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Abstract. Establishing trust between humans and intelligent technologies is cru-
cial for a Human-AI Team (HAIT) in the workplace. Trust in a HAIT involves 
evaluating both the trustworthiness of team members and receiving feedback on 
one’s own trustworthiness. However, this evaluation and feedback process can be 
affected by inaccuracies due to subjective assumptions or errors leading to negative 
outcomes. The present study investigated how inaccurate trustworthiness feedback 
from human or AI team members affects individuals’ self-perceived trustworthi-
ness and trust towards the feedback providor. An online scenario study with 511 
participants showed that inaccurate trustworthiness feedback led to lower self-
perceived trustworthiness compared to accurate trustworthiness feedback. How-
ever, no differences in trust in the team member giving the feedback were observed 
based on the source of the feedback (human vs. AI team member). These find-
ings highlight the importance of inaccurate trustworthiness feedback in HAIT and 
suggest avenues for future research on trust dynamics in these new types of teams. 

Keywords: human-AI teams · AI team member · trust · trustworthiness · 
feedback 

1 Introduction 

Numerous organizations are incorporating AI systems into their workplace settings [1], 
with some even adopting AI technologies as active team members working alongside 
human employees [2]. This integration leads to the formation of a Human-AI Team 
(HAIT) [3]. A HAIT consists of both human and AI members working collaboratively 
and interdependently on complex tasks to achieve team objectives. AI team members, 
characterized as autonomous systems, collaborate with humans to fulfill shared team 
goals, requiring a certain level of agency [4]. Establishing trust, which refers to the 
intention to accept vulnerability to a trustee based on positive expectations of their 
actions [5], between humans and AI agents is essential for the success of a HAIT in the 
workplace [6].
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Similar to human-only teams, HAIT members evaluate the trustworthiness of their 
peers based on three criteria: their (perceived) ability, benevolence, and integrity [7]. 
Ability refers to an individual’s skills, competencies, and characteristics that are relevant 
to the task at hand. Benevolence pertains to an individual’s intent—specifically, the extent 
to which a team member believes that a colleague wishes to act in the team members’ 
best interests and pursues the collective goal in team settings. Integrity is the perception 
of how well an individual adheres to the set of principles deemed acceptable by the 
team. At the same time, others evaluate one’s own trustworthiness and respond to it [8]. 
Thus, trust in a HAIT involves not only perceiving the trustworthiness of the other team 
members based on their actions and behaviors but also receiving feedback and input 
based on how others evaluate one’s own trustworthiness [6]. Hence, within a HAIT, all 
team members, including AI team members, act both as evaluators of the other team 
member’s trustworthiness and as recipients of trustworthiness evaluations from their 
team members [8]. However, this evaluation process can be prone to inaccuracies due 
to subjective assumptions and occasional errors by both human and AI team members. 
When such misalignment occurs, it creates uncertainty and vulnerability not only towards 
the other team members and how they are perceived, but also how one perceives oneself. 
In turn, this can hinder the development of trust and potentially leading to increased 
tension, distractions, and reduced team performance [9, 10]. Although previous studies 
have shown that developing appropriate trust between humans and AI team members 
remains a key challenge [11], research on this topic within HAITs is quite limited. 

