underlying technologies and 
simplifying the processes required to develop and run them. One instructor also 
directly noted how technical knowledge is not needed to work with AI: “For 
basically most of it [i.e., AI use], you do not need to know how to code or to 
understand the minutia of different machine learning algorithms” (Americas, 
Module 1). This statement further solidified a more realistic relationship with AI, 
as it addressed participants’ concerns about the technical nature of AI. During the 



 92 

kick-off week, many participants expressed a desire to learn to use AI without 
coding, yet many also feared this was not possible (Kick-off, APAC)49. 
 
Through this initial demystification of AI, the instructors alleviated participants’ 
fears about AI and positioned them as potential users. Yet the course also 
constructed their ability to act on these technologies as contingent upon a 
mundanisation that ignores the deeper technical complexities of AI. Instead, 
foregrounding an understanding of AI as a technology that can realistically be used 
without requiring technical expertise. Such understandings have previously also 
been advanced by Big Tech actors such as Google (Luchs et al., 2023) and in ML 
courses (Heuer et al., 2021) in efforts to facilitate immediate engagement with AI 
development tools. While this demystification of AI was vital in initiating the 
domestication of AI by redefining participants’ relationship with AI, making them 
see themselves as AI users, we also later see how the particular construction of 
them as non-technical users constrained how participants could domesticate AI. 
 
Cultivating AI: Approaching AI as a Solution to a Journalistic 
Problem 

 
“On the screen is a picture of two TV screens: on one side, an 
image of a chessboard, and on the other, a man defeatedly 
holding his head while looking down. The instructor explains that 
this is a famous image of when the AI application Deep Blue beat 
the reigning Grandmaster in chess, Kasparov, noting: ‘You see 
people are watching in awe and the entire world was amazed 
because this is a computer application beating a human” (APAC, 
Module 2). 

 
The instructor began his lecture in the second module with this example of the 
famous chess match between Deep Blue and Kasparov, highlighting the AI 
systems’ awe-inspiring achievements. He then showed an image of AlphaGo 
beating Chinese grandmaster Ke Jie at Go without ever having learned the rules, 
but simply by “watching” thousands of matches. These matches have been a 
central part of the mystifying narratives around AI by staging AI as a spectacle and 

 
49 A fear that might strike some readers today as somewhat antiquated, given the contemporary 
ubiquity and accessibility of AI tools that do not require coding skills. At the same time, as this study 
highlights, it is important to keep the distinction between merely accessing tools and actively making 
them work specifically for journalism in mind, as they require a very different set of skills. 
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showcasing its beyond human power (Campolo & Crawford, 2020). Presented at 
the Academy, these examples almost reenchanted AI by demonstrating how these 
systems can solve highly complex tasks that exceed human capabilities. 
Throughout the course, the instructors also provided examples of how they used 
AI to enrich journalistic work in quite revolutionary ways. One, for example, 
highlighted how the AI had made it possible to, for example, “look” through 
thousands of pictures of the Amazon Forest (Americas, Module 3), while another 
had used AI to summarise content into “snack sizes” for the audience, resulting in 
higher user impressions (APAC, Module 2). 
 
While these examples demonstrated that AI can be valuable for journalism, the 
instructors emphasised that its value depends on how it is applied. As one 
instructor explained: “AI is not a hammer; if you have a hammer, everything looks 
like a nail. Figure out what your problem statement is and apply the AI. Then AI 
will always work for you” (APAC, Module 2). Others emphasised the importance 
of always starting with a journalistic problem rather than a technological one 
(APAC, Module 1) or using the newsroom’s mission when deciding whether AI 
might be a good solution to a problem (APAC, Module 4). Through this 
representation, the instructors highlighted another central aspect of the 
domestication process: the cultivation of technologies (Pinel & Svendsen, 2024). 
More importantly, these proposed cultivation strategies emphasised that AI itself 
has no value; value is created only through its appropriate application to 
journalistic problems. Consequently, the instructors upheld an understanding of 
AI as a universally applicable technology (see also Heuer et al., 2021; Luchs et al., 
2023), emphasising that cultivating AI hinges on the selection of the problem to 
be solved, rather than the technology. This framing of how to cultivate AI 
technologies also induced a shift in perspective among the participants, one noted: 
“The biggest takeaway I had was that you should think about the issues that you 
currently have and consider if AI is something that can help you” (PAR10). 
Another participant highlighted that the course taught her that AI technologies are 
neither inherently good nor bad for journalism. Rather, their impact depended on 
their application and the people who developed them (PAR3). 
 
