
UvA-DARE is a service provided by the library of the University of Amsterdam (https://dare.uva.nl)

UvA-DARE (Digital Academic Repository)

I'm not interested : nonresponse bias, response bias and stimulus effects in
election research

Voogt, R.J.J.

Publication date
2004
Document Version
Final published version

Link to publication

Citation for published version (APA):
Voogt, R. J. J. (2004). I'm not interested : nonresponse bias, response bias and stimulus
effects in election research. [Thesis, fully internal, Universiteit van Amsterdam]. Unpublished
doctoral dissertation, University of Amsterdam.

General rights
It is not permitted to download or to forward/distribute the text or part of it without the consent of the author(s)
and/or copyright holder(s), other than for strictly personal, individual use, unless the work is under an open
content license (like Creative Commons).

Disclaimer/Complaints regulations
If you believe that digital publication of certain material infringes any of your rights or (privacy) interests, please
let the Library know, stating your reasons. In case of a legitimate complaint, the Library will make the material
inaccessible and/or remove it from the website. Please Ask the Library: https://uba.uva.nl/en/contact, or a letter
to: Library of the University of Amsterdam, Secretariat, Singel 425, 1012 WP Amsterdam, The Netherlands. You
will be contacted as soon as possible.

Download date:24 May 2023

https://dare.uva.nl/personal/pure/en/publications/im-not-interested--nonresponse-bias-response-bias-and-stimulus-effects-in-election-research(48deafeb-acae-4a57-97ba-8714599984c2).html


"I'MM NOT INTERESTED" 

Nonresponsee bias, response bias and 
stimuluss effects in election research 

Robertt Voogt 



'TMM NOT INTERESTED" 

NONRESPONSEE BIAS, RESPONSE BIAS AND STIMULUS EFFECTS IN ELECTION 

RESEARCH H 

ACADEMISCHH PROEFSCHRIFT 

terr verkrijging van de graad van doctor 

aann de Universiteit van Amsterdam 

opp gezag van de Rector Magnificus 

prof.mr.. P.F. van der Heijden 

tenn overstaan van een door het college voor promoties ingestelde 

commissie,, in het openbaar te verdedigen in de Aula der Universiteit 

opp donderdag 4 maart 2004, te 14:00 uur 

doorr Robert Johannes Josephus Voogt 

geborenn te Loenen aan de Vecht 



Promotiecommissie e 

Promotor:: prof.dr. W.E. Saris 

Overigee leden: prof. dr. C. van der Eijk 

prof.. dr. J.G. Bethlehem 

prof.. dr. P.C. Neijens 

prof.. dr. G. Loosveldt 

dr.. G. Visscher 

dr.. S. Hader 

Faculteit:: Faculteit der Maatschappij- en Gedragswetenschappen 

L L 



UI I 

Contents s 

Contentss iii 

Acknowledgmentss iv 

Introductio nn 1 

Chapterr  1 Nonresponse and the gap between public and the politicians 9 

1.11 Introduction 9 

1.22 Methodology 11 

1.33 Data collection 15 

1.44 Results 17 

1.55 Correcting the proportion of those found to be politically interested in 24 

thee DNES-surveys 

1.66 Discussion 27 

Appendicess to Chapter 1 30 

Chapterr  2 Nonresponse bias and stimulus effects in the Dutch National 35 

Electionn Study 

2.11 Introduction 35 

2.22 The 1998 Dutch National Election Study 37 

2.2.11 The sampling procedure 37 

2.2.22 The nonresponse study 38 

2.2.33 The stimulus effect study 40 

2.33 Results 41 

2.3.11 Nonresponse bias 41 

2.3.22 Stimulus effects 48 

2.44 Discussion 52 



IV V 

Chapterr  3 Mixed mode designs: finding the balance between selection bias and 55 

modee effects 

3.11 Introduction 55 

3.22 Selection and transformation processes 56 

3.33 Mode effects 57 

3.44 Sampling and data collection 60 

3.4.11 The sample 60 

3.4.22 Data collection 61 

3.4.33 The sampling and response processes 63 

3.55 Results 64 

3.5.11 The sampling process 64 

3.5.22 The response and nonresponse processes 66 

3.5.33 Testing a loglinear model of the selection processes 69 

3.5.44 Testing a loglinear model of the transformation processes 70 

3.5.55 To get to a design with a minimum amount of bias 73 

3.66 Discussion 77 

Chapterr  4 Bias in election research 83 

4.11 Introduction 83 

4.22 Detection of bias 85 

4.2.11 Causes of nonresponse bias 85 

4.2.24.2.2 Causes of response bias 86 

4.2.33 Causes of stimulus effect bias 86 

4.2.44 Contribution to total bias 87 

4.33 Methodology 89 

4.44 Results 92 

4.4.11 Nonresponse bias 92 

4.4.22 Response bias 94 

4.4.33 Stimulus effect bias 97 

4.4.44 Contribution to total bias 99 

4.55 Discussion 100 



Chapterr  5 To participate or  not to participate: the link between survey 103 

participation ,, electoral participation and political interest 

5.11 Introduction 103 

5.22 Social involvement 104 

5.33 Attachment to society 113 

5.44 The model 114 

5.55 Design of the study 116 

5.5.11 Sample design 116 

5.5.22 Nonresponse 117 

5.5.33 The operationalization of the endogenous variables 119 

5.5.44 The operationalization of the exogenous variables 121 

5.66 The model tested 124 

5.77 Results 125 

5.88 Discussion 130 

Chapterr  6 How to correct for  nonresponse bias in election research 133 

6.11 Introduction 133 

6.22 Nonresponse bias in election research 137 

6.33 Application of methods to correct for distributional bias in variables 142 

6.44 Results of the correction methods 146 

6.55 Conclusions of the comparison of the correction methods for univariate 152 

analysis s 

6.66 Application of methods to correct for bias in relations between variables 153 

6.6.11 Results 154 

6.77 Discussion 159 

Appendixx 6.1 162 

Chapterr  7 An alternative approach to correcting response and nonresponse 163 

biass in election research 

7.11 Introduction 163 

7.22 Correction for nonresponse bias 164 

7.33 Consequences of bias in the weights due to a stimulus effect 167 

7.44 Consequences of bias in the weights due to misreporting 169 



VI I 

7.55 How to correct for bias caused by stimulus effects and misreporting 171 

7.66 An illustration of the integrated correction procedure 174 

7.6.11 The 1998 Dutch National Election Study 175 

7.6.22 Correcting of the 1998 DNES data for stimulus effect bias 176 

7.6.33 Correcting of the 1998 DNES data for answer effects bias 179 

7.6.44 Correcting of the 1998 DNES data for nonresponse bias 180 

7.77 Generalizing the integrated correction method to other election studies 185 

7.88 Discussion 186 

Referencess 189 

Nederlandsee samenvatting 213 3 



vu u 

Acknowledgments s 

Beforee taking you on a journey into the shimery world of survey research, nonresponse bias 

andd election studies, I first want to say a few words of appreciation to all the people that have 

inn a direct or indirect way have contributed to this product. 

Thiss thesis wouldn't have existed without Willem Saris, who guided me through this 

wholee process, showed me the way out in the times I got stuck and kept stimulating me all 

thesee years that the completation of uiis thesis took. Although I take full responsibility of 

everythingg that has been written down here, I think every thesis should be the result of a 

processs of interaction between the promotor and promovendus, and this thesis surely is. 

Thee kind cooperation of the municipality of Zaanstad, especially of Cees Fonteijn, 

madee it possible to do, for the first time in the history of The Netherlands, a voter validation 

study.. I'm much indebted to them for this. The research team of the 1998 Dutch National 

Electionn Study, especially Cees Aarts and Henk van der Kolk, agreed to add a nonresponse 

studyy and a stimulus effect study to the research design of the 1998 DNES. Without this, 

manyy elements of the research described in this thesis, would not have been possible. My 

thankss go also out to all the people involved in the data collection: the people of Stichting 

Telepanel,, O+S and ITS. 

II  also would like to thank all people that have been so kind to comment on previous 

versionss of the papers that have been gathered in this book - first, the people of Willem's 

'readingg club', Wouter, William, Marcel, Merlijn, Hetty, Theresia and Emiel, that have given 

theirr valuable comments on earlier versions of several chapters of this book; Leonie Huddy 

forr her comments on the first chapter (and the inspiring workshop on nonresponse at the 1997 

Summerr school at the University of Essex), Jelke Bethlehem for his comments on the sixth 

chapter,, Geert Loosveldt and Gerard Visscher for their comments on an earlier version of this 

thesis,, and several anonymous reviewers. Also thanks to Babet Bonemeijer for correcting the 

Englishh of most of the chapters in this book. Finally, thanks to Chris Stevenet for helping me 

outt with the layout. 

II  would especially like to thank Hetty van Kempen, with whom I've written the paper 

thatt ended up as the second chapter in this book, and Kees Niemoller, who was co-author 

(togetherr with Willem) of the paper that is now the first chapter. Special thanks also go out to 

Merlijnn Wouters, who has been my roommate at the University for a couple of years: thanks a 

lott for your nice company and the many cups of tea. 



V l l l l 

Thankss go also out to the people that were willing to be part of my promotion 

commission:: Jelke Bethlehem, Cees van der Eijk, Sabine Hader, Geert Loosveldt, Peter 

Neijenss and Gerard Visscher. Thanks to all the people that I met at the 1997 Summer school 

att the University of Essex and recently at the 10th international workshop on household survey 

nonresponsee at the University of Leuven - it are meetings like these that are important for 

researchers,, as it gives them new inspiration and new insights to carry on their work. 

Beforee I've started working on this thesis, I have been employed for several years at 

thee Stichting Telepanel/NIMMO - my decision to start working on my own Ph.D.-project was 

surelyy inspired by the time I've worked at Telepanel/NIMMO. I still look back with so much 

pleasuree at all the good memories I have from this time, and I want to take this opportunity to 

thankk all my collegues at Telepanel/NIMMO for all the nice years I had there. My experience 

att Telepanel also shaped me as a researcher, and I don't think I would have been able to do 

thee research I did without the years at Stichting Telepanel. It for sure has laid the foundation 

forr this research project. 

Afterr my years at Telepanel, I doubted if I ever would be able to find another job that 

wouldd combine interesting work and a great working atmosphere, but I am happy to be able to 

sayy that it turned out to be possible. Already for three years I am working at the section 

'Toezichtt Gemeenten' of the Ministery of Social Affairs and Employment (from 2002 on part 

off  the Inspection for Work and Income) and I still enjoy it a lot - I want to thank all my 

colleguess there for being so nice persons and for their interest in my Ph.D-research, which for 

suree stimulated me to carry on and made it possible to finish it in the end. 

Myy appreciation for the support that has been given to me through all these years by 

myy family - my parents Henk and Lia, my sister Brigitte and my soon-to-be brother-in-law 

Michiell  - can not be put into a few simple words on paper. Thanks so much for all you did 

andd still are doing for me! 

Finally,, I want to thank all people that have played their part in shaping my life in the 

almostt seven years I worked on my thesis - all the people I learned to know through my 

activitiess in local politics, the local refugee aid group and the Ludgerus parish, Rodica and the 

peoplee of the Amsterdam yoga group, my family, and last, but for sure not least, all my 

friendss from the hardcore/punk and straight edge scene - both inside and outside of Holland. 

II  want to dedicate this work to all the people who are important to me - so to you all! 

Robertt Voogt 

Nigtevecht,, January 2004 



1 1 

Introductio n n 

Inn the same way that elections are a regularly recurring phenomenon in parliamentary 

democracies,, so are election studies. Many political scientists base their research into electoral 

behaviourr and political attitudes of people in western democracies on data that were collected 

ass part of an election study. The results of this research can be found in the many political 

science,, sociological, communication science and methodological journals which regularly 

publishh articles on the various aspects of elections and politics in general. Journalists, 

politicians,, policy makers and even ministers are interested in the results of this research. The 

importancee that governments attribute to election studies is perhaps best illustrated by the fact 

thatt in many countries a large portion of the cost of these studies is paid through government 

subsidies. . 

Untill  the 1980s, the quality of the results of the Dutch National Election Studies, of 

whichh the first one was carried out in the late 1960s, was undisputed. But this changed in the 

latee 1980s, mainly due to the inexplicable rise in the nonresponse rate of the National 

Electionss Studies. With each new election study, the response rate decreased slightly: from 

74.88 % in 1971, to 69.3 % in 1981, 58.8 % in 1986 to 47.5 % in 1994. And this was only the 

responsee rate of the pre-election part of the nonresponse study. When the post-election part 

wass also taken into account, the response rate was even worse: in 1994 only 40 % of the 

samplee was willing to answer both pre- and post-election questionnaires. 

Theree was criticism and discussion in the Netherlands on whether a gap existed 

betweenn the politicians and the public and, if so, if this gap had been growing wider over the 

years.. Journalists argued that this was indeed the case, and some politicians seemed to agree -

thee continuous decline in the voter turnout and the even stronger decline in the number of 

peoplee registered as members of a political party were cited as important indicators of this 

wideningg gap. A group of political scientists held a different view. Based on longitudinal 

analysess of the data collected through the Dutch National Election Studies, these political 

scientistss pointed out that no proof whatsoever was found for a widening gap. According to 

them,, it could not be denied that there were some changes in political behaviour, in line with 

whatt could be expected as a consequence of the end of the pacification democracy and the 

pilarizationn of the Dutch society, but the level of the interest of people in politics and their 

opinionn about political leaders and the political system in general, did not indicate a reason for 
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seriouss worries about the existence of a gap between the Dutch people and the their 

politicians.. An argument that no one will dare to defend after the events that took place in the 

firstt months of 2002, which culminated in the first political murder in Holland since centuries 

andd in a political landslide after the national elections of May 2002 (elections that also ended 

thee negative trend of a declining turnout). 

