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4 AI Hype and its Function  
AN ETHNOGRAPHIC STUDY OF THE LOCAL NEWS AI INITIATIVE 
OF THE ASSOCIATED PRESS 
 
 

Abstract 
Economic precarity and the competitive environment of the news industry have 
resulted in pressures for news professionals to become early adopters and foster 
AI in journalism. At the same time, practitioners have voiced concerns over 
overblown expectations of AI and ethical challenges specific to journalistic 
contexts. Against this backdrop, this study asks: What function do expectations 
serve in realising journalistic AI projects in small newsrooms and with what 
implications? Empirically, we draw on eight months of ethnographic fieldwork 
following the Associated Press’ efforts to develop AI tools for five local 
newsrooms in collaboration with data scientists from U.S. universities. Previous 
research has conceptualised AI hype as the gap between possibilities and realities 
or as a form of stimulation, amplification, and magnification. This study examines 
hype through a theoretical lens of a sociology of expectations. It understands hype 
as a cultural resource that coordinates actors and mobilises resources that can be 
strategically leveraged. Instead of painting news professionals caught in between 
AI hype with little power or as uncritical actors, this study sheds light on the 
complex role of their involvement and investment in shaping expectations around 
AI. 
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Introduction 
As news organisations increasingly adopt Artificial Intelligence (AI)51 tools for 
journalistic pursuits, news professionals are challenged to walk a fine line. 
Economic precarity and the competitive environment of the news industry have 
resulted in pressures for news professionals to become early adopters and foster 
AI in journalism. At the same time, practitioners have voiced concerns over 
overblown expectations of AI and ethical challenges specific to journalistic 
contexts (e.g., Foroohar, 2024; Herman, 2023; Silverberg, 2024). Many have 
referred to inflated expectations as creating an “AI hype” or “AI panic” that rushes 
news professionals to deploy AI in an unreflected manner (Brennen et al., 2018). 
News organisations themselves have also been criticised for “feeding the AI hype 
machine” (Silverberg, 2024) by uncritically covering the industry developments of 
AI. In this paper, we draw on the sociology of expectations to investigate the 
generative capabilities of expectations and how representations of desired or 
envisioned futures can have concrete effects in the present (Borup et al., 2006). In 
doing so, we also draw inspiration from this work’s connection to Science and 
Technology Studies (STS) (Brown and Michael 2003). We intentionally put a 
conceptual focus on expectations as opposed to hype to move beyond binary 
thinking of real promises and falsely inflated ones, which the notion of hype tends 
to rely on (Cave & Dihal, 2019). In doing so, we aim to acknowledge that 
responding to technological innovation inevitably requires navigating expectations 
of a future that is usually difficult to predict (Goldfarb & Kirsch, 2019). 
Expectations are an important aspect in innovative processes to focus on precisely 
because, in many cases, they cannot be so neatly sorted between “unrealistic” and 
“probable.” A sociology of expectations approach then aids us in recognising 
expectations as “fundamentally ‘generative’”, and allows us to examine how 
expectations “guide activities, provide structure and legitimation, attract interest 
and foster investment” (Borup et al., 2006, pp. 285–286). We, therefore, aim to 
investigate how news professionals engage in “anticipation work” (Steinhardt & 
Jackson, 2015) as they navigate, use, and contribute to expectations around AI, 
what the aim of these efforts is, and how news professionals’ visions of the future 
shape material outcomes. Specifically, we ask: What function do expectations serve in 
realizing journalistic AI projects in small newsrooms and with what implications? 
 

 
51 In this paper, we approach AI as “a collection of ideas, technologies, and techniques that relate to 
a computer system’s capacity to perform tasks normally requiring human intelligence” (Brennen et 
al., 2018, pp. 1-2). 
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Empirically, we draw on fieldwork conducted with the Associated Press’ (AP) 
Local News AI initiative, which aims to provide training and help build AI tools 
for small newsrooms in the US (AP, 2024). By following how the program 
managers initially established the AI initiative within AP, how the specific AI 
projects unfolded, and what was presented at the following promotional webinars, 
we gain insights into how expectations around AI play a key role in coordinating 
actors and mobilising resources to produce concrete change in the media 
landscape. Findings show how anticipation work entails both building 
expectations and then managing them to ensure that they are being perceived as 
successful. This presented a core dynamic in realising AI projects that would 
otherwise be unattainable for the newsrooms. The actors relied on the 
“interpretative flexibility” (Pinch & Bijker, 1984)52 of technologies to actively 
forward different interpretative frames around AI to achieve this aim. The study 
contributes to the current literature by bridging insights from the sociology of 
expectations and journalism studies in the context of journalistic AI. It 
demonstrates how expectations can be understood as a cultural resource that can 
be turned into economic capital, but also presents constraints for those who tap 
into them. With this approach, we aim to challenge both narratives that paint news 
professionals as victims of hype or as uncritical actors by showing how 
expectations can be strategically leveraged to redistribute resources productively 
in the AI landscape and provide new forms of capital for actors with precarious 
conditions. At the same time, we discuss some of the implications of the future-
making practices around AI in journalism and how they contribute to long-lasting 
sociotechnical transformation in media that obscures alternative journalistic 
futures. 
 

