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Applying a norm to a human individual is not like deciding what to do about a 
rabid animal or a dilapidated house. It involves paying attention to a point of view 
and respecting the personality of the entity one is dealing with. As such it 
embodies a crucial dignitarian idea—respecting the dignity of those to whom the 
norms are applied as beings capable of explaining themselves.3 

- Jeremy Waldron 

  

 
3 Jeremy Waldron, ‘The Rule of Law and the Importance of Procedure’ (2011) 50 Nomos 3. 
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1. To enable contestation 
 

A central feature of legal procedures is the ability of a litigant to contest the 
evidence and arguments presented before them.1 The arrival of opaque and 
inscrutable AI systems in courts raises new challenges to this practice of 
contestation, however. When such systems shape the legal analysis and fact-
finding of a judge, litigants can be left with several questions. How did the judicial 
AI tool produce its outputs? How did the judge utilize the system? And what role 
did it play in my trial? Arguably, a right to an explanation could help answer these 
questions and enable litigants to contest the output, usage, and impact of judicial 
AI.  

While in the European Union (EU), the large-scale adoption of AI in courtrooms 
is yet to be seen, its usage in various judiciaries outside Europe is hard to miss. 
Both Brazil and China, for example, have for years now relied upon judicial AI en 
masse to assist judges in adjudicating cases.2 The usage of judicial AI varies widely 
in this regard, from providing ancillary administrative support to generating in-
depth profiles of litigants or even writing entire verdicts. Equally varied are the 
types of AI models used for these functions. The reader will see in this 
dissertation both rule- and data-driven systems, and more specifically methods 

 
1 This ability of litigants to participate in the proceedings before them has been considered by various 
scholars as crucial to upholding ‘procedural justice.’ See: Denise Meyerson and Catriona Mackenzie, 
‘Procedural Justice and the Law’ (2018) 13 Philosophy Compass. I further elaborate on this point in 
chapter 3 of this dissertation. 
2 Marco Fabri, ‘From Court Automation to E-Justice and Beyond in Europe’ (2024) 15 International 
Journal for Court Administration; Rachel E Stern and others, ‘Automating Fairness? Artificial 
Intelligence in the Chinese Courts’ (2021) 59 The Columbia journal of transnational law 515; Renata 
Braga, Inteligência Artificial: Tecnologia aplicada à gestão dos conflitos no âmbito do Poder Judiciário 
brasileiro (2nd edn, Fundação Getulio Vargas 2023); Felipe Calderon-Valencia, Juan-Jose Perez-
Montoya and Fausto Santos de Morais, ‘AI Systems in Brazilian Supreme Federal Court and the 
Colombian Constitutional Court Experiences: Prospective Analysis’ (2021) 13 Revista de Direito, 
Estado e Telecomunicacoes 143; Tania Sourdin, 'The Role and Function of a Judge: The Adoption 
and Adaptation of Technology by Judges in Judges', in Judges, Technology and Artificial Intelligence, 
The Artificial Judge (Edward Elgar Publishing 2021). 
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such as Machine Learning and Neural Networks used for Natural Language 
Processing (NLP), as well as older types of AI such as expert systems.  

The introduction of these systems is often paired with the promise of radically 
improving the speed, quality, and accessibility of justice. The phrase ‘cheaper, 
better, quicker’ summarizes well these espoused benefits of judicial AI.3 
Nevertheless, when judicial AI remains unexplained, its adoption in courtrooms 
may not always be a boon for litigants. The inscrutability of judicial AI may 
obfuscate the mistakes produced by these systems, restricting the ability of 
litigants to contest erroneous outputs. Arguably, a right to an explanation could 
then have tremendous importance in showing that which is wrong. This would 
enable the litigant to self-advocate, to contest AI-generated injustice, and to 
vindicate their substantive rights.4  

Besides its value in error-correction, however, enabling the contestation of 
judicial AI could also safeguard values that are not necessarily instrumental to 
improving the quality and accuracy of verdicts.5 Contestable trials also enable the 
litigant to better participate in the proceedings before them and to express their 
opinion. This could help convey a message of respect to the litigant, as they are 
considered to be a person whose concerns about judicial AI are worth listening 

 
3 Richard E Susskind, Online Courts and the Future of Justice (First Edition, Oxford University Press 
2019) 48. 
4 Andrew D Selbst and Solon Barocas, ‘The Intuitive Appeal of Explainable Machines’ (2018) 87 
Fordham Law Review 1085. See also the instrumentalist approaches to procedural justice in chapter 3 
of this dissertation. 
5 Summers conceptualizes a relevant distinction, in this regard, between procedural arrangements that 
aim to enhance the results of an adjudicatory procedure (‘good result efficacy’), and those that aim to 
enhance a judicial process for its own sake (‘process value efficacy’). See: Robert S Summers, ‘Evaluating 
and Improving Legal Processes A Plea for Process Values’ (1974) 60 Cornell Law Review 1. 
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to.6 Considering all of these potential benefits, I will discuss in this dissertation 
how enabling the contestation of judicial AI could help uphold procedural justice.7 

However, the operationalization of the right to an explanation faces severe 
technical and organizational challenges. These include the technical difficulty of 
faithfully8 explaining certain types of AI models,9 fears of litigants abusing 
explanations to ‘game the system’,10 the potential violation of the trade secrets of 
external developers,11 and the heightened financial costs and accuracy trade-offs 
that may occur with the adoption of faithfully explainable types of AI models.12 

 
6 André Dao, ‘Human Dignity, the Right to Be Heard, and Algorithmic Judges’ [2020] British Yearbook 
of International Law braa009; Michelle Miao, ‘Debating the Right to Explanation: An Autonomy-
Based Analytical Framework’ (2022) 34 The Singapore Academy of Law Journal 736. See also the non-
instrumentalist approaches to procedural justice as discussed in chapter 3 of this dissertation. 
7 Denise Meyerson and Catriona Mackenzie, ‘Procedural Justice and the Law’ (2018) 13 Philosophy 
Compass e12548; Ljubiša Metikoš and Iris van Domselaar, ‘Procedural Justice and Judicial AI: 
Substantiating Explainability Rights with the Values of Contestation’ (2025) 3 Journal of Human-
Technology Relations 1. 
8 Faithfulness refers, in this regard, to the extent that an explanation accurately represents a certain 
logic or behavior within an AI model. See: Boris Babic and I Glenn Cohen, ‘The Algorithmic 
Explainability “Bait and Switch”’ [2023] Minnesota Law Review 857. Other terms that refer to similar 
concepts include: accuracy, sincerity, fidelity. See: Sina Mohseni, Niloofar Zarei and Eric D Ragan, 
‘A Multidisciplinary Survey and Framework for Design and Evaluation of Explainable AI Systems’ 
(2021) 11 ACM Transactions on Interactive Intelligent Systems 1; Babic and Cohen; Miquel Miró-
Nicolau, Antoni Jaume-i-Capó and Gabriel Moyà-Alcover, ‘Assessing Fidelity in XAI Post-Hoc 
Techniques: A Comparative Study with Ground Truth Explanations Datasets’ (2024) 335 Artificial 
Intelligence 104179. 
8 Christoph Molnar and others, ‘General Pitfalls of Model-Agnostic Interpretation Methods 
for Machine Learning Models’ in Andreas Holzinger and others (eds), xxAI - Beyond Explainable AI: 
International Workshop, Held in Conjunction with ICML 2020, July 18, 2020, Vienna, Austria, Revised and 
Extended Papers (Springer International Publishing 2022); Babic and Cohen (n 8); Cynthia Rudin, 
‘Stop Explaining Black Box Machine Learning Models for High Stakes Decisions and Use 
Interpretable Models Instead’ (2019) 1 Nature Machine Intelligence 206. 
9 Molnar and others (n 8); Selbst and Barocas (n 4); Babic and Cohen (n 8). 
10 Jane Bambauer and Tal Zarsky, ‘The Algorithm Game’ (2018) 94 Notre Dame Law Review 1; Dan L 
Burk, ‘Algorithmic Legal Metrics' (2021) 96 The Notre Dame law review 1147. 
11 Paul B de Laat, ‘Algorithmic Decision-Making Employing Profiling: Will Trade Secrecy Protection 
Render the Right to Explanation Toothless?’ (2022) 24 Ethics and Information Technology 17. 
12 Andrew Bell and others, ‘It’s Just Not That Simple: An Empirical Study of the Accuracy-
Explainability Trade-off in Machine Learning for Public Policy’ 2022 ACM Conference on Fairness, 
Accountability, and Transparency (ACM 2022); Rudin (n 8); Babic and Cohen (n 8). 
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As the reader will come to see in this dissertation, these obstacles to explainability 
fundamentally restrict what litigants can contest in their own trials.  

Besides these technical and organizational challenges, this dissertation will also 
showcase how the operationalization of the right to an explanation must contend 
with a plethora of different AI models and functionalities, the demands of various 
legal frameworks, and the normative goals set up by contrasting theories of 
procedural justice. The question then arises: ‘Under what conditions can a right to 
an explanation enable litigant contestation of judicial AI?’ A reasoned answer to this 
question, which engages with the diversity of obstacles, functionalities, and types 
of AI models, will depend in large part on the underlying goals, scope, content, 
and restrictions that arise with the application of the right to an explanation in 
the administration of justice. This, in turn, raises fundamental questions in the 
fields of law, legal philosophy, and computer science, on what a right to an 
explanation can and should enable litigants to contest in an age of digital justice.  

This introduction aims to provide the reader with a sketch of how my wider 
dissertation tackles these questions. First, I provide a brief historical overview of 
how the right to an explanation emerged in legislation, case law, and legal 
scholarship in section 2. Here, I also discuss how contestation became the telos of 
this right. Following this, I will discuss in section 3 the core concepts that 
underpin this dissertation. Specifically, I discuss the contingent relationship 
between explanations and contestation, the objects of contestation, and the 
different forms of judicial AI. I also lay down how I plan to analyze different 
theories of procedural justice, and how I shall utilize these theories to 
substantiate the right to an explanation further so that it can be operationalized 
in practice. Finally, in section 4, I situate my research within the current state of 
academic scholarship on the transparency of AI and the digitization of justice. 
Here, I also bring together the legal, philosophical, and technical perspectives 
that constitute the focal points of my dissertation. I shall discuss how the insights 
from these three domains will form the three steppingstones needed to enable the 
contestation of judicial AI. 
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2. The historical emergence of the right to an 
explanation 

 

In its original formulation, the right to an explanation was relegated to a mere 
short mention in the Recitals of the General Data Protection Regulation (GDPR). 
It was mentioned in the same breath as the other safeguards present under art. 22 
(3) GDPR, which must be implemented by a data controller when they engage in 
solely automated decision-making. These include, for instance, the right to 
human review, the right to be heard, and, most importantly, the right to contest.  

That right to contest has shaped the focus of this dissertation deeply. 
Contestation was widely theorized to be the raison d’être of the procedural 
safeguards mentioned under art. 22 (3) GDPR, by scholars such as Bayamlıoğlu, 
Almada and Sarra.13 Later, this purpose was confirmed by the CJEU in the case 
of Dun & Bradstreet, which also firmly established the existence of the right to 
an explanation.14 This was quite a crucial judgment for the explainability 
requirements of AI under EU law, as it forces data controllers15 to provide 
explanations that are useful. The provision of an explanation is not some mere 
symbolic act, but should serve a litigant with an enhanced capacity of self-
advocacy, resistance, and critique. Explanations should therefore be 
conceptualized as an instrument that enables contestation, and not as a 
normative or legal goal in and of themselves.  

 
13 Marco Almada, ‘Human Intervention in Automated Decision-Making: Toward the Construction 
of Contestable Systems’ Proceedings of the Seventeenth International Conference on Artificial Intelligence 
and Law (Association for Computing Machinery 2019); Claudio Sarra, ‘Put Dialectics into the 
Machine: Protection against Automatic-Decision-Making through a Deeper Understanding of 
Contestability by Design’ (2020) 20 Global Jurist; Emre Bayamlıoğlu, ‘Contesting Automated 
Decisions’ (2018) 4 European Data Protection Law Review (EDPL) 433. 
14 Dun & Bradstreet [2025] CJEU ECLI:EU:C:2025:117 [57]. 
15 In this regard, I specifically refer to the data controller that makes the solely automated decision 
referred to in art. 22 GDPR. 
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As to its scope, the reader will see that art. 22 narrows the GDPR’s right to an 
explanation to only apply to solely automated decision-making, excluding the 
vast majority of assistive AI systems in use by judiciaries. This makes sense when 
we look back in history to the travaux préparatoires of the predecessor of art. 22 
GDPR: the Data Protection Directive. These show that the main concern of the 
Union lawmaker was not transparency, but rather a lack of human oversight: 

 

‘the result produced by the machine, using more and more sophisticated 
software, and even expert systems, has an apparently objective and 
incontrovertible character to which a human decision-maker may attach too 
much weight, thus abdicating his own responsibilities.’16 

 

This regulatory focus on reducing what has now been termed ‘automation bias,’17 
fits the longstanding concerns about the diminishing ability of humans to think 
critically about AI, which had by then long been expressed by thinkers such as 
Joseph Weizenbaum18 and science fiction writers like Frank Herbert.19  

But the current adoption of AI in the administration of justice has taken a 
different turn than some may have expected. Rather than the emergence of the 
much-discussed, ‘robot judge,’20 which would completely overtake human 

 
16 Commission of the European Communities, ‘Amended proposal for a Council Directive on the 
protection of individuals with regard to the processing of personal data and on the free movement of 
such data’, COM(92) 422 final - SYN 287 Brussels, 15th of October 1992. 
17 Art. 14(4)(b) AIA. 
18 Joseph Weizenbaum, Computer Power and Human Reason: From Judgment to Calculation (1st edition, 
W H Freeman & Co 1976). 
19 Frank Herbert is most well-known for his science fiction book series ‘Dune.’ In it, he explores a future 
interstellar human society that has defeated and subsequently banned the use of ‘thinking machines.’ 
Consequently, humans are forced to be more self-reliant, and to engage their minds more 
constructively and critically, rather than delegate evermore thinking tasks to AI. 
20 Eugene Volokh, ‘Chief Justice Robots’ (2019) 68 Duke Law Journal 1135; Jasper Ulenaers, ‘The Impact 
of Artificial Intelligence on the Right to a Fair Trial: Towards a Robot Judge?’ (2020) 11 Asian Journal 
of Law and Economics; Tim Wu, ‘Will Artificial Intelligence Eat the Law? The Rise of Hybrid Social-
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decision-making, a flurry of assistive systems has taken their place in the 
courtroom. Systems which, while not taking away full control from a human, still 
may have an ‘objective and incontrovertible character.’ In that regard, the right to an 
explanation under art. 86 of the AI Act (AIA), supplements the right to an 
explanation under the GDPR by explicitly focusing on assistive rather than 
replacive judicial AI. Yet, here too, contestation remains the core focal point; it is 
the main regulatory goal of explanations.21  

3. Core concepts 
 

What kind of explanations must then be given to safeguard contestation 
effectively? What types of systems fall under a right to an explanation? What 
constitutes an explanation? Arguably, a reasoned answer to these questions 
would in part depend on what the object of contestation entails. Or in other 
words: what do litigants actually contest? 

Traditionally, litigants contest the validity of individual arguments and pieces of 
evidence during their trial, or entire verdicts in an appeal procedure.22 The 

 
Ordering Systems’ (2019) 119 Columbia Law Review 2001; Tania Sourdin, Judges, Technology and 
Artificial Intelligence: The Artificial Judge (Edward Elgar Publishing 2021). 
21 See Recital 171 AIA, which states that explanations ‘should be clear and meaningful and should provide 
a basis on which the affected persons are able to exercise their rights.’ In chapter 1, I shall argue that this stated 
goal is quite similar to the goal of contestation as formulated in art. 22 GDPR. 
22 Fuller argues that the ability of litigants to participate in the proceedings before them, constitutes 
the essence of adjudication. He says: ’Adjudication is, then, a device which gives formal and institutional 
expression to the influence of reasoned argument in human affairs.’ Shapiro also includes this as 
‘adversariness’ in his ‘four propositions that define the conventional prototype of courts.’ Nevertheless, 
Shapiro also states that such conventional prototypes are incomplete and misleading. He provides in 
his work several examples that contradict such archetypical propositions. Therefore, it is important 
to note that my argument here that litigants traditionally contest evidence and arguments is not to be 
taken as a consistently applicable qualifier of what constitutes adjudication. Adjudicatory 
proceedings can in certain instances take place without such adversarial proceedings. For instance, 
this might occur when a counterparty does not attend a trial. Rather, I wish to use these archetypal 
views of adjudication to show how AI-assisted trials differ from solely human trials. See: Lon L Fuller, 
‘The Forms and Limits of Adjudication’ (1978) 92 Harvard Law Review 353; Martin Shapiro, Courts: 
A Comparative and Political Analysis (The University of Chicago Press 1981). 
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introduction of judicial AI problematizes this focus on individual arguments or 
pieces of evidence, however. Imagine a profiling system that generates key 
evidence for the consideration of a judge. Litigants who want to contest this 
single piece of evidence cannot suffice with the knowledge of just the final profile 
itself. Rather, they also need to know how an AI system produced the profile. 
Whether it considered certain irrelevant or inappropriate parameters, for 
instance. 

But what, concretely, should then be explained? Arguably, the operationalization 
of the right to an explanation raises several questions. Explanations can be given 
about a wide array of aspects of an AI system. Does the right to an explanation 
simply entail a mere disclosure of the outputs of a judicial AI system, a general 
analysis of how the system typically functions, an explanation of how a specific 
output got generated, or a step-by-step discussion of how the system was used by 
the judge?  

These questions show that there is a shift of the object of contestation, away from 
the traditional focus on specific legal observations, pieces of evidence, or judicial 
decisions. The introduction of AI in courtrooms forces litigants to become more 
preoccupied with questions of a more technical nature. Namely, questions on the 
AI system as such. This is not to say that a litigant’s sole aim in the courtroom is 
to contest the judicial AI system. Rather, the point here is that the contestation 
of evidence, arguments, and decisions, will sometimes be contingent on the 
contestation of (the internal workings of) an AI system.  

As the reader will see in this dissertation, the way that explainability rights are 
discussed and formulated provides different lenses to understand this complex 
relation between decisions, outputs, and the internal workings of AI systems. 
Sometimes, such as in the case of art. 22 GDPR, the focus is explicitly put on the 
decision as such. In academic discussions on this article, the focus can then 
suddenly shift away from automated decisions to explainability as a technical 
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design issue.23 And in later legislation, we can even see how the EU legislator also 
shifts its focus by explicitly stating in art. 86 AIA that the role of the system in the 
decision-making process must be explained as well. 

In short, these shifting sands in regulatory and academic debates show the messy 
and unclear delineation of what litigants actually can contest. The object of 
contestation can include decisions, outputs, the way AI is used, and even the very 
design of a system. Simultaneously, this is quite understandable when one 
considers that there is a close relationship between the final decision, the usage 
of a judicial AI system, the outputs of that system, and the internal workings of 
the system. Ultimately, a right to an explanation must encompass all these 
different objects for contestation to be comprehensively safeguarded. As the 
reader will see within the different chapters of this dissertation, I shall discuss all 
these objects of contestation with regard to different legal frameworks and 
normative approaches. 

However, judicial AI is not a monolith. Which systems are we talking about here 
exactly? Generally, I refer with the term ‘judicial AI’ to systems that help judges 
in reaching their verdict.24 The reader will soon realize how varied these can be. I 
will discuss everything from recidivism prediction systems, simple document 
filing tools, case law prediction systems, systems that extract metadata to detect 
fraud in financial documents, systems that write entire verdicts, recommender 

 
23 See for instance how Almada connects art. 22 GDPR, which focuses on automated decision-
making, with art. 25 GDPR, which mandates developmental and organizational requirements. See: 
Almada (n 13). 
24 Sourdin and Diver et al. give an extensive analysis of how AI is used in judicial and legal decision-
making contexts: Sourdin, The Role and Function of a Judge; L. Diver et al., “Typology of Legal 
Technologies (COHUBICOL, 2022),” COHUBICOL Publications, November 23, 2022, 
https://publications.cohubicol.com/typology/faqs-and-methodology/. Jongepier and Keymolen 
and Palmiotto give also relevant analyses as to the notion of a 'solely' automated decision. They 
highlight the fact that humans play pivotal roles all along the decision-making chain, even when large 
and impactful aspects of the decision-making process is automated by an AI system. See Fleur 
Jongepier and Esther Keymolen, “Explanation and Agency: Exploring the Normative-Epistemic 
Landscape of the ‘Right to Explanation,’” Ethics and Information Technology 24, no. 4 (2022): 49; 
Francesca Palmiotto, “When Is a Decision Automated? A Taxonomy for a Fundamental Rights 
Analysis,” German Law Journal 25, no. 2 (2024): 210–36. 
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systems, triaging and case-allocation systems, chatbots for litigants, etc. In short, 
judicial AI can perform tasks that range from being merely ancillary, with no 
substantive influence on the content of the verdict, to highly impactful, providing 
key pieces of evidence and legal observations that can change the course of an 
entire trial.25 

Consequently, these systems vary widely not only in their use-cases but also in 
their stakes for litigants. One core issue that this dissertation aims to address, 
therefore, is the unclear scope of the right to an explanation. To which functions 
of judicial AI does it apply? Providing explanations about all types of judicial AI 
would not only be overwhelming for the litigant (which could harm 
contestation),26 but also prohibitively labor-intensive and expensive.  

These different scoping questions shall first be discussed through an extensive 
legal-doctrinal analysis. However, EU law only provides one singular perspective 
in this regard. This dissertation shall also incorporate Brazilian and Chinese 
regulatory perspectives on the right to an explanation of judicial AI. Both 
jurisdictions show levels of judicial AI adoption that are much higher than any of 
the Member States of the EU.27 Moreover, Brazil and China also provide due 
process guarantees, Data Protection Laws, and AI regulations that both contrast 
and mirror the EU’s legal framework. A comparison with these jurisdictions 
could therefore be instrumental in highlighting alternative approaches, 
identifying gaps in EU regulation, and offering a broader understanding of how 
the right to an explanation of judicial AI is formulated across different legal 

 
25 See for an overview of the types of judicial AI usage: Tania Sourdin, ‘Ethical Issues in Judge AI and 
Judicial Technology Use’ in Judges, Technology and Artificial Intelligence, The Artificial Judge (Edward 
Elgar Publishing, 2021). 
26 Cynthia Stohl, Michael Stohl and Paul M Leonardi, ‘Digital Age | Managing Opacity: Information 
Visibility and the Paradox of Transparency in the Digital Age’ (2016) 10 International Journal of 
Communication 15; Ljubiša Metikoš, ‘Explaining and Contesting Judicial Profiling Systems’ (2024) 
2024 Technology and Regulation 188; Victoria Hendrickx, ‘Rethinking the Judicial Duty to State 
Reasons in the Age of Automation?’ (2025) 1 Cambridge Forum on AI: Law and Governance e26. 
27 Felipe Calderon-Valencia, Juan-Jose Perez-Montoya and Fausto Santos de Morais, ‘AI Systems in 
Brazilian Supreme Federal Court and the Colombian Constitutional Court Experiences: Prospective 
Analysis’ (2021) 13 Revista de Direito, Estado e Telecomunicacoes 143; Stern and others (n 2). 
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cultures.28 Moreover, a combined assessment of the EU, Brazil, and China will 
showcase how contestation is, or is not, enabled through a right to an explanation 
for about 1/4th of the world population.29 And, therefore, this comparison will 
provide a truly global analysis that will be relevant for many a litigant. 

Besides legal scoping questions, there are also questions left to be answered about 
the contents of the right to an explanation. What kind of information must be 
disclosed to a litigant to safeguard contestation? What are the substantive criteria 
that an explanation must adhere to, to enable contestation? Should it be a specific 
explanation of a particular output, or a general description of the system? And 
must an explanation be faithful to the system’s internal causes for producing a 
certain output? 

If the latter question is answered affirmatively, this might bring with it a number 
of technical obstacles that need to be resolved. With the complex, erratic, and 
large structure of ‘black-box’ AI systems, such as those that rely on neural 
networks, explanations that faithfully showcase any logic within the system are 
notably difficult and in some cases impossible to provide.30 Therefore, ‘model-

 
28 Moreover, this endeavor also helps to provide insights from the Global South. Arguably, English-
language academic discourse on the digitization of justice has been highly influenced by Western 
scholarship. In particular, much of this discourse has been shaped by scholars either from, or focusing 
on, Common Law traditions in Anglo-Saxon countries. See, for instance: Sourdin, The Role and 
Function of a Judge (n 4); Volokh (n 20); Tim Wu (n 20); Joshua Davis, ‘Artificial Wisdom? A Potential 
Limit on AI in Law (and Elsewhere)’ (2019) 72 Oklahoma Law Review 51; Susskind (n 5); Jane 
Donoghue, ‘The Rise of Digital Justice: Courtroom Technology, Public Participation and Access to 
Justice’ (2017) 80 The Modern Law Review 995; Richard M Re and Alicia Solow-Niederman, 
‘Developing Artificially Intelligent Justice’ (2019) 16–19 UCLA School of Law, Public Law Research 
Paper 48. 
29 United Nations Department of Economics and Social Affairs, Population Division (2024), ‘2024 
Revision of World Population Prospects: Summary’, Annex 2: Selected indicators. China’s 
population is 1.414 billion (excluding the Hong Kong and Macau SAR). Brazil has 211 million 
inhabitants. The total world population is 8.3 billion. The EU has 450 million inhabitants. See: 
European Union, ‘Facts and Figures on the European Union,’ <https://european-
union.europa.eu/principles-countries-history/facts-and-figures-european-union_en>, accessed the 
9th of February 2026. 
30 Q Vera Liao and Jennifer Wortman Vaughan, ‘AI Transparency in the Age of LLMs: A Human-
Centered Research Roadmap’ (2024) 5 Harvard Data Science Review. 
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agnostic’ explainability methods try to ‘approximate’ the behavior of the system.31 
This practice has been criticized as a ‘fool’s gold’, as it does not provide a litigant 
with a stable, representative, or repeatable logic that they can contest.32 
Alternatively, intrinsically interpretable systems might be used in lieu of such 
‘black-box’ systems, which can be reliably explained and contested. However, 
this might bring with it increased financial costs and may even lower the accuracy 
and capabilities of certain systems.33  

Many other non-technical obstacles to explainability may also arise in practice. 
These include the aforementioned fears of litigants ‘gaming the system’ after 
receiving an explanation,34 reluctance from private developers to cooperate in 
disclosing sensitive trade secrets,35 a lack of skills and organizational capacity 
within judiciaries to provide explanations,36 and heightened financial burdens.37 
It is these practical obstacles that this dissertation wishes to address too, as they 
put front and center the issue of what the application of the right to an 
explanation will really look like in practice. They force us to ask what the 
contents of the right to an explanation should be concretely, and how regulators 
should balance the value of contestation against other rights and interests. 

However, this dissertation will show that current explainability provisions, across 
legal domains, do not yet sufficiently substantiate what a right to an explanation 
requires of courts. This is because, as I will argue in this dissertation, a purely 
legal-doctrinal approach cannot answer some of the core interpretative questions 
as to how judiciaries must (normatively) understand the goal of safeguarding 
contestation. This method is consequently restricted when it comes to fleshing 
out how a right to an explanation can, or should, enable contestation. In this 
dissertation, I will therefore rely on procedural justice theories to define the 

 
31 Rudin (n 8). 
32 Babic and Cohen (n 8). 
33 Bell and others (n 12); Rudin (n 8). 
34 Bambauer and Zarsky (n 10). 
35 de Laat (n 11). 
36 Hendrickx (n 26). 
37 Rudin (n 8). 
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values that underpin the practice of contestation. Such theories namely define 
the normative importance and necessity of certain procedural arrangements in 
trials.38 In particular, I shall examine utilitarian, rights-based (including 
dignitarian and Dworkinian approaches), and relational approaches to 
procedural justice. The aim here is to define, from the perspective of each 
respective theory, how the right to an explanation should be understood to serve 
different normative conceptualizations of contestation. Depending on the 
purpose of enabling contestation, distinct kinds of explanations can be 
envisioned. Consequently, this analysis will help guide what necessary technical 
and organizational measures should be taken to safeguard the contestability of 
judicial AI. 

4. Three steps to enabling contestation 
 

Consider these shifting sands of legislation, the dizzyingly varied uses of judicial 
AI, and the myriad values that underpin procedural justice. How then does this 
dissertation fit within the wider academic discourse on judicial AI in the domains 
of law, philosophy, and computer science? Interestingly, although the right to an 
explanation has seen a flurry of legal, computer science, and philosophical 
scholarship, it has seen relatively little attention from scholars working on the 
digitization of justice systems.39 Digital justice scholars have, nevertheless, 
provided a number of important academic contributions, highlighting how 
judicial AI can impact judicial independence,40 judicial discretion,41 equity and 
objectivity,42 automation bias,43 the human dignity of litigants in the face of 

 
38 Meyerson and Mackenzie (n 7). 
39 One notable exception being my own work and the work of Hendrickx. See: Hendrickx (n 26). 
40 Stern and others (n 2); Ulenaers (n 20). 
41 Frank Fagan and Saul Levmore, ‘The Impact of Artificial Intelligence on Rules, Standards, and 
Judicial Discretion’ (2019) 93 Southern California Law Review 1. 
42 Re and Solow-Niederman (n 28). 
43 Manuella van der Put, ‘Kunstmatige Intelligentie Bij Rechterlijke Oordeelsvorming, Theoretische 
Analyse En Praktische Implementatie.’ (Doctoral Thesis, University of Tilburg, 2022). 
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reductionist profiling systems,44 and many other topics.45 And, of course, an 
important emphasis has been placed within this literature on the need for 
transparency and the participation of litigants.  

The opacity of judicial AI is often discussed from the perspective of fair trial 
rights, such as art. 6 ECHR, rather than explainability rights.46 Such an approach 
is understandable considering that, in Europe, this provision affords citizens with 
core procedural safeguards. Nonetheless, the right to an explanation under the 
GDPR and the AIA, and its goal of safeguarding contestation, adds a novel legal 
and conceptual approach to discussions on the transparency of AI-assisted 
justice. Specifically, it places the contestation of AI front and center, as well as the 
particular obstacles that have been plaguing it. With this conceptual starting 
point in mind, this dissertation will still engage with fair trial rights such as art. 6 
ECHR. However, I will analyze these provisions from the perspective of 
explainability to assess whether they provide a legal basis for a derived right to an 
explanation.  

Relying on explainability rather than, for instance, reason-giving requirements, 
will showcase novel perspectives to the current academic debate on the 
transparency of AI-assisted adjudication, which has primarily focused on 
provisions such as art. 6 ECHR. Specifically, it more directly raises questions as 
to how judicial AI systems should be designed, what systems fall within the scope 

 
44 Dao (n 6). 
45 Corien Prins, ‘Digital Justice’ (2018) 34 Computer Law & Security Review 920; Sourdin, The Role 
and Function of a Judge (n 3); Tania Sourdin, ‘Judge v. Robot: Artificial Intelligence and Judicial 
Decision-Making’ (2018) 41 University of New South Wales Law Journal 1114; Sourdin, Judges, 
Technology and Artificial Intelligence (n 19); Maximilian Gartner, ‘Robot Judges and Legal Certainty’ 
(CITIP blog, 2 March 2021) <https://www.law.kuleuven.be/citip/blog/robot-judges-and-legal-
certainty/> accessed 19 October 2022; Rebecca Crootof, ‘“Cyborg Justice” and the Risk of 
Technological-Legal Lock-In’ (2019) 119 Columbia Law Review 233. 
46 Hendrickx (n 28); Nídia Andrade Moreira, ‘The Compatibility of AI in Criminal System with the 
ECHR and ECtHR Jurisprudence’ in Goreti Marreiros and others (eds), Progress in Artificial 
Intelligence (Springer International Publishing 2022); Francesca Palmiotto, ‘The Black Box on Trial: 
The Impact of Algorithmic Opacity on Fair Trial Rights in Criminal Proceedings’ in Martin Ebers 
and Marta Cantero Gamito (eds), Algorithmic Governance and Governance of Algorithms: Legal and 
Ethical Challenges (Springer International Publishing 2021); Tatiana Dancy and Monika Zalnieriute, 
‘AI and Transparency in Judicial Decision Making’ [2025] Oxford Journal of Legal Studies gqaf030. 
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of explainability rights, and what types of explanations should be given to 
litigants. Moreover, there has also not been any comparative research as to how 
judiciaries outside the EU have tackled the issue of opaque judicial AI systems. 
Here too, this dissertation provides new insights by tackling not only legal 
frameworks present in the EU, but also those in Brazil and China. 

Besides providing a substantial addition to the legal-doctrinal debate on the right 
to an explanation of judicial AI, this dissertation also addresses research gaps 
within legal theory. Discussions on procedural justice theory have had little 
regard for the digitization of justice.47 Arguably, legal theory has also generally 
not been (sufficiently) concerned with asking how access to justice can be ensured 
in practice. It overly emphasizes, on a theoretical level, how procedures should 
look, rather than genuinely engaging with the state of the current justice 
system.48 Conversely, discourse on the right to an explanation has also had little 
reflection on the practical impact of explanations on the procedural justice of 
decision-making procedures.49 And, consequently, judiciaries will be unsure as 
to how they should implement and operationalize a right to an explanation of 
judicial AI. 

This dissertation, therefore, aims to address these current research gaps by 
providing a comparative and interdisciplinary account of the right to an 
explanation of judicial AI. Taking all of the foregoing points into consideration, 
the main research question of this dissertation asks: ‘Under what conditions can a 
right to an explanation enable litigant contestation of judicial AI?’ To answer this 
research question, I first describe the legal contours of the right to an explanation 

 
47 For example, the edited volume on Procedural Justice and Relational Theory Denise Meyerson, 
Catriona Mackenzie and Therese MacDermott (eds), Procedural Justice and Relational Theory : 
Empirical, Philosophical, and Legal Perspectives (Taylor & Francis 2021), which covers a wide range of 
contemporary concerns, does very little to address the digitization of decision-making.  
48 Iris Van Domselaar, ‘Inquiry and Imagination in Adjudication: The Case of Digitalisation’ (2022) 51 
Netherlands Journal of Legal Philosophy 187, 188–189; Susskind (n 5). 
49 One exception being the research of Fine, Marsh, and Berthelot. See: Anna Fine, Shawn Marsh and 
Emily Berthelot, ‘Public Perceptions of Judges’ Use of AI Tools in Courtroom Decision-Making: An 
Examination of Legitimacy, Fairness, Trust, and Procedural Justice’ (2025) 15 Behavioral Sciences 476. 
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in a variety of legal domains. These include due process rights, Data Protection 
Law, and AI Law in the EU, Brazil, and China.50 This also raises the first sub-
question: ‘What explainability conditions do due process safeguards, Data Protection 
Law, and AI Law, put forward, that can enable litigant contestation of judicial AI?’ 

However, this legal-doctrinal approach is insufficient in describing, in full, all the 
conditions that a right to an explanation should adhere to. This is because 
legislators have remained largely silent on what the purpose is of safeguarding 
contestation. I therefore also tackle the legal-philosophical question of what the 
normative goal is of enabling contestation under procedural justice theories. This 
raises the second sub-question: ‘What valuations of contestation arise under 
procedural justice theories, and how do these shape the conditions of the right to an 
explanation of judicial AI?’ 

All of this knowledge, finally, is used productively to substantively shape the 
conditions that explainability rights should adhere to in the age of judicial AI. In 
light of its legal foundations and normative goals, I hope to formulate practical 
guidance that can help operationalize the right to an explanation for judiciaries. 
This leads us to the final sub-question: ‘What technical and organizational measures 
need to be taken to operationalize a right to an explanation that can enable litigant 
contestation of judicial AI in light of its aforementioned values and legal conditions?’ 

With these three sub-questions, I aim to provide three steppingstones, 
combining insights from law, legal-philosophy, and computer-science, to enable 
litigants to contest judicial AI. 

  

 
50 I, specifically, analyze due process safeguards more broadly and not only Fundamental Rights Law 
in chapter 2, in this regard. This is because China does not afford litigants with Fundamental Rights-
based procedural safeguards in regard to trials. It also has not ratified the International Covenant on 
Civil and Political Rights (ICCPR), although it is a signatory of this multilateral treaty. Art. 14 ICCPR 
lays down, in this regard, crucial procedural safeguards for litigants that stand trial before a court. But 
as the reader will come to see, China does have delegated procedural laws that provide safeguards that 
can be compared, to a certain extent, with the requirements imposed by art. 6 ECHR. 
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RESEARCH QUESTIONS 
 

 

 

Under what conditions can a right to an explanation 
enable litigant contestation of judicial AI? 

 

 

 

 

1. What explainability conditions do due process safeguards, Data 
Protection Law, and AI Law, put forward, that can enable litigant 
contestation of judicial AI? 

 

 

2. What valuations of contestation arise under procedural justice theories, 
and how do these shape the conditions of the right to an explanation of 
judicial AI? 

 

 

3. What technical and organizational measures need to be taken to 
operationalize a right to an explanation that can enable litigant 
contestation of judicial AI in light of its aforementioned values?  
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CHAPTER OUTLINE 
 

This dissertation consists of 4 chapters, with each chapter corresponding to one 
of 4 papers. The first three chapters provide the legal-doctrinal and legal-
philosophical basis for my analysis. The last chapter delves deeper into a case 
study on judicial profiling systems. 

The first chapter provides a broad legal-doctrinal exploration of the contours of 
the right to an explanation under the GDPR and the AIA by analyzing case law 
from different EU Member States. This provides the legal-doctrinal foundation 
for the conceptualization of the right to an explanation as a key instrument to 
enable the contestation of judicial AI in the second chapter. The first chapter also 
raises several interpretative questions regarding the scope, content, and 
balancing act of the right to an explanation. These are then further discussed in 
the other chapters. 

The second chapter compares different legal-doctrinal perspectives on how the 
right to an explanation can be applied to the context of judicial AI. To that end, 
I ask how a right to an explanation that enables contestation in AI-assisted 
adjudicatory proceedings can be derived from different legal domains in different 
jurisdictions. Specifically, the chapter explores due process safeguards, Data 
Protection Law, and AI Law in the EU, Brazil and China.  

In this regard, chapter 2 answers how the right to an explanation applies to 
judicial AI, from a comparative legal-doctrinal perspective. Moreover, this 
chapter also specifically engages with the issue of scoping the right to an 
explanation, which was raised in the first chapter. The usage of AI includes a wide 
range of different activities, not all of which will substantively impact the litigant. 
This chapter therefore provides a functionality-based typology of judicial AI. 
Based on this typology, I shall compare how different jurisdictions formulate the 
scope of the right to an explanation.  
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However, regarding the question as to what the contents are of a right to an 
explanation, i.e., what information must be disclosed, the reader will see that 
these case studies do not offer much in-depth guidance. To answer these 
questions, the third chapter looks toward legal-philosophy. In particular, this 
chapter discusses the normative goals of contestation in judicial proceedings and 
how these might be enabled through a right to an explanation. Moreover, the 
chapter deduces from computer science research on explainable AI (XAI), three 
questions as to how explainability must be actualized. This chapter also provides 
different conceptualizations as to what information should be provided to a 
litigant under the right to an explanation, as well as normative guidance as to how 
trade-offs in cost and accuracy must be balanced. It relies on a framework based 
on four different approaches to procedural justice. Those being: utilitarian, 
rights-based (including a Dworkinian and dignitarian account), and relational 
theories of procedural justice. 

With these three chapters, I provide a preliminary foundation as to how we might 
legally and normatively conceptualize the scope, content, and balancing act of the 
right to an explanation of judicial AI. The fourth chapter addresses a case study 
to see how the ideas formulated in the first three chapters can be operationalized. 
Here, I apply the concept of a contestation-enabling right to an explanation to the 
usage of AI for the assessment of evidence. Specifically, I look at judicial profiling 
systems and try to showcase how we must go beyond a mere procedural account 
of the right to an explanation. To this end, I propose different methods to 
operationalize contestability by design in the administration of justice.   
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CAVEATS AND SCOPE LIMITATIONS 
 

This is a paper-based dissertation, consisting of four chapters derived from 
standalone papers. As such, this method of authoring a dissertation inevitably 
leads to overlap between the different chapters. In particular, the reader will see 
that the legal contours of the right to an explanation under the GDPR, the AIA, 
and art. 6 ECHR are reiterated several times. This is done to provide sufficient 
context for the readers of the papers that these chapters are based on. 
Nevertheless, the different chapters do all provide novel and distinct insights, 
which will iteratively build on one another. 

This dissertation also focuses extensively on the right to a fair trial as laid down 
in art. 6 ECHR, and much less so on art. 47 of the Charter of Fundamental Rights 
of the European Union (Charter). This is because, according to art. 53 Charter, 
the protection granted by the Charter must be as high as the level of protection 
granted by the ECHR. This means that the case-law of art. 6 ECHR will also be 
applicable to define the conditions laid out by art. 47 Charter. However, the scope 
of all rights under the Charter is limited by art. 51 Charter, which states that the 
Charter only applies to the bodies of the EU, or to the EU Member States when 
they implement EU law.1 Therefore, I shall focus mostly on art. 6 ECHR, as the 
analysis of its case law will be more widely applicable. 

Moreover, it is important to note that there are some restrictions as to the scope 
of this dissertation. Considering the way in which the right to an explanation has 
been formulated under the GDPR and the AIA, I focus largely on litigants, as 

 
1 The right to a fair trial as laid down in art. 6 ECHR, is a lex specialis of art. 13 ECHR; the right to an 
effective remedy. The ECtHR has ruled that art. 13 is, therefore, not applicable where the alleged 
violation of the Convention has taken place in the context of judicial proceedings. See: Menesheva v 
Russia [2006] ECtHR 59261/00 [105]. Because of this, although art. 47 Charter includes both the right 
to a fair trial and the right to an effective remedy, I will only focus on the requirements that stem forth 
from the right to a fair trial. 
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they are assigned to be the recipients of explanations,2 and judges and judiciaries, 
as they are responsible for providing said explanations.3 I do not focus much on 
lawyers as they are not assigned any explicit or specific role within this legal 
framework.4 I do provide some directions for future research as to how lawyers 
can help enable litigants to contest judicial AI in section 3 of the conclusion, 
however. Moreover, it is also important to note that I also do not examine the 
usage of AI by defendants or parties such as public prosecutors, as I focus in 
particular on AI systems in use by judicial authorities. 

As to my normative analysis, there has been significant scholarly debate on the 
question of whether explainability rights should be considered an unjustifiable 
‘double-standard.’5 Proponents of this thesis argue that explainability rights 
require more from (judicial) AI systems than we do from our fellow humans. This 
raises relevant questions regarding the broader discourse on the normative 
importance of the right to an explanation. However, discussing this controversy 
in-depth would require fundamental research as to whether we can normatively 
compare human cognition and AI data processing, as well as judicial reason-
giving standards and explainability requirements.6 Secondly, it would also 
require research as to when a higher level of transparency can be justified in the 
first place. This dissertation does not focus on these broader philosophical 
questions.  

 
2 Under the GDPR, a litigant would be considered a data subject and be able to exercise their right to 
an explanation under art. 15 GDPR. See art. 4 (1) GDPR. Under the AIA, a litigant would be 
considered an ‘affected person subject to a decision’ under art. 86 AIA.  
3 Judges are considered to be ‘users’ of high-risk AI systems under art. 86 AIA and must provide 
litigants explanations about these systems. Judiciaries are considered ‘deployers’ in this regard. In 
certain instances, they may also be considered to be ‘providers.’ See art. 3 (3) and (4) AIA. Under the 
GDPR, judiciaries are considered to be ‘data controllers’. Consequently, they are the ones responsible 
to inform the litigant under art. 15 GDPR. See also art. 4 (7) GDPR.  
4 Nevertheless, lawyers do play a key role for defendants under art. 6 (3) (c) ECHR and art. 47 Charter.  
5 John Zerilli and others, ‘Transparency in Algorithmic and Human Decision-Making: Is There a 
Double Standard?’ (2019) 32 Philosophy & Technology 661. 
6 Mario Günther and Atoosa Kasirzadeh, ‘Algorithmic and Human Decision Making: For a Double 
Standard of Transparency’ (2022) 37 AI & Society 375; Uwe Peters, ‘Explainable AI Lacks Regulative 
Reasons: Why AI and Human Decision-Making Are Not Equally Opaque’ (2023) 3 AI and Ethics 963. 
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METHODOLOGY 
 

Having considered the aforementioned caveats and limitations in my research 
scope, this dissertation relies on three core methodologies. Firstly, I use a legal-
doctrinal method to analyze legal provisions, case law, and commentaries. 
Secondly, I use a legal-philosophical approach to expand on the concepts of these 
legal provisions and to provide a normative embedding for the right to an 
explanation. And lastly, I rely on a design-based method to define what technical 
and organizational measures must be taken by judiciaries to safeguard 
contestation.  

This last method relies heavily on (legal-)philosophy to shape the development of 
AI. In particular, such an approach to research has been extensively described in 
scholarly literature on value-based technology design.7 On the other hand, the 
combination of law and philosophy has also been widely discussed in the works 
of Taekema and Van der Burg.8  

In my contribution to the Verfassungsblog, I emphasize the added value of 
engaging all three methods: legal-doctrinal, legal-philosophical, and design-based 
research methods, to facilitate truly interdisciplinary legal research. Combining 
these three methods can lead to both theoretical and practical knowledge-
creation.9 The original inspiration for this approach came from the work of 
Helberger et al., who used a similar method to formulate design principles for 

 
7 Stefan Buijsman, Michael Klenk and Jeroen van den Hoven, ‘Ethics of AI: Toward a “Design for 
Values” Approach’ in Nathalie A Smuha (ed), The Cambridge Handbook of the Law, Ethics and Policy 
of Artificial Intelligence (Cambridge University Press 2025). 
8 Sanne Taekema and Wibren van der Burg, ‘Legal Philosophy as an Enrichment of Doctrinal 
Research Part I: Introducing Three Philosophical Methods’ [2020] Law and Method; Sanne Taekema 
and Wibren van der Burg, ‘Legal Philosophy as an Enrichment of Doctrinal Research – Part II: The 
Purposes of Including Legal Philosophy’ [2022] Law and Method; Buijsman, Klenk and Hoven (n 7). 
9 Ljubiša Metikoš, ‘An Interdisciplinary Toolbox for Researching the AI-Act’ [2023] Verfassungsblog 
<https://verfassungsblog.de/an-interdisciplinary-toolbox-for-researching-the-ai-act/> accessed 11 
September 2023. 
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recommender systems.10 In the next three sections I lay down how I have 
employed these three methods within this dissertation and how they supplement 
each other. 

1. The Legal-Doctrinal Method 
 

This dissertation, first of all, relies on a legal-doctrinal analysis. Legal-doctrinal 
research generally refers to the hermeneutic practice of interpreting the law, 
through the analysis of legal statutes, commentaries, case law, and other legal 
documents. Its main aim in this regard is ‘reconstruction;’ providing a framework 
through which one describes what the law is.11  

In this dissertation, the legal-doctrinal method is used with the aim of clarifying 
the scope, content, and balancing act of the right to an explanation across 
relevant laws. In particular, this dissertation analyzes the Law Enforcement 
Directive (LED), the General Data Protection Regulation (GDPR), the right to a 
fair trial under art. 6 of the European Convention of Human Rights (ECHR) and 
art. 47 of the Charter of Fundamental Rights of the EU, and the AI Act (AIA).  

Moreover, this dissertation also relies on a comparative approach to analyzing 
non-EU legislation. I shall look at constitutional law, as well as delegated 
Procedural Laws, Data Protection Laws, and AI Laws in Brazil and China. 
Consequently, besides ‘reconstruction,’ the objective of the legal-doctrinal method 
I employ in this dissertation is to also compare these different jurisdictions.12 This 
comparison between the European, Brazilian, and Chinese legal frameworks is 
done for its own sake, to understand these different legal domains. But it also 
serves to further enhance our understanding of the EU’s legal framework by 
‘contrasting’13 it with domains that are similar in certain instances (such as in Data 

 
10 Natali Helberger, Kari Karppinen and Lucia D’Acunto, ‘Exposure Diversity as a Design Principle 
for Recommender Systems’ (2018) 21 Information, Communication & Society 191. 
11 Sanne Taekema and Wibren van der Burg, ‘Methods of Doctrinal Research’ Contextualising Legal 
Research (Edward Elgar Publishing 2024). 
12 ibid. 
13 ibid. 
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Protection Law), and sometimes highly different (such as when it comes to fair 
trial rights).14 

In this regard, this dissertation aims to understand, in a legal-doctrinal sense, to 
what extent the right to an explanation is present within these different legal 
frameworks, and how it might be applied to the context of judicial AI.  

2. The Legal-Philosophical Method 
 

To further flesh out the meaning of contestation as the telos of explainability 
rights, a legal-philosophical method is used. Taekema and Van der Burg list 
several methodologies that demonstrate how one can rely on philosophical 
insights in legal research. In this dissertation I first rely on the method of 
‘argumentation analysis.’ This entails that I collect and assess philosophical 
arguments. I do this with the aim of defining why contestation needs to be 
safeguarded. Moreover, I also rely on the method of ‘reflective equilibrium. That is 
to say, I discuss these contrasting arguments and assess their merits. I rely on these 
methods to achieve the goals of ‘conceptual clarification,’ ‘reconstruction’ of 
fundamental normative principles, and to provide ‘evaluations and 
recommendations.’15 

These goals are most visible in my analysis of different theories of procedural 
justice. I rely on the aforementioned methods to conceptualize and reconstruct 
the different values of litigant contestation in light of these theories. The legal-
philosophical method that I employ in this regard serves in large part an internal 
function to help better understand what the law entails. Namely, I rely on it to 
support my legal-doctrinal analysis to define what the right to an explanation and 
its telos of enabling contestation mean. Furthermore, I also use these theories 

 
14 I will elaborate further on these differences in chapter 2. 
15 Taekema and Burg, ‘Legal Philosophy as an Enrichment of Doctrinal Research Part I’ (n 60); Taekema 
and Burg, ‘Legal Philosophy as an Enrichment of Doctrinal Research – Part II’ (n 60); Sanne Taekema 
and Wibren van der Burg, ‘Legal Philosophy as an Enrichment of Doctrinal Research’ Contextualising 
Legal Research (Edward Elgar Publishing 2024). 
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externally to analyze whether there is an ethical need to safeguard the ability of 
litigants to contest judicial AI systems. 

3. The Design-Based Method 
 

The third method I rely upon in this dissertation is design-based. This approach 
is also known as ‘value-sensitive design’16 and ‘design for values.’17 These methods 
generally start with the notion that technology is not a value-neutral artefact.18 
Consequently, different values can be embedded within the design of AI systems. 
The crucial task for researchers, then, according to Buijsman et al., is that they 
must identify relevant values and embed them with the right technical measures 
in the design of an AI system, all the while considering the trade-offs and conflicts 
between different values.19 

 
16 Batya Friedman, P Kahn and A Borning, ‘Value Sensitive Design: Theory and Methods’ (2002) UW 
CSE Technical Report; Batya Friedman, Human Values and the Design of Computer Technology 
(Cambridge University Press 1997). 
17 Evgeni Aizenberg and Jeroen van den Hoven, ‘Designing for Human Rights in AI’ (2020) 7 Big Data 
& Society 2053951720949566; Buijsman, Klenk and Hoven (n 7). 
18 This point has been widely discussed by scholars working in the field of the Philosophy of 
Technology, such as (most famously) Heidegger. See: Andrew Feenberg, ‘’From Essentialism to 
Constructivism: Philosophy of Technology at the Crossroad’' . In Eric Higgs, Andrew Light and 
David Strong, Technology and the Good Life? (University of Chicago Press 2000). 
19 Buijsman, Klenk and Hoven (n 7). Buijsman et al. also mention another aspect of this methodology. 
They argue that the implemented values must also be assessable over time. To that end, one must 
consider that values can change. But also, the embedded values must be ‘sufficiently concrete to be both 
implementable and verifiable.’ I have not taken into explicit consideration this focus on ‘specificity’ in 
the methodology of this dissertation. While the technical design proposals I suggest do adhere to 
these conditions of implementability and verifiability, I reject the notion that a design-based approach 
must necessarily reduce values to such a degree. I agree with scholars like Hildebrandt that certain 
values cannot be reduced to mere metrics. This reductionism is, in fact, a characteristic of the process 
of Machine Learning that underpins the development of AI systems more broadly. See: Mireille 
Hildebrandt, ‘Privacy as Protection of the Incomputable Self: From Agnostic to Agonistic Machine 
Learning’ (2019) 20 Theoretical Inquiries in Law 83. Naturally, my rejection of Buijsman et al.’s 
qualification raises the question as to whether non-commensurable values can still be implemented 
in the design of AI systems, or whether they fall wholly outside the design-based approach. To answer 
this methodological question, a more in-depth discussion is warranted. But this, unfortunately, falls 
outside the scope of my dissertation.  



 

45 
 

This method has been applied throughout this dissertation. Most notably, it can 
be found, however, in chapters 3 and 4. Here, different insights from the computer 
science field of ‘XAI’ (explainable AI) are used to assess the best design practices 
for judicial AI systems. Consequently, this dissertation also provides a discussion 
as to what kinds of XAI practices would be best suited for adjudication from the 
perspective of different theories of procedural justice, as well as different legal 
frameworks. Moreover, I will also discuss several other organizational measures 
that judiciaries might need to take to enable contestation by design.
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CHAPTER 1 

 

EU LAW ON 

EXPLAINABILITY AND 

CONTESTABILITY 
 

Originally published as: Ljubiša Metikoš, Jef Ausloos ‘The Right to an 
Explanation in Practice: Insights from Case Law for the GDPR and the AI Act’, 
Law, Innovation and Technology, Volume 17, Issue 1, (2025)1 

  

 
1 The authors would like to thank prof. dr. Thomas Streinz for his thoughtful comments given on this 
chapter during PLSC 2024 at Georgetown University in Washington D.C. This chapter was also made 
possible, in part, by the anonymous contributors of the case law register on GDPRhub.eu. This is a 
wiki set up by the non-profit organization ‘noyb’. The authors would also like to thank their colleagues 
at the Institute for Information Law (IViR), the RPA Human(e)AI, and in particular prof. dr. Natali 
Helberger, and prof. mr. dr. Iris van Domselaar. 
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1. Introduction 
 

It might be an understatement to say that in the past decade, the right to an 
explanation has sparked debate among legal scholars.2 Its enigmatic formulation 

 
2 Ljubiša Metikoš, ‘Explaining and Contesting Judicial Profiling Systems’ (2024) Technology and 
Regulation 188; Paul B de Laat, ‘Algorithmic Decision-Making Employing Profiling: Will Trade 
Secrecy Protection Render the Right to Explanation Toothless?’ (2022) 24 Ethics and Information 
Technology 17; Emre Bayamlıoğlu, ‘The Right to Contest Automated Decisions under the General 
Data Protection Regulation: Beyond the so-Called “Right to Explanation”’ (2022) 16 Regulation & 
Governance 1058; Diana Dimitrova, ‘The Right to Explanation under the Right of Access to Personal 
Data: Legal Foundations in and beyond the GDPR’ (2020) 6 European Data Protection Law Review 
(EDPL) 211; Bryan Casey, Ashkon Farhangi and Roland Vogl, ‘Rethinking Explainable Machines: 
The GDPR’s “Right to Explanation” Debate and the Rise of Algorithmic Audits in Enterprise’ (2019) 
34 Berkeley Technology Law Journal 143; Elena Falletti, ‘Automated Decisions and Article No. 22 
GDPR of the European Union: An Analysis of the Right to an “Explanation”’ (27 December 2019); 
Tae Wan Kim and Bryan R Routledge, ‘Informational Privacy, A Right to Explanation, and 
Interpretable AI’, 2018 IEEE Symposium on Privacy-Aware Computing (PAC) (2018); Margot E 
Kaminski, ‘Binary Governance: Lessons from the GDPR’s Approach to Algorithmic Accountability’ 
(2018) 92 Southern California Law Review 1529; Margot E Kaminski, ‘The Right to Explanation, 
Explained’ (2019) 34 Berkeley Technology Law Journal 189; Margot E Kaminski and Jennifer M Urban, 
‘The Right to Contest AI’ 121 Columbia Law Review 93; Gianclaudio Malgieri, ‘Automated Decision-
Making in the EU Member States: The Right to Explanation and Other “Suitable Safeguards” in the 
National Legislations’ (2019) 35 Computer Law & Security Review 105327; Gianclaudio Malgieri and 
Giovanni Comandé, ‘Why a Right to Legibility of Automated Decision-Making Exists in the 
General Data Protection Regulation’ 4 International Data Privacy Law 243; Sandra Wachter, Brent 
Mittelstadt and Luciano Floridi, ‘Why a Right to Explanation of Automated Decision-Making Does 
Not Exist in the General Data Protection Regulation’ (2017) 7 International Data Privacy Law 76; 
Sandra Wachter, Brent Mittelstadt and Chris Russell, ‘Counterfactual Explanations without 
Opening the Black Box: Automated Decisions and the GDPR’ (2017) 31 Harvard Journal of Law & 
Technology 841; Bryce Goodman and Seth Flaxman, ‘EU Regulations on Algorithmic Decision-
Making and a “Right to Explanation”’, 2016 ICML Workshop on Human Interpretability in Machine 
Learning (2015); Andrew D Selbst and Julia Powles, ‘Meaningful Information and the Right to 
Explanation’ (2017) 7 International Data Privacy Law 233; Claudio Sarra, ‘Put Dialectics into the 
Machine: Protection against Automatic-Decision-Making through a Deeper Understanding of 
Contestability by Design’ (2020) 20 Global Jurist; Andrew D Selbst and Solon Barocas, ‘The Intuitive 
Appeal of Explainable Machines’ (2018) 87 Fordham Law Review 1085; Tal Z Zarsky, ‘Transparent 
Predictions’ (2013) 2013 University of Illinois Law Review 1503; Ljubiša Metikoš, ‘Leg het me nog één 
keer uit: het recht op een uitleg na Uber en Ola. Annotatie bij Hof Amsterdam, 4 april 2023’ Privacy 
& Informatie; Aviva de Groot, Care to Explain?: A Critical Epistemic in/Justice Based Analysis of Legal 
Explanation Obligations and Ideals for ‘AI’-Infused Times (Doctoral Thesis, Tilburg University, 2023); 
Michael Veale and Lilian Edwards, ‘Clarity, Surprises, and Further Questions in the Article 29 
Working Party Draft Guidance on Automated Decision-Making and Profiling’ (2018) 34 Computer 
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in the General Data Protection Regulation (GDPR) has raised many questions 
regarding how exactly data subjects can exercise this right. Scholars have debated 
what the scope of the right to an explanation is, what kind of information must 
be disclosed under it, as well as how we should balance this right vis à vis other 
rights and interests. Yet, little work has been done on the modest, but growing, 
number of cases that are starting to emerge on the right to an explanation across 

 
Law & Security Review 398; Lilian Edwards and Michael Veale, ‘Enslaving the Algorithm: From a 
“Right to an Explanation” to a “Right to Better Decisions”?’ 16 IEEE Security & Privacy 46; Reuben 
Binns and Michael Veale, ‘Is That Your Final Decision? Multi-Stage Profiling, Selective Effects, and 
Article 22 of the GDPR’ (2021) 11 International Data Privacy Law 319; Lilian Edwards and Michael 
Veale, ‘Slave to the Algorithm? Why a Right to Explanation Is Probably Not the Remedy You Are 
Looking For’ (2017) 18 Duke Law & Technology Review 67; Mendoza, Isak and Bygrave, Lee A., The 
Right Not to Be Subject to Automated Decisions Based on Profiling in Tatiani Synodinou, Philippe 
Jougleux, Christiana Markou, Thalia Prastitou (eds.), EU Internet Law: Regulation and Enforcement 
(Springer, 2017); Maja Brkan and Grégory Bonnet, ‘Legal and Technical Feasibility of the GDPR’s 
Quest for Explanation of Algorithmic Decisions: Of Black Boxes, White Boxes and Fata Morganas’ 
(2020) 11 European Journal of Risk Regulation 18; Tosoni, Luca, The Right To Object to Automated 
Individual Decisions: Resolving the Ambiguity of Article 22(1) of the General Data Protection 
Regulation 11 International Data Privacy Law (2021), University of Oslo Faculty of Law Research 
Paper No. 2021-07; Antoni Roig, ‘Safeguards for the Right Not to Be Subject to a Decision Based 
Solely on Automated Processing (Article 22 GDPR)’ (2017) 8 European Journal of Law and 
Technology; Philipp Hacker and Jan-Hendrik Passoth, ‘Varieties of AI Explanations Under the Law. 
From the GDPR to the AIA, and Beyond’ in Andreas Holzinger and others (eds), xxAI - Beyond 
Explainable AI: International Workshop, Held in Conjunction with ICML 2020, July 18, 2020, Vienna, 
Austria, Revised and Extended Papers (Springer International Publishing 2022); Maja Nišević, Arno 
Cuypers and Jan De Bruyne, ‘Explainable AI: Can the AI Act and the GDPR Go out for a Date?’, 
2024 International Joint Conference on Neural Networks (IJCNN) (2024); Demkova, Simona, The AI 
Act's Right to Explanation: A Plea for an Integrated Remedy (October 31, 2024), SSRN; Marco 
Almada, 'Technical AI Transparency: A Legal View of the Black Box, SSRN, (January 14 2025); Luca 
Nannini, 'Habemus a Right to an Explanation: so What? – A Framework on Transparency-
Explainability Functionality and Tensions in the EU AI Act' Proceedings of the AAAI/ACM 
Conference on AI, Ethics, and Society, 7(1), 1023-1035. 
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the EU,3 let alone how that case law may affect the new right to an explanation 
under the AI Act (AIA).4  

For the purposes of this chapter, we identified relevant cases across several 
European jurisdictions; Austria, the Netherlands, Sweden, Denmark, Finland, 
and Germany as well as cases brought before the Court of Justice of the European 
Union (CJEU). We use this case law to tackle some unresolved questions in legal 
scholarship, with the specific goal of also informing the interpretation of the right 
to an explanation under the AIA.  

We start with a short review of how the right to an explanation, lacking a concrete 
and direct formulation in the GDPR, has taken shape in legal scholarship. To this 
end, we provide an analysis of art. 13, 14, 15, and 22 GDPR; showcasing two 

 
3 Bundesverwaltungsgericht [2021] Federal Administrative Court, Austria 
ECLI:AT:BVWG:2021:W211.2234354.1.00, W211 2234354-1; Datatilsynet [2020] DPA, Denmark 2019-421-
0028; Datenschutzbehörde [2020] DPA, Austria ECLI:AT:DSB:2020:2020.0.436.002; Rechtbank 
Amsterdam [2021] District Court, The Netherlands ECLI:NL:RBAMS:2021:1018, C/13/692003 / HA 
RK 20-302; SCHUFA [2023] CJEU ECLI:EU:C:2023:957; Rechtbank Den Haag [2020] District Court 
The Hague, The Netherlands ECLI:NL:RBDHA:2020:1013, C-09-585239-KG ZA 19-1221; 
Verwaltungsgericht Wiesbaden [2021] Administrative Court Wiesbaden, Germany 
ECLI:DE:VGWIESB:2021:1001.6K788.20.WI.00, 6 K 788/20.WI; Berliner Beauftragte für Datenschutz 
und Informationsfreiheit [2023] DPA Berlin, Germany <https://www.datenschutz-
berlin.de/pressemitteilung/computer-sagt-nein>; Opinion of Advocate-General Pikamäe in the 
SCHUFA case [2023] CJEU ECLI:EU:C:2023:220; Klarna [2023] Stockholm Administrative Court, 
Sweden 7679-22; Rechtbank Gelderland [2022] District Court Gelderland, The Netherlands 
ECLI:NL:RBGEL:2022:6145, C/05/404505 / HA RK 22-99. 1; Gerechtshof Amsterdam, 200295742/01 
[2023] Appeals Court Amsterdam, The Netherlands ECLI:NL:GHAMS:2023:793; 
Verwaltungsgerichtshof [2023] Supreme Administrative Court Austria, 
ECLI:AT:VWGH:2023:RO2021040010.J09, Ro 2021/04/0010-11; Bundesverwaltungsgericht [2023] 
Federal Administrative Court Austria ECLI:AT:BVWG:2023:W252.2237416.1.00; 
Bundesverwaltungsgericht [2023] Federal Administrative Court Austria 
ECLI:AT:BVWG:2023:W256.2234851.1.00 W256 2234851-1; Bundesverwaltungsgericht [2023] Federal 
Administrative Court ECLI:AT:BVWG:2023:W252.2246581.1.00, W252 2246581-1/6E; Opinion of 
Advocate-General De La Tour in the case of Dun & Bradstreet [2024] CJEU ECLI:EU:C:2024:745, C-
203/22; Rechtbank Amsterdam [2024] District Court Amsterdam, The Netherlands 
ECLI:NL:RBAMS:2024:4019, 742407 / HA RK 23-366; Tietosuojavaltuutetun toimisto [2020] Finnish 
Data Protection Authority, 6482/186/2020; Dun & Bradstreet [2025] CJEU ECLI:EU:C:2025:117.  
4 European Parliament legislative resolution of 13 March 2024 on the proposal for a regulation of the 
European Parliament and of the Council on laying down harmonised rules on Artificial Intelligence 
(Artificial Intelligence Act) and amending certain Union Legislative Acts (COM(2021)0206 – C9-
0146/2021 – 2021/0106(COD)) 
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different methods of deducing the right to an explanation from these provisions. 
First, we read art. 22(3) GDPR in light of Recital 71 GDPR. Secondly, we also 
deduce the right to an explanation from art. 13, 14, or 15 GDPR. 