The goal of the present study is twofold. The first aim is to investigate how accu-
racy of trustworthiness feedback from a team member—whether human or AI—affects 
an individual’s self-perceived trustworthiness as well as the trust in that team member. 
Specifically, we examine whether the accuracy of trustworthiness feedback from human 
and AI team members—defined as either a match (accurate) or a mismatch (inaccurate) 
between a team member’s actual trustworthiness and how it is perceived by another 
team member—affects an individual’s self-perceived trustworthiness, in other words 
their own subjective assessment of their trustworthiness. Receiving inaccurate feedback 
that undervalues one’s trustworthiness can negatively impact how individuals assess 
their own reliability. Specifically, according to attribution theory [12, 13], we propose 
that individuals are more likely to attribute inaccurate trustworthiness feedback to per-
sonal shortcomings rather than external factors. This tendency causes them to question 
their abilities and judgment, leading to reduced confidence and diminished self-perceived 
trustworthiness than when receiving accurate trustworthiness feedback. Simultaneously, 
we explore whether the accuracy of trustworthiness feedback from human and AI team 
members impacts trust toward these team members. When individuals have high expec-
tations regarding their own trustworthiness, they assume that their actions and decisions 
will be recognized as reliable. However, when they receive feedback that undervalues 
their trustworthiness (inaccurate trustworthiness feedback), this expectation is violated. 
According to the violated expectations model [14, 15], such a discrepancy—particularly 
when perceived as unjustified or misaligned with one’s self-view—can lead to negative 
evaluations of the feedback source (e.g. the human or AI team member) and a reduction 
in trust.
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The second aim is to explore whether the source of the inaccurate trustworthiness 
feedback—human versus AI team member—leads to different outcomes. Given the dif-
ferences in perceptions of trust among team members between human-only teams and 
HAITs [16] and that humans tend to assess more negatively AI’s compared to human’s 
decisions [17] often assuming an AI’s inconsistent performance [18], we expect differ-
ences when receiving inaccurate trustworthiness feedback from a human compared to an 
AI team member. We specifically examine whether inaccurate trustworthiness feedback 
has a less negative impact on one’s self-image when it comes from an AI team member 
rather than a human team member. We hypothesize that inaccurate feedback from an AI 
team member is more likely to be dismissed or discounted by devaluing the discrepant 
information, compared to feedback from a human team member. Conversely, we inves-
tigate whether inaccurate trustworthiness feedback has a stronger negative impact on 
trust toward the team member when it comes from an AI rather than a human team 
member. Drawing on the idea that people attribute motives to behaviors—distinguishing 
between internal personal motives and external circumstantial ones [12]—we argue that 
inaccurate feedback from an AI team member is more likely to be attributed to an error 
of judgment on the part of the AI itself. This attribution may lead to reduced trust in the 
team member being assessed, compared to when the same feedback is received from a 
human team member. 

Overall, we propose the following: 
Hypothesis 1: Self-perceived trustworthiness will be lower when receiving inaccurate 

rather than accurate trustworthiness feedback. 
Hypothesis 2: Trust in the team member (human or AI) providing the feedback will 

be lower when receiving inaccurate rather than accurate trustworthiness feedback. 
Hypothesis 3: The negative impact of inaccurate trustworthiness feedback on self-

perceived trustworthiness will be weaker when the feedback is given by an AI rather 
than a human team member. 

Hypothesis 4: The negative impact of inaccurate trustworthiness feedback on trust 
in the team member providing the feedback will be stronger when the feedback is given 
by an AI rather than a human team member. 

This study aims to deepen our understanding of trust in HAITs by examining whether 
perceptions of oneself, others, and trust relationships vary based on the accuracy of 
trustworthiness feedback and whether the feedback provider is a human or an AI team 
member. 

2  Metho  d

2.1 Sample and Study Design 

To test our hypotheses, we used a between-subjects design. Specifically, we manipulated 
the type of team member (human or AI) and the accuracy of trustworthiness feedback 
(accurate of inaccurate). Thus, participants were randomly assigned to four conditions
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(type of team member: [human/AI]) × accuracy of trustworthiness feedback: [accu-
rate/inaccurate]) and completed an online scenario-study using the software Qualtrics. 
The participants did not work in a real team nor did they execute tasks during the exper-
iment; all the information received was part of a hypothetical scenario. The inclusion 
criteria were being aged 18 or above and having a sufficient English-proficiency level, 
as the scenarios and questionnaires were written in English. Participants were recruited 
through the website Prolific. 

In total, 881 participants completed the study. During the data processing stage, 
358 participants were excluded1 . The final sample consisted of 511 participants (50.1% 
female, 48.3% male, 1.4% other; Mage = 30.32, SDage = 9.48), with 240 participants 
from the AI team member condition and 271 participants from the human team member 
condition. In the AI team member condition, 119 participants were assigned to the 
accurate-feedback condition (condition AI-Accurate) and 121 participants to inaccurate-
feedback condition (condition AI-Inaccurate). In the human team member condition, 
137 participants were assigned to the accurate-feedback condition (condition Human-
Accurate) and 134 participants to the inaccurate-feedback condition (condition Human-
Inaccurate). 

2.2 Study Procedure 

After receiving ethical approval from the first and third author´s institution to run the 
present study, participants were recruited via Prolific. After being informed about the 
purpose of the study, voluntariness, data anonymity and storage, all the participants 
completed four study parts. First, they were presented with a fictional scenario in which 
they were part of a company combining the skills of humans and AI technologies. The 
participants were informed that they were part of a HAIT, which consisted of different 
experts and which was developing a fitness app. They were also informed that depending 
on the task during the app development, they often worked in pairs with one other member 
of their team. Second, participants received their profile as members of this HAIT, having 
the role of the designer. In their profile, they were described as highly trustworthy, with 
high levels of ability (e.g. highly skilled), integrity (e.g. just and fair), and benevolence 
(e.g. caring for co-workers). After reading their profiles, we assessed their self-perceived 
trustworthiness. 

