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A B S T R A C T

Watching short-form videos, such as those on TikTok, has become a widespread media habit, raising concerns 
about their potentially addictive nature. Similar concerns were previously discussed in relation to extensive TV 
series use on streaming platforms such as Netflix, commonly referred to as binge-watching. In this paper, we 
extend the definition of binge-watching to short form videos and investigate how experiences and outcomes 
differ between binge-watching short-form videos on social media and long-form content on video streaming 
platforms. We conducted a survey with 415 participants and found that short-form video use is associated with 
more negative self-evaluations, reduced recovery from daily stressors, and lower well-being compared to long- 
form video use. We also explored potential mechanisms underlying these differences and discuss avenues for 
future research.

Watching TV is a popular leisure activity. Next to movies and TV 
shows, media users increasingly watch short-form videos, such as those 
on TikTok or Instagram. In 2024, adults in the U.S. spent on average 58 
min per day watching videos on TikTok, which is nearly as much as they 
watched content on Netflix (62 min) and more than they spent on 
YouTube (49 min).1 In the UK, the BBC was still the most used service for 
watching videos in 2024 for the general population, but young adults 
(16–34 years) spent more time watching videos on YouTube, Netflix and 
TikTok.2This raises concerns about the addictive nature of TikTok 
(Galanis et al., 2024; Qin et al., 2022) and potential negative effects of 
excessive use on users' well-being (Hendrikse & Limniou, 2024; Virós- 
Martín et al., 2024).

Prior research has extensively examined excessive video consump
tion in the context of streaming platforms like Netflix, often referring to 
this behavior as binge-watching (Flayelle et al., 2020; Starosta & Izy
dorczyk, 2020). Binge-watching is usually defined as watching multiple 
episodes of a TV show in one sitting. The term binge suggests that the 
consumption is excessive (Flayelle et al., 2020; Starosta & Izydorczyk, 
2020), which is associated with a loss of control over the time spent 

watching (Ulusoy et al., 2025). In this vein, watching multiple short- 
form videos on social media can also be considered binge-watching; 
especially since it is also associated with excessive use and a loss of 
control. To compare experiences and outcomes of binge-watching across 
formats (short- vs long-form videos) and platforms (social media vs 
streaming services), we propose to expand the definition of binge- 
watching. First, we propose to generalize binge-watching to encom
pass any type of video content. Second, while many definitions of binge- 
watching TV shows define a minimum number of episodes (usually two 
or three) or a minimum duration (see e.g., Flayelle et al., 2020), we 
propose to refrain from such quantifications because it is unclear how 
many short form videos would conceptually equal a defined number of 
TV show episodes. Hence, we define binge-watching as watching mul
tiple videos in one sitting.

We conducted a survey (n = 415) to explore how experiences and 
outcomes of binge-watching differ between short- and long-form con
tent. We assume that the formats, based on their structural features, 
differ in their potential to foster entertainment experiences. Binge- 
watching TV shows usually involves watching several episodes of the 
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same show. This fosters narrative engagement and involvement with 
media characters (Erickson et al., 2019; Tukachinsky & Eyal, 2018). 
Short-form videos, on the other hand, are usually from different creators 
and about different topics, which may hinder these psychological pro
cesses. Subsequently, the presence or lack of these processes may in
fluence entertainment experiences and related outcomes, such as 
recovery from daily stressors and well-being.

Second, research suggests that effects of media use on well-being are 
influenced by an individual's perception of how good or bad certain 
types of media are (Lee & Hancock, 2024; Reinecke et al., 2014) and that 
such perceptions are socially constructed (Wolfers, 2024). Netflix 
actively uses the term binge-watching to promote the appeal of its 
content, reinforcing a positive connotation of the term. Moreover, over 
the last years research has demonstrated that binge-watching TV shows 
is rarely problematic but often contributes to entertainment and relax
ation (Flayelle et al., 2020; Ort et al., 2021). Social media use, on the 
other hand, has been evaluated negatively in popular science literature 
(e.g., Haidt, 2024), leading to public and political discussions to restrict 
access for adolescents. While binge-watching TV shows has thus become 
a socially well-accepted leisure activity, binge-watching short-form 
videos on TikTok is publicly associated with declining mental health 
and, therefore, socially undesirable. This negative debate may lead in
dividuals to critically self-evaluate and to feel guilty when their media 
use does not live up to social norms (Reinecke & Hofmann, 2016). 
Hence, we assume that self-evaluations of media users are more negative 
after binge-watching short-form compared to long-form video content, 
which may spill over to decreased recovery and well-being.

In addition to comparing experiences and outcomes of binge- 
watching short- and long-form videos, we also explore boundary con
ditions that may enhance or attenuate differences between the two 
formats. We consider effects of algorithmic awareness (Zarouali et al., 
2021), media users' mindsets (Lee & Hancock, 2024), mindfulness as a 
personality trait (Schneider et al., 2022), and intentionality of use 
(Ulusoy et al., 2025).

This study makes several contributions. First, it expands the concept 
of binge-watching beyond long-form streaming content to include short- 
form video consumption on social media platforms such as TikTok, 
addressing an underexplored yet increasingly prevalent activity. Sec
ond, it provides empirical insights into how different types of video 
content – short-form versus long-form – impact experiences during and 
after media use. Third, the study sheds light on the role of socially 
constructed media perceptions in shaping media experiences and out
comes, thereby contributing to a larger debate about the effects of media 
use on well-being. From a practical perspective, our findings may inform 
media literacy efforts and platform design and contribute to discussions 
around digital well-being and the regulation of social media use.