Next, we formulate three key interpretive issues of the right to an explanation 
that have been raised in scholarly literature and the relevant case law: 

• Firstly, we ask what the scope is of the right to an explanation. We look 
for example at whether the right to an explanation only applies to solely 
automated decision-making or if it also encompasses situations in which 
automated systems merely assist a human decision-maker.5  

• Secondly, we discuss what the right to an explanation encompasses 
substantively; i.e. what kind of information needs to be disclosed. To this 
end, we also look at whether the right to an explanation requires 
explanations of how a particular output or decision was reached, or how 
the automated decision-making system works in general. In legal 
scholarship, the difference between these explanations has also been 
referred to as ‘ex post’ and ‘ex ante’ explanations, ‘Subject-Centric 
Explanations’ and ‘Model-Centric Explanations’, or ‘strong’ and ‘weak 
explanations’.6  

• Thirdly, we discuss how one must deal with the issue of balancing the 
right to an explanation, with other rights and interests, such as the right 
to a fair trial, intellectual property rights, trade secrets,7 (national) 
security interests,8 and business interests.9 

 

 
5 SCHUFA [2023] CJEU ECLI:EU:C:2023:957; Rechtbank Amsterdam [2021] District Court, The 
Netherlands ECLI:NL:RBAMS:2021:1018, C/13/692003 / HA RK 20-302; Wachter, Mittelstadt and 
Floridi (n 2); Malgieri and Comandé (n 2).; Landsgericht Traunstein (n 3). 
6 De Laat (n 2); Edwards and Veale, ‘Enslaving the Algorithm: From a “Right to an Explanation” to a 
“Right to Better Decisions”?’ (n 2); Wachter, Mittelstadt and Floridi (n 2). 
7 De Laat (n 2).  
8 Metikoš ‘Explaining and Contesting Judicial Profiling systems’ (n 2); Rechtbank Den Haag [2020] 
District Court The Hague, The Netherlands ECLI:NL:RBDHA:2020:1013, C-09-585239-KG ZA 19-
1221.  
9 Rechtbank Amsterdam (n 5); de Laat (n 2). 
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Building on the interpretative framework that we develop based on the GDPR’s 
case law, we also explore the AIA’s right to an explanation. The new AIA also 
provides a right to an explanation for specific high-risk AI-systems under art. 86 
AIA. This new provision does not amend the right to an explanation under the 
GDPR, but rather provides an additional right that individual decision-subjects 
can exercise besides the right to an explanation under the GDPR. 

Our aim here is to compare these two different regimes to create a comprehensive 
understanding of the right to an explanation under EU law. With this, we hope 
to provide a firm legal-doctrinal foundation for scholars working on 
explainability rights.  

Our intended audience here consists mainly of legal-doctrinal scholars working 
on the GDPR and the AIA. However, this chapter can also prove to be useful for 
non-EU scholars working on the topic of AI explainability from a comparative 
perspective, legal-philosophical scholars working on the normative goals 
underpinning explainability rights, as well as computer science scholars wishing 
to operationalize explainability requirements in AI systems. 

2. The right to an explanation under the GDPR 
 

Under the GDPR, there is not one provision that explicitly provides a person 
with a ‘right to an explanation’. Rather, legal scholars have proposed two 
interpretative methods to deduce the right to an explanation from a variety of 
different provisions and Recitals. The first method relies directly on a number of 
safeguards that are required to be put in place by art. 22 GDPR.10 The second 
relies on the right to ‘meaningful information about the logic involved’, present in art. 
13, 14, and 15 GDPR.11 In the following section, we discuss both methods. This 
shall provide a starting point for the various questions that have arisen regarding 
how a right to an explanation would function in practice. These questions, which 

 
10 Sarra (n 2); Malgieri and Comandé (n 5); Bayamlıoğlu (n 2). 
11 Kaminski, ‘The Right to Explanation, Explained’ (n 2). 
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have their basis in academic literature, are also discussed in the case law of 
different EU Member States. In turn, this shows the wide practical and societal 
importance of these questions for the use of (semi-)automated decision-making 
systems in the EU. 

2.1. Safeguards listed in art. 22 GDPR and Recital 71 
Art. 22 GDPR, while not explicitly mentioning any transparency rights, plays a 
crucial role in the scholarly discussion on the right to an explanation. This is, in 
part, because it formulates a variety of obligations on data controllers regarding 
the use of automated decision-making systems. 

Paragraph (1) of this provision states that a data subject shall not be subject to a 
decision based solely on automated processing when such a decision produces 
legal effects or significantly affects the data subject in question. Paragraph (2), 
subsequently, formulates three exceptions to this general ban: 

 

‘Paragraph 1 shall not apply if the decision: 

(a) is necessary for entering into, or performance of, a contract between the data 
subject and a data controller; 

(b) is authorized by Union or Member State law to which the controller is subject 
and which also lays down suitable measures to safeguard the data subject’s rights 
and freedoms and legitimate interests; or 

(c) is based on the data subject’s explicit consent.’ 

 

 
Finally, paragraph 3 states that in case the decision is taken based on grounds (a) 
or (c), the data controller must implement ‘suitable measures to safeguard the data 
subject’s rights and freedoms and legitimate interests, at least the right to obtain human 
intervention on the part of the controller, to express his or her point of view and to contest 
the decision.’  
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One might be surprised to see, however, that the right to an explanation is not 
explicitly mentioned in this list of safeguards. This is because art. 22 GDPR is not 
centrally aimed at providing a right to an explanation, but rather to put a stop to 
certain kinds of solely automated decision-making. To find the term ‘right to an 
explanation’, we have to look at Recital 71 GDPR. Here it is stated that the 
aforementioned safeguards should include ‘specific information to the data subject 
and the right to obtain human intervention, to express his or her point of view, to obtain 
an explanation of the decision reached after such assessment and to challenge the 
decision.’12 

Based on this, one could argue that the right to an explanation could be deduced 
from the list of safeguards mentioned in Recital 71 GDPR. We could then read 
the right to an explanation into the list of safeguards that should be implemented 
under art. 22(3) GDPR. Wachter et al. problematize this view, however, by stating 
that Recitals are, in principle, not binding.13 Indeed, Recitals are meant to set out 
the reasons for a piece of legislation, and not to provide normative provisions or 
obligations.14 On the other hand, Malgieri and Comandé put forward that 
Recitals can, nevertheless, provide an interpretative guide to reading art. 22 
GDPR together with other provisions of the GDPR such as art. 13, 14, and 15 
GDPR.15 

Different scholars have also proposed such a systematic and holistic reading of 
art. 22 GDPR. We could, for example, interpret the safeguards mentioned in 
Recital 71, such as the right to an explanation, together with the right to contest, 
which does feature in art. 22(3) GDPR. Scholars argue that to be able to contest 
an automated decision, one needs to be able to understand on what grounds a 

 
12 Underlining added for emphasis.  
13 Wachter, Mittelstadt and Floridi (n 2).  
14 European Commission. Legal Service., Joint Practical Guide of the European Parliament, the Council 
and the Commission for Persons Involved in the Drafting of European Union Legislation. (Publications 
Office 2015) chapter 10.  
15 Malgieri and Comandé (n 2).  
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system came to a certain output.16 This view is also echoed in the WP29 
Guidelines on automated decision-making and profiling, stating that: ‘The data 
subject will only be able to challenge a decision or express their view if they fully 
understand how it has been made and on what basis.’17 Moreover, others have also 
suggested reading art. 22 GDPR in light of fundamental rights to strengthen 
explainability rights.18 Especially the right to an effective remedy and the right to 
a fair trial might prove useful in this regard, considering that a lack of AI 
transparency can be in breach of these rights according to the CJEU in the PNR 
case.19 

However, the safeguards mentioned in art. 22(3) only refer to cases where 
automated decision-making is performed on grounds (a) or (c). This is 
problematic, as there are no safeguards explicitly mentioned for cases that fall 
under (b). It is up to the national legislator in such cases, to formulate ‘suitable 
safeguards’. 

In the national legislation of some EU Member States, the safeguards that need 
to be implemented if decision-making is based on ground (b) has taken quite 
broad and vague forms.20 The GDPR implementation law of the Netherlands 
(UAVG), for example, provides an exception for the ban in art. 22 GDPR under 
art. 40(1) UAVG. This applies when automated decision-making is necessary to 
fulfil a legal requirement or a task carried out in the public interest.21 However, it 
does not apply to cases of profiling.22  

 
16 Marco Almada, ‘Human Intervention in Automated Decision-Making: Toward the Construction 
of Contestable Systems’, Proceedings of the Seventeenth International Conference on Artificial Intelligence 
and Law (Association for Computing Machinery 2019); Bayamlıoğlu (n 2); Sarra (n 2). 
17 EDPB, ‘Guidelines on Automated Individual Decision-Making and Profiling for the Purposes of 
Regulation 2016/679’ (2018)  
<https://edpb.europa.eu/our-work-tools/our-documents/guideline/automated-decision-making-
and-profiling_en> accessed 18 December 2020.  
18 Dimitrova (n 2).  
19 Ligue des droits humains ASBL v Conseil des ministres [2022] CJEU C-817/19 [194]. ibid. 
20 Malgieri (n 2).  
21 The wording of this provision is identical to the processing ground present in art. 6 GDPR 
22 It is unclear whether the text of the UAVG implies that profiling can never be legitimated by being 
based on any Dutch national law or public interest. 
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Art. 40(2) UAVG reiterates the requirement that there needs to be ‘suitable 
safeguards’. But the UAVG does not specify exactly what these safeguards are. Nor 
does it mention the need to provide an explanation. It simply copies the phrasing 
of the GDPR in this regard. Other EU Member States. such as France, do provide 
more detailed implementations of art. 22(3)(b) GDPR.23 This shows that while the 
GDPR aims to provide a comprehensive and unified regulatory regime for the 
EU, the right to an explanation is quite fragmented in the national laws of EU 
Member States. 

2.2. Notification obligations and data access rights under art. 13, 14, and 15 
GDPR 

Scholars have also relied upon a different set of provisions to deduce the right to 
an explanation. Namely: art. 13, 14, and 15 GDPR.24 Art. 13 and 14 GDPR, first of 
all, set forth transparency and notification requirements for when personal data 
is collected directly, or indirectly, about the data subject in question. These 
provisions both state in art. 13(2)(f) and art. 14(2)(g) that data controllers must give 
information concerning: ‘the existence of automated decision-making, including 
profiling, referred to in Article 22(1) and (4) and, at least in those cases, meaningful 
information about the logic involved, as well as the significance and the envisaged 
consequences of such processing for the data subject’. Art. 15 GDPR too provides a 
verbatim copy of this text in paragraph (1)(h), but differs in that it provides a direct 
right for data subjects to request such information ex post (after a decision has 
been made). The information that is to be provided should therefore be 
individualized to their situation in particular.25 

In short, various grounds for a ‘right to an explanation’, can be deduced from this 
analysis. First, we can place the right to an explanation in the list of safeguards 
required by art. 22(3) GDPR, by reading it in light of Recital 71. Still, these 
safeguards would, in any case, only apply to cases mentioned under subparagraph 

 
23 Malgieri (n 2).  
24 See, for instance: Selbst and Powles (n 2). 
25 Laurens Naudts, Pierre Dewitte and Jef Ausloos, ‘Meaningful Transparency through Data Rights: 
A Multidimensional Analysis’ in Eleni Kosta, Ronald Leenes and Irene Kamara, Research handbook 
on EU data protection law (Edgar Elgar Publishing Ltd 2022).  
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(a), when the processing is necessary for going into or performing a contractual 
agreement, or subparagraph (c), when there is explicit consent. For cases under 
subparagraph (b), when the automated decision-making is authorized by Union 
or Member State law, only certain Member States explicitly provide a right to an 
explanation.26 Secondly, we can also refer to art. 13, 14, and 15 GDPR, and read 
them in combination with art. 22 GDPR and Recital 71 to provide a right to an 
explanation for solely automated decision-making processes more broadly. 

The various provisions we have just discussed have given rise to a number of 
interpretative questions on the right to an explanation. In section 4, we shall 
delve deeper into the scoping questions that have arisen regarding the GDPR’s 
right to an explanation, to help delineate the area of applicability of the GDPR’s 
right to an explanation. Moreover, we will also compare how these same 
questions could arise under the AIA. 

3. The right to an explanation under the AI Act 
 

The AIA is an EU regulation that aims to regulate the production, distribution, 
and use of AI systems. The AIA can be seen as a form of product safety 
regulation, as it is closely interlinked with the proposed AI liability directive and 
a set of revisions to other sectoral safety regulations such as the Machinery 
Regulation and the General Product Safety Directive.27 The fact that the AIA was 
developed from a product safety perspective, has resulted in a risk-based 
approach to the regulation of AI.28 This entails that certain uses of AI are 
regulated differently, depending on the risk they have to harm citizens’ safety, 
health, and fundamental rights. Under art. 5 AIA, unacceptable risk-level AI 
systems are banned, for example. However, the brunt of the regulatory 

 
26 Malgieri (n 2).  
27 Nathalie A Smuha and others, ‘How the EU Can Achieve Legally Trustworthy AI: A Response to 
the European Commission’s Proposal for an Artificial Intelligence Act’ (5 August 2021).  
28 Marco Almada and Nicolas Petit, ‘The EU AI Act: A Medley of Product Safety and Fundamental 
Rights?’ Robert Schuman Centre for Advanced Studies Research Paper No. 2023/59 (18 October 
2023).  
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requirements of the AIA applies to high-risk AI systems, which are defined in art. 
6 AIA and Annex I and III.  

Annex I refers to a list of EU product safety legislation, while Annex III lists 
several different risky uses of AI in certain sectors. The latter includes biometrics 
(1) critical infrastructure (2), education (3), employment (4), essential private and 
public services and benefits (5), law enforcement (6), migration (7), and the 
administration of justice and democratic processes (8).  

Within this list, Annex III also provides more detailed and specific examples of 
high-risk use cases. This includes for instance AI systems that are intended to be 
used as polygraphs by migration officials, under (7)(a) Annex III. However, there 
exist also several exceptions to this list. For example, whereas AI systems 
intended to be used to evaluate the creditworthiness of natural persons are 
classified as high-risk AI ((5)(b) Annex III), AI systems that are used for the 
purpose of detecting financial fraud are exempted. Several exceptions to the list 
of Annex III can also be found within the Recitals of the AIA. Recital 61 for 
example states that judicial assistance AI systems should not be classified as high 
risk when they are ‘intended for purely ancillary administrative activities that do not 
affect the actual administration of justice in individual cases, such as pseudonymization 
of judicial decisions, documents or data, communication between personnel, 
administrative tasks’. 

We can thus see a number of specific provisions that exempt certain types of use-
cases throughout the text of the AIA. The AIA also contains a more broadly 
applicable exception to the classification of high-risk AI systems, under art. 6(3) 
AIA. Here it is stated that an AI system mentioned in Annex III shall not be 
considered to be high risk if it does not pose a significant risk of harm to the 
health, safety, or fundamental rights of natural persons. In this regard, art. 6(3) 
AIA again focuses on ancillary AI systems, and states that a lack of risk might 
arise if the system in question does not materially influence the outcome of a 
decision-making process. This can occur if the AI is intended to perform a narrow 
procedural task (a), improve the result of a previously completed human activity 
(b), detect decision-making patterns or deviations from prior decision-making 
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patterns and is not meant to replace or influence the previously completed human 
assessment without proper human review (c), or perform a preparatory task to an 
assessment relevant for the purposes of the use cases listed in Annex III (d).  

This regime does not apply to profiling systems, however. If such systems are used 
in any of the use-cases mentioned in Annex III, they are considered to be high 
risk, according to the last paragraph of art. 6(3) AIA.29  

The first version of the AIA, proposed by the European Commission, lacked the 
broad exception of art. 6(3) AIA, as it was only later added during the legislative 
process. In part, art. 6(3) AIA seems to tackle the issue of overregulation, as the 
original proposal for the AIA addressed a wide array of different sectors.30 
However, the introduction of art. 6(3) AIA will most likely only exacerbate the 
issue of vagueness and a lack of regulatory fortitude that already plagues the 
AIA.31 It is not surprising then to see that some have described the regime of art. 
6(3) AIA as a ‘glaring loophole’, as it gives providers of high-risk AI systems an easy 
way to exempt themselves from the obligations of the AIA.32  

All things considered, a quite complex framework has arisen in regard to the 
scope of what AI systems fall under the right to an explanation of the AIA. The 
AIA tries to provide, first, a clear and direct list of what is considered to be high-
risk AI. It then combines this list, however, with a broad balancing exercise akin 
to what is in place in the GDPR. This results in a (failed) regulatory chimera, that 
does not provide the legal certainty of directly stating which systems are 
regulated in a list, nor the broad scope of a balancing exercise that might 
encompass many different kinds of AI systems. 

 
29 Metikoš, ‘Explaining and Contesting Judicial Profiling Systems’ (n 2). 
30 Ljubiša Metikoš, ‘An Interdisciplinary Toolbox for Researching the AI-Act’ [2023] Verfassungsblog 
<https://verfassungsblog.de/an-interdisciplinary-toolbox-for-researching-the-ai-act/> accessed 11 
September 2023; Ljubiša Metikoš, ‘The AI Act: Weak, Weaker, Weakest’ (2024) 3, Mediaforum 73.  
31 Ljubiša Metikoš, ‘The AI Act: Weak, Weaker, Weakest’ (n 30). 
32 ‘The EU AI Act: A Failure for Human Rights, a Victory for Industry and Law Enforcement’ (Access 
Now) <https://www.accessnow.org/press-release/ai-act-failure-for-human-rights-victory-for-
industry-and-law-enforcement/> accessed 16 April 2024.  
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For those systems that do fall under the category of ‘high-risk AI’, the AIA puts 
forward various transparency requirements, that address a wide array of different 
actors and recipients. These include for example the requirement for the provider 
of an AI system to make the AI system in question intelligible for its users so that 
they might exercise human oversight, under art. 14 AIA.  

The AIA also addresses decision-subjects, and explicitly formulates a right to an 
explanation for individual decision-making in art. 86 AIA under Chapter IX, 
Section 4 titled ‘Remedies’. The right to an explanation seems to have been an 
afterthought, however. The original proposal of the AIA by the European 
Commission wholly lacked any individual rights, which was criticized in 
academic scholarship at the time.33 The AIA contrasts with the GDPR in this 
regard, as the latter is full of provisions that provide data subjects with different 
rights to exercise control over their personal data (notably in Chapter III GDPR). 

Art. 86(1) AIA encompasses decisions that are taken based on the output from a 
high-risk AI system listed in Annex III, which produces legal or similarly 
significant effects on the health, safety, or fundamental rights of that person. It is 
up to the individual themselves, however, to assess whether or not they are 
significantly affected, according to art. 86(1) and Recital 171. If these conditions are 
fulfilled, the affected person has the right to obtain ‘clear and meaningful 
explanations of the role of the AI system in the decision-making procedure and the main 
elements of the decision taken.’ The AIA does not directly formulate any exceptions 
to this regime. Nevertheless, art. 86(2) does state that the right to an explanation 
under the AIA does not apply if any exemptions or restrictions arise from EU or 
Member State law. 

The text of art. 86 AIA seems to provide a big improvement compared to the 
vague provisions of the GDPR. Still, several questions can be raised regarding art. 
86 AIA, as well as the right to an explanation under the GDPR. In the next 
sections, we discuss three sets of questions in particular: questions of scope, 
questions of content, and questions on the balancing of rights and interests 

 
33 Smuha and others (n 27). 
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4. Questions of scope 
 

One of the most crucial questions regarding the right to an explanation is the 
extent of its scope. Exactly when can one invoke the right to an explanation? The 
GDPR and the AIA take quite different approaches in this regard. While the AIA 
delineates the scope of the right to an explanation to a somewhat pre-determined 
list of specific AI systems, the GDPR has a more general approach, providing a 
list of criteria to which a system has to conform to fall under its scope. As we will 
see in the next few paragraphs, both approaches still raise a number of 
interpretative questions. 

4.1. The general scope of the GDPR 
Before we delve deeper into the scope of art. 22 GDPR, it is important to delineate 
the scope of the GDPR as a whole. The GDPR only applies to situations in which 
the personal data of a natural person is processed, according to art. 2(1). 
Consequently, when no personal data is processed, the GDPR’s right to an 
explanation is not applicable. In practice, such situations should be quite rare, as 
the concepts of ‘processing’ of ‘personal data’ are interpreted very broadly, 
including a wide number of different types of actions and kinds of data.34  

One would assume that any case of profiling would surely fall under the scope of 
the GDPR. However, in a case before the Department of Administrative Appeals 
of the Dutch Council of State, the exercise of art. 15 GDPR was hindered as the 
profiling that took place did not constitute a form of processing of personal 
data.35 In this case, a man was classified as high risk for committing fraud by a 

 
34 Österreichischer Rundfunk and others [2003] Court of Justice of the European Union Joined Cases C-
465/00, C-138/01, C-139/01 [43]; College van burgemeester en wethouders van Rotterdam v MEE Rijkeboer 
[2009] Court of Justice of the European Union C-553/07 [59]; Peter Nowak v Data Protection 
Commissioner [2017] Court of Justice of the European Union C-434/16 [33]; FF v Österreichische 
Datenschutzbehörde and CRIF GmbH [2023] Court of Justice of the European Union Case C-487/21, 
ECLI:EU:C:2023:369 [23]; IAB Europe v Gegevensbeschermingsautoriteit [2024] Court of Justice of the 
European Union Case C-604/22, ECLI:EU:C:2024:214 [36]. 
35 Afdeling bestuursrechtspraak van de Raad van State [2023] (Department of Administrative Appeals 
of the Dutch Council of State) 202107217/1/A3, ECLI:NL:RVS:2023:394. 
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profiling system used by the Dutch tax authority. The man was classified with 
‘code 88’. The Court ruled that this was a broad classification that could apply to 
many different citizens. The man was therefore not identifiable based on this 
classification. Subsequently, the GDPR would not apply to his information 
request, as there was no processing of personal data.36 

4.2. The general scope of the AIA 
The AIA is not limited to cases where personal data is processed, as its scope is 
more directly aimed at addressing AI-based decision-making, rather than 
regulating the processing of personal data. Still, it is questionable whether the 
AIA provides a broader scope than the GDPR in this regard. The AIA specifically 
regulates the use of AI systems. These are defined by art. 3(1) AIA as systems that 
operate with a certain level of autonomy and adaptivity, that can infer from input 
data how to generate various outputs. According to Recital 12 AIA, this excludes 
‘systems that are based on the rules defined solely by natural persons to automatically 
execute operations’. Automatically executing decision trees would therefore not 
fall under the scope of the AIA. The GDPR, however, addresses any form of 
solely automated decision-making, besides those taking place in a personal or 
household activity, foreign policy, or law enforcement, according to art. 2(2)(b)(c) 
and (d) GDPR, respectively. The GDPR’s right to an explanation could therefore 
also include non-autonomous systems such as decision trees. 

Another limitation in the scope of the AIA lies in the fact that it only requires 
explanations from high-risk AI systems. But here again, another exception can be 
found in the balancing exercise of art. 6(3) AIA. Only profiling systems escape the 
regime of art. 6(3) AIA. Nevertheless, profiling still needs to occur in a high-risk 
context for the right to an explanation to be applicable, such as those mentioned 
in Annex III. 

4.3. Three criteria 
While the general scope of the GDPR and AIA are somewhat well-defined, their 
exact application in the context of the right to an explanation has given rise to 

 
36 Ibid. 
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numerous legal questions. In this section, we discuss how we can better 
understand the exact scope of the GDPR’s and AIA’s right to an explanation. To 
this end, we focus on the criteria formulated in the SCHUFA case. In this case, 
the CJEU provided a threefold test to assess the scope of art. 22 GDPR, which in 
turn would limit the scope of the right to an explanation as well.37 These are: 

1. There must be a decision; 
2. The decision must be based solely on automated processing, including 

profiling; 
3. The decision must produce legal effects concerning the data subject, or 

similarly significantly affect them. 
 
In the next paragraphs, we outline how these different elements have been 
interpreted. Moreover, we also examine to what extent these elements exist as 
well under the AIA. 

4.3.1. Decision 
The right to an explanation only applies to decisions. The concept of decision is 
not explicitly defined by art. 22 GDPR, but is interpreted by the CJEU to have a 
‘broad scope’.38 Still, art. 22 GDPR focuses on a singular decision moment. This 
ignores the fact that, in practice, multiple preceding actions can be impactful for 
a data subject, without actually being classified as a decision toward that data 
subject. Binns and Veale, for example, point out that crucial actions can be taken 
in a profiling process by different parties at different times.39 This was 
foregrounded in the SCHUFA case, where the SCHUFA credit agency 
dispensed credit scores about data subjects to banks. Those banks would, 
subsequently, use such scores to make decisions about the creditworthiness of 
the individuals concerned. Therefore, one can argue that SCHUFA did not 
directly make any decisions about data subjects. Nevertheless, these scores were 

 
37 SCHUFA (n 3) [43]. 
38 ibid 45. 
39 Binns and Veale (n 2). 
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so important that banks would not deviate from them in practice, deeply affecting 
the lives of the data subjects. 

By not including SCHUFA’s preparatory tasks under the scope of art. 22 GDPR, 
a data subject would not be able to effectively exercise their right to an 
explanation under art. 15(1)(h) GDPR. Therefore, the CJEU ruled that certain 
preparatory tasks can also fall under the scope of a ‘decision’ in the sense of art. 22 
GDPR, as long as the final decision ‘draws strongly’ on the credit score assigned by 
the third party.40 The Regional Court Traunstein in Germany has provided a 
highly narrow interpretation of this criterion. It states that a credit score 
calculated by a third party can only fall within the scope of art. 22 GDPR if no 
other information is relied upon whatsoever by the final human decision-maker.41 

The right to an explanation under the AIA also focuses on decisions. However, 
the term here refers explicitly to the decision taken by a deployer based on the 
output of a high-risk AI system, according to art. 86(1) AIA. It is then only from 
the deployer that an individual could request an explanation. Potentially, from an 
analogues application of the SCHUFA case, companies such as SCHUFA could, 
nevertheless, also be included under the AIA’s right to an explanation. 

Such an interpretation might be unnecessary, however. The AIA namely 
contains explicit provisions that address other actors besides the final decision-
maker, i.e. the deployer. For example, art. 13 AIA requires that providers develop 
AI systems to be transparent and interpretable to the deployer. Moreover, under 
art. 14 AIA, the system needs to be designed in such a way that the deployer can 
also exercise human oversight over the system. Consequently, deployers are 
much more likely to have the necessary information regarding an AI-system to 
provide an explanation. A decision-subject would therefore not need to request 
an explanation from the provider of the system. In contrast, under the GDPR, a 

 
40 SCHUFA (n 3) [61]. 
41 Landsgericht Traunstein (n 3) [22]. See also the anonymous commentary provided on this case on 
GDPRHub <https://gdprhub.eu/index.php?title=LG_Traunstein_-_6_O_2465/23>, accessed the 23rd of 
January 2025. 
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deployer of an AI system would not be required to understand how the AI system 
functions.42  

4.3.2. Solely automated processing, including profiling 
Under art. 22 GDPR, the right to an explanation only applies to a decision-
making process that is solely automated. The GDPR does not explicitly identify 
what ‘solely’ automated decision-making entails, however. This is problematic, as 
various scholars have already pointed out the concern that a token human might 
be merely involved to circumvent the applicability of art. 22 GDPR.43 The EDPB 
guidelines state, in this regard, that human involvement needs to be ‘meaningful’ 
and not act as a mere token. Moreover, the human overseer must have the 
‘authority and competence to change the decision’ and consider all relevant data.44  

In any case, the human oversight requirement is quite clearly a post-hoc 
obligation. The District Court of Amsterdam ruled, for example, that the mere 
fact that a system has been designed by humans does not constitute meaningful 
human intervention.45 

Still, human reviewers might act as a rubber stamp to take up the legal and ethical 
blame of problematic AI-based decision-making, all the while justifying their use 
in high-stakes environments.46 Green argues in this regard that human oversight 
measures often fail to properly fix and address the errors of problematic AI.47 
Moreover, it might seem confusing that we are even assessing the role of the 
human-in-the-loop in the context of the right to an explanation in any case. 
Arguably, a right to an explanation can be warranted, even if a human makes a 
decision based on an algorithmically generated output as well as other pieces of 

 
42 Metikoš, ‘Explaining and Contesting Judicial Profiling Systems’ (n 3). 
43 Wachter, Mittelstadt and Floridi (n 2); Veale and Edwards (n 2); Edwards and Veale, ‘Enslaving the 
Algorithm: From a “Right to an Explanation” to a “Right to Better Decisions”?’ (n 2); Edwards and 
Veale, ‘Slave to the Algorithm?’ (n 2); Malgieri (n 2). 
44 EDPB (n 17).  
45 Rechtbank Amsterdam [2024] (n 3) [4.22]. 
46 Madeleine Clare Elish, ‘Moral Crumple Zones: Cautionary Tales in Human-Robot Interaction’ 
(2019) 5 Engaging Science, Technology, and Society 40. 
47 Ben Green, ‘The Flaws of Policies Requiring Human Oversight of Government Algorithms’ (2022) 
45 Computer Law and Security Review. 
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information. The fact that a human overseer has any discretion does not mean 
that a data subject could not still wish to request an explanation of how an 
important piece of algorithmically generated output came to be.  

The CJEU does not elaborate in the SCHUFA case as to what the role should be 
of a human overseer. Nevertheless, scholarship has formulated some criteria that 
could give us some insight into what ‘good’ human oversight would constitute in 
the context of art. 22 GDPR. Wagner, for example, formulates several criteria that 
could help us assess when a situation of ‘quasi-automation’ might arise.48 

Similarly, in the Uber case, the Court of Appeals of Amsterdam ruled that under 
art. 22 GDPR, all necessary information must be taken into account by a human 
reviewer and that a data controller must prove that the reviewers are qualified and 
knowledgeable. Moreover, the court also ruled that it was necessary that data 
subjects be heard by the human reviewer before a final decision is taken.49 

Offering to hear the data subject before a final decision has been taken, also 
played a role in a case regarding a psychological screening system before the 
District Court of the Hague. The court took into account the fact that, before a 
final decision was taken, the data subject was allowed to provide counter-
evidence in the form of an expert report before a human decision-maker. 
Consequently, the court ruled that ‘solely’ automated decision-making did not 
take place, even though the psychological screening system did provide crucial 
information to the human decision-maker.50 

Still, one can argue that the counter-evidence from the decision-subject was not 
truly considered by the decision-maker in their final decision. In such cases, a data 
subject would be nominally heard, without properly being listened to. 

 
48 Ben Wagner, ‘Liable, but Not in Control? Ensuring Meaningful Human Agency in Automated 
Decision-Making Systems’ (2019) 11 Policy & Internet 104. 
49 Ljubiša Metikoš (n 2); ECLI:NL:GHAMS:2023:793, Gerechtshof Amsterdam, 200295742/01 [2023] Hof 
Amsterdam ECLI:NL:GHAMS:2023:793 [3.24]. 
50 Rechtbank Den Haag (n 8) para 4.26. 
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Consequently, this would mean that the overseer still functions as a mere rubber 
stamp for the automated system’s outputs. 

In practice, it is unclear how a data controller could then prove that the measures 
that they took to ensure proper human oversight are indeed sufficient. The 
Supreme Administrative Court of Austria, for example, ruled that a data 
controller’s internal instructions for action could bind a human overseer to not 
make a decision solely based on a system’s output. However, this would still not 
rule out, in this specific case, that the actual decision in question would be 
exclusively based on the output of the profiling system. This is because that 
system could still provide decisive classifications of the data subject.51 

A less strict approach to the concept of human intervention also exists in the case 
law of the GDPR. For example, the District Court of East Brabant in the 
Netherlands ruled that the mere fact that the text of a decision is written with the 
help of an automated system, does not constitute solely automated decision-
making. This consideration might be increasingly relevant when generative AI 
systems such as ChatGPT are employed in legal decision-making procedures, 
where such systems write portions of decisions.52 

In any case, it might also be difficult to ascertain the exact role of human decision-
makers when AI is employed. In a case before the District Court of Gelderland in 
the Netherlands, a data controller claimed to not take solely automated decisions, 
even though AI-based technologies may have been used. The data subject 
contested this, however. The court ruled that it was up to the data subject 
requesting a right to an explanation, to provide ‘concrete indications’ that there was 
solely automated decision-making.53 Consequently, this could place quite a 
heavy procedural burden on data subjects.  

 
51 Verwaltungsgerichtshof (n 3) [80]. 
52 Philipp Hacker, Andreas Engel and Marco Mauer, ‘Regulating ChatGPT and Other Large 
Generative AI Models’ Proceedings of the 2023 ACM Conference on Fairness, Accountability, and 
Transparency (Association for Computing Machinery 2023); Harry Surden, ‘ChatGPT, Artificial 
Intelligence (AI) Large Language Models, and Law’ (31 March 2024) Fordham Law Review.  
53 Rechtbank Gelderland (n 3) [5.22]. 
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Still, a data subject could perhaps avoid having to prove that there was no 
meaningful human intervention altogether by invoking art. 15(1)(h) GDPR. This 
provision states that a data subject has the right to receive information about ‘the 
existence of automated decision-making, including profiling, referred to in Article 22(1) 
and (4) and, at least in those cases, meaningful information about the logic involved’. The 
question arises, however, whether the text ‘at least in those cases’, refers to 
automated decision-making in general, or specifically to solely automated decision-
making in the sense of art. 22(1) and (4) GDPR. In the case of the latter reading, 
art. 15(1)(h) would be limited to cases of solely automated decision-making.  

Here, the case law seems to differ. The Amsterdam Court of Appeals ruled in the 
cases of Uber and Ola, that art. 15(1)(h) is indeed limited to solely automated 
decision-making,54 which is in line with the EDPB Guidelines.55 Contrarily, the 
Austrian Data Protection Authority ruled that when automated systems have 
only assisted a decision-maker, they can still fall under the scope of art. 15(1)(h).56 
Nevertheless, in an appeal before the Federal Administrative Court of Austria, 
this view was overturned, and art. 15(1)(h) was again restricted to the scope of 
solely automated decision-making under art. 22 GDPR.57  

The requirement that no meaningful human intervention takes place, does not 
exist for the AIA’s right to an explanation. The AIA does require that deployers 
exercise human oversight under art. 14 AIA. But such a requirement is not a 
condition for the exercise of art. 86 AIA. More explicitly, the list of high-risk AI 
under Annex III showcases that the EU lawmaker now explicitly recognizes that 
many AI systems assist and support human decision-making. Nevertheless, the 
relative importance of the AI system in the decision-making process, does impact 
the applicability of the right to an explanation. According to art. 6(3) AIA, an AI 
system is not classified as high-risk if it does not have a substantial impact on the 
final decision. 

 
54 Gerechtshof Amsterdam (n 3) [3.32]. 
55 EDPB (n 17).  
56 Datenschutzbehörde [2020] DPA, Austria ECLI:AT:DSB:2020:2020.0.436.002.  
57 Bundesverwaltungsgericht [2023] ECLI:AT:BVWG:2023:W256.2234851.1.00 (n 3) [II.3]. 
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In this regard, the GDPR and the AIA provide two different, but similar, 
mechanisms to distinguish between AI systems that are, or are not, subject to a 
right to an explanation. The GDPR limits the scope of the right to an 
explanation, when a human is strongly substantively involved in the decision-
making process. We can see this reflected in the fact that the Court of Appeals of 
Amsterdam also examines how the oversight is exercised in practice.58 

In short, the GDPR aims to delineate its scope to situations where a decision-
maker draws strongly on the incontrovertible output of a system, disregarding 
their own discretion. However, in the case of the AIA, the EU lawmaker identifies 
such situations not through the question of whether or not a human is properly 
involving themselves or not, which is a vague and difficult to answer question as 
we have seen. Rather, it focuses on the importance of the system itself, regardless 
of how a human interacts with it in practice, providing a more stable scope for the 
right to an explanation. Nevertheless, the requirements of art. 6 and 86 AIA still 
share in common with the GDPR the desire of the EU lawmaker to distinguish 
between systems that are impactful, and those that are not, by limiting the scope 
of the right to an explanation. 

4.3.3. Legal or significant effects 
The GDPR and the AIA both require that a decision be impactful if a decision-
subject wishes to exercise their right to an explanation. Regarding the GDPR’s 
right to an explanation, the EDPB has stated that legal effects include any 
consequence that would affect someone’s legal rights, such as the freedom to 
associate with others, vote in an election, or take legal action. Moreover, this 
would also include the cancellation of a contract, entitlement to or denial of a 
particular social benefit granted by law, such as child or housing benefit, refused 
admission to a country, or denial of citizenship.59 Significant effects, in turn, 
would be any circumstance that ‘significantly influence the circumstances, behaviour 
or choices’ of the data subject.60 The latter could include ‘automatic refusal of an 

 
58 Ljubiša Metikoš (n 2); Gerechtshof Amsterdam [2023] ECLI:NL:GHAMS:2023:793 (n 3). 
59 EDPB (n 17).  
60 ibid.  
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online credit application or e-recruiting practices without any human intervention’, 
according to Recital 71 GDPR.  

In the cases of Uber and Ola, the Appeals Court of Amsterdam judged that the 
termination of the account of a ride-sharing driver should be considered as both a 
legal, and a significant effect. This is because, as a consequence of the driver’s 
contract with the platform being terminated, a driver would also be unable to earn 
an income anymore from that platform. Moreover, certain forms of profiling 
could also lead to criminal prosecution of a data subject.61 It therefore seems that 
one can stack different grounds on which the data subject is impacted. Similarly, 
according to Advocate-General Pikamäe, SCHUFA’s credit score constitutes 
both a legal and significant impact as well.62  

Moreover, such effects do not need to take something away from the data subject 
in a direct sense. In a case before the Supreme Administrative Court of Austria, 
systems that determine the likelihood that a job applicant would be hired, even if 
such results are merely used to target the applicant with employment counselling, 
is considered a significant effect.63 Similarly, in a case before the Finnish Data 
Protection Authority, the classification of data subjects also had a significant 
impact. In a medical case, patients who were not chosen by a profiling system, 
would not receive additional medical attention, significantly impacting them by 
depriving them of (proactive) healthcare services.64 

Art. 86 AIA similarly requires that a decision has legal or similarly significant 
effects which can have an adverse impact on a person’s health, safety, or 
fundamental rights. However, it is up to the decision-subject themselves to assess 
whether this is the case. This makes the requirement of a decision needing to have 
legal or significant effects pointless, as it is wholly within the discretion of the 
decision-subject to consider any decision to have a legal or significant impact.  

 
61 Gerechtshof Amsterdam [2023] ECLI:NL:GHAMS:2023:793 (n 3) [3.18]. 
62 Opinion of Advocate-General Pikamäe in the SCHUFA case (n 3) [34 and 35].  
63 Verwaltungsgerichtshof (n 3) [79]. 
64 Tietosuojavaltuutetun toimisto (n 3). 
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5. Questions of content 
 

Several questions can be raised regarding the content of the right to an 
explanation. First, how specific must an explanation be? Does a data subject have 
a right to access the training data of a Machine Learning model, or is a mere 
description of the system sufficient? And if a mere description suffices, must this 
explanation be about how a specific output came to be or how the model works 
in general? Secondly, we ask what the goal is of the right to an explanation and 
how this goal might impact the kind of explanations that must be provided. 
Lastly, we also consider how the lessons learned from GDPR case law on these 
questions of content, may inform the right to an explanation in the AIA. 

5.1. How specific must an explanation be? 
As alluded to before, the content of the GDPR’s right to an explanation under 
the GDPR can be interpreted in many different ways. In the following paragraphs, 
we first discuss how highly complex information, such as the mathematical 
formula of an automated decision-making system, is excluded from the right to 
an explanation. Secondly, we discuss whether explanations must be given about 
the system in general, or how a specific decision came to be. Lastly, we discuss 
various alternative readings of the right to an explanation, that aim to formulate 
the goal and contents of this right. 

5.1.1. Mathematical formulas and understandable descriptions 
The right to an explanation under the GDPR is not to be understood as a right to 
fully render transparent the underlying system producing the decision. Rather, 
the right to an explanation has consistently been interpreted as a thorough and 
relevant description (of that underlying system). For example, the EDPB guidelines 
state that, rather than provide a complex mathematical explanation about how 
the AI system functions, the data controller must use clear and comprehensive 
information. The guidelines suggest for example that a data controller could 
disclose the categories of data that have been used, why these categories are 
pertinent, the statistics used to build a profile, how a profile is relevant to the 
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decision-making process, and how such a profile is used to make a decision about 
a data subject.65 These categories have also been reiterated and applied by the 
Austrian Federal Administrative Court and the Austrian Supreme 
Administrative Court. These courts ruled that the mathematical formula 
underlying the automated decision does not need to be disclosed.66 Similarly, in 
the Uber and Ola case, the Court of Appeals of Amsterdam also ruled that there 
is no need to disclose the algorithm itself.67 At the very least, however, a data 
controller must clearly answer whether or not solely automated decision-making 
takes place.68  

Advocate-General De La Tour also states in his opinion on the Dun & Bradstreet 
case, that highly technical explanations are not ‘meaningful’ as Recital 58 GDPR 
states that information disclosures under the GDPR should be ‘easy to 
understand’.69 The District Court of Amsterdam also discussed this requirement 
in its ruling against Twitter (X). The court stated that words such as ‘can’, ‘could’, 
or ‘potentially’, must be avoided to enhance the intelligibility of the explanation.70 

The CJEU confirmed the requirement that explanations should be 
understandable in its verdict on the Dun & Bradstreet case. The court follows the 
Advocate-General and states in this regard that explanations must be 
comprehensible to the data subject. The (mere) disclosure of the underlying 
algorithm, or a mathematical formula, does not suffice.71  

 
65 Article 29 Working Party, ‘Guidelines on Automated Individual Decision-Making and Profiling for 
the Purposes of Regulation 2016/679 (Wp251rev.01)’ (3 October 2017) 
<https://ec.europa.eu/newsroom/article29/items/612053> accessed 17 July 2021.  
66 Bundesverwaltungsgericht [2023] ECLI:AT:BVWG:2023:W252.2246581.1.00 (n 3) [II.3.3]; 
Verwaltungsgerichtshof [2023] ECLI:AT:VWGH:2023:RO2021040010.J09 (n 3) [II.3.3]. 
67 Metikoš 'Leg het me nog één keer uit: het recht op een uitleg na Uber en Ola. Annotatie bij Hof 
Amsterdam, 4 april 2023' (n 2); Gerechtshof Amsterdam, ECLI:NL:GHAMS:2023:793 (n 3) [3.28].  
68 Datatilsynet [2020] DPA, Denmark 2019-421-0028.  
69 Opinion given by Advocate-General Richard De La Tour [2024] Dun & Bradstreet CJEU (n 3) [72]. 
70 Rechtbank Amsterdam [2024] (n 3) [4.6]. This is a translation of the Dutch words ‘kan’, ‘zou kunnen’, 
and ‘mogelijk’. 
71 Dun & Bradstreet (n 3) [58 and 59]. 
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5.1.2. General and specific explanations 
There has been some confusion on whether explanations ought to be general – 
i.e. relating to the system as a whole – and/or specific – i.e. relating to the 
respective decisions being made. Wachter et al. have argued that only general 
descriptions of the entire model need to be disclosed. They argue this on the basis 
of art. 13(2)f and 14(2)g GDPR being ex ante rights. These provisions require the 
data controller to provide the data subject with information about the logic 
involved and the expected consequences of automated data processing before a 
decision has been taken. Wachter et al. state that, although art. 15(1)(h) can be 
invoked ex post after the decision has been taken, its text is identical to the texts 
in the ex ante rights of art. 13(2)f and 14(2)g. Therefore, all three provisions should 
logically provide the same general explanations.72 

This argument is disproven in the case law, however. There are numerous 
examples of courts ruling that explanations of specific decisions must be given.73 
In his opinion in the SCHUFA case, Advocate-General Pikamäe similarly argued 
that ‘the reasons for a certain result’ must be disclosed to the data subject.74 The 
District Court of Amsterdam has also ruled in favor of specific explanations, 
stating that data controllers cannot simply refer to a privacy policy. The 
explanation must be concrete and not require a detailed search by the data 
subject.75 Advocate-General De La Tour stated, moreover, in his opinion on the 
Dun & Bradstreet case, that the method and criteria used for the specific 
decision, and the weighting of those criteria, must be disclosed.76 The CJEU has 
confirmed this view. It states that a data subject has a ‘genuine right to an 
explanation as to the functioning of the mechanism involved in automated decision-
making of which that person was the subject and of the result of that decision’.77 

 
72 Wachter, Mittelstadt and Floridi (n 2).  
73 Gerechtshof Amsterdam (n 3); Bundesverwaltungsgericht [2023] 
ECLI:AT:BVWG:2023:W252.2237416.1.00 (n 3); Rechtbank Amsterdam [2023] and [2024] (n 3); 
Datenschutzbehörde (n 3). 
74 Opinion of Advocate-General Pikamäe in the SCHUFA case (n 3) [58].  
75 Rechtbank Amsterdam [2024] (n 3) [4.16]. 
76 Opinion given by Advocate-General Richard De La Tour in the case of Dun & Bradstreet (n 3) [76]. 
77 Dun & Bradstreet (n 3) [57]. 
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The provision of specific explanations of final decisions might be quite beneficial 
for data subjects, as general and specific explanations have also been described as 
‘weak’ and ‘strong’ explanations, respectively. This is because explanations of how 
a specific output came to be would, arguably, be more useful to a data subject who 
wishes to critique and contest that output.78 Still, ex ante we can also provide 
quite useful and detailed explanations through the use of counterfactuals. 
Counterfactual explanations show what would have happened if a specific 
situation, or a piece of input data, had been different.79 However, the question 
arises how detailed such a list of counterfactuals needs to be. In a case against 
moneylender Klarna, the Administrative Court of Stockholm gave some 
guidance to data controllers in this regard. It ruled that art. 13(2)(f) and 14(2)(g) 
GDPR do not require that the data controller needs to disclose ex ante every single 
circumstance in which a negative decision could be reached.80 In the case of Dun 
& Bradstreet, the CJEU also stated that counterfactuals could be one potential 
way to fulfil the requirements of the right to an explanation under art. 15(1)(h) 
GDPR.81 

Moreover, in some cases, ex post explanations about specific decisions have also 
not been highly detailed. The Court of Appeals of Amsterdam ruled, for 
example, that only the weight of parameters on an aggregate level must be 
disclosed.82 A similar view has also been espoused by the Austrian Federal 
Administrative Court.83 It stated that ‘information about the logic involved’ in 
the sense of art. 15(1)(h), refers to the ‘the principle on which the calculation is based, 
but not the concrete calculation formula, including the weighting and calculation 

 
78 Metikoš, ‘Explaining and Contesting Judicial Profiling Systems’ (n 2); de Laat (n 2).  
79 Wachter, Mittelstadt and Russell (n 2).  
80 Klarna [2023] Stockholm Administrative Court, Sweden 7679-22.  
81 Dun & Bradstreet (n 3) [62]. 
82 Gerechtshof Amsterdam [2023] ECLI:NL:GHAMS:2023:793 (n 3) [3.28]. 
83 Bundesverwaltungsgericht [2023] ECLI:AT:BVWG:2023:W252.2246581.1.00 [II.3.3] (n 3). Translation of 
the phrase: ‘Unter Logik ist das Prinzip zu verstehen, auf dem die Berechnung basiert, nicht jedoch die konkrete 
Berechnungsformel, einschließlich Gewichtung und Rechnungsweg’ 
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method’. Disclosing the latter would entail disclosing the algorithm as such, 
according to the court.84 

The question, remains, however, whether knowing the aggregate weight of certain 
parameters is enough for a decision-subject to contest a decision. Knowing how 
specific parameters have been correlated with each other, as well as their concrete 
weighting in a particular profile, might be necessary for decision-subjects to have 
access to an effective remedy to enforce their rights.85 Moreover, in a (different) 
case before the Federal Administrative Court in Austria, a data subject wanted to 
know why they were classified as having a certain political preference, by a data 
controller that provided political advertisements. In this case, the court ruled that 
it was sufficient that the data subject was informed that the calculation method 
for the political affiliation was ascertained through ‘statistical extrapolation’.86  

In short, the case law shows that the right to an explanation under the GDPR is 
not to be interpreted to provide only broad descriptions of how the system is 
generally used, hidden away in a privacy policy. Still, courts do not always require 
the provision of highly detailed explanations in every instance, potentially 
limiting the usefulness of the right to an explanation. 

5.2. What is the goal of the right to an explanation? 
The right to an explanation has seen a number of more creative interpretations 
as well, that connect this right together with specific concepts and goals. 
Arguably, the goals of the right to an explanation can shape the kind of 
information that needs to be provided to a decision-subject. This is because 
different kinds of information disclosures can be more, or less, suited to achieve 
a specific goal. 

In a number of cases, data controllers were required to provide a decision-subject 
with useful information that can help the data subject to contest the decision in 

 
84 Ibidem. 
85 Metikoš, ‘Explaining and Contesting Judicial Profiling Systems’ (n 2); Karen Yeung and Adam 
Harkens, ‘How Do “Technical” Design Choices Made When Building Algorithmic Decision-Making 
Tools for Criminal Justice Authorities Create Constitutional Dangers? (Part I)’ (2023) Public Law 265.  
86 Bundesverwaltungsgericht [2023] ECLI:AT:BVWG:2023:W252.2237416.1.00 [II.3.3] (n 3). 
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question.87 This is in line with the reading of the right to an explanation in light 
of the right to contest and the right to be heard, present in art. 22(3) and Recital 
71 GDPR.88 The most extensive reading of the GDPR in this regard, might be 
present in the work of Sarra, who argues that the right to contest should be 
interpreted as the ‘apex’ of the set of safeguards that are required by art. 22(3) 
GDPR. Reading the right to an explanation in this light would impose a high 
threshold on data controllers to provide detailed information to the decision-
subject.89  

The District Court of Amsterdam holds a somewhat similar view as well. 
Specifically in a case concerning shadowbanning practices by Twitter (X), the 
court ruled that information must be given to the data subject that would allow 
them to contest the content moderation decision in question. To this end, the 
explanation should include the main factors in the decision-making process.90  

In the same vein, Advocate-General Richard De La Tour argues that an 
explanation must enable a litigant to exercise their rights under art. 22 GDPR. 
He states that ‘meaningful information’ under art. 15(1)(h) GDPR must be 
understood as having the same ‘purpose pursued by Article 22 of that regulation, so 
that the data subject may effectively, on the basis of that information, avail himself or 
herself of the rights conferred on him or her by the latter article.’91 In short, the ‘raison 
d’être’ of art. 15(1)(h) is that it can help data subjects to exercise their rights under 
the GDPR.92 The CJEU confirmed this view, stating that: ‘the main purpose of the 
data subject’s right to obtain the information provided for in Article 15(1)(h) of the GDPR 
is to enable him or her effectively to exercise the rights conferred on him or her by 

 
87 Berliner Beauftragte für Datenschutz und Informationsfreiheit (n 3); Gerechtshof Amsterdam, 
ECLI:NL:GHAMS:2023:793 (n 3). 
88 Bayamlıoğlu (n 2); Almada (n 16); Sarra (n 2). 
89 Sarra (n 2).  
90 Rechtbank Amsterdam [2024] (n 3) [4.27]. 
91 Opinion given by Advocate-General De La Tour [2024] Dun & Bradstreet CJEU (n 3) [51]. 
92 Ibid [72] 
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Article 22(3) of that regulation, namely the right to express his or her point of view on 
that decision and to contest it’.93 

Scholars have also argued that a highly technical explanation is insufficient to 
properly safeguard contestation. Hildebrandt, for example, argues that a 
technical explanation that describes how a system functions is not well suited for 
most individuals. That an algorithm took into account dataset X and Y might be 
interesting for a programmer, but it does not necessarily grant a decision-subject 
with adequate grounds to contest that decision.94 Therefore, the argument goes, 
people are rather in need of justifications. This dichotomy of explanations vs. 
justifications can be seen in other scholarly works as well.95 In this sense, the 
Berlin Data Protection Authority seems to be the first to explicitly require that 
data controllers must also ‘justify’ the decision that has been created.96  

Besides this focus on the right to contest under art. 22 GDPR, reading the right 
to an explanation in light of certain fundamental rights such as art. 47 Charter 
(the right to an effective remedy and a fair trial), could also provide a higher 
standard for the content of explanations.97 Outside the context of the GDPR, 
the CJEU has already acknowledged in the PNR case, that the right to an 
effective remedy can be obstructed by the lack of transparency of certain types 
of ‘black-box’ AI systems.98 

 
93 Dun & Bradstreet (n 3) [55]. 
94 Mireille Hildebrandt, ‘Privacy as Protection of the Incomputable Self: From Agnostic to Agonistic 
Machine Learning’ (2019) 20 Theoretical Inquiries in Law 83. 
95 Gianclaudio Malgieri, ‘“Just” Algorithms: Justification (Beyond Explanation) of Automated 
Decisions Under the General Data Protection Regulation’ (2021) 1 Law and Business 16; Gianclaudio 
Malgieri and Frank A Pasquale, ‘From Transparency to Justification: Toward Ex Ante Accountability 
for AI’ (2022) Brussels Privacy Hub, Working Paper Vol. 8; Clément Henin and Daniel Le Métayer, 
‘Beyond Explainability: Justifiability and Contestability of Algorithmic Decision Systems’ [2021] AI 
& Society; Clément Henin and Daniel Le Métayer, ‘A Framework to Contest and Justify Algorithmic 
Decisions’ (2021) 1 AI and Ethics 463; Talia B Gillis and Josh Simons, ‘Explanation < Justification: 
GDPR and the Perils of Privacy’ (2019) 2 Journal of Law & Innovation (JLI) 71. 
96 Berliner Beauftragte für Datenschutz und Informationsfreiheit (n 3).  
97 Dimitrova (n 2). 
98 Ligue des droits humains ASBL v Conseil des ministres (n 17) [194]. 
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5.3. Explanations under the AIA 
Art. 86(1) AIA requires that deployers provide ‘clear and meaningful explanations 
of the role of the AI system in the decision-making procedure and the main elements of the 
decision taken’. At first sight, some of the requirements present in the GDPR’s case 
law can be seen to be reflected by these requirements as well. For example, the 
mathematical formula of an AI system will also not need to be disclosed under 
art. 86 AIA.  

However, the information that does have to be disclosed under the AIA might be 
less detailed, and useful, for decision-subjects than under the GDPR. The 
GDPR’s case law, seems to generally interpret the right to an explanation as 
specified information pertaining as to how a particular decision came to be. 
However, the focus of art. 86(1) AIA on the ‘role of the AI system’ can be interpreted 
to merely mandate the divulgement of a general explanation of the system. Still, 
it is more likely that art. 86(1) does require an explanation of the specific decision 
in question, as it requires that the ‘main parameters’ of the decision in question, 
must be disclosed. 

Lastly, as the GDPR does not explicitly require that the weight of specific 
parameters be disclosed, the AIA will most likely also be interpreted to only 
require the disclosure of the aggregate weight of the main parameters that the 
system relied upon. Still, the explanation must be ‘clear’, according to Recital 171, 
necessitating that it is understandable to a certain degree for the decision-subject. 
Moreover, that same recital also requires explanations to be contestation-
enabling like under the GDPR, as it states that the explanation ‘should provide 
a basis on which the affected persons are able to exercise their rights’. 

6. Balancing rights and interests 
 

The GDPR provides a number of tools to enable the balancing of different rights 
and interests within its scope. The same holds true for the right to an explanation 
as well. In this section, we discuss how balancing exercises can be understood 
within the general structure of the GDPR, and also specifically in regard to the 
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right to an explanation. We also show that the AIA does not provide a strong 
balancing exercise, leaving the door open for unreasonable restrictions to the 
right to an explanation. 

6.1. Balancing in the GDPR 
The GDPR is fundamentally a balancing framework.99 The flexibility this entails 
enables the framework from not breaking under the weight of its notoriously 
wide scope of application. As such, the GDPR provides many ways to consider 
the different rights, freedoms, and interests at stake in personal data processing 
operations. Most notably perhaps, this features in the ‘legitimate interests’ 
ground for the processing of personal data (art. 6(1)f) and the corresponding right 
to object (art. 21). Balancing also features more subtly in other provisions, such as 
the prohibition on processing sensitive data (art. 9(1)). The GDPR imposes stricter 
conditions on processing special categories of data when the balance between a 
data subject’s interests and those of data controllers risks shifting in favor of the 
latter. 

Regarding data subject rights in chapter III of the GDPR, balancing also plays an 
important role. Data subjects have various rights to help them understand how 
their data is being processed. However, these are not absolute and they can be 
restricted on a variety of grounds. This also holds true for the right to an 
explanation. Yet, because the right to an explanation does not explicitly feature 
in Chapter III GDPR, and has rather been construed through case law and legal 
scholarship, balancing requirements also do not explicitly feature and have to be 
derived from different places. 

6.2.  Legal grounds for restrictions to the right to an explanation 
When looking at the operative provisions from which the right to an explanation 
is derived (i.e. art. 22 and art. 15(1)(h) GDPR), the regulator has already tried to pre-
empt some balancing by delineating its scope of application to situations where 
automated decision-making legally or similarly significantly affects data subjects 

 
99 For a detailed explanation, see: Jef Ausloos, The Right to Erasure in EU Data Protection Law. From 
Individual Right to Effective Protection (Oxford University Press 2020) ch 5.  
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(see section 4 above). Controllers’ interests are further protected by how the 
content of the explanation is delineated. Notably, courts have required controllers 
to give information that enables data subjects to contest automated decisions, as 
we discussed in section 5.2.100 When explanation requests relate to highly 
complex automated decision-making processes, controllers’ interests are also 
protected by giving them additional time to respond (art. 12(3)).101 Data subjects 
may also be asked to further specify their request if the controller processes large 
amounts of personal data in many different ways.102 Where controllers are able to 
demonstrate the explanation request is manifestly unfounded or excessive, they 
can refuse to act or charge a reasonable fee covering the costs of compliance (art. 
12(5)).103  

Various other exceptions to the scope or conditions of the right to an explanation 
can be laid down in Union or Member State law. Nevertheless, these must comply 
with strict conditions, such as those found in articles 85,104 or 89.105 Even so, the 
right to an explanation can never be limited or restricted contractually between a 
data subject and controller.106 The broadest legal ground that allows for 
restrictions to the right to an explanation can be found in art. 23 GDPR. This 

 
100 Article 29 Working Party, ‘Guidelines on Automated Individual Decision-Making and Profiling for 
the Purposes of Regulation 2016/679’ (Article 29 Working Party 2018) Guidelines WP 251 26–27.  
101 This can be up to three months if they can provide justificatory reasons for extending beyond the 
default one-month time limit. 
102 Recital 63 and European Data Protection Board, ‘Guidelines on Data Subject Rights - Right of 
Access. Version 2’ (EDPB 2023) 01/2022 <https://edpb.europa.eu/our-work-
tools/documents/public-consultations/2022/guidelines-012022-data-subject-rights-right_en>.  
103 The burden of proof for this is very high, especially in light of the fact that the exercise of data 
subject rights such as the right of access and right to an explanation do not hinge on specific 
motivations. Put differently, data subjects cannot be required to motivate why they are exercising their 
right to an explanation. See in this regard René Mahieu, ‘The Right of Access to Personal Data in the 
EU’ (PhD Thesis, Vrije Universiteit Brussel 2023) 174–177; European Data Protection Board (n 102) 
pts 175–195.  
104 When deemed necessary and proportionate to reconcile the right to the protection of personal data 
pursuant to this Regulation with the right to freedom of expression and information. 
105 In specific situations where the right to an explanation stemming from article 15(1)h is deemed likely 
to render impossible, or seriously impair, scientific or historical research purposes or statistical 
purposes. 
106 European Data Protection Board, ‘EDPB Adopts Final Version of Guidelines on Data Subject 
Rights - Right of Access’ (n 98) [166]. 
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provision states that Union or Member State law can provide restrictions to, 
among various others, the rights provided for under art. 13, 14, 15 and 22 GDPR. 
However, here too, balancing remains crucial, as the restriction in question must 
respect ‘the essence of the fundamental rights and freedoms and is a necessary and 
proportionate measure in a democratic society’. Moreover, art. 23 (1) GDPR also states 
that the restricting measure must be ‘necessary and proportionate’ to safeguard 
particular goals, such as national security, the rights and freedoms of others, the 
prosecution of criminal offenses etc. 

Article 15(4) also puts forward an explicit balancing exercise where 
accommodating the right to obtain a copy of one’s personal data risks adversely 
affecting the rights and freedoms of others. This might be the case, for example, 
when a full response to the access request would compromise privacy, data 
protection, or intellectual property rights of third parties. Importantly, the 
controller needs to demonstrate that the rights or freedoms of others would be 
adversely affected in the concrete situation and may not refuse to deliver 
information altogether.107 How the right of access ought to be balanced against 
the interests, rights, and freedoms of others has been discussed by scholars108 and 
the EDPB.109 Crucial for our purposes here, however, is that the balancing 
provision in art. 15(4) does not apply to the right to explanation as emerging from 
art. 15(1)(h) and art. 22 GDPR. Indeed, art. 15(4) explicitly limits the consideration 
of the rights and freedoms of others, to situations where data subjects request a 
copy of their personal data undergoing processing under art. 15(3). A priori, therefore, 
the right to an explanation derived from art. 15(1)(h) cannot be directly restricted 
by art. 15(4) GDPR. This view has, for example, been upheld by the District Court 
of Amsterdam.110 Nevertheless, Advocate-General Richard De La Tour and the 

 
107 European Data Protection Board (n 102). 
108 Mahieu (n 119); Ausloos (n 108). 
109 EDPB (n 98). 
110 Rechtbank Amsterdam [2023] ECLI:NL:GHAMS:2023:793 (n 3) [3.27]. 
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CJEU, do both apply art. 15(4) indirectly to the right to an explanation in the case 
of Dun & Bradstreet.111 

Having said that, there is also space for some level of balancing at a higher level, 
in light of the GDPR’s overall nature as a balancing framework (cf. fairness 
principle in art. 5(1)(a), as well as the non-absolute character of the right to data 
protection in Article 8 Charter).112 Concretely, this means that any potential 
balancing of countervailing interests to the right to explanation can also happen 
at a Charter level. Put differently, whenever (a) the conditions for the right to an 
explanation as described above are met and (b) neither of the exemptions apply 
(notably, when not deemed manifestly unfounded or excessive), the only way to 
legally constrain the application of the right to an explanation is by 
demonstrating it would violate a Charter right. This essentially requires a 
balancing between the data subject’s fundamental right to data protection (and 
other Charter rights that are pursued by exercising their explanation right) versus 
the fundamental rights and freedoms of the data controller and/or third parties.  

There is ample scholarship on the balancing of fundamental rights and freedoms, 
notably also in the context of data protection, which we do not have time to dig 
into here.113 That said, the following subsection will take a closer look at the 
gradually emerging body of European case law that specifically deals with these 
types of balancing exercises in relation to the right to an explanation. 