Third, participants were informed that they received an email from a colleague, with 
whom they are having a meeting the next day. This email included feedback points to 
be included in their upcoming project. Depending on the participant´s condition, par-
ticipants received feedback either from an AI or a human team member. This feedback

1 Participants were excluded due the following reasons: 24 participants spent less than seven 
minutes on the study; one participant from the human teammate condition did not provide 
their consent; 126 participants failed the attention checks (wrong answer when asked to select 
“strongly disagree”); 196 remembered their type of team member incorrectly; 12 more partici-
pants were excluded as they rated the scenario realism to be 1; no additional participants were 
excluded after checking for outliers. 
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was either accurate (conditions AI-accurate and human-accurate) or inaccurate (condi-
tions AI-inaccurate and human-inaccurate) in reflecting the high level of trustworthiness 
described in the participant’s profile, which they have read just before receiving the feed-
back. After reading this email, we assessed self-perceived trustworthiness, trust in the 
team member that provided the feedback, and asked participants to complete two atten-
tion checks (i.e., “Who is the App Developer Expert in your team?” and “What is the 
hierarchical level of the App Developer Expert in the team?”). Fourth, participants were 
informed that the study scenario was over. Then, we assessed demographics and some 
additional control variables and at the end, we thanked participants for their time. 

The study lasted an average of 15 min, and participants were compensated at a rate 
of £9.11 per hour via Prolific. 

For study material (profile, manipulation of accuracy of trustworthiness feedback, 
and manipulation of type of team member) see Appendix. 

2.3 Measures and Materials 

Accuracy of Trustworthiness Feedback. The trustworthiness feedback was manipu-
lated via the information provided in the email that the participant received from their 
team member. This information was either accurately aligned (i.e., accurate trustworthi-
ness feedback) or inaccurately aligned (i.e., inaccurate trustworthiness feedback) with 
the high level of trustworthiness described in the participant’s profile as part of the study 
scenario. In line with the literature showing that trustworthiness is a multifaceted con-
struct comprising three dimensions – ability, integrity and benevolence [7] – the email, 
consisted of one passage per dimension (i.e. skills, values and working with others, 
with each described as either high (i.e. accurate trustworthiness feedback) or low (i.e. 
inaccurate trustworthiness feedback). 

Self-perceived Trustworthiness. Self-perceived trustworthiness was assessed with the 
15-item trustworthiness scale from Jarvenpaa et al. [19]. The items were modified so 
that the self-perceived trustworthiness was assessed replacing “my team member” with 
“I” (e.g., “I have much knowledge about the work that needs to be done.”), showing 
good scale reliability (α = .85–.90). Responses were given using a 5-point Likert scale 
ranging from 1 (strongly disagree) to 5 (strongly agree).

Trust in the Team Member. Trust in the team member providing feedback was assessed 
using twelve items, measuring both cognitive and affective trust. These components were 
included due to their established relevance in HAIT research [16]. Six items assessed 
the cognitive (e.g., “Given my team members’ track records, I see no reason to doubt 
their competence and preparation for the project”), and six items assessed the affective 
component of trust (e.g., “I can talk freely to my team members about the difficulties I 
am having with the project and know that they will want to listen”). The scale including 
all items demonstrated good reliability (α = .94), with responses given using a 5-point 
Likert scale ranging from 1 (strongly disagree) to 5 (strongly agree).
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Type of Teammate. The type of teammate was manipulated based on whether the email 
participants received was from a human or an AI team member. 

With regards to participant demographics, age, gender, nationality, education, and 
employment status were assessed. Finally, we also assessed participants general trust 
in technology using three items (e.g., “My typical approach is to trust new information 
technologies until they prove to me that I shouldn’t trust them”) drawn from Disposi-
tion to trust technology scale [20], using using a 7-point Likert scale ranging from 1 
(strongly disagree) to 5 (strongly agree), and participant’s experience with AI using a 
self-developed item (“To what extent do you have experience with using AI in general? 
Examples of AI are Chat GPT, Siri, and Grammarly.” using a 5-point Likert scale ranging 
from 1 (no experience) to 7 (lots of experience). 

