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A1: Additional information about data collection 
A1.1: Breakdown of samples  
The population under study was Internet-using German-speaking Swiss nationals between the 

ages of 18 and 75 (eligible to vote). The sampling frame used to reach this population was 

provided by three market research companies: DemoSCOPE, Dynata, and GapFish. These 

three panel providers meet ESOMAR standards and maintain extensive online access panels 

composed of self-recruited as well as company-recruited individuals (200,000 members in 

Germany and 35,000 members in Switzerland). To select the study sample, we used quotas 

representative of the German and German-speaking Swiss citizen adult population for gender 

and age (interlocked), education, and place of living (West/East; Germany only). 

The restriction on potential voters was informed by the overarching project’s focus on 

political attitudes and voting behavior. While this restriction may detract from the 

generalizability of our findings to specific subpopulations without voting rights (e.g., young 

people, people with a migration background), our tracking samples go well those used in 

existing research in terms of size and representativeness on various key socio-demographic 

factors. A detailed description of our samples is provided in table A1. 

 

Table A1. Comparison of samples with population characteristics 
 Switzerland  Germany 
 Tracking 

sample 
Population 
quaot (ref.) 

 Tracking 
sample 

Population 
quaot (ref.) 

Age groups (Switzerland)a      
18-34 36.0 27.1    
35-54 31.8 36.2    
55-75 32.2 36.7    
Age groups (Germany)b      
18-29    8.7 17.6 
30-39    17.4 16.4 
40-49    18.1 16.5 
50-59    32.1 23.4 
60-75    23.7 26.1 
Gendera,b      
Female participants 43.7 50.7  45.1 50.3 
Education a,b *      
Low 3.5 13.9  13.1 12.4 
Medium 54.3 49.4  50.7 60.8 
High 42.3 36.7  36.2 26.8 
Regionb      
East    23.6 20.1 
West    76.4 79.9 
Notes and Sources. a Bundesamst für Statistik (BFS) - BFS. Referenzperiode: 2018; Gender category 
‘other’ also included in survey, N: DE = 1; CH = 1. b DE: Zensus 2011. Statistisches Bundesamt (Destatis), 
2020. * Education: Note: Collapsed education levels correspond to the following stages: CH, low: 1. 
Obligatorische Schule nicht abgeschlossen, 2. Obligatorische Schule abgeschlossen, 3. 10. Schuljahr, allg. 
Berufsvorbereitung, 1-jährige Handelsschule, Haushaltslehrjahr oder Sprachaufenthalt; medium: 4. 



Anlehre, 5. Berufslehre, 6. Vollzeitberufsschule, 7. Fachmittelschule, 8. Maturitätsschule, Berufsmaturität, 
Lehrerseminar, Schule für Unterrichtsberufe; high: 9. Eidg. Diplom (Meisterdiplom), Eidg. Fachausweis, 
10. Techniker- oder Fachschule, 11. Höhere Fachschule, HTL, HWV, 12. Universität, ETH, 
Fachhochschule, Pädagogische Hochschule; DE, low: 1. keinen Abschluss, 2. noch Schüler, 3. 
Hauptschule, Volksschule bzw. POS 8./9. Klasse, 4. Realschule, mittlere Reife, qualifizierter 
Sekundarabschluss I bzw. POS 10. Klasse; medium: 6. Berufsschule, 7. Berufsfachschule bzw. 
Kollegschule, 8. Fachhochschulreife, 9. Abitur bzw. EOS 12. Klasse; high: 10. Meisterausbildung, 11. 
Fachschule bzw. Fachakademie, 12. Universität, Fachhochschule, Pädagogischen Hochschule oder 
Berufsakademie 
 

A1.2: List with conspiracy-related key words 
 

Table A1.2 Overview of conspiracy-related key words 
 'Angstmacherei' 
 'Bedrohung der Demkratie' 
 'Big Pharma' 
 'Bill Gates' 
 'Bill Gates Impfung' 
 'Biowaffe USA', 
 'Corona-Diktatur' 
 'Coronaimpfung Microchip' 
 'Daten fälschen' 
 'Daten gefälscht' 
 'Datenfälschung' 
 'Demokratie bedrohen' 
 'Diktatur' 
 'Experiment China' 
 'Fort Detrick' 
 'George Soros' 
 'Gesundheitsdiktatur' 
 'Great Reset' 
 'Hysterie' 
 'Impfdiktatur' 
 'Impfpflicht' 
 'Information fälschen' 
 'Information gefälscht' 
 'Juden' 
 'Labor Zucht' 