The instructors also provided more concrete guidance on identifying appropriate 
AI use cases. In the Americas cohort, the two instructors explained how 
participants should pick “simple” problems where they could quickly test to see if 
the solution had value (APAC, Module 2) and “think about a repetitive task that 
you could take off your plate every day” (Americas, Module 2). The perceived 
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possibilities for participants were therefore tied to routine tasks and to specific 
ideas about what value could be cultivated via AI, namely, efficiency in daily 
operations. These use cases tended to contrast with the already mentioned more 
revolutionary applications of AI presented by the instructors (e.g., as part of 
storytelling). After the course, many participants also primarily envisioned AI 
adding value to their work by automating tedious tasks, such as transcription, 
thereby freeing up time for other activities (PAR11; PAR14). Although some 
participants hoped to use AI to tell more complex stories as part of investigative 
projects (PAR6; PAR7) or to enrich articles with imagery using image generators 
(PAR3). Providing concrete guidance on how to cultivate AI technologies was, 
therefore, crucial in establishing a starting point for the participants’ further 
domestication process, as this enabled them to consider concrete applications of 
AI they could use in their own practices. Yet, the ways in which the instructors 
guided the participants toward certain problems that AI could solve for them 
influenced both what the participants considered realistic problems and what value 
they found could be cultivated from AI, narrowing the scope to efficiency gains 
over other journalistic objectives, such as storytelling. This type of steering, as we 
will see next, was tied to considerations around the resources available to the 
participants. 
 
Managing AI: Navigating the complexities and dilemmas of 
AI usage 
In the modules, the instructors spoke from their experience building and working 
with AI systems in their predominantly large and, by comparison, well-resourced 
newsrooms. When providing examples from their own practices, they highlighted 
the laborious work involved in building and maintaining AI systems: “You need 
data. You need data that speaks to different systems. You need everything 
interconnected. You need people at the same table. That is completely new work 
(…). And technology is only one puzzle piece of the answer” (APAC, Module 4). 
Another instructor emphasised the different skill sets needed: “You need not only 
someone who can do modelling, someone who can consolidate and clean the data, 
someone to deploy models into your servers. All these tasks require a different 
type of skill and knowledge” (APAC, Module 3). Where prior enactments of AI 
had downplayed its technical complexities to emphasise participants’ ability to 
adopt AI technologies, these descriptions of the work involved in developing AI 
painted a very different picture, in which technical expertise, along with a variety 
of skill sets, was necessary to manage AI’s technical complexities. Domesticating 
AI, therefore, necessarily involves managing such complexities. However, 
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instructors also emphasised that this management task need not fall to the 
participants themselves – instead, this responsibility could be outsourced to 
vendors or developers of AI solutions. 
 
During the Academy, the instructors urged the participants to work with 
established AI vendors if they wanted to develop AI systems. As one instructor 
explained: “They [i.e., AI vendors] will manage the infrastructure behind the 
model, and you simply plug your own data source” (APAC, Module 3). Equally, 
working with vendors would allow participants to set up a service agreement to 
maintain the systems once they are deployed (Americas, Module 2). However, 
working with vendors was recognised as expensive and potentially out of reach for 
small newsrooms. In this case, the Americas instructors urged that if you are “a 
newsroom that is cash-strapped”, then the best option is “to see if there is anything 
applicable in terms of open-source or low-cost off-the-shelf tools” (Americas, 
Module 2). The participants recognised this problem, for example, noting the lack 
of economic resources (PAR1; PAR3) and that most AI solutions are priced in US 
dollars, which made them even more expensive in their local currencies (PAR2; 
PAR11). 
 