Itt was Gerard Visscher who calked the discussion by his 1995 publication 

'Kiezersonderzoekk op een dwaalspoor' ('Election research on the wrong track') - a paper 

that,, ironically enough, had been refused for publication in Acta Politica, the journal of the 

Dutchh Society for Political Science - of which most of the 'gap sceptics' were prominent 

members.. In this paper, Visscher argued that the reason why no proof of a widening gap could 

bee found in the DNES-data was the rise of nonresponse. As according to Visscher, the 

nonrespondentss were mainly made up from those not interested in politics, the fact that the 

groupp of nonrespondents grew larger with each new election study not only underlined the 

existencee and growth of a gap between the politicians and the people, but also explained why 

thiss development could not be detected through the DNES data. Although Visscher's 

argumentationn was maybe a bit too straightforward and simplistic, and many critical remarks 

couldd be made about his method, the core of his reasoning hit the nail on the head. 

Visscher'ss arguments were further elaborated in a paper by Ingrid Smeets, published 

inn Acta Politica in 1995, that underlined Visscher's main argument, using specific groups of 

respondentss (those difficult to reach and those that were persuaded to participate in the study, 

afterr having first refused) as indicators of the nonrespondents. A strong case for the presence 

off  nonresponse bias in the DNES was the large overrepresentation of voters that had been 

reportedd in the DNES from the beginning, but that seemed to have grown larger over the 

years.. Still, many questions remained unanswered. For example, was it not possible that the 

overestimationn of the voter turnout was caused by nonvoters claiming to have voted? 

Validationn studies in the USA and other countries had revealed that a substantial group of 

nonvoterss misreported their voting behaviour (Abramson and Claggett, 1989; Belli et al., 

2001;; Traugott, 1989). And was it also not possible that participation in die pre-election part 

off  the DNES stimulated people, who otherwise would not have voted, to go out and vote? The 

existencee of this so-called stimulus or Hawthorne-effect has been proven in election literature 

(Clausen,, 1968; Granberg and Holmberg, 1992; Traugott and Katosh, 1979; Yalch, 1976). 

Thesee questions could not be answered with data from the DNES. Since the 

researcherss responsible for the DNES had also taken full note of the ongoing discussion about 

thee effect of the rising nonresponse on the quality of the DNES data, some important 
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adaptionss were made to the design of the 1998 DNES. Special attention was given to 

maximizingg the response rate and in a cooperation with researchers from the University of 

Amsterdam,, special nonresponse and stimulus effect studies were included in the design. 

Att the same time, this group of researchers from the University of Amsterdam set up a 

speciall  election study that was conducted in the municipality of Zaanstad. What made this 

studyy different from the DNES and all the other election studies that had so far been carried 

outt in Holland, was the fact that for the first time it was possible to conduct a voter validation 

studyy as part of the election study - because Zaanstad was willing to let the researchers use 

thee election lists for validating the voter turnout of all sample elements. This made it possible 

too find out exactly which part of the bias in voter turnout was caused by misreporting and 

whichh part was caused by nonresponse bias. By combining this survey with the 1998 DNES, 

thee nonresponse study and the stimulus effect study, an overall picture could be obtained of 

thee different processes that were potential causes of bias in the results of election research in 

Holland. . 

Inn this thesis, the results of these studies are presented. Most of the papers that are 

bundledd here have been published or will be published in various international political 

sciencee and methodological journals. Together, these papers answer the questions that have 

beenn brought up in the discussion that was started in the late 1980s and is still going on today 

-- not only in Holland, as every survey researcher is confronted with rising nonresponse rates 

andd is concerned about the effects of nonresponse bias. The papers in this thesis are mainly 

focussedd on the practical side of doing survey reseach, and more specifically, doing election 

research,, and not so much on the theoretical or statistical side of bias and different correction 

methods.. That is something we will gladly leave to the statisticians. 

Inn their 1998 book 'Nonresponse in Household Interview Survey', Bob Groves and 

Mickk Couper have developed conceptual models for contacting sampling households and for 

surveyy cooperation. In both models, they have distinguished between influences that are under 

researcherr control and that are out of researcher control. In the model for contacting sample 

householdss the 'out of researcher control'-influences are the social environmental attributes, 

thee socio-demographic attributes, the physical impediments and accessible at-home patterns. 

Thesee are all influences that can directly be attributed to the sample household. The 'under 

researcherr control'-influences are the interviewer attributes, the number of calls and the 

timingg of calls. In the model for survey cooperation the 'out of researcher control'-influences 

aree the social environment and household characteristics. The 'under researcher control '-

influencess are the survey design and the interviewer. 
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Inn this thesis, we will abstract from the interviewer and the characteristics of the 

interviewer.. Although it cannot be denied that the interviewer can have a strong influence on 

thee survey process, so on the response rate (see for example Campanelli et al., 1997; Couper 

andd Groves, 1992; Fowler, 1991; Groves and Magilavy, 1986; Groves and McGonagle, 2001; 

Hoxx and De Leeuw, 2002; Morton-Williams, 1993; Oksenberg and Cannel, 1988; Singer et 

al.,, 1983; Snijkers et al., 1999; Van der Zouwen et al., 1991), our aim is to investigate the 

existencee of bias in election research. Bias means that the distribution of characteristics of the 

respondents,, or the relations between these characterics, that are found in the survey (for 

example,, voting behaviour or political interest or the relation between these two variables) are 

nott a good reflection of the distribution or relations mat exist in the population. We are mainly 

interestedd in the attributes of the survey process that are directly linked to this bias, so that are 

directlyy linked to the respondent: social environmental attributes, socio-demographic 

attributes,, but also attributes of respondents (i.e. behaviour or opinions) that have to do with 

thee subject of the study, as this is what a survey researcher is interested in, in the first place. 

Thiss means that in modelling the response process - as we will do in chapter 5 - we will 

considerr the interviewer and the characteristics of the interviewer as constants. 

Inn the first chapter, we set out to answer the question whether Visscher was right in his 

claimm that there are substantial differences, especially with respect to political interest 

betweenn people that do and do not participate in election research. Using data gathered 

throughh a telephone survey among 2000 voters, we analysed three groups of respondents 

(respondentss willing to participate in an election survey, respondents only willing to participate 

inn a short general interview and nonrespondents) for differences in various background 

characteristicss (age, education, sex and urbanization) and political interest. The results support 

Visscher'ss hypothesis as large differences are found, especially with respect to political interest, 

betweenn respondents who are willing to participate in an interview about forthcoming 

parliamentaryy elections and respondents who are only willing to participate in a general survey. 

Ourr second goal was to estimate the true level of political interest in the total population, 

too find out how it developed from the early 1970s on. We found that political interest among the 

Dutchh population increased in the seventies and stabilized during the eighties and nineties. 

Althoughh the information we had available was rather limited, it is clear from this first chapter 

matt nonresponse bias does exist in election research and that there was good reason for the 

researcherss that were involved in designing the 1998 DNES to try to do something about it. 

Inn Chapter 2 we took it one step further, as it was now clear that nonresponse bias is 

presentt in the Dutch National Election Survey. Using the 1998 DNES, we not only wanted to 
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learnn more about the amount of nonresponse bias in the Dutch National Election Study, but 

alsoo if stimulus effect bias was present. Stimulus effect bias occurs when as a result of 

participatingg in a previous wave of a study, respondents change their behaviour or attitude. In 

thiss chapter, we have focussed on both bias in the variables of interest and in relations 

betweenn several variables of interest. In the first part of the chapter, the design of the 1998 

DNESS is described and an overview of the measures that had been taken to maximize the 

responsee is given. In the second part of the chapter, we will show that the results of the 1998 

DNESS were indeed affected by bias. Not only did we find significant changes in the 

distributionn of political attitude and voting behaviour variables as a result of both nonresponse 

biass and stimulus effects, but we have also shown that relations between variables change as a 

resultt of bias - although proof for the existence of this bias was not as strong as the proof for 

thee existence of bias in the distribution of the variables of interest. 

Havingg demonstrated the existence of nonresponse bias and stimulus effect bias in the 

firstt two chapters, there is still a third source of bias in election studies that could not be 

investigatedd with the data used in chapters 1 and 2: response bias. In order to find out if 

responsee bias is an issue for concern in Dutch election research, as it was shown to be in 

electionn research in other countries, we needed a data set which would make it possible to 

comparee the true and reported values of election research variables. The Zaanstad election 

studyy gave us this opportunity. In chapter 3 and chapter 4 the Zaanstad election study is 

described.. In chapter 3 the focus is on the design of the study. In the first part of the chapter 

wee have described how we managed to maximize the response level and which external 

sourcess we used for getting as much information as possible about both respondents and 

nonrespondents.nonrespondents. We also showed how using a mixed mode design and adding the possibility 

forr nonrespondents to answer a few so-called central questions, helped us to get information 

aboutt more than 90 % of the sample elements. 

Ass there has been much discussion in survey literature about mixed mode designs 

becausee of the risk of mode effects, we have examined whether mode effects were present in 

thee Zaanstad data. Although we found a higher level of response bias for the face-to-face 

modee as compared to the telephone and mail mode, we concluded that the inclusion of the 

respondentss who answered the face-to-face interview still led to better estimates of die true 

populationn values than if these people were left out of the analysis. 

Inn chapter 4 we analysed the Zaanstad data, in order to first find an answer to the 

questionn whether nonresponse bias, stimulus effect bias and response bias were present in this 

dataa set. If this was indeed the case, the next thing to find out was the relative contribution of 
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eachh of these three possible sources of bias to the total bias. We did find proof for the 

presencee of nonresponse bias and response bias in the Zaanstad data, but not for stimulus 

effectt bias, probably because only a short pre-election telephone interview was done in this 

surveyy - too short to have any lasting effect on the respondents. When the contribution of 

nonresponsee bias and response bias to the total bias of the voter turnout variable was mapped, 

nonresponsee bias turned out to be the main reason for the large overestimation of voter 

turnoutt found in the Zaanstad study. Only for very high response levels (90 % or higher), 

responsee effects were more important in causing bias than nonresponse was. 

Afterr having demonstrated in the four previous chapters that nonresponse bias is 

presentt in all the election studies that we used so far, we have in chapter 5 tried to answer the 

questionn why nonresponse bias is present in election studies. Is it possible that there are one or 

moree factors that are both having an effect on survey participation, electoral participation and 

politicall  interest? If this is the case, this could explain why there seems to be such a strong 

relationn between participating in election surveys, elections and interest in politics. Taking the 

sociall  isolation-hypothesis as our starting point, we developed a model with one factor, social 

involvement,, as the common factor underlying election survey participation, participation in 

electionselections and political interest. After a review of the literature we concluded that we had to 

includee a second underlying factor in the model: attachment to society. Using die Zaanstad 

dataa set we tested this model. After having made some adaptions, we found a model with a 

satisfactoryy fit. The results showed that, by including social involvement and attachment to 

societyy as mediating variables, we were able to reach much higher levels of explained 

variancess of survey and electoral participation than are reached with traditional models. We 

foundd a very strong effect of social involvement on both survey participation, electoral 

participationn and political interest, which explains why high levels of nonresponse bring high 

levelss of bias in the measurement of electoral participation and political interest. We have 

usedd this knowledge to develop methods to correct for nonresponse bias in election research, 

ass is shown in the next chapter. 

Inn chapter 6, our goal was to see if our understanding of the processes that underlie the 

nonresponsee bias in election research can be used to improve the performance of traditional 

correctionn methods like weighting, hot deck imputation and multiple imputation - by 

includingg so-called 'central question'-variables in the weights (in this case, voter turnout at 

thee national elections and political interest). The results show that correction methods that 

usedd the central question variables performed much better than the methods that only used 

backgroundd variables. All correction methods performed better when the response level was 
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higher,, which indicates that maximizing response does lead to substantially better estimates. 

Thee estimates obtained by the different correction methods (weighting, hot deck imputation or 

multiplee imputation) only differed slightly when the same information was used in the 

calculationn of die corrected estimates. Aldiough correcting for nonresponse bias led to much 

betterr estimates of the true values of variables, we found hardly any improvement in the 

estimatess of relations between variables. 

Inn the seventh and final chapter, the knowledge we developed in the previous chapters 

waswas used to come to an integral correction method for die DNES data that not only corrects 

forr nonresponse bias, but also for bias caused by answer effects (i.e. overreporting of voting) 

andd stimulus effects. In the first half of me chapter we argued and then showed, why 

traditionall  nonresponse weights - even Üiose that also use substantial variables in calculating 

thee weights - do not work, and can even reinforce response bias present in the data. In the 

secondd half of the chapter we have used the 1998 DNES data to demonstrate an integrated 

approachh to correct for stimulus effect bias, overreporting of voting and nonresponse bias. 

Thee corrected values obtained by this integrated approach are in general more in line with the 

truee values of the variables in the sample man die values obtained after correcting using 

traditionall  nonresponse weights. This integral correction method can also be used in otiier, 

previouslyy carried out, election studies. We concluded the chapter by suggesting ways in 

whichh future election research can limit bias and improve die possibilities to correct for both 

responsee and nonresponse bias. 

Thiss thesis clearly shows that nonresponse bias and also stimulus and answer effects, 

cann have serious consequences for the results of election research. That is why it is important 

too strive for a maximum response level, using a mixed mode of data collection and die wide 

rangee of methods that can be used to maximize the response. It is also important to take 

measuress to nünimize stimulus effects and answer effects. As it will be impossible to prevent 

stimuluss effects, answer effects and nonresponse bias altogether, one should gadier as much 

dataa as possible, to gain more insight into die amount of bias that is caused by these processes 

andd to use in correcting for diese biases. The analyses tiiat are described in this diesis can be 

helpful. . 
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Chapterr  1 

Nonresponsee and the gap between public and the politicians1 

1.11 Introductio n 

Duringg the nineties, concern has arisen in the Dutch press and among Dutch politicians about the 

growingg gap between the people and politics. It is feared that a section of the Dutch people is 

becomingg increasingly alienated from politics. If this happens, the future support for democracy 

inn the Netherlands could be endangered. The declining turnout for parliamentary and local 

electionss in Holland is often cited as evidence of such a widening gap as is the decline in party 

membershipp (Van den Broek, 1994). 