Technological Hype in Journalism and How It Has Been 
Studied 
In an interview with tech journalists Kara Swisher and Scott Galloway, Döpfner, 
the CEO of the media company Axel Springer SE, described the potential of AI 
in journalism: “AI can do all the boring work, and then journalists can go out and 
do what they’ve always done, observe the world, go somewhere and do 
investigative work, go [do] something very unconventional, do the interesting part 
of journalism. We can allocate money towards that” (Swisher & Galloway, 2023). 
Such promises are not new. Since the idea of automating the news first emerged 

 
52 Interpretative flexibility originates from the field of STS, particularly from the work on the Social 
Construction of Technology (SCOT), forwarded by, among others, Trevor Pinch and Wiebe Bijker. 
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around the 2010s, automation has been heralded as a solution to journalism’s 
problems. News organisations hoped that automation would free up journalists 
from routine tasks, allowing them to focus on more sophisticated aspects of 
journalistic practice that would ultimately improve journalistic quality (Linden, 
2017a; van Dalen, 2012), provide new forms of business models and revenue 
streams and support an industry that continues to be in economic crisis (de-Lima-
Santos & Ceron, 2021). However, it remains unclear whether those gains are, in 
fact, realised. Moreover, we know very little about whether freed-up resources 
would actually be reallocated to in-the-field reporting and investigative journalism, 
as suggested by Döpfner, or if changes in news production will lead to decreased 
staffing levels or an expectation for journalists to produce news content more 
quickly and in larger volumes. As New York Magazine writer John Hermann 
cautions: “In a moment where many newsrooms are suffering crises of distribution 
and revenue – problems for which generative AI offers no obvious help – the 
most obvious use for any form of automation is cost reduction” (Herman, 2023). 
 
Technological hype in journalism is entangled with specific narratives of an 
industry in crisis that has characterised journalism for many years. Emerging 
technologies have, for instance, long been connected with utopian narratives that 
shape the reception and expectations of technological advancement (Anderson, 
2013; Hartley, 2011) and have contributed to a tendency towards technological 
solutionism or fetishisation in journalism (Schaetz et al., 2024; Schjøtt & Hartley, 
2024). These utopian visions are generally mirrored by more dystopian accounts 
of the threats posed by these technologies (Hartley, 2011; Martín, 2023). Similar 
tendencies can be found in academic research. Following the advent of the internet 
and the move to online journalism, Domingo (2008), for example, identified three 
different phases of scholarship, starting with utopian hypotheses of the potential 
of the technology and empirical investigations of whether these potentials were 
pursued by the newsrooms. These initial studies showed that the possibilities of 
the internet were very limitedly implemented, which led to a shift to focus on actual 
newsroom practices. Finally, in the third phase, more critical and sociological 
studies of the effects of the technologies began to emerge (Domingo, 2008). In 
the context of AI, Anderson (2013, p. 1007) also early on criticised scholars for 
their “internalist tendencies,” as they mainly studied AI from the perspective of 
the journalistic profession while focusing on the new possibilities of the 
technology. Since then, much of the scholarship that followed has explored AI in 
the context of journalism with a predominant focus on the concrete practices in 
the newsroom and how AI is changing routines or how journalists view AI. Some 
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of these studies also, if only partially, address the question of technological hype 
by (1) highlighting how these emerging technologies lead to reinterpretations of 
what journalism is (Carlson, 2015; van Dalen, 2012; Young & Hermida, 2015), by 
(2) demonstrating the fear or pressure experienced by journalists of having to 
constantly catch up with new technologies (Ahmad et al., 2023), and (3) examining 
the production of new forms of cultural and economic capital (Møller, 2023a; 
Usher, 2017; Wu et al., 2019a). 
 
The current studies on AI in journalism have thus focused more on the perceived 
effects of hype by studying the entrance of technologies into the newsroom and 
its impacts on individual journalists or by examining the dependencies that this 
reifies. In this paper, we take a different approach by focusing on the function of 
hype. In doing so, we highlight its generative function and examine the 
management of expectations hype requires. The study follows a critical 
sociological approach to study the phenomenon of AI hype by drawing on the 
sociology of expectations to address what is at stake when journalists and media 
organisations partake in the making of technological futures. AI hype is particularly 
important to understand in the context of journalism, due to journalists’ 
conflicting relationship with emergent technologies. Journalists, in their watchdog 
role, need to provide adequate scrutiny of new technological developments to 
ensure that the public remains well-informed and can make a critical assessment 
of the impacts of technologies on society. At the same time, news organisations 
are expected to respond to technological change and economic challenges by 
innovating (Pérez-Seijo & Silva-Rodríguez, 2024; Pettersen & Krumsvik, 2021), 
which, specifically in the context of AI, has made them increasingly dependent on 
the tech corporations that they are reporting on (Simon, 2022). To explore the 
specific dynamics at play in building expectations, we turn to the sociology of 
expectations. 
 