While off-the-shelf or open-source tools were presented as viable alternatives for 
the participating newsrooms to manage the complexities of AI technologies, the 
instructors also addressed the downsides of this approach. Namely, that 
newsrooms would have less customisability and control over the tool’s specific 
workings (APAC, Module 5; Americas, Module 5). Control was considered 
important to ensure the responsible use of the technologies and to catch potential 
errors (Americas, Module 3; Americas, Module 5). The risk of error was described 
as potentially having severe consequences for journalists: “If they discover you are 
wrong because of an error in the data, you will be discredited as a journalist, which 
is a lot worse” (Americas, Module 3). The participants were also aware of the 
limited customisability that often comes with off-the-shelf solutions (PAR8; 
PAR11), and while customisability was not always a must, it was highly desired: 
“So it varies from tool to tool. But in an ideal scenario, given a choice, I would 
always want customisation” (PAR11). 
 
Many participants also expressed unease about using Big Tech platforms, such as 
Google, while recognising the need for free tech solutions, for example, in 
audience analytics (PAR1; PAR5; PAR6). Some expressed that there were not 
many alternatives to the big players, and using their applications was more out of 
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“desperation” as they wanted to use the best technologies available (PAR7). 
However, as one noted, “sometimes the best technology may not be run by the 
most ethical company” (PAR4). These quotes illustrate some of the unease and 
dilemmas participants were already experiencing using available free digital tools, 
which could be further intensified when relying on openly available, particularly 
off-the-shelf, AI tools. Participants would at times raise these concerns during the 
Academy, and while they were recognised by the instructors, who themselves 
described avoiding, for example, using Google tools in sensitive investigations 
(Americas, Module 3), they rarely discussed actual strategies for managing these 
dilemmas within the course. The participants’ domestication of AI was, therefore, 
enacted as dependent on these free or cheap tools, making such ambiguities and 
trade-offs an inevitable constraint of domestication. The lack of engagement with 
these problems during the course, furthermore, contributed to representing these 
concerns as “untamable” aspects of AI domestication, as a condition of using 
available AI technologies. 
 
Appropriating AI: Becoming a “Flagbearer” to the Cause 
During the final week of the Academy, the participants presented their respective 
“Playbooks for AI Adoption”, which were grounded in a template provided by the 
programme managers. The participants were encouraged to use the playbook to 
“develop a strategic action plan for the adoption of AI technologies in your news 
organisations” (Quote from template). In this playbook, participants described 
exactly how they would bring one or more AI technologies into their newsroom. 
At the end of the course, their role shifted from learning to domesticate AI to 
becoming active domesticators. This shift not only entailed choosing whether or 
not to appropriate specific technologies themselves but also facilitating cultural 
change in the newsroom, as one instructor explained: 
 

“(…) One of the things that has worked out very well for us [i.e., 
the newsroom] is to demystify AI, and that is what this group is 
doing. Now that is what you need to do as flagbearers to the cause 
within your organisations” (APAC, Module 3). 
 

By the end of the course, the participants were ready to embrace their new roles 
as “flagbearers”. Many had identified specific projects they wanted to propose in 
their newsrooms and expressed that the Academy gave them the confidence to 
now plan AI projects within their newsrooms (PAR1; PAR6; PAR7). Others also 
looked forward to spreading their knowledge within their organisations to help 
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their colleagues use AI (PAR10; PAR12; PAR14). Consequently, the Academy 
succeeded in intervening in the domestication process by reshaping participants’ 
relationships with AI, enabling them to identify ways to incorporate AI into their 
everyday practices and feel confident in sharing their newly gained knowledge 
within their newsrooms. 
 