1. Binge-watching experiences and outcomes

1.1. Self-evaluations, recovery, and well-being

Entertainment media are used to regulate emotional states 
(Zillmann, 1988) and to recover from daily stressors (Reinecke & Eden, 
2017). Through these processes, and through the satisfaction of hedonic 
or eudaimonic psychological needs, entertainment media use has a 
positive impact on well-being (Reinecke & Eden, 2017; Rieger et al., 
2014). In this vein, binge-watching TV shows has proven to be a func
tional strategy to regulate emotions (Flayelle et al., 2020; Gadino et al., 
2024). Moreover, studies have demonstrated that binge-watching can 
foster well-being through experiences of autonomy, competence, and 
relatedness (Erdmann & Dienlin, 2022; Granow et al., 2018), which are 
central psychological needs (Deci & Ryan, 2000).

At the same time, binge-watching can lead to goal conflict, and hence 
result in feelings of guilt, which in turn have a negative influence on 
well-being (Erdmann & Dienlin, 2022; Granow et al., 2018). Ironically, 
the more enjoyment individuals experience during media use, the more 

likely they are to extend their use, and the more goal conflicts arise 
(Ellithorpe et al., 2025). Binge-watching longer than intended is asso
ciated with more negative emotional states after media use, and in the 
long term, with lower levels of well-being (Ulusoy et al., 2025). These 
negative effects can be the result of negative self-evaluations, which 
arise when individuals fail to restrict their media use to comply with 
other demands (Reinecke & Hofmann, 2016).

Whether binge-watching has a positive or negative effect on well- 
being may thus depend on the self-evaluations of individuals after 
media use. Next to the existence of external demands, which lead to goal 
conflicts, the appraisal of media use plays an important role in self- 
evaluations. Some types of media or media content are considered to 
be more valuable, or more beneficial for an individual, than others. Such 
appraisals are shaped by social norms (Wolfers, 2024) and can strongly 
influence media effects. For example, social media use is positively 
related to well-being for individuals who perceive the use as enhancing, 
but negatively for those who perceive it as harmful. Similarly, ego- 
depleted individuals are more likely to perceive their media use as 
procrastination, which reduces their recovery experience compared to 
less depleted individuals – likely because ego-depletion leads media 
users to prefer lighthearted and cognitively less demanding content, 
which is considered less valuable (Reinecke et al., 2014).

Which differences in self-evaluations, recovery, and well-being can 
we thus expect between binge-watching short- and long-form videos? 
Presumably, the overall duration of media use is shorter when binge- 
watching short-form videos compared to TV shows; goal conflicts are 
thus more likely to arise for long-form content. However, given the 
current negative public discourse about social media, binge-watching 
short-form content may be evaluated more negatively than long-form 
content. If an activity is perceived as a waste of time, or maybe even 
harmful, engaging in the activity may be considered a goal conflict in 
itself. This may foster perceptions of procrastination and elicit negative 
self-evaluations.

Therefore, we assume that binge-watching short-form videos leads to 
more negative self-evaluations than binge-watching long-form videos (H1).

Given that previous research has linked negative-self evaluations to 
decreased recovery experiences and well-being, we further investigate if 
binge-watching short-form videos (vs. long-form videos) results in less re
covery and lower well-being after media use (RQ1).

Potential mechanisms: Narrative engagement, memory, and 
entertainment.

Appraisals of entertainment media are not only socially constructed 
but also based on user's experiences. This idea is reflected in the Uses and 
Gratifications approach (Katz et al., 1973) and specifically in the 
assumption that evaluations of a media use episode shapes the future use 
of the medium or content (Palmgreen & Rayburn, 1982). Since enter
tainment is the primary gratification sought from binge-watching 
(Flayelle et al., 2017; Shim & Kim, 2018), the appraisal of binge- 
watching short- and long-form video content will be strongly influ
enced by how entertaining watching such content proves to be.

Media entertainment theories postulate that entertainment experi
ences are fostered by involvement with characters and the storyline (e. 
g., Vorderer & Hartmann, 2009). Narrative engagement is a term that is 
often used to describe such involvement; it encompasses narrative un
derstanding (to what extent media users comprehend the story), atten
tional focus, emotional engagement, and narrative presence (to what 
extent media users feel present in the story world) (Busselle & Bilandzic, 
2009). It has been argued that binge-watching intensifies these experi
ences; cumulative exposure should facilitate the development of mental 
models of a story (Erickson et al., 2019; Tukachinsky & Eyal, 2018; 
Warren, 2020). This assumption, however, can only hold up if binge- 
watching involves watching several parts of a cohesive story. While 
this is very common for long-form content on streaming platforms, it is 
unusual for short-form content on social media.

Moreover, narrative engagement requires cognitive and emotional 
resources. Busselle and Bilandzic (2009) hence conclude that any form 
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of external or internal distraction (e.g., noise, hunger, intrusive 
thoughts) hinders narrative engagement. They also discuss that the pace 
of incoming information may affect an individual's ability to construct 
mental models. When watching long-form content, media users have a 
considerable amount of time to get familiar with a story. Even with 
complex narratives, all information refers to the same story world and 
mental models can expand gradually. With short-form videos however, 
media users are usually confronted with many different stories in a short 
amount of time. This may not only hinder narrative engagement with 
each of the stories but also lead to lower subjective and objective 
memory of previously watched content. If viewers do not remember 
what they have seen at the end of a binge-watching episode, they may 
appraise their media use as a waste of time.