Theree is, however, less support for this gap scenario among Dutch political scientists than 

amongg journalists and politicians. Many political scientists point out that election survey research 

providess no evidence for this growing gap between people and politicians. In particular, they 

oftenn cite the Dutch National Election Survey (Nationaal Kiezers Onderzoek). This survey is 

conductedd by political scientists from different Dutch universities, whenever national elections 

forr the Second Chamber of Dutch parliament occur. For example, the results of the 1994 DNES-

surveyy in fact indicated an increased interest in and involvement with politics among the Dutch 

population,, compared with the results of the DNES-surveys of previous years. So, most political 

scientistss do not support the thesis that the gap is widening. They are prepared to admit that 

somethingg is wrong in the relation between the people and politics, but believe that it is not as 

seriouss as most journalists and politicians seem to think (Andeweg, 1997; Andeweg and Van 

Holsteyn,, 1996; Arend et al., 1997; Van der Eijk, 1990; Van Glinsteren and Andeweg, 1992). As 

forr diminishing party membership and lower voter turnout, they point out that it is not the extent 

off  political participation that has changed, but rather its nature. For example, membership of 

organizationss like Amnesty International, Greenpeace and Natuurmonumenten (a Dutch 

environmentall  organization), all organizations that are not directly affiliated with any political 

party,, has risen considerably over the last ten years (Kriesi, 1993; Topf, 1995). 

Becausee the common feeling among a large segment of the Dutch society, that there 

reallyy is something wrong in the relation between the Dutch people and politics, is not supported 

11 This chapter was written with Willem Saris and Kees Niemöller and has been published in Acta Politica 33, 
1998:: 250-280.1 would like to thank Leonie Huddy and two anonymous referees for their useful comments on 
earnerr versions of this chapter. 
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byy the authoritative DNES surveys, it is hardly surprising that the value of the DNES results has 

beenn called into question. Criticism is focused mainly on the growth of nonresponse, which has 

increasedd with every new DNES-survey (from 25 % in 1971 to 52.5 % in 1994), and on the fact 

thatt this growing nonresponse has been largely ignored in analyses. Visscher (1995), one of the 

mostt outspoken critics of the DNES-surveys, argues in his book "Kiezersonderzoek Op Een 

Dwaalspoor""  ("Election Research On The Wrong Track") that the growth of nonresponse is an 

expressionn of a declining interest in politics among the Dutch public. Visscher assumes that 

peoplee who refuse to participate in the DNES are not interested in politics and thus counts those 

whoo refuse as politically uninterested persons. DNES-researchers ignore nonresponse and 

observee an increase in the participation of the Dutch population that considers itself to be fairly 

too very interested, from 53 % at the end of the sixties, through 74 % at the beginning of the 

eightiess to 78 % in 1994, Visscher on the other hand includes nonresponse as disinterest and 

sees,, therefore, only an increase from 46 % in the late sixties to 53 % in the early eighties of 

thosee who could be 'interested in politics' and subsequently a decreasing trend leading to 41 % 

inn 1994 (Visscher, 1995). 

However,, several criticisms can be levelled at Visscher's reasoning. The assumption that 

everyonee who refuses to participate in the DNES-surveys should be classified as 'not politically 

interested'' is too simplistic. Since the results of the DNES-surveys show that not everybody who 

doess participate in these surveys is interested in politics (see a.o. Anker and Oppenhuis, 1995), 

whyy should there not be a considerable group of politically interested people, who, for whatever 

reason,, do not wish to participate in this survey? Further, Visscher regards those respondents 

whoo are not reached as a random fraction of the sample, and therefore assumes that a part of 

thosee not reached (as large as the proportion of refusals in the total sample) would react by 

refusing,, while the rest would respond. Past research has been divided on the question of whether 

thosee not reached are a special group in the sample (Goudy, 1976; Smeets, 1995; Stinchcombe et 

al.„„  1981; Swaddle and Heath, 1989). Lastly, it is not only in election surveys that response is in 

decline,, but in all kind of surveys. Therefore, it is possible that growing nonresponse in the 

DNES-surveyss is merely a reflection of a general trend, rather than a sign of diminishing 

politicall  interest (Smeets, 1995; Steeh, 1981). 

Inn this chapter we try to shed some light on the possible effects that nonresponse may 

havee on the level of political interest, as represented in the DNES-surveys. First, we will 

establishh whether there are differences in distribution on background variables and substantive 

variabless between respondents and nonrespondents. Second, we need to find out whether 

differencess observed over time reflect real differences or whether they are the consequence of the 
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fallingg response rate. Finally, we will try to correct for the effect of nonresponse bias on the level 

off  political interest. 

1.22 Methodology 

Ourr main goal is to try to estimate the level of political interest among nonrespondents, but 

beforee we can do so, we need to know something about the nature of the nonresponse. It is 

importantt to know whether the respondents and nonrespondents differ in background 

characteristics,, as weighting on these characteristics is the method most commonly used to 

correctt for nonresponse. Under- and overrepresentation of certain groups among the respondents 

iss accounted for with weighting, so mat the distribution on these variables among the respondents 

wil ll  be the same as in the population (see for example Bethlehem and Kersten, 1986: 194-225; 

Brehm,, 1993: 117-121; Fuller, 1974). Weighting has afew major drawbacks. 

Inn the first place, it is only possible to weight on variables for which population figures 

aree known. Most of the time these data are only available for some general background 

characteristicss (like age, sex and urbanization) and not for the substantive variables that have to 

bee explained by the study (Bethlehem and Kersten, 1986; Smith, 1983). In the second place, 

weightingg the respondents by these background variables so that the distribution on these 

variabless in the sample is in line with the distribution in the population does not automatically 

meann that the distribution of substantive variables in the weighted sample will also be in 

accordancee with the distribution in the population (Armstrong and Overtone, 1977; Ellis et al., 

1970;; Lagay, 1969). In the third place, weighting only ensures that certain groups of 

respondentss (for example, die young and the old, if the data are weighted by age) are correctly 

representedd in the total sample; so weighting does not correct for underrepresentativeness 

withinn these groups (Brehm, 1993; Fuller, 1974; Kalton, 1983; Moser and Kalton, 1972). One 

couldd say that weighting on background variables can only be an adequate solution when 

theree is a strong relationship between the background variables available for weighting and 

thee variable of interest, in this case political interest We will later show that this is not the 

casee here. 

Wee will try to obtain information about the extent to which nonrespondents differ from 

respondentss by way of three different methods, using a small-scale telephone interview. The first 

methodd will compare respondents who are willing to participate in a political survey of an hour 

(comparablee to the DNES-survey) with respondents who were only willing to participate in a 
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shortt general telephone interview. The second method will compare the 47.5 % of respondents 

(thee response level of the 1994 DNES-survey) that were the easiest to interview with the rest of 

thee respondents on the telephone interview (assuming that these 47.5 % most cooperative 

respondentss are somewhat like the respondents of the DNES). If we find differences between 

respondentss and nonrespondents on both background and substantive variables, it could be useful 

too weight the data by some of the background variables we have available. Using the results of 

diee two above mentioned comparisons, we will analyse whether weighting is a useful method to 

correctt for nonresponse in this situation. 

Thee third method starts with a distinction between nonresponse as a result of not being 

ablee to reach a respondent and nonresponse because of a refusal by the respondent (Hawkins, 

1975;; O'Neil, 1979; Wilcox, 1977). It will use so-called temporary refusals (respondents who 

initiallyy refused to cooperate, but who were persuaded to participate when approached again) and 

respondentss who were difficult to reach (in our case respondents who could only be contacted 

afterr four days of persistent trying) as indicators for final refusals and not reached respondents 

respectivelyy (Ellis et al., 1970; Filion, 1976; Lin and Schaeffer, 1995; Smith, 1983; Smith, 1984). 

Thiss method will also be used to correct for nonresponse. 

Theree is no agreement in the literature whether this last method of correcting for 

nonresponsee is a valid one. Some authors believe it is (Filion, 1976; Smith, 1983; Smith, 1984), 

whilee others have concluded that this method is invalid, because there are too many differences 

betweenn this so-called 'difficult' respondents and nonrespondents (Ellis et al., 1970; Fitzgerald 

andd Fuller, 1982; Lin and Schaeffer, 1995). If one assumes that respondents and nonrespondents 

aree taken from different, separate subpopulations, as is sometimes done to calculate the extent of 

biass in sample statistics (for instance Brehm, 1993: 94-100), the assumption that so-called 

difficultt respondents resemble the nonrespondents is not valid. However, assuming that 

respondentss and nonrespondents are taken from different, separate subpopulations is not very 

realistic,, because being a respondent or a nonrespondent depends on many factors. This is shown 

byy the wide range of literature that exists about why people do or do not participate in survey 

researchh and about what a researcher can do to raise the response level. 

Ann alternative approach is to assume that every member of the population has a position 

onn a response-continuum that ranges from 'will never respond' to 'will always respond'. 

Nonrespondentss will be concentrated at the 'will never respond'-side of the continuum. How 

closee a survey gets to this side of the continuum depends on many different factors, such as the 

qualityy of the interviewers, the number of times people not reached are called back, and the 

numberr of times refusals are recontacted to persuade them to participate. Temporary refusals and 
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difficultt to reach respondents, both members of the sample mat were initially nonrespondents, 

butt that became respondents after some extra effort by the researcher, will be closer to the 'will 

neverr respond' side of the continuum than respondents who are interviewed without any 

problems.. With respect to response behaviour they have more resemblence to the 

nonrespondentss than to the 'easy' respondents. Without claiming that 'difficult' respondents are 

perfectt indicators for nonrespondents, we think it is not incorrect to assume that 'difficult' 

respondentss deviate from the 'easy' respondents in the same direction as final nonrespondents 

deviatee from respondents. 

Iff  the information we have on the political interest of temporary refusals and respondents 

whoo are difficult to reach could be combined with information about nonrespondents it might be 

possiblee to further improve our estimation procedure. Perhaps it would be possible to identify a 

variablee that is strongly related to political interest and about which we have information for both 

respondentss and the general population. If that information is available, we can calculate the 

expectedd distribution of this variable for nonrespondents. There is in fact such a variable: vote 

turnout.. If we ask respondents whether they have voted in the previous parliamentary elections, 

byy using the official figures of the 1994 parliamentary elections, we can calculate how high the 

voterr turnout was among nonrespondents. 

Theree are, however, two major problems that could distort the validity of this calculation. 

Thee first problem is the fact that we ask people to recall past voting behaviour. It is well known 

thatt this leads to distortions - some people no longer know whether they voted or not, others 

thinkk they voted, when in fact they did not, and vice versa (Calahan, 1968; Himmelweit et al., 

1978).. The second, more serious, problem is mat some people are inclined to claim they voted 

whenn in fact they did not. Studies from the United States, Great Britain and Sweden have shown 

thatt between 20 and 25 % of the nonvoters misreport their voting behaviour (Anderson and 

Silver,, 1986; Clausen, 1968; Grandberg and Holmberg, 1991; Hill and Hurley, 1982; Sigelman, 

1982;; Silver et al., 1986; Smeets, 1995; Swaddle and Heath, 1989). This can lead to an 

overestimationn of the proportion of voters among respondents and thus to an underestimation of 

thee proportion of voters among nonrespondents. 

Bearingg this in mind, we will try to estimate the level of political interest among 

nonrespondentss by using the relation between political interest and voter turnout found among 

thee temporary refusals and those respondents who were difficult to reach, translating this relation 

too the final refusals and those respondents not reached. We know the proportion of voters among 

thee nonrespondents and we will assume that the relation of voter turnout and political interest 

wil ll  be the same for final refusals and respondents not reached as for temporary refusals and 
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thosee who were difficult to reach, respectively. By using this assumption, we will be able to 

estimatee the political interest among nonrespondents. 

Thee same method will be used to estimate the level of political interest among the 

nonrespondentss for the DNES-surveys from 1971 to 1994. Here, however, a problem arises: we 

havee no information about which respondents were temporary refusals or difficult to reach in the 

DNES-surveys.. We can substitute for this missing information because most DNES-surveys 

(withh the exception of the 1972 and 1982 surveys) comprised two waves of data collection. The 

electionss of 1972 and 1982 followed the early demise of the cabinets from the previous years 

electionss (1971 and 1981 respectively). Because there was no sufficient time to prepare for a 

completee National Election Survey, a single wave of questions was administered after the actual 

elections.. For the years 1971, 1977, 1981, 1986, 1989 and 1994 we have two waves. The first 

wave,, which includes questions about the political interest of the respondent, is held before the 

actuall  election, while the second wave, in which the respondent is asked about her or his actual 

votingg behaviour, is administered shortly after election day. The group of respondents that drops 

outt of the survey between the first and the second wave will be used as a substitute for the 

nonrespondentss (the same method was employed by DeMaio, 1980; Goudy, 1976; Traugott and 

Katosh,, 1979). 

Figuree 1.1 - Overview of the four comparisons 
GroupsGroups used as indicators of the Groups used as indicators of of the Data source 
DNESDNES respondents DNES nonrespondents 

Respondentss willin g to do a face-to- Respondents not willing to do a face- Telephone survey 
facee interview about politics to-face interview about politics 

47.55 % respondents easiest to Rest of the respondents Telephone survey 
persuadee to participate in the 
telephonee interview 

Respondentss interviewed without Temporary refusals and difficult to Telephone survey 
problemss reach respondents 

Respondentss who participated in both Respondents who only participated in DNES survey 1971-1994 
firstt and second wave of the survey the first wave 

Wee assume that those whom were more difficult to persuade to participate or to reach in the first 

wavee are also those who drop out earliest in the second wave. Because most of these people are 

refusalss (they are contacted, but they no longer wish to participate) we can check whether the 

groupp of temporary refusals in our sample are the same sort of people as the second wave 

nonrespondentss in the DNES-surveys. Both the background characteristics and political interest 

off  our temporary refusals can be compared with that of the second wave nonrespondents of the 
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19944 DNES-survey. If these groups are not significantly dissimilar from each other, we can use 

thee second wave nonrespondents to estimate the political interest among nonrespondents in the 

DNES-surveyss by translating the relation between voting behaviour and political interest among 

thee second wave nonrespondents to the final nonrespondents. Again, we do not claim that this 

groupp of second wave nonrespondents will be a perfect representation of the first wave 

nonrespondents:: but we do think that this group will be at least a reasonable indicator of these 

nonrespondents. . 

Figuree 1.1 summarizes the four different comparisons that will be made. 