 'Laborthese China' 
 'Li-Meng Yan' 
 'Limeng Yan' 
 'Lügen' 
 'Macht Missbrauchen' 
 'Macht ergreifen' 
 'Macht ergreifung' 
 'Macht heimlich' 
 'Macht missbrauch' 
 'Macht missbraucht' 
 'Machtmissbrauch' 
 'Manipulation' 
 'Military World Games' 
 'New World Order' 
 'Notrecht Corona 
  Diktatur' 
 'Panik gemacht' 
 'Panik machen' 
 'Panikmache' 
 'Pharmadiktatur' 
 'Polizeistaat' 
 'Ralph Baric' 
 'Ralph Baric 
  Fledermaus' 
 'Soros' 
 'Todeszahlen fälschen' 

 'Todeszahlen gefälscht' 
 'US-Militärlabor' 
 'US-amerikanische Biowaffe' 
 'Unterwanderung' 
 'Verschwörung' 
 'Verschwörungstheoretiker' 
 'Verschwörungstheorie' 
 'Vertuschung' 
 'Viren Züchten' 
 'Virenzucht China' 
 'Virus gezüchtet' 
 'Virus züchten' 
 'Weltkontrolle' 
 'Weltregierung' 
 'Wirtschaftseliten' 
 'Wirtschaftsverschwörung' 
 'Wuhan Labor' 
 'Wuhan Laborunfall' 
 'Yan Limeng' 
 'Zhengli Shi' 
 'Zionisten' 
 'Zwangsimpfung' 

Notes. Terms included various declinations, totaling 104 terms. Terms were established 
based on contemporary reporting by experience German-speaking knowledge in 
conspiracy research. 

  



A1.3: Codebook and description of the classification of conspiracy content 
Coding started by training four student assistants in recognizing conspiracy theories, two of 

which passed a test (i.e. Krippendorff’s Alpha with the master coding agreed on in the team 

was above 0.7 for all items). They were then assigned to label the sentences sampled from the 

whole material. The sentences were collected with a stratified sampling based on survey wave 

and whether the sentence contained conspiracy-related keywords, ensuring that there would 

be enough sentences likely to contain conspiratorial information. The two coders coded the 

content of the conspiratorial action (ACTION), the entity/actors who are colluding in the 

conspiratorial action according to their function (ACT_FUNCTION) and origin 

(ACT_ORIGIN) and finally whether the sentence supported, debunked or remained neutral 

regarding the veracity of the conspiracy (CONSP_POS). The original codebook with detailed 

coding instructions (in German-language) can be found here: 
https://osf.io/ug682/?view_only=c5a3e83ab6334ec3a1c28afa99bc9847 

Table A1.3 Coding overview of manual coding of conspiracy-related sentences 
Variable Possible codes 
ACTION 1 = origin of virus (e.g. lab leak, bio weapon) 

2 = freedom/rights (e.g. virus as excuse to take-away rights) 
3 = information manipulation (e.g. fear-mongering, cover-ups) 
4 = 5G (as means of spreading/attacking individuals) 
5 = economic interests (virus used to make profits, sell goods, drive 
competition) 
6 = other covid-related conspiratorial action (make comment) 
9 = no indication of conspiratorial action 
99 = sentence incomplete/empty 

ACT_FUNCTION state actors 
11 = executive/governments (e.g. admin, president, cabinets, ministers) 
12 = other political actors (e.g. politicians, party leaders, opposition)  
Non-state actors 
21 = laboratories (e.g. Wuhan lab, US lab, independent lab) 
22 = science/academia (e.g. individuals, universities; not labs) 
23 = media (e.g. brans, outlets, journalists) 
24 = pharma industry (e.g. companies or just “Big Pharma”) 
25 = other non-state actors (e.g. celebrities, religious/ethnic communities)  

ACT_ORIGIN 1 = Switzerland / Germany 
2 = USA 
3 = China 
4 = other foreign actor 
5 = supranational/global actors 
9 = non-specified 

CONS_POS -1 = conspiracy debunked 
0 = uncertainty/ambivalent position 
1 = conspiracy supported 

  
 

From among the more than 10,000 sentences, we assigned 498 sentences to both 

coders to test for inter-coder reliability, which again was above 0.7 for Krippendorff’s Alpa 

https://osf.io/ug682/?view_only=c5a3e83ab6334ec3a1c28afa99bc9847


for all items. The team then adjudicated the differences in the two coders’ labeling of the 498 

sentences and remove them from the training set to create the gold standard against which the 

automated labeling was later tested. 