3 Results 

All the analyses were performed with IBM’s SPSS Statistics 29. 

3.1 Preliminary Analysis 

Before testing our hypotheses, we wanted to check whether participants perceived them-
selves as highly trustworthy after reading their profiles and before receiving feedback 
from their team members. Across conditions, self-perceived trustworthiness was very 
high after participants read their profiles, with no significant differences between the 
conditions (F(3,510) = .17, p = .912; M = 4.71, SD = 0.35 for AI-Accurate, M = 4.70, 
SD = 0.36 for AI-Inaccurate, M = 4.70, SD = 0.31 for Human-Accurate, M = 4.68, 
SD = 0.33 for Human-Inaccurate). Furthermore, we found no significant differences 
between conditions with regards to gender (F(3,510) = 1.03, p = .377), age (F(3,510) 
= 1.09, p = .350), as well as with regards to the variables general trust in technology 
(F(3,510) = .53, p = .656) and experience with AI (F(3,510) = .82, p = .483). 

Means, standard deviations and correlations between the study variables are 
presented in Table 1. 

3.2 Hypothesis Testing 

To test the impact of the accuracy of trustworthiness feedback on self-perceived trustwor-
thiness (Hypothesis 1) and trust in the team member (Hypothesis 2), we run independent 
sample t-tests. As expected, receiving inaccurate compared to accurate trustworthiness 
feedback led to participants indicating lower values of self-perceived trustworthiness, 
t(509) = 14.89, p < .001, and lower values of trust in the team member giving the 
feedback, t(509) = 15.09, p < .001. Thus, Hypothesis 1 and 2 were supported. 

To test whether the source of the inaccurate trustworthiness feedback—human versus 
AI team member— changed the impact of inaccurate trustworthiness feedback on self-
perceived trustworthiness (Hypothesis 3) and trust in the team member (Hypothesis 4), 
we run two moderation analysis using Model 1 from the PROCESS SPSS macro (Hayes, 
2013). In contrast to our expectations, the negative impact of inaccurate trustworthiness
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Table 1. Descriptive statistics and intercorrelations of the study variables. 

Variables M SD 1 2 3 4 5 6 7 8 9 

1. Accuracy of 
Trustworthi-
ness 
Feedback 

1.50 0.50 -

2. Type of Team 
Member 

1.53 0.50 -.01 -

3. Self-
perceived 
trustworthi-
ness (before 
feedback) 

4.70 0.33 -.02 .00 (.84) 

4. Self-
perceived 
trustworthi-
ness (after 
feedback) 

4.22 0.83 -.55** .00 .32** (.95) 

5. Trust in the 
Team 
Member 

3.84 0.86 -.55** .11* .16** .51** (.94) 

6. General Trust 
in Technology 

5.21 1.16 .05 .02 .18** .05 .18** (.74) 

7. Experience 
with AI 

3.68 0.93 -.01 .06 .04 .03 .11* .26** -

8. Gender 1.54 0.54 -.01 -.02 .10* .01 .01 -.04 -.11* -

9. Age 30.32 9.48 .06 -.04 .17** .04 -.09* .00 -.28** .00 -

Notes. * p < .05; ** p < .001; sample size is 511 individuals; accurate trustworthiness feedback is 
coded as 1 and inaccurate trustworthiness feedback is coded as 2; human team member is coded 
as 1 and AI team member is coded as 2; the Cronbach’s alpha reliability values are displayed on 
the diagonals of the correlation matrix. 

feedback on self-perceived trustworthiness did not differ significantly when the feedback 
was given by an AI than a human team member, b = 0.06, 95% CI [−0.173, 0.309]. 
Similarly, the negative impact of inaccurate trustworthiness feedback on trust in the team 
member did not significantly differ when the feedback was given by an AI than a human 
team member, b = -0.08, 95% CI [−0.328, 0.168]. Thus, Hypothesis 3 and 4 were not 
supported. 

Means, standard deviations for self-perceived trustworthiness and trust in the team 
member for each condition are presented in Table 2.
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Table 2. Means and standard deviations for self-perceived trustworthiness and trust in the team 
member for each condition. 