Finally, entertainment experiences are diverse in nature; they 
include experiences of fun (hedonic entertainment), meaningfulness 
(eudaimonic entertainment), or a change of perspective (psychological 
richness) (Wirz et al., 2025). While fun and perspective change can be 
immediate reactions to media content, meaningfulness is usually expe
rienced in response to more complex narrations and requires more 
thoughtful processing (Bartsch & Hartmann, 2017; Tamborini et al., 
2021). Importantly, different entertainment experience can co-occur; 
watching a video can be fun and meaningful at the same time. Howev
er, it seems likely that long-form content provides more opportunities 
for several types of entertainment experiences to arise, and especially for 
experiences of meaningfulness. Therefore, the cumulative experience of 
entertainment may be stronger for long- than short-form videos.

Based on these considerations, we explore how binge-watching short- 
form videos affects a) narrative engagement, b) memory for content, and c) 
entertainment experiences, in comparison to binge-watching long-form con
tent (RQ2).

Boundary conditions: Algorithmic awareness, mindsets, mindfulness 
and intentionality.

Boundary conditions determine if or when media use has a desig
nated effect. In this study, we are interested in exploring boundary 
conditions that may explain potential differences in experiences and 
outcomes of binge-watching short- in comparison to long-form video 
content. Thereby, we focus on boundary conditions that are specific to 
skills and perceptions around social media and streaming services (e.g., 
algorithmic awareness, media mindsets) or that have previously been 
found in binge-watching research (e.g., intentionality of viewing 
sessions).

One relevant aspect in the context of video consumption on social 
media and streaming platforms could be algorithmic awareness. Both 
types of platforms, streaming providers and social media, use algorithms 
to display and recommend content (Ricci et al., 2022). However, 
awareness about these algorithms is known to differ across people 
(Eslami et al., 2015; Gran et al., 2021), and may also differ across 
different platforms such as streaming services and social media (Gruber 
& Hargittai, 2023; Zarouali et al., 2021). While comparative work on 
platform differences is limited, research suggests that awareness of al
gorithms shaping media content might be lower for streaming platforms 
(i.e., Netflix) than for social media platforms (i.e., Facebook Zarouali 
et al., 2021). A potential explanation is that platform characteristics may 
influence the salience of algorithmic influences on content displayed 
(Espinoza-Rojas et al., 2023). When binge-watching short-form videos, 
each subsequent video is chosen by algorithms; users are thus constantly 
confronted with algorithmic decisions. With long-form content, algo
rithmic recommendation is not apparent within a binge-watching ses
sion but takes place before one selects shows; once a user has started 
watching a show, subsequent episodes are predefined. Thus, the salience 
of algorithms should be higher in short-form binge-watching sessions 
than in long-form sessions. The awareness of algorithmic curation can be 
associated with perceptions of limited autonomy (Dogruel et al., 2022), 
which should be negatively related to self-evaluations, recovery, and 
well-being, especially in the case of binge-watching short-form videos.

Another relevant aspect in the context of short-video use could be the 

mindset of media users in relation to social media and streaming plat
forms. Mindsets are a person's core beliefs about the way the world 
works. Recent research has demonstrated that individuals' mindsets 
about the nature and meaning of their social media use is crucial for its 
effects on well-being (Lee & Hancock, 2024; Parry & Coetzee, 2025). 
Individuals who feel in control of their social media use, and who 
perceive social media as enhancing, experience positive effects on well- 
being, while those who feel a lack of control and perceive social media as 
harmful experience negative effects (Lee & Hancock, 2024). As dis
cussed before, social norms around media use shape appraisals of how 
good or bad specific media use practices are for an individual (Wolfers, 
2024). Social media, and especially TikTok, are often considered as 
addictive (Galanis et al., 2024; Qin et al., 2022). It is therefore plausible 
that media users evaluate social media use more critical than using 
streaming platforms. Hence, appraisals of the same usage pattern 
–binge-watching – may differ across contexts. Users may feel more 
worried about binge-watching short- than long-form videos; this dif
ference in mindsets may in turn affect experiences and outcomes.

Finally, a key boundary condition that has emerged in previous 
research on binge-watching is intentionality (Riddle et al., 2018; Ulusoy 
et al., 2025). Intentional use, that is watching for as long or as many 
episodes as planned, distinguishes between functional and problematic 
binge-watching of TV shows (Riddle et al., 2018; Ulusoy et al., 2025). 
Relatedly, trait mindfulness – an individual's general tendency to bring 
attention and awareness to the present moment – has been proposed to 
reduce uncontrolled media use as well as negative effects of media use 
on well-being (Schneider et al., 2022). It seems plausible that when 
people binge-watch intentionally (i.e., state intentionality) or are 
generally more mindful about their media consumption (i.e., trait 
mindfulness), they will experience more positive outcomes, be it with 
short- or long-form content. However, it might be more difficult for 
people to set intentions or stick to them in the context of social media. 
Counting the number of episodes of a TV show is much easier than 
counting the number of videos. Moreover, while subsequent videos start 
immediately on social media, there is a short delay on streaming plat
forms, which makes it easier for people to make an intentional decision 
about whether to continue viewing.

In summary, several boundary conditions may influence the effect of 
binge-watching on self-evaluations, recovery, and well-being. In this 
study, we are particularly interested in exploring which factors may 
explain potential differences in experiences and outcomes of binge- 
watching short- and long-form content. We assume that affordances of 
short-form videos on social media and long-form videos on streaming 
platforms as well as user characteristics may affect users' sense of control 
and autonomy over their media use.

Therefore, we investigate how a) algorithmic awareness, b) media 
mindsets, and c) intentionality of use as a state and mindfulness as a trait 
moderate the effects of short- and long-format binge-watching on self- 
evaluations, recovery, and well-being (RQ3).

2. Methods

The preregistration and replication materials of this study are 
available on the Open Science Framework: https://osf.io/w8nkm/?vie 
w_only=c1b914829121496f8ee16eeaa5502079. The study was 
approved by the Ethics Review Board of [institution].