 

A1.4: Preprocessing of tracking data 
The chosen approach to collecting tracking web data follows the recommendation from a 

systematic review of different tracking methods (de León et al., 2024). To pre-process the 

captured HTML pages, we extracted the source text using a platform-agnostic selectolax 

parser which uses Modest and Lexbor engines to process HTML and CSS elements (Golubin, 

2024). While platform-agnostic HTML parsers are prone to more errors (for instance, 

occasional HTML artifacts such as non-parsed tags), it was not possible to develop platform-

specific parsers due to the high number of unique domains present in the dataset (i.e. more 

than 80,000). The manual examination of a sample of pre-processing results showed that the 

rate of errors was rather low and the parser picked most of the source text present on the page 

with little inclusion of HTML artifacts.  

Following parsing, we additionally cleaned our data to decrease the amount of noise 

which is common when working with tracking data. We filtered out all pages, where the 

parsed source text was shorter than 1,000 characters to eradicate error (e.g. 404 page) and 

loading pages. Then, we used Python langdetect library (Danilak, 2024) to identify pages 

where most text was in German and kept these pages for selecting training data for the 

classifier and the subsequent data analysis. Finally, we used regular expressions to replace 

new lines, question marks, and exclamation marks with full-stops in the source texts for each 

page and then split these source texts into sentences using the punct module of the NLTK 

Python library (Bird et al., 2009). 

 

A1.5: Lists of media outlets 
The coding of the media outlets that are included in this study stem from various sources. For 

alternative media, we combined a peer-reviewed list of fringe media—that is, hyperpartisan 

alternative, conspiracy media (HAC). This list was developed in a different project and 

provides a very comprehensive overview of HAC media landscape in Switzerland and 

Germany. The approach to the generation and coding of the list is available in section 2 of the 

Supplemental Materials of the original article (see de León et al., 2024). The full list of HAC 

media is provided in Table A1.5.2 as well as their relative frequency (number of unique 

visits). For social media, we used data about visits to four platforms: Facebook, Twitter, 



Instagram, and YouTube. These were the platforms for which we created customized filters to 

prevent capture of non-publicly available data and information about individuals who did not 

consent to participate in the study (e.g. friends of the participants on Facebook). The other 

social media platforms were blacklisted due to the lack of filters and the significant privacy 

risks which their non-filtered tracking would pose 

For mainstream media, we relied on a combination of three sources. We used (1) 

existing expertise within the team and (2) German/Swiss media guides to construct a list of 

journalistic media outlets, including newspapers, magazines, radio, and TV stations in 

Germany and German-speaking Switzerland on the national and regional levels. For each 

outlet, we located (when possible) its website. We then expanded the resulting list of German-

speaking news websites with (3) a list of additional news websites compiled for another 

tracking-based project (Stier et al., 2020). 
Table A1.5.1 Overview of coded media outlets 
Category Included media outlets 
Mainstream media The list with all 1,444 included mainstream media outlets is available at: 

https://osf.io/ug682/?view_only=c5a3e83ab6334ec3a1c28afa99bc9847 
 

Alternative media See the Table A1.5.2 below for a list of HAC media. In addition, we 
included the following social media domains: facebook.com, 
instagram.com, twitter.com, youtube.com 
 

  
 

https://osf.io/ug682/?view_only=c5a3e83ab6334ec3a1c28afa99bc9847


Table 1.5.2 List of HAC media considered in the study and the number of unique visits (adapted from de León et al., 
2024) 

 



A2: Additional information about main analysis 
A2.1: Descriptive overview of conspiracy exposure 

Table A2.1 Overview of conspiracy exposure in online content irrespective of position (March – 
May 2020)  

Source Share M SD Q1 Q2 Q3 

Document-level       

Total documents in media diet - 1,518.6 2,889.1 338.0 959.0 2,277.0 

Total documents with conspiracy 
content 7.2% 113.1 215.9 5.0 31.0 123.0 

   of wich in mainstream media 37.0% 49.8 125.3 1.0 5.0 33.0 

      (1) in quality media 22.0% 29.2 86.4 1.0 2.0 14.0 

      (2) in tabloid media* 15.0% 21.1 80.5 1.0 1.0 6.0 

   of which outside of mainstream media 
(alternative)a 63.0% 63.4 137.1 2.0 14.5 61.0 