6.3.  Balancing explanations under the GDPR 
In the available case law, we see that data subjects can have various interests that 
underlie their exercise of the right to an explanation. This may come as no 

 
111 Opinion of Advocate-General Richard De La Tour in the case of Dun & Bradstreet [2024] CJEU (n 
3) [87]; Dun & Bradstreet (n 3) [71]. 
112 Recital 4 GDPR, Article 52(1) Charter, European Data Protection Board, ‘Guidelines on Data 
Subject Rights - Right of Access. Version 2’ (n 87) [173]. 
113 See, for instance: Eleni Frantziou, ‘The Horizontal Effect of the Charter of Fundamental Rights of 
the EU: Rediscovering the Reasons for Horizontality’ (2015) 21 European Law Journal 657; Damian 
Clifford and Jef Ausloos, ‘Data Protection and the Role of Fairness’ (2018) 37 Yearbook of European 
Law 130; Ausloos (n 83) pt II; David Erdos, European Data Protection Regulation, Journalism, and 
Traditional Publishers: Balancing on a Tightrope? (Oxford University Press 2020); Orla Lynskey, 
‘Complete and Effective Data Protection’ (2023) 76 Current Legal Problems 297. 
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surprise, as automated decision-making has penetrated so many different power 
dynamics in society: notably in contexts such as adjudication, work, education, 
and interactions with the government or financial institutions. At the other end, 
there is little variation in counterarguments being raised by data controllers. Most 
often they invoke business interests; including trade secrets, legal liability (e.g. 
when transparency may include other people’s personal data), or fears about data 
subjects abusing explanations to ‘game the system.’ For example, in a recent case 
from the Netherlands, a bank refused to share any information on why it had pre-
emptively blocked a client’s account under anti-money laundering legislation, 
because of safety concerns.114 Claims that an explanation would harm business 
interests have, moreover, been upheld by the Regional Court of Traunstein in 
Germany.115  

Business interests were also raised as a counterargument by a data controller in a 
case before the Austrian Federal Administrative Court.116 The controller, a credit 
ranking agency, had appealed a decision from the Austrian Data Protection 
Authority – ordering them to disclose the logic and algorithm used in 
determining the data subject’s creditworthiness – inter alia because disclosing the 
respective algorithms would impair trade secrets.117 The Federal Administrative 
Court upheld the appeal, stating the additional disclosure of the algorithm was 
not necessary under the right to ‘meaningful information’, but it did not explicitly 
acknowledge the controller’s business interests and trade secrets claim.118  

In 2023, in a case before the Amsterdam Court of Appeals, business interests were 
also raised against the exercise of the right to an explanation by platform-work 
companies Uber and Ola. Across three landmark cases, drivers had requested 
detailed information and explanations about a variety of algorithmic processes 

 
114 Jan-Hein Strop, Sebastiaan Brommersma, 'Als je bank denkt dat je een fraudeur bent, mag je niet weten 
waarom', Follow the Money, <https://www.ftm.nl/artikelen/bunq-bevriest-bankrekening> accessed 5 
August 2024 (Dutch). 
115 Landsgericht Traunstein (n 3) [36]. 
116 Bundesverwaltungsgericht [2023] ECLI:AT:BVWG:2023:W252.2246581.1.00 (n 3) [I.4]. 
117 Ibidem. 
118 Ibid [II.3.3] 
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that affected them significantly, relating to their ratings, profiles, upfront pricing 
system, deactivation decisions, fraud probability scores, and more. Uber claimed 
that accommodating transparency and explanation requests – particularly with 
regard to its fraud detection systems – would reveal trade secrets. The court 
rejected Uber’s argument by explaining that the exemption in light of ‘the rights 
and freedoms of others’ (art. 15(4)) only applies to the right to obtain a copy of 
one’s personal data in art. 15(3). It, therefore, does not apply to the explanation 
right under art. 15(1)(h) (see above).119 

Even if additional exemptions may exist in national law (cf. art. 23(1)(i)),120 this 
does not entitle Uber to reject the information requests of drivers in their 
entirety. The court explains that a complete rejection of explanation requests 
would violate the proportionality and necessity requirements.121 With this in 
mind, the court emphasizes that Uber is required to, at the very least, explain on 
the basis of what factors and what weighting of those factors it arrived at its 
algorithmic decisions. This includes, for example, ride-sharing decisions, fare 
decisions, and average ratings. Uber was also required to provide additional 
information to make the data subjects understand the reasons for those 
decisions.122 The court reiterates the EDPB’s guidelines, stating that 
accommodating the right to an explanation does not necessarily require Uber to 
expose their entire algorithm, and as such deems that the company’s interests in 
its trade secrets are sufficiently safeguarded. Similar to these cases, the District 
Court of Amsterdam held again in a case concerning Twitter (X) in 2024, that 
trade secrets cannot form a blanket ban on explanation requests.123 

 
119 Rechtbank Amsterdam [2023] ECLI:NL:GHAMS:2023:793 (n 3) [3.27]. 
120 Transposed in article 41(1)i of the Uitvoeringswet AVG (the Dutch Implementation Law of the 
GDPR). 
121 Gerechtshof Amsterdam [2023] ECLI:NL:GHAMS:2023:793, Gerechtshof Amsterdam, 200295742/01 
[2023] Hof Amsterdam ECLI:NL:GHAMS:2023:793 [3.27]; ECLI:NL:GHAMS:2023:796, Gerechtshof 
Amsterdam, 200295747/01 [2023] Hof Amsterdam ECLI:NL:GHAMS:2023:796 [3.39].  
122 Gerechtshof Amsterdam [2023] ECLI:NL:GHAMS:2023:796, Gerechtshof Amsterdam, 200.295.747/01 
(n 121) para 3.41; ECLI:NL:GHAMS:2023:793, Gerechtshof Amsterdam, 200.295.742/01 (n 121) para 3.28.  
123 Rechtbank Amsterdam [2024] (n 3) [4.19]. 
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In the Uber and Ola cases, the Amsterdam Court of Appeals also had to balance 
drivers’ right to an explanation with the privacy and data protection rights of 
customers. Specifically, Uber and Ola had been asked to provide information 
about ‘reports’ per ride and ‘individual ratings’ per customer, based on passenger 
feedback reports. The court explains that the companies acted correctly in 
anonymizing the statements sent to drivers by default, so that they are not 
traceable to individual customers. That said, the court also acknowledged that 
drivers can still request Uber/Ola to reconsider the anonymisation of concrete 
reports or ratings in particular instances, when they can motivate why their 
interests to get complete access supersedes that of the customer’s right to 
protection of personal data.124  

Advocate-General Richard De La Tour argues in his opinion on the Dun & 
Bradstreet case, similar to the Austrian Federal Administrative Court and the 
District Court of Amsterdam, that there is no need to disclose algorithms or 
complex technical information (see also paragraph 5.1.1) in order to provide an 
explanation to the data subject. Consequently, a mere descriptive explanation 
would be unlikely to infringe on the rights and interests of others.125 Still, in cases 
where a risk of infringement does arise, the requested information should be 
disclosed to ‘the competent supervisory authority or court so that the latter can weigh up, 
in full knowledge of the facts and in accordance with the principle of proportionality and 
the confidentiality of that information, the interests involved’.126 Such a disclosure must 
also be proportionate and necessary to guarantee the right to a fair trial and an 
effective remedy under art. 47 of the Charter of Fundamental Rights of the 
European Union.127 Moreover, national laws cannot preclude this balancing 
exercise. Rather, this balance must be considered on a case-by-case basis.128 

 
124 Gerechtshof Amsterdam [2023] ECLI:NL:GHAMS:2023:796 (n 3) [3.17]; Gerechtshof Amsterdam [2023] 
ECLI:NL:GHAMS:2023:804 (n 3) [3.18]. Gerechtshof Amsterdam [2023]  
125 Opinion given by Advocate-General De La Tour on the case of Dun & Bradstreet (n 3) [80] 
126 Ibid [94]. 
127 Ibid [92] 
128 Ibid [95] 
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The CJEU confirmed the Advocate-General’s analysis. Data controllers cannot 
completely refuse the disclosure of all information, and a case-by-case balancing 
exercise is always necessary.129 Indeed, national data protection authorities or 
courts can be requested (if needed) to assess the requested information and 
balance all interests involved before anything gets released to the data subject, 
taking into account that the disclosure of trade secrets or personal data does not 
go beyond what is necessary to safeguard art. 47 Charter.130  

In short, the argument that a right to an explanation would disproportionally 
harm privacy interests, business interests or trade secrets, cannot be abused to 
categorically refuse any kind of explanation in every circumstance. These 
concerns can be circumvented, by providing selective descriptions of the system, 
rather than showcasing the entirety of its inner workings.  

However, while this may seem like an understandable interpretation of the right 
to an explanation, individuals could still benefit from an explanation that 
showcases the entirety of the inner workings of an AI system. Arguably, 
providing a mere description of a system may affect the right to an explanation’s 
usefulness for those wishing to scrutinize algorithmic systems (e.g. for bias).131 

Moreover, the question arises whether (often already overburdened) judiciaries 
and data protection authorities have the necessary capacity to assess large 
amounts of explanation requests.132 Data controllers could potentially abuse this 
balancing procedure to postpone explanation requests to moments that would be 
more strategically advantageous. Moreover, data subjects have (of course) no 
recourse to contest the balancing exercise itself, as they cannot assess the 

 
129 Dun & Bradstreet (n 3) [72 to 75]. The CJEU also cited Recital 63 GDPR in this regard. See: 
‘However, the result of those considerations should not be a refusal to provide all information to the 
data subject.’ 
130 Ibid [72, 73, and 76]. 
131 Cynthia Rudin, ‘Stop Explaining Black Box Machine Learning Models for High Stakes Decisions 
and Use Interpretable Models Instead’ (2019) 1 Nature Machine Intelligence 206.  
132 European Union Agency for Fundamental Rights ‘Lack of resources undermine EU data 
protection enforcement’ <https://fra.europa.eu/en/news/2024/lack-resources-undermine-eu-data-
protection-enforcement> 11th of June 2024, accessed 3rd of February 2025. 
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requested data themselves. Several obstacles might therefore arise that can 
severely harm data subjects’ ability to contest automated decisions in practice.  

6.4.  Balancing explanations under the AIA 
Similarly to the GDPR, the AIA’s legislator has pre-empted certain balancing 
acts by constraining the scope of the right to explanation in art. 86 AIA to high-
risk AI systems only. By doing so, the EU legislator chose to mainly safeguard the 
interests of AI developers and deployers against having to accommodate 
explanation rights for every kind of AI-driven decision-making process.  
 
Drawing more from the GDPR, art. 86 AIA is also limited to individual decision-
making that ‘produces legal effects or similarly significantly affects that person’, with 
the AIA further clarifying that this covers situations where the person considers 
the AI system ‘to have an adverse impact on their health, safety or fundamental rights.’ 
This also conceals a balancing act, albeit one that is in the hands of the decision-
subject. As we have seen in the case law on the GDPR’s right to an explanation, 
determining what exactly constitutes a significant effect, or ‘adverse impact’ on 
one’s health, safety, or fundamental rights, might easily end up in a complicated 
balancing argument. Placing this in the hands of the decision-subject, 
circumvents such discussions, and provides a higher level of protection to the 
decision-subject. 
 
However, it is questionable how much more balancing protection art. 86 AIA 
provides to the decision-subject. As we also saw under GDPR, art. 86(2) AIA 
similarly foresees the possibility of restrictions to the right to explanation 
emerging from Union or Member State law. E.g. one could imagine legislators 
installing restrictions to explanation rights in the context of fraud detection 
mechanisms in financial regulations (e.g. anti-terrorism financing, or anti-money 
laundering), in an attempt at safeguarding the interests of financial institutions 
and government policy, at the cost of explainability.  
 
Art. 86(2) AIA, therefore, prescribes that the right to an explanation cannot be 
invoked if a restriction to this right has been laid down in Union or Member State 
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laws. This provision is unrestricted, however. The AIA wholly lacks any 
mechanism to balance the interest of decision-subjects and third parties. This is 
even more jarring, considering that the precursor to art. 86(2), in older proposed 
versions of the AIA, did contain an explicit, albeit still quite vague, balancing 
exercise.133 This discarded provision required that the restricting measure needed 
to be proportionate and respect the essence of the fundamental rights of the 
decision-subject.  

In the final version of the AIA, the balancing between the right to an explanation 
vis à vis other rights and interests, lies solely in the hands of the EU or Member 
State legislator. In the absence of a balancing provision in the AIA, individuals 
who wish to contest the disproportionate restriction of their right to an 
explanation, must now search for remedies elsewhere. Either, they need to 
contest the appropriateness of an exemption within the restricting EU or 
national law itself, or they need to invoke their fundamental rights under the EU 
Charter. The AIA, however, cannot offer any remedy for such individuals on its 
own.134 

7. Conclusion: the new landscape of general 
explainability rights 

 

The concept of the right to an explanation seems to have undertaken a 
transformation. From its short mention in the Recitals of the GDPR, to a burst of 
scholarship, it has developed into a fully-fledged right in the case law of different 
courts and data protection authorities. Now with the adoption of the AIA, it has 
also been codified into its own proper provision.  

 
133 Art. 68c, amendments adopted by the European Parliament on 14 June 2023 on the proposal for a 
regulation of the European Parliament and of the Council on laying down harmonised rules on 
artificial intelligence (Artificial Intelligence Act) and amending certain Union legislative acts 
(COM(2021)0206 – C9-0146/2021 – 2021/0106(COD)) 
134 Metikoš , 'Explaining and Contesting Judicial Profiling Systems' (n 3). 
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We raised several questions about the scope, content, and balancing exercise of 
this right. From our analysis we conclude that, while the GDPR’s scope is heavily 
curtailed by its focus on solely automated decision-making, its formulation still 
leaves room for a broader application than the right to an explanation under the 
AIA. Secondly, the phrasing of the AIA as to what kind of explanations need to 
be disclosed seems to fit relatively well with the case law of the GDPR. 
Consequently, the GDPR and AIA shall have similar types of explanations 
granted under them to decision-subjects. Lastly, the balancing exercise between 
the right to an explanation and other rights and interests is implicitly facilitated 
through a number of provisions in the GDPR. In contrast, the AIA does not put 
forward any requirement that there be a balance between the right to an 
explanation vis à vis any exemptions that arise from EU or Member State laws. 
To engage in a balancing exercise, a decision-subject must therefore invoke 
remedies outside the AIA itself to protect the right to an explanation from 
excessive restrictions put on it by the EU or Member State legislator. 

In short, a new landscape of general explainability rights has emerged in the past 
decade. Our findings show that the AIA’s right to an explanation, while not 
suffering from the same unclarities and restrictions as the GDPR, does suffer 
from several weaknesses, that could hinder the usefulness of this provision for 
decision-subjects.  
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1. Introduction 

 
AI has been adopted en masse in recent years. From healthcare to social benefit 
allocation, more and more of our decision-making tasks take place in (semi-
)automated conditions. One of the most high-stakes fields where AI is being 
used is in the administration of justice. In this context, AI tools have been 
adopted across the world to assist judges and their support staff. China is 
currently at the forefront of judicial AI adoption. Its ‘smart courts’ initiative has 
led to the development of various supportive AI systems. These include apps 
that can provide answers to legal questions for litigants, draft entire verdicts, or 
assign ‘deviation scores’ to judges.2 In Brazil, stemming from the pressures of 
mounting case backlogs, many courts have adopted some kind of AI system to 
assist in the processing of cases - like the precedent system VICTOR, 
implemented within the Constitutional Court.3 A survey from 2021 shows that, 
even before the wide-scale adoption of generative AI, 47 different Brazilian 
courts already employed AI in their day-to-day operations.4  
 
Comparatively, courts in the different Member States of the EU have been less 
eager to adopt AI tools, in part because of fears about their opacity, as well as 
broader ethical concerns.5 Still, the adoption of AI in the administration of 

 
2 Gulimila Aini, ‘A Summary of the Research on the Judicial Application of Artificial Intelligence’ 
(2020) 9 Chinese Studies 14; Rachel E Stern and others, ‘Automating Fairness? Artificial Intelligence 
in the Chinese Courts’ (2021) 59 The Columbia journal of transnational law 515; Changqing Shi, Tania 
Sourdin and Bin Li, ‘The Smart Court – A New Pathway to Justice in China?’ (2021) 12 International 
Journal for Court Administration 4. 
3 Tainá Aguiar Junquilho and Mamede Said Maia Filho, ‘Inteligência Artificial No Poder Judiciário: 
Lições Do Projeto Victor’ (2021) 8 Humanidades e Inovação, p. 148. 
4 Renata Braga, Inteligência Artificial: Tecnologia aplicada à gestão dos conflitos no âmbito do Poder 
Judiciário brasileiro (2nd edn, Fundação Getulio Vargas 2023). 
5 Marco Fabri, ‘From Court Automation to E-Justice and Beyond in Europe’ (2024) 15 International 
Journal for Court Administration; European Parliament resolution of 6 October 2021 on artificial 
intelligence in criminal law and its use by the police and judicial authorities in criminal matters. 
<https://www.europarl.europa.eu/doceo/document/TA-9-2021-0405_EN.html>; Consultative 
Council of European Judges (CCJE) Opinion No. 26: Moving Forward: The Use of Assistive 
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justice is on the rise there, too. The EU has emphasized and promoted the 
adoption of AI in courts in both its 2019-2023 and 2024-2028 e-Justice strategies.6 
Examples can be found in Austria, where courts use AI to extract metadata from 
investigation files to visualize fraud patterns and to annotate documents.7 In 
Sweden, courts use the OxRec system to predict the risk of recidivism of 
inmates.8 And in Italy and Bulgaria, the ADELE system has been piloted to help 
judges by analyzing case law to extract generalized trends and to predict the 
outcome of future cases.9 
 
With the expansion of judicial AI, serious concerns have been raised about the 
transparency of these systems and their impact on due process.10 In particular, 
the ability of litigants to contest evidence and observations might be hindered if 
they cannot assess if and how a judicial AI system has provided crucial outputs 
to a judge. They might be left with questions such as ‘on what parameters did the 
system base its profile of me?’ Or: ‘how did the system choose and analyze legal provisions 
and case-law to generate this argument?’ But also: ‘how and when did a judge use AI in 
rendering their judgement’?  
 

 
Technology in the Judiciary <https://www.coe.int/en/web/human-rights-rule-of-law/-/the-ccje-
adopts-opinion-no.-26-2023-moving-forward-the-use-of-assistive-technology-in-the-judiciary-> 
6 General Secretariat of the Council, Note to the Permanent Representatives Committee, ‘European 
e-Justice Strategy 2024-2028’, 17 November 2023, 15509/23. European Council, ‘European e-Justice 
Strategy 2019-2023’, 2019/C 96/04. 
7 Georg Stawa, ‘Artificial Intelligence; How is Austria approaching AI integration into judicial 
policies’ (presentation), Federal Ministry of Constitutional Affairs, Reforms, Deregulation and 
Justice, Vienna, 22nd of June 2018. 
8 ‘OxRec’ (OxRisk) <https://oxrisk.com/> accessed 23 February 2025. 
9 ‘ADELE’ <https://adele-tool.eu/> accessed 23 February 2025. 
10 Danielle Keats Citron and Frank A Pasquale, ‘The Scored Society: Due Process for Automated 
Predictions’ (2014) 89 Washington Law Review 1; Dan L Burk, ‘Algorithmic Legal Metrics' (2021) 96 
The Notre Dame law review 1147; Francesca Palmiotto, ‘The Black Box on Trial: The Impact of 
Algorithmic Opacity on Fair Trial Rights in Criminal Proceedings’ in Martin Ebers and Marta 
Cantero Gamito (eds), Algorithmic Governance and Governance of Algorithms: Legal and Ethical 
Challenges (Springer International Publishing 2021); Jasper Ulenaers, ‘The Impact of Artificial 
Intelligence on the Right to a Fair Trial: Towards a Robot Judge?’ (2020) 11 Asian Journal of Law and 
Economics; Carolyn McKay, ‘Predicting Risk in Criminal Procedure: Actuarial Tools, Algorithms, 
AI and Judicial Decision-Making’ (2020) 32 Current Issues in Criminal Justice 22. 
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It is therefore not surprising to see that in the ‘UNESCO Guidelines for the Use of 
AI Systems in Courts and Tribunals’, explainability and the transparent use of AI 
are highlighted as core principles.11 In this context, scholars increasingly discuss 
the ‘right to an explanation’ as a legal remedy for the opacity of (judicial) AI.12 
Such a right would require courts to explain how a judicial AI system was used, 
and how it arrived at a certain output. The latter could entail showing, for 
example, the main parameters that the system took into account, or patterns that 
the system might have found in its training data.13 The legal basis for these 
explanations, however, may vary across legal systems, with different implications 
for their scope and contents.  

The EU, Brazil, and China provide an important set of case studies to understand 
how different legal systems regulate the use of AI in courts, and how they do (or 
do not) safeguard contestation through a right to an explanation. Combined, the 
different ways these jurisdictions regulate judicial AI, affect access to justice for 
about 25% of the world’s population.14 Brazil and China are also, as previously 
stated, global frontrunners regarding judicial AI usage.15 Nevertheless, while the 

 
11 Juan David Gutiérrez, UNESCO, Guidelines for the Use of AI Systems in Courts and Tribunals’ (202) 
https://doi.org/10.58338/LIEY8089>. 
12 Victoria Hendrickx, ‘Rethinking the Judicial Duty to State Reasons in the Age of Automation?’ 
(2025) 1 Cambridge Forum on AI: Law and Governance; Ljubiša Metikoš, ‘Explaining and Contesting 
Judicial Profiling Systems’ (2024) 2024 Technology and Regulation 188; Ljubiša Metikoš and Jef 
Ausloos, ‘The Right to an Explanation in Practice: Insights from Case Law for the GDPR and the AI 
Act’ 0 Law, Innovation and Technology 1. 
13 Metikoš (n 12). 
14 United Nations Department of Economics and Social Affairs, Population Division (2024), ‘2024 
Revision of World Population Prospects: Summary’, Annex 2: Selected indicators. This report shows 
that China has 1.414 billion inhabitants (this number excludes the Hong Kong and Macau SAR) and 
Brazil has 211 million inhabitants. The total world population is 8.3 billion. The EU has 450 million 
inhabitants. See: European Union, Facts and Figures on the European Union, <https://european-
union.europa.eu/principles-countries-history/facts-and-figures-european-union_en>, accessed the 
9th of February 2026. 
15 Felipe Calderon-Valencia, Juan-Jose Perez-Montoya and Fausto Santos de Morais, ‘AI Systems in 
Brazilian Supreme Federal Court and the Colombian Constitutional Court Experiences: Prospective 
Analysis.’ (2021) 13 Revista de Direito, Estado e Telecomunicacoes 143; Shi, Sourdin and Li (n 2); Stern 
and others (n 2). 
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EU has indeed seen comparatively lower levels of AI adoption,16 it is the global 
frontrunner in the adoption and promotion of AI regulation.17 Its AI Act is the 
first horizontal piece of AI legislation that applies across sectors. Brazil seems to 
take a similar regulatory path, with its proposal for an AI Bill.18 However, 
differences arise here too, as Brazil has also adopted specific AI regulatory 
directives for its judiciary through its National Justice Council (CNJ) resolution 
615/2025 - even though it has yet to approve a comprehensive regulatory 
framework. In contrast, China lacks horizontal regulatory AI regulations or 
(binding) AI legislation for the judiciary.19 Our case studies, therefore, cover a 
spectrum of either proactively adopting judicial AI (as in the case of China), 
drafting AI regulation (as in the case of the EU), or both (as in the case of Brazil). 
In light of these differences, we are interested in learning what overlapping 
commonalities, if any, exist between the regulatory approaches across these 
jurisdictions.  

Our choice for these case studies therefore stems from their large regulatory 
impact in terms of geographical coverage, the differences in judicial AI adoption 
and their different approaches to (judicial) AI regulation. Moreover, these 
different jurisdictions also share similarities in regulatory domains such as Data 
Protection Law. Consequently, this gives us a comparative starting point to assess 
how the right to an explanation of judicial AI has emerged so far globally. In 
addition, this chapter adds to the current academic discourse by combining 
insights from three separate continents. Much of the English-language academic 
discourse on judicial digitization has come from Western scholars. In particular, 

 
16 Fabri (n 4). 
17 This is not only visible in its adoption of the AI Act, but can also be seen in regard to its funding of 
the UNESCO Guidelines for the Use of AI Systems in Courts and Tribunals (2025) 
<https://www.unesco.org/en/articles/ai-courtroom-unescos-new-guidelines-judiciary>. This was 
part of the project ‘Supporting Member States in Implementing UNESCO’s Recommendation on the Ethics 
of AI through Innovative Tools’, funded by the European Commission. 
18 Cabinet of Senator Eduardo Gomes (Gabinete do Senador Eduardo Gomes), Federal Senate 
(Senado Federal), Bill 2338/2020. 
19 However, China does have various other sector-specific AI governance initiatives. See: Baiyang 
Xiao, ‘Agile and Iterative Governance: China’s Regulatory Response to AI’ (2025) 58 Computer Law 
& Security Review 106183. 
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the usage of AI in courts has been discussed primarily by scholars either from, or 
focusing on, Anglo-Saxon Common Law jurisdictions.20 This chapter, therefore, 
adds comparative insights from the global majority.  
 
Specific studies have been done, nevertheless, as to the respective digitization of 
the judiciaries in Brazil,21 China,22 and the EU.23 Part of this discourse has also 
noted the transparency requirements that arise within each of these jurisdictions. 
But so far, no comparison has been made between these jurisdictions. There has 
been no comparative legal assessment yet as to what explainability rights citizens 

 
20 Richard M Re and Alicia Solow-Niederman, ‘Developing Artificially Intelligent Justice’ (2019) 16–19 
UCLA School of Law, Public Law Research Paper 48; Tim Wu, ‘Will Artificial Intelligence Eat the 
Law? The Rise of Hybrid Social-Ordering Systems’ (2019) 119 Columbia Law Review; Eugene 
Volokh, ‘Chief Justice Robots’ (2019) 68 Duke Law Journal 1135; Rebecca Crootof, ‘“Cyborg Justice” 
and the Risk of Technological-Legal Lock-In’ (2019) 119 Columbia Law Review 233; Tania Sourdin, 
‘Judge v. Robot: Artificial Intelligence and Judicial Decision-Making’ (2018) 41 University of New 
South Wales Law Journal 1114; Tania Sourdin, The Role and Function of a Judge: The Adoption and 
Adaptation of Technology by Judges (Edward Elgar Publishing 2021); Richard E Susskind, Online Courts 
and the Future of Justice (First Edition., Oxford University Press 2019); Jane Donoghue, ‘The Rise of 
Digital Justice: Courtroom Technology, Public Participation and Access to Justice’ (2017) 80 The 
Modern Law Review 995; Joshua Davis, ‘Artificial Wisdom? A Potential Limit on AI in Law (and 
Elsewhere)’ (2019) 72 Oklahoma Law Review 51. 
21 Calderon-Valencia, Perez-Montoya and Morais (n 15); Luisa Hedler, ‘Risk and Danger in the 
Introduction of Algorithms to Courts: A Comparative Framework Between EU and Brazil’ [2024] 
Oñati Socio-Legal Series; Jayr Pereira and others, ‘INACIA: Integrating Large Language Models in 
Brazilian Audit Courts: Opportunities and Challenges’ [2024] Digit. Gov.: Res. Pract. 
22 Stern and others (n 2)); Nyu Wang and Michael Yuan Tian, ‘“Intelligent Justice”: AI 
Implementations in China’s Legal Systems’ in Ariane Hanemaayer (ed), Artificial Intelligence and Its 
Discontents: Critiques from the Social Sciences and Humanities (Springer International Publishing 2022). 
23 CEPEJ, ‘European Ethical Charter on the Use of Artificial Intelligence (AI) in Judicial Systems and 
Their Environment’ (European Commission for the Efficiency of Justice (CEPEJ), 2018) 
<https://www.coe.int/en/web/cepej/cepej-european-ethical-charter-on-the-use-of-artificial-
intelligence-ai-in-judicial-systems-and-their-environment> accessed 14 October 2022; ‘Resource 
Centre on Cyberjustice and AI, European Commission for the Efficiency of Justice (CEPEJ) 
<https://www.coe.int/en/web/cepej/resource-centre-on-cyberjustice-and-ai>; Hendrickx (n 12); 
Palmiotto (n 10); Fabri (n 4); Metikoš (n 12); Ljubiša Metikoš and Iris van Domselaar, ‘Procedural 
Justice and Judicial AI: Substantiating Explainability Rights with the Values of Contestation’ (2025) 
3 Journal of Human-Technology Relations 1; Victoria Hendrickx, ‘The Judicial Duty to State Reasons 
in the Age of Automation? The Impact of Generative AI Systems on the Legitimacy of Judicial 
Decision-Making’ (2024) 3 Erasmus Law Review 1; Elena Alina Onțanu and Eric Tjong Tjin Tai, 
‘Digital Technology and Procedural Justice: Towards a Geography of Justice’ (2025) 30 Tilburg Law 
Review <https://tilburglawreview.com/articles/10.5334/tilr.422>. 
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have when faced with different levels of judicial AI procedural interventions, or 
to what extent these rights can safeguard contestation across different functions. 
 
In short, we will explore and compares the existence, scope, and contents of a 
right to an explanation of judicial AI in the EU, Brazil, and China. First, the 
chapter builds on existing academic literature to conceptualize the right to an 
explanation as a mechanism to enable the contestation of AI, particularly in the 
domain of justice. We also provide a functionality-based overview of how AI can 
be used in courts to compare the scope of different explainability requirements 
in our case studies. Based on this joint starting point, we explore the right to an 
explanation through a legal-doctrinal analysis of our three country studies. For 
this legal analysis, we shall focus on due process standards, Data Protection Law, 
and AI regulations. Finally, we compare our findings in the discussion section. 
 

2. Contestability and explainability: their role and 
operationalization in judicial AI 

 

Contestation is a notably diffuse concept. There is a wide debate in political 
theory regarding its role in democratic governance and the administration of 
justice.24 Its meaning also varies strongly in discussions on technology 
regulation.25 Broadly, we can understand contestation as the ability of citizens to 
challenge decisions of state authorities and buffer injustice. In this regard, 
contestation is seen as a key hallmark of the Rule of Law26 as it is ‘a normative 
requirement that safeguards us from being lured into submission to legal norms that may 

 
24 Aris Trantidis, ‘Is Government Contestability an Integral Part of the Definition of Democracy?’ 
(2017) 37 Politics 67. 
25 Henrietta Lyons, Eduardo Velloso and Tim Miller, ‘Conceptualising Contestability: Perspectives on 
Contesting Algorithmic Decisions’ (2021) 5 Proceedings of the ACM on Human-Computer 
Interaction 1. 
26 Trantidis (n 24). 
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not be valid or correctly applied.’27 It is a form of keeping public power in check, and 
encompasses a number of practices, including the challenging of both 
administrative and judicial decisions.28 In this chapter, we focus specifically on 
the contestation of court proceedings in more narrow terms; as the extent to which 
a citizen can contest the assessments of case facts and the interpretation and 
application of the law by a judge and their assistive AI tool.  

In this regard, ensuring the contestability of judicial AI can be crucial to 
upholding procedural justice. Litigant contestation has been defended in 
academic literature as crucial to safeguarding the quality of judicial fact-finding 
and legal deliberations.29 Moreover, litigant contestation is also considered 
valuable in its own right, as it enables citizens to participate in their own trial. 
This, importantly, communicates respect and care toward the litigant as a citizen 
whose perspectives and opinions are worth being listened to.30 

The practice of contestation can become obstructed, however, with the advent 
of inscrutable AI-supported legal decision-making.31 Notably, certain types of AI 

 
27 Mireille Hildebrandt, ‘Law as Information in the Era of Data-Driven Agency’ (2016) 79 The Modern 
Law Review 1, 25.  
28 It is important to note that contestation, as a hallmark of the Rule of Law, can also include 
democratic decision-making and the judicial review of the constitutionality of laws. See: Gerald J 
Postema, ‘Democracy, Rights, and Justice’ in: Law’s Rule: The Nature, Value, and Viability of the Rule 
of Law (Oxford University Press 2023). See for a European example: the Venice Commission of the 
Council of Europe, ‘The Rule of Law Checklist’, 106th Plenary Session, 11th-12th of March 2016, para 33 
and 109. Similarly, in Brazil, democratic contestation of laws and government-decision-making occurs 
through elections and judicial constitutional review. See for example art. 1(V) and 102 of the Brazilian 
Constitution 
<https://www.oas.org/es/sla/ddi/docs/acceso_informacion_base_dc_leyes_pais_b_1_en.pdf>. 
In contrast, in (mainland) China it is legally prohibited to challenge the political dominance of the 
Communist Party of China. But increasingly, Chinese citizens are able to contest the lawfulness – in 
exceptional cases, also the suitableness – of decisions made by public authorities. See: p.p. 7 and 82-
84, in the book C. Qiao: Chinese Rules and Procedures for Addressing Mass Actions: A Juridification 
Account, Springer 2024. While we, therefore, do not disregard the political differences between our 
case studies in regard to these types of contestation, we focus more specifically on the contestability 
of court proceedings and judicial AI systems. 
29 Metikoš and Van Domselaar (n 23). 
30 ibid. 
31 Palmiotto (n 10); Metikoš (n 12); Jasper Ulenaers, ‘The Impact of Artificial Intelligence on the Right 
to a Fair Trial: Towards a Robot Judge?’ (2020) 11 Asian Journal of Law and Economics. 
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models have been noted to be difficult, if not impossible, to faithfully interpret 
and explain.32 Moreover, there is also a (potential) lack of disclosure on the way 
such systems are implemented and used by courts.33 This can harm the ability of 
citizens to fully grasp and contest vital pieces of evidence or legal arguments 
generated by such systems. A right to an explanation, ostensibly, aims to mitigate 
these obstacles, and to enable a litigant to understand the usage of a judicial AI 
system and its output, so that they may contest either.34 

In principle, a right to an explanation of judicial AI could encompass three types 
of information disclosure. First of all, it can include the requirement to simply 
disclose the usage of a judicial AI tool and the system’s general role in the 
decision-making process. Secondly, it can encompass a detailed description of 
how and when precisely the judge used the system. And lastly, it can require an 
explanation of the manner in which an AI system operates, the main parameters 
it relies upon to that end, and the weighting of those parameters.35  

It is important to note that judicial AI is not a monolith, however. It can perform 
functions in different steps of the adjudicatory process. Judicial decision-making 
encompasses distinct micro processes such as distributing lawsuits, identifying 
precedents, reviewing documents, and even commuting incarceration sanctions. 
What exact explanation would need to be provided, depends on how legal 
explainability requirements apply to a particular function of an AI system in the 
context of a particular judicial act. For example, if a judge uses a grammar 

 
32 Maja Brkan and Grégory Bonnet, ‘Legal and Technical Feasibility of the GDPR’s Quest for 
Explanation of Algorithmic Decisions: Of Black Boxes, White Boxes and Fata Morganas’ (2020) 11 
European Journal of Risk Regulation 18; Metikoš (n 12); Metikoš and Van Domselaar (n 23); Cynthia 
Rudin, ‘Stop Explaining Black Box Machine Learning Models for High Stakes Decisions and Use 
Interpretable Models Instead’ (2019) 1 Nature Machine Intelligence 206; Boris Babic and I Glenn 
Cohen, ‘The Algorithmic Explainability “Bait and Switch”’ [2023] Minnesota Law Review 857. 
33 Hendrickx (n 12); Juan David Gutiérrez, ‘ChatGPT in Colombian Courts’ [2023] Verfassungsblog 
<https://verfassungsblog.de/colombian-chatgpt/> accessed 24 September 2024. 
34 Metikoš and Van Domselaar (n 23); Metikoš (n 12). 
35 Karen Yeung and Adam Harkens, ‘How Do “Technical” Design Choices Made When Building 
Algorithmic Decision-Making Tools for Criminal Justice Authorities Create Constitutional 
Dangers? (Part I)’ (2023) Public Law 265. See: Hendrickx (n 12) for an extensive list of examples of 
different types of information disclosure that could be required in this regard, as well as a number of 
critical reflections on what requirements are feasible and desirable for judiciaries that adopt AI. 



CHAPTER 2 
 

 

98 
 

checking tool, an explanation could suffice with the statement that a certain 
system has been used. That way, the litigant can critically verify whether the 
system made any errors. However, for a profiling system - with potential 
consequences, e.g. for sanction stipulations -, a litigant would preferably wish to 
know the main parameters based on which they were profiled or the data that 
went into its training.36 This could require us to interpret how the system 
operates in a detailed manner for a specific input and output.  

In the case of the latter, a variety of technical and organizational obstacles face 
explainability. These have been the object of extensive (and active) 
interdisciplinary scholarship in the field of explainable AI (XAI).37 Many of these 
limitations echo long-identified challenges in ‘opening the black box’,38 i.e. 
imprinting faithful transparency in complex and unstable systems. Explaining 
in-depth how certain AI models function, could bring with it additional 
deployment and development requirements for judiciaries and providers of 
judicial AI. This is because, to provide explanations that faithfully describe how 
a specific output came to be, it could be necessary to use intrinsically 
interpretable instead of opaque AI models.39 In this regard, explainability is not 
only a mere procedural right but also a design principle that guides AI 
development and deployment.40  

But developing explainable AI systems and producing explanations can demand 
additional (financial) resources,41 potentially straining judicial budgets. 

 
36 Metikoš (n 12). 
37 Brkan and Bonnet (n 37). 
38 Rudin (n 37). 
39 However, this can in some instances lead to a trade-off between accuracy and transparency. Such a 
trade-off can occur when more accurate systems that rely on (opaque) neural networks are replaced 
by, for instance, rule-based AI which is more reliably explainable. See: Metikoš (n 12); Andrew Bell 
and others, ‘It’s Just Not That Simple: An Empirical Study of the Accuracy-Explainability Trade-off 
in Machine Learning for Public Policy’ 2022 ACM Conference on Fairness, Accountability, and 
Transparency (ACM 2022). 
40 Marco Almada, ‘Human Intervention in Automated Decision-Making: Toward the Construction 
of Contestable Systems’ Proceedings of the Seventeenth International Conference on Artificial Intelligence 
and Law (Association for Computing Machinery 2019); Metikoš (n 12); Rudin (n 37). 
41 Babic and Cohen (n 37); Rudin (n 37). 
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Moreover, providing explanations of every single AI system involved in the 
adjudicatory process might lead to a situation of information-overload for the 
litigant.42 In light of this, explaining every single judicial AI system, even ones 
that perform non-impactful ancillary tasks, would be excessive and perhaps even 
harmful to the practice of contestation. 

But where do we draw the line between ancillary and impactful AI? As we will 
see, different jurisdictions offer different answers. For the purposes of comparing 
the scope of the right to an explanation of judicial AI, we have developed a 
function-based classification of how such systems can be utilized by courts.43 In 
this overview, we argue that the functionality, i.e. the role, of an AI tool in the 
judicial decision-making process, can influence that process to different degrees. 
The influence of the AI system’s functionality can be defined as how much the 
system will substantively automate the tasks leading up to a judicial verdict. As 
we will see in our case studies, the lower the level of automation, the fewer 
explainability requirements are imposed.  

It is important to note that our typology is not an empirical overview of the actual 
impact on the litigant or the verdict caused by a judicial AI system. This empirical 
impact will, in the end, depend on the specific circumstances of the case. 
Whether, for example, the judge ascribes much weight to the system, or whether 
the specificities of the case depend heavily on the evidence or arguments 
generated by the system. Moreover, this typology is also not meant as a normative 
framework to suggest what the exact scope should be of a right to an explanation 

 
42 Cynthia Stohl, Michael Stohl and Paul M Leonardi, ‘Digital Age | Managing Opacity: Information 
Visibility and the Paradox of Transparency in the Digital Age’ (2016) 10 International Journal of 
Communication 15; Hendrickx (n 12); Metikoš and Van Domselaar (n 23). 
43 This table is built on the automation-level table developed by Cong-rui Qiao, and Ljubiša Metikoš, 
‘Judicial Automation: Balancing Rights Protection and Capacity-Building’ (February 05, 2025). Elgar 
Encyclopedia of the Sociology of Law, Forthcoming 2026, ISBN 9781035333158.  
See for other overviews of judicial AI usage: 
Tania Sourdin, ‘Ethical Issues in Judge AI and Judicial Technology Use’ in Judges, Technology and 
Artificial Intelligence (Edward Elgar, 2021). L. Diver, P. McBride, M. Medvedeva, A. Banerjee, E. 
D’hondt, T. Duarte, D. Dushi, G. Gori, E. van den Hoven, P. Meessen, M. Hildebrandt, ‘Typology of 
Legal Technologies’ (COHUBICOL, 2022), <https://publications.cohubicol.com/typology>. 
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of judicial AI. Rather, it is a comparative tool that forms a common frame of 
reference to be able to analyze how different legal frameworks delineate the scope 
of their explainability rights.  

Ultimately, we build on this table to assess when information disclosures are 
mandated under different explainability rights. In this regard, it is also important 
to note that explanations can differ between judicial AI functions. To reiterate, 
explaining a simple AI translation tool might require different explanations both 
in terms of substance and detail than e.g. the use of a profiling system. As not all 
judicial AI functions will impact the litigant or the verdict in the same way, the 
same could be said as to the normative need to explain in the same level of detail 
how these systems function, their role in the trial, or how they have been 
operated. However, the goal of our classification is not to define what the content 
of an explanation should be depending on the different functions of judicial AI. 
Rather, its aim is to help structure our legal comparison and discussion. This is 
again because our framework is meant to be solely comparative and descriptive. 
Arguably, defining what level of information should be disclosed to a litigant is a 
normative question that depends on how we value different aspects of trials, such 
as their legitimacy, the ability of litigants to participate, and the concrete 
information-needs of litigants to be able to contest judicial AI.44 Such an 
investigation goes beyond the scope of our analysis. Still, our comparative 
framework can be used to inform such (future) normative research, and to help 
assess, per judicial AI function, what kind of information should be disclosed.  

 

 

0 No use of AI Minimal use of 
technology, no AI 
systems in place. 

 
44 Metikoš and Van Domselaar (n 23). 
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1 Documentation assistance Filing cases, retrieval of 
documents, 
translation.45 

2 Frontend automation Provision of legal 
information to litigants, 
predicting the likelihood 
of success of their case.46 

3 Generation of information 
on the law 

Summarizing case law, 
analyzing legal 
documents, and 
suggesting applicable 
provisions.47 

4 Analysis and provision of 
case facts 

Predicting recidivism or 
other types of behavior 
by the litigant,48 or the 

 
45 In Austria, several types of AI systems, such as recommender systems, are used to file, sort, and 
retrieve information. See: Federal Ministry of Justice Republic of Austria, IT Applications in the 
Austrian Justice System, July 2023.  
46 In the province of Guangzhou China, litigants can use a judicial app to calculate the likelihood that 
they can win a case. See: Stern and others (n 2). 
It is important to note here that predicting trial results could still significantly harm litigants, given 
how such systems might inhibit those seeking access to justice. Moreover, judges might weigh such 
results as well in their decision-making. In that regard, it could be argued that these types of systems 
would need to be placed higher in our typology. However, to reiterate, our typology ranks systems 
based on how much they will substantively automate the tasks leading up to a judicial verdict. In that 
regard, systems that predict trial results are not directly very impactful on the verdict. This shows, 
nevertheless, that there is need for further empirical and conceptual research as to how much litigants 
will be actually impacted by judicial AI systems. Idealized typologies, such as the ones we formulate 
here, as well as scoping exercises more broadly (as the reader will come to see) can be insufficient in 
fully encompassing all potential risks and impacts of judicial AI. 
47 In Bulgaria and Italy, the ‘ADELE’ system has been piloted to provide case law analyses to help 
inform judges. See: <https://adele-tool.eu/> accessed 17 February 2025. In China, the regions of 
Shanghai, Hainan and Guangzhou have all developed similar tools to analyze past case law and 
recommend verdicts. See: Stern and others (n 2). 
48 For example, Dutch courts have used the system ‘PreSelect’ to profile minors and predict future 
criminal behavior. See: Controle Alt Delete ‘Voorspellend algoritme voor criminele jongeren blijkt 
onbetrouwbaar’, <https://controlealtdelete.nl/articles/algoritme-werkt-discriminatie-in-de-
hand#gsc.tab=0> accessed 17th of February 2025. Another example can be found in Spain, where the 
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gathering and 
production of 
information about the 
facts of the case. 

5 Triage and clustering Suggesting decisions 
and aggregating lawsuits 
according to subject 
matter for judicial 
review.49 

6 Replacement Provision of fully 
drafted verdicts, subject 
to human review,50 or 
fully automated 
decision-making with 
minimal human 
involvement. 

 

 

With this classification in mind, we shall assess each case study from the 
perspective of three core questions: 

1. On what legal grounds would a judicial AI system need to be 
explained in the EU, Brazil and China? 

 
‘RisCanvi’ system has been used. See: Antonio Andrés-Pueyo, Karin Arbach-Lucioni and Santiago 
Redondo, ‘The RisCanvi’, in Sing and others (eds.) Handbook of Recidivism Risk/Needs Assessment 
Tools (John Wiley & Sons, 2018).  
49 See, for example, the Brazilian ‘Victor’ system: Tainá Aguiar Junquilho and Mamede Said Maia 
Filho, ‘Inteligência Artificial No Poder Judiciário: Lições Do Projeto Victor’ (2021) 8 Humanidades e 
Inovação. 
50 In a pilot in the Dutch court of ‘s Hertogenbosch, a system was used that provided fully drafted 
verdicts in simple traffic violation cases. See: Manuella van der Put, Kunstmatige Intelligentie Bij 
Rechterlijke Oordeelsvorming, Theoretische Analyse En Praktische Implementatie, (Dissertation), University 
of Tilburg, 2022. 
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2. What kind of information would need to be disclosed about judicial 
AI systems across the different jurisdictions? 

3. Which of the different functions of judicial AI fall within the scope of 
these rights? 

 

3. The EU 
 
Increasingly, courts across the different Member States of the EU have adopted 
AI tools,51 in line with the ambition of the European Council to promote the use 
of AI in the justice sector.52 Still, the uptake of AI in the administration of justice 
has been relatively low,53 especially compared to the judiciaries of Brazil and 
China.  
 
At the same time, the European Parliament has expressed strong concerns about 
the explainability and contestability of these tools, as well as their impact on 
justice and the right to a fair trial.54 The latter can be found under art. 6 of the 
European Convention on Human Rights (ECHR) and forms a legal minimum 
standard for due process in Europe, while national legal orders can develop 
further requirements. In this section, we first explore to what extent the right to 
a fair trial could mandate the explainability of judicial AI. We then examine how 
explainability rights in the General Data Protection Regulation (GDPR) and the 
AI Act (AIA) apply to the different functions of judicial AI.  
 

 
51 Marco Fabri, ‘From Court Automation to E-Justice and Beyond in Europe’ (2024) 15 International 
Journal for Court Administration. 
52 Council of the European Union 2019-2023 Strategy on e-Justice (2019/C 96/04) Brussels, 13 March 
201 and e-Justice Strategy 2024-2028, Brussels, 17 November 2023. 
53 Fabri (n 4). 
54 European Parliament resolution of 6 October 2021 on artificial intelligence in criminal law and its 
use by the police and judicial authorities in criminal matters. 
<https://www.europarl.europa.eu/doceo/document/TA-9-2021-0405_EN.html> 
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3.1. The right to a fair trial in the EU 

The ECHR is an international treaty that binds all the Member States of the 
Council of Europe, which also includes all EU Member States, to protect and 
uphold human rights. The guarantees in the Convention form a harmonizing 
minimum standard for human rights across the European subcontinent, while 
Member States maintain a ‘margin of appreciation’ to interpret and operationalize 
them in line with their cultural, social, and legal particularities.55 

The harmonizing standard for due process in court proceedings can be found in 
the right to a fair trial under art. 6 ECHR. The right to a fair trial (and an effective 
remedy) can also be found under art. 47 of the Charter of Fundamental Rights of 
the European Union (Charter). It is important to note that the case law of art. 6 
ECHR is also applicable to art. 47 Charter, as the latter must provide an equal or 
higher level of protection to the ECHR.56 Both provisions provide individuals 
with the right to ‘a fair and public hearing’.  

The case law of the European Court of Human Rights (ECtHR) provides 
procedural safeguards that ensure such a ‘fair hearing’; for instance, courts need 
to be independent, and verdicts need to be given within a reasonable time.57 
Moreover, several obligations regarding the transparency of court proceedings 
are also stipulated. In particular, the right to adversarial proceedings and the 
right to a reasoned judgment provide litigants with information that can make it 
possible for them to contest evidence and legal arguments. Arguably, these rights 
provide a basis for a derived right to an explanation of judicial AI. 

First, the adversarial principle stipulates that parties to a criminal or civil trial 
should have the opportunity to comment on, and have knowledge of, all 
evidence or observations filed.58 This entails that all the documents relating to 

 
55 Yutaka Arai-Takahashi and Yutaka Arai, The Margin of Appreciation Doctrine and the Principle of 
Proportionality in the Jurisprudence of the ECHR (Intersentia 2002) 5–14. 
56 See art. 53 of the Charter of Fundamental Rights of the European Union. 
57 Kleyn and Others v the Netherlands [2003] ECtHR [GC] 66394/10, 23115/13, 46621/12, 2679/12, 7215/12, 
62560/11, 44311/11, 29826/11, 12868/11, 5691/11 [192]; H v France [1989] ECtHR 57502/12 [58]. 
58 Ruiz-Mateos v Spain [1993] ECtHR 12952/87 [63]. 
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the case that are in the hands of the judge must be disclosed to the litigant, 
notwithstanding restrictions based on national security or public order. 
Consequently, a judge would need to disclose their usage of an AI system, as well 
as any outputs that they received from it. Moreover, if a judge has been provided 
with a specific explanation about how the AI system functions, they would need 
to share that with the litigant too. These requirements only apply so long as the 
AI system generates ‘evidence or observations’. This would, therefore, exclude 
systems that only perform ancillary functions, such as documentation assistance 
under level 1, or frontend automation under level 2, as these do not provide 
evidence or observations to the court.  

Nevertheless, the scope of the adversarial principle remains quite wide. It 
explicitly does not impose any requirement that the disclosed documents must 
have any substantial impact on the judicial decision itself.59 That is to say, all 
documents fall under its scope, no matter their contents or relative importance. 
Therefore, any level 3 or 4 system that generates factual and legal information 
about the case at hand would fall within its scope. The same is true for systems 
under level 5, triaging, and 6, replacement, as these will also make some kind of 
observation about the case at hand. 

In the case of Yvon v. France, the ECtHR stated that the adversarial principle 
does not require that documents need to be shared with the litigant, which were 
not presented to the court either.60 The adversarial principle is generally limited 
to the mere disclosure of documents that are already in the hands of the court.61 
It does not impose any active obligation on courts to produce documents. 
Consequently, whether an explanation of a judicial AI system should be 
provided to a litigant, depends on whether the judge has an explanation about 
the system in the first place.  

 
59 Nideröst-Huber v Switzerland [1997] ECtHR 18990/91 [27]; Ziegler v Switzerland [2002] ECtHR 33499/96 
[38]. 
60 Yvon v France [2003] ECtHR 44962/98 [38]. 
61 Mantovanelli v France [1997] ECtHR 21497/93 [66]; Metikoš (n 12). 
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Only in specific circumstances does the adversarial principle apply to documents 
not directly in the hands of the court. This could include, for example, 
information about an AI system that is in the hands of a third-party developer. 
This reading of the adversarial principle can find a basis in the case-law relating 
to expert evidence. The ECtHR has namely emphasized that the use of expert 
testimony must also comply with the adversarial principle.62 Because of the 
potential weight of such testimonies, procedural rules on the admissibility of 
expert-created reports must afford litigants the possibility of ‘challenging it 
effectively’.63 What matters most in this regard is that parties should be able to 
‘participate properly’.64 Still, no ‘general, abstract principle’65 may be inferred that 
a litigant should always have access to an expert’s documents and interview data 
that were not shared with the court. Only when these have a ‘preponderant’ 
influence on the verdict, should they be made available to a litigant.66 

In the case of judicial AI, only systems that provide information that would form 
the most crucial piece of evidence in a trial, would fall under the Mantovenelli 
exception to the adversarial principle. This would most likely only include level 4 
systems that generate crucial pieces of evidence for a judge’s consideration. In 
such cases, it might be required that a litigant should have access to the system’s 
source code, input data, training data, etc., so that they may verify the system’s 
accuracy and ‘participate properly’67 in their trial. 

This narrow conceptualization of the right to adversarial proceedings as a simple 
right to document disclosure, was established long before the emergence of 
judicial AI. Consequently, it fails to address the challenges that opaque judicial 
AI presents to the right to a fair trial as it does not encompass an active duty to 
explain such systems. However, the question arises whether litigants can indeed 
‘participate properly’, when opaque and unexplained judicial AI systems have 

 
62 Hamzagić v Croatia [2021] ECtHR 68437/13 [43]. 
63 Letinčić v Croatia [2016] ECtHR 7183/11 [50]. 
64 Devinar v Slovenia [2018] ECtHR 28621/15 [46]. 
65 Mantovanelli v. France (n 67) para 66. 
66 ibid 36. 
67 Devinar v. Slovenia (n 70) para 46. 
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been used by a judge. This telos of the adversarial principle may therefore 
necessitate an expansion of its scope from being a mere passive duty to disclose 
‘evidence and observations’. Rather, it should also be understood as a more active 
duty to explain evidence and observations provided by judicial AI systems.  

While the ECtHR has not yet addressed the particular explainability issues of AI 
models, the European Court of Justice (CJEU) has discussed the issue of the 
inscrutability of such systems in its PNR judgment. Here, it ruled that a right to 
an effective judicial remedy under art. 47 Charter can be violated when black-box 
systems have been used.68 The Court did not, explicitly, mention the usage of AI 
by courts. Still, art. 47 Charter includes both the right to an effective remedy and 
the right to a fair trial (unlike art. 6 ECHR, which only provides the latter). 
Arguably, the argument that the Court has raised with regard to the right to an 
effective remedy, can have merits in the context of the adversarial principle under 
the right to a fair trial.69 

Moreover, various scholars have also derived explainability requirements from 
the right to a reasoned judgment.70 Art. 6 ECHR namely requires that courts 
support their verdicts with reasons.71 These reasons, in turn, must also make it 
possible for litigants to appeal (i.e. contest) the verdict before a higher court.72 
For example, courts are required to examine the main arguments that a litigant 
presented in their case.73 Under the right to a reasoned judgment, scholars have 
argued that a court could be required to explain the reasons that led the AI 
system to produce a certain output, if that output has a substantial bearing on the 
verdict.74 Arguably, this would not only include a right to learn if and to what 

 
68 Ligue des droits humains ASBL v Conseil des ministres [2022] CJEU C-817/19 [195]. 
69 Devinar v. Slovenia (n 70) para 46. 
70 Palmiotto (n 10); Ulenaers (n 36); Katherine Quezada-Tavárez, Plixavra Vogiatzoglou and Sofie 
Royer, ‘Legal Challenges in Bringing AI Evidence to the Criminal Courtroom’ (2021) 12 New Journal 
of European Criminal Law 531; Nídia Andrade Moreira, ‘The Compatibility of AI in Criminal System 
with the ECHR and ECtHR Jurisprudence’ in Goreti Marreiros and others (eds), Progress in Artificial 
Intelligence (Springer International Publishing 2022). 
71 H v Belgium [1987] ECtHR 8950/80 [53]. 
72 Suominen v Finland [2003] ECtHR 37801/97 [36]. 
73 Buzescu v Romania [2005] ECtHR 61302/00 [67]. 
74 Metikoš (n 12); Quezada-Tavárez, Vogiatzoglou and Royer (n 57); Moreira (n 57). 
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extent a judge has relied on AI, but also what weight and importance was 
ascribed to the output of the system when reaching a judgement. Hendrickx 
provides an extensive list of potential types of information that could be 
provided to litigants in this regard.75 

The right to a reasoned judgment is more limited in its scope than the adversarial 
principle. Only systems that have a bearing on the verdict would fall within its 
scope. Such systems would, in any case, not include level 1 ’documentation 
assistance’ and level 2 ‘frontend automation’ as the non-disclosure of this 
information would not hinder the litigant in appealing the verdict. Whether 
level 3 ‘generation of information on the law’ and level 4 ‘analysis and provision 
of case facts’ would fall within this scope can be debated. This would depend on 
whether one considers these systems to have a true bearing on the verdict. A 
profiling system under level 4 will most likely be considered as such to be 
impactful, as it can be used as a vital piece of evidence for the verdict to rely upon. 
Legal analysis systems, such as case retrieval systems, under level 3 are a different 
story, as they can be considered ancillary searching tools. Nevertheless, such 
tools can also produce detailed legal analyses that have considerable bearing on 
the legal analysis of the judge.  

The right to a reasoned judgment does not provide any granular guidance in this 
regard, leaving such scoping questions unanswered.76 Nevertheless, level 5 
‘triage’ and level 6 ‘replacement’, would surely fall within the scope of the right 

 
75 Hendrickx (n 12). In regard to this list, Hendrickx also raises a number of salient critical reflections 
as to whether requiring additional reasons from judges is feasible and suitable in the first place, 
however. These include whether judges are capable of explaining such systems, whether current XAI 
techniques are sufficient to provide the kinds of reasons litigants require, whether litigants can deal 
with complex technical information, and whether strenuous reason-giving requirements might harm 
judicial flexibility. See also: Victoria Hendrickx, ‘The Judicial Duty to State Reasons in the Age of 
Automation? The Impact of Generative AI Systems on the Legitimacy of Judicial Decision-Making’ 
(2024) Erasmus Law Review 3. 
76 Hendrickx states for example in this regard that ‘there may be a need for tailored or enhanced reason-
giving requirements when judges rely on [judicial decision-support systems]’. See Victoria Hendrickx, 'AI and 
the Judicial Duty to State Reasons' in Monika Zalnieriute and Agne Limante (eds.) The Cambridge 
Handbook on AI and Technologies in Courts (Cambridge University Press, forthcoming). 
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to a reasoned judgment, as actual contestable decisions are being made about the 
litigant in question.77 

It is also unclear to what extent art. 6 ECHR can mandate that judicial AI is 
developed in an explainable manner. Arguably, its scope is quite limited. Art. 6 
ECHR only encompasses proceedings ‘before the tribunal’. That is to say, it 
generally only provides obligations for judiciaries, and not third-party 
developers. Its ability to provide detailed requirements for third-party 
developers of judicial AI models is, therefore, highly curtailed.78 

In any case, neither the ECtHR nor the CJEU have yet ruled how they will 
interpret the concept of ‘reasons’ or the adversarial principle in relation to the 
use of judicial AI. Nevertheless, EU lawmakers have already taken the lead in this 
debate, by providing citizens with a more explicitly formulated right to an 
explanation. In the next sections, we examine how EU Data Protection Law and 
the AIA provide litigants with a right to an explanation as well as how these 
rights apply to the use of judicial AI. 

3.2. The GDPR and the LED 

Data Protection Law in the EU is largely harmonized under the General Data 
Protection Regulation (GDPR), which directly regulates the processing of 
personal data across the EU by both public and private bodies. Under the GDPR, 
there is no explicit provision that provides data subjects with a right to an 
explanation. Nevertheless, legal scholars have deduced this right from different 
provisions within the text of the GDPR.79  

Most notably, art. 15 (1) (h) GDPR provides data subjects with a right to 
‘meaningful information’ about the logic involved in a solely automated decision-
making process. Some scholars, such as Wachter, Mittelstadt, and Floridi, have 

 
77 One limitation of the right to a reasoned judgment, is that it is often lawyers who introduce 
evidence in court proceedings. In this regard, the right to a reasoned judgment would cover judicial 
AI systems, but not AI-generated evidence by parties themselves. However, such information could 
fall under the principle of ‘equality of arms’. 
78 Metikoš (n 12). 
79 Metikoš and Ausloos (n 12). 
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argued that the GDPR does not provide a right to an explanation as such. That is 
because the text of art. 15 (1) (h) GDPR is identical to provisions that can be found 
in art. 13 and 14 GDPR. These provide data subjects with general ex ante 
information about the functioning of the automated system, before an output has 
been created. Therefore, they argue, data subjects only have a right to such 
general ex ante information, and not an explanation as to how a specific decision 
has been reached ex post.80  

However, this argument has been refuted in the case law of the GDPR. In the 
landmark case of Dun & Bradstreet, the CJEU ruled that a specific explanation 
about how a final decision has been made, must be provided to the data subject. 
Or, in other words, that data subjects enjoy a right to an explanation.81 This case 
law has also emphasized that the main purpose of the right to an explanation 
under the GDPR, is to enable the contestation of automated decisions.82 
Explanations must therefore not merely inform the data subject about how the 
judge used the system, or how the system informed the verdict. Rather, the right 
to an explanation under the GDPR pertains to descriptive information as to how 
a certain specific output came to be.83  

Such a contestation-enabling explanation could be given in the form of 
counterfactuals, according to the CJEU.84 Counterfactuals show what would 
have needed to be different in a given case for another output to have been 
generated. They are a popular method in the field of explainable AI and have been 
proposed as a way to inform decision-subjects about how their particular cases 
have been processed by an AI model.85 However, there are various concerns as to 

 
80 Sandra Wachter, Brent Mittelstadt and Luciano Floridi, ‘Why a Right to Explanation of Automated 
Decision-Making Does Not Exist in the General Data Protection Regulation’ (2017) 7 International 
Data Privacy Law 76. 
81 Dun & Bradstreet [2025] CJEU ECLI:EU:C:2025:117 [57]. 
82 ibid [55 & 56]. 
83 Metikoš and Ausloos (n 12). 
84 Dun & Bradstreet (n 89) [62]. 
85 Sandra Wachter, Brent Mittelstadt and Chris Russell, ‘Counterfactual Explanations without 
Opening the Black Box: Automated Decisions and the GDPR’ (2017) 31 Harvard Journal of Law & 
Technology (Harvard JOLT) 841. 
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the faithfulness, or accuracy, of such methods, in truly showcasing a reliable and 
contestable logic in black-box AI models.86 

The automated decision-making referred to in art. 15 GDPR is further 
conceptualized in art. 22 GDPR. The latter defines this as decision-making where 
no meaningful human intervention has taken place, which also has legal or 
significant effects on the data subject.87 The requirement of there being some 
kind of ‘legal effect’ would be fulfilled by most levels described in our table in 
section 2. Nevertheless, the requirement that no meaningful human intervention 
would have taken place would only be fulfilled by level 5 ‘triage’ and level 6 
‘replacement’ systems. Only in these situations would the judge not be 
substantially involved in the decision-making process, and would the final 
decision be ‘solely automated’. In all other cases, judicial AI functions as a mere 
tool and would it not need to be explained. 

The GDPR also does not apply to AI systems that do not process personal data. 
This makes it impossible to apply its right to an explanation to systems that 
merely analyze legal texts. The GDPR also does not cover criminal 
prosecutions.88 Rather the Law Enforcement Directive (LED) applies in such 
situations. However, no right to an explanation can be deduced from the LED, 
resulting in there being no mandated explainability standards for criminal justice 
AI systems.89 In short, the right to an explanation under EU Data Protection Law 
does not fully encompass the judicial context, failing to provide full coverage of 
vital and impactful AI systems. 

In the SCHUFA case, the CJEU expanded the scope of the right to an 
explanation to encompass third parties if these perform ‘preparatory acts’. If, for 
example, a third party provides a probability score and a data controller makes a 
decision solely based on that score, the third party would have to explain how 

 
86 Solon Barocas, Andrew D Selbst and Manish Raghavan, ‘The Hidden Assumptions behind 
Counterfactual Explanations and Principal Reasons’ Proceedings of the 2020 Conference on Fairness, 
Accountability, and Transparency (Association for Computing Machinery 2020). 
87 Metikoš and Ausloos (n 12). 
88 See art. 2(1)(d) GDPR. 
89 Metikoš and Ausloos (n 11). 
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that score came to be, even if they did not make the final decision themselves.90 
Moreover, the GDPR can also apply across the entire AI development process. 
Art. 25 GDPR requires data controllers to implement appropriate technical and 
organizational measures to comply with the provisions of the GDPR. 
Consequently, this could also require data controllers to develop judicial 
systems that are explainable and contestable by design.91  

Lastly, according to the Dun & Bradstreet judgment, explanations must be 
understandable. In particular, they must be given in a ‘concise, transparent, 
intelligible and easily accessible form’.92 This could help address the concern of 
scholars like Hendrickx and Metikoš and Van Domselaar, who argue that the 
information-needs of different types of litigants about judicial AI might vary.93 
More targeted and tailored explanations might therefore be beneficial to enable 
a larger group of people to contest judicial AI.  

3.3. The AIA 

Similar to the GDPR, the AIA also imposes transparency requirements. It 
provides a right to an explanation for individuals subjected to decisions that 
have been informed by high-risk AI systems, which also includes certain uses of 
judicial AI. According to art. 86 (1) AIA, an individual decision-subject has the 
right to ‘obtain from the deployer clear and meaningful explanations of the role of the 
AI system in the decision-making procedure and the main elements of the decision taken’. 
This right serves complementarily to the GDPR’s regime, as it can only be 
invoked when otherwise not provided for under Union law, according to art. 86 
(3) AIA. 