A Sociology of Expectations 
Hype is a core dynamic in inflating expectations around new technologies and has 
been studied as part of the field of sociology of expectations (see e.g., Brown, 2003; 
Brown & Michael, 2003). More broadly, STS scholars have used the sociology of 
expectations as an approach to study how stakeholders construct visions of the 
future in the context of technological and scientific development. This theoretical 
lens recognises innovation practices as a “future-oriented business” that is 
concerned with the creation of new opportunities and capabilities (Brown, 2003; 
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Brown & Michael, 2003). Expectations here are not understood as merely 
descriptive statements of the future but as future-oriented abstractions that “do 
something”. That is, expectations are generative, they create and shape the present 
(Borup et al., 2006). Concretely, expectations play a key role in the coordination 
of actors and (professional) communities, they are foundational in mobilising 
resources and can help to structure and legitimise emerging innovation processes 
(Borup et al., 2006, p. 285). Borup et al. (2006) highlight how expectations can be 
generative on different levels and serve different purposes. On the macro level, 
expectations are leveraged to influence policy. On the meso level, expectations 
motivate and guide the mobilisation of resources at the level of sectors and 
innovation networks, and, at the micro level, expectations mobilise individual 
professional groups or single workers (Borup et al., 2006). The nature of 
expectations varies – they can range from being collectively held by a large number 
of actors in the form of generalised, taken-for-granted ideas about the future, to 
specific predictions made by individual stakeholders (Konrad, 2006). Notably, 
expectations are dynamic and might change over time and in response to new 
information or new conditions (Borup et al., 2006). Therefore, it is important to 
pay attention to the situatedness of expectations, as they can play different roles in 
different contexts and communities (Brown & Michael, 2003). To explore how the 
AP engages in future-making practices, we pay analytical attention to what 
Steinhardt and Jackson (2015) have called anticipation work53, namely the situated 
“practices that cultivate and channel expectations of the future, design pathways 
into those imaginations, and maintain those visions in the face of a dynamic world” 
(Steinhardt & Jackson, 2015, p. 443). This brings attention to how situated actors 
navigate AI promises, fears, and capabilities. 
 
This shift in perspective is important because the notion of hype often assumes a 
gap between possibilities and realities (Cave & Dihal, 2019). Similarly, a realist view 
on expectations makes a distinction between expectations and “the ‘real’ 
underlying fundamentals or worth of something” (Borup et al., 2006, p. 289). 
According to this view, hype is produced because people start investing in 
expectations and not fundamental realities. Hence, a hype bubble bursts once the 
differences between what is real and what are artificially inflated expectations 
become “inescapably obvious” (Borup et al., 2006, p. 288). However, this 
understanding not only assumes a measurable gap between expectations and reality 
but also that the truthfulness of claims about the future can be known before 

 
53 See also Ananny and Finn (2020) who have used this concept previously in the context of 
journalism to discuss a wider change in the temporal nature of journalistic work. 
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technological change and is fully realised (Borup et al., 2006). It also assumes that 
the realisation of expectations is experienced and interpreted in the same way by 
everybody. However, expectations can be met in one setting or for certain groups, 
while simultaneously failing others. This connects to what Pinch and Bijker (1984) 
call “interpretative flexibility”, which describes how technological artefacts are 
culturally constructed through the interpretations of different social groups, which, 
in turn, shape how technologies are further developed. Through their 
interpretations, social groups, for instance, construct the problems that technology 
is meant to address. Such interpretative practices can be entangled in power 
relations, as some actors can have more agency to be interpretative agents. In 
studying the anticipation work undertaken by the AP, we see project managers as 
key interpretative agents and explicate how the “interpretative flexibility” of AI is 
not only actively used to harness expectations but also to manage them. 
 

The Case 
The Associated Press is a unique news organisation, both in sheer size and in its 
influence on the wider industry. The AP is a not-for-profit cooperative news 
agency that produces and provides news reports and tools to its members. With 
235 news bureaus in 94 countries, the organisation is a global, resource-rich player, 
while encompassing a large number of small, local newsrooms54. As the biggest 
news organisation worldwide, AP has a high cultural capital to shape discourses 
and practices on an industry level with global reach. Such impacts have previously 
been illustrated by another influential player in the journalism field, namely the 
Knight Foundation (Lewis 2012), which funded AP’s Local News AI Initiative. 
The AP has a long tradition of shaping journalistic norms, for example, via the AP 
Stylebook, which is widely used for journalistic practice. Further, the AP has 
historically been an important player in networked innovation and news 
distribution. Most notably, the AP launched its Wirephoto Service as early as 1935 
to distribute news photographs via telephone lines, which gave the AP a critical 
market advantage and forced competing news organisations to develop their own 
systems (Coopersmith, 2000). Regarding AI, the AP stands out as the first news 
organisation to sign a licensing deal with OpenAI, allowing the company to use 
the organisation’s news articles to train their model. In contrast, other large news 
organisations, such as the New York Times, sued the company for copyright 

 
54 “AP by the Numbers”. Associated Press. Archived from the original on March 21, 2024. Retrieved 
March 21, 2024. 
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infringement in 2023 – the same year in which AP struck its licensing deal with 
OpenAI (Grynbaum & Mac, 2023). 
 