2.1. Participants

Participants for this study were recruited via Prolific. The study was 
conducted in English; we targeted adults living in UK who are fluent in 
English. We used Prolific's screening filters to identify participants who 
have access to at least one streaming service (e.g., Netflix, Hulu) and 
who have a TikTok account. We also required that participants work or 
study full- or part-time; this was to minimize the odds that they are 
professional survey-takers, and moreover, having a regular occupation is 
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also an important contextual factor for binge-watching engagement. We 
informed participants that the survey was about watching multiple 
videos in one sitting, either on a streaming platform or on social media, 
and that they had to be familiar with both contexts. We verified this with 
screening questions in our survey; all participants in the sample watch 
several videos in a row “sometimes” or “regularly”, both on streaming 
services and on social media. Participants who indicated they usually 
don't do this for either of the contexts were excluded prior to the study. 
Participants provided informed consent and received GBP 1.60 as 
compensation for their participation.

We conducted an a priori power analysis in G*Power to determine 
the required sample size. This study has only one hypothesis, which is a 
comparison of means across two conditions. However, we also explore 
moderation effects. We therefore conducted a power analysis for a 
simple moderation model (F tests, linear multiple regression, fixed 
model, R2 increase). Due to the exploratory nature of the study, we 
assumed a small effect size (f2 = 0.02). Given an alpha error probability 
of 0.05 and 3 predictors in the model (IV, moderator, interaction), 395 
participants are needed to achieve a power of 80% for the interaction 
effect. We oversampled by 10%, thus aiming for a sample of 440 
participants.

All data was collected on May 8, 2025. The study was made public on 
Prolific, and Prolific users matching our screening criteria could select to 
participate in the study. The study remained open until 440 participants 
had completed the survey. Two attention checks with instructions to 
select a specific answer option were placed in the questionnaire, based 
on which we removed 25 participants from the dataset who failed both 
checks. The final sample thus consists of N = 415 participants; 197 
identified as male (48%), 217 as female (52%), and 1 preferred not to 
say. The mean age was 38.5 years (SD = 10.64, Min = 19, Max = 73).

2.2. Procedures

Upon selecting to participate in the study on Prolific, participants 
were forwarded to a Qualtrics questionnaire. Only participants who 
provided informed consent and who passed the screening filters could 
move forward with the survey. They were randomly assigned to one of 
two versions of the questionnaire. They were instructed to think either 
about the last time they had watched multiple episodes of a TV show on 
a streaming platform, such as Netflix, or about the last time they had 
watched multiple short-form videos on social media, such as TikTok. All 
following questions then referred to this situation.

2.3. Materials

2.3.1. Independent variable
The type of binge-watching – short- vs long-form – is the independent 

variable. Participants were randomly assigned to report on one of these 
binge-watching experiences. Specifically, participants were asked to 
think of the last time they watched multiple short-form videos in a row, 
for example on TikTok or Instagram (short-from condition) or the last 
time they watched multiple episodes of a TV show in a row, for example 
on Netflix or other streaming services (long-form condition).

2.3.2. Dependent variables

2.3.2.1. Descriptives. For descriptive purposes, we measured how long 
ago the binge-watching session took place (time lag) and which device 
participants had used. In the long-form condition, participants mostly 
reported about viewing sessions from one day ago (39%). 11% referred 
to viewing sessions from the same day, 22% from within the last three 
days, 24% from within the last week, and 4% from longer ago. In the 
short-form condition, 57% referred to same-day media use, 33% to one 
day ago, and only 10% to longer ago. 75% of participants in the long- 
form condition watched on a TV, 11% on a computer, and the rest on 

other devices. In the short-form condition, 91% watched on a smart
phone, 6% on a computer, and the rest on other devices.

2.3.2.2. Duration of the binge-watching session. The total time spent 
watching [multiple episodes of a TV show/multiple short-form videos] 
in that specific session was measured in hours and minutes (xx hours and 
yy minutes) and then transformed to minutes. Binge-watching sessions 
lasted between 60 and 630 min (M = 194, SD = 76.8) in the long-form 
condition and between 3 and 482 min (M = 56, SD = 53.4) in the short- 
form condition.

2.3.2.3. Self-evaluations. We measured self-evaluations following 
Reinecke and Hofmann (2016) with three items (guilty—proud, 
incompetent—competent, unproductive—productive) on a 5-point se
mantic differential scale (Cronbach's α = 0.76, M = 2.76, SD = 0.79). We 
additionally included two-item measures for goal conflict (Spearman- 
Brown = 0.74, M = 2.76, SD = 1.14), autonomy (Spearman-Brown =
0.52, M = 3.63, SD = 0.86), and guilt (Spearman-Brown = 0.90, M =
2.26, SD = 1.16) based on Granow et al. (2018). Given that autonomy 
has a low Spearman-Brown coefficient, this measure should be inter
preted with caution.

2.3.2.4. Subjective well-being. Subjective well-being was also measured 
as proposed by Reinecke and Hofmann (2016), with eight items (e.g., 
sad—happy, weak—strong) on a 5-point semantic differential scale 
(Cronbach's α = 0.86, M = 3.3, SD = 0.69).

2.3.3. Potential mechanisms

2.3.3.1. Entertainment experiences. Entertainment experiences were 
measured as a three-dimensional construct consisting of hedonic, 
eudaimonic, and psychologically rich entertainment. Hedonic enter
tainment (e.g., It was fun for me to watch these [episodes/videos]) and 
eudaimonic entertainment (e.g., I found these [episodes/videos] to be 
very meaningful) were measured based on Oliver and Bartsch (2010)
and psychologically rich entertainment (e.g., I enjoyed that I learned 
something new from watching these [episodes/videos]) based on Wirz 
et al. (2025). Each dimension was measured with three items on a 5- 
point Likert scale. In this study, we are interested in entertainment 
overall; therefore, we created an index including the items from all three 
dimensions (Cronbach's α = 0.88, M = 3.5, SD = 0.71).