From this, we can deduce that both the way that the judge uses a system, as well 
as the main parameters that the system relies on, might need to be disclosed to 
the litigant. But, to reiterate, this only applies to high-risk AI systems. This 

 
90 Metikoš and Ausloos (n 12). 
91 Almada (n 45); Metikoš (n 12). 
92 Metikoš and Ausloos (n 11), Court of Justice of the European Union, 'Dun & Bradstreet', 
ECLI:EU:C:2025:117 [58]. 
93 Hendrickx (n 12); Metikoš and Van Domselaar (n 23). 
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category, unlike the GDPR, does include judicial support systems, according to 
Annex III (8) AIA. However, Recital 61 AIA mentions that this previous 
definition should not apply to systems ‘intended for purely ancillary administrative 
activities that do not affect the actual administration of justice’. These include, for 
example, anonymization or pseudonymization systems. As such, these systems 
do not fall within the category of high-risk AI and therefore do not need to be 
explained.  

The question as to which other types of systems are considered to be ancillary is 
in part answered by art. 6 (3) AIA. This provision states that an AI system is not 
considered to be high-risk AI if ‘it does not pose a significant risk of harm to the health, 
safety or fundamental rights of natural persons, including by not materially influencing 
the outcome of decision making’. This includes AI systems that intend to perform a 
narrow procedural task (a), improve the result of a previously completed human 
activity (b), detect decision-making patterns (c), or perform a preparatory task to 
an assessment (d). 

Consequently, many judicial AI systems that are used in the EU do not fall 
within the regime of the AIA. Level 1 documentation systems, will most likely 
fall within case (d), as they perform simple and ancillary preparatory tasks. Level 
2, frontend automation, would fall wholly outside the scope of the right to an 
explanation, as it aims to inform the litigant and not the judge. Level 3 
‘generation of information on the law’ and level 4 ‘analysis and provision of case 
facts’ could fall within the scope of case (d) as well. This would depend on the 
weight ascribed to the analysis provided by such systems by the judge in 
question. If the systems would materially influence the outcome of decision-
making, they fall within the scope of high-risk AI. To give an example, the 
piloted case law analysis system ADELE would be considered high-risk and have 
to be explained, as it provides judges with legal advice that can materially 
influence the verdict.94  

 
94 ‘ADELE’ (n 9). 
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Levels 5 and 6, triage and replacement systems, will in any case not be excluded 
by art. 6 (3) AIA. Arguably, such systems make autonomous decisions, which 
would in any case materially influence the verdict. It is important to note, 
however that art. 86 AIA only applies to a ‘decision which is taken by the deployer on 
the basis of the output from a high-risk AI system‘. Therefore, it only applies to 
systems that assist and inform, rather than replace, decision-makers. The 
question therefore arises whether replacive judicial AI would fall within this 
category. Recital 61 AIA does state that judicial decision-making ‘must remain a 
human-driven activity’. However, Recitals only provide interpretative guidance in 
regard to EU legislation and do not provide a legal basis for exercisable rights. No 
provision of the AIA bans the usage of a fully automated judicial AI system. 
Therefore, triage and replacement systems are neither banned nor considered 
high-risk. Consequently, replacive systems do not fall under the scope of art. 86 
AIA. If a system produces solely automated decisions, they could potentially fall 
under the scope of the GDPR. But this would not cover the usage of replacive 
judicial AI in criminal cases, as the LED applies in this context.95 Replacive 
judicial AI in the criminal justice domain, could therefore wholly fall outside the 
scope of the right to an explanation under both the GDPR and the AIA. 

Based on an alternative reading, we could argue that the AIA only permits the 
usage of high-risk judicial AI as it only addresses assistive AI systems. And, 
therefore, it would implicitly disallow the usage of replacive judicial AI systems. 
However, this reading disregards that the list of high-risk AI under Annex III is 
not an exhaustive list of allowed AI practices. Rather, it only describes which AI 
systems fall under the governance regime for high-risk AI. Bans on certain types 
of AI practices can be found in art. 5 AIA, which does not mention the usage of 
AI by courts. 

 
95 Moreover, the AIA does not mandate that the opposing party (such as the Public Prosecutor) 
provide an explanation about any AI system they might have used. Consequently, a gap arises in the 
scope of the AIA’s right to an explanation. Such cases are covered, however, by the adversarial 
principle.  
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The AIA remains largely silent, moreover, as to how art. 86 AIA should be 
practically operationalized. For example, it is questionable whether judges would 
have the necessary skills to produce explanations. Partially, the AI literacy 
requirements under art. 4 AIA could be used to ensure that judges have such 
skills. But it is yet to be seen how fruitful training programs could be in this 
regard.96 Moreover, the guidance issued by the European Commission on art. 4 
AIA, does not mention explainability or the provision of an explanation at all.97 
There is also a lack of clarity as to how explainability should be technically 
achieved. It is yet not specified whether, for example, judicial AI should be 
faithfully explainable, or rely on intrinsically interpretable models in lieu of 
black-box models.98  

The obligation to perform human oversight under art. 14 AIA could, however, 
play an important role in addressing the practical operationalization of litigants’ 
right to an explanation. This provision requires that high-risk AI systems be 
developed in such a way that their users can properly oversee their functioning. 
In the case of judicial AI, that user would be the judge. It could then be argued 
that, since the judge is also responsible for the provision of an explanation, this 
obligation is part and parcel of their human oversight duties. And, consequently, 
the provider and deployer of the high-risk AI system would need to take 
adequate technical and organizational measures to help the judge in this 
endeavor.99 

It is salient to note that art. 86 AIA provides a right that can be exercised against 
the deployer of the AI system, and not the provider of the system. The question, 

 
96 Hendrickx (n 12). 
97 European Commission, ‘AI Literacy - Questions & Answers’ <https://digital-
strategy.ec.europa.eu/en/faqs/ai-literacy-questions-answers>, accessed the 19th of July 2025. 
98 Metikoš and Van Domselaar (n 23). 
99 The judiciary, being the deployer of the system, could also be supported in this regard by art. 13 AIA. 
Here, it is required that high-risk AI systems are ‘designed and developed in such a way as to ensure 
that their operation is sufficiently transparent to enable deployers to interpret a system’s output and 
use it appropriately’. Consequently, judiciaries can then also help individual judges in explaining 
judicial AI systems to the litigant. 
In this regard, we would like to thank the anonymous peer reviewers of this paper for raising these 
different arguments. 
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therefore, arises to what extent the obligations that stem from this right can be 
applied across the AI development chain. Are third party developers obliged to 
create explainable judicial AI tools? Potentially, future case law could expand the 
scope of art. 86 AIA to include such third parties (similar to the GDPR’s 
SCHUFA case).  

Lastly, a number of restrictions can be imposed on the provision of an 
explanation, based on Union or Member State Law, according to art. 86 (2) AIA. 
The case law of the GDPR in different EU Member States shows that restrictions 
can be imposed because of the potential risk of individuals abusing explanations 
to manipulate systems, or the potential violation of trade secrets.100 In this regard, 
there is an extensive balancing exercise present under art. 23 GDPR that has also 
been confirmed by the CJEU to apply to the right to an explanation.101 
Restrictions must be necessary and proportionate under these requirements. 
However, while such a balancing exercise was present in previous drafts of the 
AIA, it has been removed in the final version.102 Consequently, this leaves the 
door open for disproportionate restrictions on the right to an explanation under 
the AIA. 

4. Brazil 
 

Automated systems have been extensively implemented in Brazilian courts over 
the past years, often framed as a promising solution to an overwhelmed judicial 
system. As one of the world leaders in the number of ongoing legal cases, the 
judiciary is among the most active public sector adopter of AI technologies in the 

 
100 Metikoš and Ausloos (n 12); Bundesverwaltungsgericht, Federal Administrative Court of Austria 
[2023] ECLI:AT:BVWG:2023:W252.2246581.1.00 [I.4]; Rechtbank Amsterdam, District Court 
Amsterdam [2023] ECLI:NL:GHAMS:2023:793 [3.27]; Gerechtshof Amsterdam, Court of Appeals of 
Amsterdam ECLI:NL:GHAMS:2023:796 [3.39]. 
101 Dun & Bradstreet (n 91) [72 till 76]. 
102 Metikoš and Ausloos (n 12). 
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country,103 in a trend that prioritizes speed and efficiency over the consideration 
of impacts on fundamental rights and procedural guarantees.104 As of May 2024, 
over two-thirds of judicial bodies in Brazil had either implemented or were in the 
process of developing automated systems105 that support judicial proceedings 
(like transcribing hearings and triaging cases) and judicial administration (like 
online chatbots and visitor monitoring technologies).106 

Brazilian literature pays special attention to the systems implemented by higher 
courts, considering both the binding nature of their decisions and the 
legitimizing effect their internal practices have in lower-ranked judicial bodies.107 
The Constitutional Court (STF), for instance, has implemented different case 
precedent systems.108 The AI tool ‘Victor’ was developed in partnership with the 
public Federal University of Brasília, to identify cases under diffuse judicial 
review that fit existing precedents,109 and followed by several other systems 
currently operated by the Court.110 At the Highest Court of Appeals (Superior 
Tribunal de Justiça - STJ), the system known as ‘Athos’ triages and clusters 

 
103 Daniel Nunes Pecego and Raphael Lobato Collet Janny Teixeira, ‘Inteligência Artificial No 
Judiciário: Da Opacidade À Explicabilidade Das Decisões Judiciais’ [2024] Revista da Faculdade de 
Direito da UERJ - RFD 1, 3. 
104 Ludiana Carla Braga Façanha Rocha, ‘Inteligência Artificial Nos Tribunais Superiores Brasileiros 
e o Devido Processo Legal Tecnológico’ (Instituto Brasileiro de Ensino, Desenvolvimento e Pesquisa 
2024) <https://repositorio.idp.edu.br/handle/123456789/5376> accessed 29 April 2025. 
105 Isabela Martel, ‘Programa Justiça 4.0 divulga resultados de pesquisa sobre IA no Judiciário 
Brasileiro’ (Conselho Nacional de Justiça, 28 May 2024) <https://www.cnj.jus.br/programa-justica-4-
0-divulga-resultados-de-pesquisa-sobre-ia-no-judiciario-brasileiro/> accessed 30 April 2025. 
106 Nunes Pecego and Lobato Collet Janny Teixeira (n 113). 
107 Rocha (n 114) 20. 
108 Luis Felipe Salomão, Inteligência Artificial: Tecnologia aplicada à gestão dos conflitos no âmbito do Poder 
Judiciário brasileiro (3rd edn, Fundação Getulio Vargas 2023). 
109 Tainá Aguiar Junquilho and Mamede Said Maia Filho, ‘Inteligência Artificial No Poder Judiciário: 
Lições Do Projeto Victor’ (2021) 8 Humanidades e Inovação, p. 148. 
110 Supremo Tribunal Federal, ”STF amplia uso de inteligência artificial em apoio à atividade 
jurisdicional”, 25 sep 2025. Available at: https://noticias.stf.jus.br/postsnoticias/stf-amplia-uso-de-
inteligencia-artificial-em-apoio-a-atividade-jurisdicional/ accessed 22 February 2026.  

https://noticias.stf.jus.br/postsnoticias/stf-amplia-uso-de-inteligencia-artificial-em-apoio-a-atividade-jurisdicional/
https://noticias.stf.jus.br/postsnoticias/stf-amplia-uso-de-inteligencia-artificial-em-apoio-a-atividade-jurisdicional/
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lawsuits. Other initiatives have also been implemented across states and 
specialized jurisdictions.111  

This adoption of judicial AI was followed by the development of (secondary) 
regulatory frameworks, mostly by the National Justice Council (CNJ), an 
independent public body responsible for overseeing and regulating the judiciary. 
In 2020, the Council published the first comprehensive regulation of judicial 
AI,112 which inaugurated a broad requirement for explainability. This resolution 
was replaced with a new text in 2025 (Res CNJ 615/2025),113 which is organized 
around the proportionality of governance requirements – including 
explainability – according to a systems’ role in its support of judicial activities. In 
the following paragraphs, we analyze explainability standards extractable from 
this regulation as well as from fair trial and data protection guarantees. 

4.1. The right to a fair trial under the Brazilian constitution 

The Brazilian Constitution provides for due process standards, applicable both 
as a fundamental right associated with contestation and as a condition for the 
legitimacy of judicial decision-making. As we show in this section, this 
distinction has implications for explainability, particularly with regard to 
standards applicable to judicial acts that are not necessarily contestable, but 
which must still be reasoned.  

Among the fundamental rights outlined in the Brazilian constitution, it is 
stipulated that an individual shall only have their rights restricted through legal 
proceedings conducted by the judiciary and through a natural judge, which 
ensures the right to a fair hearing (art. 5, Section LIV). The requirement for 
contestable due process must be understood in the context of the re-
democratizing role of the 1988 constitution, enacted after two decades of military 
dictatorship that subjected political opponents to violent state arbitrariness. The 

 
111 Luis Felipe Salomão, ‘Artificial Inteligence: Technology Applied to Conflict Management within 
the Brazilian Judiciary’ (Centro de Inovação - Fundação Getúlio Vargas 2022) 
<https://hdl.handle.net/10438/33954>. 
112 Res 332/2020, <https://atos.cnj.jus.br/atos/detalhar/3429>.  
113 Res 615/2025, <https://atos.cnj.jus.br/atos/detalhar/6001>.  
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right to a fair trial established by the democratic constitution has far-reaching 
consequences, from ensuring that official legal processes are upheld - meaning 
no exceptional regime or administrative authority can threaten individual rights 
- to incorporating legitimacy standards to democratic adjudication, grounded in 
the principle of a fair hearing.  

Within national legislation, this guarantee unfolds in a series of legal 
requirements, including the explicit reasoning of decisions, the validity of 
evidence, and the transparency of judicial acts. For instance, the Civil Procedural 
Code mandates that judges only render decisions based on reasons, evidence, 
and documents that the affected parties have had the opportunity to assess and 
contest (art. 10). Such conditions resonate with the adversarial principle under 
art. 6 ECHR. Furthermore, art. 489 establishes standards for judicial decisions, 
which include a recitation of the facts, foundations, and applicable legal 
provisions. Beyond indicating criteria for the validity of judicial decisions, these 
standards also operationalize the right to a reasoned judgement. Decisions that, 
for instance, merely refer to legal provisions without further justification, or that 
are motivated in overly general terms, can be ruled insufficient and therefore 
null.114 

Still, transposing the guarantee-oriented right to a fair trial onto the 
implementation of judicial AI is not a straightforward exercise, especially since 
the terms in which these guarantees are currently organized are insufficient to 
address the variety of systems and their different interventions in adjudication.  

Within their legal framework, due process and fair trial requirements are 
arguably already tailored according to the nature of different judicial acts. 
Broadly, art. 93, IX of the constitution binds judicial bodies to publicity and 
explainability, requiring that all judicial ‘decisions’ be substantiated, otherwise 
they can be rendered null (except in cases of justified confidentiality).115 The 

 
114 Nunes Pecego and Lobato Collet Janny Teixeira (n 113) 11. 
115 Rodrigo L Canalli, ‘Da Explicabilidade à Interpretabilidade: Devido Processo Legal e Modelos de 
Inteligência Artificial para Tomada de Decisão Judicial.’ in Wilson Guilherme Dias Pereira and 
Fernanda dos Santos Rodrigues Silva, Anais Inteligência Artificial e Segurança Internacional: desafios 
globais, desenvolvimento, ética e regulação (Instituto de Referência em Internet e Sociedade 2023) 141. 
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following art. 93, XI tempers transparency and contestability to ‘administrative 
decisions’ that do not abide by the same criteria, but must be reasoned in a public 
session. This means that, although not held to the same standards as judicial 
decisions, administrative measures, when supported by AI systems, would also 
need to implement some level of transparency and accountability. The same logic 
applies to ‘ordinary rulings’ - judicial acts for procedural continuity that are not 
decisions, like scheduling hearings and archiving cases (e.g. level 1 of our table). 
Unlike sentences and interlocutory orders,116 ordinary rulings are not subject to 
appeal.117 In other words, they are not contestable, and therefore, fall outside of 
the scope of due process.118 As inherently non-decisional judicial acts, they 
would not be required to meet stringent explainability standards.  

The decisive nature of a judicial act, however, is an insufficient criterion for 
deriving the scope of explainability standards for supportive AI tools under 
levels 2 to 4. The vast majority of systems in this category do not render decisions, 
but can still have far-reaching implications for the outcome of lawsuits - like the 
ones that calculate recidivism or cluster cases according to applicable precedents. 
Outside of automation, these judicial acts - often beyond the scope of 
contestability119 - are based on human-led analysis of the elements within each 
lawsuit. With AI’s data processing capacities, these outcomes also become the 
result of ‘population-level insights regarding how data subjects relate to 
others’,120 rather than individual insights derived solely from the case at hand. 
While this shift raises troubling implications for the accomplishment of 

 
116 Interlocutory orders are decisions issued during the legal procedure. These include, for example, 
decisions regarding injunctions or asset freezes. 
117 Art. 203, §2º Brazilian Civil Procedural Code. 
118 As consolidated on jurisprudence, see, for instance: Supremo Tribunal Federal, Pet 4972 AgR, 
Justice Dias Toffoli, trial on 30/10/2012. 
<https://jurisprudencia.stf.jus.br/pages/search/sjur218825/false> accessed 30 April 2025.  
119 See, for instance, the unappealable decisions of “Repercussão Geral” (when the Supreme Court 
decides whether a case has repercussion beyond the subjective interests of the parties).  
120 Salomé Viljoen, ‘A Relational Theory of Data Governance’ [2021] the Yale Law Journal 82, 578. 
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individual justice,121 it also has significant ramifications for explainability, 
widening the universe of salient input information beyond the lawsuit at hand.  

For instance, a final decision on whether a lawsuit fits a certain cluster of 
precedents would only be fully explained if parties can access the key cross-case 
features according to which the cases were gathered. Moreover, if transparency 
and legal reasoning are also constitutional legitimacy requisites of judicial 
decisions, explainability arguably applies regardless of whether the Brazilian 
Procedural Code allows for their contestation. This means that administrative 
and documentation support systems, for instance, would still require 
explanations. Nevertheless, these due process guarantees do not provide enough 
substantive criteria to imprint these different levels to judicial AI.  

4.2.  The LGPD  

Art. 20 of the Data Protection Law122 (LGDP) grants individuals the right to 
request a review of decisions exclusively based on the automated processing of 
personal data. To enable this, the law requires data controllers to provide clear 
information regarding such decisions – a right to explanation. As thoroughly 
examined in national literature,123 this right to review automated decisions does 
not fully address these systems’ socio-legal implications, and these limitations are 
further salient in the context of judicial AI. The provision fundamentally differs 
from the GDPR in scope, mainly because the latter expressly prohibits solely 
automated decision-making. In its turn, the Brazilian provision allows for 
automated decisions without human supervision and establishes a right to 
require explanations of the decision and to contest them, in a ‘human out of the 
loop’124 mechanism. Here, we already have the first obstacle to the 

 
121 Reuben Binns, ‘Human Judgement in Algorithmic Loops: Individual Justice and Automated 
Decision-Making’ (2020) Regulation & Governance, Special Issue Algorithmic Regulation 1. 
122 Available at: <https://www.planalto.gov.br/ccivil_03/_ato2015-2018/2018/lei/l13709.htm> 
123 Marco Antonio Lasmar Almada and Juliano Souza De Albuquerque Maranhão, ‘Contribuições e 
Limites Da Lei Geral de Proteção de Dados Para a Regulação Da Inteligência Artificial No Brasil’ 
(2023) 20 Direito Público. 
124 Diego Machado and Lucas Anjos, ‘Is That a Fully Automated Decision? Comparing ADM 
Regulation under EU and Brazil’s Data Protection Law’ [Forthcoming] International Data Privacy 
Law.  
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implementation of art. 20 in judicial AI; it does not apply to decisions that are 
only partially automated, i.e. where a human confirms the output of an 
automated system.125 All but level 5 and 6 of our table would be outside of the 
scope of explainability.  

Moreover, and comparable to the GDPR, this configuration of explainability 
only refers to decisions126 exclusively based on an individual’s personal data. 
This fails to include highly influential systems (part of the systems in levels 4 and 
6, as well as the ones in level 5) that do not process said information. The rights 
provided in art. 20 can only be exercised when the automated decision threatens 
individual interests, i.e. the systems that generate personal, professional, 
consumer, and credit profiles. In this regard, the provision is interpreted as 
referring to ‘legally protected interests’ only, as to circumscribe its effects to 
legally relevant cases.127 Judicial AI systems focused on justice administration 
and documentation would, therefore, be further excluded from explainability 
requirements.  

Each of these caveats for explainability of judicial AI are subject to 
interpretation, but so far, there has been no case law consolidation regarding the 
precise contours of the right to an explanation under art. 20 LGPD.128 This is 
partly because legal disputes have yet to be adjudicated by the Constitutional 
Court, and partly because decisions enacted by lower-ranking courts did not 
primarily address the scope of explainability. According to Machado and Anjos, 
most adjudicated cases regarding art. 20 dispute unilateral exclusion of 
individual drivers from private transportation platforms. These cases have been 
mostly grounded in the legality of unilateral contract termination, rather than 

 
125 Lasmar Almada and Souza De Albuquerque Maranhão (n 123) 394. 
126 There is yet another controversy over what constitutes a ‘decision’ in this regard: would it be any 
AI output or specifically those that provide final decisions on a case? The implications of this 
discussion relate to some of the points we addressed while analyzing due process guarantees, 
particularly regarding the impact of outputs that do not necessarily constitute a decision. We refer to 
the former section for a more in-depth discussion of this point. For a more detailed discussion we also 
refer to: Machado and Anjos, (n 124).  
127 Machado and Anjos (n 124). 
128 ibid. 
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focusing on the lack of explainability of certain systems that have been used. 129 
So far, the single, highest-ranking decision on this matter, enacted by the Federal 
Court of Appeals, interpreted Art. 20 LGPD against horizontal effects of 
fundamental rights to recognize a right to explanation on the causes for the 
exclusion of such drivers from the platforms, while still holding the exclusion 
itself legal.130 

4.3. Brazilian AI Regulation  

In AI-specific regulation, explainability is addressed both in the norms enacted 
by CNJ and in the legislative proposal for an AI regulatory framework (Bill 
2.338/2022). In the former, explainability is presented as a requirement of judicial 
AI systems that inform governance standards for courts to implement, monitor, 
and enforce. In the legislative proposal, it appears in different casts: as a design 
principle of AI, as a right for individuals affected by high-risk systems, and as a 
governance requirement for high-risk systems.  

The CNJ resolution131 organizes explainability and other standards according to 
the systems’ influence in judicial output, dividing judicial AI into three listed 
types: low, high, and excessive risk. Excessive risk systems are banned. This 
includes systems that restrict human review of their outputs, that evaluate 
personal traits to predict criminal behavior, that classify individuals based on 
social or personal attributes for assessing rights and merits, and those based on 
biometric recognition of emotions (this partially addresses systems in levels 3, 4, 
6). Furthermore, our levels 3, 4 and 6 encompass most of the models listed as high-
risk, like profiling and recognizing behavioral patterns, assessing evidence 
adequacy, providing conclusive legal judgments, and biometric identification, 
among others. They are subject to governance requirements meant to secure 
explainability of their outputs, starting at system design. High-risk systems are 
also subject to periodical evaluations, where the verification of ‘low level of 

 
129 ibid. 
130 Superior Court of Justice – STJ, Recurso Especial nº 2.135.783/DF, trialed on 18 jun. 2024.  
<https://scon.stj.jus.br/SCON/GetInteiroTeorDoAcordao?num_registro=202304319744&dt_publicac
ao=21/06/202> accessed 1 May 2025. 
131 Res 615/2025, <https://atos.cnj.jus.br/atos/detalhar/6001>.  
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transparency, explicability and auditability’, if not able to be corrected, should 
lead to the discontinuation of the system. Despite their broad contours (which 
will ultimately be interpreted and implemented by different courts), these 
standards are significantly stricter than the ones applicable to low-risk systems, 
which are not subject to any specific governance requirements. This category 
includes tools with significant impact in trial output – like precedent 
identification, analytical support and drafting decisions categories (5, 6) – and 
others aimed primarily at supporting documentation, like statistical analysis and 
audio and video transcriptions (1, 2).  

This framework has a few limitations. Despite tailoring governance obligations - 
including explainability related ones - to the nature of each system, CNJ’s rules 
do not specify what these varying levels of explainability concretely mean for the 
systems. Meaning that they do not detail concrete implications for system 
configuration, nor define the exact information that must be made available to 
the parties involved. Moreover CNJ’s acts do not necessarily bind the country’s 
Supreme Court – which can still adopt CNJ’s guidelines voluntarily -, since there 
is no hierarchical bond between the two institutions. Also, due to its institutional 
nature, CNJ’s standards apply to Courts across national, regional and specialized 
jurisdictions, leaving developers and other actors in the AI supply chain outside 
of the regulation’s scope. In principle, this is not an issue for solutions fully 
developed internally by courts, but it could eventually leave externally procured 
models out of accountability oversight. At the time of writing, this gap remains, 
as the legislative debate on a national AI regulation is ongoing and the country 
does not enjoy a comprehensive framework yet. Due to its advanced state and 
potential consequences for explainability, we will briefly approach the proposed 
AI Bill currently under discussion.  

Similarly to the European AIA, Bill 2338/2020 is based on the arrangement of 
governance requirements according to the risk level of an AI system. However, 
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it combines this approach with a rights-based one,132 which also applies 
proportionally to risk levels. In this context, the right to explainability is 
applicable to high-risk systems, together with a right to human intervention. 
Contrary to art. 86 of the European AIA, the current provision of a right to 
explainability in the Brazilian Bill applies to any person affected by a high-risk 
system, regardless of there being an "adverse impact on health, safety or 
fundamental right’, resulting in an arguably broader scope. Moreover, the 
Brazilian proposal also does not establish an exception to systems ancillary to 
judicial activities, and provides overarching standards for explanations, like 
accessibility, simple language and reasonable timeframe. To allow for the 
exercise of such rights, explainability is also one of the high-risk systems’ 
standards, subject to implementation and monitoring through governance 
practices (art. 18, art. 23, II).  

There is a clear overlap in approaching explainability as a design principle and as 
an individual right: the latter is only concretely accomplished if the systems are 
originally designed to be explainable (and remain in that way). Nevertheless, 
approaching explainability as a right expands the horizon of system contestation, 
because as a legal category, it is in the nature of rights that they are reinterpreted, 
disputed, and enforced in different institutional channels. As a system 
requirement and governance measure, explainability is mostly interpreted and 
implemented by AI developers and providers, with public oversight depending 
on how regulators’ competences are carved. See, for instance, that despite the 
first CNJ resolution already prescribing explainable systems, a 2022 study of the 
implementation of judicial AI in courts of appeal found that only the tool 
‘Victor’ partially abided by this requirement. All other systems failed to provide 
satisfactory explanations, auditable by human authorities, regarding their 
output.133  

 
132 Cabinet of Senator Eduardo Gomes (Gabinete do Senador Eduardo Gomes), Federal Senate 
(Senado Federal), Bill 2338/2020,<https://legis.senado.leg.br/sdleg-
getter/documento?dm=9683716&ts=1726246478273&rendition_principal=S&disposition=inline>. 
133 Rocha (n 98); Salomão (n 118). 
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In contrast, a ‘right to an explanation’ provides an epistemic base for individuals, 
courts, civil society and regulators to interpret, enforce, and dispute this 
requirement in different political instances. Should this approach be approved, 
explainability’s binding nature as a right would also engage a myriad of 
institutions in its enforcement and effectiveness and ultimately represent a 
mitigation of the risk-regulation benchmark. 

Concerning harmonization, the existing CNJ norms would not necessarily clash 
with the proposed Bill. Notably, the Bill also lists systems that assist judicial 
authorities in ‘investigating facts and enforcing the law’ as high-risk, while also 
excluding assistance and administrative acts from its scope.134 Since CNJ would 
figure as the sectorial regulator in charge of implementing the overarching legal 
framework, its current interpretations fit the overarching terms of the Bill.  

While these similar approaches would allow for legal certainty, they leave 
strikingly relevant systems outside of strict explainability requirements. For 
example, triage, clustering and precedents systems (5), widely implemented in 
Brazilian Courts, currently abide by minimum explainability standards. But 
classification and triage, especially when performed in high courts, are a 
substantive process of circumstances, evidence, and legal provisions 
examination, not restricted to mere categorization and management.135 
Moreover, classifying a case as consistent with an existing result hampers 
jurisprudential evolution, which is also driven by the possibilities of trial 
distinction (i.e. arguing a case differs from an applicable precedent) and 
overruling (i.e. overcoming a consolidated legal interpretation).136  

 

 
134 Art. 14 (VI) CNJ resolution, Res 615/2025. 
135 Rocha (n 114) 21. 
136 ibid 118; Crootof (n 20). 
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5. China 

 

Over the past decade, judicial automation in China has undergone rapid 
development, marked by the widespread adoption of AI across courts under the 
national strategy known as ‘smart justice’. Prominent examples include the 
regional pilot of the ‘206 System’137 for criminal trial assistance in Shanghai, and 
a nationwide mandate requiring judges to utilize Similar Case Recommendation 
technology in nine designated categories of adjudication.138 These initiatives 
reflect a top-down push to modernize judicial administration and to adopt AI in 
judicial decision-making in China. 

At the regulatory level, however, China has yet to adopt comprehensive 
legislation governing AI. The central government’s New Generation Artificial 
Intelligence Development Plan,139 issued in 2017, has outlined the goal of 
establishing a preliminary legal and regulatory architecture for AI by 2025. 
Despite this policy ambition, legislative developments have remained sector-
specific. For example, the Interim Measures for Regulating Generative AI 
Services,140 adopted by the Cyberspace Administration of China in conjunction 
with other regulatory agencies in 2023, have focused on the safe deployment of 
generative AI. Notably, however, they do not address the use or regulation of AI 
in judicial decision-making. 

 
137 Wang Xinxin ‘AI Justice: Codenamed "206", AI judicial assistants have been fully applied in 
Shanghai’, <https://www.thepaper.cn/newsDetail_forward_4259184>, accessed 22 May 2025. 
138 Supreme People’s Court, ‘Measures for the implementation of the uniform law of the Supreme 
People's Court’, ‘iLaw China’, <http://www.ilawchina.com/html/detail/456.html>, accessed 22 May 
2025. 
139 Chinese State Council, ‘notice on the issuance of a new generation of artificial intelligence 
development plan’, <https://www.gov.cn/zhengce/content/2017-07/20/content_5211996.htm>, 2 July 
2017. 
140 Chinese State Council, ‘Interim Measures for the Management of Generated Artificial Intelligence 
Services’, <https://www.gov.cn/zhengce/zhengceku/202307/content_6891752.htm>, 10 July 2023. 
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To date, the most relevant regulation on this front is the Directive on the 
Application of Judicial AI, issued by the Supreme People’s Court in 2022.141 The 
directive articulates five guiding (but non-binding) principles for judicial 
automation, including the principle of subsidiary AI, which stipulates that AI 
tools must serve only as supplementary aids to human judgment, with decision-
making authority and legal accountability remaining vested in judges. It also 
includes the principle of transparency and credibility, which calls for the 
explainable development of judicial AI and for increased traceability of AI-
influenced judicial outcomes.142 

What remains unclear, however, is the legal grounds for a (legally binding) right 
to explanation in the context of judicial automation in China under Chinese 
Procedural Law and Data Protection Law. To that end, the following sections 
shall examine these domains to ascertain to what extent a right to an explanation 
of judicial AI can be deduced from their respective provisions.  

5.1. Chinese Procedural Law 

Unlike constitutional designs such as those of the EU or Brazil, which explicitly 
enshrine the right to a fair trial, the Constitution of China does not expressly 
afford such a guarantee. Rather than framing fair trial rights as constitutional 
entitlements, art. 131 of the Chinese constitution frames judicial independence 
as an institutional prerogative granted to the courts. In the absence of 
constitutional protection, this part grounds its analysis of the right to 
explanation of judicial AI in statutory procedural law.  

Under the Chinese Civil Procedure Law, courts are mandated to include in their 
written judgments: (a) the facts ascertained by the court; (b) the evidence on 

 
141 Supreme People’s Court, ‘Directive on the Application of Judicial AI’, 
<https://fzzfyjy.cupl.edu.cn/info/1080/15639.htm>, 8 December 2022. 
While SPC directives are not legally binding, the SPC does hold supervisory authority over lower 
courts due to the hierarchical structure of the judiciary. See art. 10 of the Organisational Law of 
Chinese Courts <http://gongbao.court.gov.cn/Details/9cb05785bb151f791c1634ed0d1b0b.html> 
142 the Opinions of the Supreme People's Court on Regulating and Strengthening the Applications of 
Artificial Intelligence in the Judicial Fields (最高人民法院关于规范和加强人工智能司法应用的意见
(2022)33号), paragraphs 5 and 6. 
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which these facts are based; (c) the reasoning that connects the evidence to the 
court’s conclusions; and (d) the legal provisions applied in rendering the 
decision.143 The Administrative Procedure Law similarly obligates courts to 
provide: (a) the legal basis for rejecting administrative litigation applications, 
accompanied by guidance to litigants on how to rectify procedural or substantive 
deficiencies; (b) the rationale for excluding certain evidence; and (c) notice of 
appeal rights, including the applicable time limits and appellate forums.144  

In the criminal justice domain, evidentiary transparency is explicitly articulated. 
Chinese criminal law places the burden of proving the legality of evidence on 
investigative authorities. When the admissibility of evidence is challenged 
during a trial, the People’s Procuratorate must demonstrate that such evidence 
was obtained through lawfully permitted procedures.145 Concurrently, courts are 
obligated to uphold transparency in fact-finding processes. First-instance trials 
must generally be conducted publicly, and any exceptions (such as those 
involving state secrets, personal privacy, or commercial confidentiality) must be 
justified by the deciding court.146 Moreover, criminal judgments must be issued 
only after the defendant’s final statement and must clearly articulate how the 
court assessed the facts, determined the reliability and sufficiency of evidence, 
and applied relevant legal norms in reaching a verdict—whether of guilt, 
innocence, or acquittal.147 

While China’s civil, administrative, and criminal procedural laws impose a 
statutory obligation on courts to articulate the evidentiary and legal rationale 
underpinning their decisions, the increasing deployment of judicial AI tools has 
introduced new challenges to the procedural ideals of explainability and 
contestability. Still, these tools have demonstrated considerable utility in 
streamlining judicial workflows. Notably, in 2024, a national pilot program 

 
143 Art. 155 Chinese Civil Procedure Law, <https://www.wipo.int/wipolex/en/legislation/details/23132> 
144 Art. 51, 43 and 80 Chinese Administrative Procedural Law, 
<https://www.spp.gov.cn/spp/fl/201802/t20180207_365256.shtml> 
145 Art. 59 Chinese Criminal Procedural Law, <http://www.chnlawyer.net/law/xingsufa.html#1.4> 
146 Art. 188 Chinese Criminal Procedural Law, <http://www.chnlawyer.net/law/xingsufa.html#1.4> 
147 Art. 200 Chinese Criminal Procedural Law, <http://www.chnlawyer.net/law/xingsufa.html#1.4> 
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employing generative AI facilitated the production of over 320 million legal 
documents—including court judgments, procedural materials, and other legal 
outputs—serving a wide range of stakeholders such as judges, court staff, and 
litigants.148  

While such tools promote decisional efficiency and consistency, they also risk 
reducing judicial reasoning to generic formulations and may inadvertently 
undermine the ability of litigants to meaningfully engage with judicial decisions. 
In this regard, some Chinese scholars argue that where AI generates judgments 
that are produced without human input, such texts ‘may be unclear and difficult to 
understand’, highlighting the need for explainability about the way judges have 
used an AI system.149 Moreover, litigants might also wish to contest how a certain 
output was produced by the system, necessitating an explanation about the 
functioning of the judicial AI tool in question. In the next section, we shall assess 
the extent to which Chinese Procedural Law could safeguard the contestability 
of judicial AI tools through a (deduced) right to an explanation. 

5.2.  Deducing a Right to an Explanation under Chinese Procedural 
Law 

Concerns regarding the ethical and legal implications of judicial automation in 
China have been voiced by both domestic and international scholars. A central 
issue is the risk that AI tools may compromise the ability of litigants to 
understand judicial decisions that materially affect their rights and interests, as 
well as their ability to contest the verdict.150 While calls for procedural 
safeguards, including the contestable use of AI in evidence assessment, have 

 
148 People’s Daily: China unveils AI model to facilitate judicial work, 15 November 2024, 
<http://en.people.cn/n3/2024/1115/c90000-20242702.html> 
149 Shi, Sourdin and Li (n 2). 
Y. Zhang, AI Assisted Sentencing and The Achievement of Judicial Activism. Journal of Shanghai 
Institute of Political Science and Law, Vol. 2, 2019, 
<https://www.pkulaw.com/qikan/e893152e7da617e9fc5b93c8affdce93bdfb.html> 
150 Haiyan Wang (2023): "AI and Administration of Justice in China" Revue Internationale de Droit 
Pénal. 
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gained momentum,151 many contributions to this debate adopt an alarmist tone, 
often assuming a future dominated by fully automated adjudication that 
supplants human judgment altogether.152 

Nonetheless, judicial AI adoption in China has largely been assistive, rather than 
replacive. As such, a meaningful inquiry into the grounds for a right to 
explanation must account for the differentiated functions of judicial AI and 
assess the procedural implications that arise at each level. Currently, Chinese law 
does not offer a formal taxonomy of judicial automation or specify how each 
level affects the rights of litigants under Chinese Procedural Laws. In response 
to this gap, we analyze the impact of different Chinese judicial AI systems based 
on the table we presented in section 2, in regard to Chinese Procedural Law.  

The need for explainability can find grounding in multiple provisions of Chinese 
procedural law, which imposes a statutory duty on courts to articulate the 
evidentiary basis and legal reasoning underpinning their decisions. As noted 
above, art. 155 of the Civil Procedure Law requires courts to clearly delineate the 
evidentiary and legal rationale of their judgments.153 In criminal proceedings, art. 
58 of the Criminal Procedure Law affirms the parties’ right to contest the legality 
of evidence examined before the court and to request the court to exclude 
evidence obtained through illegal means.154 Similarly, in administrative 
litigation, art. 51 of the Administrative Litigation Law mandates that courts must 
state their reasons for rejecting applications or excluding evidence.155 Where 
judicial AI contributes to any of these legally significant decisions, a failure to 
disclose their role or explain their functioning will undermine the litigant’s 
ability to contest judicial findings effectively, and will therefore breach the above 
mentioned guarantees.  

 
151 ibid. 
152 See for instance the discussion on the creation of a ‘robot judge’: Metikoš (n 12); Volokh (n 20); 
Ulenaers (n 36). 
153 Art. 155, Chinese Civil Procedure Law <https://www.wipo.int/wipolex/en/legislation/details/23132> 
154 Art. 58 Chinese Criminal Procedural Law, <http://www.chnlawyer.net/law/xingsufa.html#1.4> 
155 Art. 51, 43 and 80 Chinese Administrative Procedural Law, 
<https://www.spp.gov.cn/spp/fl/201802/t20180207_365256.shtml> 
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As discussed before, level 1 encompasses the automation of routine 
administrative tasks, including e-filing systems, digital document management, 
and automated notifications. A salient example is the 2019 initiative by the 
Guangzhou Internet Court, which introduced twelve ‘E-Law Pavilions’ offering 
self-service access to litigation-related procedures such as case filing, document 
submission and mediation portals.156 Moreover, level 2 entails the provision of 
(predictive) information to litigants. These tools enhance procedural 
accessibility but do not restrict judicial discretion or directly influence 
adjudicatory outcomes. Consequently, where judicial AI performs these 
different functions, the necessity for an explanation under Chinese Procedural 
Law remains minimal, as these tools do not directly impact the verdict.  

Level 3 and 4 type systems are more substantively involved in court proceedings. 
These include legal analysis systems that help in precedent retrieval and case 
similarity analysis, as well as the factual assessment of cases through profiling 
systems. A prominent example is the 2023 pilot program launched by 
intermediate courts in Shenzhen, targeting civil and commercial litigation. This 
initiative introduced a smart case acceptance and assessment system that 
leverages AI tools to analyze claim structures, retrieve comparable precedents 
and offer preliminary legal evaluations. According to official data from the first 
half of 2024, the program facilitated the filing of approximately 291,000 civil and 
commercial cases and generated over 11,600 preliminary assessments, which were 
made available to both litigants and adjudicators.157 Another example includes a 
pilot launched in Shanghai in early 2017, initially targeting administrative 
litigation concerning government information disclosure. It encompasses quite 
impactful functionalities, such as Smart File Review, Smart Summarization, 

 
156 Ma Changshan, ‘Reshaping Effects of Judicial Artificial Intelligence and Their Limits (司法人工智
能的重塑效应及其限度 ) Chinese Journal of Law 2020 <http://www.socio-
legal.sjtu.edu.cn/wxzy/info.aspx?itemid=3668&lcid=30> 
157 Shenzhen Intermediate People's Court: How to use AI Judge Assistants to better deliver judicial 
and trial services (AI“法官助理”上岗，如何更好地服务司法审判？), 23 July 2024,  
<http://www.szszfw.gov.cn/zhzf/content/post_1174432.html> 
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Intelligent Assistance, Hearing Deliberation, and Automated Document 
Generation.158  

Arguably, where these automation tools substantively shape the court’s 
reasoning (for instance, by retrieving relevant precedents or developing the legal 
argumentation of claims) the litigants’ expectation of an explanation concerning 
the output adopted or rejected by the judge becomes legally defensible, 
considering the abovementioned reason-giving requirements under Chinese 
Procedural Law. This is also all the more the case with level 5 and 6 type systems, 
which showcase very high levels of automation and deeply impact the final 
verdict. 

But these different provisions provide us only with broad and vague norms. Do 
they merely require an explanation about how the judge used the system, or also 
more in-depth information about how the system functions? Currently, while 
there is an implicit expectation of explainability to be found in Chinese 
Procedural Law, these provisions cannot answer or guide such more concrete 
questions. In the next section, we aim to analyze Chinese Data Protection Law, 
to try to find a more concrete and explicit basis for a right to an explanation. 

5.3. The PIPL 

The enactment of PIPL in 2021 marks a significant development in China’s 
national regulation of automated decision-making. In regard to transparency 
requirements, art. 24 PIPL explicitly protects the right of data subjects to request 
explanations from personal information processors. First of all, this provision 
requires personal information processors to ensure the transparency of an 
automated decision-making process and the fairness of outcomes. Moreover, 
when automated decision-making significantly affects individuals’ rights and 
interests—such as in matters of employment, or targeted advertising—data 

 
158 Ge Xiang , ‘Practices and The Future of AI Application in Judicial Procedures: A Case Study of 
Shanghai Administrative Court’ (司法实践中人工智能运用的现实与前瞻——以上海法院行政案件
智能辅助办案系统为参照) (2018) The ECUPL Journal 5. 
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subjects are entitled to request an explanation of the decision and have the right 
to refuse outcomes derived solely from automated tools. 

However, PIPL’s scope reveals a limitation. The law’s explanation and 
transparency obligations have a limited applicability when it comes to public 
authorities, including courts and law enforcement authorities. Although arts. 34 
and 35 PIPL require public authorities to process personal information within the 
limits of their statutory duties and, in principle, to inform individuals of such 
processing, the law permits exceptions where notification would hinder the 
performance of official functions.159 This constitutes a large carveout for art. 24 
PIPL.  

Consequently, individuals affected by automated tools used in judicial 
proceedings, such as systems that assist with legal reasoning, evidence analysis, 
or sentencing recommendations, are currently guaranteed only a highly limited 
legal right to explanation of judicial AI under PIPL. While private actors are 
subject to detailed procedural safeguards and accountability mechanisms, public 
authorities face comparatively milder personal information protection 
obligations. This regulatory asymmetry between the private and public sectors 
presents an issue for the protection of litigants’ ability to contest AI in the 
context of judicial decision-making. 

Moreover, the types of automated decision-making covered by PIPL, defined as 
decisions based on computer-generated analysis of personal behaviors, 
preferences, or socioeconomic data, do not necessarily encompass legal 
assessments supported by AI tools such as those under level 3.160 Arguably, only 
profiling systems that assess an individual’s behavior that provide a factual 
analysis under level 4 type systems, would fall under its scope.161 

 
159 Arts. 35 PIPL <https://digichina.stanford.edu/work/translation-personal-information-protection-
law-of-the-peoples-republic-of-china-effective-nov-1-2021/> 
160 Art. 73 PIPL <https://digichina.stanford.edu/work/translation-personal-information-protection-
law-of-the-peoples-republic-of-china-effective-nov-1-2021/>.  
161 Art. 73 PIPL is a general provision. Art. 34-35 PIPL fall under section 3 ‘Special Provisions on the 
Processing of Personal Information by Public Authorities’ and is therefore a lex specialis that takes 
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No court decisions or guiding opinions have yet been issued clarifying the scope 
of the right to request an explanation of decisions generated with the help AI 
tools, or the right to refuse outcomes derived (solely) from such tools, in the 
decision-making processes of public authorities, including courts and law 
enforcement bodies. Nevertheless, with the Directive on the Application of 
Judicial AI, issued by the Supreme People’s Court in 2022,162 it is clear that the 
Chinese judiciary does push forward explainability at least as an important 
(design) principle to be followed by its courts.  

Still, when public authorities, such as judges, process personal information in the 
exercise of their statutory duties, the right to an explanation of decisions made 
through automated tools is, at best, reduced to a more limited right to be 
informed of the use of such tools.163 While China has digitized its court system 
rapidly, it therefore does not provide robust or explicit explainability rights for 
litigants that ensure that judicial AI systems remain explainable and contestable 

6. Discussion 
 

In this chapter, we conceptualized a contestation-enabling right to an 
explanation of judicial AI, according to the functions exercised by different 
systems. A right to an explanation of judicial AI could require the disclosure of 
the usage of such systems, the way these systems have been operated by a judge, 
as well as how the system itself functions. Moreover, the exercise of this right can 
be contingent on explainability as a design requirement, which requires the 
adoption of explainable AI models in lieu of more opaque ones. With this 
conceptual framework in mind, we examined and compared laws in the EU, 

 
precedence over general provisions in case of conflict or confusion of their interpretation. See art. 103 
of the Legislation Law of the People’s Republic of China. 
162 Supreme People’s Court, ‘Directive on the Application of Judicial AI’,  
<https://fzzfyjy.cupl.edu.cn/info/1080/15639.htm> accessed 8 December 2022. 
163 Wang Yue, ‘The Legitimacy and Implementation of the Right to Refuse Fully Automated Decision-
Making: On Article 24(3) of the Personal Information Protection Law [完全自动化决策拒绝权之正
当性及其实现路径——以《个人信息保护法》第24条第3款为中心 ]’ (2023) 5 The Jurist. 
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China and Brazil. We assessed how the right to an explanation can be deduced 
from existing due process provisions, Data Protection Law, and AI regulation. 

Across all three jurisdictions, there are procedural safeguards that grant litigants 
due process and fair trial related rights from which a right to an explanation could 
be inferred. Nevertheless, applying these guarantees to new technological 
contexts is not always straightforward. Even in countries with higher adoption of 
AI in the justice system, such as Brazil and China, there is a lack of clear guidance 
on how explanations of different judicial AI systems fulfill pre-existing due 
process standards. 

In Europe, the adversarial principle under art. 6 ECHR broadly requires the 
disclosure of any evidence or observation in the hands of the court, regardless of 
its bearing on the trial. In addition, the right to a reasoned judgment would 
include an active obligation to explain a system, a formulation that also exists in 
Brazilian and Chinese Procedural Law.  

In general, these requirements do not shed specific light on what automated 
functions of the judicial decision-making process should be explained, and what 
information such explanations would exactly entail. In the Brazilian framework, 
we found overarching delineations between different types of judicial acts based 
on their decisive nature, that could, in theory, provide some criteria to the grading 
of explainability requirements according to the level of interference of a system 
in lawsuits’ outcome.164 Still, this logic is not intuitively transferable to the 
different functions of judicial AI and it does not consider how automation itself 
might raise the stakes for these less crucial judicial acts (we will come back to this 
point shortly). 

In the EU, Brazil and China, the right to an explanation can be found in data 
protection regulations: the GDPR, the LGPD, and the PIPL. These laws are 
horizontally applicable, not specifically targeting the justice sector. 

 
164 We refer here to the less stringent due process requirements of ordinary rulings and other non-
contestable decisions under Brazilian law.  
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Consequently, a myriad of exceptions limits their applicability to judicial AI. For 
instance, in the EU, the GDPR does not apply to systems implemented within 
criminal courts. The relevant regulation here is the Law Enforcement Directive 
(LED), which does not provide any right to an explanation in what is essentially 
a high-stakes sector. Only for civil and administrative cases would Europeans 
therefore be able to receive a right to an explanation under EU Data Protection 
Law. In China, the right to an explanation under art. 24 PIPL, comes with broad 
exceptions under art. 34 and 35 PIPL when an explanation interferes with a public 
body’s statutory duties.  

Moreover, the GDPR and the Brazilian LGPD only apply to solely automated 
decision-making that involves the processing of personal data. They therefore 
only encompass judicial AI systems at levels 5 and 6. This limits their applicability 
from addressing most of the assistive judicial AI systems currently in use. 

Lastly, we found rights to an explanation in different AI regulations in the EU 
and Brazil. In China, however, the rapid adoption of AI in courts was not 
simultaneously accompanied with the adoption of regulatory frameworks for the 
use of such systems.165 Nevertheless, the (non-binding) Supreme People’s Court 
Directive at least promotes the explainable design of judicial AI.166 

The European AIA and the Brazilian proposed Bill 2338/2020 are horizontally 
oriented frameworks. This entails that they provide explainability requirements 
for various uses of AI. Both rely on a risk-based approach to AI governance that 
also delineates the scope of the right to an explanation depending on different 
risk levels. These, generally, look at how impactful the automated function is in 
regard to the judicial decision-making process. However, the exceptions that 
have been formulated risk excluding some highly impactful judicial AI functions. 

 
165 Cong-rui Qiao, and Ljubiša Metikoš, ‘Judicial Automation: Balancing Rights Protection and 
Capacity-Building’ (February 05, 2025). Elgar Encyclopedia of the Sociology of Law, (Edward Elgar, 
Forthcoming 2026). 
166 Supreme People’s Court, ‘Directive on the Application of Judicial AI’,  
<https://fzzfyjy.cupl.edu.cn/info/1080/15639.htm>, 8th of December 2022. 
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Art. 86 AIA, for instance, does not apply to replacive AI systems under level 6 
(such as a ‘robot’ judge). Simultaneously, the AIA also does not ban the usage of 
such systems. In such cases, the GDPR’s right to an explanation would apply. But 
the GDPR’s scope would exclude AI used in the criminal justice system. 
Consequently, fully automated criminal courts, one of the most high-impact use-
cases of judicial AI, would never need to be explained. Moreover, art. 6(3) AIA 
provides a mechanism to exclude systems that do not meaningfully or 
substantially impact the decision of a judge. However, its balancing approach is 
quite vague and risks excluding significant AI tools at levels 3 and 4 that help 
research the facts and applicable laws of a case. 

While the Brazilian Bill 2338/2020 has not been approved, the CNJ resolution 
already provides concrete standards for judicial AI, making it the single 
specialized legal regulation we have found across our case-studies.167 The 
resolution organizes different judicial AI functions according to their risk level, 
with explainability appearing as a governance standard applicable to high-risk 
systems, covering levels 3, 4, and 6 of our chart. Potentially high-stakes systems 
like triaging (level 5) are left outside of explainability standards, however. 

This exclusion suggests that the CNJ resolution overlooks potential 
transformations of the judicial process through automation, ultimately 
underestimating how judicial AI might impact the traditional information 
(as)symmetry between judges and litigants. Arguably, the classification of a 
judicial AI system according to risk levels rests on a preliminary understanding 
of judicial tasks as inherently performed by humans. These risk classifications do 
not take into consideration that the same judicial act might entail different stakes 
for litigants once they are performed by an automated system. For example, 
judicial decisions can be informed by AI systems that rely on generalized 
population-level inferences to produce outputs (instead of only considering the 
specific facts and arguments laid down in the lawsuit at hand). This might harm 
individualized justice. Or mistakes may be left unaddressed simply because 

 
167 Ibid. 
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human oversight measures alone might not be enough to fix errors produced by 
the AI system.  

Consequently, what was once a minor and ancillary judicial task, can present 
further risk once it is performed by AI. Researching the law, moreover, might be 
more error-prone when AI can produce mistakes that would not have been made 
by a human, like fabricating case law, on a large and repeating scale. Automated 
triaging – a function considered by the CNJ resolution as low risk –, in its turn, 
can impair individual justice and case law evolution. This is because, as we 
discussed before, pre-emptively classifying a case as consistent with an existing 
result hampers case law evolution, which is also driven by the possibilities of trial 
distinction (i.e. arguing a case differs from an applicable precedent) and 
overruling (i.e. overcoming a consolidated legal interpretation).168  

As to what explanation rights substantively require, there is limited guidance to be 
found in regard to their goals and contents. Across some, though not all, legal 
domains, we see that contestation is generally considered to be the regulatory 
goal of explainability rights. For instance, some of the reason-giving 
requirements we analyzed, such as art. 6 ECHR, state that the disclosed 
information should enable appeal, while art. 10 of the Brazilian Procedural Code 
states that judicial decisions should be based on reasons, evidence, and 
documents that litigants had the opportunity to express their views on. In the 
GDPR we saw that courts must disclose ‘meaningful information about the logic 
involved’, explicitly to enable contestation, in a way that is understandable.169 Art. 
20 LGPD similarly requires that the criteria and procedures used in the decision 
must be disclosed. In contrast, art. 24 PIPL merely vaguely formulates that the 
‘transparency of decision-making’ should be ensured without mentioning why this 
is needed. More concretely, in Brazil, contestation is formulated as a separate 
right in addition to a right to explainability under art. 6 of the proposed Bill 
2338/2020. 

 
168 Rocha (n 114) 118; Crootof (n 20). 
169 Metikoš and Ausloos (n 11), Court of Justice of the European Union, 'Dun & Bradstreet', 
ECLI:EU:C:2025:117 [55-58]. 
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Problematically, these explainability rights require explanations in rather general 
and generic terms. However, defining the substance of this right is difficult if not 
impossible to do in abstracto.170 As we stated before in section 2, giving an 
explanation of a simple AI translation tool might merely require the judge to 
show which source texts have been processed. On the other hand, a profiling 
system might need to be explained in a more in-depth manner to show the litigant 
which behaviors or aspects of their personality they were judged on. 
Explanations, therefore, depend on the particular functionality of a judicial AI 
system. But this point is not reflected within the laws we have examined. 

There is, however, an increasing realization that explainability should not only be 
seen as a procedural right, but also as a set of design principles that guides the 
development of judicial AI tools. Potentially, under art. 25 GDPR, data controllers 
could be required to implement technical and organizational measures that 
ensure contestability by design.171 The Directive on the Application of Judicial 
AI, by China’s Supreme People’s Court, also provides extensive emphasis on the 
need for judicial AI to be developed to be explainable.172 In Brazil, the CNJ 
resolution also requires that high-risk judicial AI tools adhere to standards of 
‘transparency, explicability and auditability’.173 However, the CNJ resolution only 
binds courts, but not necessarily third-party developers producing judicial AI 
tools, potentially harming its regulatory effectiveness. 

Lastly, the explainability rights we examined under Data Protection Law, the CNJ 
resolution and the proposed Bill 2338/2020, mostly focus on explanations of the 
system itself. That is to say, explanations as to how the system functions and how 
it produced a certain output. Art. 86 AIA has a broader formulation that also 
includes information about the role and usage of the AI system, as well as the 
main parameters of the decisions it helps inform. Arguably, this shifts the focus 
away from the system itself and more toward the way it is operated by the judge. 

 
170 Brkan and Bonnet (n 37). 
171 Almada (n 45); Metikoš (n 12). 
172 Supreme People’s Court (n 152). 
173 Res 615/2025, <https://atos.cnj.jus.br/atos/detalhar/6001>.  
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In summary, we see here that a contestation-enabling right to an explanation for 
judicial AI can be inferred from existing due process standards, Data Protection 
Law, and AI regulation, in the EU, Brazil, and China. Nonetheless, this right 
remains deeply fragmented and limited in practice. Moreover, its normative goals 
and substantive requirements still remain underdeveloped within legislation, 
which hinders its operationalization as well.  

7. Conclusion 
 

This chapter conceptualized a right to an explanation that could safeguard the 
contestation of judicial AI. We analyzed to what extent due process standards, 
Data Protection Law and AI regulation, provide such a right vis-à-vis different 
functions of judicial AI in the EU, Brazil, and China.  

Even though our three case studies differ strongly in their legal traditions and 
political context, they share somewhat similar regulatory approaches that can 
help ensure judicial AI is contestable through the provision of explanations. All 
three jurisdictions provide a basis for (derived) rights to an explanation within 
due process standards. They also provide such a right within their respective Data 
Protection Laws. Lastly, (proposed) AI regulations within the EU and Brazil, but 
not China, provide such rights as well. 

Nevertheless, we saw across due process standards, Data Protection laws, and AI 
regulations, a number of insufficiencies. Current due process standards often 
lack granular normative guidance as to which functions of judicial AI systems 
should be explained. Data Protection and AI-regulation guarantees are, 
moreover, in many instances strongly restricted in their scope to address the 
diversity of judicial AI functions. Such horizontal laws are fundamentally not 
attuned to encompass in a clear and unequivocal manner the judicial sector. In 
turn, this patchwork of legal frameworks also creates legal uncertainty for courts 
as to what systems have to be explained. 
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These laws also lack sufficiently clear standards on the substantive content of a 
right to an explanation. They do not answer as to what information needs to be 
disclosed for each type of function, and how such systems need to be technically 
designed. What standards do exist, often focus on explaining how the system 
itself functions. Rarely, then, is the judges’ usage of the system mentioned within 
these requirements. 

Ultimately, this suggests that the full extent of AI integration into judiciaries is 
not yet fully captured by the legal systems we analyzed. This lack of regulation is 
especially worrisome for litigants in China and Brazil, where such systems are 
increasingly implemented across courts. We therefore call upon legislators, AI 
developers, and most importantly judiciaries, to take the need for explainability 
of judicial AI seriously, before automating evermore judicial functions. 
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1. Introduction 
 

Artificial Intelligence (AI) is increasingly used by courts across the world to assist 
judges in adjudicating cases. AI systems can provide judges with analyses of both 
the facts and the applicable laws of cases, which can help them reach their 
verdicts.1 Profiling systems can, for example, generate analyses of the character 
of litigants.2 AI has also been used to analyze, summarize, and predict case law.3 
In addition, generative AI systems that rely on Large Language Models (LLMs) 
are able to provide quick answers to legal questions and even write entire 
verdicts.4  

The use of these various systems has been lauded by some commentators for 
their potential to improve the scalability and quality of adjudication.5 Similar 
arguments in the defense of judicial AI can be seen in the fast-paced adoption of 
AI in Chinese courts.6 It is said that AI promises to improve the speed of judicial 
decision-making and lessen the costs of judiciaries, by helping to manage the 
workload of judges and the paralegals that support them. The phrase ‘better, 

 
1 Marco Fabri, ‘From Court Automation to E-Justice and Beyond in Europe’ (2024) 15 International 
Journal for Court Administration; Tania Sourdin, The Role and Function of a Judge: The Adoption and 
Adaptation of Technology by Judges (Edward Elgar Publishing 2021); Rachel E Stern and others, 
‘Automating Fairness? Artificial Intelligence in the Chinese Courts’ (2021) 59 The Columbia journal 
of transnational law 515. 
2 Ljubiša Metikoš, ‘Explaining and Contesting Judicial Profiling Systems’ (2024) Technology and 
Regulation 188. 
3 Masha Medvedeva, Michel Vols and Martijn Wieling, ‘Using Machine Learning to Predict Decisions 
of the European Court of Human Rights’ (2020) 28 Artificial intelligence and law 237. 
4 David Uriel Socol de la Osa and Nydia Remolina, ‘Artificial Intelligence at the Bench: Legal and 
Ethical Challenges of Informing—or Misinforming—Judicial Decision-Making through Generative 
AI’ (2024) 6 Data & Policy e59; Harry Surden, ‘ChatGPT, Large Language Models, and Law’ (2024) 92 
Fordham Law Review 1941. 
5 Eugene Volokh, ‘Chief Justice Robots’ (2019) 68 Duke Law Journal 1135. 
6 Stern and others (n 1). 
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faster, cheaper’ justice emphasizes these core considerations as to the efficiency 
benefits of the use of judicial AI.7 

At the same time, the implementation of assistive AI in courts has been severely 
criticized by legal scholars. Judicial AI can produce outputs that are inequitable, 
inaccurate, or even discriminatory.8 In addition, these errors might remain 
uncontested. For various reasons, judicial AI can be inscrutable for individuals 
subjected to AI-supported decision-making procedures.9 For instance, if a 
litigant does not know how they were profiled, or why a certain text or legal 
argument was generated, they are unable to voice their opinion about whether 
the AI system relied on correct and reasonable grounds. As a way to address this 
opacity, scholars have argued that a ‘right to an explanation’ could enable 
individuals to contest AI.10 Kaminski and Urban argue, for example, that 
contestation without an explanation is a ‘meaningless endeavor’, stressing the 
contingency of contestation on the explainability of (judicial) AI.11 

Art. 6 of the European Convention of Human Rights (ECHR) provides litigants 
with a right to a reasoned judgment and a right to adversarial proceedings, 
requiring basic transparency on any information that might be in the hands of 
the court.12 EU law furthermore addresses the need for transparency in regard to 
(judicial) AI, and provides individuals with a right to an explanation about 

 
7 Richard M Re and Alicia Solow-Niederman, ‘Developing Artificially Intelligent Justice’ (2019) 16–19 
UCLA School of Law, Public Law Research Paper 48. 
8 ibid. 
9 Emre Bayamlioglu, ‘Contesting Automated Decisions’ (2018) 4 European Data Protection Law 
Review (EDPL) 433; Andrew D Selbst and Solon Barocas, ‘The Intuitive Appeal of Explainable 
Machines’ (2018) 87 Fordham Law Review 1085; Karen Yeung and Adam Harkens, ‘How Do 
“Technical” Design Choices Made When Building Algorithmic Decision-Making Tools for Criminal 
Justice Authorities Create Constitutional Dangers? (Part I)’ (2023) 2023 Public Law 265. 
10 Bayamlioglu (n 9); Claudio Sarra, ‘Put Dialectics into the Machine: Protection against Automatic-
Decision-Making through a Deeper Understanding of Contestability by Design’ (2020) 20 Global 
Jurist. 
11 Margot E Kaminski and Jennifer M Urban, ‘The Right to Contest Ai’ (2021) 121 Columbia Law 
Review 1957. 
12 H v Belgium [1987] ECtHR 8950/80 [53]. 
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certain AI systems under the General Data Protection Regulation (GDPR) and 
the AI Act (AIA).13  

Both in the legal debate that has arisen about the latter two laws, as well as in the 
computer science field of explainable AI (XAI), scholars have discussed different 
ways to technically operationalize the right to an explanation.14 For the context 
of judicial AI, we hold that three questions are central to further substantiating 
the contestation-enabling right to an explanation: how general or specific should 
explanations be, how faithful must they be to the system’s internal behaviors (or 
could a plausible approximation also be allowed), and should more faithfully 
interpretable systems be used even at the cost of accuracy? 