The observed Local News AI initiative encompasses five different AI projects that 
were developed in collaboration with faculty and graduate students from US 
universities (including Northwestern University, Stanford University, and the 
University of Missouri). Each project was tailored towards the individual needs 
and goals of one selected local newsroom in the US. Projects generally focused on 
workflow and included, for example, keyword-based reporter alerts based on 
transcripts of civil council meetings or sorting of event pitches and automatically 
transferring them into a coverage planner. The initiative’s long-term goal was to 
make the five developed tools scalable and accessible to their members, to mitigate 
the industry’s dependency on platform companies and the off-the-shelf AI 
products they provide (Fieldnotes, 2023). By focusing on AP, the present study 
captures the role of a global, influential player in the field of journalism and AI. 
Previous research on AI adoption in the news industry tends to focus on top-down 
sampling approaches, by using either nation- or region-based frameworks (e.g., in 
Latin America: Soto-Sanfiel et al., 2022; or the Netherlands: Vergeer, 2020) or by 
focusing on specific news organisations (e.g., the Washington Post: Cools et al., 
2024; or the BBC Jones et al., 2022). While these approaches offer valuable 
insights, they do not account for the interconnected nature of journalism’s 
engagement with AI and how certain actors play a dominant role in forwarding 
and shaping AI adoption in journalism through anticipation work. The unique role 
of the AP makes it an “extreme case” (Flyvbjerg, 2006) that does not offer 
generalisations, but allows us to draw out insights on the role and implications of 
an influential institutional actor in generating, navigating, and managing 
expectations. 
 

Methodological Approach 
 
Data & Data Collection Procedure 
The study uses an ethnographic approach (Pink et al., 2016) based on digitally 
mediated participant observations. We gained access to the research site after both 
program managers approached us in the context of a previous research project. 
The observations were approved by the AP’s legal team, and all participants were 
informed in advance of our presence in meetings. When observing, we would 
always announce ourselves to ensure oral consent of our presence from those in 
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the meeting, as it often varied who took part in meetings from the different 
organisations. Written consent was obtained from the program managers of the 
initiative and the project leads of each of the participating news organisations 
through an online survey tool, “Qualtrics”, as per the ethics guidelines of the 
University of Amsterdam. In total, we conducted eight months of ethnographic 
fieldwork (March 2023-October 2023) with two main sites of observations in 
focus: (1) AI development meetings on Zoom between project managers, news 
professionals of the respective newsrooms, and data scientists, and (2) public 
industry-facing webinars (also on Zoom) offered by the AP. Webinars 
encompassed themes such as “ChatGPT & DALL-E: What Generative AI means 
for journalism” or “AP Solutions: Five free AI projects for your newsroom.” The 
latter was a showcase of the initiative and aimed to help journalists implement a 
tool in their newsroom. Additionally, we included publicly available materials, such 
as reports and interviews conducted in the context of the initiative, in our analysis. 
This “scavenge strategy” has been put forward as a methodological approach to 
studying AI as a sociocultural phenomenon, which can often be a difficult “site to 
access” (Seaver, 2017). 
 
AI development meetings typically ranged between 30 and 60 min. Three out of 
the five projects met bi-weekly, one weekly, and one irregularly (as needed) 
between March and the end of August. Both authors participated in meetings, 
sometimes together and other times individually, with the first author being most 
present during the entirety of the research. We did not record meetings but worked 
with a shared logbook to take field notes and save screenshots, which helped us 
contextualize our field notes. In addition, we kept track of the projects by 
following a Slack channel on which the teams communicated, which was used to 
sensitize the analysis but was not directly included due to it being difficult to ensure 
that all participants were actively aware of our presence. Both before and after 
concluding our observations, we had meetings with the program managers. The 
meetings leading up to the observations focused on understanding the motivations 
of the initiative and the journey to get it launched, while the meetings following 
the observations (two meetings in January and February 2024) focused more on 
the program managers’ reflections on the initiative and its outcomes. To protect 
anonymity, we do not specify speakers, but indicate whether a program manager 
(PM), a member of a specific newsroom (NR), or a university developer (UD) is 
quoted. 
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While it has been suggested that mediated ethnography lacks sustained meaningful 
social relations and that researchers may inevitably neglect non-observable 
phenomena (Mason, 1996), this research site was inherently digital in nature (all 
participants only met online). As such, mediated co-presence, as opposed to co-
location (Beaulieu, 2010), was an inherent feature of the observations. Some 
barriers nonetheless existed. We did not have access to interactions between 
program managers and other AP employees (e.g., those working on other AI 
projects), executive-level managers, or the funders. All of which would have been 
meaningful in the context of this study. However, the program managers would 
often discuss their experiences, especially with the C-level and the funders, which 
provided an understanding of how they navigated both the internal context of the 
AP and the external actors involved in funding the project, such as the Knights 
Foundation. 
 
Analysis 
Drawing on Pink et al. (2016, p. 11), we understand ethnography as an iterative-
inductive method that is “processual”. To that end, we regularly exchanged notes 
during the observation period and compared our impressions from the fieldwork. 
Using this collaborative approach helped us in understanding how discussions 
unfold over time and across projects, to identify knowledge gaps, and to address 
them in exchange with each other and the research participants. A grounded theory 
approach was chosen for this study because it allowed for the experiences and 
perspectives of the participants of the study to guide our theoretical understanding 
(Corbin & Strauss, 2008). To this end, the first author analysed the data using a 
three-stage grounded theory model to identify (1) repeating ideas, which in 
association form, (2) consistent themes, and, (3) together result in higher-order 
theoretical constructs (Corbin & Strauss 2008). The latter were consistent with 
sensitising concepts such as the “construction of future narratives” or 
“interpretative flexibility” offered by a sociology of expectations approach 
(Konrad 2006). Sensitising concepts are understood as “those background ideas 
that inform the overall research problem,” offering ways of seeing, organising, and 
understanding experience (Charmaz, 2003, p. 259). The field notes were coded line 
by line following this approach. After developing an initial coding scheme, codes 
were reassessed and adopted until both authors agreed that the data was adequately 
represented via repeating ideas, consistent themes, and theoretical constructs, and 
their connections were clearly established. 
 