2.3.3.2. Narrative engagement. Narrative engagement was measured 
with the scale by Busselle and Bilandzic (2009). We used the sub- 
dimensions attentional focus (e.g., I found my mind wandering) and 
narrative presence (e.g., My body was in the room, but my mind was 
inside the world created by the content). The other two dimensions, 
narrative understanding and emotional engagement, are strongly 
related to one story/narration and are thus not applicable to binge- 
watching short-form videos. All items were measured on a 5-point Lik
ert scale; since all items measuring attentional focus reflect low focus, 
they were reverse-coded. Interestingly, we noticed a negative correla
tion between attentional focus and narrative presence after reverse- 
coding. We thus created two separate indices, attentional focus (Cron
bach's α = 0.82, M = 3.4, SD = 0.93) and narrative presence (Cronbach's 
α = 0.78, M = 2.8, SD = 1.00). It remains an open question if the 
negative correlation between these dimensions reflects a measurement 
issue or if this means that low attentional focus can co-exist with high 
narrative presence in binge-watching.

2.3.3.3. Recovery. Recovery was measured with a scale from Sonnentag 
and Fritz (2007). It consists of 16 items measured on a 5-point Likert 
scale (e.g., I forgot about work/school, I kicked back and relaxed, I did 
something to broaden my horizons, I decided my own schedule). The 
example items illustrate the four sub-dimensions of recovery 
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experiences; detachment, relaxation, mastery, and control. In this study, 
we were interested in recovery in general, therefore, all items were 
combined into one index (Cronbach's α = 0.82, M = 3.6, SD = 0.50).

2.3.3.4. Subjective memory. Participants self-assessed how well they 
remembered the content they had seen during the binge-watching ses
sion on a scale from 1 to 10 (M = 6.34, SD = 2.50).

2.3.4. Moderators

2.3.4.1. Mindsets. We used the social media mindsets scale (Lee & 
Hancock, 2024) and adapted it to fit both contexts. The scale consists of 
seven items which measure valence (e.g., using [streaming services, such 
as Netflix/social media, such as TikTok] is meaningful for me; Cron
bach's α = 0.84, M = 3.5, SD = 0.81) and of five items that measure 
control (e.g., I'm good at managing the ways I use [streaming services, 
such as Netflix/social media, such as TikTok]; Cronbach's α = 0.83, M =
2.5, SD = 0.89). All items were measured on a 5-point Likert scale.

2.3.4.2. Algorithmic awareness. Algorithmic awareness was measured 
with four items based on Zarouali et al. (2021) on a 5-point Likert scale 
(Cronbach's α = 0.86, M = 4.4, SD = 0.68). We adapted the items to fit 
the study's context (e.g., [Streaming services, such as Netflix/social 
media, such as TikTok] use algorithms to prioritize certain videos above 
others).

2.3.4.3. Intentionality. Intentionality, as a state, was measured by 
asking participants if they had watched longer than intended (64%), as 
much or less than intended (10%), or if they had not set an intention 
(24%).

2.3.4.4. Mindfulness. Mindfulness, as a trait, was measured with four 
items on a 5-point Likert scale (Cronbach's α = 0.88, M = 2.8, SD =
0.96). The items were adapted from Schneider et al. (2022), Brown and 

Ryan (2003), and Schroevers et al. (2008) (e.g., I notice that I do things 
without paying attention to them).

3. Results

3.1. Effects on self-evaluations, recovery, and well-being

Hypothesis 1 postulates that binge-watching short-form videos will 
lead to more negative self-evaluations than binge-watching long-form 
videos. Given that the duration of binge-watching sessions differed 
strongly between conditions, which may also affect self-evaluations, we 
conducted an ANCOVA with duration as a covariate. The analysis 
revealed a significant difference between the conditions, F(1, 412) =
26.26, p < .001, η2ₚ = 0.06, indicating that self-evaluations were more 
negative in the short-form video condition compared to the long-form 
condition (Fig. 1). H1 is thus supported by the data. The viewing 
duration was not a significant predictor of self-evaluations, F(1, 412) =
1.23, p = .268, η2ₚ = 0.003. To zoom in on guilt and related concepts, we 
also conducted ANCOVAs with goal conflict, guilt, and autonomy as 
dependent variables (Fig. 2). Goal conflict increases with longer viewing 
duration, F(1, 412) = 4.09, p = .044, η2ₚ = 0.10 and in addition, is 
higher when watching short form videos, F(1, 412) = 17.10, p < .001, 
η2ₚ = 0.04. Guilt is not influenced by the viewing duration, F(1, 412) =
1.25, p = .264, η2ₚ = 0.00, but is higher after watching short-form 
videos, F(1, 412) = 30.11, p < .001, η2ₚ = 0.07. Autonomy is also not 
affected by viewing duration, F(1, 412) = 1.14, p = .285, η2ₚ = 0.00, and 
is higher when watching long-form videos F(1, 412) = 58.48, p < .001, 
η2ₚ = 0.12.