The answers to these questions are not purely legal or technical in nature. 
Rather, they require both a normative and, importantly, a procedural perspective 
on the value of a contestation-enabling right to an explanation in the context of 
judicial AI.15 A reasoned answer to these questions is intimately linked to the 
values that are to be realized by the contestation of judicial AI in the context of a 
legal procedure.16 Scholars discussing the explainability and contestability of AI 

 
13 Ljubiša Metikoš and Jef Ausloos, ‘The Right to an Explanation in Practice: Insights from Case Law 
for the GDPR and the AI Act’ [2025] Law, Innovation and Technology. 
14 Maja Brkan and Grégory Bonnet, ‘Legal and Technical Feasibility of the GDPR’s Quest for 
Explanation of Algorithmic Decisions: Of Black Boxes, White Boxes and Fata Morganas’ (2020) 11 
European Journal of Risk Regulation 18; Maja Nišević, Arno Cuypers and Jan De Bruyne, ‘Explainable 
AI: Can the AI Act and the GDPR Go out for a Date?’ 2024 International Joint Conference on Neural 
Networks (IJCNN) (2024). 
15 For a more expansive look at the methodology and importance of adopting philosophical 
perspectives in legal-doctrinal research see: Sanne Taekema and Wibren van der Burg, ‘Legal 
Philosophy as an Enrichment of Doctrinal Research Part I: Introducing Three Philosophical Methods’ 
[2020] Law and Method. For similar arguments being raised in the field of value-based design see: 
Stefan Buijsman, Michael Klenk and Jeroen van den Hoven, ‘Ethics of AI: Toward a “Design for 
Values” Approach’ in Nathalie A Smuha (ed), The Cambridge Handbook of the Law, Ethics and Policy of 
Artificial Intelligence (Cambridge University Press 2025). 
16 It is salient to note that the AI Act barely addresses procedural matters. The right to an explanation 
(art. 86) was a late addition during its legislative process, see: Metikoš and Ausloos (n 13). Apart from 
art. 85 of the AI Act, which grants the right to lodge a complaint, no other procedural rights are 
included. Similar gaps exist in the wider field of AI ethics, which has focused more on substantive 
justice rather than procedural justice. See: Rob Kitchin, ‘Thinking Critically about and Researching 
Algorithms’ (2017) 20 Information, Communication & Society 14.. This paper therefore helps 
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in decision-making have proposed several values in this regard. One such value 
has been accuracy; contesting errors or biases present in an AI system has been 
defended as vital to improving the accuracy and quality of a decision.17 In 
addition, safeguarding contestation has also been defended as valuable in and of 
itself, regardless of whether it makes any difference to the final judgment.18  

To assess the merits of these arguments in the context of judicial AI, we will use 
the lens offered by four legal-philosophical approaches to procedural justice, 
which provide a moral view on the procedural arrangements of legal decision-
making.19 We discuss utilitarian (specifically a law and economics approach), 
rights-based (including a Dworkinian outcome-based approach and a dignitarian 
process-based approach), and relational theories of procedural justice to help us 
reason about why and how contestation should be safeguarded through a right 
to an explanation in the context of judicial AI.20 More specifically, we show how 
these approaches can help to identify the underlying normative assumptions in 
the legal and XAI debates on the concept of a contestation-enabling right to an 
explanation. Moreover, they can also help ascertain the underlying normative 

 
elaborate on these rights and the wider field of AI ethics, by connecting them with insights from the 
field of procedural justice. 
17 Selbst and Barocas (n 9); Doshi-Velez, F., Kortz, M., Budish, R., Bavitz, C., Gershman, S., O’Brien, 
D., Scott, K., Schieber, S., Waldo, J., Weinberger, D., Weller, A., & Wood, A. (2019). Accountability 
of AI Under the Law: The Role of Explanation, Berkman Klein Center Working Group on AI 
Interpretability; Tal Z Zarsky, ‘Transparent Predictions’ (2013) 2013 University of Illinois Law Review 
1503. 
18 Kaminski and Urban (n 11); Michelle Miao, ‘Debating the Right to Explanation: An Autonomy-
Based Analytical Framework’ (2022) 34 The Singapore Academy of Law Journal 736; Laurens Naudts 
and Anton Vedder, ‘Fairness and Artificial Intelligence’ in Nathalie A Smuha (ed), The Cambridge 
Handbook of the Law, Ethics and Policy of Artificial Intelligence (Cambridge University Press 2025); Selbst 
and Barocas (n 9). 
19 Denise Meyerson and Catriona Mackenzie, ‘Procedural Justice and the Law’ (2018) 13 Philosophy 
Compass e12548. 
20 Some of the theories that we discuss here concern views from Common Law scholars or specific 
kinds of adjudicatory practices, such as the civil, criminal, or administrative context. Nevertheless, 
these theories do contain normative outlooks on what constitutes a just procedure in general. We will 
therefore incorporate these theories to the extent that the comments made by their authors are 
applicably more widely. 
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arguments on the need for explainability that have been put forward in academic 
debates.  

By using theories of procedural justice in the context of judicial AI, this chapter 
also fills a gap in the legal-philosophical discourse on procedural justice. This 
scholarly debate has so far hardly addressed the emergence of digital 
technologies in the justice system.21 Moreover, legal theory, in general, has not 
been sufficiently concerned with overcoming the enormous justice gap. It 
focuses too much on how ideal procedures should look like, rather than 
genuinely engaging with the state of the current justice system.22  

The structure of this chapter is as follows: in section 1 we shall first discuss the 
legal basis for the right to an explanation and its goal of contestation, under the 
GDPR and the AIA. We show how these rights apply to the judicial context, as 
well as how the right to an explanation has been formulated to promote the 
contestability of decision-making procedures. In section 3 we introduce, based 
on this discussion, three central questions on how explainability must be 
operationalized that we have deduced from the literature on explainable AI 
(XAI). Subsequently, we aim to answer these questions in sections 4, 5 and 6, by 
applying different theories of procedural justice. Finally, in section 7, after 
synthesizing these different views, we propose that a relational approach to 
procedural justice could potentially best safeguard the contestation of judicial AI 
by focusing on the practical effectiveness of the right to an explanation. We then 
conclude and summarize our findings in section 8. 

 
21 For example, the edited volume on Procedural Justice and Relational Theory, which covers a wide 
range of contemporary concerns, gives little attention to the role of digitization. See: Denise 
Meyerson, Catriona Mackenzie and Therese MacDermott (eds), Procedural Justice and Relational 
Theory : Empirical, Philosophical, and Legal Perspectives (Taylor & Francis 2021). 
22 Iris van Domselaar, ‘Inquiry and Imagination in Adjudication: The Case of Digitalisation’ (2022) 51 
Netherlands Journal of Legal Philosophy 187; Richard E Susskind, Online Courts and the Future of 
Justice (First Edition., Oxford University Press 2019). 
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2. The legal foundation of the right to an explanation 
and contestation 

 

In Europe, the core provision on the transparency of judicial decision-making 
can be found under the right to a fair trial. This right has been laid down in art. 6 
of the European Convention of Human Rights (ECHR). This includes the right 
to a reasoned judgment and the right to adversarial proceedings. These two 
obligations, respectively, entail that judges must substantiate their verdicts with 
reasons, and disclose all relevant documentation in the hands of the court.2324 
While these provide a potential basis for some transparency requirements for 
judicial AI,25 to date, there is no case law that clarifies their implications for the 
use of judicial AI systems. 

In addition to these general procedural obligations, specific AI-based 
transparency obligations can now be found in the form of explainability rights. In 
the EU, we can find these rights to an explanation in the General Data Protection 
Regulation (GDPR), adopted in 2016, and the AI Act (AIA), adopted in 2024. 
Under the GDPR, the right to an explanation has been deduced in scholarship 
and case law from a combined reading of several provisions, most notably art. 13, 
14, 15, and 22 GDPR. Based on these provisions, the Court of Justice of the EU 

 
23 H. v. Belgium (n 12) para 53; Ruiz-Mateos v Spain [1993] ECtHR 12952/87 [63]. 
24 We do not focus on the role of art. 6 ECHR in this chapter, although there is a wider ongoing debate 
in the literature about its relevance for (transparent) judicial AI. See: Victoria Hendrickx, ‘Rethinking 
the Judicial Duty to State Reasons in the Age of Automation?’ (2025) 1 Cambridge Forum on AI: Law 
and Governance e26; Metikoš (n 2); Francesca Palmiotto, ‘The Black Box on Trial: The Impact of 
Algorithmic Opacity on Fair Trial Rights in Criminal Proceedings’ in Martin Ebers and Marta 
Cantero Gamito (eds), Algorithmic Governance and Governance of Algorithms: Legal and Ethical 
Challenges (Springer International Publishing 2021). This paper focuses specifically on how 
contestability is safeguarded through explainability requirements for judicial AI, and not on broader 
procedural transparency standards. Explainability rights under the GDPR and the AI Act deal, in this 
regard, more directly with the transparency issues plaguing judicial AI. This is not to deny the 
valuable insights further analysis of art. 6 ECHR may offer, but rather to clarify the scope of our 
analysis to be more concretely focused on legal provisions that directly formulate explainability 
requirements. 
25 Hendrickx (n 24). 
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(CJEU) has ruled that data subjects have ’a genuine right to an explanation as to the 
functioning of the mechanism involved in automated decision-making’.26 The CJEU has 
also stated that the ‘main purpose’ of the right to an explanation is to enable 
contestation.27 

At first sight, the GDPR could be a valuable legal instrument for litigants wishing 
to contest judicial AI. However, as the GDPR’s right to an explanation is limited 
to solely automated decision-making, this right would only apply to so-called 
‘robot judges’.28 Currently, however, AI development for the justice sector has 
been focused far more on the supportive role of legal tech, rather than the full 
replacement of human judges.29 Examples include the OLGA system used in 
Germany, which helps with case categorization, metadata extraction, and the 
search for specific information within thousands of cases 30, the ADELE system, 
which is a pilot developed for Italian and Bulgarian judges that can help predict 
the outcome of cases,31 or profiling systems such as OxRec, which is used in 
Sweden to predict the risk recidivism risk of inmates.32 Generative AI systems 
based on LLMs have also been implemented in a pilot in the Netherlands to help 
judges write verdicts in criminal cases.33 Considering, therefore, the more 
widespread usage of supportive rather than replacive AI systems, the GDPR’s right 

 
26 Dun & Bradstreet [2025] CJEU ECLI:EU:C:2025:117 [57]. 
27 ibid [55]. 
28 Metikoš (n 2). 
29 Sourdin, The Role and Function of a Judge (n 1); Tania Sourdin, ‘Judge v. Robot: Artificial Intelligence 
and Judicial Decision-Making’ (2018) 41 University of New South Wales Law Journal 1114; Tim Wu, 
‘Will Artificial Intelligence Eat the Law? The Rise of Hybrid Social-Ordering Systems’ (2019) 119 
Columbia Law Review 2001; Fabri (n 1). 
30 Eckard Schindler, ‘Judicial Systems Are Turning to AI to Help Manage Vast Quantities of Data and 
Expedite Case Resolution’ (IBM Technology, 4 February 2025) <https://www.ibm.com/case-
studies/blog/judicial-systems-are-turning-to-ai-to-help-manage-its-vast-quantities-of-data-and-
expedite-case-resolution> accessed 31 August 2025. 
31 ADELE, <https://adele-tool.eu/> accessed 5 November 2024. 
32 Metikoš (n 2). 
33 District Court of Rotterdam, ‘Rechtbank Rotterdam doet proef met Artificial Intelligence als 
schrijfhulp in een strafvonnis’ (26 March 2025) <https://www.rechtspraak.nl/Organisatie-en-
contact/Organisatie/Rechtbanken/Rechtbank-Rotterdam/Nieuws/Paginas/Rechtbank-Rotterdam-
doet-proef-met-Artificial-Intelligence-als-schrijfhulp-in-een-strafvonnis--.aspx> accessed 31 August 
2025. 
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to an explanation seems ill-equipped to regulate the judicial sector and to 
provide a contestation-enabling right to an explanation.  

Under the AIA, a more directly applicable right to an explanation exists under 
art. 86 (1) AIA. This provision does include AI systems that assist (rather than 
replace) judges in researching and interpreting the facts or applicable laws of a 
case.34 It prescribes that a decision subject should receive ‘meaningful explanations 
of the role of the AI system in the decision-making procedure and the main elements of 
the decision taken’. This mimics much of the wording of the GDPR’s right to an 
explanation. Recital 171 AIA provides some clarification as to the goal of this 
right. It states that an explanation ‘should provide a basis on which the affected 
persons are able to exercise their rights’. This also mimics how the GDPR’s right to 
an explanation has been understood by the CJEU; as instrumental to enabling an 
individual to contest the outputs of AI. Consequently, the right to an 
explanation, both under the GDPR and the AIA, can be understood as an ‘action-
enabling’ type of transparency 35 that makes it possible for litigants to contest 
judicial AI systems.  

However, no further clarification as to why contestation should be safeguarded 
is mentioned within the Recitals of these two regulations. Questions, therefore, 
remain as to what contestation-safeguarding explanations should actually 
enable. Should they, for instance, help identify errors, increase participation of 
decision-subjects, foster trust, or communicate respect?  

It is difficult to envision what kind of explanation would be needed when these 
regulations do not state any clear normative goals, besides contestability. 
Various, sometimes conflicting, answers have consequently been raised by legal 
and computer science scholars as to what an explanation should look like under 
the GDPR.36 Before we can discuss the contours of these different types of 

 
34 Metikoš (n 2). 
35 Selbst and Barocas (n 9). 
36 Sandra Wachter, Brent Mittelstadt and Chris Russell, ‘Counterfactual Explanations without 
Opening the Black Box: Automated Decisions and the GDPR’ (2017) 31 Harvard Journal of Law & 
Technology (Harvard JOLT) 841; Lilian Edwards and Michael Veale, ‘Slave to the Algorithm? Why a 
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explanations we shall first formulate three central questions in the field of XAI. 
These questions need to be answered first, if we wish to define how a right to an 
explanation can safeguard litigant contestation of judicial AI.  

3. Explainability questions: specificity, faithfulness 
and trade-offs 

 

The right to an explanation under both the GDPR and the AIA is formulated 
quite broadly and allows for different methods to achieve explainability. 
However, defining explanations in abstracto is challenging, and perhaps even 
impossible, as Brkan and Bonnet argue.37 Hence, below, we raise three questions 
as to what kind of information should be provided to a litigant who wishes to 
contest a judicial AI system, and how this might be (technically) achieved. We 
shall also argue that these questions, which thus far have been mostly 
conceptualized as legal-doctrinal or computer science debates, are highly 
normative in nature and intimately linked to a view on what values a legal 
procedure should realize.  

3.1 General and specific explanations 
Legal scholarship on the GDPR’s right to an explanation, as well as XAI 
scholarship more broadly, has asked whether explanations must show how an AI 
system works in general, or how a specific output came to be. This distinction, 
between disclosing general and specific explanations, has also been termed as 
‘weak’ versus ‘strong’ explanations 38, or ‘system functionality’ versus ‘specific 
decisions’ type explanations.39 

 
Right to Explanationn Is Probably Not the Remedy You Are Looking For’ (2017) 18 Duke Law & 
Technology Review 67; Brkan and Bonnet (n 14). 
37 Brkan and Bonnet (n 14). 
38 Paul B de Laat, ‘Algorithmic Decision-Making Employing Profiling: Will Trade Secrecy Protection 
Render the Right to Explanation Toothless?’ (2022) 24 Ethics and Information Technology 17. 
39 Wachter, Mittelstadt and Russell (n 36). 
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General explanations aim to provide, as the name implies, general information 
about a system.40 Under this category, information can be included as to how the 
system typically processes inputs, its performance metrics, or how the model was 
audited and tested. Moreover, this information can also be granted ex ante, before 
the system has been applied to the case at hand. To give an example of this type 
of explanation in the context of judicial AI, we can look at the ADELE system 
(Analytics for DEcisions of LEgal cases).41 This system has been developed as an 
aid for judges in Italy and Bulgaria to help analyze case law and even predict the 
outcome of cases. However, this system cannot explain how exactly a specific 
prediction came to be. Rather, users are provided with the following general 
explanation: 

 

Specific explanations, on the other hand, aim to explain how a specific output 
came to be. Such explanations are presented ex post, after the system has been 
applied to a particular case. This has been described by various legal 
commentators as more useful for those wishing to contest an AI system, as it 
addresses how the system processes the particularities of an individual’s case.42 
To illustrate this, we can look at the Brazilian INACIA system. This system uses 

 
40 De Laat (n 38). 
41 ‘ADELE’ <https://adele-tool.eu/> accessed 5 November 2024. 
42 De Laat (n 38); Wachter, Mittelstadt and Russell (n 36). 
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an LLM to select cases for judicial review by assessing whether a case will succeed 
based on its legal merits. The system categorizes cases into three categories: 
‘inconclusive’, ‘not grounded in law’, and ‘grounded in law’.43 It is also instructed 
to then explain this decision by providing the specific reasons that support it, 
which can be seen in the following image: 

 

The choice between general and specific explanations raises a normative 
question as to which type of explanation should be provided to litigants. Should 
the right to an explanation prioritize general explanations to, for instance, 
enhance overall trust in the system, or should it mandate specific explanations 
that enable individuals to contest the particular decision affecting them? In the 
case of the latter, we will see in the next section that the provision of such specific 
explanations can be technically difficult to achieve in practice. 

3.2 Faithfulness and plausible approximations 
An important issue in the field of explainable AI (XAI) concerns the faithfulness 
of specific explanations. Faithfulness, also called correctness, reliability, 

 
43 Jayr Pereira and others, ‘INACIA: Integrating Large Language Models in Brazilian Audit Courts: 
Opportunities and Challenges’ [2024] Digit. Gov.: Res. Pract. 
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accuracy,44 sincerity,45 or fidelity,46 refers to the extent to which an explanation 
reveals how the AI system actually functions, or whether it merely offers a 
potential plausible explanation.47 

The unfaithfulness of explanations arises, in part, because certain types of AI 
systems can be difficult to interpret for computer scientists who wish to develop 
an explanation about the system’s behavior. For example, data-driven AI systems 
that rely on complex ‘neural networks’ can become highly complex and large.48 
Moreover, they can behave in ways that are difficult to understand and follow.49 
For example, certain self-learning models can rely on patterns and correlations 
that have been found in datasets that are not intuitive for humans trying to 
inspect the system. They can also behave widely differently in similar instances, 
which makes finding a stable logic difficult. Or, they can be continuously self-
adapting, making it difficult to discern any stable logic from the system’s 
behavior.50  

Because directly interpreting such models is not always feasible, various 
explainability methods have been developed that try to interpret AI systems 
from the ‘outside’ without inspecting the system’s internal processes. These 

 
44 Sina Mohseni, Niloofar Zarei and Eric D Ragan, ‘A Multidisciplinary Survey and Framework for 
Design and Evaluation of Explainable AI Systems’ (2021) 11 ACM Transactions on Interactive 
Intelligent Systems 1. 
45 Boris Babic and I Glenn Cohen, ‘The Algorithmic Explainability “Bait and Switch”’ [2023] 
Minnesota Law Review 857. 
46 Miquel Miró-Nicolau, Antoni Jaume-i-Capó and Gabriel Moyà-Alcover, ‘Assessing Fidelity in XAI 
Post-Hoc Techniques: A Comparative Study with Ground Truth Explanations Datasets’ (2024) 335 
Artificial Intelligence 104179. 
47 Babic and Cohen (n 45); Rahnama A and Hossein A, ‘Evaluating the Faithfulness of Local Feature 
Attribution Explanations : Can We Trust Explainable AI?’ (PhD thesis), KTH Royal Institute of 
Technology ; Alexander Stevens and Johannes De Smedt, ‘Explainability in Process Outcome 
Prediction: Guidelines to Obtain Interpretable and Faithful Models’ (2024) 317 European Journal of 
Operational Research 317. 
48 Nišević, Cuypers and De Bruyne (n 14). The same can, however, also hold true for simple rule-driven 
systems, if they rely on excessively large decision trees Cynthia Stohl, Michael Stohl and Paul M 
Leonardi, ‘Digital Age | Managing Opacity: Information Visibility and the Paradox of Transparency 
in the Digital Age’ (2016) 10 International Journal of Communication 15. 
49 Selbst and Barocas (n 9). 
50 Bayamlioglu (n 9); Yeung and Harkens (n 9). 
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methods can be characterized as ‘model-agnostic’ because they do not provide 
direct insight into the internal workings of the model itself.51 That is to say, these 
methods try to probe and analyze the model without opening it up. These 
include, for example, the well-known LIME method (Local Interpretable Model-
agnostic Explanations), where one creates a simple model to approximate why a 
specific portion of an opaque model behaved the way it did. With LIME, one 
slightly changes input data, checks how the output changes, and highlights the 
most important features to provide an explanation.52  

However, while advances have been made in the field of XAI, the reliability of 
model-agnostic methods leaves much to be desired. Often, interpretations of a 
specific region of an AI model might produce locally faithful explanations of 
how the system operates in that specific instance.53 But the logic we uncover in 
such instances cannot always be generalized to the model as a whole, or in other 
specific instances.54  

Another challenge that might arise has been termed the ‘Rashomon effect’. 
Often, many different plausible, but contradicting, explanations can arise from 
the same opaque model.55 Such issues show the unfaithfulness of the 
explanations that computer scientists can currently provide for certain types of 
AI models. Rudin therefore argues that ‘explanations’ are a misnomer when we 
try to explain opaque models, and rather argues in favor of the term 
‘approximations’.56 Consequently, scholars such as Babic and Cohen describe 

 
51 Christoph Molnar and others, ‘General Pitfalls of Model-Agnostic Interpretation Methods 
for Machine Learning Models’ in Andreas Holzinger and others (eds), xxAI - Beyond Explainable AI: 
International Workshop, Held in Conjunction with ICML 2020, July 18, 2020, Vienna, Austria, Revised and 
Extended Papers (Springer International Publishing 2022). 
52 Marco Tulio Ribeiro, Sameer Singh and Carlos Guestrin, ‘“Why Should I Trust You?”: Explaining 
the Predictions of Any Classifier’ Proceedings of the 22nd ACM SIGKDD International Conference on 
Knowledge Discovery and Data Mining (Association for Computing Machinery 2016). 
53 Edwards and Veale (n 36). 
54 Babic and Cohen (n 45). 
55 Molnar and others (n 51). 
56 Cynthia Rudin, ‘Stop Explaining Black Box Machine Learning Models for High Stakes Decisions 
and Use Interpretable Models Instead’ (2019) 1 Nature Machine Intelligence 206. 
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XAI methods as a ‘fool’s gold’.57 They state that these explanations are 
‘insincere-by-design’, and are of little value to those interested in addressing AI-
made mistakes.58  

This raises the normative question as to whether explanations that are merely 
plausible (i.e., they might be true) are sufficient, or whether they should be (fully) 
faithful (i.e., actually representing the model’s true reasoning)? Or, to what 
extent is contestation negatively affected by unfaithful explanations? 

3.3 Accuracy and capability trade-offs 
Arguably, one way to resolve the lack of faithfulness that can arise from model-
agnostic explanations is to use models that are ‘intrinsically interpretable’ in lieu 
of opaque models. Intrinsically interpretable models can be directly interpreted 
because of their relatively simple structure and smaller size. Relying on these 
models, instead of more complex opaque models, makes it more feasible to 
provide explanations that are faithful.59 

Authors such as Rudin have, for example, argued that judicial profiling systems 
used for the prediction of recidivism risk should rely on these types of models.60 
She critiques the complexity and opacity of black box models used to profile 
litigants in the criminal justice system, arguing that in such contexts, we should 
rather rely on intrinsically interpretable models. This would make it possible for 
computer scientists to more reliably and faithfully explain how these systems 
function.61 

 
57 Babic and Cohen (n 45). 
58 Still, it has to be said that advances are being made in this active field of research, with different 
types of XAI methods showing different levels of faithfulness Miró-Nicolau, Jaume-i-Capó and Moyà-
Alcover (n 46). 
59 Babic and Cohen (n 45); Rudin (n 56). 
60 Rudin (n 56). 
61 We focus in this regard on black-box systems that are not faithfully explainable because of their 
technical complexity. Nevertheless, it is important to mention that, besides technical limitations, AI 
models can also be difficult to explain because of organizational and institutional obstacles. See: 
Metikoš (n 2); Porębski A, ‘Institutional Black Boxes Pose an Even Greater Risk than Algorithmic 
Ones in a Legal Context’ in J. Mańdziuk, A. Żychowski, and M. Małkiński (eds), Progress in Polish 
Artificial Intelligence Research (2024). 
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At the same time, the use of these simpler models can sometimes lead to a trade-
off in the accuracy and capabilities of the AI system.62 This is because certain 
advanced development techniques cannot be used, as this would again produce 
a highly complex and opaque model.63 More opaque AI models might be able to 
ascertain certain patterns in datasets that are not findable for humans, leading 
them to ascertain correlations that can prove highly useful in case law analysis or 
in the prediction of litigant behavior. Relying on simpler systems might, in this 
regard, limit our ability to find such useful patterns.64 Such trade-offs might also 
occur with Large Language Models (LLMs), as they fundamentally rely on large 
and complicated neural networks.65 Necessitating the use of interpretable models 
could then potentially wholly ban the use of LLMs in legal proceedings.  

Moreover, the construction of interpretable models might require additional 
efforts from computer scientists who have to manually construct complicated 
models and resolve computational problems that would have been resolved by 
an opaque self-learning system.66 This can significantly raise development costs 
on sometimes already overstrained judicial budgets. This raises a normative 
question as to what values should take priority when we develop judicial AI: 
explainability and contestability vs. accuracy and costs.67  

3.4  The relevance of theories of procedural justice 
Should explanations be general or specific? Plausible or faithful to the system’s 
reasoning? Should accuracy take precedence over explainability? As stated 

 
62 Bayamlioglu (n 9). 
63 Molnar and others (n 51). 
64 Yeung and Harkens (n 9). 
65 Vera Liao, Jennifer Wortman Vaughan, ‘AI Transparency in the Age of LLMs: A Human-Centered 
Research Roadmap’ (2024) 5 Harvard Data Science Review. 
66 Rudin (n 56). 
67 Nevertheless, such trade-offs do not occur in every instance and can differ between different types 
of AI and use-cases. See: Andrew Bell and others, ‘It’s Just Not That Simple: An Empirical Study of 
the Accuracy-Explainability Trade-off in Machine Learning for Public Policy’ 2022 ACM Conference on 
Fairness, Accountability, and Transparency (ACM 2022). For example, Rudin (n 56) has argued that 
intrinsically interpretable models can be as accurate and capable as their opaque counterparts in 
predicting the risk for recidivism, although development costs could become higher. 
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above, the GDPR and AIA formulate explainability requirements, but they do 
not concretely answer these questions. A reasoned answer to these questions 
will, arguably, be intimately linked to the normative goals that litigant 
contestation in legal procedures is to realize. But in this regard too, the GDPR 
and AIA remain largely silent. In the following section, we shall therefore 
explore these questions from the perspective of different normative theories of 
procedural justice. Additionally, we will illustrate how these theories provide a 
useful lens to also analyze the variety of arguments and positions found in the 
literature on the right to an explanation. And lastly, these theories will also help 
us understand the wider impact of opaque judicial AI on the procedural justice 
of trials. We will start, in this regard, with the utilitarian theory of procedural 
justice. 

4. The utilitarian (or law and economics) approach 
 

A utilitarian approach to procedural justice holds that the extent to which 
citizens should be afforded certain procedural rights, such as the right to an 
explanation, is subject to a cost-benefit analysis. This approach can be classified 
as instrumental: it considers procedural rights to be a means to an end. In this case, 
their net utility.68 There are, however, various ways to perform such a social cost-
benefit analysis.69 For this chapter, we look at the ‘law and economics’ theory of 
procedural justice.70 This theory focuses on the monetary costs and benefits of 
legal procedures. It is based on the assumption that all the relevant costs of 
adjudication can be expressed in terms of prices.71 

 
68 Meyerson and Mackenzie (n 19). 
69 Lawrence B Solum, ‘Procedural Justice' (2004) 78 Southern California Law Review 181. 
70 See for a different utilitarian or law-and-economic approach: Louis Kaplow and Steven Shavell, 
‘Accuracy in the Determination of Liability’ (1994) 37 The Journal of Law and Economics 1.. 
71 Keith N Hylton, ‘Economics of Criminal Procedure’ in Francesco Parisi (ed), The Oxford Handbook 
of Law and Economics: Volume 3: Public Law and Legal Institutions (Oxford University Press 2017) 335–
337; Robert G Bone, ‘Economics of Civil Procedure’ in Francesco Parisi (ed), The Oxford Handbook of 
Law and Economics: Volume 3: Public Law and Legal Institutions (Oxford University Press 2017). 
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From a law and economics perspective, adequate legal procedures are based on a 
rational trade-off, or ‘balancing act’, between the economic costs of certain 
procedures on the one hand, and the economic value they realize on the other by 
efficiently enforcing substantive law.72 Posner provides one account of this 
approach.73 He distinguishes between two types of costs: error costs and direct 
costs, and argues that the central aim of legal procedures is to keep both these 
costs as low as possible.74  

Error costs refer to the societal costs associated with judicial error. For Posner, 
substantive laws must contribute to economic efficiency. Incorrect judicial 
decisions, such as a wrongly imposed liability or a wrongful conviction, will 
reduce that efficiency. Wrong decisions will harm legal certainty and, in the 
context of civil law, scare off economic activity as the state is unable to provide a 
stable investment environment.75 In the context of a criminal procedure, for 
example, these error costs consist of the societal costs of false convictions (the 
disutility and the stigma effect of imprisonment) and the expected costs of false 
acquittals (reducing deterrence, and increasing crime).  

The direct costs are the costs to society of having certain legal procedures in 
place. These include, for example, the time and resources required for such 
proceedings, such as the salaries of judges and lawyers, the upkeep of the 
courthouse, the costs of supportive technology, etc.76 If the direct costs of a 
particular procedural arrangement exceed the expected net value of the increased 
accuracy of judicial decisions, such an arrangement would not be worth 
implementing. A particular level of accuracy of adjudication is therefore not a 

 
72 Bone (n 71) 143–170. 
73 Richard A Posner, ‘An Economic Approach to Legal Procedure and Judicial Administration’ (1973) 
2 The Journal of Legal Studies 399. 
74 As Posner puts it: “The economic goal is thus to minimize the sum of error and direct costs.” Posner, 
(1973, pp. 401).  
75 Posner (n 73) 399–400; Hylton (n 71) 335–337; 340. 
76 Posner (n 73). 
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moral right that the parties involved have, but will rather depend on this 
balancing act.77 

From a ‘law and economics’ approach to procedural justice, the value of judicial 
AI lies in the idea that it could reduce direct costs by, for instance, reducing the 
judicial workload. Indeed, the need to tackle huge backlogs has been put forward 
as an important reason to use AI in courts.78 In China and Kenya, for example, 
policymakers and academics have underlined the need to combat the cost of long 
deliberations by judges.79 Besides reducing direct costs, judicial AI could also 
foster the correctness of legal outcomes and effectuate individuals’ substantive 
rights by better informing judges with additional information, which (arguably) 
creates more accurate verdicts.80 Conversely, and in the same spirit, exclusively 
human legal proceedings are regularly evaluated in utilitarian terms too: as 
mainly time-consuming, costly, and unpredictable.81  

At the same time, this (over)emphasis on potential efficiency and quality gains 
has been critiqued as a blind ‘AI faith’.82 As Donoghue notes, governments 
believe ‘that digital technologies will provide the ‘transformative’ panacea for 
improving efficiency’.83 Moreover, judicial AI can err; it can contain 

 
77 Dworkin, R. (1981). Chapter 3, Principle, Policy, Procedure. In A Matter of Principle (9th print). 
Harvard Univ. Press, 73. 
78 Tania Sourdin, The Role and Function of a Judge: The Adoption and Adaptation of Technology by Judges 
(Edward Elgar Publishing 2021);  
79 Ogonjo F and others, Utilizing AI to Improve Efficiency of the Environment and Land Court in the 
Kenyan Judiciary Leveraging AI Capabilities in Land Dispute Cases in the Kenyan Environmental 
and Land Court System (2021) The 18th International Conference on Artificial Intelligence and Law 
(ICAIL); Jiahui Shi, ‘Artificial Intelligence, Algorithms and Sentencing in Chinese Criminal Justice: 
Problems and Solutions’ (2022) 33 Criminal Law Forum 121; Stern and others (n 1). 
80 Tim Wu (n 29). 
81 Osztovits A., ‘In Technology We Trust? The Present and Possible Future of Private Enforcement’ 
(2021) 10 Acta Universitatis Sapientiae, Legal Studies 231. 
82 Giulia Gentile, ‘Human Law, Human Lawyers and the Emerging AI Faith’ 3 LSE Public Policy 
Review 3. 
83 Jane Donoghue, ‘The Rise of Digital Justice: Courtroom Technology, Public Participation and 
Access to Justice’ (2017) 80 The Modern Law Review 995. 
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(discriminatory) biases,84 produce incorrect or non-existing legal references,85 or 
otherwise behave in ways that are illogical or undesirable.86 In brief, the use of 
judicial AI can also seriously increase the risk for error costs.  

These error costs may be especially high given the large-scale adoption of judicial 
AI tools. This technology will, after all, not only be used in a few select cases. 
Rather, its efficiency benefits are especially noticeable at a larger scale. 
Consequently, the errors generated by judicial AI tools will affect many litigants 
simultaneously. The error costs of judicial AI will go beyond the regular risk that 
a singular erroneous judge may pose to the law. We have to, therefore, consider 
that there is a heightened need for effective contestation of such tools when they 
are used en masse. 

But from a law and economics perspective, the question whether citizens should 
be granted a contestation-enabling right to an explanation, and in what way, will 
depend on its instrumental ability to reduce the risk for erroneous verdicts while 
not prohibitively increasing the direct costs of judiciaries. Different scholars 
have emphasized the instrumental value of explanations.87 Selbst and Barocas 
argue, for example, that the value of explanations lies, in part, in their ability to 
enable individuals to evaluate decisions.88 Zarsky mentions in the same vein that 
involving outsiders, such as decision-subjects, could lead to ‘crowdsourcing’ 
critical insights, lessening the chance that any errors or mistakes in the system 
have been overlooked by its user or developer.89 

 
84 Solon Barocas and Andrew D Selbst, ‘Big Data’s Disparate Impact’ (2016) 104 California law review 
671. 
85 Sara Merken, ‘New York Lawyers Sanctioned for Using Fake ChatGPT Cases in Legal Brief’ Reuters 
(26 June 2023) <https://www.reuters.com/legal/new-york-lawyers-sanctioned-using-fake-chatgpt-
cases-legal-brief-2023-06-22/> accessed 4 March 2024. 
86 Surden (n 4); Frank Pasquale and Gianclaudio Malgieri, ‘Generative AI, Explainability, and Score-
Based Natural Language Processing in Benefits Administration’ (2024) 2 Journal of Cross-disciplinary 
Research in Computational Law. 
87 This is not to say that these scholars explicitly espouse a law and economics approach to procedural 
justice. 
88 Selbst and Barocas (n 9). 
89 Zarsky (n 17). 
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This holds true in the domain of justice as well. From a law and economics 
perspective, a lack of explainability could harm economic efficiency, as litigants 
might be unsure whether AI-assisted verdicts will not be filled with factual and 
legal inaccuracies that they would be unable to properly contest.90 One of the 
questions that arises then would be whether general or specific explanations are 
more beneficial to contesting errors. As we stated before, general explanations 
could showcase information such as how the system was tested or trained, or its 
performance metrics. To a certain extent, a litigant could then contest the use of 
the system if they deem that the system has too high a risk of producing 
inaccurate information. But a general explanation would not truly help a litigant 
to contest how the AI system arrived at a certain conclusion in their particular 
case.91 Arguably, for litigants trying to address concerns related to their specific 
situation, general explanations would therefore be less helpful than specific 
explanations.  

Nevertheless, it might be so that substantial costs arise from developing 
explainable judicial AI systems. Kaminski and Urban discuss that the costs of 
making AI contestable ‘might make the use of AI unwieldy’.92 For example, fully 
disclosing all relevant parameters might be highly costly, as this might harm the 
business interests of the private developers who have created the system in 
question.93 IP rights and trade secrets have in the past been raised as an obstacle 
to the exercise of the right to an explanation in a number of cases.94 Therefore, 
to prevent such obstacles from occurring in the first place, contractual safeguards 
might need to be negotiated before judiciaries cooperate with external 

 
90 As we will see, this instrumental focus on the improvement of verdicts is also shared with the 
Dworkinian approach. 
91 De Laat (n 38); Sandra Wachter, Brent Mittelstadt and Luciano Floridi, ‘Why a Right to Explanation 
of Automated Decision-Making Does Not Exist in the General Data Protection Regulation’ (2017) 7 
International Data Privacy Law 76; Wachter, Mittelstadt and Russell (n 36); Kaminski and Urban (n 
11); Sarra (n 10). 
92 Kaminski and Urban (n 11). 
93 De Laat (n 38); Lavi M Ben Dor and Cary Coglianese, ‘Procurement as AI Governance’ (2021) 2 IEEE 
Transactions on Technology and Society 192. 
94 de Laat (n 38); Metikoš and Ausloos (n 13). 
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developers.95 However, these developers could choose not to work together with 
judiciaries who put forward such strenuous demands, or they could ask for 
higher development fees. Alternatively, judiciaries could develop such systems 
themselves. But this too might require significant investments in hiring and 
training staff.  

The production and provision of explanations might also raise costs. Zarsky 
mentions that writing up, editing, collecting, and disseminating information 
about the AI system will take resources from any organization implementing 
transparency measures.96 A right to an explanation can also call for active 
research to be done by the developers or users of an AI system, necessitating 
additional labor costs. In short, the provision of a right to an explanation is 
contingent on the world’s ‘finite resources’.97 Considering all of this, explainable 
judicial AI might prove to be too high a direct cost to be justifiable from a 
utilitarian point of view. 

The question also arises whether providing an explanation is even useful from a 
utilitarian perspective. After all, explanations can be unfaithful. This severely 
hinders the usefulness of contestation to mitigate the actual errors present in the 
system.98 If litigants are not provided with the real reasoning of the system, they 
could, for example, focus on unimportant parameters that barely play a role in a 
system’s assessment.99  

Alternatively, we might use intrinsically interpretable models, which provide 
more faithful explanations. This improves the usefulness of contestation. 
However, while this might hold true, the use of such systems is not always 
desirable. As indicated above, using more complex and opaque models might 

 
95 Metikoš (n 2). 
96 Zarsky (n 17). 
97 Miao (n 18). 
98 Babic and Cohen (n 45). 
99 Solon Barocas, Andrew D Selbst and Manish Raghavan, ‘The Hidden Assumptions Behind 
Counterfactual Explanations and Principal Reasons’ (12 December 2019) 
<https://papers.ssrn.com/abstract=3503019> accessed 14 August 2024. 
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showcase patterns in datasets that are undetectable for humans who develop 
interpretable models, as they can only process a limited amount of 
information.100 Using a faithfully interpretable model might therefore limit the 
accuracy of the outputs made by the system. Nevertheless, this trade-off does not 
occur in every instance, and more intrinsically interpretable AI systems can 
sometimes be as accurate as their more opaque counterparts.101 Still, if the trade-
off in accuracy is too high, a utilitarian could not justify the use of such systems. 
Moreover, the higher development cost that could arise with the reliance on 
interpretable models must also be considered.102 

Another important point is that, although it might be difficult to contest the 
errors of non-faithfully explainable judicial AI, there could still be a net social 
benefit in the use of such systems, because of the potential for efficiency gains. 
The use of more advanced, but opaque, systems could reduce the direct costs of 
adjudication, as judges spend less time researching and drafting cases. This 
could, for instance, be the case with profiling systems, which could reduce labor 
costs. Judges would not need to delve too deeply into the case file of a litigant, 
but rather receive a handy summary about the litigant in a time-efficient manner. 
The issue that litigants would not receive faithful, specific explanations about 
these systems, inhibiting contestation, could be overlooked if the reduction in 
direct costs is high enough.  

Utilitarians would also consider the difference between high- and low-value 
disputes in this regard. In more landmark cases that would produce an important 
legal precedent, the societal stakes are higher to produce an accurate verdict. 
Meanwhile, more menial court cases that address (allegedly) less significant 
matters, such as small traffic violations, would be less in need of an explanation. 
Moreover, utilitarians can also raise the question whether all uses of judicial AI 
should be explained, including mere case translation or document-filing tools.  

 
100 Bayamlioglu (n 9); Yeung and Harkens (n 9). 
101 Rudin (n 56); Bell and others (n 67). 
102 Rudin (n 56). 
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Doshi-Velez et al. give a version of this utilitarian argument and state that the 
higher impact of a decision, the more deserving it is of an explanation.103 Henin 
and Le Métayer similarly argue that contestability cannot be required in any 
context; rather, one must ‘take into account the potential impacts of the 
decisions on individuals and on society in general’.104 This provides us with a 
dual conceptualization of the impact of judicial AI: the impact on the litigant, 
and the wider impact on society as a whole. From a utilitarian perspective, we can 
argue that cases with a wider societal impact are more worthy of an explanation, 
as this will affect more people. Still, Aastrup Munch et al. argue that even low-
stakes decisions can have a large aggregate effect, which must be taken into 
account when assessing the need for a right to an explanation.105 

In short, the provision of an explanation must be done in such a way that the risk 
for increasing direct and error costs is kept as low as possible. Explainability 
requirements that severely harm the accuracy of an AI system, by, for example, 
imposing the use of intrinsically interpretable models, might not be justifiable 
under the utilitarian view. Moreover, this is even the case for erring and opaque 
AI systems, which cannot be evaluated or contested by those subjected to their 
outputs, when net social utility arises from their implementation. The striving 
towards evermore efficiency, therefore, can be justified, to the detriment of 
procedural rights, such as the right to an explanation. Hence, the utilitarian view 
does not address the value of explainability as a right that is independent of any 
cost-benefit balancing exercise. In the next section, we will see how procedural 
rights can be conceptualized as actual rights that cannot simply be waived away 
if their costs exceed their benefits for society. 

 
103 Doshi-Velez and others (n 17). 
104 Clément Henin and Daniel Le Métayer, ‘Beyond Explainability: Justifiability and Contestability of 
Algorithmic Decision Systems’ [2021] AI & Society 37. 
105 Lauritz Aastrup Munch, Jens Christian Bjerring and Jakob Thrane Mainz, ‘Algorithmic Decision-
Making: The Right to Explanation and the Significance of Stakes’ (2024) 11 Big Data & Society 
20539517231222872. 
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5. Rights-based approaches 
 

Utilitarians posit that procedural requirements must contribute to a net benefit 
for society. Strictly speaking, from this perspective, individual litigants are not 
entitled to procedural rights, nor to a certain level of accuracy in verdicts.106 For 
instance, a system that would have a substantive chance of erring in low-value 
cases, but would sufficiently decrease the direct costs of the judiciary, could still 
be justified under a utilitarian approach. Rights-based theories differ from the 
utilitarian view in that citizens are guaranteed genuine procedural rights, 
regardless of their net consequences for social welfare. These theories can be 
divided into outcome-based and process-based theories. The first is premised on 
the idea that procedural rights have as their main objective to secure the accuracy 
of the legal decision. As such, they offer an instrumental approach to procedural 
justice.107 The process only matters to the extent that it contributes to an accurate 
outcome.  

By contrast, process-based theories argue that certain procedural arrangements 
have an intrinsic moral value. These theories emphasize that harm can also be 
done by disregarding certain procedural values, even if the outcome of the legal 
procedure is accurate.108 In the next two sections, we look at a specific outcome- 
and a process-based theory: the Dworkinian and dignitarian approaches to 
procedural justice. 

5.1 The Dworkinian outcome-based approach 
One version of an outcome-based theory of procedural justice can be found in 
the work of Ronald Dworkin.109 Dworkin holds that citizens have a moral right 

 
106 Dworkin (n 77) 73. 
107 Meyerson and Mackenzie (n 19). 
108 Robert S Summers, ‘Evaluating and Improving Legal Processes A Plea for Process Values’ (1974) 60 
Cornell Law Review 1. 
109 The most straightforward exposition of his theory of procedural justice can be found in his essay 
Principle, Policy, Procedure, as published in A Matter of Principle. A discussion of procedural rights can 
also be found in Part V of Justice for Hedgehogs. See: R. Dworkin (2013). Justice for Hedgehogs, The 
Belknap Press. 
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to have their substantial rights upheld in court and, consequently, also have a 
moral right to a correct judicial decision, regardless of the societal consequences. 
As he puts it: 'someone is entitled to win a lawsuit if the law is on his side, even 
if society overall loses thereby'.110  

By contrast, an incorrect outcome would cause injustice to the litigating parties 
and result in moral harm. This moral harm, that stems from an incorrect judicial 
decision, is to be distinguished from the bare harm that the parties involved 
experience as a matter of subjective empirical fact. Whereas, from a utilitarian 
perspective, the bare harm—such as the suffering, outrage, or resentment 
experienced by a wrongly convicted defendant—can be weighed against the net 
societal benefit of more efficient legal procedures, this kind of balancing is not 
permitted within a Dworkinian framework.111 Citizens who are involved in a legal 
procedure should thus be guaranteed procedural rights to the extent that these 
rights are necessary for arriving at correct outcomes. 

Nevertheless, Dworkin does not defend the position ‘that an individual has a 
right to the most accurate procedures possible’.112 Legal procedures do not have 
a categorical priority over other moral and societal concerns. According to 
Dworkin, we can and should not maximally put society’s resources into funding 
the judiciary. Dworkin leaves the decision of how important it is to prevent 
certain moral harm to democratic decision-making procedures. Not because 
these decisions are necessarily right, but because this is a fair way to decide 
matters about which there can be reasonable disagreement.113114  

From a Dworkinian point of view, the use of judicial AI can be quite laudable, as 
it has been ascribed the potential of strengthening judicial decision-making, not 

 
110 Dworkin (n 77) 94. 
111 ibid 81. 
112 ibid 73. 
113 ibid 78–79. 
114 This holds true at least to the extent that these procedures honor citizens’ right to equal concern 
and respect, which means that the risk of moral harm must be equalized over the entire population 
(Dworkin, 1981, pp. 78). 
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only in its efficiency but also in its quality.115 AI could improve verdicts by 
providing additional insights, as well as more objective and uniform analyses of 
the law.116 Still, these systems are not infallible, and they can, of course, err. In 
such instances, the moral harm that arises must be contestable for litigants. Or in 
other words, when judicial AI errs and leads to the wrong application of the law 
or the reliance on false facts, an explanation must enable a litigant to find and 
contest those errors. 

But how then would the Dworkinian approach answer the questions we raised 
in section 2? Arguably, this approach focuses on the ability of explanations to 
ensure the accurate application of the law in a given case by enabling litigants to 
contest any AI-made errors. To that end, specific explanations would be 
preferred, rather than general explanations about the system’s average 
functioning. This is because a Dworkinian theory of procedural justice is 
concerned with the moral harm that may occur in the individual case of a litigant, 
as it primarily aims to uphold the substantive rights of individual litigants.  

Nevertheless, the question arises whether litigants (or their lawyers) are indeed 
likely to improve the verdict, when given an explanation. Arguably, because of 
the potential lack of technical skills of the average litigant and their lawyers, it is 
questionable to what extent litigants will indeed be able to contest the system 
effectively and improve the accuracy of the verdict. Scholars have, consequently, 
argued that the right to an explanation relies on a ‘transparency fallacy’.117 This 
argument raises the point that most litigants are not highly skilled computer 
scientists, nor are the lawyers representing them likely to be able to audit an AI 
system for any biases or mistakes.118 Therefore, using explanations as a tool to 

 
115 Tim Wu (n 29). 
116 Re and Solow-Niederman (n 7). 
117 Edwards and Veale (n 36). 
118 Mike Ananny and Kate Crawford, ‘Seeing without Knowing: Limitations of the Transparency Ideal 
and Its Application to Algorithmic Accountability’ (2018) 20 New Media & Society 973; Edwards and 
Veale (n 36); Reuben Binns, ‘Human Judgment in Algorithmic Loops: Individual Justice and 
Automated Decision-Making’ (2022) 16 Regulation & Governance 197. 
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address technically complex issues found within these systems might be only 
possible for computer scientists, and not for lay people.119 

Moreover, from a Dworkinian perspective, we can question how useful specific 
explanations of opaque models can be if these explanations do not faithfully 
showcase the real reasoning of the judicial AI system.120 If litigants cannot assess 
the actual logic behind a particular output, but were only presented with a 
plausible guess, they might be unable to contest any of the actual errors present. 

In this regard, intrinsically interpretable models, whose small scale and simplicity 
would make them more faithfully explainable to an individual litigant, could be 
used instead of complex and large AI models.121 Still, as discussed before, there 
might be a trade-off between accuracy and capability122 when an intrinsically 
interpretable AI model is used instead of a more complex model.123 If such a 
trade-off were indeed to substantively increase the risk of moral harm, it would 
not be justifiable from a Dworkinian approach.124  

In short, from a Dworkinian, outcome-based theory of procedural justice, 
specific explanations are preferred, but their usefulness can be critiqued on the 
basis of the transparency fallacy, the issue of faithfulness, and the potential trade-
off in accuracy that arises from the reliance on intrinsically interpretable systems.  

One counterargument that can be raised against both the utilitarian and 
Dworkinian approaches, however, is that they do not take into account the non-
instrumental value of procedural justice. A process-based approach to a right to 
an explanation emphasizes the value of having a contestable legal procedure on 
its own merits, which we will discuss in the next section. 

 
119 Selbst and Barocas (n 9). 
120 Babic and Cohen (n 45). 
121 Rudin (n 56). 
122 We refer here back to section 3.3., where we discussed that certain types of models, such as LLMs, 
could not be used when faithfulness requirements are imposed. Consequently, there is a restriction 
as to what capabilities a judicial AI system may have. 
123 Bell and others (n 67). 
124 However, to reiterate, this trade-off does not occur in every instance. See: ibid; Rudin (n 56). 
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5.2 The dignitarian process-based approach 
Contrary to Dworkin’s outcome-focused approach, a process-based approach to 
procedural justice stresses the intrinsic value of certain procedural rights, 
separate from their instrumental value. Process-based theories of procedural 
justice predominantly focus on the value of dignity that is honored by granting 
citizens certain procedural rights.125 These dignitarian theories assert that citizens 
subjected to the law should always be treated with the respect that is due to all 
moral agents, understood here in a Kantian sense as free and rational agents. 
Waldron argues, in this regard, that certain traditional participatory procedural 
rights are justified by the idea that a citizen who is involved in a legal procedure 
is not a mere object or thing to be decided upon. Rather, a litigant is an 
autonomous and responsible person. They should be informed and consulted 
about how relevant facts are to be determined by a judge and how the law is to 
be applied to their case.126  

From this perspective, the increased role of AI in legal decision-making has been 
critiqued as it can harm the dignity of individuals. For instance, profiling systems 
have been critiqued with the argument that they reduce individuals to mere data 
points, dehumanizing them.127 Smuha argues that ‘all individuals have an 
inherent dignity and merit being treated with respect for their own multifaceted 
individuality’.128 She, accordingly, warns about the loss of meaning that can 
occur when data-driven AI systems engage in processes of ‘data categorization’. 
This process becomes all the more problematic when such systems are opaque, 

 
125 Meyerson and Mackenzie (n 19); Summers (n 108). 
126 Jeremy Waldron, ‘The Rule of Law and the Importance of Procedure’ (2011) 50 Nomos 3. 
127 André Dao, ‘Human Dignity, the Right to Be Heard, and Algorithmic Judges’ [2020] British 
Yearbook of International Law braa009; Mireille Hildebrandt, ‘Privacy as Protection of the 
Incomputable Self: From Agnostic to Agonistic Machine Learning’ (2019) 20 Theoretical Inquiries in 
Law 83; Yeung and Harkens (n 9). 
128 Nathalie Smuha, ‘The Human Condition in An Algorithmized World: A Critique through the 
Lens of 20th-Century Jewish Thinkers and the Concepts of Rationality, Alterity and History’ 
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as litigants cannot contest the profiles that have been made about them, or 
partake in legal procedures that affect their lives.129  

Moreover, the fact that AI is involved in decision-making in ways that decision-
subjects cannot make sense of, can be considered a standalone type of 
hermeneutic harm. This harm occurs regardless of whether the system in question 
errs.130 This is because individuals deserve, as dignified beings, to be able to 
understand and contest how impactful decisions are being taken about them. 

From a dignitarian perspective, procedural rights can function as a crucial 
counterweight to opaque judicial AI systems, offering a ’forum for the 
expression of human dignity’.131 Kaminski and Urban, for instance, argue that 
‘affording a right to contest affords a form of respect to individual people in the 
system. It permits participation. It establishes agency.’132 In this vein, a right to an 
explanation could be seen as an indispensable epistemic good that allows 
individuals to take part in decision-making that seriously affects their lives.133  

Considering all of this, how would the questions we raised in section 2 be 
answered from a dignitarian approach to procedural justice? Compared to the 
previous two theories, at first sight, a dignitarian approach seems to offer less 
clear guidance in this regard. Rueda et al., for instance, warn of the vagueness of 
dignity as a concept within AI ethics and the difficulty of applying it in 
practice.134 Selbst and Barocas similarly argue that operationalizing the 
dignitarian view on the right to an explanation is difficult in practice.135 After all, 
what does it concretely mean to provide an explanation that respects the dignity 
of an individual? 

 
129 Dao (n 127); Kaminski and Urban (n 11); Selbst and Barocas (n 9). 
130 Andrew P Rebera, Lode Lauwaert and Ann-Katrien Oimann, ‘Hidden Risks: Artificial Intelligence 
and Hermeneutic Harm’ (2025) 35 Minds and Machines 1. 
131 Dao (n 127). 
132 Kaminski and Urban (n 11). 
133 Selbst and Barocas (n 9). 
134 Jon Rueda and others, ‘Why Dignity Is a Troubling Concept for AI Ethics’ (2025) 6 Patterns. 
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In their account of procedural justice, dignitarians' core focus is on the rights of 
litigants to deliberate and participate in the legal proceeding before them. Miao, 
Jongepier and Keymolen, and Zerilli et al. provide a helpful analysis of the role of 
explanations in enabling individuals to engage in decision-making deliberations, 
in this regard.136 Explanations of AI should serve to enable a person’s rational 
autonomy and defend their deliberative agency by providing the individual with 
the ability to critically reflect on the system in question.137 The kind of 
explanation warranted from the dignitarian view, therefore, should provide the 
right epistemic conditions for an individual to participate in the proceedings 
before them, by making it possible to contest the reasons based on which the 
judge uses the AI system’s output.  

To enable litigants to participate and deliberate, specific explanations would be 
preferable over general explanations. The former would better allow a litigant to 
engage in the legal debate that occurs within their own case. Providing general 
information would not be conducive to fostering participation within the 
current proceedings at hand, but would only help the litigant understand the 
general functioning of the system in abstracto. This would not foster a practice of 

 
136 Miao (n 18); Fleur Jongepier and Esther Keymolen, ‘Explanation and Agency: Exploring the 
Normative-Epistemic Landscape of the “Right to Explanation”’ (2022) 24 Ethics and Information 
Technology 49; John Zerilli and others, ‘Transparency in Algorithmic and Human Decision-Making: 
Is There a Double Standard?’ (2019) 32 Philosophy & Technology 661.  
Miao takes on an explicitly dignitarian account. But the accounts of Jongepier and Keymolen and 
Zerilli et al. do not, explicitly, have such a foundation. However, Jongepier and Keymolen do rely on 
the concept of a ‘deliberative agent’, which they define as a ‘rational being’, which is similar to the 
participatory and deliberative focus of the dignitarian approach. Zerilli et al. also rely on a rational-
oriented conceptualization of human decision-subjects. They discuss how humans engage in practical 
reason and explanation-giving, with particular regard to the ‘intentional stance’, as developed by 
Dennett. See: Daniel Clement Dennett, The Intentional Stance (7. printing, MIT Press 1998). Their 
paper therefore also relies on the view that individuals are rational beings that engage in reasoned 
debates. In this regard, Jongepier and Keymolen and Zerilli et al. share in common with the dignitarian 
notion, the normative goal that explanations should serve to enable the rational participation of 
decision-subjects in decision-making debates. Therefore, without arguing that these authors are 
themselves dignitarians, we do nevertheless argue that we can apply their views as a method to 
extrapolate how one can participate in dignitarian rational debates that occur during a trial. 
137 Jongepier and Keymolen (n 136); Miao (n 18). 
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contestation that would be conducive to participation and deliberation in their 
current trial. 

But would the dignity of a litigant be harmed by giving specific explanations that 
are unfaithful? Full faithfulness may be excessive for dignitarian aims, as 
meaningful participation, not causal accuracy, is the priority. Zerilli et al. argue 
that such transparency requirements impose a double standard, since judges’ 
true motivations, often shaped by upbringing or mood, are not explicitly 
reflected either in their reasoning.138 Litigating parties primarily contest the facts 
and reasons as they are provided in legal judgments, but not necessarily the 
internal causes of such judgements. Miao argues similarly, with the help of a 
dignitarian autonomy-based test, that explanations must provide the same level 
of information about an AI system that a decision-subject would also receive if a 
decision had been fully made by a human.139 

Based on the argument that transparency standards should apply similarly to 
humans and machines alike, Zerilli et al. propose that model-agnostic 
explanations of specific sections of a model are sufficient for the kind of 
reasoning and debate that most individuals engage in, including during a legal 
process. As we stated before, such explanations are not consistently, or 
faithfully, representative of the actual behavior of the system, because we cannot 
reliably inspect an opaque system’s internal behavior.140 But we also do not have 
direct access to the internal psychological processes of humans. This is, however, 
not necessarily a problem. Human judges provide explicit reasons to underpin 
their verdict, which in turn can be contested by a litigant. Zerilli et al. specifically 
focus in this regard on the judicial standard, which they describe as ’the most 
procedurally, evidentially, statutorily, and precedentially constrained form of 
official reasoning that exists’.141 In this judicial context, the provision of reasons, 

 
138 Zerilli and others (n 136). 
139 Miao (n 18). 
140 Babic and Cohen (n 45); Jenna Burrell, ‘How the Machine “Thinks”: Understanding Opacity in 
Machine Learning Algorithms’ (2016) 3 Big Data & Society 2053951715622512. 
141 Zerilli and others (n 136). 
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not internal motivations or brain inspections, sufficiently ensures the 
participation of a litigant. Consequently, from a dignitarian perspective, this 
same standard should also apply to AI-assisted proceedings. The relevant focus 
would then lie on the reasons the judge provides for relying on an AI tool. From 
this point of view, the risk that an explanation might not be faithful and unlikely 
to showcase any of the actual errors present in the system is not necessarily an 
issue. Therefore, from a dignitarian point of view, the risk that an explanation 
might not be faithful and unlikely to showcase any of the actual errors present in 
the system is also not necessarily an issue.142 What matters for participation is not 
transparency into the system’s internal operations, but whether the justification 
offered by the judge enables meaningful engagement with the decision.143  

Contrarily, instrumentalist approaches, such as the utilitarian and Dworkinian 
theories of procedural justice, imply that unfaithful explanations are not a 
reliable basis to find errors in an AI system. But for dignitarians, it is not their 
principal aim to improve the accuracy of the verdict with procedural rights. 
Hence, explanations that allow the litigant to understand the reasons why a 
judicial AI system produced a certain output would be valuable on their own 
terms, as the litigant would be better able to participate in a legal procedure. 
Moreover, human judges too can be unfaithful, agnostic or even insincere about 
their true motives for arriving at a particular judgment. Still, we debate about the 
reasons that they do put forward, which provides a basis for communication, 
debate, and contestation.  

This is, of course, not to say that judges, judiciaries, or the computer scientists 
who support them, may simply invent an explanation out of thin air.144 Rather, a 

 
142 This is not to say that scholars such as Miao (n 18) Jongepier and Keymolen (n 136) and Zerilli et al. 
(n 136) would fully disregard faithfulness as a standard for explainable judicial AI. Rather, we argue 
that a solely dignitarian or process-based focus on procedural justice, does not take seriously enough 
the need for procedural rights to enhance correct outcomes.  
143 There is also a salient debate in academic discourse, in this regard, on the need for justifications 
instead of explanations. See: Hildebrandt (n 127) who discusses the need for justifications rather than 
(overly technical) explanations. 
144 We do not regard the dignitarian point of view as a form of ‘pure’ procedural justice, as described 
by Rawls in A Theory of Justice (Rev. ed, Belknap Press of Harvard University Press 1999). Rather, we 
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plausible approximation of a model, which gives the litigant reasons that they 
can discuss and deliberate on, suffices to enable rational debate. Moreover, the 
judge operating an AI system that is not faithfully explainable will themselves 
also not be able to receive a faithful explanation about that system. Still, the 
judge too deliberates on the trustworthiness and accuracy of the system on the 
basis of the information that they do have. In this regard, a dignitarian approach 
wishes to open up the judge’s deliberative process to the litigant, but not 
necessarily ensure that these explanations are (fully) faithful to the actual 
behavior of the AI system.145 

Instrumentalists, such as utilitarians or Dworkinians, would likely critique this 
view. They could raise that unfaithful explanations achieve nothing. No one in 
this process is effectively auditing the system, and making sure that it does not 
produce mistake after mistake in the future. Indeed, a valid criticism of the 
dignitarian approach is that it could engage in a form of procedural fetishism.146 
Arguably, a right to an explanation, then, does not only throw away valuable 
time and resources, but could also serve to legitimize risk-prone AI systems that 
should not be legitimized.147 In this regard, a dignitarian right to an explanation 
can also risk to legitimize problematic kinds of government action that rely on 
erring judicial AI.148 Think of discriminatory profiling systems, which could be 
(unfaithfully) explained to have no bias, all the while ethnically profiling 
litigants. Kaminski and Urban argue against this instrumentalist critique, 

 
contend that dignitarian procedural rights aim to provide a basis for reasoned debate. That legal 
procedure does not produce by definition a final verdict that is always fully correct, however. 
145 Under this view, the right to an explanation would be quite similar to the right to adversarial 
proceedings as defined under the right to a fair trial of art. 6 ECHR, which necessitates the disclosure 
of all documents in the hands of the court. See also the case of: Ruiz-Mateos v. Spain (n 23) para 63. This 
levels the epistemic playing field to all parties involved in a trial. 
146 Nicholas Bagley, ‘The Procedure Fetish’ (2019) 118 Michigan Law Review 345; Kaminski and Urban 
(n 11); M Zalnieriute, ‘“Transparency-Washing”: The Corporate Agenda of Procedural Fetishism’ 
(2021) 8 39. 
147 Tobias M Peters and Roel W Visser, ‘The Importance of Distrust in AI’ in Luca Longo (ed), 
Explainable Artificial Intelligence (Springer Nature Switzerland 2023). 
148 Karl de Fine Licht and Jenny de Fine Licht, ‘Artificial Intelligence, Transparency, and Public 
Decision-Making’ (2020) 35 AI & Society 917. 
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however, and state that procedural rights alone are not a panacea, but that does 
not mean that they are not valuable in their own right.149 

In addition to this instrumentalist counterargument, a process-based argument 
against dignitarians can also be raised. Dignitarians can be critiqued on the basis 
that they conceptualize litigants in terms of rational and autonomous agents. 
This abstraction ignores the emotional and relational needs of actual litigants 
and their practical ability to contest judicial AI tools. In the next section we 
showcase how the relational approach to procedural justice departs from these 
dignitarians’ abstractions, and aims to provide explanations that give litigants 
‘voice’ in AI-assisted proceedings. 

6. The relational approach 
 

Finally, an emerging strand within process-based approaches to procedural 
justice focuses on the normative significance of the relational aspect of 
institutional arrangements.150 Similar to a dignitarian approach, a relational 
approach emphasizes the intrinsic and non-instrumental value of procedures. 
Both approaches see procedures and outcomes as distinct sides of justice.151 
However, a relational approach to procedural justice, as advocated by Meyerson 
and Mackenzie,152 differs from a dignitarian approach in that it does not take the 
rational and autonomous agent as its normative starting point.153 Rather, it holds 
that humans are dependent creatures whose individual identities and sense of 
self-worth are largely constituted by their interactions with others, including 
interactions with public institutions, such as administrative agencies, the police, 

 
149 Kaminski and Urban (n 11). 
150 Meyerson, Mackenzie and MacDermott (n 21). 
151 Emanuela Ceva, ‘The Many Facets of Procedural Justice in Legal Proceedings’ Procedural Justice and 
Relational Theory (Routledge 2020). 
152 Meyerson and Mackenzie (n 19). 
153 Denise Meyerson, ‘The Inadequacy of Instrumentalist Theories of Procedural Justice’ Procedural 
Justice and Relational Theory (Routledge 2020). 
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and courts.154 A relational approach therefore also pays attention to the quality 
of these interactions, and to the manner in which citizens are treated. Whether, 
for instance, these interactions can be seen as dominating, disrespectful, or 
demeaning, with dire consequences for the sense of self-respect of the recipients 
of such treatment.  

In their focus on the moral importance of the quality of concrete interactions 
within procedures, relational approaches to procedural justice find support in a 
large body of empirical research on perceived procedural justice.155 This research 
indicates that citizens value the fairness of a procedure independently of the 
actual outcome. One influential explanation for citizens’ interest in the fairness 
of procedures, is that the way they are treated by persons with authority conveys 
citizens with significant information about the extent to which they are valued 
as members of society.156 A fair procedure communicates that they are valued as 
a member of the group to which the procedure applies. An unfair procedure 
suggests that one is not respected or cared about as a group member.  