 111 

Findings 
The core idea of the AP’s AI initiative for small newsrooms is rooted in a specific 
narrative of the future: AI is going to dramatically change journalism as an industry. 
As one of the program managers put it: “news is going to look different, function 
differently, and manifest in different ways” (Webinar, PM1). Journalists need to 
find ways to leverage AI for journalistic pursuits, since “we only scratched the 
surface [of technological capacities]” (Webinar, NR3). With such statements, the 
initiative contributed to already heightened expectations around AI and 
constructed specific visions of how technology will shape journalism’s future. 
However, the initiative also served as an opportunity to redistribute resources to 
newsrooms that were seen as both needing support and as being able to have huge 
benefits from AI – namely, the small newsrooms. In the following sections, we 
examine the role expectations play in realising the AI projects of the AP’s AI 
initiative for small newsrooms and highlight its implications. The analysis unfolds 
in three parts that focus on three forms of anticipation work. First, we show how 
expectations were leveraged to coordinate professional communities and mobilise 
resources on the meso level – encompassing participating newsrooms and 
universities, funders, and external news organisations. Secondly, on the micro 
level, we show how the growing expectations were part of shaping the individual 
careers of those involved based on their newly gained identities as “AI experts.” 
Finally, we explore how expectations required significant management once the 
AI projects were in the process of realisation, which entailed reinterpreting what 
AI was and could be for small newsrooms. 
 
Building Expectations: Coordinating Professional 
Communities and Mobilising Resources 
On a meso level, the expected value of AI for newsrooms shaped the perceived 
importance of the initiative and was fundamental in securing funding from the 
Knights Foundation for the initiative. That is, expectations were motivating and 
guiding the mobilisation of resources across the industry and universities as 
external partners. In its initial stage, program managers organized interest in the 
initiative through predictions that were linked to logics of power and control. The 
program managers argued that news organisations need to evolve on a 
technological level to “stay relevant” (Webinar, NR1). “It is about open up 
resources at the most critical time” (Webinar, PM1). If enough investments into 
AI were made now, organisations could benefit from technological change or, at 
the very least, not fall behind. Newsrooms were encouraged to seek out AI projects 
regardless of their technological, economic, or legal capacities: “Most newsrooms 
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are seeking reassurance that they are not behind. No newsrooms are jumping in 
too quickly” (Webinar, PM1). The expectations that were foregrounded in these 
webinars were dependent on a specific interpretation of AI as being an accessible 
and vital technology for the future of journalism. Particularly, that new possibilities 
for action could change structures that address inequities in the journalistic field, 
and respond to economic challenges in a prospective manner, played a key 
function. It guided both external funders, who mobilised economic resources for 
the initiative, as well as the newsrooms that decided to participate. Ultimately, that 
also meant overriding concerns of liability protection – a process that was 
described as “extremely time-consuming” (Fieldnotes, PM2). The local 
newsrooms had few resources that would protect them from being sued in case a 
project produced any legal issues. Still, the AP decided they could not shoulder 
legal responsibilities on behalf of the newsrooms (a concern that made one 
newsroom drop out of the initiative in an early stage). That is, the program 
managers mobilised small newsrooms that were previously only marginally 
engaged with AI and took on considerable risk in doing so. Universities were 
mobilised to become collaborators and provide technological expertise. 
Specifically, program managers motivated data scientists to contribute by arguing 
that these were “meaningful projects” that would help small newsrooms that 
struggle to survive in a competitive media environment and are ill-equipped to 
innovate on their own. Journalistic AI projects were considered important to save 
journalism, and partaking in the project meant choosing democratic values over a 
job in a tech company, as one program manager noted: “This is an altruistic 
project” (PM2). 
 
In a second stage, participating newsrooms were mobilising other newsrooms by 
reproducing shared expectations via this interpretation of AI. Reflecting on their 
AI project, one of the news professionals representing a newsroom of the local AI 
initiative explained: “We have shrunk newsrooms and staff. We’re constantly 
putting more pressure on journalists, but rarely do we give them more time. 
Burnout and people leaving the industry are a serious concern. This is one project 
where we can give them time back” (Webinar, NR1). Notably, regaining time was 
thought to enable journalism to return to a previous version of journalistic work: 
“We want to free up time to do ‘original journalism’” (Webinar, NR3). There was 
a specific interpretative frame in which investing in AI was viewed as something 
that would enable news organisations the ability to go back to a nostalgic version 
of journalistic work. It was not specified what this type of work would look like, 
and how it would depart from contemporary journalistic practice. The lack of 
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specificity (an interpretative openness) made room for optimistic expectations. By 
unlocking these resources, journalism would not only improve for journalists but 
also their audiences: “I used to think that this would replace someone in the 
newsroom, it hasn’t, it is complementing people. Now I can go into detail, have 
the time. And in the end, this will save lives” (Webinar, NR2). 
 