      (3) in HAC media 1.3% 1.3 3.0 1.0 1.0 1.0 

      (4) on social media 7.7% 8.8 42.3 1.0 1.0 2.0 

Sentence-level       

Total sentences in media diet - 140,449.
3 

261,244.1 21,124.
2 

64,867.
4 

173,262.
0 

Total sentences with conspiracy content 1.2% 1,576.1 3,482.7 36.0 330.0 1,404.0 

   of which in mainstream media 57.8% 911.2 2,555.1 1.0 71.0 527.0 

      (1) in quality media 64.6% 589.1 2,094.3 1.0 24.0 237.0 

      (2) in tabloid media 35.4% 322.3 1,255.8 1.0 1.0 78.5 

   of which outside of mainstream media 
(alternative)a 42.2% 665.5 1,616.4 12.0 105.0 546.2 

      (3) in HAC media 2.8% 18.9 148.0 1.0 1.0 1.0 

      (4) on social media 14.2% 94.3 487.7 1.0 1.0 10.0 

Notes. HAC = hyper-partisan, alternative and conspiracy. a54.0% of documents and 30.8% of sentences cannot 
be attributed to either social media or HAC sources but are part of the long tail of the internet. *Note that we 
do not use this category in the remainder of the analysis, as tabloid media pursue different journalistic norms 
as quality media, which we do not theorize in the manuscript. 

  

 



A2.2: Descriptive overview of conspiracy beliefs 
Table A2.2 Conspiracy beliefs about Covid-19 in Germany and German-speaking Switzerland 

 Germany (n = 573)  Switzerland (n = 574) 

 % No 
truth 

% Some 
truth 

% Do 
not 
know 

M SD  % No 
truth 

% Some 
truth 

% Do 
not 
know 

M SD 

National conspirator items            

The government uses the Corona crisis to introduce 
compulsory vaccinations. 73.3 23.3 3.3 2.0 1.3  76.5 19.4 3.9 1.9 1.2 

The government is using the crisis to divert attention from 
major economic problems. 66.7 32.2 0.9 2.1 1.3  78.1 19.7 2.1 2.0 1.2 

The government is using the crisis to suspend basic 
democratic rights in the long term. 69.9 28.3 1.6 2.2 1.3  75.8 20.9 3.1 1.8 1.1 

In the Corona crisis, the government is manipulating the 
population with scare tactics and information cover-ups. 67.4 30.8 1.6 1.9 1.2  74.0 24.7 1.2 1.0 1.1 

Foreign conspirator items            

The U.S. government deliberately spread the virus. 83.3 12.3 4.3 2.1 1.3  81.7 11.9 6.2 2.0 1.2 

The Coronavirus was released to enforce the current 
measures to create a world government beyond any 
control. 81.0 15.5 3.3 1.7 1.2  79.6 17.4 2.9 1.8 1.2 

The Coronavirus was developed by a foreign power to 
pursue economic interests. 74.5 19.1 6.3 1.6 1.1  73.7 21.5 4.6 1.7 1.1 

The Chinese government deliberately grew the virus in the 
laboratory. 62.3 27.1 10.4 1.5 0.9  64.5 26.2 9.2 1.6 0.9 

Notes. No truth = (Strongly) disagree with statement; Some truth = (strongly) agree, either agree or disagree; Don’t know = don’t know. 

 



A2.3: Correlations between different sources of conspiracy exposure 
   1 2 3 4 5 6 7 8 9 
1 Total sentences 1         
2 Total opposing sentences .62 1        
3 Total supporting sentences .83 .67 1       
4 Mainstream sentences .73 .65 .70 1      
5 Mainstream opposing sentences .48 .86 .52 .68 1     
6 Mainstream supporting sentences .68 .69 .74 .91 .74 1    
7 Alternative sentences .77 .47 .74 .38 .22 .36 1   
8 Alternative opposing sentences .65 .42 .80 .32 .17 .32 .85 1  
9 Alternative supporting sentences .46 .58 .46 .23 .17 .23 .59 .58 1 

Notes. *All correlations are statistically significant with p < 0.001. 