1.33 Data collection 

Too minimize nonresponse in the telephone survey we made the questionnaire as short as possible 

andd used a small, well prepared team of interviewers2. Respondents were called between 18.00 

andd 21.00 hours on weekdays, because past experience taught us that many people are not at 

homee before 18.00 hours while phone calls after 21.00 hours are often regarded as an intrusion. 

Att weekends, we called only between 12.00 and 18.00 hours on Saturdays. Occasionally, we 

conductedd an interview session from 15.00 to 18.00 hours on weekdays in order to contact those 

respondentss who were never at home in the evening or at the weekend and remove any telephone 

numberss belonging to companies from the number file: company numbers are not answered 

outsidee business hours. 

Whenn someone answered the phone, the interviewer introduced him or herself as an 

employeee of the University of Amsterdam. This introduction was chosen deliberately because 

peoplee are more willing to participate in surveys run by government or universities than in 

surveyss by commercial market research companies (Hox and De Leeuw, 1994). The interviewer 

wouldd then ask some general questions to the person in the household of 18 years or older who 

wouldd next celebrate his or her birthday. It was emphasized that the interview would only take 

twoo minutes. If the relevant member of the household was not at home, the interviewers asked 

whatt would be the most appropriate time to call back. We instructed the interviewers only to 

labell  a respondent as a refusal if they had themselves spoken to this respondent: indications from 

otherr members of the family that the person in question would not be interested in cooperating 

weree not sufficient. 

22 Provided by Telepanel Research Centre (STP), an institution linked to the University of Amsterdam. 
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AA respondent who refused to cooperate was asked if the interviewer might call back at a 

moree convenient time. Respondents who could not be contacted were phoned again, on a regular 

base,, until either they were contacted or until the end of the period of data collection. All 

respondentss who refused were called a second time, this time by another interviewer and again 

asked,, on behalf of the research management, if they would be prepared to answer the questions, 

pointingg out the importance of the research. 

Thee first four questions of the questionnaire determine the political interest of the 

respondent3.. Respondents were next asked about their voting behaviour during the 1994 

parliamentaryy elections. Lastly, background questions were asked relating to age, highest level of 

educationn concluded with a diploma, postcode and sex - this last information was not asked, but 

notedd down by the interviewer. The questionnaire was concluded by asking the respondent if he 

orr she would be prepared to participate in an interview about the next parliamentary elections. 

Thiss question described die content of this interview using the same words that the CBS 

(nationall  statistics office - the organization that carried out the data collection for the DNES-

surveyss of 1989 and 1994) had used in the introductory letter it sent to households selected for 

participationn in the 1994 DNES-survey. The question was: 

Finally,, we would like to ask you if you would be willing to participate in an interview. This 

intervieww will be about the forthcoming parliamentary elections and about what voters and 

nonvoterss think about social matters that are at the centre of the public interest One of our 

interviewerss would visit you at home for this interview. Are you willing in principle to participate 

inn this research? 

Afterr the concluding of the telephone part of data collection, we sent a letter to all people in the 

samplee whose addresses we knew (half of the sample), who had still not been contacted or who 

hadd refused to participate in the telephone interview. In the letter, we explained the aims of the 

surveyy and requested them to reconsider their refusal and to fil l in the enclosed questionnaire. 

Thee data used here were gathered at the end of 1996 and the beginning of 1997. The 

samplee of 2000 voters selected to be interviewed was build up in two phases: first we took a 

samplee of 1000 phone numbers from the telephone file of the Dutch national telephone company 

33 The four questions together constitute the political interest-scale, used in the DNES-surveys to measure political 
interestt Ql: "When mere is Dutch news in the newspapers, for example about governmental problems, bow often 
doo you read such news: (nearly) always (1), often (2), now and then (3), seldom or never (4), I do not read 
newspaperss (5)"; Q2: "When there is a discussion in a group about such problems in our country, do you generally 
joinn the conversation (1), listen with interest (2), not listen, or are you not interested (3)"; Q3: "When there is 
foreignn news in the newspaper, for example about tensions or discussions between different countries, how often do 
youu read such news: (nearly) always (1), often (2), now and then (3), seldom or never (4), I do not read newspapers 
(5)";; Q4: "Are you very interested in political topics (3), fairly interested (2) or not interested (1)". The categories 1 
forr question 1, 3 for question 4 and 1 and 2 for questions 2 and 3 are coded as 1, the other answers as 0. Next, the 
scoress on the four questions are summed and in this way a five point Mokken-scak is created to measure political 
interest,, running from 0 to 4. See also Anker and Oppenhuis (1994: 325-328). 
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(PTTT - this file contains all registered Dutch household phone numbers). Next we selected a 

furtherr 1000 phone numbers by randomizing the last two figures of the first 1000 numbers4. 

Withinn each household, the person who would next celebrate his or her birthday and who was 18 

yearss or older was interviewed. 

Ourr initial response rate was 57 %, after recalling the refusals the response rate rose to 64 

%,, and after sending the letter it became 66 %. 

1.44 Results 

Thee distribution of the sample at the end of the period of data collection was as follows: 

respondents,respondents, also willing to participate in the political survey 14 % 

respondents,, unwilling to participate in the political survey 52 % 

nonrespondentss 34 % 

Whenn the response results of this sample are compared with the response results of the 1994 

DNES-survey,, the first striking feature is the fact that the group of respondents in our sample 

willin gg to participate in the political survey is less than a third of the response in the 1994 DNES-

surveyy (14 % versus 47.5 %). There are several reasons for this difference. First, it is easier for a 

respondentt to decline to participate in a survey when asked to do so on the phone than when 

askedd in person. This is also the reason why the response rate for face-to-face surveys is higher 

thann for telephone surveys (Hox and De Leeuw, 1994). Second, the respondent had already 

participatedd in a telephone interview and may well feel that he or she has fulfilled his or her duty 

andd is therefore unwilling to answer a second questionnaire. Third, before people were contacted 

byy an interviewer in the DNES-survey, they received written information about the survey. In the 

letterr they were asked if they were willing to participate in the survey. Sending an introductory 

letterr before asking respondents for their cooperation has a positive effect on the response level 

44 The two parts of the sample (the part with the addresses drawn from the telephone file and the randomized part, 
whichh also contains non-registered telephone numbers) are compared for the measured background variables and 
forr the dependent variables in this study. We found no significant differences between those variables in the two 
differentt parts of the sample. The response level among those with the telephone numbers taken from the file was 
muchh larger than among the random numbers (71 % compared to 61 %). This difference was caused, in the first 
place,, by sending a written questionnaire to all people who had refused to cooperate in the telephone interview and 
alll  people who were not reached, 50 (5 % of the drawn sample) extra interviews were obtained. In the second place 
thee telephone was not answered more often in the randomized sample. It is possible that this was caused by the fact 
thatt these were company telephone numbers (where, because the interviews were mostly held in the evening and in 
thee weekend, no one was present) or that these telephone numbers were in fact non-existent (experiences in the past 
showedd that not all non-existent telephone numbers give the signal of a disconnected line, some of these just ring, 
seee also Cummings (1979: 237)). 
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(Grovess et al., 1992). Fourth, we instructed our interviewers not to try to talk people round to 

cooperatingg in the questionnaire about the parliamentary elections5, whereas DNES-interviewers 

aree instructed to do all they can to persuade unwilling respondents to participate. Because of the 

loww percentage of people willing to participate in the face-to-face survey in comparison with the 

percentagee of DNES-respondents, we expect to find larger differences between the willing and 

unwillingg in our survey than would have been found when the percentage of people willing to 

participatee in the face-to-face survey had been more in line with the DNES response level. 

Tablee 1.1 - Comparing willin g and unwilling respondents, cooperative and less cooperative respondents versus 

alll  respondents and the population on the backgroud variables age. education . sex and urbanization 

Population Population WillingWilling to participate in 
aa political survey' 

\es\es no 

CooperativeCooperative or less 
cooperativecooperative respondents 
cooperativecooperative less 

All All 
respondents respondents 

Age e 

18-29 9 
3(M4 4 
45-64 4 
65+ + 

Willin gg versus unwilling: chi square: 7.10, p=0.07. cc=.07353 
Cooperativee versus less cooperative: chi square: 88.00, p=0.00, cc=.25117 

21.2 2 
36.0 0 
29.5 5 
13.3 3 
278 8 

20.9 9 
31.1 1 
28.0 0 
20.0 0 
1029 9 

25.0 0 
34.9 9 
26.8 8 
13.3 3 
945 5 

10.5 5 
24.9 9 
32.3 3 
36.2 2 
362 2 

21.0 0 
32.1 1 
28.3 3 
18.6 6 
1307 7 

Education Education 
lower r 
medium m 
higher r 
university y 

21.9 9 
29.5 5 
36.3 3 
12.2 2 
278 8 

34.0 0 
38.2 2 
23.7 7 
4.1 1 

1024 4 

26.5 5 
37.2 2 
29.7 7 
6.6 6 
943 3 

44.3 3 
34.0 0 
17.8 8 
3.9 9 

359 9 

31.4 4 
36.3 3 
26.4 4 
5.8 8 

1302 2 
Willin gg versus unwilling: chi square: 52.52, p=0.00, cc=. 19692 
Cooperativee versus less cooperative: chi square: 43.96, p=0.00, cc=.18071 

Sex Sex 
male e 
female e 

59.99 44.1 48.2 45.5 
40.11 55.9 51.8 54.5 
2799 1044 947 476 

Willin gg versus unwilling: chi square: 22.03, p=0.00, cc=. 12798 
Cooperativee versus less cooperative: chi square: 0.77, p=0.38, cc=.02414 

Willin gg versus unwilling: chi square: 6.99, p=O.03, cc=.07386 
Cooperativee versus less cooperative: chi square: 8.46, p=0.01, cc=.08119 

47.4 4 
52.6 6 
1323 3 

Urbanization Urbanization 
veryy strong 
strongg / moderate 
littl ee / none 

17.2 2 
48.4 4 
34.4 4 
273 3 

16.0 0 
40.0 0 
44.0 0 
1002 2 

16.3 3 
43.9 9 
39.9 9 
928 8 

16.1 1 
36.3 3 
47.6 6 
347 7 

16.2 2 
41.8 8 
42.0 0 
1275 5 

30.8 8 
29.5 5 
17.0 0 

31.3 3 
43.0 0 
20.2 2 
5.7 7 

49.5 5 
50.5 5 

18.8 8 
42.1 1 
39.0 0 

Thiss was done because we did not plan to carry out a second phase with face-to-face interviews. 
66 The different Dutch educational levels are categorized as follows: 1. lower: primary education (basisschool), 
lowerr professional education (VBO); 2. medium: medium general education (MAVO) and medium professional 
educationn (MBO); 3. higher higher general education (HAVO/HBS/VWO) and higher professional education 
(HBO);; 4. university. 
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Too make our analysis more comparable to the 1994 DNES-survey we also look at the difference 

betweenn the 47.5 % most cooperative respondents in the sample and the other respondents (18.5 

%% of the total sample). The cooperative respondents are defined as those who are willing to 

participatee in the face-to-face survey plus the 33.5 % of the unwilling respondents who could be 

mostt easily persuaded to cooperate in the telephone interview, once they had been contacted7. It 

iss important to be aware of the fact that these most cooperative respondents are not a perfect 

representationn of the DNES-respondents. The two different data collection methods (a short 

telephonee interview versus a long face-to-face interview) make a comparison problematic: it are 

nott necessarily the same respondents who are cooperative or not cooperative in short telephone 

andd in long face-to-face surveys. Furthermore, when people are approached to participate in the 

DNES,, it is clear for them that the interview is of a political nature. In the telephone survey, the 

interviewerss were instructed not to mention 'politics' as the subject of the interview (to 

maximizee the response). If 'politics' had been explicitly mentioned as the subject of the 

interview,, we expect this would have led to a larger number of politically interested people 

amongg the 47.5 % most cooperative respondents. 

Inn Table 1.1 the differences between respondents who are willing and unwilling to 

participatee in political surveys and the cooperative and less cooperative respondents are 

comparedd for a number of background variables. This table also includes figures for all 

respondentss and the expected distribution for those variables in the population. With the 

exceptionn of age for the comparison between willing and unwilling respondents, and of sex for 

diee comparison between cooperative and less cooperative respondents, significant differences are 

apparent. . 

Thee next question is whether the groups of respondents also differ with respect to 

politicall  interest. In this chapter two indicators of political interest will be used: self-categorized 

politicall  interest (a respondent's own, subjective indication of his or her interest in politics) and 

thee DNES-scale of political interest (see also note 3). Table 1.2 gives the results of the 

comparisonss between these two indicators of political interest 

Forr both comparisons, between the willing and unwilling respondents and the 

cooperativee and less cooperative respondents, the same result is found. Among the willing and 

cooperativee respondents, people with a higher level of political interest are overrepresented, 

whereass among the unwilling and less cooperative respondents people with less political interest 

77 At the end of each interview, the interviewer  was asked to give a score on a 5-point scale for  the ease of 
persuadingg the respondent to answer  the telephone questionnaire. Because the mean scores differed considerably 
betweenn interviewers, we standardised all interviewers on the overall mean score. 
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aree overrepresented (although the result is more marked for the willing versus unwilling than for 

thee cooperative versus less cooperative, just as we had expected). This overrepresentation is 

applicablee for both self-categorized political interest and the DNES-scale of political interest 

Tablee 1.2 - Comparing willin g and unwilling respondents, cooperative and less cooperative 
respondentss versus all respondents for self categorized political interest and the DNES-scale of 
politicall  interest 

WillingWilling to participate in a 
politicalpolitical survey 

vesves no 

CooperativeCooperative or less All 
cooperativecooperative respondents respondents 
cooperativecooperative less 

Self-categorizedSelf-categorized political interest 
nott 10.0 
fairlyy 69.2 
veryy 20.8 

279 9 

33.3 3 
61.3 3 
5.4 4 

1037 7 

25.0 0 
65.6 6 
9.4 4 

949 9 

37.1 1 
56.1 1 
6.8 8 
367 7 

28.3 3 
63.0 0 

8.7 7 
1316 6 

Willin gg versus unwilling: chi square: 104.12, p=0.0O, cc=.27077 
Cooperativee versus less cooperative: chi square: 19.45, p=0.00, cc=. 12069 

DNES-scaleDNES-scale political interest 
00 items 3.6 
11 item 32.3 
22 items 26.9 
33 items 25.4 
44 items 11.8 

279 9 
Willin gg versus unwilling: chi square: 100.79, p=0.0O, cc=.26616 
Cooperativee versus less cooperative: chi square: 30.34, p=0.00, cc=. 14977 

15.8 8 
47.1 1 
20.2 2 
14.5 5 
2.4 4 

1043 3 

10.4 4 
43.5 5 
23.5 5 
17.6 6 
5.1 1 
950 0 

20.4 4 
45.2 2 
16.9 9 
14.8 8 
2.7 7 

372 2 

13.2 2 
43.9 9 
21.6 6 
16.8 8 
4.4 4 

1322 2 

Thesee results show that there are substantial differences between willing and cooperative 

respondentss on the one hand and unwilling and less cooperative respondents on the other. As we 

havee noted before, weighting is considered to be a possible method to correct for differences 

foundd between the respondents and the total population. It is assumed that, if respondents are 

weightedd on the relevant background variables so that respondent characteristics perfectly reflect 

thee characteristics of the total population, deviations in substantial variables will also disappear 

orr at least diminish. We can test if this assumption is valid in our case, by showing whether the 

relationn between willingness to participate in the political questionnaire on the one hand and 

politicall  interest on the other disappears when we control for the background characteristics. If 

thiss happens, then political interest itself has no effect on participation, only the background 

variables,, and weighting on these variables is a good solution. However, if the introduction of the 

backgroundd characteristics has littl e or no effect on the relation between political interest and 

participation,, weighting on the background variables is not an acceptable solution, as political 

interestt itself has an effect which is not taken into account by weighting. 