On a micro level, the anticipation work of program managers had a “carry-over 
effect” that benefited the individual careers of both program managers. At the 
beginning of the initiative in 2021, “no one really cared [about AI]”, one of the 
managers explained. “It was something they’d roll their eyes about because people 
weren’t able to monetise the technologies” (Interview, PM1). However, the level 
of interest changed as ChatGPT took the world stage. Particularly, the high 
engagement on the webinars presented a critical juncture: “We [AP] typically have 
75 people attend these…last week it was 1500” (Fieldnotes, PM1). The changed 
momentum was, therefore, not grounded in showing the direct result or emerging 
profits of the individual projects. Rather, it was because the project started to 
reflect an investment in collective expectations. That is, the program managers 
were able to coordinate relevant stakeholders, attract attention within the industry, 
and, as a result, gain managerial support that now shared their expectations. This 
change induced a new mindset in the AP and led to organisational resources 
shifting towards AI-focused efforts. A very clear example of this was that the work 
of the two program managers was awarded with a promotion. Both went from 
being grant-funded to fully funded and permanently hired by the AP. Mobilising 
resources internally and externally enabled the managers to realise projects that 
were motivated by their shared goal to support small newsrooms and their vision 
of technology as a driver for change in the industry. Boosting expectations was, 
therefore, a mechanism to realise these goals by counteracting resource rigidity 
(Gilbert, 2005) within their organisation, and accelerating organisational 
investment in technological change that used to be slower and gradual. That is, 
expectations were future-making – they were leveraged by program managers to 
actively shape the futures of their own careers. However, both program managers 
experienced a “turning point” in which the allocation of cultural resources through 
expectation setting attracted negative outcomes and stifled their agency to change 
structures. At this point, the increased external attention led to heightened scrutiny 
and organisational restriction: “We had a lot more freedom when no one cared, 
and we only operated on grand funding” (Fieldnotes, PM1). That is, while building 
expectations served an important function, it also created new constraints that the 
program managers had to navigate – specifically, in this case, the restriction of 
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public speaking engagements. Reaching a form of closure and stability in 
expectations was, therefore, not without issues. 
 
Managing Expectations: Realising Projects and Producing 
Successful Outcomes 
The initiative faced a variety of challenges, including economic constraints, time 
pressures, material constraints and complex and lengthy legal processes that 
required a reinterpretation of AI to manage the expectations of those involved. 
Over the course of projects, the program managers reinterpreted the development 
work as “experimental” (Fieldnotes, PM2). They emphasised that the tools they 
were building were original to the projects and that this type of work is something 
that “has never been done before” (Fieldnotes, PM2). In doing so, they adjusted 
expectations by reminding participants that there is “no guarantee for success” 
(Fieldnotes, PM2). As such, success was not necessarily measured against the 
previously communicated expectations. Instead, experimenting with ways in which 
AI tools could be introduced to workflow processes was re-interpreted as a goal 
in and of itself. Relatedly, while generative AI tools were described as 
“extraordinarily powerful”, they were also experienced as “extraordinarily 
expensive” (Fieldnotes, PM2). Accordingly, newsrooms had to scale down by 
using cheaper alternatives and by limiting access to the tools within the 
newsrooms: “I can rarely speak for [manager], but this time, I can speak for him – 
let’s pick the cheaper option” (Fieldnotes, NR3). “We don’t have a license for 
everybody in the newsroom, it’s just too expensive” (Fieldnotes, NR3). These 
“externally” produced material and economic constraints framed accessibility 
issues as being outside the projects’ remit and, therefore, did not affect whether 
the projects were perceived as successful. However, this produced new 
contradictions that were not easily resolved. This became evident in negotiations 
around human control in AI adoption. While expectations to mobilise resources 
put the onus on the disruption of previous practices to free up resources through 
automation, realising those expectations required a reinterpretation of aims that 
were aligned with journalistic integrity. That is, the role of human labour in AI was 
not reduced but highlighted: “There is human intervention at every step” 
(Fieldnotes, NR3). Accordingly, AI was not constructed as a magical tool (as when 
expectations were being built up) but was deconstructed as a fallible technology 
that requires human oversight, where editorial control, transparency and 
accessibility of the technology were considered critical. In other words, news 
professionals with varying degrees of AI competencies would need to be able to 
detect mistakes and correct them: “It should not be code nitty gritty; it should be 



 115 

so that someone like [editor] with no coding experience can use it, or the admin 
person” (Fieldnotes, UD3). However, over the course of the projects, the teams 
had to reckon with the contradiction inherent in building tools that were expected 
to reduce human labour but required constant monitoring to be used responsibly. 
 
This became particularly apparent in a project whose goal was to create a system 
to transcribe, categorise, and summarise video input of live news events and to 
deliver a summary as a pre-write of a story to the newsrooms’ CMS system. In a 
development meeting, the engineering and editorial team were trying to determine 
who would be involved in human oversight. Would the person who ends up 
uploading the story be the only one looking at it? Would the photographer who is 
shooting the video, the editor who is uploading it, a reporter, or a producer have 
an eye on it? The team realised that if there was something important missing in 
the summary, the person who is proofing the video would also need to have seen 
the original video. When one of the team members interjected that “the whole idea 
was to simplify and not have so many eyes on it” (Fieldnotes, NR3), one of the 
engineers argued “that is something we can beta test. We keep testing and can 
learn to rely on it” (Fieldnotes, UD3). Interpreting AI as an experimental 
technology thus enabled a different idea of success that did not require direct 
closure, as success was placed within an unknown temporal horizon – not yet 
within reach, but constantly in the making. 
 