In a next step, we tested if the video format influences recovery and 
subjective well-being after a binge-watching session (RQ1). Again, we 
conducted ANCOVAs with duration as a covariate. The viewing duration 
had a small but positive effect on recovery, F(1, 412) = 4.13, p = .043, 
η2ₚ = 0.01. In addition, recovery was higher after binge-watching long- 
form videos, F(1, 412) = 42.46, p < .001, η2ₚ = 0.09. Subjective well- 

Fig. 1. Estimated marginal means and 95% confidence intervals of self-evaluations by video format.
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being was also higher after watching long-form videos, F(1, 412) =
15.85, p < .001, η2ₚ = 0.04, but duration had no significant impact, F(1, 
412) = 1.20, p = .273, η2ₚ = 0.00. In summary, participants feel less 
recovered and less well after watching short-form videos than after long- 
form video content (Fig. 3).

3.2. Potential mechanisms

To explore if these differences in self-evaluation, recovery, and well- 
being may be a result of experiences during binge-watching sessions, we 
investigated how watching short- or long-form videos affects narrative 
engagement, memory, and entertainment experiences (RQ2). We con
ducted ANCOVAs with duration as a covariate. For narrative engage
ment, we looked at attentional focus and narrative presence separately 
(see methods section). Watching short-form videos leads in tendency to 
lower attentional focus, F(1, 412) = 2.94, p = .087, η2ₚ = 0.00, and to 
significantly lower narrative presence, F(1, 412) = 6.17, p = .013, η2ₚ =
0.01, compared to long-form videos. Interestingly, viewing duration has 
in tendency a negative effect on attentional focus F(1, 412) = 3.53, p =
.061, η2ₚ = 0.008, but a significant positive effect on narrative presence 
F(1, 412) = 15.96, p < .001, η2ₚ = 0.04. Subjective memory was 
significantly lower for short- than for long-form videos, F(1, 412) =
185.58, p < .001, η2ₚ = 0.31. Viewing duration was not related to 
subjective memory, F(1, 412) = 2.2, p = .137, η2ₚ = 0.005. Finally, 
short-form videos were experienced as less entertaining, F(1, 412) =
64.44, p < .001, η2ₚ = 0.14; in addition, longer viewing duration was 
associated with more pronounced entertainment experiences, F(1, 412) 
= 10.65, p = .001, η2ₚ = 0.03. Overall, participants were less engaged 
with short-form videos, perceived them as less entertaining, and 
remembered them less well (Fig. 4).

3.3. Potential boundary conditions

In a last step, we explored the boundary conditions of the effect of 
short- and long-format videos on self-evaluations, recovery, and well- 
being (RQ3). We used the R package interactions (Long, 2019) to 

estimate and analyze interaction effects, and we mean-centered the 
moderator variables to facilitate the interpretation of effects. All models 
are summarized in Table 1. Algorithmic awareness had no significant 
conditional effect, nor direct effect on self-evaluations. Similarly, it had 
no significant conditional or direct effect on well-being. Algorithmic 
awareness was, however, positively related to recovery but only directly 
and not in interaction with the type of video format.

The perceived valence of video use significantly predicted self- 
evaluations, recovery, and in tendency well-being. Specifically, there 
was a significant interaction effect of perceived valence with video 
format on recovery (Fig. 5). For participants with negative perceptions 
of video use, short-form video consumption was associated with lower 
recovery compared to long-form video use. For participants with neutral 
perceptions, there was no difference between the formats. And for par
ticipants with positive perceptions, short-form videos were associated 
with more recovery than long-form videos. While similar interaction 
patterns can be observed for self-evaluations and well-being, these in
teractions were not statistically significant. Moreover, there were sig
nificant direct effects; the more positively participants thought about 
watching short- or long-format videos, the more positively they evalu
ated themselves after binge-watching, the more recovered they felt, and 
the better they reported feeling (Table 2). Participants' perceived control 
over their video use was also significantly related to all three outcomes: 
more perceived control led to more positive self-evaluations, greater 
recovery, and higher well-being. However, there were no significant 
interactions between perceived control and video format, neither on 
self-evaluations, recovery, or well-being (Table 3).

While there were no significant interaction effects between inten
tionality and video format on all three outcomes, the intentionality of a 
binge-watching session as a state characteristic had a significant direct 
effect on self-evaluations. Specifically, compared to participants who 
reported that their viewing session was longer than planned, those who 
watched as much or less than planned reported more positive self- 
evaluations, as did those who had no intention how much they wan
ted to watch. These differences did not extend to recovery or well-being 
(Table 4). With respect to mindfulness (as a personality trait), there were 

Fig. 2. Estimated marginal means and 95% confidence intervals of autonomy, goal conflict, and guilt by video format.
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also no significant interaction effects with video format on all three 
outcomes. Mindfulness, however, had a positive relation with self- 
evaluation, recovery, and well-being; more mindful persons thus feel 
better after binge-watching, which was the case for both short- and long- 

form videos (Table 5).
In summary, we found that a positive mindset, intentional use, and 

mindfulness foster positive effects when watching both short- and long- 
form videos. However, algorithmic awareness seems to be less 

Fig. 3. Estimated marginal means and 95% confidence intervals of recovery and wellbeing by video format.

Fig. 4. Estimated marginal means and 95% confidence intervals of entertainment, narrative focus, narrative presence, and memory by video format. 
Note: Memory was measured on a scale from 1 to 10, all other variables on a scale from 1 to 5.
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important. Most of the effects manifested for short- and long-form videos 
alike, only perceived valence explained differences between outcomes of 
short- and long-form video use.

4. Discussion

While binge-watching TV shows has been intensively investigated in 
the past decade, little is known about experiences with and outcomes of 
binge-watching short-form videos on social media, such as TikTok. The 
goal of this study was to investigate how binge-watching short-form 
videos compares to binge-watching long-form content on streaming 
platforms. As expected, we found that media users' self-evaluations are 
more negative after binge-watching short form videos. Moreover, media 
users reported feeling less recovered and less well after short-form video 
use. Our study adds important nuance to our understanding of the 
relationship between digital media use and digital well-being, particu
larly with regard to online video content in various formats.