Through follow-up interviews two years later, we gained insight into whether the 
participants – and their newsrooms – had, in fact, decided to use AI after the 
course. We learned that the participants had all integrated AI tools into their 
everyday practices, also in response to the launch of ChatGPT in the autumn of 
2022. Everyone mentioned using ChatGPT, Claude, Gemini, and other – often 
free or low-cost generative models – for a variety of tasks, such as to “bounce 
ideas off” or to find a good angle (PAR8). Others described how they used 
generative models to summarise research and reports to identify potentially 
newsworthy topics (PAR3; PAR4; PAR7), or to transcribe, copy-edit, and correct 
grammar (PAR3; PAR4). For the latter, some also described using other available 
AI tools, solely developed for these purposes. While these generative models were 
not part of the curriculum of the Academy, the participants described being able 
to use the Academy’s insights in their efforts to domesticate these tools: “Luckily, 
the course was less focused on the sort of practical use of these tools and more 
here is the sort of framework that you need to have going into using these types 
of tools” (PAR8). Another compared the course to civic education, which provides 
a general sense of how to act morally, noting that the foundational understanding 
of AI gained through the course meant she had “(…) that critical background 
understanding, knowing this is how I should approach it” (PAR4). Specifically, 
they described how this impacted their use of these tools, as they employed 
different mitigation strategies to address flaws in these systems, such as always 
double-checking sources, due to known issues with hallucinations (PAR4; PAR7; 
PAR8). One participant remarked how, following the instructor’s advice, he would 
always reflect on whether he could ‘defend’ his use of AI: “(…) how would I 
explain it and make it seem like a rational decision as opposed to a sort of lazy 
choice” (PAR8). 
 
In the long term, the Academy, therefore, also shaped how participants 
domesticated a variety of AI technologies, giving them confidence that they could 
use them appropriately without compromising their journalistic integrity. 
However, through the follow-up interviews, it also became evident that few 
participants had explored AI beyond off-the-shelf tools, and they had primarily 
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focused on using them for efficiency gains, thereby generally staying within the 
possibilities of domestication enacted within the course. Only one participant had 
secured a grant to develop an in-house tool (PAR10), while another, who had 
moved to a bigger newsroom, now imagined the possibilities of in-house 
development (PAR6). Two participants with more technical backgrounds had also 
experimented with locally training GenAI models (PAR7) or building upon open-
source solutions (PAR5), indicating how technical skills and resources remain 
central to expanding the domestication of AI beyond use to actively developing 
and adapting AI systems towards journalistic needs and practices. 
 

Concluding Discussion: Domesticating or Domesticated? 
This article examined the JournalismAI Academy as a site of technological 
domestication, which, through its “commodification” of AI, intervenes in the 
participants’ understanding and use of AI. We identified four central dimensions 
of domestication: (1) demystifying, (2) cultivating, (3) managing, and (4) finally, 
appropriating AI. For each dimension, the Academy’s instructors enacted AI 
through specific sets of practices and meanings, which, in turn, shaped 
participants’ relationships to AI and their subsequent AI appropriation. By 
analysing these four dimensions, we see how the participants’ domestication of AI 
is contingent on particular understandings of AI, such as it being a “non-expert 
technology” and universally applicable. Furthermore, we see that what becomes 
an “appropriate” application of AI for the participants is enacted in ways that 
foreground particular AI practices over others, often in contrast to those favoured 
by the instructors. Consequently, these contrasting enactments of AI as 
(un)domesticable make visible the different power asymmetries that intersect with 
AI domestication, namely between small and large, and between the global North 
and South. While the Academy actively aims to mitigate these asymmetries and the 
market divides they engender, their effects were rarely addressed beyond their 
limiting effects on participants, for example, when participants raised particular 
ambiguities or dilemmas arising from AI use. Consequently, such “tough choices” 
and limitations ultimately came to appear as part of the reality of using AI, rather 
than as something to be challenged. From the analysis, we gain several insights 
into how the course intervened in the participants’ domestication processes in 
specific ways and how this intervention has potentially unforeseen and adverse 
effects. 
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First, the study demonstrates that the Academy shaped participants’ future use of 
AI by shifting their mindsets and increasing their confidence in applying AI to 
journalistic work, which ultimately influenced their later decision to adopt AI tools. 
Although the release of ChatGPT in November 2022 and the subsequent surge in 
readily accessible GenAI models limit how far we can attribute these changes solely 
to the Academy, participants actively described the programme as a significant 
influence on their engagement with both existing and emerging AI technologies. 
Yet, both the immediate and long-term use of AI technologies, as forecast by the 
instructors, remained highly dependent on participants’ access to resources, 
making them predominantly reliant on open-source or low-cost tools. Our study 
thus aligns with Hynes and Rommes (2006) findings by highlighting that, while 
courses can actively intervene in domestication processes, their effects vary 
depending on participants’ socio-economic resources, thus limiting their impact 
on structural inequities and their capacity to mitigate, for example, existing 
economic and infrastructural power imbalances across the global North/South 
divide and specifically in this case between small and large newsrooms. 
Consequently, the paper surfaces how the global domestication of AI is always 
embedded in and conditioned by the local, cultural context of use (see also Natale 
et al., 2025). 
 