Thee results of the logistic regression carried out to test this assumption can be found in 

Tablee 1.3. These results show clearly, for both comparisons (willing versus unwilling and 



21 1 

cooperativee versus less cooperative respondents) that the inclusion of the background variables 

age,, education, sex and urbanization only influenced the effect of the political interest variable 

slightly.. The parameters of the political interest variable remain significantly different from zero. 

Therefore,, we conclude that weighting by background variables is not an adequate correction 

proceduree for differences between willing versus unwilling and cooperative versus less 

cooperativee respondents. 

Tablee 1.3 - Logistic regression with willingness to participate as dependent variable and age, education, sex, 
urbanizationn and political interest as independent variables. Model 1 only incorporates the political interest 
variables.. Model 2 incorporates the political interest and background variables 

WillingnessWillingness to participate in a political Cooperativeness of the respondent 
Questionnaire Questionnaire 

Age Age 
18-29 9 
30-44 4 
45-64 4 

Education Education 
lower r 
medium m 
higher r 

Sex:Sex: male 
Urbanization Urbanization 
veryy strong 
strongg /moderate 

PoliticalPolitical interest 
very y 
fairiy y 

Constant Constant 

N N 

Beta Beta 

1.2580 0 
.0304 4 

-1.2229 9 

ModelModel I 
P P 

.00 0 

.00 0 

.77 7 

.00 0 

1316 6 

ModelModel 2 
Beta Beta 

.1516 6 

.1614 4 

.0048 8 

-.2046 6 
-.3671 1 
.1328 8 
.2168 8 

-.0466 6 
.2183 3 

1.1281 1 
.0154 4 

-1.1629 9 

P P 
.22 2 
.27 7 
.18 8 
.97 7 
.01 1 
.16 6 
.00 0 
.28 8 
.00 0 
.05 5 
.73 3 
.03 3 
.00 0 
.00 0 
.89 9 
.00 0 

1245 5 

Beta Beta 

.2925 5 

.1294 4 

.9773 3 

ModelModel 1 
P P 

.00 0 

.06 6 

.19 9 

.00 0 

1316 6 

ModelModel 2 
Beta Beta 

.7864 4 

.2458 8 
-.2433 3 

-.3293 3 
-.0257 7 
.2514 4 

-.0811 1 

-.0466 6 
.2176 6 

.4024 4 
-.0299 9 
1.1893 3 

P P 
.00 0 
.00 0 
.03 3 
.03 3 
.02 2 
.01 1 
.84 4 
.07 7 
.24 4 
.03 3 
.71 1 
.03 3 
.01 1 
.03 3 
.79 9 
.00 0 

1245 5 

Wee described above a method for obtaining information about nonrespondents by using the 

temporaryy refusals and those difficult to contact. Our next step is to see if there are any 

significantt differences between these two groups and respondents who were contacted and 

cooperatedd without problems . Table 1.4 demonstrates that there are significant differences with 

regardd to age, education and sex, but not with regard to urbanization. 

Curiously,, while significant differences are found among the three groups with respect to 

mostt of the background variables, no significant differences are found for political interest, 

althoughh the results do head in the right direction: among the temporary refusals (mainly older, 

lowerr educated people from less urbanized areas) less politically interested people are found and 

AA small group of respondents (20 in total) were both difficult to reach and temporary refusals. They were 
contactedd after a minimum of 4 days of trying and when they were eventually contacted, they refused. When called 
againn later, the interviewer was able to persuade them to participate. These respondents are counted among the 
temporaryy refusals in our analysis. Classifying them as difficult to reach rather than temporary refusals would only 
leadd to minor changes in the results. 



amongg the difficult to reach (mainly younger males from urbanized areas) more politically 

interestedd people are found than among those interviewed without problems. 

Tablee 1.4 - Comparing temporary refusals, those difficult to reach and respondents interviewed without problems 
forr the background variables age, education, sex and urbanization and for self-categorized political interest and the 
DNES-scalee of political interest 

TemporaryTemporary refusals DifficultDifficult  to reach InterviewedInterviewed without 
problems problems 

Age Age 
18-29 9 
3 0 ^4 4 
45-64 4 
65+ + 

Chii  square: 27.43, p=0.00. cc=. 14347 

Education Education 
lower r 
medium m 
higher r 
university y 

Chii  square: 19.39, p=0.00, cc=.12120 

Sex Sex 
male e 
female e 

Chii  square: 10.76, p=0.00, cc=.08997 

Urbanization Urbanization 
veryy strong 
strongg / moderate 
littl ee / none 

Chii  square: 8.40, p=0.08, cc=.08114 

Self-categorizedSelf-categorized political interest 
nott interested 
fairlyy interested 
veryy interested 

Chii  square: 2.56, p=0.63, cc=.04409 

DNES-scaleDNES-scale political interest 
00 items 
11 item 
22 items 
33 items 
44 items 

Chii  square: 8.06, p=0.43, cc=.07787 

14.5 5 
27.2 2 
32.4 4 
26.0 0 
173 3 

44.6 6 
30.9 9 
18.9 9 
5.7 7 
175 5 

49.7 7 
50.3 3 
177 7 

14.5 5 
38.8 8 
46.7 7 
165 5 

31.1 1 
62.1 1 

6.8 8 
177 7 

15.8 8 
45.8 8 
16.9 9 
18.1 1 
3.4 4 
177 7 

30.6 6 
27.6 6 
31.2 2 
10.6 6 
170 0 

30.0 0 
39.4 4 
23.5 5 
7.1 1 
170 0 

58.5 5 
41.5 5 
171 1 

23.2 2 
38.7 7 
38.1 1 
168 8 

25.7 7 
66.7 7 
7.6 6 
171 1 

12.3 3 
44.4 4 
26.9 9 
12.9 9 
3.5 5 
171 1 

20.5 5 
33.9 9 
27.1 1 
18.5 5 
962 2 

29.2 2 
36.8 8 
28.3 3 
5.6 6 
956 6 

45.2 2 
54.8 8 
970 0 

15.2 2 
42.8 8 
42.0 0 
935 5 

28.3 3 
62.5 5 
9.2 2 
968 8 

12.9 9 
43.5 5 
21.6 6 
17.2 2 
4.7 7 
974 4 

Next,, we look briefly at the relation between voting behaviour and self-categorized political 

interestt in each of the groups of respondents, because we want to use this relation to estimate 

politicall  interest among the nonrespondents. The question we want to answer is whether the 
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numberr of people who claim not to be interested in politics (i.e. our definition of the gap between 

peoplee and politics) has grown over the years. To answer this question, it is sufficient to 

distinguishh between people who are not interested in politics and people who are interested in 

politics,, regardless of whether the latter are fairly or very interested in politics. We therefore 

focuss on the correlation between voting behaviour (either did vote or did not vote) and political 

interestt (either interested or not interested). 

Tablee 1.5 shows significant differences between the temporary refusals on the one hand 

andd both those difficult to reach and respondents who were interviewed easily on the other. The 

correlationn between voter turnout and political interest is much higher among the temporary 

refusalss than among the two other groups of respondents. 

Tablee 1.5 - Correlations between voter turnout and political interest9, compared for temporary refusals, those 
respondentss difficult to reach and respondents interviewed without any problem. 
Temporaryy refusal versus difficult to reach -.4188 -.1780 Z=-2.41, p=0.01 
Temporaryy refusal versus interviewed without problem -.4188 -.2355 Z=-2.44, p=0.01 
Difficul tt to reach versus interviewed without problem -.1780 -.2355 Z=.70, p=0.24 

Usingg this information in combination with the official figures of the 1994 voter turnout, we can 

noww try to estimate the number of politically uninterested respondents among the refusals and 

thosee not contacted. By using die known voter turnout of willing and unwilling respondents and 

off  the total sample (91.4, 80.4 and 78.8 respectively), we are able to calculate the voter turnout of 

thee not reached, the refusals and the nonrespondents as a whole10. On the basis of this calculation 

onee would expect the voter turnout to be the lowest among those not reached, followed by the 

refusals.. This is in accordance with past research (Marsh, 1985; Swaddle and Heath, 1989). 

Sincee we now know the expected voter turnout for the refusals and for those not reached, 

wee can estimate the percentage of politically interested among the final refusals and those 

beyondd reach, by using the relation found between voter turnout and political interest among the 

temporaryy refusals and those difficult to contact. The percentage of politically uninterested 

99 Voting turnout is categorized as 1 "voted" and 2 "not voted" and political interest as 1 "not interested" and 2 
"interested".. A negative correlation means a positive coherence between voting and being politically interested. 
100 We calculated the voter turnout among the refusals and not reached as follows. Rrst, we calculated the number of 
voterss and nonvoters expected among nonrespondents, using the information we already had about the respondents 
(wee knew which respondents had voted) and the number of voters and nonvoters in the population (we assumed the 
distributionn between voters and nonvoters would be the same in the sample as in the population at large). Thus we 
kneww the row and column totals of a cross-tabulation, showing in the columns response behaviour of the 
nonrespondentss (i.e. whether they refused or could not be contacted) and in the rows the voter turnout of the 
nonrespondentss (i.e. whether they voted or did not vote). We then used Yule's Q to estimate the voter turnout of the 
refusalss and the not reached. Yule's Q is defined as (fnfa-f^iVtfnCn+fttfi]) *  where fn,fi2,f2i and fH stand for the 
fourr cells in a cross-tabulation. See also Upton (1978: 18-19). By equating die Yule's Q found in the cross-
tabulationn with the voting behaviour of the temporary refusals and those difficult to reach with the Yule's Q in the 
cross-tabulationn of the final refusals and not reached, we were able to estimate the voter turnout of these two groups 
off  nonrespondents. 
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respondentss found among voters (.194) and nonvoters (.686) who were temporary refusals are 

takenn as a starting point to estimate the number of uninterested among the final refusals. In the 

samee way, using information on those difficult to reach and on the politically uninterested among 

thee voters (.202) and nonvoters (.444), we have calculated the percentage of those politically 

interestedd among the nonrespondents who were beyond reach . The results of this calculation 

cann be found in Table 1.6. For reasons of comparison, we have added the distribution of political 

interestt among the willing and unwilling respondents to this table. 

Tablee 1.6 - Distribution of the politically interested and uninterested among the willing, the unwilling 
respondents,, the nonrespondents, the final refusals and those not reached 

WillingWilling to Unwilling to Nonrespondents Final refusals Not reached 
___ participate participate 

Politicallyy interested 90.6(241) 67.8(666) 67.7(509) 67.0(361) 69.5(148) 
Nott interested 9.4(25) 32.2(316) 32.3(243) 33.0(178) 30.5(65) 

Itt is evident from Table 1.6, that the differences in political interest between the unwilling, the 

refusalss and those beyond reach are not very large. The only group that really deviates is that of 

thee willing respondents. 

1.55 Correcting the proportion of those found to be politically interested in 

thee DNES-surveys 

Ass a final step, we will attempt to estimate the proportion of politically interested people in the 

periodd 1971-1994, for each of the DNES-surveys. As pointed out earlier, the problem is that we 

havee no information about temporary refusals and those difficult to contact in the different 

DNES-surveys.. Before we can know whether the second wave nonrespondents can be used in 

substitution,, we have to see whether they resemble the temporary refusals in our data. Table 1.7 

showss that the differences between the 1994 second wave nonrespondents and the temporary 

refusalss in the telephone survey are not great. We believe, therefore, that it is acceptable to use 

111 This is done as follows. Among the refusals it is expected that 72.5 % voted in 1994 and the other 27.5 did not 
vote.. Because we found 539 refusals in the sample, 391 of them voted and 148 did not Starting from the principle 
thatt 80.6 % of the voters are politically interested and the remaining 19.4 % are not (on the base of the ratio found 
betweenn politically interested and noninterested voters who were also temporary refusals) we thus expect that 
amongg the 391 voters, 315 people would be politically interested and 76 politically uninterested. In the same way 
wee expect 46 (31.4 %) politically interested and 102 (68.6 %) uninterested respondents among the nonvoting 
refusals.. If we then sum the political interested among the voters and the nonvoters and the politically uninterested 
amongg the voters and nonvoters we get a total of 361 politically interested {that is 67.0 %) and 178 (that is 33.0 %) 
politicallyy uninterested respondents. In the same way we have calculated the percentages for the respondents not 
reached. . 
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thee second wave nonrespondents as a substitute for the temporary refusals when estimating the 

proportionn of politically interested among the nonrespondents in the DNES-surveys. 