Supported and informed by this empirical perspective, a relational approach 
more specifically holds that legal procedures that are characterized by 
impartiality, trustworthiness, respect, and the opportunity to express one’s 
voice, will foster litigants’ sense of self-worth and self-respect. These criteria, in 
the words of Mackenzie, ‘embody citizens’ expectations of normative 
entitlement to be treated as social and moral equals’.157 Relational procedural 

 
154 For this point Mackenzie draws on the insights from relational egalitarians such as Elisabeth 
Anderson (2008). 
155 E Allan Lind and Tom R Tyler, The Social Psychology of Procedural Justice (Springer US 1988); Tom R 
Tyler and E Allan Lind, ‘A Relational Model of Authority in Groups’ Advances in experimental social 
psychology, Vol. 25 (Academic Press 1992). 
156 Lind and Tyler (n 155); Meyerson, Mackenzie and MacDermott (n 21); Tom R Tyler, ‘What Is 
Procedural Justice?: Criteria Used by Citizens to Assess the Fairness of Legal Procedures’ (1988) 22 
Law & Society Review 103; Tom R Tyler and Steven L Blader, Cooperation in Groups: Procedural Justice, 
Social Identity, and Behavioral Engagement (Psychology Press 2000); Tyler and Lind (n 155). 
157 Catriona Mackenzie, ‘Procedural Justice, Relational Equality, and Self-Respect’ Procedural Justice 
and Relational Theory (Routledge 2020) 206. 
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justice theory hold that procedures that adhere to these values, will not only be 
experienced as legitimate, but are also in themselves normatively legitimate.158  

From a relational perspective on procedural justice, a key concern about judicial 
AI is how the use of such systems may affect whether citizens are treated as equal 
members of society. Numerous examples illustrate how the use of opaque and 
inscrutable AI by public institutions can dominate, mistreat, and discriminate 
against groups such as immigrants, ethnic minorities, and the socially and 
economically disadvantaged. Examples include the Childcare Benefit scandal, 
the Post Office scandal, and the Robodebt scandal.159 These scandals also teach 
us that seemingly easy-to-automate cases can lead to large-scale legal and ethical 
abuses against socially and economically vulnerable citizens.160  

Moreover, from this same relational perspective, a more procedurally-focused 
concern also arises in regard to the advent of opaque AI in legal decision-making. 
Specifically, a lack of respect, equality, and care can be conveyed to litigants 
when inscrutable AI is used in legal procedures. Naudts describes this impact as 
powerlessness. He states: ‘In determining how and through which tools people are 
judged, ranked, classified, and categorized, (a select few) actors can establish the 
conditions that define the losers and victors of the digital society. Perhaps then, 
when viewed from this perspective, the digital society might have generated a 
novel category of powerless individuals, i.e., those without any authority or 
autonomy in the society’s increased datafication.’161  

 
158 Mackenzie (n 157); Meyerson, Mackenzie and MacDermott (n 21). 
159 Virginia Eubanks, Automating Inequality: How High-Tech Tools Profile, Police, and Punish the Poor (First 
Edition, St Martin’s Press 2017); Lieke Oldenhof, Kersing ,Margot and Liesbet and van Zoonen, 
‘Sphere Transgressions in the Dutch Digital Welfare State: Causing Harm to Citizens When Legal 
Rules, Ethical Norms and Quality Procedures Are Lacking’ (2024) 27 Information, Communication 
& Society 2704; Iris van Domselaar, ‘The Role of Legal Professionals in Large-Scale Miscarriages of 
Justice: A Virtue Ethics Perspective’ (2026) 0 Legal Ethics 1, 202. 
160 This also forms a counterargument to the utilitarian view that only important or impactful cases 
are worth explaining. 
161 Laurens Naudts, ‘The Digital Faces of Oppression and Domination: A Relational and Egalitarian 
Perspective on the Data-Driven Society and Its Regulation’ The 2024 ACM Conference on Fairness, 
Accountability, and Transparency (ACM 2024). 
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To address the concerns of systemic unequal treatment, powerlessness and mass-
scale miscarriages of justice, of course, a right to an explanation of judicial AI will 
not suffice on its own.162 Yet, fostering contestation in individual procedures 
could still serve procedural justice, 163, specifically by offering litigants voice. This 
is defined by Meyerson and Mackenzie (2018) as ‘the willingness of authorities to 
listen attentively to a person's views, even when there is no chance of influencing 
the outcome’. Explanations could enable voice, in this sense, by making 
procedures more understandable and contestable for litigants. In turn, this 
enables them to express their views on the use of judicial AI, regardless of 
whether this serves instrumental values such as error correction (as espoused by 
the utilitarian and outcome-based approaches to procedural justice). Indeed, 
empirical research shows that individuals perceive procedures as more 
procedurally just, when explainability and contestability are safeguarded in 
algorithmic decision-making.164 

Considering all of this, how then would the questions we raised in section 2 be 
addressed from a relational perspective? To this end, we must apply the 
previously discussed relational elements of impartiality, trustworthiness, 
respect, and voice.165 First, explanations must make it possible to have procedures 
that enable ‘voice’, i.e. litigants must be able to contest the system in a way that 
enables them to effectively express their opinions and concerns. Secondly, 
explanations must show an AI system’s neutrality (in the sense of impartiality). 
Thirdly, explanations must show the trustworthiness of the usage of AI, and that 
it will not harm the litigant’s rights and overall well-being. And lastly, 

 
162 Naudts (n 161) further addresses the limitations of an individual-oriented relational perspective on 
AI and suggest that we should also take into account collective action as a tool for remedying 
oppression. 
163 Naudts and Vedder (n 18). 
164 Mireia Yurrita and others, ‘Disentangling Fairness Perceptions in Algorithmic Decision-Making: 
The Effects of Explanations, Human Oversight, and Contestability’ Proceedings of the 2023 CHI 
Conference on Human Factors in Computing Systems (Association for Computing Machinery 2023). 
165 Meyerson and Mackenzie (n 19). 
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explanations must also enable procedures that impart respect for the litigant as 
an equal member of society. 

If we apply these interrelated elements to the right to an explanation, we could 
argue that explanations must be, most importantly, understandable to the litigant. 
Otherwise, litigants will not be able to participate, express their ‘voice’, and trust 
the usage of the judicial AI system. To illustrate, more down-to-earth questions 
such as ‘how does the system apply social benefit rules to my specific situation’ 
might be addressed by explaining that, in a general sense, inputs will be broken 
down into tokens, and processed through the massive neural network of a Large 
Language Model. A litigant who has concrete and particular concerns about their 
case, but knows nothing about LLM-based AI systems, will not be able to engage 
with such general, abstract, and distantiated explanations. This could alienate 
and confuse a litigant, limiting their voice. Moreover, this could also harm the 
respect they are due as an equal member of a (digitized) society, as their opinion 
is not worth being listened to (as opposed to that of, for example, someone more 
digitally literate).  

Understandability is especially a salient point to raise in regard to the 
contestation of judicial AI, as not everyone has the required epistemic-, 
financial-, or time-based capital to engage with a digitized government.166 This 
also ties into the more general discussion on how courts communicate to citizens, 
emphasizing the need to use more ‘plain’ language.167 Arguably, these factors are 
not properly taken into account by the dignitarian notion of the ideal ‘rational’ 
litigant 168, which does not put forward such practical, and context specific, 
requirements for explainability rights. 

How then would we answer the questions we raised in section 2 from this point 
of view? From a relational perspective, we could first argue that general 

 
166 Sofia Ranchordas, ‘Empathy in the Digital Administrative State Automating the Administrative 
State’ (2021) 71 Duke Law Journal 1341. 
167 Iris van Domselaar, ‘“Plain” Legal Language by Courts: Mere Clarity, an Expression of Civic 
Friendship or a Masquerade of Violence?’ (2022) 10 The Theory and Practice of Legislation 93. 
168 Meyerson and Mackenzie (n 19). 
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explanations would not be very helpful to address litigants’ informational needs. 
General explanations, namely, do not address the particularities of the case at 
hand, and can only provide information about how an AI system functions 
globally. This does not illuminate to the litigant how they can participate and 
express themselves in their own trial. Specific explanations, on the other hand, 
tackle more concretely how an AI system assessed particular aspects of a litigant’s 
case, and are therefore less abstract and distant.169 They give more concrete and 
case-specific guidance to the litigant, so that they can better express their ‘voice’ 
and understand what is going on in their trial. 

Nevertheless, as outlined above, explanations are not always faithful to how a 
system actually works. Would this not harm the relational value of 
trustworthiness? Meyerson and Mackenzie state that conveying trustworthiness 
does not necessarily entail ‘honesty’.170 Rather, it requires ‘that people feel that 
authorities care about them and are motivated to be fair to them’. From this point of 
view, explanations would therefore not need to be faithful, as long as they are 
compatible with the aforementioned values of relational procedural justice: 
trustworthiness, neutrality, voice, and respect. This can be done, for example, by 
showcasing that the system has been checked, audited, and verified for any 
errors. Moreover, as faithfulness can be disregarded as an obstacle for relational 
procedural justice, the same can be said about the need to use interpretable AI 
models.171  

However, as we saw under an dignitarian approach, an exclusive focus on the 
intrinsic values of procedural arrangements might come at the cost of valuing the 
importance of right outcomes. Or, in other words, it may lead to procedural 

 
169 Nevertheless, general explanations, if understandably formulated, can still showcase how well-
audited and reliable a system is. This, in turn, can fulfill the relational requirement that explanations 
must showcase neutrality, trustworthiness and a sense of care for the litigant’s wellbeing. General 
explanations could therefore still have a place in the explainability toolbox, from a relational 
perspective, although they cannot fulfill the requirements of enabling voice. 
170 Meyerson and Mackenzie (n 19). 
171 In this regard, the relational approach also does not offer strong guiderails as to how to address the 
question on how to balance cost and accuracy trade-offs in the debate on intrinsically interpretable 
systems, as these values are not addressed by its focus on perceived procedural justice.  
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fetishism.172 The relational focus on perceived procedural justice can also lead to 
a manipulative use of fair process cues, arguably motivated by the assumption 
that the legitimacy of legal authorities must be enhanced, independently of the 
moral quality of their functioning.173 For instance, in the context of the use of 
judicial AI, a litigant can be encouraged to voice their concern about an AI 
system, and as a consequence feel respected through the provision of a 
‘comprehensible’ and ‘citizen-friendly’ explanation,174 while the explanation 
itself is not faithful to the actual behavior of the system, including when that 
system is highly problematic or simply unjust.  

7. Effective contestation and an AI-responsive theory 
of procedural justice  

 

In the previous sections, we examined how different theories of procedural 
justice understand the value of litigant contestation to help substantiate the right 
to an explanation of judicial AI. However, these theories have been developed 
prior to the advent of AI in the administration of justice. Hence, one potential 
objection against applying these procedural justice theories to the context of AI-
assisted judicial decision-making is that this may insufficiently address the 
specific issues that the use of judicial AI raises. Therefore, procedural justice 
theories also need to be critically examined for their suitability in providing a 
normative foundation for the effective contestation of judicial AI. 

Drawing on the foregoing discussion, we will now briefly sketch the building 
blocks of an AI-responsive theory of procedural justice and how such a theory 
would answer the questions that we have addressed in this chapter. We shall first 
reiterate some of the specific concerns on the adoption of judicial AI that we 

 
172 Bagley (n 146); Zalnieriute (n 146). 
173 Robert J MacCoun, ‘Voice, Control, and Belonging: The Double-Edged Sword of Procedural 
Fairness’ Annual Review of Law and Social Science 1. 
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have discussed from a procedural justice lens in the previous sections. These are: 
access to justice, the risk of mass-scale error, dehumanization, and the risk of 
systemic unequal treatment.  

First, an AI-responsive theory of procedural justice cannot ignore the fact that 
the growing use of judicial AI is intimately linked to the ‘sorry-state’ of 
contemporary justice systems,175 particularly with regard to access to justice.176 
Through the automation of ostensibly ‘simple’ judicial tasks, in a standardized 
manner, advocates of digital justice argue that adjudication can be done ‘cheaper, 
better, quicker’.177 

As noted above, one of the strengths of a utilitarian perspective is its ability to 
respond to the importance of scalability and efficiency by focusing on the net 
utility generated by legal procedures. Specifically, it can recognize the fact that 
the direct costs of certain procedural safeguards might be in tension with the 
need to reduce the current justice gap that legal orders face. Although we do not 
endorse a utilitarian approach, for reasons stated below, it nonetheless serves as 
a reminder that reducing this justice gap should remain a concern in any 
discussion that concerns the moral quality of legal procedures.178 

However, we have also seen that the increased scalability enabled by judicial AI 
is a double-edged sword. While it may enhance access to justice, it also carries 
the risk of mass-scale error, as explained through our law and economics analysis 
of judicial AI. The ability to contest these errors is therefore crucial, not just for 
individual litigants but also for society as a whole. 

Moreover, and as discussed in the context of the dignitarian approach, the 
adoption of judicial AI tools poses an inherent risk of dehumanizing individual 
litigants. The commensuration that occurs with the usage of profiling systems, 
for instance, strips litigants of their multifaceted and complex identities. The 

 
175 Hazel Genn, Judging Civil Justice (Cambridge University Press 2009) 51. 
176 Van Domselaar (n 22). 
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adoption of inscrutable and opaque judicial AI might, in addition, have an 
especially exacerbated dehumanizing effect. In such instances, litigants would be 
unable to assert their rational agency and defend their unique identities from the 
assessments of judicial AI.179 Procedural rights that enable litigants to contest 
these systems form an important counterweight in this regard. They offer, as Dao 
succinctly puts it; a ’forum for the expression of human dignity’.180  

Lastly, the increasing use of judicial AI is also intimately linked to the risk of 
systemic unequal treatment. That is to say, the brunt of mass-scale error and 
dehumanization often falls on particular social groups such as immigrants, ethnic 
minorities, and the socially and economically disadvantaged. For instance, in the 
section on the relational approach, we saw that large-scale AI-driven 
miscarriages of justice have so far affected these groups the most. In part, this is 
a consequence of the bias that AI systems can perpetuate.181 Moreover, we 
observed the ‘powerlessness’ of these affected individuals. Arguably, only a select 
group of judges, policymakers, and developers, will decide on who will be judged, 
ranked, classified and categorized by judicial AI and how. Those who will be 
affected most will in many cases not have any power to contest such systems.182 

We argue that an AI responsive approach to procedural justice should take these 
concerns into account. Accordingly, such a theory should substantiate the right 
to an explanation in such a way that litigants can enjoy access to justice. To that 
end, they must be able to contest mass-scale errors, as well as their 
dehumanization and systemic unequal treatment.  

However, how to safeguard contestation effectively is a recurring concern that we 
saw in this chapter. In the sections on the law and economics and Dworkinian 
approaches, we already raised the question of whether litigants are sufficiently 
equipped to contest AI-made errors. In our discussions of dignitarian and 

 
179 Miao (n 18). 
180 Dao (n 127). 
181 For a more extensive overview of how discrimination and unfair treatment can arise in Machine 
Learning-based AI systems, see: Solon Barocas, Fairness and Machine Learning: Limitations and 
Opportunities (The MIT Press 2023); Solon Barocas and Andrew D Selbst (n 84).. 
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relational procedural justice, we sidestepped this issue. We showed that a (solely) 
process-based approach to procedural justice emphasizes the intrinsic value of 
participation. But such an approach does not necessarily take into account the 
real-life ability of litigants to effectively contest AI-made errors.183 This focus on 
process could then justify unfaithful explanations, leaving mass-scale errors 
uncontested and hindering access to justice. Also, a solely process-based 
approach does not provide a rebuttal to the argument that providing an 
explanation to a litigant might be a useless endeavor, as they would be unlikely 
to be able to contest the errors of judicial AI tools.184 

If we are to really take seriously the concerns of access to justice, mass-scale 
errors, dehumanization and systemic unequal treatment, we need to be attuned 
to the practical ability of litigants to contest judicial AI. After all, not all litigants 
have the epistemic-, financial-, or time-based capital to contest judicial AI. In this 
regard, it is important to note that a variety of systemic factors, (poverty, racism, 
sexism, etc.)185 may play a crucial role too in diminishing access to such capital, 
and in turn, access to justice. Such systemic unequal treatment may be especially 
worsened by the kinds of cases in which judicial AI will play a role. Will it be 
primarily applied in social welfare disputes, burdening poorer litigants with 
contesting any potential errors? Or will large companies dealing with fraud 
investigations have to bear the burden of contestation? The latter would, 
arguably, be more (financially) able to hire swaths of lawyers and AI-experts to 
assist in such endeavors.186 

 
183 Nevertheless, we shall argue later in this section that the relational approach to procedural justice 
does give a normative basis for a practical and situated-account of the real-life litigant. And, 
consequently, we shall argue that relational procedural justice theory can provide a normative basis 
for effective litigant contestation of judicial AI. 
184 Edwards and Veale (n 36). 
185 Deborah Rhode, ‘Access to Justice’ (2001) 69 Fordham Law Review 1785. Marchiori, T., Framework 
for Measuring Access to Justice Including Specific Challenges Facing Women: Guidance Note (Rapport, UN 
Women and Council of Europe, July 2016) 
186 It is salient to note that AI is indeed often used in cases that affect those who do not posses over 
the required capital to enjoy access to justice. One example of this trend is the increased usage of AI 
in processing migration cases. See: (Palmiotto, 2024). Outside the scope of this paper, it should also 
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In our opinion, the theory that is most attuned to address the practical ability of 
litigants to effectively contest judicial AI, as well as these normative concerns, is 
the relational approach to procedural justice. It argues that courts should treat 
citizens as social and moral equals, considering it crucial to procedural justice.187 
Relational procedural justice theory implies that we should move beyond the 
dignitarian concept of the ideal, abstract and rational litigant who is able to 
partake in discussions before a judge.188 It takes into account that litigants are 
unequal in their capacities to effectively participate in an AI-assisted trial. 
Consequently, and not surprisingly, relational theory has become increasingly 
linked to egalitarianism in discussions of digitization as well.189 The relational 
emphasis on equality and the non-ideal litigant addresses the question of 
whether litigants will have equal access to justice when judicial AI is used. 
Moreover, it shows a care for the individuals who will be most affected by judicial 
AI systems, and who are also most in need of effective contestation tools to 
address both mass-scale errors and their dehumanization. 

At the same time, we showed that the relational emphasis on perceived procedural 
justice and on the intrinsic value of procedures might lead to a situation of 
procedural fetishism. A litigant could be encouraged to voice their concern and 
receive a ‘citizen-friendly’ explanation, which, in truth, is wholly unfaithful to 
the actual internal behavior of the system. In turn, they would be unable to 
actually contest the true parameters that drove the system to a certain output. 
For a relational theory to be responsive to the specific concerns that judicial AI 

 
be noted that the usage of AI by lawyers also affects the quality of support that immigrants receive. 
For instance, in a case from the U.K., a barrister had used Microsoft CoPilot, which had hallucinated 
non-existent legal references in an asylum case. See: ANPV and SAPV v. Secretary of State for the 
Home Department, Case No. US-2025-00373 (Upper Tribunal, Immigration and Asylum Chamber); 
In a separate case concerning an appeal against an asylum refusal, again non-existent references had 
been provided and subsequently removed. See: MS (Bangladesh) v. Secretary of State for the Home 
Department [2025] UKUT 00305 (IA). 
187 Mackenzie (n 157); Meyerson, Mackenzie and MacDermott (n 21). 
188 Mackenzie (n 157). 
189 Naudts (n 161). 
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raises, it needs to provide a normative basis for a more effective form of 
contestation.  

To that end, we should note that litigants also deserve an effective chance to 
contest any AI-made errors to ensure the correctness of the verdict. To make 
litigant contestation therefore useful, the justice system has an obligation to 
promote litigants’ capabilities to contest any wrongdoing on the part of the 
judicial AI tool. To that end, a right to an explanation needs to take into account 
the relational focus on the non-ideal litigant, and their real-life ability to contest 
judicial AI effectively. 

How then would this affect how we answer the questions we raised in section 2? 
Arguably, we first of all need explanations that showcase how one’s case is 
specifically influenced by a judicial AI system, as this would better engage the 
litigant in their trial. Moreover, such an explanation also needs to be faithful. As 
we discussed previously, acts of contestation would otherwise not be effective to 
mitigate AI-made errors. Explanations could become mere procedural sedatives) 
that might enhance the perception of procedural justice, while allowing 
substantive injustices to continue. But to ensure faithfulness, there might be a 
need to rely on intrinsically interpretable systems where (sometimes) a trade-off 
can occur between the faithfulness of explanations and the accuracy of a system. 
Under purely outcome-based approaches, such a trade-off would not be 
normatively acceptable. The main goal of procedural rights under these theories 
would be to safeguard the accuracy of the verdict above all. 

A process-based perspective, as the one relationalists ascribe to, could 
nonetheless justify such a trade-off. Litigants are due certain procedural rights, 
independently of their influence on the accuracy of the outcome. However, our 
emphasis on the importance of procedures for arriving at correct outcomes 
within a relational approach to procedural justice adds another perspective. 
Namely, that a litigant who is supported in their ability to contest judicial AI 
systems, can provide new insights and improve the quality of judicial decisions. 
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By ensuring effective contestation of judicial AI, accuracy could, ostensibly, 
be better safeguarded than if the litigant had given no input into their trial at all. 

Importantly, such explanations are only the first step to addressing the concerns 
of access to justice, the risk of mass-scale error, dehumanization, and systemic 
unequal treatment. Individual litigants will not always be able to address these 
injustices effectively.190 A discussion on the right to an explanation requires us 
to therefore also consider when and where we use judicial AI, as well as who has 
the right capital to contest such systems. We only provided here but the first 
building blocks for a theory of procedural justice that is more attuned to these 
concerns of judicial AI. We have made clear that effective contestation is one 
crucial aspect of such an approach. And, that this concept of effectiveness must 
take into account the non-ideal litigant, who may or may not have access to the 
required capital to contest judicial AI. 

8. Conclusion 
 

The right to an explanation and its role in enabling the contestation of judicial 
AI raise several questions in the domains of law, ethics, and computer science. 
To sketch the contours of what explanations should look like, we raised 
questions on the generality and faithfulness of explanations. We also looked at 
the potential use of intrinsically interpretable AI models and the accuracy trade-
offs that might arise in that regard. Applying procedural justice theories revealed 
diverse valuations of contestation, as well as different answers to these 
explainability questions. Moreover, they also show the different strengths and 
weaknesses of these theories in the age of judicial AI. 

 
190 This leads us also to the important argument that a right to an explanation is not the sole remedy 
to address AI-made injustice. A number of different actors play a role in this regard, such as 
journalists, NGO’s, lawyers, judges and litigants (see: Naudts (n 161)). Litigants should therefore not 
be the sole guardians of justice when judicial AI is used. However, they nonetheless still deserve an 
effective chance to participate and help safeguard the correctness of the outcome of their trial. 
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First, utilitarian and outcome-based theories, such as those proposed by Posner 
and Dworkin, respectively, show how explanations can have a valuable role in 
addressing AI-made errors. Posner’s law and economics approach shows 
contestability’s value as a tool to minimize courts’ error costs, in this regard. 
General explanations could help show the average reliability of systems to 
litigants, while specific explanations could help litigants contest errors in their 
particular cases. However, from this utilitarian perspective, we cannot accept a 
right to an explanation that leads to excessively high financial and accuracy costs 
for courts.  

Moreover, concerns can be raised about the provision of unfaithful explanations, 
as this would hinder the usefulness of contestation to address any real AI-made 
errors. The use of interpretable models might address this issue, but these 
systems can only be relied upon if there is no net increase in error costs or direct 
costs. In this regard, utilitarians also take into consideration the relative (societal) 
impact of the case at hand to balance the net utility and costs of the right to an 
explanation.  

A rights-based approach rejects this balancing act and contends that litigants 
have genuine procedural rights that cannot be traded away. This approach can 
be further subdivided into the outcome-, and process-based approaches. The 
outcome-based approach to procedural justice, as proposed by Dworkin, argues 
that the right to an explanation serves to improve the accuracy of verdicts and to 
address AI-made errors, minimizing the moral harm of an incorrect decision. 
Specific explanations would be preferred in this regard, as this approach 
enhances the ability of litigants to reach an accurate verdict in their own specific 
case.  

But, as we saw in our discussion of the utilitarian approach, unfaithful 
explanations do not fulfill this requirement adequately. Moreover, explainability 
is of limited value if litigants are themselves unable to contest AI-made errors. 
Using intrinsically interpretable AI might offer a solution for the unfaithfulness 
of explanations. However, the trade-offs in accuracy that could arise from their 
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use cannot be accepted, as this would increase the risk for moral harm. In any 
case, both the utilitarian and outcome-based approaches cannot convey the 
procedural harm that litigants experience when they cannot contest AI-made 
outputs. They limit participation to those instances where contestation can be 
useful in addressing mistakes. 

Process-based theories, such as dignitarian and relational approaches, emphasize 
the non-instrumental and intrinsic value of contestation. Dignitarians 
emphasize that we must respect litigants’ dignity, autonomy, and rational 
thinking by letting them participate in legal debates. To this end, specific 
explanations that enable litigants to discuss the particularities of their own trial 
would be preferred. However, the question also arises whether the same 
transparency standard should apply here as in regard to (solely) human decision-
making. One could argue that the fact that an explanation is not faithful is not 
necessarily an issue, as we can also not look into the minds of human judges to 
create faithful explanations on how they reached their verdicts. Consequently, 
the solution that interpretable AI offers to the issue of faithfulness might be a 
laudable pursuit, but it is not a necessary requirement for dignitarian procedural 
justice. 

As part of our critique on dignitarian approaches, we have argued that 
dignitarians do not take sufficiently into account litigants’ different abilities to 
understand and utilize explanations for contestation. Relational theories, by 
contrast, emphasize the importance of conveying impartiality, trustworthiness, 
respect, and voice to litigants who have different practical needs and 
requirements to be able to partake in legal proceedings. Specific explanations 
would also be of use in this regard, but these must be understandable to different 
types of litigants. Nonetheless, explanations do not necessarily need to be 
faithful to provide the perception of legal proceedings to be impartial, 
trustworthy, respectful, or even to enable litigants to have a voice. 
Consequently, the use of interpretable AI models as a solution for the lack of 
faithfulness of explanations may be not necessary, as seen from the relational 
point of view.  
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This relational approach, like with the dignitarian approach, might then result in 
explanations that are ‘caring’ and ‘accessible’, all the while AI-made errors 
continue to oppress and harm litigants. With both dignitarian and relational 
approaches, there is therefore a risk for procedural fetishism. At the same time, 
the law and economics and Dworkinian approaches are also flawed as they 
insufficiently honour the intrinsic values of procedures. These, as we have seen 
in section 4 and 5.1, make the provision of a right to an explanation contingent 
on litigants’ practical ability to contest AI-made errors.  

In short, contestation’s value can extend both to addressing errors and ensuring 
participation. But it is also at risk of not being useful and effective at all to address 
the substantive errors produced by judicial AI, potentially resulting in 
procedural fetishism. We argued, therefore, in section 7, that an AI-responsive 
theory of procedural justice must ensure that a right to an explanation promotes 
effective contestation of judicial AI. This entails that it genuinely enables 
litigants to improve the outcome of their trial. In this regard, we discussed how 
the relational approach could provide such a normative basis. 

We emphasized that an AI-responsive theory of procedural justice should not 
consider contestation’s value as purely a process-based endeavor, regardless of 
its usefulness to improve verdicts. At the same time, the right to an explanation 
should also not be made contingent on the practical ability of litigants to contest 
judicial AI and improve the quality of verdicts. Rather, litigants’ pervasive 
inability to contest judicial AI tools is an invitation to re-evaluate who can, and 
should, be burdened with contesting AI-made errors. Moreover, we also see a 
task for judiciaries to facilitate litigants’ capacities to contest judicial AI.  

With that goal of effective contestation in mind, litigants are first of all in need 
of specific and faithful explanations, based on intrinsically interpretable systems. 
But we need to also consider the epistemic-, financial-, and time-based capital 
that individual litigants rely upon to utilize such explanations. Discussions on 
these systemic obstacles to procedural justice will have to play a more leading 
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role in the way we substantiate the right to an explanation, if we wish to 
safeguard the effective contestation of judicial AI. 
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1. Introduction 
 

Increasingly, Machine Learning (ML) algorithms are used to produce AI models 
that assist judges across the world. ML algorithms can ‘teach’ themselves certain 
tasks by analyzing large labeled datasets. This has enabled algorithms to create 
models that can perform very sophisticated tasks in the field of law, which were 
impossible to automate previously.2 Some notable examples include the use of 
predictive systems such as COMPAS in the U.S.A, which provided judges with 
a recidivism risk score of inmates,3 or the ‘Little Judge Bao’, which was used in 
Chinese courts to provide judges with fully written suggested verdicts.4 In 
response to these developments, legal scholars are now increasingly discussing 
how adjudication is, or shall be, impacted by new technologies and how these 
systems must be regulated when used in the administration of justice.5 

The rising use of AI in the judiciary has prompted many legal scholars to focus 
on the potential emergence of a ‘robot judge’; an AI system that could one day 
fully replace human judges.6 In 2019, Wired reported that Estonia was developing 

 
2 Harry Surden, ‘Machine Learning and Law’ (2014) 89 Washington Law Review 87. 
3 Sam Corbett-Davies and others, ‘A Computer Program Used for Bail and Sentencing Decisions Was 
Labeled Biased against Blacks. It’s Actually Not That Clear.’ Washington Post (17 October 2016) 
<https://www.washingtonpost.com/news/monkey-cage/wp/2016/10/17/can-an-algorithm-be-racist-
our-analysis-is-more-cautious-than-propublicas/> accessed 19 October 2022. 
4 Jiahui Shi, ‘Artificial Intelligence, Algorithms and Sentencing in Chinese Criminal Justice: Problems 
and Solutions’ (2022) 33 Criminal Law Forum 121. 
5 Tania Sourdin, Judges, Technology and Artificial Intelligence (Edward Elgar Publishing 2021); Eugene 
Volokh, ‘Chief Justice Robots’ (2019) 68 Duke Law Journal 1135; Katherine Quezada-Tavárez, Plixavra 
Vogiatzoglou and Sofie Royer, ‘Legal Challenges in Bringing AI Evidence to the Criminal 
Courtroom’ (2021) 12 New Journal of European Criminal Law 531; Nídia Andrade Moreira, ‘The 
Compatibility of AI in Criminal System with the ECHR and ECtHR Jurisprudence’ in Goreti 
Marreiros and others (eds), Progress in Artificial Intelligence (Springer International Publishing 2022); 
Jasper Ulenaers, ‘The Impact of Artificial Intelligence on the Right to a Fair Trial: Towards a Robot 
Judge?’ (2020) 11 Asian Journal of Law and Economics. 
6 John Morison and Adam Harkens, ‘Re-Engineering Justice? Robot Judges, Computerised Courts 
and (Semi) Automated Legal Decision-Making’ [2019] Legal studies; Re and Solow-Niederman (n 5); 
Ric Simmons, ‘Big Data, Machine Judges, and the Legitimacy of the Criminal Justice System’ (2018) 52 
U.C. Davis law review 1067; Tania Sourdin and Richard Cornes, ‘Do Judges Need to Be Human? The 
Implications of Technology for Responsive Judging’ in Tania Sourdin and Archie Zariski (eds), The 
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such an autonomous ‘robot judge’.7 This article was cited by a number of 
researchers as an example of how human judges could be fully replaced in the 
near future.8 However, the claims made by Wired were directly refuted by the 
Estonian Ministry of Justice in a press release titled ‘Estonia does not develop AI 
Judge’.9 

This example shows us that we perhaps focus too eagerly on the idea of the 
autonomous robot judge. Whether or not it will ever arrive is neither here nor 
there. In any case, the current introduction of supportive systems precedes any 
widespread implementation of a robot judge.10 Currently, the development and 
use of AI in the judiciary is leaning towards such support, and not toward the 
total replacement of human legal decision-making.11 

In this chapter, I discuss judicial support systems that substantively impact the 
content of a verdict by generating output that can serve as evidence in a trial. 
Such systems have been used in criminal, administrative, and civil procedures 

 
Responsive Judge: International Perspectives (Springer 2018); Ulenaers (n 5); SGC van Wingerden and 
others, Artificial Intelligence and Sentencing: Humans against Machines (Oxford University Press 2022); 
Tim Wu, ‘Will Artificial Intelligence Eat the Law? The Rise of Hybrid Social-Ordering Systems’ (2019) 
119 Colum. L. Rev. 2001. 
7 Eric Niiler, ‘Can AI Be a Fair Judge in Court? Estonia Thinks So’ [2021] Wired 
<https://www.wired.com/story/can-ai-be-fair-judge-court-estonia-thinks-so/> accessed 27 August 
2021. 
8 Crootof (n 5); Re and Solow-Niederman (n 5); Sourdin, Judges, Technology and Artificial Intelligence (n 
5); Ulenaers (n 5); Monika Zalnieriute and Felicity Bell, ‘Technology and the Judicial Role’ in Gabrielle 
Appleby and Andrew Lynch (eds), The judge, the judiciary and the court (Cambridge University Press 
(CUP) 2020). 
9 Justiitsministeerium, ‘Estonia Does Not Develop AI Judge’ (16 February 2022) 
<https://www.just.ee/en/news/estonia-does-not-develop-ai-judge> accessed 15 October 2022. 
10 Morison and Harkens (n 6); Tania Sourdin, ‘Judge v. Robot: Artificial Intelligence and Judicial 
Decision-Making’ (2018) 41 University of New South Wales Law Journal 1114; Sourdin, Judges, 
Technology and Artificial Intelligence (n 5); Surden (n 2); Wu (n 6). 
11 CEPEJ, ‘European Ethical Charter on the Use of Artificial Intelligence (AI) in Judicial Systems and 
Their Environment’ (European Commission for the Efficiency of Justice (CEPEJ), 2018) 
<https://www.coe.int/en/web/cepej/cepej-european-ethical-charter-on-the-use-of-artificial-
intelligence-ai-in-judicial-systems-and-their-environment> accessed 14 October 2022; Tania Sourdin, 
The Role and Function of a Judge: The Adoption and Adaptation of Technology by Judges (Edward Elgar 
Publishing 2021). 



 

197 
 

for a variety of different purposes. In particular, I will look at litigant profiling 
systems. These systems profile a litigant based on various parameters and can 
provide a judge with additional information about the person in question. 

Examples of judicial profiling systems include the Colombian PretorIA system, 
which was used to profile and suggest legal guardians, or the Mexican 
EXPERTIUS system, which determined the eligibility of litigants for social 
security.12 One of the more controversial uses of such profiling systems has been 
recidivism risk prediction systems, used by criminal courts. These help judges to 
predict the risk for future criminal behavior of a litigant. Examples include 
COMPAS in the U.S.A and HART in the U.K.13 

This chapter focuses on profiling as a case study as it can provide intrusive 
analyses of the character and behavior of litigants in high-stakes judicial settings. 
As judicial proceedings commonly provide individuals with ample opportunity 
for contestation,14 litigants could desire an explanation of how the system 
functions, so that they might contest this output.15 The grounds on which these 
profiling systems arrive at a certain conclusion about a litigant can, however, be 
inscrutable. Several technical and organizational obstacles can hinder courts 
from explaining how they operate, which obstructs the ability of litigants to 
contest such algorithmically generated evidence.16 Arguably, the inscrutability 
of these systems, whose findings can preponderantly influence a verdict, hinders 

 
12 Miriam Stankovich ‘Global toolkit on AI and the rule of law for the judiciary’ (Toolkit, 
CI/DIT/2023/AIRoL/01, 2023) UNESCO. 
13 Łukasz Grad, Katarzyna Koprowska, ‘Chapter 10 Story COMPAS: Recidivism Reloaded' in XAI Stories, 
Case Studies for eXplainable Artificial Intelligence (2020) 
<https://pbiecek.github.io/xai_stories/story-compas.html> accessed 7 November 2023. 
14 Jeremy Waldron, ‘The Rule of Law and the Importance of Procedure’ (2011) 50 Nomos 3. 
15 Mireille Hildebrandt, ‘Privacy as Protection of the Incomputable Self: From Agnostic to Agonistic 
Machine Learning’ (2019) 20 Theoretical Inquiries in Law 83. 
16 Emre Bayamlıoğlu and others (eds), Being Profiled: Cogitas Ergo Sum : 10 Years of ‘Profiling the European 
Citizen’ (Amsterdam University Press 2018); Mireille Hildebrandt, ‘Algorithmic Regulation and the 
Rule of Law’ (2018) 376 Philosophical Transactions of the Royal Society A: Mathematical, Physical 
and Engineering Sciences 20170355; Daniel McQuillan, ‘Data Science as Machinic Neoplatonism’ 
(2018) 31 Philosophy & Technology 253; Daniel McQuillan, ‘Non-Fascist AI’ in Propositions for Non-
Fascist Living, Tentative and Urgent, Maria Hlavajova and Wietske Maas (eds) (MIT Press 2019), 
‘Power, Process, and Automated Decision-Making’ (2019) 88 Fordham Law Review 613. 
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litigants from participating in their trial. Consequently, I argue that to safeguard 
contestation, litigants require a right to an explanation.17  

We can define explanations as information that aims to help a litigant to 
understand how a system came to a certain output, so that they might be better 
able to contest that output.18 In this chapter, I further expand on this definition, 
by formulating concrete epistemic grounds based on which a litigant could 
potentially contest a judicial profiling system. These epistemic grounds show 
what kind of information a litigant could reasonably need to contest a profiling 
system. This helps us to connect what the needs are of explainability for litigants, 
with the different technical and legal approaches to explainability.19 

To safeguard contestation, I argue, however, that a right to an explanation 
cannot be merely provided post-hoc, after an opaque model already has been 
developed and used. Rather, a variety of technical and organizational measures 
need to be implemented during its development process, to ensure that the 
algorithm is contestable by design.20 To this end, I discuss the need to implement 
a variety of technical of organizational measures. 

In addition, I analyze whether the current regulatory framework can safeguard 
such a right in the context of adjudication. In this regard, I discuss art. 6 of the 
European Convention on Human Rights (ECHR), the General Data Protection 

 
17 Emre Bayamlıoğlu, ‘Contesting Automated Decisions’ (2018) 4 European Data Protection Law 
Review (EDPL) 433; Claudio Sarra, ‘Put Dialectics into the Machine: Protection against Automatic-
Decision-Making through a Deeper Understanding of Contestability by Design’ (2020) 20 Global 
Jurist. 
18 Clément Henin and Daniel Le Métayer, ‘Beyond Explainability: Justifiability and Contestability of 
Algorithmic Decision Systems’ [2021] AI & Society 2; Clément Henin and Daniel Le Métayer, ‘A 
Framework to Contest and Justify Algorithmic Decisions’ (2021) 1 AI and Ethics 463. 
19 M Fink and M Finck, ‘Reasoned A(I)Dministration: Explanation Requirements in EU Law and the 
Automation of Public Administration’ (2022) 47 European Law Review 376. 
20 Marco Almada, ‘Human Intervention in Automated Decision-Making: Toward the Construction 
of Contestable Systems’, Proceedings of the Seventeenth International Conference on Artificial Intelligence 
and Law (Association for Computing Machinery 2019). 
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Regulation (GDPR),21 the Law Enforcement Directive (LED),22 and the AI Act 
(AIA),23 to see whether these laws can safeguard contestability by design, through 
a right to an explanation that requires ex-ante technical and organizational 
measures to be taken by judiciaries and the developers of profiling systems. 

In short, this chapter aims to add to the existing literature on the right to an 
explanation by providing a thorough conceptual and legal analysis of how this 
right can be applied to safeguard litigant contestation of judicial profiling 
systems. To that end, this chapter further builds upon the concept that a right to 
an explanation can enable contestation.24 It specifies how contestation is 
impacted in adjudicatory proceedings by opaque profiling systems and applies 
this analysis to different legal frameworks. Moreover, this chapter also expands 
upon the idea that the right to an explanation is not merely a procedural right 
that can only be invoked ex post.25  

This chapter also provides new perspectives to the legal-doctrinal debate on the 
right to an explanation. Currently, legal-doctrinal research on this topic has 
mostly revolved around the GDPR. 26 I will discuss, however, that different 

 
21 Regulation (EU) 2016/679 of the European Parliament and of the Council of 27 April 2016 on the 
protection of natural persons with regard to the processing of personal data and on the free movement 
of such data, and repealing Directive 95/46/EC (General Data Protection Regulation) OJL119/1. 
22 Directive (EU) 2016/680 of the European Parliament and of the Council of 27 April 2016 on the 
protection of natural persons with regard to the processing of personal data by competent authorities 
for the purposes of the prevention, investigation, detection or prosecution of criminal offences or the 
execution of criminal penalties, and on the free movement of such data, and repealing Council 
Framework Decision 2008/977/JHA (Law Enforcement Directive) OJL119/89. 
23 European Parliament legislative resolution of 13 March 2024 on the proposal for a regulation of the 
European Parliament and of the Council on laying down harmonised rules on Artificial Intelligence 
(Artificial Intelligence Act) and amending certain Union Legislative Acts (COM(2021)0206 – C9-
0146/2021 – 2021/0106(COD)) 
24 Sarra (n 17); Henrietta Lyons, Eduardo Velloso and Tim Miller, ‘Conceptualising Contestability: 
Perspectives on Contesting Algorithmic Decisions’ (2021) 5 Proceedings of the ACM on Human-
Computer Interaction 1; Emre Bayamlıoğlu, ‘The Right to Contest Automated Decisions under the 
General Data Protection Regulation: Beyond the so-Called “Right to Explanation”’ (2022) 16 
Regulation & Governance 1058; Almada (n 18); Margot E Kaminski and Jennifer M Urban, ‘The Right 
to Contest AI’ (2021) 121 Columbia Law Review 1957. 
25 Bayamlıoğlu (n 24); Almada (n 20). 
26 Lilian Edwards and Michael Veale, ‘Slave to the Algorithm? Why a Right to Explanationn Is 
Probably Not the Remedy You Are Looking For’ (2017) 18 Duke Law & Technology Review 67; 
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decision-making contexts, such as that of judicial decision-making, necessitate 
that the discussion of the right to an explanation should also include other 
relevant legal instruments, such as the right to a fair trial, the LED, and the AIA. 

2. Conceptualizing the right to an explanation 
 

Arguably, adjudicatory proceedings should provide a space where litigants can 
effectively contest all evidence and observations presented before a judge, 
enabling them to meaningfully participate in their own trial.27 However, various 
scholars have argued that contestability is harmed by the opacity and 
inscrutability of certain AI systems.28 One of the possible goals of explainability 
measures then, is to make it possible for individuals to contest such systems.29 
But how does opacity impact contestation? And how can explanations mitigate 
this impact? This section provides a conceptualization of how opacity harms the 
practice of contestation, how a right to an explanation can mitigate this opacity, 
and how we can safeguard contestation through the implementation of a variety 
of different technical and organizational measures during the development of 
profiling systems. 

 
Margot E Kaminski, ‘The Right to Explanation, Explained’ (2019) 34 Berkeley Technology Law 
Journal 189; Gianclaudio Malgieri, ‘Automated Decision-Making in the EU Member States: The 
Right to Explanation and Other “Suitable Safeguards” in the National Legislations’ (2019) 35 
Computer Law & Security Review 105327; Andrew D Selbst and Julia Powles, ‘Meaningful 
Information and the Right to Explanation’ (2017) 7 International Data Privacy Law 233; Sandra 
Wachter, Brent Mittelstadt and Luciano Floridi, ‘Why a Right to Explanation of Automated 
Decision-Making Does Not Exist in the General Data Protection Regulation’ (2017) 7 International 
Data Privacy Law 76; Sarra (n 17); Bayamlıoğlu (n 24); Paul B de Laat, ‘Algorithmic Decision-Making 
Employing Profiling: Will Trade Secrecy Protection Render the Right to Explanation Toothless?’ 
(2022) 24 Ethics and Information Technology 17. 
27 Waldron (n 14). 
28 Sarra (n 17); Almada (n 20); Bayamlioglu (n 17). 
29 Sarra (n 17); Bayamlioglu (n 17). 
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2.1 Contesting profiling systems 
Contestation, as a concept in academic and regulatory debates on AI, has seen 
many different definitions.30 For the purposes of the analysis of this chapter, we 
focus on the practice of contestation in adjudication. In this regard, Waldron 
describes contestation as the ability of the litigant to express themselves, and to 
provide their views on all evidence and observations presented in a trial.31 

Similarly, explainability has seen many conceptualizations as well, from the 
perspectives of different scholars.32 As such, what an explanation entails 
depends on a variety of different conditions, such as the person who receives the 
explanation, as well as the goal that the explanation strives toward.33 In this 
chapter, we focus on explanations that can enable a litigant to contest the output 
of judicial profiling systems. Such explanations, which aim to explain how a 
specific output of a system has been created, as opposed to how the system works 
in general, have also been called ‘subject-centric’, ‘local’, or ‘strong’ explanations.34 
In the next sections, I discuss how and why opacity hinders contestation, as well 
as on what epistemic grounds a litigant might contest the output of a profiling 
system. 

2.1.1 The contestability of profiling systems 
In the development process of profiling systems, developers often use ML 
algorithms. These algorithms rely on a range of different computer science 
techniques to analyze large amounts of data, often with the help of some kind of 
human supervisor, during its creation process. Currently, algorithms are able to 
ascertain correlations and patterns between various datapoints to produce highly 

 
30 Lyons, Velloso and Miller (n 24). 
31 Waldron (n 14). 
32 Alejandro Barredo Arrieta and others, ‘Explainable Artificial Intelligence (XAI): Concepts, 
Taxonomies, Opportunities and Challenges toward Responsible AI’ (2020) 58 Information Fusion 82; 
Tim Miller, ‘Explanation in Artificial Intelligence: Insights from the Social Sciences’ (2019) 267 
Artificial Intelligence 1; Clément Henin and Daniel Le Métayer, ‘Beyond Explainability: Justifiability 
and Contestability of Algorithmic Decision Systems’ [2021] AI & Society . 
33 Miller (n 32); Samuli Laato and others, ‘How to Explain AI Systems to End Users: A Systematic 
Literature Review and Research Agenda’ (2022) 32 Internet Research 1. 
34 de Laat (n 26); Edwards and Veale (n 26). 
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complex and powerful models that can be used in the field of law.35 There is a 
belief that by applying ML techniques to data concerning individuals, we can 
ascertain ‘ground truths’ about the nature and behavior of humans.36 However, 
the models generated by these algorithms are heavily influenced by a number of 
contestable ‘epistemic and normative presumptions’ that are embedded in it during 
its design.37 

ML developers make a number of ‘abstraction decisions’ to create a model capable 
of transforming input data into the desired output data. To this end, developers 
transform an individual’s behavior and identity into commensurable and 
quantifiable datapoints that can be easily analyzed.38 However, developers make 
a number of assumptions as to what datapoints are, or are not, of importance to 
analyze an individual.39 Subsequently, based on these assumptions, ML 
algorithms can then start to identify patterns in the training data and ascertain 
the most effective ways to transform input data on the litigant into the desired 
output data.40 However, neither these design choices, nor the patterns that the 
algorithm finds, necessarily provide an accurate reflection of the individual 
litigant’s behavior or identity. 

In such a process, much nuance can be lost regarding the particularities of an 
individual.41 Each of the abstraction choices reduces the complexity of the world, 
as well as that of the individual litigant who is being profiled, into 
representations, whose accuracy in reflecting the individual in question can be 
contested on a variety of grounds.  

 
35 Surden (n 2). 
36 McQuillan, ‘Data Science as Machinic Neoplatonism’ (n 16); McQuillan, ‘Non-Fascist AI’ (n 16). 
37 Reuben Binns, ‘Algorithmic Accountability and Public Reason’ (2018) 31 Philosophy & Technology 
543. 
38 Dan L Burk, ‘Algorithmic Legal Metrics' (2021) 96 The Notre Dame law review 1147. 
39 Hildebrandt (n 15). 
40 Karen Yeung and Adam Harkens, ‘How Do “Technical” Design Choices Made When Building 
Algorithmic Decision-Making Tools for Criminal Justice Authorities Create Constitutional 
Dangers? (Part I)’ (2023) 2023 Public Law 265. 
41 Hildebrandt (n 15); Burk (n 38); McQuillan, ‘Data Science as Machinic Neoplatonism’ (n 16). 
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2.1.2 The grounds of contestation 
In the previous paragraphs we saw that profiling systems do not offer ground 
truths about a litigant’s behavior. Rather, their analyses offer merely an 
imperfect approximation of reality that is based on certain presumptions and 
abstractions. A litigant can therefore contest whether the analysis of the system 
is accurate or not. But what information about a profiling system could then be 
provided to a litigant, that would enable contestation? What are the (epistemic) 
grounds for contestation? 

First of all, a litigant could question the parameters that the algorithm took into 
account. Are the factors that the system analyzed truly accurate representations 
of their identity? Do they present a fair picture of the litigant, or do they show 
irrelevant features that should not influence the verdict? Secondly, a litigant can 
contest the input data that the model relied upon. To this end, they might 
provide more accurate information about themselves. However, they may also 
share non-quantifiable information about themselves that the system could not 
have accounted for.42 Thirdly, the pattern and correlations that an algorithm 
found between different parameters can be contested as well by a litigant. A 
’reasonable hypothesis’ as to what patterns the algorithm found between datapoints 
should therefore be disclosed.43 Perhaps the algorithm found a connection 
between a certain characteristic of the litigant, and a predicted type of behavior. 
However, a litigant might question whether this connection relies on causation 
or correlation. Lastly, it might be the case that the parameters that were looked at, 
are indeed relevant to profile the litigant, but the system could have attached too 
much or to little weight to them in its analysis. On all of these different grounds, 
a litigant can contest a profiling system. 

2.1.3 What an explanation is (not) for 
However, when implementing a right to an explanation, we should be vigilant to 
not put the burden of remedying broken, risky, and inaccurate profiling-based 

 
42 Hildebrandt (n 15); Burk (n 38). 
43 Yeung and Harkens (n 40). 
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decision-making on a decision subject.44 Apart from any explainability 
requirements, profiling systems must be safe, accurate, and well-audited before 
their use. A right to an explanation should not be used as a form of ‘transparency 
washing’ of bad judicial profiling systems.45  

Having said that, procedural rights such as the right to an explanation still have 
their place in the regulatory toolkit for judicial profiling systems. Such rights 
enable a litigant to better engage with their trial, as litigants are now able to 
contest the profiling system in question. Safeguarding contestability and, in 
turn, the participation of a litigant should, therefore, be seen separately from the 
question of whether or not a profiling system is suitable in the first place.46 

2.2 Obstacles to explainability 
In the previous paragraphs, we saw that there are multiple grounds based on 
which a litigant could contest a profiling system. However, how can we explain 
these grounds to a litigant? There are a number of technical and organizational 
obstacles that can obstruct the process of providing an explanation. In this 
section I first discuss three main concerns in this regard: technical opacity, 
integrity concerns, and external private interests. I then discuss two main 
explainability methods: model-agnostic methods and intrinsic methods. 
Subsequently, I also outline a number of other measures that judiciaries can take 
to ensure the contestability of judicial profiling systems. 

2.2.1 Technical opacity 
There are a number of technical limits that hinder our ability to interpret how 
highly complex ML algorithms function. These can be seen as a form of ‘epistemic 

 
44 Edwards and Veale (n 26); Reuben Binns, ‘Human Judgment in Algorithmic Loops: Individual 
Justice and Automated Decision-Making’ (2022) 16 Regulation & Governance 197. 
45 M Zalnieriute, ‘“Transparency-Washing”: The Corporate Agenda of Procedural Fetishism’ (2021) 8 
39. 
46 See for a similar argument that has been made in regard to human oversight policies: Ben Green, 
‘The Flaws of Policies Requiring Human Oversight of Government Algorithms’ (2022) 45 Computer 
Law & Security Review. 
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opacity’47 or ‘epistemic constraints’48 that limit our inquiries into the models created 
by ML algorithms.49 Bayamlıoğlu delineates three main issues in this regard: the 
complexity of the model, its lack of human-interpretable patterns, and its 
adaptive and changeable nature.50 

Firstly, after the model has been created, the ‘rules’ that guide its functioning can 
be so incredible numerous, that inspection of the system becomes unpractical.51 
In part, this opacity is caused by the huge scale at which some algorithms 
currently operate.52 This is especially the case with ML techniques such as deep-
learning.53 Secondly, algorithms ascertain statistical relationships between 
parameters, which can rely on patterns that go beyond our comprehension. Such 
correlations can be non-intuitive for humans. For example, an algorithm could 
categorize the chance of recidivism as high because an inmate’s name contains 
five letters. It will be difficult then for a human to ascertain, or guess, the pattern 
that the algorithm has found.54 Lastly, some types of ML systems are adaptive in 
nature, changing their output continuously as the model improves itself. Its 
parameters may then change continuously for each case that it handles, making 
it hard to keep along for a human seeking an explanation of why the system came 

 
47 Florian Eyert, Florian Irgmaier and Lena Ulbricht, ‘Extending the Framework of Algorithmic 
Regulation. The Uber Case’ (2022) 16 Regulation & Governance 23. 
48 Thomas Wischmeyer, ‘Artificial Intelligence and Transparency: Opening the Black Box’ in Thomas 
Wischmeyer and Timo Rademacher (eds), Regulating Artificial Intelligence (Springer International 
Publishing 2020). 
49 See Bayamlıoğlu’s (n 17), for an in-depth discussion of these technical limitations. 
50 Bayamlıoğlu (n 20). 
51 Andrew D Selbst and Solon Barocas, ‘The Intuitive Appeal of Explainable Machines’ (2018) 87 
Fordham Law Review 1085, 1094. 
52 Jenna Burrell, ‘How the Machine “Thinks”: Understanding Opacity in Machine Learning 
Algorithms’ (2016) 3 Big Data & Society 2053951715622512. 
53 Rahul Iyer and others, ‘Transparency and Explanation in Deep Reinforcement Learning Neural 
Networks’ [2018] AIES '18: Proceedings of the 2018 AAAI/ACM Conference on AI, Ethics, and 
Society. 
54 Selbst and Barocas (n 51) 1129. 
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to a certain output.55 This can make it difficult to provide an explanation that 
faithfully, i.e. accurately, represents a certain logic within the system.56 

2.2.2 Integrity concerns  
Besides these technical limitations, there also exists a number of organizational 
obstacles to disclosing an explanation. In this regard, integrity concerns play an 
especially difficult role for sensitive judicial profiling systems. Concerns have 
been raised that the integrity of a system can be harmed, if its heuristics are fully 
disclosed.57 This is because people might ‘game the system’; manipulating it to 
their benefit.58 Disclosing the criteria that a judicial profiling system relies upon, 
could lead to litigants abusing such information. Litigants might namely provide 
input data about themselves that is more likely to lead to a positive output. For 
example, if a profiling system relies on the answers to a questionnaire, a litigant 
might give specific answers so that the system gives them a favorable output. This 
could then harm the objectivity and accuracy of the system, which would 
necessitate that an explanation be withheld from the litigant.  

Criminal profiling systems could, for example, rely on psychological 
questionnaires that rely on the input of the defendant. Moreover, profiling 
systems used in administrative judicial cases to help determine the eligibility for 
social benefits, might also rely on documents that a litigant would need to 
provide.59 In both these cases, explaining the specific parameters that the system 
would take into account, could risk opening up the system to manipulation by 
the litigants. 

This argument has in fact already been raised against explanation requests. In a 
case before the Court of Appeals of Amsterdam, the ride-sharing company Uber 

 
55 Karen Yeung, ‘Algorithmic Regulation: A Critical Interrogation’ (2018) 12 Regulation & governance 
505. 
56 Boris Babic and I Glenn Cohen, ‘The Algorithmic Explainability “Bait and Switch”’ [2023] 
Minnesota Law Review 857. 
57 Wischmeyer (n 48). 
58 Jane Bambauer and Tal Zarsky, ‘The Algorithm Game' (2018) 94 The Notre Dame law review 1. 
59 ‘UNESCO Guidelines Judicial AI’ (n 12). 
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argued that their fraud-risk detection system could be manipulated by their 
drivers, if an explanation was granted about its main parameters.60 

2.2.3 External private interests  
Another obstacle pertains to the fact that judiciaries can rely on models 
developed by private parties.61 These developers are often unwilling to share 
their proprietary software as they fear that this might disclose their trade secrets 
and harm their business interests.62 This was for example the case with 
COMPAS.63 Here, the proprietary nature of the system, made it difficult for 
anyone besides Northpointe, its developer, to assess how the system functioned. 
Moreover, in the past, companies have also invoked their intellectual property 
rights and trade secrets rights, to block the exercise of a right to an explanation.64 

Burrell describes these aforementioned obstacles to explainability as ‘intentional 
forms’ of opacity.65 While it might not necessarily be the case that judiciaries 
would purposefully cause the aforementioned obstacles to occur, there does 
remain a severe risk that the careless development of profiling systems might lead 
to situations where technical opacity, integrity concerns or external private 
interests hinder or block an explanation.66 In the following section, I lay down a 
number of approaches, that can help overcome the aforementioned obstacles to 
the right to an explanation. 

 
60 Uber [2023] Court of Appeals Amsterdam, ECLI:NL:GHAMS:2023:793, [3.28]. 
61 Łukasz Grad, Katarzyna Koprowska (n 15); Paul B de Laat, ‘Algorithmic Decision-Making Employing 
Profiling: Will Trade Secrecy Protection Render the Right to Explanation Toothless?’ (2022) 24 Ethics 
and Information Technology 17; Bayamlioglu (n 17). 
62 Bart Custers and Anne-Sophie Heijne, ‘The Right of Access in Automated Decision-Making: The 
Scope of Article 15(1)(h) GDPR in Theory and Practice’ (2022) 46 Computer Law & Security Review 
105727. 
63 Grad, Koprowska (n 15).; Cynthia Rudin, Caroline Wang and Beau Coker, ‘The Age of Secrecy and 
Unfairness in Recidivism Prediction’ (2020) 2 Harvard Data Science Review. 
64 Custers and Heijne (n 50); Andrew Mitchell and Lingxi Tang, ‘AI regulation and the protection of 
source code’ [2023] International Journal of Law and Information Technology; de Laat (n 49). 
65 Burrell (n 52). 
66 de Laat (n 26). 
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2.3 Explaining profiling systems 
As we saw in the previous paragraphs, providing an explanation of a profiling 
system can be hindered by a number of technical and organizational obstacles. 
There are two main types of explainability methods that can be distinguished in 
computer science literature, which could help resolve the technical opacity of 
ML models. These are intrinsic, and model-agnostic methods. In addition, there are 
also a number of organizational measures that judiciaries can take during the 
development of the system, to overcome issues related to integrity concerns and 
external private interests. 

2.3.1 Model-agnostic methods 
Within the field of interpretable ML, there exist two broad approaches to 
providing explanations: intrinsic explanations and model-agnostic explanations.67 
Intrinsic explanations aim to showcase directly how an algorithm functions by 
developing a ML model that is directly interpretable. However, what if one 
wishes to use a ML method that is highly complex, and therefore not directly 
interpretable? In such an instance, a model-agnostic method can be applied to 
such an opaque model. 

Model-agnostic methods, in short, can be applied externally to an opaque model 
to deduce information about its inner heuristics. A variety of different methods 
have been developed in this regard. One can use ‘counterfactuals’, to test and see 
what kind of input would lead to a certain output.68 Methods like LIME use 
‘surrogate models’ that mimic the opaque model while remaining directly 
interpretable. These models try to recreate the reasoning of the algorithm by 
relying on the same input and output of the opaque model. Moreover, as they do 
not need to understand the inner workings of complex models, they also do not 

 
67 Molnar (n 17). 
68 Sandra Wachter, Brent Mittelstadt and Chris Russell, ‘Counterfactual Explanations without 
Opening the Black Box: Automated Decisions and the GDPR’ (2017) 31 Harvard Journal of Law & 
Technology (Harvard JOLT) 841. 
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need to access proprietary information, circumventing the trade secrets and 
interests of external private developers.69 

Such post-hoc methods have in the past been applied to the aforementioned 
COMPAS system. Unfortunately, this has only shown limited success. Post-hoc 
explanations of profiling systems have been noted to not provide accurate or 
‘faithful’ depictions of these systems, and can sometimes be insufficient to 
reliably explain complex models such as COMPAS.70 For example, the most 
famous model-agnostic analysis of the COMPAS system has arguably been 
created by ProPublica. By using this method, researchers argued that COMPAS 
contained racial bias.71 However, this finding has been criticized by others in 
computer science literature, which shows that model-agnostic methods are not a 
fool-proof method for explainability.72 

2.3.2 Intrinsic methods 
In lieu of model-agnostic methods, we can also rely on intrinsic explainability 
methods. These methods aim to make the system directly interpretable to an 
observer of the system. However, systems such as COMPAS rely on ML methods 
that are too complex to be directly interpretable. To therefore be able to rely on 
intrinsic methods, we could for example use simpler algorithms that can easily 
be interpreted.73 In essence, this would entail developing a system that is 
contestable by design.74 That is to say, one would develop a profiling system with 

 
69 Molnar (n 17) 
70 Caroline Wang and others, ‘In Pursuit of Interpretable, Fair and Accurate Machine Learning for 
Criminal Recidivism Prediction’ (2023) 39 Journal of Quantitative Criminology; Cynthia Rudin, 
‘Stop Explaining Black Box Machine Learning Models for High Stakes Decisions and Use 
Interpretable Models Instead’ (2019) 1 Nature Machine Intelligence 206. 
71 Julia Angwin and others, ‘Machine Bias, There’s Software Used across the Country to Predict 
Future Criminals. And It’s Biased against Blacks.’ (ProPublica, 23 May 2016) 
<https://www.propublica.org/article/machine-bias-risk-assessments-in-criminal-
sentencing?token=k0PuAmvq_Xy63TS9ofcxNn6J431eO1RK> accessed 20 February 2024. 
72 Rudin, Wang and Coker (n 63); Wang and others (n 70). 
73 Molnar (n 17). 
74 Almada (n 20). 
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the goal of making it faithfully explainable, so that it can be contested by a 
litigant.  

In this regard, judiciaries could simply refuse to use complex and opaque ML 
models in the first place. Still, in some instances, opaque ML techniques can 
provide us with high quality information and pattern-recognition that is not 
always possible with intrinsically interpretable methods.75 Potentially, the 
accuracy of profiling systems could therefore be higher if we use an opaque 
method.76 However, this is not the case in every instance. Studies have shown 
that simpler and more interpretable algorithms can provide the same level of 
accuracy as opaque algorithms, such as in the case of COMPAS.77 Various 
authors have therefore argued that simple intrinsically interpretable recidivism 
prediction algorithms can produce as accurate analyses as the opaque algorithms 
used to create COMPAS.78  

2.3.3 Technical measures 
To address the issues related to technical opacity, integrity concerns, and 
external private interests, it could be warranted that developers take certain 
technical measures. These measures can be understood to include all actions 
undertaken regarding the design and creation of the system. They reflect the idea 
that judicial profiling systems should be made contestable by design.79 

These measures could include relying on intrinsically explainable models from 
the start. At the very least, such should be done for profiling systems that try to 
predict the risk for recidivism, as some have argued that there is no loss in 

 
75 Yeung and Harkens (n 40). 
76 Molnar (n 67); Bayamlıoğlu (n 24). 
77 Julia Dressel and Hany Farid, ‘The Accuracy, Fairness, and Limits of Predicting Recidivism’ (2018) 4 
Science Advances eaao5580. 
78 N Tollenaar and PGM van der Heijden, ‘Which Method Predicts Recidivism Best?: A Comparison 
of Statistical, Machine Learning and Data Mining Predictive Models’ (2013) 176 Journal of the Royal 
Statistical Society. Series A (Statistics in Society) 565; Wang and others (n 70); Rudin (n 70); Rudin, 
Wang and Coker (n 63). 
79 Almada (n 20). 
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accuracy when intrinsically explainable models are used for such systems.80 
Regarding integrity concerns and conflicts that can arise with external private 
interests, developers could also potentially choose to design the system to not 
rely on input data that can easily be manipulated or rely on private developers 
who would not hinder the disclosure of an explanation. 

2.3.4 Organizational measures 
However, if we wish to achieve contestability by design¸ we cannot rely on 
technical design measures alone. Organizational measures can also be necessary. 
These include various non-technical actions that can be undertaken by 
judiciaries, to promote the contestability of profiling systems. Such systems do 
not function in isolation after all. Rather, they are embedded in an institutional 
context where technology, power structures, and human organizations, 
intersect.81  

Organizational measures could, for example, include the requirement to log and 
register certain actions. This would include either decisions undertaken by the 
developers during the design and training process of the system, or those made 
by its human operators while using the system. This could also include 
documentation on why certain choices were made when designing the system, 
such as why the system focuses on certain parameters. Moreover, this could also 
include disclosing the input data that was chosen by the operator of the profiling 
system.82 An ‘institutional setup’ might also be created, so that the organization 
that uses the algorithm, is ready to perform the necessary supervision tasks to 
provide the explanation in question.83 Lastly, judiciaries must be wary of not 
putting unnecessary ‘social, financial, and organizational’ burdens on the litigants 
who wish to receive the explanation.84 This might for example occur when 

 
80 Rudin (n 70). 
81 Waldman (n 16); Bayamlıoğlu (n 24). 
82 Selbst and Barocas (n 51). 
83 Bayamlioglu (n 17); Tal Z Zarsky, ‘Transparent Predictions’ (2013) 2013 University of Illinois Law 
Review 1503. 
84 Aviva de Groot, Care to Explain?: A Critical Epistemic in/Justice Based Analysis of Legal Explanation 
Obligations and Ideals for ‘AI’-Infused Times. (DPhil thesis, Tilburg University, 2023) p. 170, 
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extensive or complicated bureaucratic procedures are put in place, through 
which an explanation must be requested.85 

Moreover, judiciaries could also collaborate more closely with the developers of 
the algorithm, to ensure that the profiling system can be explained to a litigant.86 
Such a collaboration could help ensure that important values such as 
contestability are safeguarded in the design of the system. In turn, this could also 
prevent judiciaries from relying on a profiling system that cannot be explained 
without harming the trade secrets of an externally involved private party or one 
that is prone to manipulation if it is explained. Still, increased collaboration 
between developers and legal professionals could perhaps require too much 
from, sometimes already overworked, judges and legal clerks.87 

Alternatively, judiciaries can include clear transparency agreements with an 
external private developer in a procurement contract.88 Through such 
endeavors, they can ensure that the developer will not hinder the disclosure of 
the inner workings of the algorithm based on their business interests. Secondly, 
such a contract could also ensure that the developer takes adequate measures to 
prevent integrity concerns from arising as well. The use of a standard set of 
contracts that is commonly used by multiple judiciaries, could moreover 
strengthen the negotiation power of such public bodies vis-à-vis private 
developers. 