Conditions 

Accurate Trustworthiness Feedback Inaccurate Trustworthiness Feedback 

AI- and human-
Accurate 

AI-
Accurate 

Human-
Accurate 

AI- and 
human-
Inaccurate 

AI-
Inaccurate 

Human-
Inaccurate 

Variables M SD M SD M SD M SD M SD M SD 

Self-Perceived 
Trustworthiness 

4.68 0.39 4.64 0.46 4.71 0.31 3.76 0.89 3.69 0.873.83 0.91 

Trust  in  the  
T eam Member

4.32 0.52 4.19 0.59 4.42 0.42 3.36 0.87 3.28 0.863.43 0.87 

Notes. The sample size is 256 participants in the conditions AI- and Human-Accurate, with 119 
participants in the condition AI-Accurate and 137 participants in the condition Human-Accurate, 
and 255 participants in the conditions AI- and Human-Inaccurate, with 121 participants in the 
condition AI-Inaccurate and 134 participants in the condition Human-Inaccurate 

4 Discussion 

4.1 Implications for Research 

To provide empirical insights into trust in HAITs, this study examined whether the 
accuracy of trustworthiness feedback—given by either a human or an AI team member— 
affects self-perceived trustworthiness and trust in the feedback provider. Additionally, 
it explored whether the impact of inaccurate feedback differs depending on whether it 
comes from a human or an AI team member. 

In line with our expectations, we found that trustworthiness feedback resulted in less 
self-perceived trustworthiness when it was inaccurate compared to accurate. This result 
is in line with previous research stating that discrepancies between self-perception and 
external evaluations can harm an individual’s confidence in their trustworthiness [21]. 
This means that when individuals receive incorrect assessments about their trustworthi-
ness from both human and AI team members, they seem to doubt their own abilities and 
judgment. Furthermore, we showed that trustworthiness feedback led to less trust in the 
team members providing the feedback when this feedback was inaccurate compared to 
accurate. This aligns with previous theoretical work suggesting that trust in other team 
members also depends on how much you perceive they trust you as a member [8]. 

Contradicting our assumptions, the type of team member did not moderate the impact 
of inaccurate trustworthiness feedback on self-perceived trustworthiness and trust in 
the team member giving the feedback. Discrepancies between external evaluations and 
self-perception seemed to harm one’s confidence in their trustworthiness as well as 
their interpersonal relationships with the team member providing the feedback, no mat-
ter whether this was an AI or a human, potentially perceiving it as unfair or unkind 
[22]. These results challenge previous studies suggesting that trust development differs 
between human-only teams and HAITs [16]. Prior empirical evidence may have shown 
that humans as trustors trust more their human than their AI team members [23]. How-
ever, in the present study, no trust differences were found when humans as trustees were
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evaluated by human versus AI team members. Future research should explore the extent 
to which existing trustor, trustee and trust dynamics literature can be directly applied to 
HAITs or requires refinement and adjustment. 

4.2 Limitations and Next Steps 

While this study provides valuable initial insights, several limitations should be acknowl-
edged when interpreting the findings. One of the most important limitations is that it was 
a scenario study. Imagining to have an AI team member might have been too unfamiliar 
for the participants, making it difficult for them to perceive this scenario as even possible 
in the future. The present study should be replicated with stronger manipulations (e.g. 
Wizard of Oz approach) or interactions with simplistic AI team members (e.g. adjusted 
ChatGPT). Furthermore, the variables were captured only via self-reports, which are 
susceptible to bias, and may not be fully representative of an individual’s beliefs. In the 
future, similar studies should incorporate tasks, where behaviors and reactions towards 
team members can be observed and captured. Finally, many important variables that 
impact the trust relationships between humans as well as human and AI agents, such 
as AI agent and team characteristics were neglected. Previous meta-analyses of trust in 
AI agents and automated systems have suggested that the characteristics of the system 
(embodiment, anthropomorphism, etc.) strongly impact trust [8, 24, 25]. Other studies 
have also indicated that trust is much more important and impactful in contexts where 
trust behaviors can cause greater consequences [26] and that incorporating context is 
necessary to differentiate the consequences of trust from behavioral intentions. These and 
additional factors should be considered when conducting similar studies in the future. 