Tablee 1.7 - Comparing the temporary refusals with the second wave nonrespondents 
off  the 1994 DNES 

Age Age 
18-29 9 
30-44 4 
45-64 4 
65+ + 

Chii  square: 0.67, p>0.25 

EducationEducation12 12 

lower r 
medium m 
higher r 

Chii  square: 3.24, p>0.15 

Sex Sex 
male e 
female e 

Chii  square: 4.18, p=0.05 

Urbanization Urbanization 

TemporaryTemporary refusals 

14.5 5 
27.2 2 
32.4 4 
26.0 0 
173 3 

55.4 4 
27.4 4 
17.1 1 
175 5 

Second Second 
nonrespondents nonrespondents 

wave wave 
1994 1994 
NKO NKO 

16.5 5 
26.7 7 
29.5 5 
27.4 4 
285 5 

60.8 8 
26.9 9 
12.4 4 
283 3 

49.7 7 
50.3 3 
177 7 

veryy strong 
strongg / moderate 
littl ee / none 

Chii  square: 5.73, p=0.10 

Self-categorizedSelf-categorized political interest 
nott interested 
fairlyy interested 
veryy interested 

Chii  square: 1.86, p>0.25 

DNESDNES Political interest scale 
00 items 
11 item 
22 items 
33 items 
44 items 

14.5 5 
38.8 8 
46.7 7 
165 5 

31.1 1 
62.1 1 
6.8 8 
177 7 

15.8 8 
45.8 8 
16.9 9 
18.1 1 
3.4 4 

CMM square: 5.17, p>0.25 
177 7 

40.0 0 
60.0 0 
285 5 

23.5 5 
37.5 5 
38.9 9 
285 5 

37.2 2 
56.1 1 
6.7 7 
285 5 

21.8 8 
40.0 0 
21.1 1 
13.7 7 
3.5 5 
285 5 

'' Because a different categorization was used in the 1994 DNES than in our survey, we had to reclassify the values 
off  this variable in three categories 
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Tablee 1.8 compares the level of political interest among the respondents who only participated in 

thee first wave with that of respondents who participated in both waves. It is evident that the level 

off  political interest differs significantly between these two groups. For every year in which a 

completee DNES-survey (with two waves) was held the 'first wave only'-respondents are less 

interestedd in politics than those who participated in both waves. The only exception is 1971, 

whenn the difference did not differ significantly from 0. It is also striking that the difference 

betweenn the 'first wave only' respondents and the 'first and second-wave' respondents has 

increasedd over time. This could indicate that the difference in political interest between 

respondentss and nonrespondents in the DNES-surveys has also increased. If this is the case, then 

thee validity of recent DNES-survey results are at stake. 

Tablee 1.8 - Development of the difference in political interest of the 'first wave only' respondents and the 'first and 
secondd wave' respondents in the DNES-surveys 
YearYear 1971 1977 1981 1986 1989 1994 
Politicallyy not interested among: 
thee "first wave only" respondents 
thee "first and second wave" respondents 
differencee between the two 
meann difference, when a three point scale of 
self-categorisedd political interest is used 
Contingencyy coefficient 
Probability y 

Responsee on first wave 
Responsee on first and second wave 

Tablee 1.9 - Development of political interest in Dutch society on the base of the DNES-data, calculated 
accordingg to the DNES-method (unweighted and weighted), the method of Visscher and the figures 
correctedd according to our method 
YearYear 7977 7972 1977 1981 1982 1986 1989 1994 
Proportionn politically interested 
DNESS (unweighted) 
DNESS (weighted) 
accordingg to Visscher's method 
accordingg to our method 

voterr turnout 79.1 88.0 87.1 85.8 80.3 78.8 

## no weighting factor available 
**  cannot be computed 

Tablee 1.9 compares the proportion of politically interested people estimated for the different 

DNES-surveyss with the proportion of politically interested people found by DNES-researchers 

(bothh unweighted and weighted13) and the proportion calculated by Visscher. Appendix 1.1 

50.1 1 
45.9 9 
4.1 1 

.0742 2 

.0479 9 
0.06 6 

74.8 8 
59.4 4 

47.6 6 
37.0 0 
10.6 6 

.1529 9 

.0984 4 
0.00 0 

67.7 7 
52.3 3 

38.6 6 
28.9 9 
9.7 7 

.1149 9 

.0945 5 
0.00 0 

69.3 3 
48.7 7 

33.6 6 
26.2 2 
7.4 4 

.1652 2 

.1024 4 
0.00 0 

58.8 8 
48.9 9 

36.7 7 
20.3 3 
16.4 4 

.1916 6 

.1351 1 
0.00 0 

46.1 1 
39.5 5 

37.2 2 
18.6 6 
18.6 6 

.2574 4 

.1684 4 
0.00 0 

47.5 5 
40.0 0 

54.0 0 

# # 
44.0 0 
51.1 1 

56.2 2 

# # 
45.0 0 

* * 

61.0 0 

# # 
48.0 0 
56.1 1 

68.2 2 

# # 
52.0 0 
64.6 6 

74.3 3 

# # 
53.5 5 

* * 

72.4 4 
71.3 3 
48.5 5 
68.5 5 

77.3 3 
73.3 3 
42.0 0 
67.6 6 

78.3 3 
74.4 4 
41.0 0 
68.3 3 

133 To calculate the weighted figures for political interest, we used the weighting factors that were provided by the 
organizationss who did the fieldwork for the DNES-survey. For 1986, two weighting factors were given. The first 
onee had no influence on the height of the proportion of political interest; we used the second one, that had a slight 
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explainss how we computed our corrected figures. Appendix 1.2 presents the results of the 

differentt computational steps for each of the six DNES-surveys. If the level of political interest is 

usedd as an indication of a gap between politics and the public in the eighties and nineties, Table 

1.99 shows no evidence of the widening of the gap. 

1.66 Discussion 

Wee have started this chapter with defining four comparisons between groups among the 

respondentss that we considered as indicators for the respondents and groups among the 

respondentss that we considered as indicators for the nonrespondents. The results we have found 

forr these comparisons reinforce the assumptions we have made about respondents who were not 

willin gg to do a face-to-face interview about politics, respondents who were more difficult to 

persuadee to participate in the telephone interview, temporary refusals and difficult to reach 

respondentss and respondents who only participated in the first wave of the 1994 DNES as being 

indicatorss for the nonrespondents. We have found significant differences for most of these 

comparisons,, for both background variables and substantial variables. This means that it seems 

indeedd possible to use groups of respondents as indicators for the nonrespondents when one 

wantss to gain insight in possible nonresponse bias. 

Takingg this assumption as a starting point, we were able to estimate the level of political 

interestt in the DNES-surveys through the years. The results of our estimation procedure for 

politicall  interest suggest that the true situation with regard to the growth of the gap between the 

peoplee and politics lies somewhere between Visscher's views on the one hand and those of the 

'gap-sceptics'' on the other. This is clear from the figures in Table 1.9. 

Visscher'ss view appears to be vindicated if respondents who are willing to participate in 

ann extensive interview about politics, such as the Dutch National Election Survey, are compared 

withh the group of respondents only willing to participate in a short, general telephone survey. 

Thee distribution of background variables such as age, education and sex, as well as the 

distributionn of the two indicators for political interest, differ widely between these two groups. In 

otherr words, there would seem to be systematic distortion due to nonresponse. It should be 

mentionedd that the response in DNES-surveys is much higher than the proportion of respondents 

inn our own survey who were willing to participate in an interview about politics. But, even when 

thee most cooperative 47.5 % of respondents (mimicking the response rate of the 1994 DNES) is 

influence.. For the years 1971, 1972, 1977, 1981 and 1982 no weighting factors were available in the DNES-data 
set t 
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comparedd with the rest of the respondents, significant differences between the two groups are 

found. . 

Theree is no support for another aspect of Visscher's criticism of the 'gap-sceptics': his 

assumptionn that all nonrespondents who refused participation can be considered as uninterested 

inn politics. From the estimation of the political interest among the nonrespondents it would 

appearr that the proportion of those politically uninterested is higher among the refusals than 

amongg people who participated in the survey. But even among nonrespondents there are more 

peoplee who are politically interested than uninterested (that is, from 1977 on; see Appendix 1.2). 

Itt is not surprising, though, that dropout in the telephone survey was not determined by 

politicall  interest: the questionnaire was of a general design and every reference to politics was 

avoidedd in the introduction. The fact that the survey was political was not explained until the 

questionn was introduced in which the respondent was asked if he or she was willing to participate 

inn a face-to-face interview. In this survey, 34 % of the sample was a nonrespondent, of which, in 

ourr estimation, only one third lacked political interest while the level of political interest among 

thee respondents was somewhat higher. It is not credible, therefore, that the percentage of 

politicallyy uninterested people in the 1994 DNES-survey should be as high as 59 %, as Visscher 

supposed.. The 22 % estimated by the DNES-researchers seems, on the other side, rather low. In 

short,, Visscher's criticism of the DNES-results is supported by our analyses (i.e. political interest 

iss indeed overestimated in the DNES surveys) whereas his thesis that political interest has 

steadilyy declined among the Dutch population since 1981 is not. 

Thee analysis presented in this article is but a first step in the study of nonresponse in 

electionn surveys and the doubts surrounding the validity of the results of the Dutch National 

Electionn Survey. It is also important to realize that nonresponse is not the only factor that can 

distortt the results. We have already pointed to the tendency of nonvoters in election surveys to 

claimm that they did vote, a result that has been found in several different countries. If such an 

effectt also exists in The Netherlands (i.e. turnout in the sample is actually lower than answers to 

questionss about voting turnout indicate), this would mean that the difference between turnout 

amongg interviewed respondents and the nonrespondents is less than the ratio we have found. 

Thiss would mean in turn that there are more politically interested people among the 

nonrespondentss than we have found so far. 

Onee way to find out the extent of such an effect in the case of the DNES-survey would be 

too use the electoral register as sample framework. In some countries (for example the United 

Kingdom,, Sweden and the United States) this is done already. By asking for permission to study 

thee lists of voters from the polling stations where the sampled people have cast their vote or 
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failedd to turn up, it would be possible to compare the voter turnout reported with actual voter 

turnout.. In addition, we would have information about the true voter turnout of the 

nonrespondentss and about such background variables as their sex, age and urbanization. This 

wouldd enable us to make an even more precise estimate of the level of political interest among 

nonrespondents,, and thus also of the population as a whole. 

Thee falling response rates indicated by market and opinion research is not a phenomenon 

off  the last few years, and it is unlikely that it will cease. With the rise of telemarketing in the 

nineties,, the growth of nonresponse is actually accelerating: people are inundated by requests for 

telephonee interviews, provoking resistance and an increasing reluctance. If the National Election 

Surveyy wishes to maintain its leading position in research into the political attitude of the Dutch 

people,, it must adjust itself to this changed situation, in other words, find ways to learn more 

aboutt the nonrespondents. 

Thee approach chosen for the 1998 DNES showed that the researchers responsible for the 

DNES-surveyy are also aware of this, and are prepared to do something about it. In contrast with 

previouss DNES-surveys, the election registers were used as sampling framework in the 1998 

DNES,, which means that some background characteristics were known for nonrespondents as 

well.. Besides that, measures were taken to diminish nonresponse (for example, a lottery-ticket 

wass enclosed with the letter in which the respondents were asked to participate, and refusals 

weree called back by a team of specially trained interviewers). Furthermore, even the 

nonrespondentss who continued to refuse were asked to answer a small number of questions. In 

thiss way, the nonrespondents who were prepared to answer at least those questions could be 

comparedd with the respondents on a number of important variables. Hopefully, these results will 

givee more insight in the distortion of the DNES results as a consequence of nonresponse bias. 
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Appendices s 

Appendixx 1.1 - Computing the proportion of politicall y interested respondents in the 

sample. . 

Too estimate the political interest in the sample as a whole we used the answers to the question 

aboutt the respondents' political interest from the first wave of the questionnaire and to the 

questionn about actual voter turnout question from the second wave. Because we needed at least 

twoo interview waves, the DNES of 1972 and 1982 could not be used, as there was only one 

wavee of interviews in those years. 

Wee defined the following terms: 

Pr(VIRi)) Probability of voting among respondents from wave 1 only 

Pr(VIR)) Probability of voting among respondents from waves 1 and 2 

Pr(IIVi)) Probability of political interest among voters from wave 1 only 

Pr(IINVi)) Probability of political interest among nonvoters from wave 1 only 

Pr(IIVNR)) Probability of political interest among the voters among the 

nonrespondents s 

Pr(IINVNR)) Probability of political interest among the nonvoters among the 

nonrespondents s 

Pr(IIRi)) Probability of political interest among respondents from wave 1 only 

Pr(IIR)) Probability of political interest among respondents from waves 1 and 2 

Pr(V)) Probability of voting in the population at large 

Pr(VINR)) Probability of voting among nonrespondents 

Pr(IINR)) Probability of political interest among nonrespondents 

Pr(I)) Probability of political interest in the population at large 

NRII  Number of respondents from wave 1 only 

NRR Number of respondents from waves 1 and 2 

NNRR Number of nonrespondents 

NN Sample size 

Thee first problem we encountered was that we did not know the voter turnout of those 

respondentss who only participated in the first wave of the DNES-survey. We used an 
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imputationn procedure to estimate their voter turnout. We carried out a logistic regression with 

voterr turnout (two categories: 'voted' and 'did not vote') as the dependent variable. In all six 

DNES-surveyss political interest, adherence to a political party, voter turnout, voter turnout in 

thee previous parliamentary elections (not available for 1986), voter turnout in the last local 

electionss (not available for 1971, 1977 and 1981), political satisfaction (not available for 1977 

andd 1981) and the background variables age, education, sex, urbanization, social class and 

religionn were used as explanatory variables. All the explanatory variables that had a regression 

coefficientt significantly different from zero were kept in the equation. Because there was a 

groupp of respondents who had missing values for some of the explanatory variables, we also 

retainedd the variables whose coefficient became significant when the variables with missing 

valuess were omitted from the regression equation. We eventually had between six and eight 

explanatoryy variables in each of the regression equations. Below, we list the explanatory 

variabless that were used in each of the six DNES-surveys, with the variance that can be 

accountedd for by these explanatory variables in brackets. 