Discussion 
The analysis of the findings shows how utilising expectations can serve as a 
productive way to mobilise actors and unlock resources and new opportunities for 
news professionals. As such, expectations are not only future-oriented but 
inherently generative – they create and shape the present (Brown, 2003; Borup et 
al., 2006). However, the findings also reflect that the management of expectations, 
once resources are allocated to specific projects, is a highly labour-intensive 
process. It was only after the program managers had gained organisational support 
on the management level, overcome the restrictive culture in their organisation 
(Lischka et al., 2023), and built their position within the AP, that they could 
leverage the wider, commonly shared expectations around AI towards both their 
own gain and to support the projects they found important. Equally, we see how 
the management of expectations of the funded projects became a primary 
responsibility of the program manager to ensure expectations were met and 
projects were perceived as successes by the AP management, those participating 
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in the projects, and the wider audiences of the webinars. That is, tapping into 
commonly shared expectations (even if they are inflated in the case of “AI hype”) 
is no small feat but requires much anticipation and interpretative work. This comes 
with several implications that we discuss in what follows. 
 
On the meso-level, building expectations becomes instrumental in acquiring 
resources for AI projects that might otherwise have been difficult to ensure 
funding for because of the perceived simplicity of the automation processes they 
employ. Creating an interpretative framing of the projects as “AI projects” and 
positioning them within an AI initiative of the AP enabled them to build on the 
wider enthusiasm for AI and legitimise and support projects aimed at enhancing 
newsroom capabilities that are aligned with the values of the program managers 
(in this case, supporting small newsrooms). In this way, anticipation work can be 
seen as a way to redistribute resources to projects and actors who are traditionally 
lacking them. From this perspective, one could argue that it is the role of central 
actors, such as the AP, to capitalise on expectations around emerging technology 
on behalf of others to mitigate growing divides and access to AI (Beckett, 2019; 
Beckett & Yaseen, 2023; Rinehart & Kung, 2022). Then again, we still know little 
about whether increasing AI access for small newsrooms will actually make them 
more economically sustainable – so far, other studies looking at funding 
mechanisms for small newsrooms show the opposite (de-Lima-Santos et al., 2023; 
Fanta & Dachwitz, 2020; Munoriyarwa et al., 2025). 
 
On the micro-level, we see how commonly shared expectations of AI elevated the 
cultural capital of program managers within AP, as they positioned themselves as 
agents of media innovations (Westlund & Lewis 2014) within the organisation. 
Gaining a new form of cultural capital in their position as “AI experts” enhanced 
their job security. This illustrates how actors in non-technical roles can leverage 
technological narratives to advance within media organisations in terms of salary 
conditions and job security, paralleling trends previously observed among data 
scientists and other technological specialists in previous studies (see e.g., Møller 
2023a; Usher 2017; Wu et al., 2019a). This form of cultural capital also translated 
to new forms of agency that the program managers experienced when establishing 
the initiative within the AP. However, the increased public attention both 
managers received as a result of their efforts to build expectations for the initiative 
led to a turning point for both, after which mobilisation of resources did not lead 
to increasing agency but to more organisational constraints. 
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In contrast with the previously mentioned benefits, the analysis shows that a 
reliance on heightened expectations of AI perpetuates a problematic narrative that 
ties AI indispensably to journalism’s survival through the interpretative frame 
utilised to build expectations. In the context of the initiative, the way small 
newsrooms perceived their potential to shape their future with AI stood in stark 
contrast with their disadvantageous conditions. Facing tremendous economic 
challenges, the newsrooms’ investment in AI projects might be less a result of 
assessing probable outcomes, given that participating newsrooms had to commit 
to channelling significant staff resources into the projects without knowing if the 
developed tools would actually be economically beneficial. Instead, investing in AI 
was presented as a question of morality for newsrooms, in which coordinating for 
innovation is seen as the “right” way to “save journalism”, and choosing not to 
invest in AI projects is considered poor judgment. In this line of thinking, the 
initiative is viewed as a source of empowerment for small newsrooms. However, 
instilling this sense of control over the future may prevent newsrooms from 
challenging structural constraints and questioning the liberating potential of AI 
adoption in journalism (Suckert, 2022). Accordingly, framing AI as indispensible 
to journalism’s survival may inadvertently solidify a technological lock-in or 
produce a sense of irreversibility (Borup et al., 2006), foreclosing alternative 
futures and business models that could potentially be more productive for the 
industry (de-Lima-Santos et al., 2022). It may also contribute to an environment 
in which journalistic projects that employ AI are often economically better 
positioned than projects that do not draw on technological innovation. A process 
which, in turn, further reinforces the orientation of journalism towards 
technological solutionism (Schaetz et al., 2024). Building anticipation of AI’s 
transformative effects may obscure critical evaluations of its actual benefits and 
drawbacks, such as the redistribution rather than reduction of workloads due to 
human oversight requirements. It can also decrease news professionals’ capacities 
to contest AI, either by refusing to take up certain technologies or by refusing the 
standard terms of their usage (Dodds, 2024). This is particularly problematic in the 
context of journalism, as it may lead to an uncritical uptake of AI technologies and 
further increase the dependencies on tech corporations in the provision of AI 
infrastructure in journalism (Nechushtai, 2018; Simon, 2022). 
 