 

A3: Full results for reported analyses in manuscript 
 

Table A3.1 Predicting total amount of exposure to conspiracy content in web media use  

 Total conspiracy exposure 

 Mainstream media Alternative media 

Predictors b SE p  b SE p 

(Intercept) 6.40 0.70 <.001  1.72 0.61 .005 

Conspiracy predisposition        

Populism -0.82 0.15 <.001  0.54 0.13 <.001 

Political Mistrust 0.04 0.11 .715  0.00 0.09 .980 

Controls        

Age 0.02 0.01 .001  0.01 0.01 .019 

Female participant -0.49 0.18 .007  -0.07 0.16 .638 

German participant 0.21 0.19 .275  1.15 0.17 <.001 

Traditional media use -0.28 0.13 .030  -0.10 0.11 .396 

Social media use -0.05 0.12 .680  0.22 0.10 .028 

Vote for populist radical right -0.04 0.07 .555  0.02 0.06 .764 

Political interest 0.08 0.06 .186  0.08 0.08 .308 

Observations 1,092    1,095 

R2 / R2 adj. .062 / .055  .090 / .082 

AIC 5,396.1  5,110.2 

  



 

 

Table A3.2 Predicting amount of position-specific exposure to conspiracy content in mainstream 
media sources 

 Mainstream exposure 

  Conspiracy-supporting Conspiracy-opposing 

Predictors Estimates SE p Estimates SE p 

(Intercept) 4.61 0.61 <.001 3.81 0.48 <.001 

Populism -0.78 0.14 <.001 -0.91 0.11 <.001 

Political Mistrust 0.10 0.09 .283 0.05 0.07 .489 

Age 0.01 0.01 .017 0.01 0.00 .146 

Female participant -0.34 0.16 .035 -0.19 0.12 .134 

German participant 0.56 0.17 .001 0.27 0.13 .038 

Traditional media use -0.27 0.12 .020 -0.04 0.09 .629 

Social media use 0.21 0.11 .051 0.00 0.08 .972 

Vote for populist radical right 0.02 0.06 .722 -0.05 0.05 .280 

Political interest 0.14 0.08 .079 0.17 0.06 .009 

Observations 860 863 

R2 / R2 adjusted .075 / .065 .126 / .117 
 

  



 

Table A3.3 Predicting amount of position-specific exposure to conspiracy content in 
alternative media sources 

 Alternative exposure 

  Conspiracy-supporting Conspiracy-opposing 

Predictors b SE p b SE p 

(Intercept) -1.04 0.55 .060 -0.88 0.33 .008 

Populism 0.76 0.12 <.001 0.20 0.07 .008 

Political Mistrust 0.14 0.08 .094 0.03 0.05 .527 

Age 0.00 0.01 .359 0.01 0.00 .047 

Female participant -0.08 0.14 .571 -0.04 0.09 .675 

German participant 1.01 0.15 <.001 0.62 0.09 <.001 

Traditional media use -0.15 0.11 .144 -0.05 0.06 .477 

Social media use 0.10 0.10 .274 0.08 0.06 .152 

Vote for populist radical 
right 

0.10 0.05 .068 0.03 0.03 .388 

Political interest 0.11 0.07 .123 0.09 0.04 .033 

Observations 858 865 

R2 / R2 adjusted .143 / .134 .096 / .086 
 

  



 

Table A3.4 Predicting conspiracy beliefs with mainstream exposure variables 

  Conspiracy belief endorsement 

Predictors b SE p b SE p  b SE p 

(Intercept) -
0.34 

0.23 .149 -
0.08 

0.23 .720 -
0.32 

0.23 .154 

Populism 0.43 0.05 <.001 0.37 0.05 <.001 0.43 0.05 <.001 

Political Mistrust 0.21 0.03 <.001 0.21 0.03 <.001 0.20 0.03 <.001 

Age -
0.00 

0.00 .087 -
0.00 

0.00 .135 -
0.00 

0.00 .080 

Female participant 0.03 0.06 .560 0.02 0.06 .737 0.02 0.06 .733 

German participant 0.15 0.06 .014 0.17 0.06 .005 0.15 0.06 .018 

Traditional media use -
0.07 

0.04 .125 -
0.07 

0.04 .095 -
0.06 

0.04 .193 

Social media use 0.19 0.04 <.001 0.19 0.04 <.001 0.18 0.04 <.001 

Vote for populist radical right 0.13 0.02 <.001 0.12 0.02 <.001 0.12 0.02 <.001 

Political interest -
0.08 

0.03 .004 -
0.07 

0.03 .012 -
0.09 

0.03 .001 

Total mainstream exposure 0.01 0.01 .468       

Conspiracy-opposing 
mainstream exposure 

   
-

0.05 
0.02 .001 

   