1971:: political interest, adherence to a party, voting intention, voter turnout in the previous 

parliamentaryy elections, education and age (pseudo R2: .2439). 

1977:: political interest, adherence to a party, voting intention, voter turnout in the previous 

parliamentaryy elections, sex, urbanization and social class (pseudo R2: .3302). 

1981:: political interest, adherence to a party, voting intention, voter turnout in the previous 

parliamentaryy elections, sex, age and religion (pseudo R2: .3225). 

1986:: political interest, adherence to a party, voting intention, voter turnout in the last local 

elections,, political satisfaction, sex, age and education (pseudo R2: .4190). 

1989:: political interest, adherence to a party, voting intention, voter turnout in the previous 

parliamentaryy elections, voter turnout in the last local elections, sex and education 

(pseudoo R2: .4002). 

1994:: political interest, voting intention, voter turnout in the previous parliamentary elections, 

voterr turnout in the last local elections, sex, age and education (pseudo R2: .3923). 

Usingg the regression coefficients found and stochastic regression imputation (i.e. a random error 

termm is added to the imputed value; see for instance Little and Rubin, 1989) we were able to 

estimatee the voter turnout of those respondents who had only participated in the first wave of 

thee DNES-survey: Pr(VIR,). 
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Sincee we now knew the voting probability in both groups of respondents, we were also 

ablee to calculate the voting probability among nonrespondents, by taking the expected number 

off  voters in the sample (because our sample is representative, we assumed the proportion of 

voterss in the sample to be the same as in the population) and subtracting from it the number of 

voterss among the respondents, as in formula (1.1). 

Pr(VINR)) = (Pr(V) * N - (Pr(VIR) * NR + Pr(VIR,) * NR1))/N (1.1) 

Wee then turned to the number of politically interested people among the voting and nonvoting 

'firstt and second wave'-respondents and the 'only first wave'-respondents. 

Forr both 'first and second wave'-respondents and 'only first wave'-respondents the 

numberr of respondents who considered themselves politically interested can be read from the 

data:: Pr(IIR) and PitllRO respectively. 

Inn order to estimate the probability of political interest for the nonrespondents, two 

assumptionss must be made, because we do not know the relation between being politically 

interestedd and voting for nonrespondents. In the first place, it is assumed that the probability of 

beingg politically interested among the voting nonrespondents equals the probability of being 

politicall  interested among the voting 'only first wave'-respondents (1.2). In the second place, 

wee assume that the probability of being politically interested among the nonvoting 

nonrespondentss equals the probability of being political interested among the nonvoting 'only 

firstt wave'-respondents (1.3). With the help of a cross-tabulation, using the dichotomized self-

categorizedd political interest and the imputed voter turnout, we find the proportion of politically 

interestedd people among the voters and nonvoters of the 'only first wave'-respondents: Pr(IIVi) 

andd PnllNVi) respectively. 

Pr(IIVNR)) = Pr(I[V1) (1.2) 

Pr(IINVNR)) = Pr(IINV,) (1.3) 

Thiss leads to the following formula for estimating the probability of being politically interested 

amongg the nonrespondents: 

Pr(IlNR)) = FT(VINR) * Pr(IIVNR) + (l-Pr(VINR)) * Pr(IINVNR) (1.4) 
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Finally,, the probability of being politically interested in the sample (thus in the population at 

large)) is calculated by multiplying the probabilities of being politically interested for each of the 

threee groups with the number of respondents belonging to that group, summing this and 

dividingg the result by the number of respondents in the total sample: 

Pr(I)) = (Pr(IIRi) * NRI + Pr(IIR) * NR + PrtflNR) * NNR)/N (1.5) 
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Appendixx 1.2 - The relation between voter  turnout and political interest for  the 'firs t and 

secondd wave'-respondents and the first wave only'-respondents for  the 1971,1977,1981, 

1986,19899 and 1994 DNES-surveys 

79777 7977 1981 
77 and 2 only 1 nonresp 1 and 2 only 1 nonresp 1 and 2 only 1 nonresp 

voterr turnout 
relationrelation voting - political 
amongg voters 
amongg nonvoters 
politicall  interested 
N N 

86.7 7 
interest interest 

57.5 5 
31.9 9 
54.1 1 
1980 0 

78.1" " 

56.9 9 
25.2 2 
49.9 9 
515 5 

61.8* * 

56.9# # 
25.2# # 
44.8* * 

835 5 

91.1 1 

65.1 1 
40.8 8 
62.9 9 
1434 4 

87.9" " 

56.4 4 
23.5 5 
52.4 4 
422 2 

83.0* * 

56.4# # 
23.5# # 
50.8* * 

886 6 

93.5 5 

72.7 7 
46.6 6 
71.0 0 
1620 0 

88.6"' ' 

65.9 9 
27.3 3 
61.5 5 
685 5 

75.9* * 

65.9# # 
27.3# # 
56.6* * 
1021 1 

19861986 1989 1994 
11 and 2 only 1 nonresp 1 and 2 only 1 nonresp 1 and 2 only 1 nonresp 

voterr turnout 
relationrelation voting - political 
amongg voters 
amongg nonvoters 
politicall  interested 
N N 

93.2 2 
interest interest 

75.9 9 
47.3 3 
74.0 0 
1357 7 

89.7" " 

69.6 6 
39.3 3 
66.7 7 
273 3 

76.0* * 

69.6# # 
39.3# # 
62.3* * 
1142 2 

92.6 6 

81.7 7 
54.1 1 
79.7 7 
1506 6 

86.7" " 

66.3 3 
42.4 4 
63.3 3 
248 8 

70.5* * 

66.3# # 
42.4# # 
59.3* * 
2054 4 

92.2 2 

84.2 2 
47.9 9 
81.4 4 
1527 7 

81.1" " 

68.0 0 
40.7 7 
62.8 8 
285 5 

68.3* * 

68.0# # 
40.7# # 
59.3* * 
2004 4 

**  calculated 
## substituted 
""  imputed 
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Chapterr  2 

Nonresponsee Bias and Stimulus Effects in the Dutch 

Nationall  Election Study14 

2.11 Introductio n 

Ann important issue in survey research is the way in which results are subjected to bias. 

Roughlyy speaking, one can distinguish three ways in which bias may arise. Firstly, the 

respondentss differ from the nonrespondents with respect to the behaviour that is investigated. 

Secondly,, the behaviour of the respondents changes as a result of their participation in the 

survey.. Thirdly, the respondents misreport their behaviour, intentionally or unintentionally. 

Theree is extensive literature which shows that nonrespondents differ from the 

respondents.respondents. Nonrespondents who refuse to cooperate with the survey tend to have had a 

somewhatt lower education, are mostly older and tend to reside in urban areas. The 

nonrespondentss who could not be reached, are relatively higher educated, younger, more often 

singlee and are overrepresented in urban areas (Brehm, 1993; Couper and Groves, 1996; 

DeMaio,, 1980; Fitzgerald and Fuller, 1982; Groves, 1989; Groves and Couper, 1998; Groves 

andd Lyberg, 1988; Herzog and Rogers, 1988; O'Neil, 1979; Wilcox, 1977). It is important to 

realizee that differences between respondents and nonrespondents on background variables do 

nott automatically mean that these two groups also differ on variables that are of interest. Only 

whenn there is a relationship between the variables of interest and the background variables, 

cann a difference in these variables be expected. However, just as the presence of bias in 

backgroundd variables does not automatically mean that the specific variables are biased too, 

absencee of bias in the background variables does not automatically mean that there is no bias 

inn the specific variables either (Bradburn, 1992; Hawkins, 1975; Lagay, 1969). 

AA possible method to find out whether the respondents differ from the nonrespondents 

onn the variables of interest is to use certain groups of respondents as a substitute for the 

nonrespondents.nonrespondents. Some respondents were less easy to persuade to participate in the survey than 

others;; only after having been contacted a second time, were those people willing to 

participate.. Other respondents were only reached after several attempts by the interviewer. 

144 This chapter was written with Hetty van Kempen and has been published in Quality & Quantity 36, 2002: 325-
345. . 
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Bothh these temporary refusers and these difficult to reach respondents would have been 

nonrespondentss if there had not been any further efforts by the interviewers to recontact them. 

Hence,, we were able to use the temporary refusers as indicators for the final refusers and the 

difficul tt to reach as indicators for the not reached. Despite the fact that this method is not 

withoutt controversy (Ellis et al., 1970; Fitzgerald and Fuller, 1982; Lin and Schaeffer, 1995), 

itt has been used quite regularly for lack of a better method (Armstrong, 1977; Filion, 1975; 

Filion,, 1976; O'Neil, 1979; Pavalko and Lutterman, 1973; Smeets, 1995; Smith, 1983; Smith, 

1984;; Stinchcombe et al., 1981; see also chapter 1). 

Thee second source of bias, respondents who change their behaviour as a consequence 

off  participating in the research, wil l occur especially in panel research, in which the same 

respondentss are interviewed at least twice (Greenwald et al., 1987). This is what is called a 

stimuluss effect (Clausen, 1968; Granberg and Holmberg, 1992; Traugott and Katosh, 1979; 

Yalch,, 1976). Important in estimating the risk of the appearance of stimulus effects is to take 

intoo account the topic of the study and the method of data collection. 

Thee misreporting of behaviour, the third source of bias, can be done on purpose 

(answerr effects) or can be the result of not being able to remember behaviour correctly 

(memoryy effects) (Bethlehem and Kersten, 1986; Swaddle and Heath, 1989). Answer effects 

aree in many cases the result of the inclination of the respondent to give socially desirable 

answers.. This happens particularly in face-to-face interviews. 

Inn this paper, we wil l focus on one specific kind of survey research, i.e. election 

research.. In countries such as the United States, Canada, the United Kingdom, Norway, 

Swedenn and the Netherlands, election research is done on a structural basis, every time 

nationall  elections are held. All election studies basically have the same design. First, a 

representativee sample of eligible voters is obtained. All persons in the sample that can be 

contactedd and want to participate, are interviewed at least twice, once before and once after 

electionn day. Because of the design of election research and the fact that voting and 

participatingg in politics is seen, at least in most West European democracies, as socially 

desirablee behaviour, all ingredients are present for nonresponse bias, stimulus effects and 

answerr effects to distort the results of the research. This makes election research very suitable 

forr studying bias. 

Wee will use data from the 1998 Dutch National Election Study (DNES) to try to 

answerr the question to what extent nonresponse bias and stimulus effects influence the results 

off  election research. Unfortunately, the data do not give us the possibility to study answer 

effects:: in order to study these, one should be able to check the answers of respondents against 
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factuall  data. With respect to voting behaviour, the Dutch Electoral Law makes it extremely 

difficult ,, if not impossible, to do this on a national level. 

Wee chose the Dutch National Election Study as our data source for two important 

reasons.. First, the nonresponse level in the Netherlands is higher than in any other western 

countryy (De Heer, 1999). Therefor, if there is a country where nonresponse bias might be 

expectedd to occur, it will be the Netherlands. Second, in the last few years the National 

Electionn Study in the Netherlands has been subjected to a lot of criticism as a consequence of 

thee high nonresponse level in 1989 and 1994 (in both years less than 50 % of the sample 

participated).. This criticism caused a flow of publications about the effect of increasing 

nonresponsee on the results of the Dutch National Election Study (Andeweg, 1997; Andeweg 

andd Van Holsteyn, 1996; Smeets, 1995; Van Goor, 1996; Visscher, 1995; see also chapter 1). 

Wee will start with a description of the 1998 Dutch National Election Study and the 

twoo extra studies that were added to the 1998 DNES with the goal of gathering more 

informationn about the occurrence of possible nonresponse bias and stimulus effects in this 

study.. Then, we will present some of the results of both studies and show whether proof is 

foundd in these studies for the existence of nonresponse bias and stimulus effects. We will 

finishh with some conclusions and recommendations for future research. 

2.22 The 1998 Dutch National Election Study 

2.2.11 The sampling procedure 

Ass a result of the criticism on the low response rates in the 1989 and 1994 DNES, the 

researcherss responsible for the DNES in 1998, decided to change some important aspects of 

thee design and to add two special studies: a nonresponse study and a stimulus effect study. By 

this,, the DNES-researchers hoped to maximize the response, to get more information about 

potentiall  nonresponse bias and to examine the occurrence of stimulus effects (Aarts and Van 

derr Kolk, 1999). 

Onee of the most important differences between the 1998 DNES and previous versions 

off  the DNES was the way in which the sample was obtained. From 1981 on the mail delivery 

addressess had been used as the sampling frame but due to three considerations it was decided 

too use the population register as the sampling frame for the 1998 DNES. Firstly, me 

populationn register includes some personal characteristics (such as age and gender) mat can be 
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usedd in the analyses of the response and nonresponse. Secondly, the register provides the 

precisee names and addresses of the persons to be interviewed, so that selection in the field was 

noo longer needed. Thirdly, the population register, being the base of the electoral register (by 

selectingg those people from the population who are 18 years or older on election day that have 

thee Dutch nationality), is the theoretically correct sampling frame for a study into electoral 

behaviourr {Aarts, Van der Kolk and Kamp, 1999). 

Thee sampling process itself consisted of two stages. In the first stage municipalities 

weree selected using a stratified clustered procedure, to ensure that the selected municipalities 

wouldd be representative for all of the Dutch municipalities with regard to urbanization level 

andd region. A step procedure was then used to determine which municipality was to be 

includedd in the sample. In order to select individuals, a sample was drawn from the population 

registerr in the selected municipalities. All eligible voters were arranged according to age and 

postcode.. A systematic sample was taken, again by using a step procedure and considering a 

responsee level of 50 %. This led to a gross sample of 4207. A more detailed description of the 

samplingg process can be found in Aarts, Van der Kolk and Kamp (1999). 