3. The right to a fair trial 
 

In the previous paragraphs, I argued that, to effectively safeguard contestation, a 
litigant must receive an explanation. An explanation cannot always be assured 
post-hoc, after an opaque model has already been developed. Therefore, a right to 

 
85 Ibidem. 
86 Yeung and Harkens (n 40). 
87 ibid; Hildebrandt (n 16). 
88 Lavi M Ben Dor and Cary Coglianese, ‘Procurement as AI Governance’ (2021) 2 IEEE Transactions 
on Technology and Society 192. 
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an explanation must require that contestability is safeguarded by design, through 
different technical and organizational measures. In the next few paragraphs, I 
will analyze the case law of the European Court of Human Rights (ECtHR) on 
art. 6 ECHR to see if it contains a right to an explanation for judicial profiling 
systems that can safeguard contestation by design.89 

3.1 The adversarial principle 
In legal scholarship, academics have argued that algorithmic opacity could be in 
breach with the right to a fair trial, as it would not be in line with the adversarial 
principle.90 This principle has been formulated as ‘the opportunity for the parties to a 
criminal or civil trial to have knowledge of and comment on all evidence adduced or 
observations filed’ before the court.91 Under the scope of the adversarial principle 
fall not only documents filed by one of the litigating parties, but also the 
observations of various other persons, such as members of a national legal 
service, representatives of the administration, lower courts, or even the court 
hearing the case itself.92 

Therefore, as all evidence and observations in the hands of the courts need to be 
disclosed to the litigant during their trial, we can state that the same holds true 
for documentation about the judicial profiling system that a judge might have 
access to. This could occur, for example, if the judge knows on what grounds a 
person was profiled, what weight has been assigned to certain parameters, or how 
these parameters correlate. In other words, if the court understands on what 
grounds a profiling system assessed a litigant, it should disclose this information 
to that litigant as well. 

 
89 While in this chapter I do not engage directly with the EU Charter of Fundamental Rights 
(Charter), art. 47 Charter does provide similar protection to the right to fair trial as laid down in art. 6 
ECHR. As a result of art. 52 (3) Charter, the meaning and scope of art. 6 ECHR also applies to art. 47 
Charter. Therefore, the analysis provided in this chapter can be applied to a certain extent to art. 47 
Charter as well. 
90 Moreira (n 5); Ulenaers (n 5). 
91 Kress v France [2001] ECtHR [GC] 39594/98 [74]; Lobo Machado v Portugal [1996] ECtHR [GC] 
15764/89 [31]; Mcmichael v the United Kingdom [1995] ECtHR 16424/90 [80]; Ruiz-Mateos v Spain [1993] 
ECtHR 12952/87 [63]; Vermeulen v Belgium [1996] ECtHR [GC] 19075/91 [33]. 
92 Köksoy v Turkey [2020] ECtHR 31885/10 [34–35]. 
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However, what if no information about the internal reasoning of the system is in 
the hands of the court? What if a judge only has access to the output of the 
system, which does not disclose the grounds on which it has been generated? In 
the civil case of Yvon v. France, the ECtHR stated that the adversarial principle 
does not require a party to ‘transmit to its opponent documents which (…) have not 
been presented to the court either’.93 As a consequence of this, the disclosure of an 
explanation based on the adversarial principle would depend on whether or not 
the judge, the opposing party, or the public prosecutor are in possession of 
information about the grounds on which the litigant was profiled. In the case 
that the judge only has access to the system’s output, it is only this output that 
needs to be divulged. If a judge is merely presented with, for example, a 
recidivism risk-score, it is only this risk-score that would need to be divulged. 

This seems to be the case too, not only in civil and administrative trials, but also 
in criminal cases, as the disclosure of evidence is also similarly mandated by the 
adversarial principle in these instances.94 There is, for instance, no violation of 
the adversarial principle if the evidence in question does not form a part of the 
prosecution case, or if it was never put before the court or any other party.95  

However, the ECtHR has also ruled that the adversarial principle mandates that 
litigants should be able to ‘participate properly’ in the proceedings before them.96 
Arguably, this would only be possible when litigants are able to effectively 
contest judicial profiling systems. Therefore, there is a need to re-interpret the 
adversarial principle away from being a mere procedural duty to disclose 
documents, to a more active duty to explain and interpret such systems. 
However, as we will see in section 3.3, the technical and organizational obstacles 
that were previously discussed might hinder such an endeavor. 

 
93 Yvon v France [2003] ECtHR 44962/98 [38]. 
94 Rowe and Davis v the United Kingdom [2000] ECtHR [GC] 28901/95 [176]. 
95 Jasper v the United Kingdom [2000] ECtHR [GC] 27052/95 [55]. 
96 Devinar v Slovenia [2018] ECtHR 28621/15 [46]. 
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3.2 The right to a reasoned judgment 
The right to a fair trial also includes the obligation for judges to give sufficient 
reasons for their verdicts after the trial has concluded.97 The proper reasoning of 
a verdict serves the important function of showing parties that they have truly 
been heard, which improves the acceptance of the verdict by the litigants.98 
Although the right to a fair trial does not contain a right to appeal, it does require 
that a judge ‘must give such reasons as to enable the parties to make effective use of any 
existing right of appeal’.99 Consequently, the reasons that the judge formulates in 
their verdict, have to enable the litigant to be able to properly contest that verdict 
before a higher court. 

One could argue that, if the accuracy rate of a system is on average high enough, 
it does not matter whether or not we know on what grounds it was generated.100 
If the output of a commonly used profiling system is used by a judge in their 
verdict, they might state that the output of the system is most likely accurate, 
even though we do not know on what grounds it was generated.101 

However, such a verdict would not be based on actual reasons, but on the 
probability that the analysis of the system, and in turn also the verdict, is correct. 
Different scholars have argued that this goes against the very essence of reason-
giving in legal procedures.102 Providing reasons for a verdict entails that a judge 
must justify why the output is indeed accurate and not merely state that it is very 
likely to be accurate. To this end, the judge should disclose the grounds that the 
system relied upon. Litigants are then, as a result of such an explanation, better 
able to contest the output of the system in any appeal they might wish to file, as 
they can dispute whether these grounds are indeed justified. 

Arguably, while ECtHR case law on the right to a reasoned judgment has always 
concerned human reason-giving, it can be applied to the novel situation where a 

 
97 H v Belgium [1987] ECtHR 8950/80 [53]. 
98 Magnin c France (dec) [2012] ECtHR 26219/08 [29]. 
99 Hirvisaari v Finland [2001] ECtHR 49684/99 [30]. 
100 Yeung and Harkens (n 40). 
101 ibid. 
102 Hildebrandt (n 15); Yeung and Harkens (n 40). 
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ML-based system is generating important pieces of evidence. The ECtHR has 
namely stated that the manner in which a verdict should be justified, and what 
kinds of reasons need to be given, depend on the nature of the decision, and can 
only be ascertained in light of the specific circumstances of the case.103 
Considering the design measures we discussed in paragraph 1.3, these specific 
circumstances could for example be the availability of alternative design 
methods for the algorithm that can make the system more explainable and, 
therefore, contestable. Based on this, we can argue that a right to an explanation 
is mandated for profiling systems by the right on a reasoned judgment, as a 
litigant must be able to make ‘effective use of any existing right to appeal’. Or in other 
words, a litigant should be able to meaningfully contest a verdict that has been 
influenced by the system.104 A litigant cannot properly do this, as we explained 
earlier, if the profiling system’s criteria are not explained.  

However, the timing of the right to a reasoned judgment does provide litigants 
with a fundamental obstacle when they wish to contest a profiling system. The 
right to a reasoned judgment namely applies to the final verdict. It does not require 
that the profiling system should be explained during the trial, unlike the 
adversarial principle. This makes it only effectively possible for the litigant to 
contest a verdict that has been influenced by the profiling system during an 
appeals procedure.  

3.3 The limitations of the right to a fair trial 
But what if it was simply impossible to interpret the algorithm underpinning the 
profiling system, and therefore to provide a faithful explanation? What if the 
system that has been used was too technically complex? What if integrity 
concerns arise? Would the use of an opaque and inscrutable algorithm be in 
breach of art. 6 ECHR?  

The right to a fair trial does not generally lay down rules on whether evidence or 
observations are admissible. The weighing of evidence is a matter for the national 

 
103 Hiro Balani v Spain [1994] ECtHR 18064/91 [27]; Ruiz Torija v Spain [1994] ECtHR 18390/91 [29]. 
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court to decide on.105 Moreover, as the right to a fair trial is limited to proceedings 
‘before a tribunal’, it is generally not applicable to acts undertaken outside of that 
scope.106 It would therefore be difficult to deduce specific design requirements 
for the external private developers of judicial AI from this restricted scope. 
Moreover, various public interests can also restrict the disclosure of information 
under the right to a fair trial.107 Both the disclosure of materials during trials as 
well as in the final verdict, can be limited by such interests.108 However, the non-
disclosure of documents must be necessary and proportional, and not harm the 
essence of the right to a fair trial.109 On the other hand, if the non-disclosure 
would have no impact on the trial, the evidence and observations in question 
would also not need to be disclosed.110 

In the past, such concerns have hindered explanation requests of profiling 
systems. In the Netherlands, there was a case in which an individual wished to 
understand how a psychological evaluation system assessed their application for 
a gun permit. In this instance, the government agency using the system feared 
that people might play into the criteria that the system relied upon by altering 
their responses. Because of this, the request for an explanation about the system 
in question was denied by the judge, who ruled that art. 6 ECHR was not 
breached by the non-disclosure of the explanation.111 Consequently, integrity 
concerns might prove to be a valid exception to the right to a fair trial, and 
therefore also the right to an explanation. However, the right to a fair trial cannot 
put forward design and development requirements for profiling systems to 
prevent such situations from arising in the first place.  

Considering all of this, then, art. 6 ECHR could be potentially incapable to 
safeguard contestation by design. However, it is important to reiterate that the 

 
105 García Ruiz v Spain [1999] ECtHR [GC] 30544/96 [28]. 
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108 ibid 158. 
109 Corneschi v Romania [2022] ECtHR 21609/16 [97]; Regner v. the Czech Republic (n 107) paras 147–149. 
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adversarial principle mandates that litigants should be able to ‘participate properly’ 
in the proceedings before them.112 Moreover, the right to a reasoned judgment 
also requires that litigants should be able to effectively use ‘any existing right of 
appeal’.113 While these two requirements do not impose any direct obligations on 
external private developers to develop profiling systems to be contestable by 
design, they could be re-interpreted to require judiciaries to only rely on profiling 
systems that enable such participation. Or, in other words, to only rely on 
systems that can be contested. Indirectly, this could force judiciaries to then also 
take the appropriate technical and organizational measures to enable 
contestation by design that we discussed in section 2. However, it is important to 
note that this would require the ECtHR to let go of its past rulings that the 
weighting of evidence is a matter for national courts to decide upon alone.114 
With this change of direction then, art. 6 ECHR would arguably be quite 
expanded in its scope. 

4. Data Protection Law 
 

Another foundation for the right to an explanation can potentially be found in 
Data Protection Law. The debate on this right has mostly revolved around the 
General Data Protection Regulation (GDPR).115 In this chapter, I will also discuss 
another important legal framework in this regard: the Law Enforcement 
Directive (LED),116 and ascertain whether both of these legal frameworks can 
effectively safeguard a contestation-enabling right to an explanation. 

4.1 The General Data Protection Regulation 
In the GDPR we can find two regulatory tools that could potentially provide 
litigants with a right to an explanation. On the one hand, there is the right not to 
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be subjected to solely automated decision-making, and its related set of 
safeguards such as the right to contest, present in art. 22 GDPR. On the other 
hand, there is the right to receive meaningful information about the logic 
involved in automated decision-making, present in art. 13, 14, and 15 GDPR. 

4.1.1 Art. 22 GDPR and Recital 71 
The term ‘right to an explanation’ is not mentioned explicitly in any of the articles 
of the GDPR. To understand how we can deduce this right from the GDPR, we 
first need to explore the ban on fully automated individual decision-making, 
present in art. 22 GDPR. Art. 22 (1) GDPR contains the right ‘not to be subject to a 
decision based solely on automated processing, including profiling, which produces legal 
effects concerning him or her or similarly significantly affects him or her’. The ban of 
art. 22 (1) GDPR does not apply according to art. 22 (2) GDPR if the decision is 
necessary for the fulfilment of a contract (a), is authorized by EU or national law 
which ‘also lays down suitable measures to safeguard the data subject's rights and 
freedoms and legitimate interests’ (b), or is based on explicit consent (c). Art. 22 (3) 
GDPR formulates a set of safeguards to protect the data subject’s rights, 
freedoms, and legitimate interests, which need to be implemented when 
processing occurs under subparagraph (a) or (c). These include a set of active 
rights for the data subject that contain ‘at least the right to obtain human intervention 
on the part of the controller, to express his or her point of view and to contest the decision.’ 

The term ‘right to an explanation’ can be found in Recital 71, which states that the 
following safeguards must be implemented by the data controller when a data 
subject is subjected to solely automated decision-making: ‘specific information to 
the data subject and the right to obtain human intervention, to express his or her point of 
view, to obtain an explanation of the decision reached after such assessment and to 
challenge the decision’. There is disagreement among legal scholars, however, as to 
whether we can deduce from this a direct right to an explanation, as Recitals are 
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not directly binding legal rules, but rather aid in the interpretation of provisions 
such as art. 22 GDPR.117  

Alternatively, some scholars have argued that a right to an explanation is 
indirectly mandated by art. 22 GDPR, as it is explicitly mentioned that data 
controllers must safeguard the ‘right to contest’, in any case.118 As contestation is 
contingent on explanations, a right to an explanation is indirectly mandated 
through this provision. A basis for this view can be found in the EDPB guidelines 
on art. 22, which states that ‘the data subject will only be able to challenge a decision 
or express their view if they fully understand how, it has been made and on what basis’.119 

Assuming that there is a right to an explanation that can be deduced from a 
combined reading of art. 22 GDPR and Recital 71, there still remain some 
hindrances to applying these provisions. The scope of art. 22 GDPR is namely 
limited to ‘solely automated decision-making that produces legal or significant effects’. 
The phrase ‘legal or significant effects’ has sparked debate over its precise 
meaning.120 In any case, for the purposes of litigant contestation, this provision 
seems to be clearly applicable, as algorithms used in the administration of justice 
directly affect the legally binding verdict of a judge. 

However, an obstacle exists for the applicability of this provision in the field of 
adjudication, because of the phrase ‘solely automated decision-making’. This phrase 
entails that art. 22 GDPR applies to cases where decisions do not involve any 
human intervention. However, some have discussed whether the mere presence 
of a ‘token’ human with no decision-making power would be enough to satisfy 
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this requirement.121 In this regard, the European Data Protection Board has 
commented in their guidelines that human intervention needs to be 
‘meaningful’.122 What ‘meaningful’ entails also remains quite vague, although 
academic scholarship has formulated some requirements for how meaningful 
human intervention should be understood.123  

However, this focus on solely automated decision-making can be problematic, as 
profiling systems typically support a judge, and do not fully automate the 
decision-making process. In this regard, the recent SCHUFA ruling of the CJEU 
clarifies how art. 22 GDPR applies to profiling systems. In the SCHUFA case, the 
output of the profiling system in question held such preponderant weight that a 
decision-maker simply never differed from the conclusions made by the system. 
According to the CJEU, decision-making can be seen as solely automated if the 
human decision-maker ‘draws strongly’ on the information produced by the 
system.124  

It is, therefore, important to assess the role that the profiling system takes in court 
proceedings. It is unclear, however, whether the preponderant weight assigned 
to the output of the system in the SCHUFA case will arise in the context of 
adjudication. This is because a judge is typically free in their assessment of the 
case before them. During the implementation of COMPAS in the U.S.A, it was 
for example emphasized that the risk-recidivism score created by the system 
could always be disregarded by the judge.125 Still, in practice, concerns related to 
‘automation bias’, might lead to a situation in which a judge does not exercise 
proper human oversight over the system.126  

 
121 Riikka Koulu, ‘Proceduralizing Control and Discretion: Human Oversight in Artificial Intelligence 
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122 Article 29 Working Party (n 118). 
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Decision-Making Systems’ (2019) 11 Policy & Internet 104.  
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In any case, we find that in this instance, the GDPR only provides litigants the 
ability to contest the system if there is no proper human oversight. However, the 
mere fact that a judge oversees, or even contests, the profiling system in question, 
does not negate the need or desire of a litigant to contest the system for 
themselves. While it can be important that the judge contests and criticizes the 
system, it remains vital that outside voices are also heard, as litigants can provide 
fresh and new perspectives on the system and its output.127 Therefore, the fact 
that the profiling system does not play a preponderant role in the decision-
making process, does not negate the need for a right to an explanation. It is 
therefore questionable to what extent art. 22 GDPR can safeguard an effective 
right to an explanation for litigants. 

4.1.2 Art. 13, 14, and 15 GDPR 
We can find another basis for the right to an explanation in art. 13, 14 and 15 
GDPR. Art. 13 and 14 GDPR, respectively, set forth a notification obligation for 
data controllers to inform data subjects when data is collected from them directly 
or indirectly. Moreover, art. 15 (1) (h) provides a right of access to information that 
needs to be actively exercised by data subjects themselves. These three 
provisions oblige data processors to provide a data subject with information on 
‘the existence of automated decision-making, including profiling, referred to in Article 
22(1) and (4) and, at least in those cases, meaningful information about the logic involved, 
as well as the significance and the envisaged consequences of such processing for the data 
subject’. 

There is extensive debate as to whether or not this merely requires an ex-ante 
explanation of how the system generally works, or whether they require an ex-
post right to an explanation of the final decision.128 Without going into too much 
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detail on this debate, the current case law on art. 15 (1) (h) GDPR seems to have 
sided with the latter interpretation.129 

The question arises however, whether the right to an explanation under art. 13, 
14, and 15 GDPR, is limited to the same scope of ‘solely automated decision-making’, 
as art. 22 GDPR and Recital 71. This is because it is unclear whether the phrase 
‘at least in those cases’ refers to ‘automated decision-making including profiling’ in 
general, or specifically to the part that describes ‘Article 22 (1) and (4) GDPR’. 

The District Court of Amsterdam promotes a strict reading of art. 15 GDPR that 
limits it to cases that fall under the scope of ‘solely automated decision-making’ 
present in art. 22 GDPR.130 On the other hand, the Austrian Data Protection 
Authority, the Datenschutzbehörde, published a ruling that contains a broader 
interpretation of art. 15 GDPR. It argues that this provision includes any form of 
automated data processing, and that it is not only applicable to solely automated 
decision-making.131 The debate on the scope of art. 13, 14 and 15 GDPR therefore 
remains unresolved. 

Besides the potentially limited scope of these provisions, concerns have also been 
raised concerning whether trade secret rights could leave the right to an 
explanation ‘toothless’.132 Recital 63 states that data access rights ‘should not 
adversely affect the rights or freedoms of others, including trade secrets or intellectual 
property and in particular the copyright protecting the software’. Various authors have 
argued that this similarly applies to the right to an explanation under the 
GDPR.133 

 
129 Datenschutzbehörde (n 46); Uber, [2021], District Court of Amsterdam, 
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bij Hof Amsterdam, 4 April 2023’ (2023) Privacy & Informatie 3; District Court Amsterdam (n 135). 
131 Datenschutzbehörde (n 46). 
132 de Laat (n 26). 
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The question therefore arises as to what extent intellectual property rights and 
trade secrets can curtail the right to an explanation.134 Full disclosure of the 
source code or training data of the system, might be opposed by developers who 
do not want to give their competitors any advantages. However, both the District 
Court of Amsterdam, and the Austrian Data Protection Authority 
‘Datenschutzbehörde’, argue that the right to an explanation does not necessitate 
the full disclosure of the entire system. Rather, concrete and specific criteria 
based on which a certain output was generated needs to be disclosed. This would 
avoid harming the rights and interests of any external private partner 
involved.135 

Integrity concerns could also lead to similar issues in the provision of a right to 
an explanation, as several member states provide exceptions to the data access 
rights of art. 13, 14, and 15 GDPR, when national security might be at risk. Such 
provisions can, for example, be found in the national data protection laws of the 
Netherlands, Germany, and Belgium.136 

Be that as it may, as we discussed in paragraph 1.3, such a situation could be 
avoided altogether through the implementation of technical and organizational 
measures in the design process of the system. In this regard, it is interesting to 
note that the GDPR could necessitate that profiling systems should be made 
contestable ‘by-design’.137 Art. 25 GDPR namely requires that data controllers 
‘implement appropriate technical and organizational measures’, for the goal of 
meeting the requirements of the GDPR. Based on this, the right to an 
explanation could be seen as both an ex post procedural right, as well as a set of 
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substantive requirements that can influence the development of the profiling 
system in question. 

4.2 The Law Enforcement Directive 
The GDPR covers most processing of personal data undertaken by judiciaries. 
Nevertheless, art. 1 (2) (d) GDPR does state that the GDPR does not apply to data 
processing intended for the ‘purposes of the prevention, investigation, detection or 
prosecution of criminal offences or the execution of criminal penalties’. While certain 
profiling systems have been used in civil and administrative procedures,138 the 
most notable have been those that predict the risk for recidivism in criminal 
trials.139 

For these types of systems, the EU legislator has created a separate set of 
provisions in the LED.140 This directive, therefore, regulates criminal data 
processing undertaken by judicial bodies. It remains quite unclear, nevertheless, 
what the interplay is between the GDPR and the LED, as some Member States 
place some tasks relating to criminal prosecution under the tasks of 
administrative bodies.141  

Moreover, the LED also contains a prohibition on automated decision-making 
similar to the one present in art. 22 GDPR. Art. 11 (1) LED states that a decision 
based solely on automated processing, which produces an adverse legal effect 
concerning the data subject or significantly affects him or her, is to be prohibited, 
unless it has a legal basis in Member State or Union law. If such a basis exists, 
suitable safeguards must be implemented to protect the rights and freedoms of 
the data subject. However, the safeguards mentioned here are limited to simply 
requiring ‘human intervention’. Still, similar to Recital 71 GDPR, Recital 38 LED 
does provide a list of additional safeguards that should also be included, such as 
the ability ‘to obtain an explanation of the decision reached after such assessment or to 
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challenge the decision’. This again mimics the safeguards of the ‘right to contest’ and 
the ‘right to an explanation’ present in the GDPR. 

Moreover, this right can also be seen as both a procedural right, as well as a set of 
development requirements. Similar to art. 25 GDPR, art. 20 LED obliges that 
appropriate technical and organizational measures are implemented to fulfil the 
requirements of this directive. To this end, the right to an explanation could be 
seen as requiring that criminal profiling systems should be designed in a human-
comprehensible manner, so that the decision based on its output may be 
challenged. 

However, the right to contest is not explicitly present in the text of art. 11 LED 
itself. It only mentions the right to human intervention. Unlike with the GDPR, 
we cannot, therefore, argue that the safeguards present in art. 11 LED indirectly 
require a right to an explanation, as the right to contest is not present in art. 11 
LED at all.  

But even if we assume that a right to an explanation can be read into art. 11 LED 
solely by relying on Recital 38 LED, there still remains the issue of scope. Art. 11 
LED is after all also limited to cases of solely automated decision-making and 
would therefore not aid litigants facing profiling systems, whose output a judge 
can effectively ignore. If we assume that the analysis of art. 22 GDPR in the 
SCHUFA case could be applied to the LED mutatis mutandis, litigants faced with 
criminal profiling systems would only have a right to an explanation if the system 
would have a ‘preponderant’ influence.142 

One might then ask whether there is an alternative way to ground the right to an 
explanation in the information rights of data subjects, like in art. 13, 14 and 15 
GDPR. Unfortunately, this is not possible. In art. 13, and 14 LED various 
information rights for data subjects are formulated. Neither article mentions any 
requirement to divulge ‘meaningful information about the logic involved’, however. 
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As such, the right to an explanation is even more difficult to deduce for judicial 
profiling systems from the LED than it is from the GDPR.  

In conclusion, we can see that EU Data Protection Law, even under the broadest 
interpretations, is inadequate to safeguard contestation in the context of 
algorithm-assisted adjudication. To a certain extent, the GDPR can offer 
individuals procedural rights such as the right to an explanation.143 The LED is 
less likely to be able to do so, however. Moreover, both laws are not well-
equipped to regulate the use of technology in the administration of justice 
because of their focus on solely automated decision-making. In the next section, 
we will assess whether the AIA could provide a more sector-specific approach 
that can better cover the use of judicial profiling systems.  

 

5. The AI-Act 
 

The soon-to-be-adopted AIA is a new EU regulation that aims to regulate the 
development, deployment, and use of AI-systems.144 It does this through a 
selective risk-based approach, providing more stringent obligations for AI-
systems that present a higher risk to public health, safety, and fundamental 
rights. The AIA sets out to regulate these high-risk AI-systems through a variety 
of regulatory instruments that aim to increase and strengthen robustness, human 
oversight, and most importantly, transparency. In the following section, I discuss 
how the AIA applies to the judicial context and how it can safeguard a right to 
an explanation. I also discuss its shortcomings in light of the lessons we learned 
from the right to a fair trial and EU Data Protection Law. 

5.1 Judicial high-risk AI 
The scope of the AIA encompasses a wide array of different judicial systems. In 
this regard, Recital 28 AIA states that AI-systems can pose a danger for the rule 
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of law and fundamental rights. Judicial AI-systems are especially impactful, in 
this regard, according to Recital 61 AIA, ‘considering their potentially significant 
impact on democracy, rule of law, individual freedoms as well as the right to an effective 
remedy and to a fair trial.’  

The AIA puts forward additional requirements on systems that have a high-risk 
of harming health, safety, and fundamental rights. According to art. 6 (2) and 
Annex III (8) (a) AIA, all AI-systems that intend ‘to assist a judicial authority in 
researching and interpreting facts and the law and in applying the law to a concrete set 
of facts’ are to be classified as belonging to this high-risk tier. As a result of this 
classification, various obligations are put on the producers, providers, and users 
of judicial AI. 

Here we see a clear difference in regard to the scope of art. 22 GDPR and art. 11 
LED. The AIA is not limited to solely automated decision-making. Rather, 
assistance systems used in the administration of justice, are now also regulated 
under this new regime. This fits much better with the current use of profiling 
systems and other types of assistance technologies in the judiciary. 

However, art. 6 (3) AIA exempts AI-systems from this regime, if they do not pose 
a significant risk to health, safety, or fundamental rights by not materially 
influencing the outcome of a decision-making process. To specify the scope of 
this provision, art. 6 (3) AIA also lists a number of instances when this is the case. 
Nevertheless, this subparagraph ends by stating that all profiling systems of 
natural persons are considered to be high-risk AI. All judicial profiling systems 
are therefore considered to be high-risk under the AIA. 

Besides regulating high-risk AI-systems, the AIA also lists a number of AI-
systems that show ‘unacceptable’ levels of risk. Amongst these, art. 5 (1) (d) 
prohibits AI systems that make ‘risk assessments of natural persons in order to assess 
or predict the risk of a natural person to commit a criminal offence, based solely on the 
profiling of a natural person.’ At a first glance, this might mean that the use of 
criminal profiling systems such as COMPAS, which predict recidivism, will be 
prohibited. However, the addition of the phrase ‘solely’ brings forth a similar issue 
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to the one we noted in our discussion of the right to an explanation in EU Data 
Protection Law.  

In practice, a judge will most likely have the final say over a verdict, as they can 
always overrule the profiling system. Recital 61 even prescribes this, by stating 
that AI can support judges, but should never replace their decision-making 
power. Perhaps future case law, similar to the SCHUFA ruling,145 will interpret 
the phrase ‘solely’ as referring to profiling evidence that has a preponderant 
influence on the final verdict. This might also be the case if automation bias were 
to occur.146 However, if we interpret the phrasing ‘solely’ more narrowly, we can 
argue that profiling systems that predict the likelihood of criminal offense, in 
cases where a judge decides whether or not to release a prisoner earlier, are only 
prohibited if judges are forced to automatically make a certain decision. In all 
other instances then, profiling systems would be allowed.  

5.2 A new right to an explanation 
The AIA provides litigants with a new right to an explanation in art. 86 (1) AIA. 
Here, it says that this right encompasses any: ‘affected person subject to a decision 
which is taken by the deployer on the basis of the output from an high-risk AI system which 
produces legal effects’. Based on this text it is very likely that high-risk judicial 
systems would fall under this provision. Such systems can be considered to 
produce legal effects, as they can contribute to a legally binding verdict. 

A litigant would have the right to receive information ‘on the role of the AI system 
in the decision-making procedure, the main parameters of the decision taken and the 
related input data’. The wording of this provision is, arguably, much clearer than 
that of the GDPR and the LED. It provides specific categories of the kind of 
information that should be disclosed. The ’main parameters’ would require that a 
litigant be informed about the main criteria that the profiling system took into 
account. Such grounds can be contested, as we saw in paragraph 1.1.2, for being 
unsuitable to profile the specific litigant in question. Moreover, by knowing 
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what ‘input data’ the algorithm relied upon, the litigant can, in certain instances, 
also contest the information used about themselves for being inaccurate. 

However, this provision misses any mention of the need to disclose the weight 
of different input variables. While the parameters and input data might be 
accurate, a litigant might also wish to contest the relative importance of certain 
datapoints. In addition, there is also no mention of disclosing the relationship 
between different parameters. After all, the patterns and correlations that an 
algorithm finds between different parameters can be contested as well by a 
litigant. As was discussed in paragraph 1.1.2, a ’reasonable hypothesis’ as to the 
reasoning of the algorithm in this regard should be disclosed as well.147 While a 
specific parameter might be justified to profile a litigant, such a parameter could 
be connected by the profiling system to other characteristics of the individual 
that should not be taken into account, such as their race or ethnicity.  

The AIA also makes references to the understandability of the explanation. In 
Recital 171 AIA, it is stated that an explanation should be ‘clear and meaningful 
and should provide a basis on which the affected persons are able to exercise their rights’, 
which could necessitate that the explanation be made understandable. This 
understandability requirement is an important step forward in providing 
effective explanations that enable contestation. However, the Recital leaves 
aside the need for more individualized explanations that take into consideration 
those who are less technically literate.  

For example, on its own, full disclosure of complex technical information to a 
layperson will most likely not result in an understanding of the profiling system 
that would enable them to contest its output. Granting too much information 
might create a situation of information-overload. This would then actually 
increase the opacity of the system.148  
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Ostensibly, those who lack either the technical skill, time, or other resources, to 
process such information, can be ignored when difficult-to-understand 
technological systems mediate parts of decision-making processes.149 It is 
therefore important that the explanation is understandable from the perspective 
of the individual receiving it. To this end, explanations can for example be more 
personalized, and be adapted to the specific litigant’s level of technical literacy as 
well as their capability to understand the explanation.150 In this regard, the AIA 
lacks sufficient attention to those litigants who are less technologically literate, 
or who because of personal circumstances, temporarily are less able to function 
in complex technologically mediated decision-making processes.151  

5.3 Technical and organizational measures 
Art. 86 AIA does not mention any technical and organizational measures that 
can make judicial AI-systems be explainable and contestable by design. 
Nevertheless, art. 13 (1) AIA does require that high-risk AI-systems ‘be designed 
and developed in such a way to ensure that their operation is sufficiently transparent to 
enable deployers to interpret the system’s output and use it appropriately’. Arguably, 
this provision would have as a consequence that, if model-agnostic methods 
cannot provide a sufficient explanation of the profiling system, one should rely 
on an intrinsically explainable system, as we discussed in paragraph 1.3.2. There 
is, however, no explicit reference to art. 86 AIA in art. 13 AIA, nor is there any 
mention to develop the system to be explainable to an individual affected by the 
high-risk AI-system. Art. 13 AIA only applies to explanations given to a judge. 

Nevertheless, Recital 27 does state that transparency is understood to mean ‘that 
AI systems are developed and used in a way that allows appropriate traceability and 
explainability’, which includes duly informing ‘affected persons about their rights.’ 
The ability to explain the system to an affected person could therefore be read 
into the requirement of art. 13 AIA that the system is developed to be 
‘transparent’. Nevertheless, the wording of Recital 27 is not a completely perfect 

 
149 Sofia Ranchordas, ‘Empathy in the Digital Administrative State Automating the Administrative 
State’ (2021) 71 Duke Law Journal 1341. 
150 Laato and others (n 33); Miller (n 32); Burrell (n 52). 
151 Ranchordas (n 149). 



CHAPTER 4 
 
 

232 
 

fit for such an argument, as it does not explicitly mention giving an affected 
person an explanation of the system and its output. Rather, Recital 27 only states 
that an affected person needs to be informed about what rights they have. 

However, the judge will in any case still understand on what grounds a system 
profiled a litigant. This is because, as we just discussed, art. 13 AIA requires that 
the judge be able to understand the system’s output. Moreover, art. 14 AIA also 
prescribes that the system be designed in such a way that it can be overseen by 
the natural persons who use it. Consequently, a judge should be able to 
understand the profiling system to perform human oversight tasks. Therefore, a 
litigant might still invoke their rights under the right to a fair trial, such as the 
right to adversarial proceedings or the right to a reasoned judgment, to request 
such information. In those circumstances, a litigant might therefore still have an 
indirect right to an explanation.  

However, there is no direct requirement for the system to be designed to be 
explainable to the litigant. Issues related to integrity concerns or external private 
interests might therefore still arise. This problem is exacerbated by art. 86 (2) 
AIA. Here, a very broad and vaguely defined exception to the right to an 
explanation is formulated. It states that EU or national law may restrict the 
disclosure of an explanation. In paragraph 1.2.3, we saw that the rights of private 
external parties could hinder the disclosure of an explanation. In paragraph 2.3. 
we also saw that the right to a fair trial contains an exemption for integrity 
concerns that could arise as a result of the disclosure of an explanation. This, in 
turn, could provide a gap in the exercise of the right to an explanation, as it can 
in theory be restricted in any way that a national legislator deems fit. 

5.4 Procurement contracts 
The AIA, in short, puts forward technical explainability requirements. It lacks, 
however, requirements that would prevent issues concerning the system’s 
integrity and external private interests from arising. In this regard, more in-depth 
involvement from the judiciaries using profiling systems may resolve some of 
these issues. As we saw in paragraph 1.3.3, by being more involved in the design 
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process of the systems that they employ, judiciaries may push for more 
contestable design choices.152 Nevertheless, as we also discussed in paragraph 
1.3.3. we should not overestimate the capabilities of judges and legal clerks in this 
regard. 

Alternatively, by prescribing contestability requirements in procurement 
contracts, we could provide the necessary guidance to the external private 
developers of profiling systems.153 In this regard, the use of standard 
procurement contracts might also help strengthen the position of judiciaries to 
push for the development of contestable profiling systems.154 The European 
Commission has recently provided a draft for such a document, specifically for 
public authorities that wish to use high-risk AI-systems that have been 
developed by external private parties.155 Art. 6 of this standard contract mentions 
the requirement that both technical and organizational measures be taken to 
ensure that an explanation can be granted. This, in turn, could help promote the 
development of systems that are not only explainable to judges, but also litigants. 

6. Conclusion 
 

While ML profiling systems offer the potential to enhance judicial efficiency, 
their opacity poses challenges to litigants’ ability to contest evidence. 
Specifically, technical opacity, integrity concerns, and external private interests, 
form fundamental obstacles to the disclosure of an explanation and, 
subsequently, the exercise of contestation. The proposed solution, a right to an 
explanation, should extend beyond being a mere procedural right, requiring for 
contestability measures to be integrated into the design of these systems from the 
outset. 

 
152 Yeung and Harkens (n 40); Hildebrandt (n 15). 
153 Dor and Coglianese (n 88). 
154 ibid. 
155 Jeroen Naves, ‘Proposal for standard contractual clauses for the procurement of Artificial Intelligence (AI) 
by public organisations’ (European Commission, 2023) 
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The right to a fair trial, being primarily concerned with procedural safeguards, 
does not at first sight provide litigants effective protection, in this regard. 
However, the ECtHR can choose to re-interpret some of its core case law to 
mandate a by design approach. Moreover, the wording of the right to an 
explanation in EU Data Protection Law is currently quite vague and potentially 
ineffective in providing full protection to litigants. Nevertheless, the AIA has 
taken an important step in the right direction with its inclusion of assistive 
systems. However, some glaring loopholes remain regarding the development 
obligations for these systems. Integrity concerns and the rights and interests of 
external private parties might still become fundamental obstacles to the exercise 
of the right to an explanation. Nevertheless, judiciaries could step up to the task 
of safeguarding contestation and put forward additional transparency 
requirements on the developers of the profiling systems that they use through 
contractual safeguards.  
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1. Introduction 
Litigants enjoy a right to an explanation of judicial AI under EU law. This 
dissertation discussed how this right can enable litigants to contest such systems. 
To that end, I asked: ‘Under what conditions can a right to an explanation enable 
litigant contestation of judicial AI?’ To answer this main research question, I 
formulated three sub-questions. The first sub-question delves into the legal 
contours of the right to an explanation and asks: ‘What explainability conditions do 
due process safeguards, Data Protection Law, and AI Law, put forward, that can enable 
litigant contestation of judicial AI?’ The second sub-question aims to provide a 
normative elaboration on this legal-doctrinal analysis and asks: ‘What valuations 
of contestation arise under procedural justice theories, and how do these shape the 
conditions of the right to an explanation of judicial AI?’ Lastly, the third sub-question 
delves into the practical operationalization of these theoretical insights and asks: 
‘What technical and organizational measures need to be taken to operationalize a right 
to an explanation that can enable litigant contestation of judicial AI in light of its 
aforementioned values?’ 

In this dissertation, I focused primarily on the roles of judiciaries, judges and the 
developers they rely upon. I examined how such actors can ensure that judicial 
proceedings remain contestable for litigants in the age of AI. I explored, across 
four chapters, various laws, normative approaches, and computer science 
discussions to define the conditions that enable contestation. This conclusion 
takes up the task of weaving together these insights from their separate chapters 
into one coherent answer.  

Section 2 sets the scene by concretely answering what the conditions are of a 
contestation-safeguarding right to an explanation of judicial AI. These 
conditions are subdivided into the scope, contents, and restrictions of the right 
to an explanation.  

Sections 3, 4, and 5 provide a critical examination of these legal, normative, and 
practical conditions. In section 3 I shall show some of the limitations of the right 
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to an explanation under the GDPR and the AIA. I argue that to properly 
safeguard the contestation of judicial AI in the EU, explainability should also be 
engendered as part and parcel of the right to a fair trial. Section 4 continues this 
review by (re-)examining whether the singular litigant should be the sole recipient 
of an explanation. I take a wider look at the roles other actors can (and should) 
play in enabling contestation. Here, I also raise multiple directions for future 
research, and show how researchers that wish to enable contestation must 
consider different information flows, design practices, actors, and structural 
barriers to access to justice both in and outside the courtroom.  

Finally, this dissertation concludes in section 5 with a statement on how the 
conditions that enable contestation require a myriad of measures to be taken both 
in and outside the courtroom. However, I also stress that transparency alone is 
insufficient to combat AI-made injustice. I therefore emphasize the need for 
further scholarship on the many other regulatory tools besides the right to an 
explanation. 

2. Contours and conditions 
 

Chapter 1, ‘EU Law on Explainability and Contestability’, sets the scene with an 
extensive analysis of how the right to an explanation under the GDPR and the 
AIA has been interpreted in academic debates and case law. This chapter divides 
its analysis into the three core aspects of the right to an explanation: its scope, 
content, and balancing of restrictions.  

Regarding the GDPR, we saw how its right to an explanation is formed through 
a combined reading of art. 13, 14, 15, and 22 GDPR. Here, the right to an 
explanation only applies to solely automated decision-making that produces legal 
or significant effects for the data-subject. The contents of this right are explicitly 
guided by contestation as its ultimate goal. This also necessitates that 
explanations are understandable, as they would otherwise not be usable for the 
average data subject. This criterion excludes complex ‘mathematical’ information 



CONCLUSION 
 
 

238 
 

or any other technical details concerning the underlying algorithm.1 Under art. 
25 GDPR, certain technical and organizational measures need to be implemented 
by design. This could entail, for instance, the adoption of certain types of AI 
models or the usage of different design choices and parameters. Under art. 23 
GDPR, several restrictions can be imposed on the disclosure of an explanation 
under Union or Member State Law. But these must respect ‘the essence of the 
fundamental rights and freedoms’. Moreover, the restriction in question must be a 
‘necessary and proportionate measure in a democratic society’.2 

The AIA provides a similar right to an explanation under its art. 86. This right 
encompasses high-risk AI systems that assist a human decision-maker. However, 
art. 6 (3) AIA provides a number of exceptions to this scope when the AI system 
in question has no substantive bearing on the final decision as such, except when 
profiling occurs. The contents of this right ‘should provide a basis on which the 
affected persons are able to exercise their rights’, according to Recital 171 AIA. This 
phrasing is quite similar in this regard to the goal of contestation under the 
GDPR. Restrictions can also be imposed on this right under Union or Member 
State Law, according to art. 86 (2) AIA. However, there is no limitation in regard 
to how extensive this restriction may be (unlike under the GDPR). 

These three aspects: scope, content, and restrictions, came back in various ways 
as a red thread throughout this dissertation. And, as such, we will assess the 
conclusions of each of the chapters through their lenses.  

1.1. Scope 

Across this dissertation, a recurring issue has been the scope of the right to an 
explanation. What kind of judicial AI system should be contestable for the 
litigant? As we have seen, different scoping exercises are to be found depending 
on the legal framework. To compare the scoping exercises of these frameworks 
within different jurisdictions, chapter 2, ‘Comparative Perspectives on 
Explainability Rights and Judicial AI’, provides a table that categorizes judicial AI 

 
1 Dun & Bradstreet [2025] CJEU ECLI:EU:C:2025:117 [59]. 
2 Art. 23 (1) GDPR. 
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by function. Depending on the function, a judicial AI system will have differing 
levels of impact on the judge’s final decision. Consequently, I compared how 
these different functions of judicial AI would fall within the scope of 
explainability requirements under due process rules, Data Protection Law, and 
AI Law, in the EU, Brazil, and China.  

In this chapter, I found that due process rights can give a broad normative 
requirement for a derived right to an explanation. In the EU, these can be found 
within art. 6 ECHR and art. 47 Charter. These provisions also include a right to 
adversarial proceedings. This mandates that a litigant has the right to receive 
documents that are in the hands of the court in order to ‘participate properly’3 in 
the proceedings of the trial. This principle explicitly does not impose any 
requirement that the disclosed documents must have any substantial impact on 
the judicial decision itself.4 Consequently, it can encompass many different (and 
non-impactful) AI functionalities. 

However, the adversarial principle does not mandate a court to disclose or create 
‘documents’ that it does not have. Therefore, if no explanation has been given to 
the judge as to the functioning of the AI tool, no explanation needs to be given 
to the litigant.5 However, the question arose, in both chapters 2 and 4, whether 
litigants can indeed ‘participate properly’,6 when unexplained judicial AI systems 
have been used by a judge. This telos of the adversarial principle may therefore 
necessitate an expansion of its scope from being a mere duty to disclose evidence 
and observations, toward actively requiring courts to explain the AI systems that 
they have used.7 

 
3 Devinar v Slovenia [2018] ECtHR 28621/15 [46]. 
4 Nideröst-Huber v Switzerland [1997] ECtHR 18990/91 [27]; Ziegler v Switzerland [2002] ECtHR 33499/96 
[38]. 
5 Yvon v France [2003] ECtHR 44962/98 [38]. 
6 Devinar v. Slovenia (n 3) [46]. 
7 This not only holds true for a judicial AI system that has been used by a court, however. The 
adversarial principle, as well as the related principle of equality of arms, would also apply to AI-
generated outputs that have been filed by other parties to a trial. Future research could assess how AI-
generated outputs that have been submitted by a party to a trial, may need to be explained to the judge 
as well as other parties. 
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On the other hand, the right to a reasoned judgment under the right to a fair trial, 
provides a more broadly formulated basis for a right to an explanation. Similar 
reason-giving requirements can also be found in Brazilian Constitutional and 
Procedural Law, as well as in the different Chinese Procedural Laws we examined. 
These generally require judges to explain the role and importance of impactful 
pieces of evidence or arguments in their verdict. These requirements implicitly 
carry an expectation that a litigant should be able to understand certain impactful 
AI tools that might have been used by the judge.8  

Which systems should then (not) be explained under these requirements? Within 
these due process safeguards, there is but limited guidance as to how we should 
scope the right to an explanation. Judges must state their reasons and disclose 
relevant documents, that much is clear. But it is unclear as to what part of the 
semi-automated judicial decision-making process explanations must then be 
given. Arguably, these due process safeguards are quite broadly formulated and 
do not explicitly state what function of judicial AI systems should be explained. 

Only Brazil differentiates reason-giving requirements according to different 
judicial acts. This gives us some insights as to how a potential scoping exercise 
for the right to an explanation under due process safeguards could be formulated. 
Under Brazilian Procedural Law, for instance, judicial acts that pertain to 
scheduling hearings and archiving cases do not need to be explained. As we saw 
in chapter 2, such ‘ordinary rulings’ do not need to be further substantiated.9 This 
also indicates what type of functionalities of judicial AI need to be explained. 
Merely ancillary AI systems, that provide help with document filing, would fall 

 
8 See, for instance: art. 10 of the Brazilian Civil Procedural Code (Código de Processo Civil), Law No. 
13.105 of March 16, 2015, amended up to Law No. 15.109 of March 13, 2025. See also: art. 155 of the Chinese 
Civil Procedure Law (中华人民共和国民事诉讼法), adopted at the fourth meeting of the seventh 
National People's Congress on April 9, 1991, amended at the 28th Meeting of the Standing Committee 
of the 12th National People's Congress on June 27, 2017. 
9 See art. 203 of the Brazilian Civil Procedural Code (Código de Processo Civil), Law No. 13.105 of 
March 16, 2015, amended Law No. 15.109 of March 13, 2025. 
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outside the scope of the right to an explanation under Brazilian reason-giving 
requirements.  

Nevertheless, this requirement to not have to substantiate certain judicial acts 
under art. 203 of the Brazilian Civil Procedural Code, is not intuitively 
transferable to all of the different functions of judicial AI. This is because it does 
not refer to the many other functions that AI can perform, such as factual analysis 
or case law summarization. Rather, this provision only explicitly addresses 
procedural tasks.  

Data Protection Laws and AI regulations are, arguably, much clearer in the way 
they circumscribe the scope of their respective rights to an explanation. 
Nevertheless, the scope of the right to an explanation under the GDPR, while 
more clear in its applicability to judicial AI, is quite restricted. It only 
encompasses solely automated decision-making. It also does not cover AI-usage 
by criminal courts. For this, we need to rely on the Law Enforcement Directive 
(LED). This directive, unfortunately, lacks any explicitly formulated 
explainability rights, as I also discussed in chapters 2 and 4, leading to a legal 
lacuna. 

Nevertheless, art. 86 AIA does encompass the criminal justice domain. Still, in 
this regard, it only applies to high-risk AI. This category does encompass most 
types of judicial AI functionalities, but it is limited in point 8 (a) Annex III AIA 
to systems that ‘assist a judicial authority’. Art. 86 AI therefore only applies to 
assistive, rather than replacive, high-risk AI systems. Consequently, this means 
that replacive AI systems (such as robot judges) used in the criminal justice 
domain, would never need to be explained. However, such systems are not 
banned by the AIA either, leading to a lacuna in the scope of the right to an 
explanation, as I discussed in chapter 4. 

More restrictions on the scope of art. 86 AIA arise under art. 6 (3) AIA. Here, 
different ancillary systems are also exempted. The vague formulation of this 
provision risks providing a carte blanche when it comes to encompassing 
impactful types of judicial AI tools, such as those that perform legal or factual 
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analyses. Nonetheless, profiling systems are always considered high-risk, which I 
also extensively discussed in chapter 4. 

Restricted scoping exercises also arise regarding the Brazilian art. 20 LGPD. This 
provision, like art. 22 GDPR, only applies to solely automated decision-making. 
The most restricted appears to be the Chinese art. 24 PIPL, however. Public 
authorities have quite a lot of leeway not to disclose an explanation when the 
requirements of art. 24 PIPL interfere with their ‘statutory duties’, according to art. 
34 PIPL. 

Brazil seems to have taken the most advanced steps in regard to the regulation of 
judicial AI, specifically. Its CNJ resolution 615/2025 provides several binding 
requirements for judiciaries adopting judicial AI tools. Here, explainability is 
formulated as a design principle of AI, as a right for individuals affected by high-
risk systems, and as a governance requirement for high-risk systems. These 
encompass most of the more impactful functionalities of judicial AI, except for 
triaging systems. The proposed Bill 2338/2020 also engenders explainability and 
(separately) contestability as rights that a litigant can invoke against a number of 
different actors.  

There are two fundamental problems, however, in the way that these AI 
regulations are currently scoping the right to an explanation. These are the 
difficulty of predicting the real-life impact of judicial AI, and the issue of these 
regulations disregarding the epistemic and relational needs of litigants. 

First, both the scoping exercises of the CNJ resolution 615/2025, Bill 2338/2020 and 
the AIA, aim to predict which types of judicial AI tools are worth explaining to 
the litigant. They focus, in this regard, primarily on the impact of the AI tool on 
the final decision, as we saw in chapter 2. In art. 6 (3) AIA, we can see, for instance, 
that AI tools that have no substantive impact on the decision fall outside the 
scope of the right to an explanation. This logic was also present in the table we 
conceptualized in chapter 2, which aligned judicial AI functions according to 
their substantive impact on the verdict. Arguably, such an approach might give 
us a rough estimate as to what judicial AI systems are worth contesting. This is 
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because litigants would most likely be interested in systems that impact the final 
verdict that they are bound to follow. Seen from this perspective, litigants would 
have no interest in systems that do not directly impact them as such. However, it 
can be difficult to predict ex ante, before the judge has started using the AI tool, 
what the potential impact of a tool on the verdict might be.10 For instance, a judge 
might heavily rely on the analysis made by a profiling system, all the while 
choosing to completely ignore the verdict drafted by a generative AI system that 
automates the entirety of the judicial decision-making process. Arguably, the 
latter is much more impactful on paper as it automates higher-level functions. But 
in practice it will only minimally affect the litigant. As such, the list of high-risk 
judicial AI tools needs to be continually re-examined to see which systems 
actually matter within trials. 

However, focusing only on the impact of a judicial AI tool on the outcome of a 
trial disregards something crucial. Arguably, a scoping approach that takes the 
(epistemic) needs of litigants front and center, should focus less on this 
substantive impact of judicial AI and more on its impact on procedural justice. 
To substantiate further what this entails, we can look at the values espoused by a 
relational approach to procedural justice. For instance, if we only consider 
whether a judicial AI system is impactful on the outcome of a trial, we disregard 
the need of litigants to exercise their ‘voice’.11 It might be so that for certain 
litigants, the impact of a judicial AI system on the final verdict may be 
unimportant. Rather, they could still have their own personal concerns about the 
system in question that they would wish to express. Enabling their acts of 
contestation through an explanation could help the litigant express these 

 
10 Almada and Petit similarly criticize how the AIA conceptualizes AI-based harm of fundamental 
rights in actuarial terms, which limits the AIA’s ability to address the complex and difficult-to-predict 
harms that arise from AI. See: Marco Almada and Nicolas Petit, ‘The EU AI Act : A Medley of Product 
Safety and Fundamental Rights?’ (European University Institute 2023) Working Paper. Malgieri and 
Santos provide an alternative parameter-based approach, which could be used to assess AI’s impact 
on fundamental rights, which could also be used as a guide to scope the right to an explanation: 
Gianclaudio Malgieri and Cristiana Santos, ‘Assessing the (Severity of) Impacts on Fundamental 
Rights’ (2025) 56 Computer Law & Security Review 106113. 
11 Denise Meyerson and Catriona Mackenzie, ‘Procedural Justice and the Law’ (2018) 13 Philosophy 
Compass e12548. 
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concerns. Moreover, explaining non-impactful systems may also enhance the 
feeling of ‘trust’ of litigants, as it shows that the court has nothing to hide.  

Further normative and empirical research could then analyze how the usage of 
particular judicial AI systems impacts these relational values. And, importantly, 
such research should consider to what extent explanations might be beneficial in 
affording contestation as seen through the lens of relational procedural justice 
theory.12  

Lastly, what all these scoping exercises have so far also not considered, is the 
problem that judicial AI can transform the impact of certain judicial acts. What 
was once a mere ancillary judicial task could be changed into something more 
impactful and riskier when it is automated by judicial AI. Researching precedent 
case law, for instance, might become much more error-prone when performed 
with the help of an AI-powered search engine. These mistakes may also impact 
many a litigant when they are used en masse. Moreover, when these systems go 
beyond providing mere search results, but actually draw conclusions based on 
these precedents, they may also hamper the judge from properly assessing the 
particularities of the case at hand. Consequently, different scholars have noted 
how this may then harm equity and individualized justice, as well as case law 
evolution.13 

Such considerations challenge the scoping exercises that we assessed under due 
process rights, Data Protection Law, and AI regulation. These regimes depart 
from a fixed idea of judicial acts without much consideration for how AI can 
reshape them and alter the stakes for litigants. This is a dynamic that even AI 
regulations, specifically, do not seem to account for, or even might obstruct.14 

 
12 To illustrate how such empirical research might look like, see: Anna Fine, Shawn Marsh and Emily 
Berthelot, ‘Public Perceptions of Judges’ Use of AI Tools in Courtroom Decision-Making: An 
Examination of Legitimacy, Fairness, Trust, and Procedural Justice’ (2025) 15 Behavioral Sciences 476. 
13 Rebecca Crootof, ‘“Cyborg Justice” and the Risk of Technological-Legal Lock-In’ (2019) 119 
Columbia Law Review 233; Richard M Re and Alicia Solow-Niederman, ‘Developing Artificially 
Intelligent Justice’ (2019) 16–19 UCLA School of Law, Public Law Research Paper 48. 
14 This argument came about because of discussions I had with dr. Clara Iglesias-Keller in the process 
of writing chapter 2 during my research stay at the Weizenbaum Institute in 2024. 
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Future research is warranted to examine how specific judicial AI tools reshape 
what judicial decision-making entails, what errors might arise that would not 
have existed in the past, and what impact judicial functions might have when 
they have been automated. 

To summarize, this section formulates a partial answer to sub-question 1 as to 
what the legal requirements are of a contestation-enabling right to an 
explanation. An explicit scoping exercise is lacking under due process 
safeguards. While Data Protection Laws and AI regulation do provide more 
concrete scoping exercises, these may need to be updated as judicial AI tools may 
have more or less impact in practice than regulators envisioned. Moreover, this 
section also highlights that the scoping exercise of a right to an explanation 
should also consider the relational needs of the litigant and the ability of judicial 
AI to transform the impact of certain automated judicial tasks. 

1.2. Content 
What then is the type of information that should be disclosed to the litigant? 
Chapter 1 showed us the basic formulations as to the contents of the right to an 
explanation. Under the GDPR, litigants have a right to ‘meaningful information 
about the logic involved’ that underpins the specific output of a solely automated 
decision-making system. Under art. 86 AIA, litigants have a right to be explained 
the role of the judicial AI system in the decision-making process as well as the 
‘main elements of the decision’.  

As we saw in both the introduction and chapter 1 of this dissertation, under the 
GDPR, explanations should facilitate the contestation of a solely automated 
decision as defined in art. 22 GDPR. Similarly, Recital 171 AIA states that 
explanations should provide a basis for the decision-subject to ‘exercise their rights’. 

I argued in chapter 1 that ‘meaningful information about the logic involved’ and the 
‘main elements’ are broad categories that generally indicate similar paths for the 
explanations that litigants will receive. That is to say: explanations are 
descriptions of how particular outputs were generated by an AI system. 
Nevertheless, because art. 86 AIA has a focus on assistive rather than replacive 
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AI (as opposed to the GDPR), it adds another element to the right to an 
explanation that is missing from the GDPR’s formulation. Namely, that the 
particular role of the system in the decision-making process needs to be explained 
as well. Taken together with the ‘main elements of the decision’, art. 86 AIA hints 
toward an explanation of the way that the judge operates the system, what input 
was given by the judge, and how the judge assessed that output. In that sense, the 
focus of the right to an explanation shifts from the system’s logic underpinning 
an output under the GDPR, toward the logic of the judge’s usage of that system.  

Such an explanation of the judge’s usage of a system is especially crucial in regard 
to assistive judicial AI. The reason why a judge accepted, rejected, or amended a 
certain risk profile, legal argument, or other output, may be as important as the 
logic that underpins the functioning of the system itself. Through an explanation 
of how a judge used an AI tool, a litigant could not only contest the judicial AI 
system, but also whether the human judge correctly used the AI system and if 
they properly exercised their duty of human oversight under art. 14 AIA. 

The usability of such explanations is of key concern, however. ‘Mathematical 
formulas’ do not count as a valid explanation in the case-law of the GDPR.15 
Rather, judges should give descriptive information about the system in question 
that is understandable to the decision-subject. Similarly, in Recital 171 AIA it is 
stated that explanations should be ‘clear’, which will likely be interpreted to also 
exclude such technical information.  

A number of important technical questions on the content of the right to an 
explanation remain unaddressed in this legal-doctrinal analysis, however. In 
chapter 3, I therefore explored computer science debates on explainable AI. Here, 
I deduced three core technical questions that need to be answered to 
operationalize the right to an explanation and to define what its contents are. 
With these questions in mind, this chapter also addressed what the normative 

 
15 Dun & Bradstreet (n 1) [59]. 



 

247 
 

foundations of contestation are as the telos of explainability rights from the 
perspective of procedural justice theories. 

The first question asks whether explanations need to be general or specific. In the 
case of the latter, a number of technical issues arise. Namely, in certain instances, 
it is not feasible to provide faithful explanations of how a particular output was 
produced by black-box AI models. Faithfulness, in this regard, refers to the extent 
to which an explanation discloses the actual process through which a certain 
output gets produced in a specific instance.16 Often, however, model-agnostic 
explanations of black-box models are not faithful to how the output was actually 
made, but rather provide a post-hoc rationalization that merely approximates 
what could have happened inside the system.17 The second question asks, then, if 
and why faithfulness should be required. It is important to reiterate here that to 
provide explanations that are faithfully explainable, it can be necessary to rely on 
intrinsically interpretable models in lieu of opaque ones.18 Nevertheless, the 
adoption of such models may, in some instances, but not all, come with trade-offs. 
These include potential heightened development costs and less accurate 

 
16 Boris Babic and Glenn Cohen, ‘The Algorithmic Explainability “Bait and Switch”’ [2023] Minnesota 
Law Review 857; Akhavan Rahnama and Amir Hossein, ‘Evaluating the Faithfulness of Local Feature 
Attribution Explanations : Can We Trust Explainable AI?’ (PhD thesis), KTH Royal Institute of 
Technology; Alexander Stevens and Johannes De Smedt, ‘Explainability in Process Outcome 
Prediction: Guidelines to Obtain Interpretable and Faithful Models’ (2024) 317 European Journal of 
Operational Research 317. 
Other terms in usage that refer to similar pitfalls of explainable AI include: accuracy, sincerity, 
fidelity. See, respectively: Sina Mohseni, Niloofar Zarei and Eric D Ragan, ‘A Multidisciplinary 
Survey and Framework for Design and Evaluation of Explainable AI Systems’ (2021) 11 ACM 
Transactions on Interactive Intelligent Systems 1; Babic and Cohen; Miquel Miró-Nicolau, Antoni 
Jaume-i-Capó and Gabriel Moyà-Alcover, ‘Assessing Fidelity in XAI Post-Hoc Techniques: A 
Comparative Study with Ground Truth Explanations Datasets’ (2024) 335 Artificial Intelligence 
104179. 
17 Christoph Molnar and others, ‘General Pitfalls of Model-Agnostic Interpretation Methods 
for Machine Learning Models’ in Andreas Holzinger and others (eds), xxAI - Beyond Explainable AI: 
International Workshop, Held in Conjunction with ICML 2020, July 18, 2020, Vienna, Austria, Revised and 
Extended Papers (Springer International Publishing 2022); Babic and Cohen (n 16); Cynthia Rudin, 
‘Stop Explaining Black Box Machine Learning Models for High Stakes Decisions and Use 
Interpretable Models Instead’ (2019) 1 Nature Machine Intelligence 206. 
18 Rudin (n 17); Molnar and others (n 17). 



CONCLUSION 
 
 

248 
 

outputs.19 The last question therefore asks how we should balance such trade-
offs vis-à-vis the exercise of the right to an explanation.  

These questions are, as discussed earlier in this dissertation, not merely technical 
but deeply value-dependent. Theories of procedural justice can therefore help 
substantiate how these questions should be answered within the context of AI-
assisted adjudication. And, in turn, such an endeavor could help substantiate 
what the contents of a right to an explanation are, by first defining the purpose of 
contestation.  

This chapter first examined a utilitarian approach to procedural justice. More 
specifically, it focused on the law and economics theory of procedural justice. As 
the reader saw, such a theory reduces the value of certain procedural rights to 
their ability to help reduce the risk of errors in verdicts, while balancing this 
benefit against the rise in financial costs for judiciaries. From this perspective, we 
saw that specific explanations are only mandated when litigants are actually likely 
to contest errors produced by a judicial AI system. Moreover, such an approach 
can disregard the need for faithfulness and intrinsically interpretable models 
when they lead to accuracy trade-offs or heightened financial costs. 

Next, the rights-based approaches were examined. Particularly, I looked at 
outcome- and process-based theories. Under the outcome-based approach, I 
examined the works of Dworkin.20 Here, we saw that there is a duty to mitigate 
the risk of moral harm caused by erroneous judicial AI systems. To that end, a 
right to an explanation of specific outputs can be especially instrumental in 
showing such potential errors. Importantly, we should note that this right may 
not be traded away for financial benefits. Therefore, both the requirement of 
faithfulness and the usage of intrinsically interpretable models could be 
mandated for judiciaries. Nonetheless, if the litigant is incapable of contesting 

 
19 Andrew Bell and others, ‘It’s Just Not That Simple: An Empirical Study of the Accuracy-
Explainability Trade-off in Machine Learning for Public Policy’ 2022 ACM Conference on Fairness, 
Accountability, and Transparency (ACM 2022). 
20 Dworkin, R. (1981). Chapter 3, Principle, Policy, Procedure. In A Matter of Principle (9th print). 
Harvard Univ. Press, p. 72-103. 
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AI-made errors, or if the trade-off in accuracy is too high, faithfulness and the 
adoption of intrinsically interpretable models could nevertheless be disregarded. 
This is because a purely outcome-based approach to procedural justice does not 
see the non-instrumental value of procedural rights. It makes their provision to a 
litigant contingent on their instrumental value to reduce errors in verdicts.21 

Process-based theories, such as the dignitarian approach, are critical of the 
instrumental focus of the law and economics and Dworkinian approaches to 
procedural justice. According to dignitarians, litigants inherently have a moral 
right to participate in their trial. Despite their differences, relational procedural 
justice theory also takes on such a non-instrumental approach. It, in particular, 
stresses the intrinsic value of respectful, participatory, and caring trials. 
Explanations can play a key role in supporting such procedures, especially 
considering the potential dehumanizing and alienating effects that the adoption 
of judicial AI may have. Consequently, even if a litigant is incapable of contesting 
the errors produced by a judicial AI system (because they might lack the 
necessary technical know-how), the provision of explanations can still be 
warranted to afford them the opportunity to contest these tools.  