We explored potential mechanisms and boundary conditions that 
may explain differences between short-form and long-form videos. 
Short-form video use was associated with less narrative engagement 
(attentional focus and narrative presence), less pronounced entertain
ment experiences, and lower subjective memory for the content 
watched. While we did not test for mediation effects due to the cross- 
sectional nature of our data, it seems likely that the negative outcomes 
of short-form videos result from their limited potential to provide 
entertainment gratifications. The GS-GO model (Palmgreen & Rayburn, 
1982) posits that media users will not repeat a type of media use that 
does not provide the expected gratifications. This raises the question of 
whether media users obtain other gratifications from watching short- 
form videos, or which alternative mechanisms may explain the appeal 
of binge-watching short-form videos.

Table 1 
Linear regression results predicting self-evaluation, recovery, and well-being from condition, algorithmic awareness, and their interaction.

Outcome Predictor b SE t(411) p R2

Self-evaluation Intercept 2.96 0.05 54.76 <.001 0.066
Condition (short-form) − 0.38 0.08 − 4.97 <.001
Algorithmic awareness (centered) 0.09 0.07 1.21 .225
Condition × alg. awareness − 0.18 0.12 − 1.58 .114

Recovery Intercept 3.80 0.03 114.13 <.001 0.113
Condition (short-form) − 0.33 0.05 − 6.95 <.001
Algorithmic awareness (centered) 0.13 0.04 2.94 .003
Condition × alg. awareness − 0.08 0.07 − 1.07 .287

Well-being Intercept 3.42 0.05 72.07 <.001 0.039
Condition (short-form) − 0.27 0.07 − 3.91 <.001
Algorithmic awareness (centered) 0.05 0.06 0.80 .424
Condition × alg. awareness − 0.08 0.10 − 0.80 .426

Fig. 5. Interaction of video format and mindset (valence) on recovery.

Table 2 
Linear regression results predicting self-evaluation, recovery, and well-being 
from condition, mindset (valence), and their interaction.

Outcome Predictor b SE t(411) p R2

Self- 
evaluation

Intercept 2.75 0.06 50.07 <.001 0.27
Condition (short- 
form)

0.05 0.08 0.7 .485

Mindset valence 
(centered)

0.46 0.07 6.64 <.001

Condition × valence 0.12 0.1 1.23 .219
Recovery Intercept 3.64 0.03 112.82 <.001 0.37

Condition (short- 
form)

0.01 0.05 0.27 .791

Mindset valence 
(centered)

0.32 0.04 7.75 <.001

Condition × valence 0.11 0.06 2.02 .044
Well-being Intercept 3.21 0.05 69.82 <.001 0.32

Condition (short- 
form)

0.18 0.07 2.78 .006

Mindset valence 
(centered)

0.49 0.06 8.41 <.001

Condition × valence 0.07 0.08 0.9 .367
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Regarding the boundary conditions, we found that several individual 
factors can protect media users from the negative effects of short-form 
video use on self-evaluations, recovery, and well-being. The more an 
individual perceives to be in control over their media use and view their 
media use as enhancing, the more intentional they watch, and the more 
mindful they are in general, the more positive outcomes they experi
ence. This is in line with previous research on the role of intentionality in 
binge-watching TV shows (Riddle et al., 2018; Ulusoy et al., 2025), the 

role of mindfulness as a protective factor in media use (Schneider et al., 
2022), and the role of mindsets for the effect of social media use on well- 
being (Lee & Hancock, 2024; Parry & Coetzee, 2025). Our findings 
highlight the importance of subjective experience and personal agency 
in shaping the psychological outcomes of short-form video use, rather 
than knowledge-based skills such as algorithmic awareness.

Perceived valence of video use seems to be of particular importance 
since it is the only factor that we identified as a moderator that differ
entiates between effects of short- and long-form videos on recovery. For 
individuals with negative to neutral perceptions of video use, we find 
that they recover less from short-form video use, while individuals with 
positive perceptions recover more. This resonates with theories postu
lating that social norms around new technologies can influence their 
effects (Wolfers, 2024). Our findings highlight that technology panics 
(Orben, 2020) or the pathologization of nonproblematic behavior 
(Flayelle et al., 2025; Grubbs & Boness, 2025) can have detrimental 
effects on an individual's digital well-being. It is, thus, important to pay 
attention to how new technologies are discussed in public discourse.

Finally, this study makes a theoretical contribution by expanding the 
definition of binge-watching to include short-form video use. Given that 
the reported average duration for watching several short form videos in 
a row was 56 min, and TikTok videos are on average under one minute 
long,3 we can conclude from our data that watching short-form videos 
often takes dimensions that can be considered excessive. However, given 
the many differences that we found between the two conditions, our 
study also demonstrates that experiences and outcomes of binge- 

Table 3 
Linear regression results predicting self-evaluation, recovery, and well-being from condition, mindset (control), and their interaction.

Outcome Predictor b SE t(411) p R2

Self-evaluation Intercept 2.84 0.05 51.77 <.001 0.156
Condition (short-form) − 0.19 0.08 − 2.41 .016
Mindset control (centered) 0.31 0.07 4.75 <.001
Condition × mindset control − 0.03 0.09 − 0.34 .735

Recovery Intercept 3.72 0.03 108.47 <.001 0.174
Condition (short-form) − 0.19 0.05 − 3.91 <.001
Mindset control (centered) 0.16 0.04 3.97 <.001
Condition × mindset control 0.02 0.06 0.28 .782

Well-being Intercept 3.33 0.05 68.94 <.001 0.126
Condition (short-form) − 0.10 0.07 − 1.44 .152
Mindset control (centered) 0.24 0.06 4.05 <.001
Condition × mindset control 0.02 0.08 0.28 .783

Table 4 
Linear regression results predicting self-evaluation, recovery, and well-being from condition, intentionality, and their interaction.