5 Conclusion 

Building trust between humans and intelligent technologies is essential for the effective 
functioning and success of a HAIT within the organizational setting. Trust within HAITs 
is shaped not only by perceptions of the trustworthiness of team members but also by the 
feedback and evaluations of one’s own trustworthiness. The accuracy of trustworthiness 
feedback, whether from human or AI teammates, can influence the development of trust 
and potentially the subsequent outcomes. Indeed, our study revealed that inaccurate 
compared to accurate trustworthiness feedback resulted in lower self-perceived trust-
worthiness, but the source of the feedback—human or AI—did not significantly impact 
those relationships. These findings emphasize the importance of trustworthiness feed-
back in HAIT relationships. To enhance feedback quality, future work should explore 
systems for real-time performance-based feedback, personalized AI calibration, and 
training for human team members to interpret AI feedback effectively. Further research 
is also needed to assess whether existing trust dynamics and feedback literature from 
human interactions can be applied to HAITs or requires refinement. 
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Appendix 

Profile for Designer Team Member 

Your role and expertise as an App Design Expert 

You are one of the best App Design Experts in your field. You are a team member 
who participates in decision-making and fulfils a distinct role that contributes to team 
performance. Your role and related expertise serve as a crucial asset in the team, which 
aids the further development of the fitness app. Thanks to your expertise, the milestones 
overcome in the app development highlight the potential benefits towards the company 
if the team’s ideas get CEO endorsement and funding. 

There are three main components that are reviewed in the feedback forms of 
your company. From your own perception and previous feedback you have gotten the 
following insights about yourself: 

Skills 
You have been a designer in demand and have worked on multiple successful projects. 
With the help of additional training, your skillset keeps expanding and you feel confident 
in your capabilities. Previous feedback rounds from your peers have strengthened your 
confidence in your capabilities. Co-workers often ask you for your feedback on their 
work or advice regarding new design projects. Often, you are given high-responsibility 
roles for important projects. 

Values 
Justice and fairness are fundamental to you. You believe it is important to stay honest 
when working with your colleagues and work in a reliable way where you keep the 
promises, e.g., about deadlines, you have made. From your previous team members, you 
have received feedback that you are very consistent with your work and that they feel 
they can rely on you to fulfil your responsibilities. 

Working With Others 
You are caring for your co-workers and team members. When collaborating, you tend to 
take all team members  ́ interests and goals into account and try to find the best solution 
for everyone involved. You are a real team player who likes to help others to see them 
grow. If you see someone struggling with a task, you tend to take time out of your own 
schedule to help them out. 

From your colleagues, you have received feedback of them feeling seen and heard 
by you. They believe you don’t only take your own interests into account but also theirs 
when making a decision and a mutually beneficial relationship has oftentimes been 
created. 

Manipulation for Type of Team Member (AI/Human) 

Tomorrow your project continues. For the next project step, you collaborate with the 
AI/human team member who functions as an App Developer Expert. Your team is focused



228 E. Georganta et al.

on building a new feature requiring both your design skills and the other AI/human team 
member’s technical expertise. Before tomorrow’s meeting, the AI/Human App Developer 
Expert sent you an E-mail summarizing ideas and thoughts about your collaboration in 
the next steps of the project. 
Manipulation for Accuracy of Trustworthiness Feedback (accurate/inaccurate) 

Dear App Design Expert, 

I hope this E-mail finds you well. 

I have reflected on our previous collaboration and would like to suggest the following 
for our next project. 

From now on, I believe it would be important that: 

We keep consulting each other on a regular basis to ensure that I can provide the right 
technical requirements according to your design choices for the new feature. I will give 
feedback on your designs to further improve the performance of the functionalities./ 
We should integrate more feedback loops to ensure that your design choices align with 
the technical requirements of the feature, as I am not sure about the performance of 
the functionalities that you have designed so far. Whenever I have time, I will suggest 
changes to your designs to ensure that the new feature will align with the rest of the 
application and function well. 

Furthermore, I appreciate your high level of transparency and communication with 
me in the previous parts of the project. You have kept me well-informed about your 
design decisions and asked me for my input when needed. This is why I would like our 
collaboration to remain the same./ Furthermore, I have noticed that in the past, your 
design choices were not always consistent and you were not always able to keep the 
discussed deadlines. For the next part of the project, I will set deadlines for your final 
decisions to ensure we can work effectively. 

Finally, I have noticed that you make design decisions that prioritize the user’s and 
the team’s needs and preferences, therefore I will commit to developing the app in the 
most user-friendly and accessible way possible. I will try to anticipate your preferences as 
a designer and suggest changes that align well with your design style./ Finally, regarding 
your design choices, I felt you tend to prioritize commercial interests over the user’s and 
the team’s needs. I would suggest focusing more on usability and making the app more 
accessible to everyone. 

I am looking forward to our meeting tomorrow. 
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