Nonetheless, due regard must be given to not focus solely on process values. 
Relational theory rightfully stresses the intrinsic value of certain procedural 
arrangements. But because of its preponderant focus on process values, it does 
not sufficiently stress yet the instrumental error-correcting function of 
procedures.22 Chapter 3 showed the potential danger that only caring about 

 
21 This innately valuable quality of procedural safeguards was phrased quite eloquently by Lord 
Fortescue centuries ago: ‘God himself would not condemn Adam for his transgression until he had 
called him to know what he could say in his defence … Such proceeding is agreeable to justice’. See: 
The King v Chancellor of Cambridge (1723) Court of the King's Bench. From: Denise Meyerson, 
Catriona Mackenzie and Therese MacDermott (eds), Procedural Justice and Relational Theory : 
Empirical, Philosophical, and Legal Perspectives (Taylor & Francis 2021). 
22 That is not to say that relational theory in a broader sense does not also focus on the substantive 
outcome of decision-making, or solely cares for how procedures take place with no regard to the 
substantive impact of trials. For instance, relational theory gives considerable to egalitarianism, 
feminism, and antiracism. See: Natalie Stoljar, ‘Racial Profiling as Pejorative Discrimination’ in 
Meyerson, D., Mackenzie, C. MacDermott, T. (Eds.), Procedural Justice and Relational Theory 
(Routledge 2020); Laurens Naudts, ‘The Digital Faces of Oppression and Domination: A Relational 
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litigant participation, regardless of whether AI-produced errors are addressed, 
may lead to procedural fetishism.23 If the only goal of a right to an explanation is 
that a litigant can join a judicial discourse or (empirically) experience respect, 
voice, and care, unfaithful explanations could potentially be allowed. And with 
unfaithful explanations, error after error may be produced by the judicial AI 
system, with no litigant ever being able to contest these effectively. 

Chapter 3 therefore closed with a reflection on what an AI-responsive procedural 
justice theory may itself need to look like, in order to enable contestation 
effectively. I also examined what the contents of a right to an explanation may 
look like when guided by such a theory. Arguably, a theory of procedural justice 
that is attuned to the risks posed by AI-assisted adjudication (barriers to access 
to justice, dehumanization, unequal treatment, mass-scale error),24 needs to first 
of all take into account that there is an inherent value in providing an explanation 
to a litigant. Unlike with purely outcome-based approaches to procedural justice, 
litigants still deserve an explanation, even if they are unlikely to be able to contest 
any errors produced by a judicial AI tool. Additionally, we should not forget that 
explanations must also serve the instrumental value of error-correction, to ensure 
that litigants can vindicate their substantive rights. And, to that end, a right to an 
explanation must enable a litigant to have an effective chance to find these errors 
and to contest them. 

Consequently, we saw that an adjusted version of the relational theory of 
procedural justice could provide a normative basis that considers not only the 
inherent non-instrumental value of contestation, but also the importance of 
enabling litigants to improve the outcomes of trials. From this perspective, I 
argued that an AI-responsive approach to procedural justice should consider the 
non-ideal litigant who faces obstacles to access to justice, and that it should 

 
and Egalitarian Perspective on the Data-Driven Society and Its Regulation’ The 2024 ACM 
Conference on Fairness, Accountability, and Transparency (ACM 2024). 
23 M Zalnieriute, ‘“Transparency-Washing”: The Corporate Agenda of Procedural Fetishism’ (2021) 8 
39. 
24 For a full account of these risks I refer back to chapter 3. 



 

251 
 

promote the goal of enabling such persons to effectively contest AI-produced 
errors. Taking these aspects into account then, would promote both the intrinsic 
value of contestable procedures, as well as the instrumental value of error-
correction. 

From this perspective, I argued that we should interpret the contents of the right 
to an explanation to provide a litigant with specific and faithful explanations 
based on intrinsically interpretable models. Chapter 4 provides a similar 
conclusion. Here, I discussed how a litigant might wish to contest a judicial 
profiling system. In both chapters, I argued that to enable contestation effectively, 
judiciaries must rely on intrinsically interpretable models. This is because 
unfaithful explanations do not enable the litigant to verify how the system 
actually functions. And, in turn, this might obfuscate any problematic, erring, or 
biased behaviors. 

However, we should not fall into a techno-solutionist trap and believe that the 
adoption of these types of models will be a panacea for enabling contestation 
effectively. Rather, to reiterate, we must also consider the structural barriers to 
contestation. These are the lack of epistemic, time-based, and financial capital 
that prevent litigants from effectively being able to contest judicial AI. Hence, this 
also raises the question of when and where we implement judicial AI, and who 
we expect to contest the errors produced by these systems. Will we place the 
burden of contestation on those in an already weaker procedural position, such 
as migrants and the economically disadvantaged? Or will we expect large 
companies who have the financial means to hire lawyers and computer scientists 
to bear the duty of contestation?25  

One concern remains unaddressed in these discussions on the legal frameworks 
of the EU, Brazil, and China, and procedural justice theory, however. I have 
defined the scoping exercises that differentiate between ancillary and impactful 
AI in chapter 2, and the contents of the right to an explanation in chapter 3. But 
I have not yet differentiated, on a more granular level, what explanations should 

 
25 I will further elaborate on these questions in section 4. 
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be given of particular judicial AI systems.26 This is because, under current legal 
regimes, explainability rights are harmonized under one singular requirement to 
provide an ‘explanation’. But to safeguard contestation, due regard must be given 
in regard to the qualitative differences between the various functions of judicial 
AI. For example, for an explanation of a translation tool, it might suffice for a 
judge to disclose for which texts they have used the system. For profiling systems, 
more in-depth explanations of the parameters the system relied upon can be 
warranted for a litigant to be able to contest the system’s outputs. 

In chapter 4, I aimed to provide a more concrete discussion as to what 
explanations should actually look like. To that end, I looked at profiling systems 
as a case study. Specifically, I laid down the grounds of contestation. I argued that 
a litigant could question the parameters that a profiling system took into 
account, and whether these represent them accurately. Secondly, a litigant can 
contest the input data about them that the model relied upon. In this regard, a 
litigant can also provide non-quantifiable27 information about themselves that 
the system might not be able to take into account. Lastly, the litigant can also 
contest the patterns, correlations, and weighting that an algorithm ascribed 
between different parameters. To these ends, an explanation of a profiling 
system would include what the main parameters are that the profiling tool 
looked at, the weighting of those parameters, the input data that the judge 
provided, and a ’reasonable hypothesis’ as to what patterns the algorithm found 
between datapoints.28  

 
26 Victoria Hendrickx, ‘Rethinking the Judicial Duty to State Reasons in the Age of Automation?’ 
(2025) 1 Cambridge Forum on AI: Law and Governance e26. 
27 Mireille Hildebrandt, ‘Privacy as Protection of the Incomputable Self: From Agnostic to Agonistic 
Machine Learning’ (2019) 20 Theoretical Inquiries in Law 83. 
28 Karen Yeung and Adam Harkens, ‘How Do “Technical” Design Choices Made When Building 
Algorithmic Decision-Making Tools for Criminal Justice Authorities Create Constitutional 
Dangers? (Part I)’ (2023) 2023 Public Law 265. 
It is important to note that these grounds of contestation apply specifically to profiling systems. 
Future research could then illuminate what these grounds of contestation could look like for other 
types of judicial AI functions. 
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In short, this section provides answers to sub-questions 1, 2 and 3 as it further 
substantiates the broad legal requirements that can be found in the GDPR and 
the AIA regarding the contents of right to an explanation. I argue, in short, that 
to safeguard contestation effectively from a relational perspective, a right to an 
explanation should provide specific and faithful explanations based on 
intrinsically interpretable models. This helps answer sub-question 1. I also 
highlight that there is a need for more granular guidance and research as to how 
particular judicial AI systems and functionalities should be explained, and how 
these explanations could fulfill the particular relational needs of litigants. This 
section also defines the normative values underpinning the contestation of 
judicial AI, which answers sub-question 2. Moreover, it further defines what 
technical measures judiciaries, and the third-party developers that they rely 
upon, must undertake to ensure the contestability of judicial AI, which partially 
answers sub-question 3.  

1.3. Balancing restrictions 

Judges and judiciaries could refuse to give an explanation to a litigant because of 
various reasons. Already in chapter 1, we saw that the exercise of a right to an 
explanation is not without its restrictions. Several rights and interests may be 
invoked to prevent the disclosure of explanations, such as the privacy of third 
parties, integrity and security concerns, and private business interests. Under art. 
23 GDPR, a balancing exercise is imposed that necessitates that these restrictions 
on the disclosure of explanations are necessary and proportional. Art. 86 (2) AIA, 
however, does not impose any balancing exercise. In chapter 1 and 4, I warned that 
this leaves the door open for excessive restrictions to be imposed on 
explanations. Any restriction, however minor it may be, can categorically restrict 
the contestability of judicial AI under the AIA. This would be the case even if a 
balancing exercise would show that the interests of the litigant would outweigh 
those proposed by the judiciary. Considering that the AIA has a much wider 
scope, the lower threshold of art. 86 (2) AIA will consequently affect the right to 
an explanation of most judicial AI systems.  
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Chapter 4 discussed two types of restrictions that could arise in practice by 
looking at profiling systems as a case study.29 These are, first of all, the integrity 
concerns regarding the potential abuse of an explanation by litigants who try to 
game the system. Such concerns might arise when a litigant is informed about the 
precise parameters that a system looked at. If a profiling system, for instance, 
relies on the answers to a questionnaire, a litigant might give specific answers 
that play into these parameters so that the system gives them a favorable output. 
This could then harm the objectivity and integrity of the system, which would 
necessitate an explanation to be withheld from the litigant.  

Secondly, the business interests of third-party developers can also form an obstacle 
to providing an explanation. In chapter 1 we saw that data controllers have often 
objected to the provision of explanations, as these could disclose their trade 
secrets. And, consequently, the disclosure of these trade secrets would 
disproportionally harm the competitiveness of their companies. 

I argued in chapter 4 that these issues can be prevented from arising in many 
instances, by taking adequate technical and organizational measures before these 
systems have been deployed. To that end, I also argued in chapter 4 that we must 
go beyond a mere procedural account of the right to an explanation. Rather, the 
effective operationalization of this right requires us to develop judicial profiling 
systems to be contestable by design.30  

To address integrity concerns, for instance, more robust parameters need to be 
chosen that would not be easily abused when disclosed to the litigant. Moreover, 
well thought-through procurement contracts could help prevent external private 

 
29 This chapter also discussed the obstacle of technical opacity. But this is not a restriction in the sense 
of art. 23 GDPR or art. 86 (2) AIA, which is the reason why I do not discuss it in this section of the 
conclusion. 
30 Emre Bayamlioglu, ‘Contesting Automated Decisions’ (2018) 4 European Data Protection Law 
Review (EDPL) 433; Marco Almada, ‘Human Intervention in Automated Decision-Making: Toward 
the Construction of Contestable Systems’ Proceedings of the Seventeenth International Conference on 
Artificial Intelligence and Law (Association for Computing Machinery 2019); Claudio Sarra, ‘Put 
Dialectics into the Machine: Protection against Automatic-Decision-Making through a Deeper 
Understanding of Contestability by Design’ (2020) 20 Global Jurist. 
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developers from blocking the disclosure of explanations by invoking their trade 
secrets. Through such endeavors, judiciaries can ensure that an external private 
developer will not hinder the disclosure of an explanation of the AI model. Also, 
such a contract could ensure that the developer takes adequate development 
measures to prevent integrity concerns from arising as well. The use of a standard 
set of procurement contracts shared by multiple judiciaries at once, could 
moreover strengthen the negotiation power of these public bodies vis-à-vis 
private developers. 

The question arose as to whether current legislation in the EU would be able to 
provide such a ‘by design’ approach. I argued in chapters 2 and 4 that the right to a 
fair trial under art. 6 ECHR is not well-equipped to elucidate in-depth and 
concrete design requirements for judicial AI. That is because this provision has 
traditionally been oriented at providing litigants with procedural safeguards that 
ensure the fairness of trials. As such, it is neither formulated nor interpreted in 
its case law, to mandate explicit and particular design requirements for external 
private developers, such as the usage of intrinsically interpretable models.  

Art. 25 GDPR provides a more explicit and detailed basis for a by-design 
approach. Art. 86 AIA, on the other hand, does not mandate that certain 
technical or organizational measures be adopted. This reduces the right to an 
explanation under the AIA to again being a mere procedural right, rather than 
also a design requirement. 

This is quite problematic. The AIA posits neither that restrictions be balanced 
and proportional, nor that they be prevented through the adoption of technical 
and organizational measures. Consequently, any restriction that arises under 
Union or Member State law may restrict the provision of explanations under this 
provision. One potential solution for this problem, as we discussed in chapter 4, 
can be found by interpreting art. 14 AIA together with the adversarial principle. 
Art. 14 AIA namely does impose transparency design requirements, unlike art. 86 
AIA. The former requires the provider of a high-risk AI system to take certain 
design measures to enable human oversight by the user of the high-risk AI 
system. The user must then be able to correctly interpret the outputs of the high-
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risk AI system. In the case of judicial AI, that user would be the judge. As a 
consequence of art. 14 AIA, all high-risk judicial AI systems would need to be 
explainable to the judge. And, under the adversarial principle, this information 
would then also need to be shared with the litigant, as it is in the hands of the 
court.  

Additionally, under art. 86 AIA, it is the user (i.e., the judge) who should provide 
the explanation. Consequently, the provision of explanations to decision-
subjects could be seen as part and parcel of the obligation of human oversight 
under art. 14 AIA, which needs to be enabled through appropriate development 
measures. This workaround could then still engender a by design approach for the 
right to an explanation.  

In conclusion, this last section formulates an answer to sub-questions 1 and 3. It 
formulates in what cases a right to an explanation may be restricted and to what 
extent different legal frameworks can safeguard contestation. I showed what 
particular technical and organizational measures judiciaries must undertake to 
safeguard contestation by design, in this regard. 

3. The right to a fair trial and the right to an explanation 
 

We saw in chapters 1 and 4 that the rights to an explanation under Data 
Protection Law and AI Law, are more directly formulated to address the specific 
transparency obstacles of AI when compared to due process standards such as the 
right to a fair trial under art. 6 ECHR. Regulations such as the GDPR and the 
AIA provide clearer delineations of the scope of the right to an explanation, their 
content-requirements are more explicitly focused on AI systems, and provisions 
such as art. 25 GDPR can operationalize a by design approach. 

However, these laws alone are insufficient to fully safeguard contestation in the 
judiciaries of the EU. First, the right to an explanation of judicial AI is currently 
highly fragmented and plagued by clear gaps in its application. We saw in 
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chapters 2 and 4 already that solely automated decision-making systems used by 
criminal courts, do not need to be explained at all. And, under art. 86 (2) AIA, any 
piece of legislation can easily restrict the disclosure of an explanation without 
there needing to be a balancing act to assess the necessity and proportionality of 
the restriction in question. 

To fill in these gaps left by Data Protection Law and AI Law, there is a need to also 
more strongly engender explainability rights as part and parcel of the right to a 
fair trial under art. 6 ECHR. First, this would fill in the gap left by the LED and 
the AIA, as these likely do not provide a right to an explanation for solely 
automated decision-making in the criminal justice system. Moreover, art. 6 
ECHR could also prevent excessive restrictions from being imposed on the right 
to an explanation through art. 86 (2) AIA. While art. 6 ECHR does allow for 
various restrictions to be placed on the disclosure of certain types of information 
to the litigant, these must always be balanced against the rights of the litigant. 
Moreover, these restrictions must not restrict the very essence of the right to a 
fair trial.31 Consequently, the right to a fair trial could then mandate a balancing 
exercise when restrictions are invoked regarding an explanation request.  

In short, there are clear benefits from interpreting the right to fair trial to also 
provide some kind of right to an explanation of judicial AI. However, in chapters 
2 and 4 we saw the difficulty of such an endeavor. First of all, the adversarial 
principle is considerably limited in providing a basis for a derived right to an 
explanation. This principle generally only requires the disclosure of documents 
that are already in the hands of the court.32 Under a narrow reading of this 
principle, if the court cannot faithfully explain the judicial AI system, it cannot 
be forced to do so either. This could happen, for instance, when a court relies on 
a black-box model or because they lack the knowledge and capacity to inspect and 
explain the model. Consequently, only if an explanation already exists, does the 

 
31 Regner v the Czech Republic [2017] ECtHR [GC] 35289/11 [148]. 
32 Yvon v. France (n 5) para 38. 
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court have to provide one. If that is not the case, only the outputs of the system 
that are in the hands of the court would need to be shared with the litigant.  

Comparatively, the right to a reasoned judgment provides a stronger formulation 
that could require judges to more proactively explain how their AI systems 
function, as we saw in chapters 2 and 4. But this right only applies to the 
explanation present in the final verdict. Consequently, an explanation about a 
judicial AI system based solely on the right to a reasoned judgment would only 
need to be provided after the trial has already been concluded. It would then only 
enable contestation in an appeals process.  

To safeguard contestation also during the proceedings in a first instance, the 
adversarial principle would need to be re-interpreted, as I argued in chapters 2 
and 4. One way to do so would be to emphasize the telos of the adversarial 
principle. According to ECtHR case-law, litigants must namely be able to 
‘participate properly’ in the proceedings before them.33 

To enable this goal, judiciaries must ensure that they have the required ability to 
provide explanations to the litigant. This would encompass, first and foremost, 
the need to adopt intrinsically interpretable models that would be faithfully 
explainable. We saw in chapter 3 that this ensures that litigant contestation is 
actually effective in addressing the mistakes produced by a judicial AI system. 
Additionally, such a requirement would also ensure relational procedural justice 
as it enables litigants to participate in their trial as dignified, respected, and equal 
socio-relational beings.  

Requiring faithfulness through the adoption of intrinsically interpretable 
models, would require a by design approach. To instill such an approach within 
the restrictive scope of art. 6 ECHR is difficult. We saw in chapters 2 and 4 that 
this provision primarily focuses on the proceedings ‘before a tribunal’, which 
makes it (in principle) inapplicable to private third parties such as external AI 

 
33 Devinar v. Slovenia (n 3) para 46. 
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developers.34 Nevertheless, it can be argued that instead of mandating explicit 
design standards for these parties, judiciaries could generally be obliged by art. 6 
ECHR to adopt models that enable a litigant to ‘participate properly’. 
Consequently, the usage of not faithfully explainable AI models,35 would violate 
this principle and therefore implicitly carry the expectation that judiciaries adopt 
and develop systems that are contestable by design. 

In short, this section stressed the need to expand the current readings of the 
adversarial principle. While in-depth design requirements might not fit within 
the contours of art. 6 ECHR, the ECtHR could rule the usage of opaque and 
inscrutable black-box judicial AI systems incompatible with the adversarial 
principle, specifically, and the right to a fair trial more broadly. With this in mind, 
the right to a fair trial could more adequately provide a contestation-safeguarding 
right to an explanation of judicial AI.36 

4. Enabling contestation beyond the individual litigant 
 

This dissertation discussed what the conditions are, and should be, of a right to 
an explanation that can enable litigant contestation of judicial AI. I focused in 
this regard, primarily, on the individual litigant and their role within their trial. 
The litigant could, through acts of contestation, vindicate not only the 
correctness of the verdict, but also assert their dignity by participating in their 

 
34 The Mantovanelli case provides an exception in this regard. If the evidence provided by a third-
party (such as an expert) has a preponderant influence on the outcome of a trial, the documents that 
underpin that evidence may need to be disclosed to the litigants. See: Mantovanelli v France [1997] 
ECtHR 21497/93. 
35 The same can hold true for systems whose usage might lead to them not being explained because of 
integrity concerns or the fact that a private external developer has invoked their trade secrets or other 
interests to block the provision of an explanation. 
36 Another option would be to take the right to an effective remedy into account when considering 
the usage of opaque judicial AI tools. Already, the CJEU has ruled in the PNR judgment that black-
box AI systems could violate the right to an effective remedy under art. 47 Charter. This ruling could 
be extended more widely, however, as art. 47 Charter combines the right to an effective remedy 
together with the right to a fair trial. See: Ligue des droits humains ASBL v Conseil des ministres [2022], 
CJEU, ECLI:EU:C:2022:491, Case C-817/19. 
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trial. And through this endeavor, they would receive the respect that they are due 
from the judge and perhaps even society at large.37 

Arguably, explanations can indeed showcase AI-made injustice, allowing it to be 
contested by the litigant. But what if such a process effectuates little substantively? 
What if the explanation is not faithful? Being explained, perhaps falsely, that the 
AI system is good, trustworthy, and accurate, might then indeed be a mere 
‘procedural sedative’.38 

In chapter 3 I argued in favor of faithful explanations and described why 
judiciaries needed to rely on intrinsically interpretable AI models. Nevertheless, 
these technical design standards are not a panacea. Arguably, as I also showed in 
chapter 3 and section 1.2 of this conclusion, the burden of contesting judicial AI 
should not be put solely on the shoulders of the weakest among us. While a 
litigant may be a dignified human being who deserves to be able to contest judicial 
AI systems, they are not always able to do so.  

In that regard, I criticized the dignitarian view on the ideal rational litigant who 
is able to always participate in AI-assisted legal proceedings. Rather, from a 
relational perspective, we should also consider the immigrant faced with 
deportation, because of faulty AI evidence tools.39 The underaged defendant, 
who is considered high-risk for recidivism solely because of the fact that he is 
male.40 Or a non-native speaker, who receives simplified verdicts from LLM-
based chatbots that they might better understand, but which will also misinform 

 
37 From a relational perspective, as we discussed in chapter 3, legal procedures communicate not only 
respect from the judge themselves. Rather, they also transfer to the litigant the idea that they are a 
person worthy of being listened to, an individual who is our socio-relational equal. Legal procedures 
therefore function as a medium to communicate the sense of self-worth that a litigant has vis-à-vis 
society at large. 
38 Ljubiša Metikoš, ‘A Procedural Sedative: The GDPR’s Right to an Explanation’ (2025) 18 & 19 Data, 
Cybersecurity & Privacy 24. 
39 Francesca Palmiotto, ‘Procedural Fairness in Automated Asylum Procedures: Fundamental Rights 
for Fundamental Challenges’ (2024) 55 Computer Law & Security Review 106065. 
40 Sjoerd Hartholt, ‘Voorspellend algoritme voor criminele jongeren blijkt onbetrouwbaar’ (IBestuur, 
20 January 2025) <https://ibestuur.nl/data-en-ai/toepassingen/voorspellend-algoritme-voor-
criminele-jongeren-blijkt> accessed 10 December 2025. 
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or even manipulate them.41 Adjudication therefore takes place in in a society. A 
society where litigants are tired and overburdened. A society where judicial AI is 
not always used to uplift people, but to surveil, classify and manipulate them, as 
the previous examples illustrate.  

And in that regard, there are still questions left to answer as to what the financial, 
epistemic, and time-based capitals are that litigants need to be able to contest 
judicial AI. Of course, a right to an explanation plays a significant role in 
effectuating contestation, that much is clear. But a litigant may not have the time 
or skills to engage with such information. One important future research 
question that can then be raised is: how can litigants be supported to enable their 
contestation of judicial AI? 

Arguably, a research framework which aims to further examine the structural 
obstacles that hinder contestation, must also consider the many other actors that 
play a crucial supporting role for the litigant. Those being: lawyers, computer 
scientists, NGOs, judges, and judiciaries. 

First and foremost, we have the lawyer as the main actor advocating for the 
interests of the litigant. Moreover, we also have collective mobilization 
organizations and other types of NGOs that can play an important role in the 
support-network of litigants, especially in regard to opaque AI systems that affect 
a wide number of citizens. In this regard, they can provide a network to 
crowdsource insights from multiple litigants, provide access to expert knowledge, 
or provide other forms of financial and epistemic support.42 Computer scientists 
may also provide help to litigants and lawyers through such avenues, providing 
additional technical skills that both may lack. 

Because of these potential support networks, we can question whether 
explanations must always be understandable to the data subject.43 As a 

 
41 Nils Freyer, Hendrik Kempt and Lars Klöser, ‘Easy-Read and Large Language Models: On the 
Ethical Dimensions of LLM-Based Text Simplification’ (2024) 26 Ethics and Information Technology 
1. 
42 Naudts (n 22). 
43 Dun & Bradstreet (n 1) [59]. 
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consequence of the GDPR’s understandability requirement, the CJEU has 
namely ruled that ‘mathematical formulas’ or other technical information about 
the underlying algorithm of an AI model, are insufficient to fulfill the right to an 
explanation.44 Art. 86 AIA does not expand on this scope either, as it too merely 
encompasses the ‘main elements’ of the decision and the way the AI system has 
been used.  

Consequently, contestation is not seen from the perspective of a computer 
scientist, who wishes to critique the quality of a training dataset, or the weighting 
of certain parameters. Rather, explanations are meant for the litigant who lacks 
such knowledge. It aims to enable the lay person, who does not necessarily have 
much in-depth knowledge about AI, to participate in a decision-making process. 
Providing access to the whole AI model or its training dataset could then perhaps 
be harmful to enabling effective contestation for most litigants. They would be 
overwhelmed by such overly complex information and would not be able to 
utilize it. And, in turn, this would also be harmful to both the instrumental value 
of error-correction and the non-instrumental value of participation. 

Hence, the question arises as to how the right to an explanation should be 
understood when a litigant is supported by a lawyer, an NGO, or a computer 
scientist. Further research can be done on what the informational needs are then 
of not only the individual lay litigant, but also the professionals that support 
them. What kind of explanations do lawyers, for instance, need? What is their 
role when judicial AI is used? Should they have the same level, or type, of 
expertise of computer scientists? Or can they perhaps be supported by computer 
scientists? Through what avenues can computer scientists provide such support? 
And what information and insights could be shared with NGOs and the broader 
public to effectuate contestation?45 

In this regard, it should also be noted that various other types of information 
must be shared with actors besides the litigant. For instance, providers of high-

 
44 ibid. 
45 Naudts (n 22). 
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risk AI are required to draw up technical documentation about their systems 
under art. 11 AIA. This includes a plethora of valuable information as to how the 
system functions, how it is maintained, and what technical measures have been 
taken to enable the interpretation of the system by its deployers, according to 
Annex IV AIA. Arguably, such information could be quite valuable for litigants 
and the actors that support them, when they wish to contest the (general) 
reliability and accuracy of a judicial AI system. However, under art. 18 AIA, such 
information is only shared with competent supervisory authorities. One further 
research question would then be whether litigants, or the lawyers representing 
them, could receive this information as well. Moreover, this also raises the 
question to what extent such information would be considered confidential by 
external developers. We saw in chapter 1 that there is an often cited fear in the 
GDPR’s case law that trade secrets might be violated when explanations are 
disclosed to data subjects. The question then arises whether such kinds of 
explanations can (or should) be disclosed for private scrutiny with authorized 
lawyers.46 

Besides lawyers, NGOs, and computer scientists, we of course have the judiciary 
and the judge, who bear the responsibility of providing explanations and 
choosing to use contestable AI models. In this regard, art. 14 AIA plays a crucial 
function. Under this provision, several types of information must be made 
available by the provider of the high-risk AI system, to enable the user of that 
system to exercise appropriate human oversight. That user being, in the case of 
this dissertation, the judge operating the judicial AI system.  

Part of these duties of the judge are to explain the system to the litigant, according 
to art. 86 AIA. But future research could assess what the informational needs are 
of the judge, as a user, to be able to explain the judicial AI tools that they have 
used, as well as how judicial AI should be designed to that end. Chapter 4 
explored the obligations of judiciaries to adopt contestable judicial AI systems by 
design through the adoption of certain technical and organizational measures. 

 
46 For instance, art. 22 (3) of the Dutch Civil Procedural Code allows judges to rule that only authorized 
lawyers, and not the litigant themselves, may access certain case documents if they reveal trade secrets. 
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And through such endeavors, explanations could be provided to litigants 
without raising integrity concerns or the fear that trade secrets might be violated. 
Future research could, however, also assess how the user-interface of judicial AI 
might be shaped to enable judges to explain these systems. Or how organizational 
measures could be taken to help train judges to interpret and explain judicial AI 
systems’ outputs through, for instance, AI literacy initiatives.47 

Still, questions remain as to who is responsible for implementing technical design 
measures. Potentially, judiciaries could develop their own proprietary AI models. 
However, considering this would require significant expertise and financial 
investments, it is more likely that judiciaries will rely on external private 
developers.48 In chapter 4 I raised the argument that judiciaries must, therefore, 
draft strong contractual safeguards when engaging with these parties to ensure 
the contestability of judicial AI systems. Future research could help shape the 
contours of such contractual safeguards, as well as assess the interesting dynamic 
that arises when judiciaries have to rely on the rights they can derive from a 
private contract to safeguard the exercise of procedural rights that litigants enjoy 
under Public Law. 

In short, beyond the individual litigant, there are many actors that play important 
roles in enabling contestation. Future research could illuminate the ways in 
which contestation is enabled by these actors, their interdependence on each 
other, and the potential of ‘crowdsourcing’49 their efforts into new forms of 
enabling contestation of judicial AI. In this regard, there are also several different 
information flows that could be relevant for either the litigant, their lawyer, 
NGOs, computer scientists, and other relevant actors. This raises a number of 
relevant questions. What kind of information do computer scientists, for 
instance, need to inspect judicial AI systems? How could they support, through 

 
47 Hendrickx (n 22). 
48 See for a discussion regarding the development of judicial AI and the relationship between 
judiciaries and the developers of such systems: Marc de Werd, ‘Zoeken naar de Poolster, Over het gebruik 
van AI-technologie door rechters’, 2024 Nederlands Juristen Blad 1015. 
49 Tal Z Zarsky, ‘Transparent Predictions’ (2013) University of Illinois Law Review 1503. 



 

265 
 

the networks provided by NGOs or through individual lawyers, litigants wishing 
to contest judicial AI systems? What information do judges receive that they can, 
or cannot, share with these actors and with litigants? And how can all these 
different actors, collectively or alone, reduce the barriers to access to justice in a 
digitized judicial system? How can they provide those epistemic, financial, and 
time-based capitals that litigants need to contest judicial AI? 

5. The last safeguard 
 

Conclusively, the conditions for a right to an explanation to effectuate 
contestation, extend both in and outside the courtroom. I discussed in this 
dissertation the difficulty of faithfully explaining black-box models, the 
restrictions that external private interests and integrity concerns may impose, 
and the structural lack of epistemic, financial, and time-based capital that blocks 
litigants from enjoying access to justice. My argument then has been that the 
effectuation of contestation relies fundamentally on judges and judiciaries to 
develop, deploy, use, and scrutinize judicial AI in a way that enables contestation 
by design. Besides their crucial role, however, we should not forget that lawyers, 
NGOs, and computer scientists can help support the litigant in their efforts to 
contest judicial AI as well. 

Understanding all of these endeavors as conditions for the right to an 
explanation to enable contestation, transforms this right into something more 
than the mere provision of information. Rather, to enable contestation, we must 
address many different actors, information flows, design-practices, and structural 
barriers to access to justice in and outside the courtroom. Transparency alone 
then, is not enough. As I argued in chapter 4, we should not have a mere 
procedural understanding of the right to an explanation, as a right that simply 
requires the disclosure of certain documents. Rather, the right to an explanation 
should be understood as requiring a plethora of substantive measures to be taken 
to enable contestation by design. 
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It is also important to reiterate here that even this broader reading of the right to 
an explanation will not be a panacea for all of the potential risks that judicial AI 
may pose for litigants. Many a lawyer has heard of the idiom that litigants must 
‘see justice done.’50 It comes from a famous English Common Law case, referring to 
important procedural principles of transparency. But talking about ‘justice’ in a 
dissertation about procedural rights, might be a misnomer to a more critically 
minded reader.51  

To see injustice, of course, does not mean that injustice shall be vindicated. As 
such, my dissertation sketches the very edges of what the administration of 
justice should look like in the age of AI. The ability to contest, and its supporting 
right to an explanation, are the very last procedural protections individuals may 
have to vindicate their substantive rights and to ensure that justice is done. But I 
hope that the reader will realize that these safeguards are but one of many 
regulatory measures that are needed. I hope to convey that design measures, 
proper training datasets, audits, human oversight, and even outright bans, are all 
part of the wider regulatory toolkit for judicial AI. 

My dissertation is therefore part of a wider academic debate on how AI should 
(not) be used in the administration of justice. Reading this work in isolation from 
that debate, risks justifying the unjustifiable usage of certain types of AI tools. 
Therefore, after having read this work, I hope to impart this message to you, the 
reader: 

 
50 While in its original form, the case this quote comes from discusses the semblance of bias and 
partiality, it has grown in English Common Law to be connected to the ‘principles of transparency and 
openness of the administration of justice.’ See: Chris Smith, ‘Speech by Mr Justice Cobb: “Justice Must Be 
Seen to Be Done”’ (Courts and Tribunals Judiciary, 16 October 2024) 
<https://www.judiciary.uk/speech-by-mr-justice-cobb-justice-must-be-seen-to-be-done/> accessed 
14 July 2025. 
51 See for instance how scholars like Edwards and Veale criticize the inability of a right to an 
explanation to truly tackle algorithmic harms and that it might even lead to a ‘transparency fallacy’, as 
we discussed in chapter 3: Lilian Edwards and Michael Veale, ‘Slave to the Algorithm? Why a Right 
to Explanation Is Probably Not the Remedy You Are Looking For’ (2017) 18 Duke Law & Technology 
Review 67. 
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Before we can see justice done, justice actually has to be done.
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ANNEX A 
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Chapter 1 was based on ‘The Right to an Explanation in Practice: Insights from Case 
Law for the GDPR and the AIA’, Law, Innovation & Technology (2025) Volume 17, 
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Ljubiša Metikoš conceptualized the paper and the methodology. The collecting 
of cases was in part done through an analysis of the case law register of 
GDPRhub.org, which is formed by anonymous ‘wiki’ contributors. Ljubiša 
Metikoš wrote the introduction, conclusion, and the analysis regarding the 
‘scope’ and ‘content’ of the right to an explanation. Jef Ausloos wrote the section 
on the ‘balancing act’ of the right to an explanation, which was edited and 
expanded upon by Ljubiša Metikoš. 

Chapter 2 was based on ‘Comparing the Right to an Explanation of Judicial AI by 
Function; Studies on the EU, Brazil, and China’, Computer Law & Security Review 
(2026), Volume 61. It was authored by Ljubiša Metikoš, Clara Iglesias-Keller, 
Cong-rui Qiao, and Natali Helberger. 

Ljubiša Metikoš conceptualized the paper and the methodology. He wrote the 
conceptual framework. Sections here were edited and rewritten by Clara Iglesias-
Keller. Ljubiša Metikoš also wrote the introduction, the EU case study, the 
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case study and Cong-rui Qiao wrote the Chinese case study. Ljubiša Metikoš 
rewrote parts across all case studies and gave feedback. Natali Helberger 
contributed to the approach and conceptualization, gave detailed feedback and 
editing suggestions for the overall paper, and had extensive discussions with 
Ljubiša Metikoš on the EU section.  

Chapter 3 was based on ‘Procedural Justice and Judicial AI: Substantiating 
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Relations (2025) Volume 3, Issue 1. It was authored by Ljubiša Metikoš and Iris van 
Domselaar. 

Ljubiša Metikoš conceptualized and authored the paper. Iris van Domselaar 
contributed to the normative conceptual framework of the paper, provided 
substantial feedback on various aspects of the paper, primarily regarding the 
procedural justice part. She also provided editing suggestions and had in-depth 
discussions with Ljubiša Metikoš on the paper.  

Chapter 4 was based on ‘Explaining and Contesting Judicial Profiling Systems: Beyond 
a Procedural Right to an Explanation’, Technology & Regulation, Volume 2024. 
This paper was solo-authored.  
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SUMMARY 
 

This dissertation discusses how a right to an explanation of judicial AI could 
enable litigants to contest the various AI systems that support judges in the 
administration of justice.  

Specifically, it asks under what conditions a right to an explanation can enable 
litigant contestation of judicial AI systems. To that end, I define the scope, 
content, and restrictions of such a right. These conditions are ascertained 
through a legal-doctrinal analysis of due process safeguards, Data Protection Law, 
and AI Law in the EU, Brazil, and China. This dissertation also further 
substantiates these conditions in light of four distinct theories of procedural 
justice. Concretely, I discuss what these theories would substantively require 
from the right to an explanation of judicial AI. This includes analyses of 
utilitarian, rights-based (including a dignitarian and a Dworkinian approach), and 
relational approaches to procedural justice. Lastly, several technical and 
organizational obstacles are also defined that could hinder the operationalization 
of the right to an explanation. Specifically, I discuss the difficulty of faithfully 
explaining the behavior of black-box AI models, integrity and safety concerns, 
and the potential violation of trade secrets and other business interests of 
external developers. This dissertation, therefore, proposes several technical and 
organizational measures that judiciaries should adopt to address these obstacles. 
In that regard, I stress that judicial AI should be explainable and contestable by 
design. 

Chapter 1 discusses how individuals, generally, have a right to an explanation 
about certain AI systems under the General Data Protection Regulation (GDPR) 
and the AI Act (AIA). First, I discuss how different provisions of the GDPR have 
been interpreted together by the Court of Justice of the EU (CJEU) to give data 
subjects a right to meaningful and understandable information about the logic 
involved in solely automated decision-making that has legal or significant effects. 
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Secondly, under art. 86 AIA, people who have been subjected to a decision that 
has been informed by high-risk AI systems, have a right to an explanation of the 
main elements of that decision and how the system has been used by the decision-
maker. Art. 22 GDPR prescribes that an explanation must enable data-subjects to 
contest solely automated-decisions. Recital 171 AIA states a similar goal, as it 
requires that explanations must enable affected persons to exercise their rights.  

Chapter 2 applies this concept of a right to an explanation that can enable 
individuals to contest AI, to the courtroom. It compares how due process 
standards, Data Protection Law, and AI Law provide, to different extents, a right 
to an explanation of judicial AI in the EU, Brazil, and China. This chapter also 
provides a typology of the different functions that a judicial AI tool can perform. 
In particular, I ask which functionalities of judicial AI would fall under the scope 
of the right to an explanation in these different jurisdictions.  

Moreover, I also analyze to what extent these different legal frameworks require 
judicial AI to be contestable by design. This would necessitate that certain 
technical and organizational measures be taken that make it possible to provide 
explanations in the first place. I further elaborate on what these measures entail 
in chapters 3 and 4.  

In the EU, citizens are afforded a right to a fair trial under art. 6 of the European 
Convention of Human Rights (ECHR) and art. 47 of the Charter of Fundamental 
Rights of the European Union (Charter). These provisions provide litigants with 
a right to adversarial proceedings. This entails that litigants have the right to 
receive documents that are in the court's possession. This current formulation of 
the adversarial principle only provides a limited ground for a derived right to an 
explanation, however. It is mainly a procedural requirement that obliges judges 
to share documents that they have access to. Consequently, if a judge does not 
have any documents that explain the AI system, they also would not need to share 
them with the litigant.  

Under the right to a fair trial, litigants also have a right to a reasoned judgment. 
Unlike the adversarial principle, this does not merely entail an obligation to share 
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documents with the litigant. Rather, it would also require a judge to proactively 
interpret and explain the judicial AI systems that they relied upon. However, the 
right to a reasoned judgment only applies to the final verdict, which would mean 
that no explanation would need to be shared with the litigant during their trial. 
Only after the trial has already concluded would they receive an explanation. To 
address this lacuna, I argued that the stated goal of the adversarial principle, 
which is to enable litigants to participate properly in the proceedings before 
them, necessitates a re-interpretation of the current case law. Consequently, I 
argue that the adversarial principle should mandate that judges proactively 
explain the AI systems that they use. However, to ensure judges can interpret 
these systems, judiciaries would need to safeguard the contestation of judicial AI 
by design. I further elaborate on this argument in chapter 4. 

The question remains, however, which judicial AI systems would then need to be 
explained. Judicial AI can perform many different functions. Not all of these will 
substantially impact, or be of interest to, the litigant. Explaining every AI system 
in use could lead to information-overload. Moreover, it could also impose a 
disproportionate organizational and financial burden on judiciaries. 
Problematically, the right to a fair trial does not yet differentiate granularly as to 
what the scope of the right to an explanation should then be. Similar issues also 
arise in regard to Chinese Procedural Law and Brazilian Constitutional and 
Procedural Law. These frameworks provide different formulations of a right to a 
reasoned judgment that could, similar to art. 6 ECHR, provide a basis for a 
derived right to an explanation. However, they do not provide much guidance as 
to the scope of the right to an explanation. Only Brazilian Procedural Law 
differentiates in this regard between certain judicial acts. This clarifies that merely 
ancillary functions of judicial AI would not need to be explained. However, this 
does not tell us to what extent the many other functions of judicial AI would need 
to be explained. 

The scope of the right to an explanation under Data Protection Laws is, 
comparatively, much more clearly delineated. Under the GDPR, litigants only 
receive a right to an explanation for solely automated decision-making systems. 
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This excludes the majority of assistive judicial AI systems currently in use. 
Moreover, the GDPR does not apply to criminal courts. Rather, the Law 
Enforcement Directive (LED) applies in this regard. This raises a quite pressing 
issue as the LED does not provide defendants with an (explicit) right to an 
explanation, which creates a potential gap in the regulatory framework. Art. 86 
AIA, however, does apply to assistive judicial AI systems in all types of 
adjudication, including those in the criminal justice domain. Nevertheless, here 
too gaps can arise, as art. 6 (3) AIA provides a broad and vague exception that 
could exclude many impactful judicial AI systems. Moreover, the focus of art. 86 
AIA on assistive, rather than replacive, judicial AI systems, could mean that 
solely automated decision-making in the criminal administration of justice would 
never need to be explained. 

Art. 24 of the Chinese Personal Information Protection Law (PIPL) provides a 
right to an explanation of automated decision-making that could also apply to 
judicial AI. But art. 34 PIPL restricts the exercise of this right when it interferes 
with a public body’s statutory duties. Consequently, the right to an explanation 
could be relegated to a mere right to be informed about the existence of certain 
judicial AI tools. 

Art. 20 of the Brazilian Lei Geral de Proteção de Dados Pessoais (LGPD) provides 
a right to an explanation that is, similarly to the GDPR, restricted to solely 
automated decision-making. The proposed Brazilian Bill 2338/2020 also provides 
a right to an explanation and a separate right to contest certain AI systems. This 
does include assistive judicial AI tools, however. Brazil’s CNJ resolution 615/2025 
also imposes a number of explainability requirements on judiciaries who have 
adopted judicial AI. However, both the proposed bill and the resolution exclude 
triaging systems, which can have a substantial impact on the litigant. 

In short, this analysis shows that there are severe limitations in the scope of the 
right to an explanation in all of these legal frameworks. Moreover, across all of 
the laws that have been examined, sufficiently clear standards on the substantive 
content of a right to an explanation seem to also be lacking. What standards do 
exist tend to lump explanations into one singular category and to disregard the 
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qualitative differences between different types of judicial AI systems. Nor is there 
sufficient guidance as to what particular technical and organizational measures 
must be undertaken to ensure the contestability of judicial AI by design. 

Chapter 3, therefore, further explores what the contents are, and should be, of a 
right to an explanation of judicial AI. It does this by normatively substantiating 
the purpose of enabling litigant contestation. This helps shape the content of 
explainability rights in the context of judicial AI, as different types of 
explanations need to be provided to achieve these various goals. To that end, this 
chapter also deduces three core questions from computer science debates on 
explainable AI: should explanations be general or specific, to what extent do 
explanations need to be faithful to the system’s internal behavior or merely 
provide a plausible approximation, and should more interpretable systems be 
used, even at the cost of accuracy? To answer these questions, I look at utilitarian, 
rights-based (including a dignitarian and a Dworkinian approach), and relational 
theories of procedural justice. They highlight, respectively, different values of 
litigant contestation: it has instrumental value in error correction, and intrinsic 
value in respecting litigants’ dignity, either as rational autonomous agents or as 
socio-relational beings.  

Chapter 3 also discusses what theory of procedural justice would be most suitable 
to safeguard contestation effectively. I argue that an amended version of the 
relational approach to procedural justice would be most suitable in this regard, as 
it takes into account the non-ideal litigant that might not have the means to 
contest judicial AI effectively. From this perspective, I argue that litigants are in 
need of specific and faithful explanations that are based on intrinsically 
interpretable AI systems. But I also raise the point that we should reconsider 
when and where judicial AI is used, and on whom we put the burden of 
contesting the errors produced by such systems. 

Lastly, chapter 4 looked at a case study of AI systems that generate evidence to 
further operationalize the right to an explanation. In particular, I looked at 
profiling systems. I formulated a number of grounds based on which a litigant can 



 

275 
 

contest these systems. However, a number of obstacles may prevent the provision 
of an explanation, in this regard. These include the technical difficulty of 
faithfully explaining these systems, external private developers blocking the 
provision of explanations because these might violate their trade secrets or 
business interests, and the fear that disclosing an explanation might lead to 
people manipulating the profiling system in the future. To prevent these obstacles 
from blocking the provision of an explanation, I argued that judiciaries need to 
take into account contestability by design. This requires that certain technical 
and organizational measures be taken to prevent these obstacles from arising in 
the first place. To that end, I also assessed whether art. 6 ECHR, the GDPR, and 
the AIA could mandate such a by design approach. 

The conclusion of this dissertation reiterates some of the core points raised 
throughout these chapters. Here, I also provide a critique of the current scoping 
exercises that apply to explainability rights. Arguably, these overly focus on what 
the predicted impact of a judicial AI system might be on the final decision of the 
judge. Such scoping exercises may need to be continually updated as judicial AI 
tools may have more or less impact in practice than regulators envisioned. 
Moreover, I also raise that the scoping exercise of a right to an explanation should 
consider the relational needs of the litigant. While a particular judicial AI system 
may not significantly influence the decision of the judge, litigants might still wish 
to express their opinion about its usage. Moreover, the automation of certain 
judicial tasks, might transform the kind of impact they have on trials. For 
instance, there might be an increased risk for errors, or new types of harm may 
arise that would not have occurred when these tasks were performed by humans. 
I argue that current scoping exercises do not yet adequately account for such 
dynamics.  

Moreover, to enable contestation effectively, I reiterated the point from chapter 3 
that we must also consider the structural lack of epistemic, financial, and time-
based capital that blocks litigants from enjoying access to justice and utilizing 
explanations. The conclusion, therefore, raises the important roles that various 
actors play, such as lawyers, NGOs, computer scientists, judiciaries, and judges 
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in addressing the obstacles that might hinder litigants from contesting judicial 
AI. Lastly, I conclude with an important note on the limits of a right to an 
explanation as a tool to combat AI-produced injustice. The right to an 
explanation is not a panacea for all the regulatory issues that can arise in regard 
to judicial AI. Nevertheless, this dissertation has shown that it does have a key 
role in empowering litigants, upholding procedural justice, and enabling 
contestation. In that regard, it is the final safeguard litigants may have to see 
justice done and to vindicate their substantive rights. 
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SAMENVATTING 
 

Dit proefschrift bespreekt onder welke voorwaarden het recht op een uitleg het 
voor procespartijen mogelijk kan maken om AI-systemen aan te kunnen vechten 
die rechters ondersteunen in de rechtspleging. Met betrekking tot deze 
voorwaarden beschrijf ik de reikwijdte, inhoud en beperkingen van het recht op 
een uitleg van rechterlijke AI. Ik doe dit aan de hand van een juridisch-
doctrinaire analyse van verschillende procedurele waarborgen, het 
gegevensbeschermingsrecht en AI‑regelgeving in de EU, Brazilië en China. Deze 
voorwaarden vul ik verder ook in aan de hand van vier verschillende theorieën 
van procedurele rechtvaardigheid. Ik bespreek wat deze theorieën inhoudelijk 
vereisen van het recht op een uitleg van AI-systemen die gebruikt worden in de 
rechtspraak. Ik analyseer in het bijzonder utilitaristische, op rechten gebaseerde 
(waaronder een waardigheidsbenadering en een Dworkiniaanse benadering) en 
relationele theorieën van procedurele rechtvaardigheid. Ten slotte beschrijft dit 
proefschrift ook verschillende technische en organisatorische obstakels die de 
operationalisering van het recht op een uitleg zouden kunnen belemmeren. Zo 
bespreek ik de moeilijkheid om het gedrag van zogenoemde ‘black-box’ 
AI‑modellen op een getrouwe manier uit te leggen, alsook integriteits‑ en 
veiligheidsrisico’s en de mogelijke schending van bedrijfsgeheimen en andere 
zakelijke belangen van externe ontwikkelaars. Dit proefschrift stelt daarom 
verschillende technische en organisatorische maatregelen voor die de 
rechtspraak zou moeten nemen om deze obstakels aan te pakken. Hierbij 
benadruk ik dat rechterlijke AI van meet af aan uitlegbaar en aanvechtbaar moet 
zijn. Dit vereist dat al in de ontwerpfase men nadenkt over de aanvechtbaarheid 
van rechterlijke AI-systemen. 

Hoofdstuk 1 bespreekt hoe individuen onder de Algemene Verordening 
Gegevensbescherming (AVG) en de AI-verordening (AIV) een recht op een 
uitleg hebben over bepaalde AI-systemen. Allereerst bespreek ik hoe 
verschillende bepalingen van de AVG door het Hof van Justitie van de EU 
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(HvJEU) tezamen zijn geïnterpreteerd. Onder de AVG hebben betrokkenen het 
recht op nuttige en begrijpelijke informatie over de logica die ten grondslag ligt 
aan uitsluitend geautomatiseerde besluitvorming waaraan rechtsgevolgen 
verbonden zijn of die hem anderszins in aanmerkelijke mate treft. Ten tweede 
hebben personen onder art. 86 AIV die aan een besluit zijn onderworpen dat is 
geïnformeerd door AI-systemen met een hoog risico, het recht op een uitleg van 
de gebruiksverantwoordelijke over de rol van het AI-systeem in de 
besluitvormingsprocedure en de voornaamste elementen van het genomen 
besluit. Op grond van art. 22 AVG moet het recht op een uitleg betrokkenen in 
staat stellen om de uitsluitend geautomatiseerde beslissing aan te kunnen 
vechten. Overweging 171 AIV formuleert een soortgelijk doel, aangezien het 
vereist dat een uitleg de getroffen personen in staat moet kunnen stellen om hun 
rechten uit te oefenen. 

Hoofdstuk 2 past dit concept van een recht op een uitleg, dat individuen in staat 
stelt om AI-systemen aan te kunnen vechten, toe op de rechtspleging. Het 
vergelijkt in welke mate procedurele waarborgen, het 
gegevensbeschermingsrecht en AI-regelgeving in de EU, Brazilië en China een 
recht op een uitleg over AI-systemen in de rechtspraak bieden. Dit hoofdstuk 
geeft ook een typologie van de verschillende functies die een AI-systeem in de 
rechtspraak kan vervullen. In het bijzonder vraag ik welke functionaliteiten van 
rechterlijke AI-systemen binnen de reikwijdte van het recht op een uitleg zouden 
vallen in deze verschillende rechtsstelsels. 

Verder analyseer ik in hoeverre deze rechtskaders vereisen dat AI-systemen in de 
rechtspraak van meet af aan aanvechtbaar zijn. Dit zou vereisen dat bepaalde 
technische en organisatorische maatregelen worden genomen die het überhaupt 
mogelijk maken om een uitleg te geven. Ik werk in hoofdstukken 3 en 4 verder uit 
wat deze maatregelen concreet inhouden. 

In de EU hebben burgers een recht op een eerlijk proces op grond van art. 6 van 
het Europees Verdrag voor de Rechten van de Mens (EVRM) en art. 47 van het 
Handvest van de Grondrechten van de Europese Unie (Handvest). Deze 
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bepalingen garanderen o.a. het beginsel van hoor en wederhoor. Dit houdt in dat 
procespartijen het recht hebben om stukken te ontvangen waarover de rechtbank 
beschikt. Deze huidige formulering biedt echter slechts een beperkte grondslag 
voor een afgeleid recht op een uitleg. Het beginsel van hoor en wederhoor betreft 
namelijk vooral een procedurele verplichting voor rechters om enkel 
documenten te delen waartoe zij toegang hebben. Als een rechter geen 
documenten heeft die het gebruikte AI-systeem uitleggen, hoeft zij deze dus ook 
niet met een procespartij te delen. 

Op grond van het recht op een eerlijk proces hebben procespartijen ook een recht 
op een gemotiveerde beslissing. Ik betoog dat dit, in tegenstelling tot het beginsel 
van hoor en wederhoor, niet slechts een verplichting inhoudt om documenten 
met een procespartij te delen. Het vereist ook dat een rechter de door haar 
gebruikte AI-systemen proactief interpreteert en uitlegt. Het recht op een 
gemotiveerde beslissing geldt echter alleen voor de einduitspraak, wat zou 
betekenen dat tijdens het proces geen uitleg over de gebruikte AI-systemen hoeft 
te worden gegeven. Pas als het proces al is afgerond, ontvangt de burger een 
uitleg. Om deze lacune te verhelpen, benadruk ik het doel van het beginsel van 
hoor en wederhoor. Dit tracht namelijk procespartijen in staat te stellen om op 
een behoorlijke wijze aan de procedure deel te nemen. In licht van deze 
doelstelling betoog ik een herinterpretatie van de huidige jurisprudentie. Het 
beginsel van hoor en wederhoor zou óók moeten vereisen dat een rechter de door 
haar gebruikte AI-systemen proactief moet uitleggen. Dit vergt echter dat de 
rechtspraak de aanvechtbaarheid van haar AI-systemen al waarborgt voordat zij 
deze inzet. Ik werk dit argument verder uit in hoofdstuk 4. 

De vraag blijft echter welke specifieke typen AI-systemen dan moeten worden 
uitgelegd. Zulke systemen kunnen namelijk vele verschillende functies 
uitoefenen. Velen daarvan zullen een procespartij niet wezenlijk kunnen 
schaden. Het uitleggen van elk AI-systeem dat wordt gebruikt in de rechtspleging 
kan leiden tot een overvloed aan informatie voor procespartijen. Bovendien kan 
dit een onevenredige organisatorische en financiële last op de rechtspraak leggen. 
Het recht op een eerlijk proces definieert de reikwijdte van het recht op een uitleg 
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echter helaas niet. Vergelijkbare problemen doen zich voor binnen het Chinese 
procesrecht en het Braziliaanse constitutionele recht en procesrecht. Deze kaders 
kennen verschillende formuleringen van een recht op een gemotiveerd besluit 
die, net als art. 6 EVRM, een basis kunnen bieden voor een afgeleid recht op een 
uitleg. Ze geven allemaal echter weinig houvast wat betreft de reikwijdte van het 
recht op een uitleg. Alleen het Braziliaanse procesrecht maakt op dit punt een 
onderscheid tussen bepaalde rechterlijke handelingen. Dit verduidelijk dat AI-
systemen die enkel administratieve taken uitoefenen, niet hoeven te worden 
uitgelegd. Het verheldert echter niet in hoeverre de vele andere functies van 
rechterlijke AI dan moeten worden uitgelegd. 

De reikwijdte van het recht op een uitleg in het gegevensbeschermingsrecht is 
daarentegen veel duidelijker omlijnd. Onder de AVG hebben procespartijen 
slechts een recht op een uitleg van volledig geautomatiseerde 
besluitvormingssystemen. Dit sluit louter assisterende AI-systemen in de 
rechtspraak dus uit. Bovendien is de AVG niet van toepassing op het strafrecht. 
Voor de strafrechtketen, geldt de richtlijn gegevensbescherming, opsporing en 
vervolging (‘Law Enforcement Directive, LED’). Deze richtlijn biedt verdachten 
echter geen (expliciet) recht op een uitleg, waardoor een potentiële lacune in het 
regelgevend kader ontstaat. Art. 86 AIV is daarentegen wél van toepassing op 
ondersteunende AI-systemen in de rechtspraak in alle vormen van 
rechtsbedeling, inclusief de strafrechtspraak. Toch kunnen ook hier lacunes 
ontstaan, aangezien art. 6 lid 3 AIV een brede en vage uitzondering bevat die veel 
ingrijpende AI-systemen in de rechtspraak kan uitsluiten. Bovendien kan de 
focus van art. 86 AIV op ondersteunende (in plaats van vervangende) 
AI-systemen in de rechtspraak betekenen dat uitsluitend geautomatiseerde 
besluitvorming in de strafrechtspraak nooit hoeft te worden uitgelegd. 

Art. 24 van de Chinese Persoonlijke Informatie Beschermingswet (‘Personal 
Information Protection Law, PIPL’) biedt een recht op een uitleg van 
geautomatiseerde besluitvorming dat ook op AI-systemen in de rechtspraak van 
toepassing zou kunnen zijn. Art. 33 en 34 PIPL beperken de uitoefening van dit 
recht echter wanneer dit de wettelijke taken van een publieke instantie 



 

281 
 

verhindert. Dit kan echter een probleem vormen voor de toepassing van dit recht 
op rechtbanken. Als gevolg hiervan kan het recht op een uitleg worden beperkt 
tot louter het recht om geïnformeerd te worden over het bestaan van bepaalde 
AI-instrumenten in de rechtspraak. 

Art. 20 van de Braziliaanse algemene wet inzake de bescherming van 
persoonsgegevens (‘Lei Geral de Proteção de Dados Pessoais, LGPD’) biedt een 
recht op een uitleg dat, net als onder de AVG, is beperkt tot uitsluitend 
geautomatiseerde besluitvorming. Het voorgestelde Braziliaanse wetsvoorstel 
2338/2020 biedt eveneens een recht op een uitleg en een afzonderlijk recht om 
bepaalde AI-systemen aan te vechten. Dit omvat echter wél ondersteunende 
AI-systemen in de rechtspraak. Resolutie 615/2025 van de Braziliaanse CNJ biedt 
ook een specifiek recht op een uitleg gericht op AI-systemen in de rechtspraak. 
Zowel het wetsvoorstel als de resolutie sluiten echter triagesystemen uit, terwijl 
deze wel een aanzienlijke impact kunnen hebben op procespartijen. 

Kortom, deze analyse laat zien dat de reikwijdte van het recht op een uitleg in al 
deze rechtskaders aanzienlijke beperkingen kent. Bovendien ontbreken 
voldoende duidelijke normen over wat nu de inhoud is van het recht op een 
uitleg. De bestaande wetgevende kaders hebben de neiging om alle typen 
informatie in één enkele categorie samen te voegen. In die zin houden ze geen 
rekening met de kwalitatieve verschillen tussen uiteenlopende typen 
AI-systemen in de rechtspraak. Ook is er onvoldoende duidelijkheid over wat 
voor technische en organisatorische maatregelen precies moeten worden 
genomen om de aanvechtbaarheid van AI-systemen in de rechtspraak van meet 
af aan te garanderen. 

Hoofdstuk 3 onderzocht daarom verder wat de inhoud is, en zou moeten zijn, van 
het recht op een uitleg van AI in de rechtspraak. Ik doe dit door allereerst 
normatief te definiëren waarom procespartijen rechterlijke AI zouden moeten 
kunnen aanvechten. Dit helpt de inhoud van het recht op een uitleg in de context 
van de rechtspraak beter vorm te geven, aangezien verschillende vormen van 
informatieverstrekking nodig kunnen zijn om deze uiteenlopende doelen te 
bereiken. Daartoe leidt dit hoofdstuk uit informaticadebatten over uitlegbare AI 
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drie kernvragen af: moet een uitleg algemeen of specifiek zijn, in welke mate moet 
een uitleg getrouw zijn aan het interne gedrag van het systeem of volstaat een 
plausibele benadering en moeten intrinsiek interpreteerbare systemen worden 
gebruikt, zelfs als dat ten koste gaat van nauwkeurigheid? Om deze vragen te 
beantwoorden, kijk ik naar utilitaristische, op rechten gebaseerde (inclusief een 
waardigheids- en een Dworkiniaanse benadering) en relationele theorieën van 
procedurele rechtvaardigheid. Deze benadrukken verschillende onderliggende 
waarden van het kunnen aanvechten van rechterlijke AI-systemen: het heeft 
instrumentele waarde in het corrigeren van fouten en intrinsieke waarde in de 
erkenning van de waardigheid van procespartijen, hetzij als rationele autonome 
agenten, hetzij als sociaal-relationele wezens. 

Hoofdstuk 3 bespreekt ook welke theorie van procedurele rechtvaardigheid het 
meest geschikt zou zijn om aanvechtbaarheid effectief te waarborgen. Ik betoog 
dat een aangepaste versie van de relationele benadering van procedurele 
rechtvaardigheid hiervoor het meest geschikt is, omdat deze rekening houdt met 
de niet-ideale procespartij die mogelijk niet over de juiste middelen beschikt om 
AI effectief aan te kunnen vechten. Vanuit dit perspectief stel ik dat 
procespartijen behoefte hebben aan een specifieke en getrouwe uitleg, gebaseerd 
op intrinsiek interpreteerbare AI-systemen. Tegelijkertijd werp ik de vraag op of 
we niet ook zouden moeten heroverwegen waar en wanneer AI in de rechtspraak 
wordt ingezet en bij wie we de last leggen om de fouten die dergelijke systemen 
produceren aan te vechten. 

Ten slotte behandelt hoofdstuk 4 een casestudy van AI-systemen die bewijs 
genereren, om het recht op een uitleg verder te operationaliseren. Daarbij kijk ik 
in het bijzonder naar profileringssystemen. Ik formuleer een aantal gronden 
waarop een procespartij dergelijke systemen kan aanvechten. Er zijn echter 
verschillende obstakels die het geven van een uitleg op dit punt kunnen 
belemmeren. Deze omvatten de technische moeilijkheid om deze systemen op 
een getrouwe wijze uit te leggen, externe private ontwikkelaars die het geven van 
uitleg blokkeren omdat deze hun bedrijfsgeheimen of zakelijke belangen zouden 
kunnen schaden en de vrees dat openbaarmaking van een uitleg ertoe kan leiden 
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dat mensen het profileringssysteem in de toekomst manipuleren. Om te 
voorkomen dat deze obstakels de verstrekking van een uitleg verhinderen, betoog 
ik dat de rechtspraak de aanvechtbaarheid van AI al in de ontwerpfase moet 
proberen te garanderen. Dit vereist dat bepaalde technische en organisatorische 
maatregelen vooraf worden genomen om deze obstakels van meet af aan te 
voorkomen. In dit hoofdstuk analyseer ik ook in hoeverre art. 6 EVRM, de AVG 
en de AIV een dergelijke benadering kunnen vereisen van de rechtspraak. 

De conclusie van dit proefschrift herhaalt enkele kernpunten die in de 
verschillende hoofdstukken aan de orde zijn gekomen. Hier lever ik ook kritiek 
op manier waarop de reikwijdte van het recht op een uitleg wordt gedefinieerd. 
Het huidige wettelijke kader is te sterk gericht op de veronderstelde impact van 
een AI-systeem op de uiteindelijke beslissing van de rechter. De lijst met 
mogelijke impactvolle AI-functionaliteiten moet derhalve mogelijk voortdurend 
worden bijgewerkt, aangezien bepaalde AI-systemen in de praktijk meer of 
minder impact kunnen hebben dan regelgevers hadden voorzien. Daarnaast 
breng ik naar voren dat bij de afbakening van het recht op een uitleg ook rekening 
moet worden gehouden met de relationele behoeften van procespartijen. Hoewel 
een bepaald AI-systeem de beslissing van de rechter misschien niet wezenlijk 
beïnvloedt, kan de procespartij nog steeds de wens hebben haar mening te geven 
over het gebruik ervan. Bovendien kan de automatisering van bepaalde 
rechterlijke taken de impact die zij hebben op procedures veranderen. Zo kan er 
een verhoogd risico op fouten ontstaan, of kunnen nieuwe vormen van schade 
optreden die zich niet zouden hebben voorgedaan wanneer deze taken door 
mensen waren verricht.  

Verder herhaal ik, zoals betoogd in hoofdstuk 3, dat om de aanvechtbaarheid van 
rechterlijke AI effectief mogelijk te maken, we ook rekening moeten houden met 
het structurele gebrek aan epistemisch, financieel en tijdsgerelateerd kapitaal dat 
procespartijen belemmert in hun toegang tot het recht en in hun vermogen om 
gebruik te maken van een uitleg. De conclusie benadrukt daarom het belang van 
verschillende actoren, met name advocaten, NGO’s, computerwetenschappers, 
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rechters en toezichthoudende autoriteiten, bij het aanpakken van de obstakels 
die procespartijen kunnen verhinderen om AI aan te vechten.  

Ik sluit af met een belangrijke kanttekening. Ik benoem dat het recht op een uitleg 
geen panacee is voor alle reguleringsproblemen die kunnen opkomen met 
betrekking tot het gebruik van AI in de rechtspraak. Dit proefschrift laat echter 
wel zien dat dit recht een cruciale rol speelt bij het waarborgen van procedurele 
rechtvaardigheid en het mogelijk maken voor procespartijen om rechterlijke AI-
systemen aan te vechten. In dat opzicht is het recht op een uitleg de laatste 
waarborg die procespartijen hebben om zichzelf, en datgene waar ze recht op 
hebben, te verdedigen. 
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