Conspiracy-supporting 
mainstream exposure 

      
0.02 0.01 .221 

Observations 865 863 860 

R2 / R2 adjusted .296 / .288 .304 / .296 .295 / .287 
 

  



Table A3.5 Predicting conspiracy beliefs with alternative exposure variables 

  Conspiracy belief endorsement 

Predictors b SE p b SE p b SE p 

(Intercept) -
0.37 

0.22 .087 -
0.25 

0.22 .260 -
0.21 

0.21 .306 

Populism 0.38 0.05 <.001 0.41 0.05 <.001 0.32 0.05 <.001 

Political Mistrust 0.20 0.03 <.001 0.21 0.03 <.001 0.19 0.03 <.001 

Age -
0.00 

0.00 .049 -
0.00 

0.00 .079 -
0.00 

0.00 .070 

Female participant 0.03 0.06 .577 0.03 0.06 .589 0.05 0.05 .314 

German participant 0.08 0.06 .203 0.13 0.06 .034 0.01 0.06 .802 

Traditional media use -
0.06 

0.04 .153 -
0.07 

0.04 .119 -
0.04 

0.04 .269 

Social media use 0.19 0.04 <.001 0.19 0.04 <.001 0.18 0.04 <.001 

Vote for populist radical right 0.12 0.02 <.001 0.13 0.02 <.001 0.12 0.02 <.001 

Political interest -
0.09 

0.03 .003 -
0.09 

0.03 .003 -
0.10 

0.03 <.001 

Total alternative exposure 0.06 0.01 <.001       

Conspiracy-opposing 
alternative exposure 

   
0.04 0.02 .094 

   

Conspiracy-supporting 
alternative exposure 

      
0.14 0.01 <.001 

Observations 865 865 858 
R2 / R2 adjusted .318 / .310 .298 / .290 .385 / .378 

 



A4: Country context-specific analyses not reported in the manuscript 
Below we repeat the full models (reported in A3) using separate models for each country 

context. Specifically, we first predict total conspiracy exposure, exposure in mainstream 

media, and exposure in alternative media (see Tables A4.1-A4.3). We then predict 

endorsement in pandemic-related conspiracy beliefs (see Table A4.4-A4.5). 

We report the separate models for the different country contexts side by side. In 

summary, the country context-specific analyses lend support to our conceptual framework 

works similarly in both country contexts. Despite differences in their political and media 

landscape and public health strategies in response to the pandemic, we mostly find parallel 

results. Specifically, populist predispositions consistently predict increased conspiracy 

exposure in mainstream media but decreased exposure in alternative media. The only 

exception is a non-significant positive effect of populism on conspiracy-opposing exposure in 

Germany (the same effect is positive and significant in German-speaking Switzerland; see 

Table A4.3). Similarly, the direction, significance, and magnitude of the associations between 

conspiracy predispositions (populism, political distrust) and endorsement of conspiracy 

beliefs is comparable in both study contexts (see Tables A4.4-A4.5). The pattern of consistent 

effects also applies to the role of conspiracy exposure as predictor of conspiracy beliefs. In 

mainstream media, total and conspiracy-opposing exposure result in lowered conspiracy 

beliefs (i.e., debunking effect). In the German but not Swiss-German sample, this debunking 

effect also applies to conspiracy-supporting coverage. In alternative media, we consistently 

find that total and conspiracy-supporting exposure results in increases conspiracy beliefs (i.e., 

contagion effect), with null findings for conspiracy-opposing exposure. 

 



Table A4.1. Country-specific results predicting total conspiracy exposure to pandemic-related 
conspiracies 
 Mainstream media Alternative media 
 Swiss-Germany Germany Swiss-Germany Germany 
(Intercept) 4.925 (0.876)*** 3.848 (0.803)*** -0.479 (0.753) -0.206 (0.767) 
Populism -0.596 (0.189)** -0.718 (0.166)*** 0.661 (0.162)*** 0.645 (0.159)*** 
Political 
Mistrust 

-0.064 (0.127) 0.048 (0.117) 0.151 (0.110) 0.012 (0.110) 

Age 0.014 (0.007)* 0.019 (0.008)* 0.005 (0.006) 0.015 (0.008)+ 
Female 
participant 

-0.313 (0.208) -0.344 (0.206)+ 0.006 (0.179) -0.169 (0.195) 