Outcome Predictor b SE t(411) p R2

Self-evaluation (Intercept) 2.80 0.07 41.08 <.001 0.107
Condition (short-form) − 0.31 0.09 − 3.34 <.001
Intentional (same/less) 0.48 0.15 3.21 .001
Intentional (no intent) 0.28 0.12 2.28 .023
Condition × intentional (same/less) 0.25 0.30 0.84 .402
Condition × intentional (no intent) − 0.13 0.17 − 0.74 .463

Recovery (Intercept) 3.73 0.04 87.06 <.001 0.116
Condition (short-form) − 0.28 0.06 − 4.77 <.001
Intentional (same/less) 0.16 0.09 1.72 .086
Intentional (no intent) 0.09 0.08 1.24 .217
Condition × intentional (same/less) 0.28 0.19 1.48 .140
Condition × intentional (no intent) − 0.08 0.11 − 0.73 .465

Well-being (Intercept) 3.35 0.06 55.47 <.001 0.061
Condition (short-form) − 0.27 0.08 − 3.26 .001
Intentional (same/less) 0.23 0.13 1.72 .087
Intentional (no intent) 0.09 0.11 0.81 .418
Condition × intentional (same/less) 0.35 0.27 1.33 .185
Condition × intentional (no intent) 0.06 0.15 0.39 .700

Table 5 
Linear regression results predicting self-evaluation, recovery, and well-being 
from condition, mindfulness, and their interaction.

Outcome Predictor b SE t(411) p R2

Self- 
evaluation

(Intercept) 2.95 0.05 57.45 <.001 0.123
Condition (short- 
form)

− 0.39 0.07 − 5.37 <.001

Mindfulness 0.18 0.05 3.22 .001
Condition ×
mindfulness

0.06 0.08 0.76 .446

Recovery (Intercept) 3.78 0.03 116.38 <.001 0.121
Condition (short- 
form)

− 0.31 0.05 − 6.63 <.001

Mindfulness 0.07 0.03 2.06 .040
Condition ×
mindfulness

0.03 0.05 0.64 .520

Well-being (Intercept) 3.41 0.04 76.38 <.001 0.113
Condition (short- 
form)

− 0.27 0.06 − 4.22 <.001

Mindfulness 0.18 0.05 3.75 <.001
Condition ×
mindfulness

0.03 0.07 0.52 .604

3 https://www.statista.com/statistics/1372569/tiktok-video-duration-by-n 
umber-of-views.
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watching are strongly dependent on the format or content being 
watched. In general definitions of binge-watching have so far largely 
focused on the number of episodes watched in one sitting (Flayelle et al., 
2020), neglecting potential moderating effects of media content. Our 
findings reemphasize the need to understand binge-watching as a multi- 
facetted construct rather than a uniform behavior.

While this study demonstrated that binge-watching short-form 
videos on social media is less beneficial for individuals than binge- 
watching long-form content on streaming platforms, the exploratory 
approach we took on this topic comes with several limitations. First, we 
extended the definition of binge-watching to short-form videos, thereby 
assuming that watching multiple videos – irrespective of the format – 
constitutes a “binge”. This may be an oversimplification; watching two 
or three short-form videos is certainly not excessive, just as watching 
two or three episodes of a TV show is not. Future research could try to 
establish a threshold, or rely on self-classifications of media users 
(Ulusoy et al., 2025) to avoid using a pathological label for unprob
lematic media use. Second, due to the exploratory nature of the study 
and the cross-sectional design, we refrain from making causal claims 
about how entertainment experiences during media use relate to out
comes after media use. Future research is needed to investigate if short- 
form videos lead to less recovery because they are less entertaining, and 
if entertainment experiences really depend on the format, or if they are 
also influenced by a user's mindset. Third, there are a few methodo
logical limitations. We measured viewing duration through self-reports. 
Previous research shows discrepancies between self-reported and 
objective measurements, especially in the context of social media use (e. 
g., Verbeij et al., 2021). Thus, the accuracy of our measure might be 
affected by potential recall biases or social desirability. The same applies 
to memory; we only measured subjective memory and not objective 
recognition or recall of content watched. It might be that participants 
overestimate how much detail they remember from a TV show they have 
seen because they can recall the overall storyline, while they underes
timate how much they remember from social media videos because they 
don't remember every video they have seen. Future research should 
therefore also include objective measures for memory. Further, other 
factors which have been proven influential on entertainment experi
ences in such viewing settings were not considered in our study, such as 
viewing video context with others (co-viewing or social viewing), or 
multitasking during media use. Future studies should include more 
context-relevant factors to fully cover these further influences. Finally, 
we collected one sample of adults living in the UK. Replications are 
needed to test the robustness of our findings and their generalizability to 
other populations, including those in different socio-digital or cultural 
context, or where public discourse about social media use and binge- 
watching takes other forms.

Overall, our findings suggest that binge-watching short-form videos 
can contribute to recovery and well-being, especially if media users have 
a positive media mindset. The study highlights the need to consider how 
the public discourse about media technologies may influence the effects 
of media use on well-being, and points to dispositions and behaviors that 
can protect individuals from negative media effects. From a practical 
perspective, our study demonstrates that TV shows are more suitable to 
recover from daily stressors than social media videos. However, it also 
suggests that having a negative mindset about social media may reduce 
the recovery potential of watching short form videos. Therefore, media 
literacy initiatives should not only highlight potential dangers around 
social media but also potential benefits.
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