Second, the ways in which AI was enacted as inherently domesticable, even with 
significant limitations for the participants, uphold a sense of inevitability. That is, 
the domestication of AI is understood and portrayed as central to progress in the 
news sector, even at a cost. In doing so, the Academy naturalises the use of AI 
within journalism in ways that reify dominant and highly problematised discourses 
around AI as a non-expert and universally applicable technology (Heuer et al., 
2021; Luchs et al., 2023), while maintaining its promises of efficiency gains 
(Schaetz & Schjøtt, 2025). Heuer et al. (2021) argue that upholding such 
“misconceptions” about AI can lead to underinformed applications that create 
unforeseen harms. Furthermore, perpetuating such discourses can negate and 
potentially depoliticise discussions of, for example, the structural inequalities or 
the adverse effects of AI technologies can have across diverse cultural contexts 
(see also Hougaard & Christiansen, 2025; Luchs, 2023). The particular enactment 
of AI as domesticable in the Academy, thus, risks invisibilising alternative 
problematisations or counter-imaginaries of AI (Ananny & Karr, 2025; Kazansky 
& Milan, 2021), negating considerations of alternative paths or epistemologies 
from the South (Milan & Treré, 2019), or standing in the way of productive 
moments of resistance and refusal against dominant AI use (Dodds, 2024; Milan, 
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2024). Such effects can thus become unforeseen and unintended “side-effects” of 
the ambition to help participants start using AI. Swanson et al. (2018) also highlight 
how “classic” domestication narratives that emphasise mastery, such as what we 
saw in the Academy, tend to negate alternative, more marginal approaches to 
domestication. 
 
Future iterations of the Academy could consider providing more space for 
alternative approaches to domestication by, for example, productively engaging 
with the ambiguities and contradictions that participants face50. One way forward 
toward this goal could be to further consider the diversity of instructors – 
something that was already part of the programme managers’ considerations – 
because, as Adam (2020) shows, educators’ epistemic positions are highly 
influential for how they tackle particular problems. While the instructors were 
highly praised by the participants for their advice and chosen for their unique 
expertise in AI, they generally spoke from a very different position than the 
participants, as they do not face the same constraints, making it difficult for them 
to provide guidance on the participants’ localised experiences. 
 
Finally, as domestication is always a mutually constitutive process in which “the 
domesticator shapes the wild, and the wild shapes the domesticator” (Pinel & 
Svendsen, 2024, p. 432), the naturalisation of AI usage and its structural inequities 
raise the critical question of the wider effects of educational initiatives like the 
Academy. Whether they enable their future domesticators of AI technologies to 
actively shape the “wild” [i.e., AI], or whether the wild, in fact, will mainly shape 
the domesticators. As generative models – and AI models more broadly – are 
highly culturally shaped and value-laden, participants’ use of mainly English-based 
models grounded in Western values can have longer-reaching effects on global 
journalism practices, by, for example, shaping specific ways of reporting and 
determining what stories are considered newsworthy. The reliance on readily 
available tools might also further contribute to emerging problems, such as the 
increasing platformisation of journalism through growing dependence on 
infrastructure and, now, AI providers, which might minimise newsrooms’ ability 
to control their news production and distribution (see also Poell et al., 2023; 
Simon, 2022). We hope to see future research address these questions and 
investigate the motivations of particular institutional actors and their funders in 
advancing such narratives (see also Luchs et al., 2023). 

 
50 As we did not observe later iterations of the Academy, we cannot account for whether this has 
already become more prominent in later cohorts. 