Traditional 
media use 

-0.367 (0.160)* -0.140 (0.137) -0.180 (0.138) -0.060 (0.130) 

Social media 
use 

-0.020 (0.138) 0.033 (0.129) -0.129 (0.120) -0.129 (0.122) 

Vote for 
populist 
radical right 

-0.057 (0.071) 0.130 (0.086) 0.037 (0.062) 0.075 (0.082) 

Political 
interest 

0.154 (0.113) 0.136 (0.105) 0.142 (0.096) 0.200 (0.099)* 

Observations 541 551 542 548 
R2 adjusted .056 .063 .058 .063 
Notes. +p < 0.1, *p > 0.05, **p > 0.01, *** p < 0.001 

 

  



Table A4.2. Country-specific results predicting supporting exposure to pandemic-related 
conspiracies 
 Mainstream media Alternative media 
 Swiss-Germany Germany Swiss-Germany Germany 
(Intercept) 3.231 (0.323)*** 3.228 (0.702)*** -0.139 (0.553) -0.162 (0.662) 
Populism -0.996 (0.198)** -0.835 (0.183)*** 0.982 (0.184)*** 0.725 (0.163)*** 
Political 
Mistrust 

-0.104 (0.111)* -0.098 (0.112)* 0.132 (0.108) 0.011 (0.120) 

Age 0.015 (0.007)* 0.022 (0.009)* 0.003 (0.006) -0.009 (0.007) 
Female 
participant 

-0.293 (0.198) -0.212 (0.201) 0.006 (0.172) -0.109 (0.174) 

Traditional 
media use 

0.335 (0.173)* 0.120 (0.125) -0.131 (0.133) -0.090 (0.123) 

Social media 
use 

-0.041 (0.131) 0.033 (0.121) 0.202 (0.181)+ 0.117 (0.141) 

Vote for 
populist 
radical right 

-0.041 (0.053) 0.133 (0.094) 0.043 (0.066) 0.081 (0.086) 

Political 
interest 

0.174 (0.143) 0.163 (0.132) 0.126 (0.091) 0.222 (0.101)+ 

Observations 541 551 542 548 
R2 adjusted .081 .072 .054 .042 
Notes. +p < 0.1, *p > 0.05, **p > 0.01, *** p < 0.001 

 

  



Table A4.3. Country-specific results predicting opposing exposure to pandemic-related 
conspiracies 
 Mainstream media Alternative media 
 Swiss-Germany Germany Swiss-Germany Germany 
(Intercept) 3.762 (0.632)*** 3.110 (0.587)*** -0.636 (0.361)+ -0.294 (0.486) 
Populism -0.788 (0.136)*** -0.744 (0.122)*** 0.196 (0.078)* 0.145 (0.101) 
Political 
Mistrust 

0.056 (0.092) -0.035 (0.085) 0.053 (0.052) -0.012 (0.070) 

Age 0.008 (0.005) 0.007 (0.006) 0.004 (0.003) 0.011 (0.005)* 
Female 
participant 

-0.247 (0.150) -0.093 (0.150) -0.091 (0.086) 0.033 (0.124) 

Traditional 
media use 

-0.113 (0.116) 0.026 (0.100) -0.054 (0.066) -0.033 (0.083) 

Social media 
use 

-0.076 (0.100) -0.082 (0.094) -0.055 (0.057) 0.038 (0.078) 

Vote for 
populist 
radical right 

-0.074 (0.052) 0.032 (0.063) 0.016 (0.029) 0.012 (0.052) 

Political 
interest 

0.103 (0.081) 0.171 (0.076)* 0.110 (0.046)* 0.094 (0.063) 

Observations 544 551 545 552 
R2 adjusted .105 .106 .040 .019 
Notes. +p < 0.1, *p > 0.05, **p > 0.01, *** p < 0.001 

 

 

 



 

 

 

  