In the context of the initiative, some of the promised value of AI was nevertheless 
challenged by the participating newsrooms. Specifically, the expectation that the 
developed tools would free up resources and streamline processes was questioned, 
given the remaining need for human oversight. This resonates with previous 
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research demonstrating that the human labour required to maintain AI systems is 
immense, which often contradicts their initial promise of making processes more 
efficient and automated as opposed to labour-intensive (Crooks, 2019). Such 
problematisations were, in this case, dismissed, and the newsroom was reassured 
that its value would materialise after sufficient beta-testing. In doing so, a future 
narrative of AI was perpetuated, positioning its value as something to be realised 
over time and de-emphasising its immediate impact. Similar tendencies have been 
observed in innovation projects of recommender systems, where their expected 
value (although unproven) was constantly expressed as imminent, which led to a 
fetishisation of the technology as the solution to, for example, the declining 
revenue in journalism (Schjøtt & Hartley, 2024). 
 
As a whole, the findings of this study demonstrate that a sociology of expectations 
approach helps in understanding that a focus on whether or not AI projects 
succeed or are hyped and do not live up to their expectations is too narrow to 
grasp their impact (also see Hepp & Loosen, 2021). In fact, they often fail, or 
expectations might be met in one setting or for certain groups, while 
simultaneously failing others. Instead, broadening the focus to recognise the 
generative nature of expectations that create and shape the present (Brown, 2003; 
Borup et al., 2006) enables us to understand how expectations contribute to the 
ongoing socio-technological transformation of journalism. Beyond debunking 
“hype”, the onus should thus be on journalism’s “projective” capacity to imagine 
alternative futures and the ability of news organisations to avoid lock-in effects 
that constrain them in recognising and responding to inflated expectations. 
 
Limitations & Implications for Future Research 
The study has several limitations that are of note. While our research is able to 
capture how actors are using and responding to expectations in the context of the 
initiative, it does not allow for a more general mapping of AI discourses within 
journalism. Accordingly, the study cannot show to what extent expectations that 
emerged within the initiative aligned with more overarching taken-for-granted 
attitudes and perceptions of the future within and across industries. Relatedly, 
because we only observed newsrooms that decided to participate in the initiative, 
our sampling can only reflect the experiences and perceptions of news 
professionals working for news organisations that are already motivated to invest 
in AI. Lastly, the scope of our study does not allow for an analysis of how durable 
the alignment of expectations is in the long run. Previously shared expectations 
might diverge again once the projects are completed. Accordingly, the differing 
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assumptions about how AI should be employed long-term and the values that 
guide these assumptions are unknown. Taking a “politics of expectations” (Borup 
et al., 2006) approach to examine how different stakeholders might support 
divergent expectations and how actors holding alternative visions of the future can 
contest taken-for-granted attitudes could yield valuable contributions in future 
research. 
 

Conclusion 
This study demonstrated that shifting our attention beyond debunking inflated 
promises to the function that expectations serve in what has been called “AI hype” 
in journalism enables us to understand how expectations can be strategically 
leveraged – for better or for worse – and recognise the labour involved in 
anticipation work. Drawing on a sociology of expectations, the study specifically 
shows how we can understand expectations as cultural resources that news 
professionals use to coordinate actors and mobilise economic capital. Instead of 
broadly portraying news professionals as uncritical or naive actors, this study sheds 
light on the complex role of journalists’ involvement and investment in shaping 
expectations around AI through different interpretative frames. A further 
contribution of this approach is that it enables us to understand that innovation 
processes are not only imbued with expectations of the future, but that 
expectations become generative as they guide and motivate actions in the present. 
In the case of observed AI initiatives for small newsrooms, program managers 
were able to redistribute resources to small newsrooms and provide support to 
actors that are otherwise disadvantaged in the journalistic AI landscape. Thus, 
actively reshaping conditions in the present. At the same time, the study raised 
questions regarding journalism’s “projective” capacity to imagine alternative 
futures. Given that an increasing uptake of AI tools in journalism also increases 
dependencies on tech corporations that provide third-party tools and AI 
infrastructures, it is paramount that news professionals are able to avoid 
technological lock-ins and innovate for the sake of innovation (Vinsel & Russell, 
2020). Challenging taken-for-granted attitudes and shared expectations that 
assume that increasing newsrooms’ investment in AI is the “one right way” to 
make them economically more sustainable is a first step. We hope that newsrooms 
go a step further. As Rana Foroohar, global business columnist and associate 
editor at the Financial Times, urges: “consider an alternative scenario. What if the 
water and energy consumption of AI simply make it unsustainable? What if the 
productivity ‘miracle’ never comes to pass? What if AI is, in the end, yet another 
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way to cut human labour costs—be it in media or any number of other white-
collar industries—and replace people with a technology that monetarily benefits 
mainly a handful of large firms?” (Foroohar, 2024). 
  