Table A4.4. Country-specific results predicting conspiracy beliefs following exposure to pandemic-related conspiracies in mainstream media 
 Endorsement to conspiracy-related conspiracy beliefs 
 Swiss-Germany Germany Swiss-Germany Germany Swiss-Germany Germany 
(Intercept) -0.228 (0.335) -0.230 (0.354) -0.189 (0.330) -0.177 (0.341) -0.143 (0.330) 0.312 (0.342) 
Populism 0.429 (0.069)*** 0.451 (0.072)*** 0.431 (0.069)*** 0.445 (0.070)*** 0.397 (0.071)*** 0.348 (0.072)*** 
Political Mistrust 0.223 (0.047)*** 0.186 (0.049)*** 0.215 (0.046)*** 0.193 (0.048)*** 0.229 (0.046)*** 0.200 (0.048)*** 
Age -0.001 (0.002) -0.007 (0.003)* -0.002 (0.002) -0.007 (0.003)* -0.002 (0.002) -0.006 (0.003)+ 
Female participant 0.110 (0.077) -0.067 (0.086) 0.090 (0.077) -0.070 (0.085) 0.105 (0.076) -0.084 (0.085) 
Traditional media use -0.079 (0.060) -0.049 (0.060) -0.066 (0.060) -0.043 (0.060) -0.077 (0.060) -0.062 (0.059) 
Social media use 0.122 (0.052)* 0.237 (0.058)*** 0.126 (0.051)* 0.229 (0.058)*** 0.122 (0.051)* 0.257 (0.057)*** 
Vote for populist radical 
right 

0.105 (0.026)*** 0.165 (0.036)*** 0.096 (0.026)*** 0.161 (0.036)*** 0.099 (0.026)*** 0.172 (0.036)*** 

Political interest -0.069 (0.041)+ -0.111 (0.042)** -0.085 (0.041)* -0.117 (0.042)** -0.066 (0.041) -0.096 (0.042)* 
Total mainstream exposure -0.020 (0.013)* -0.040 (0.017)*     
Conspiracy-opposing 
mainstream exposure 

  -0.027 (0.016)* -0.059 (0.019)*   

Conspiracy-supporting 
mainstream exposure 

    0.050 (0.027) -0.033 (0.020)* 

Observations 462 404 460 406 463 406 
R2 adjusted .280 .341 .272 .346 .284 .345 
Notes. +p < 0.1, *p > 0.05, **p > 0.01, *** p < 0.001 



Table A4.5. Country-specific results predicting conspiracy beliefs following exposure to pandemic-related conspiracies in alternative media 
 Endorsement to conspiracy-related conspiracy beliefs 
 Swiss-Germany Swiss-Germany Swiss-Germany Swiss-Germany Swiss-Germany Swiss-Germany 
(Intercept) -0.465 (0.314) -0.058 (0.332) -0.266 (0.293) 0.002 (0.318) -0.313 (0.320) 0.075 (0.331) 
Populism 0.401 (0.068)*** 0.371 (0.069)*** 0.314 (0.064)*** 0.339 (0.067)*** 0.432 (0.069)*** 0.400 (0.069)*** 
Political Mistrust 0.222 (0.046)*** 0.195 (0.048)*** 0.189 (0.043)*** 0.182 (0.046)*** 0.222 (0.047)*** 0.198 (0.048)*** 
Age -0.002 (0.002) -0.007 (0.003)* -0.002 (0.002) -0.007 (0.003)* -0.002 (0.002) -0.007 (0.004)+ 
Female participant 0.109 (0.075) -0.065 (0.085) 0.125 (0.071)+ -0.042 (0.082) 0.125 (0.077) -0.082 (0.085) 
Traditional media use -0.071 (0.059) -0.050 (0.059) -0.046 (0.055) -0.039 (0.057) -0.073 (0.060) -0.058 (0.060) 
Social media use 0.136 (0.050)** 0.242 (0.057)*** 0.136 (0.047)** 0.222 (0.055)*** 0.129 (0.051)* 0.246 (0.058)*** 
Vote for populist radical 
right 

0.103 (0.026)*** 0.165 (0.036)*** 0.100 (0.024)*** 0.154 (0.034)*** 0.105 (0.026)*** 0.168 (0.036)*** 

Political interest -0.077 (0.040)+ -0.108 (0.042)* -0.081 (0.038)* -0.127 (0.040)** -0.078 (0.041)+ -0.111 (0.042)** 
Total alternative exposure 0.069 (0.015)*** 0.051 (0.018)**     
Conspiracy-opposing 
alternative exposure 

  0.043 (0.037) 0.031 (0.029)   

Conspiracy-supporting 
alternative exposure 

    0.154 (0.017)*** 0.119 (0.019)*** 

Observations 464 406 461 403 464 407 
R2 adjusted .307 .347 .384 .402 .278 .336 
Notes. +p < 0.1, *p > 0.05, **p > 0.01, *** p < 0.001 
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