2.2.22 The nonresponse study 

Inn the nonresponse study, all first wave nonrespondents, for whom a telephone number was 

known,, were recontacted by telephone to see if it was possible to get them to participate in the 

study15.. The nonrespondents who were recontacted, but whom the interviewers could not 

persuadee to participate (the large majority of the nonrespondents) were asked if they were 

willin gg to answer a few simple questions. With these questions some information was 

obtainedd about their attitude towards politics and their voting behaviour, as well as some 

generall  information, such as education. Furthermore, some demographics were known, since 

thesee features were available from the population register that was used as the sampling-

frame.. By using information that can be linked to me postcode of the sample element's 

addresss (like degree of urbanization, region, the mean level of education or the dominating 

sociall  class in the neighbourhood - data that can be obtained from companies specialized in 

gatheringg data on aggregate levels) it was possible to compare respondents and 

nonrespondentss on a relatively wide range of characteristics. The DNES-researchers hoped 

155 It was unfortunately impossible to recontact the people for which no telephone number was known 
(approximatelyy 15 % of the nonrespondents) because of financial limitations. 
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thatt the nonresponse study would give them more insight into the extent and nature of 

nonresponsee bias. 

Ann important issue is the difference in the modes used to collect the data. In the 

nonresponsee study the data collection was done by telephone, while the data collection in the 

mainn study of the DNES was done face-to-face. This difference in data collection methods 

raisess the question whether the two studies are comparable. Differences between the results 

foundd in the two studies may be caused by the different data collection methods, instead of by 

thee experimental design. This problem is common to mixed mode surveys. Most research into 

differencess resulting from data collection mode, reported some differences, but most of these 

differencess were relatively small or not statistically significant (De Leeuw, 1992; Groves and 

Kahn,, 1979; Hochstim, 1967; Locander et al., 1976; see also chapter 3). 

Inn those studies, in which significant differences were found between the results in 

face-to-facee and telephone interviews, these interviews most of the time involved social or 

sensitivee topics. In die nonresponse study, apart from the questions concerning some 

backgroundd characteristics, we have only asked the respondents questions about social topics. 

Inn the case of social topics - topics that deal with opinions about society or with participation 

inn society -, the answers of the respondent may be biased because of social desirability. The 

lesss anonymous the mode of data collection is, the stronger this inclination will be. Past 

researchh has revealed that this will lead to more socially desirable answers in face-to-face 

surveyss as compared to telephone surveys. (Saris and Hagenaars, 1997; Sykes and Collins, 

1988). . 

Anotherr fact we have to take into account is that past research also showed that people 

tiiattiiat can not be interviewed by telephone (because of having an unlisted number or not having 

aa telephone) on the average are from a lower social background and are less involved in 

societyy (Collins and Sykes, 1987; Donovan et al., 1997; Perry, 1968; Rich, 1977; Smith, 

1990;; Wolfe, 1979). 

Inn the nonresponse study we were not able to recontact die nonrespondents without a 

telephonee or with an unlisted telephone number. This means we have lost a subgroup of 

nonrespondentss (13.2 % of all nonrespondents) mat is on average less involved in socially 

desirablee behaviour. We have also lost those people who refused to participate in the 

nonresponsee study (23.6 % of all nonrespondents of die main study) or who did not 

participatee in the nonresponse study because of other reasons (19.1 % of all nonrespondents of 

diee main study). It is obvious mat die exclusion of these tiiree groups of nonrespondents from 

diee nonresponse study wil l lead to an even larger overestimation of voter turnout and political 
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interestt in the nonresponse study. This means that the differences that we may find between 

thee levels of voter turnout and political interest in the main study and in the nonresponse study 

wil ll  be the minimum differences. 

Ass we saw above, a possible mode effect will work in a different direction. The 

intervieww mode we have used to question the respondents in the nonresponse study 

(telephone)) may lead to less overreporting of socially desirable behaviour than the interview 

modee that has been used to question the respondents in the main study (face-to-face). This 

modee effect may partly cancel out the overreporting of socially desirable behaviour among the 

respondentss in the nonresponse study as a result of sample and nonresponse effects. In other 

words:: if mode effects as a result of social desirability exist, these mode effects will be less 

strongg in the nonresponse study, that is done by telephone, than in the main study, that is done 

face-to-face.. So differences in the reporting of social desirable behaviour in both studies, that 

aree consequences of the fact that some groups, that are known to be involved less often in 

sociall  desirable behaviour, could not be interviewed in the nonresponse study, will become 

smallerr as a result of this mode effect. 

Ass also the stimulus effect study is done by telephone, the same line of reasoning 

appliess to the stimulus effect study. A possible mode effect may lead to overreporting of 

sociall  desirable behaviour, like voting. The exclusion of those who could not be interviewed 

byy telephone (because of having an unlisted telephone number or not having a telephone at 

all)) may lead to an underrepresentation of people that involve themselves more often in what 

iss considered as social desirable behaviour. As we will explain later, by matching respondents 

fromm the stimulus effect study with respondents from the main study, these possible sources of 

biass will for the most part be neutralized. 

2.2.33 The stimulus effect study 

Thee stimulus effect study was carried out after election day. The aim of the stimulus effect 

studyy was to investigate whether participation in the pre-election questionnaire of the DNES 

ledd to different answers in the post-election questionnaire of the DNES. 

Althoughh the existence of stimulus effects had largely been ignored in the discussion 

aboutt bias in the DNES, which had mainly focused on nonresponse bias, the DNES-

researcherss decided to investigate the occurrence of stimulus effects as well. It is possible that 

people,, by participating in the pre-election questionnaire, are stimulated to vote. Past research 

showedd that asking people for their vote intention lead to a higher turnout among those people 
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(Greenwaldd et al., 1987; Kraut and McConahay, 1973). It is also possible that people are not 

reallyy voting more often as a result of participating in the pre-election questionnaire, but only 

reportt more often to have voted. The goal of the stimulus effect study was to find out whether 

thiss happened in the DNES. If this was the case, higher levels of voter turnout and political 

involvementt would be expected in the main study, in comparison with the stimulus effect 

study. . 

AA new sample of electors was contacted after election day in the same way in which 

thee sample elements were contacted in the DNES (by letter) to ask for their participation in 

researchh concerning the national elections. The only difference between contacting sample 

elementss in the DNES and in the stimulus effect study was that they were approached face-to-

facee in the former, whereas in the latter they were approached by telephone (because of 

financiall  limitations). The sample elements in the stimulus effect study were asked to answer 

aa few questions about their attitude towards politics, their voting behaviour and some general 

characteristics.. By comparing their answers with the answers of a comparable group in the 

DNES,, it should be possible to find out whether the answers of the respondents have changed 

ass a result of participating in the first wave of the DNES. 

22 J. Results 

2.3.11 Nonresponse bias 

Tablee 2.1 shows the response levels for the main study, including the nonresponse study. We 

seee that 49.9 % of all the subjects that were selected for the main study responded. Of the 

nonrespondents,, 44.0 % answered the questions that were asked in the short questionnaire 

whichh was part of the nonresponse study. 

Tablee 2.1 - Response and nonresponse in the 1998 Dutch National Election Study 
NationalNational Election Study, including the nonresponse study 
Respondedd in the main study 
Respondedd in the nonresponse study 
Didd not respond in both main and nonresponse study 
Totall  sample 

2101 1 
926 6 

1180 0 
4207 7 

49.9% % 
22.0% % 
28.0% % 

100.0% % 

Wee will start by comparing the respondents and nonrespondents on some background 

variables.. The nonrespondents are split into four different groups: refusers who claim not to 

bee interested in the survey; refusers who mention another reason for their refusal; 
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nonrespondentss who were not able to participate in the survey (because of mental or physical 

illness,, language problems or holidays); and those who were inaccessible. The subdivision 

amongg the refusers was made so we could test whether people who refuse to participate in 

electionn research by reason of not being interested in the topic of the study, will also claim to 

bee not interested in politics, if they are explicitly asked for their political interest (Couper, 

1997). . 

Tablee 2.2 
variables s 

Comparisonn of the respondents and different groups of nonrespondents on some background 

responseresponse not interested refusers not able to no contact total sample 
refusersrefusers because of participate 

otherother reasons 
Age Age 
18-299 yrs 
30-444 yrs 
45-644 yrs 
65+ + 
Total l 
Chi-square: : 

21.0(( 441) 
32.33 ( 679) 
32.00 ( 672) 
14.77 ( 309) 
50.9(2101) ) 

18.9(172) ) 
30.9(281) ) 
31.2(284) ) 
18.9(172) ) 
22.00 (909) 

16.6(127) ) 
26.44 (202) 
32.33 (247) 
24.6(188) ) 
22.00 (764) 

14.11 ( 30) 
16.99 ( 36) 
20.22 ( 43) 
48.8(104) ) 
5.2(213) ) 

32.99 ( 47) 
37.11 ( 53) 
21.77 ( 31) 
8.44 ( 12) 
3.5(143) ) 

19.88 ( 817) 
30.3(1251) ) 
30.9(1277) ) 
19.00 ( 785) 

100.00 (4130) 
197.440,, p=0.00, cc=.2136; Chi-square respondents vs. all nonrespondents:52.127, p=0.00, cc=.1116 

Gender Gender 
malee 49.0(1030) 43.5(397) 48.2(363) 37 .4 (77) 58 .1(79) 47.4(1946) 
femalee 51.0(1071) 56.5(515) 51.8(390) 62.6(129) 41.9 ( 57) 52.6(2162) 
Totall  51.1(2101) 22.2(912) 18.3(753) 5.0(206) 3.3(136) 100.0(4108) 
Chi-square:: 22.425, p=0.00, cc=.0737; Chi-square respondents vs. all nonrespondents:4.715, p=0.03, cc=.0339 

LevelLevel of urbanization 
nott 35.0 ( 735) 34.0(324) 
ratherr 24.0 ( 504) 22.4(213) 
stronglyy 41.0( 862) 43.6(415) 
Totall  49.9(2101) 22.6(952) 
Chi-square:: 29.377, p=0.00, cc=.0838; Chi-square 

DominatingDominating social class in the neighbourhood 
lowerr class 41.3 ( 865) 46.9(445) 
middlee class 8.7 ( 182) 9.2 ( 87) 
higherr class 50.0(1049) 43.9(417) 
Totall  50.0 (2096) 22.6 (949) 
Chi-square:: 51.377, p=0.00, cc=.1100; Chi-square 

ProportionProportion of higher educated in neighbourhood 
feww 39.1 ( 819) 44.5(422) 
averagee 32.7 ( 686) 31.3 (297) 
manyy 28.2 ( 591) 24.2(230) 
Totall  50.0 (2096) 22.6 (949) 

36.33 (285) 
26.11 (205) 
37.66 (295) 
18.77 (785) 

respondentss vs. all 

42.99 (336) 
10.22 ( 80) 
46.99 (367) 
18.77 (783) 

respondentss vs. all 

43.77 (342) 
34.1(267) ) 
22.2(174) ) 
18.77 (783) 

Chi-square:: 25.270, p=0.00, cc=.0774; Chi-square respondents vs. all 

34.88 ( 77) 
24.44 ( 54) 
40.77 ( 90) 

5.33 (221) 
nonrespondents s 

58.88 (127) 
8.33 ( 18) 

32.99 ( 71) 
5.2(216) ) 

18.99 ( 28) 
21.66 ( 32) 
59.55 ( 88) 
3.5(148) ) 

0.685,, p=0.71. 

61.22 ( 90) 
4.11 ( 6) 

34.77 ( 51) 
3.5(147) ) 

nonrespondents:20.172,, p=0.00 

51.4(111) ) 
28.22 ( 61) 
20.44 ( 44) 
5.2(216) ) 

nonrespondents s 

44.22 ( 65) 
31.33 ( 46) 
24.55 ( 36) 
3.55 (147) 

19.139,, p=0.00 

34.44 (1449) 
24.00 (1008) 
41.6(1750) ) 

100.00 (4207) 
cc=.0128 8 

44.5(1863) ) 
8.99 ( 373) 

46.6(1955) ) 
100.0(4191) ) 

,, cc=.0692 

42.0(1759) ) 
32.44 (1357) 
25.77 (1075) 

100.0(4191) ) 
,, cc=.0674 

Tablee 2.2 shows the results of the comparison between respondents and the four different 

groupss of nonrespondents. This comparison is based on data that we found in the population 

registerr and characteristics of the neighbourhood, obtained by combining the postcodes of the 
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areaa where the subjects are living with information provided by Geo-Markt Profiel . In this 

way,, we had data for both the respondents and the nonrespondents at our disposal. 

AA few results attract our attention. For most variables, the respondents differ only 

slightlyy from the total sample. The only fairly large difference is found in age: people of 65 

yearss and older are clearly underrepresented among the respondents. Smaller differences are 

foundd for dominating social class in the neighbourhood (respondents tend to live more in 

neighbourhoodss where the higher social classes dominate and less in neighbourhoods where 

manyy people from the lower social classes live) and educational level in the neighbourhood 

(respondentss more often live in neighbourhoods where people have a relatively high 

education). . 

Largerr differences are found within die several groups of nonrespondents. The two 

groupss of refusers do not differ much with respect to the background variables: females are 

somewhatt overrepresented among refusers that claim to be not interested, as are persons that 

livee outside the neighbourhoods where people with a higher education dominate. Persons that 

givee other reasons for their refusal are generally older and less often from neighbourhoods 

wheree the higher educated live. 

Incapablee nonrespondents only differ on some variables: age (almost half of the 

incapablee nonrespondents are 65 years or older - a result that is not surprising), gender 

(femaless are overrepresented among the incapable), social class (more people from the 

neighbourhoodss where people from the lower social classes are dominant) and education (the 

incapablee are more often living in neighbourhoods with a low educational level). Those not 

reachedd are predominantly found in the age group 18-44, they are male, more than half of 

themm live in the most urbanized areas and they live more often in neighbourhoods where 

peoplee from the lower social classes and a low education level, live. 

Next,, we are interested in possible differences with respect to political attitude and 

votingg behaviour between the respondents and the various groups of nonrespondents. For this, 

thee data of the nonresponse study of the 1998 DNES were used. Unfortunately, but not 

surprisingly,, not all nonrespondents of the 1998 DNES were willing to answer a few 

questionss when they were asked to participate in a short telephone questionnaire. Of die 

166 Geo-Markt Profiel is a commercial business based in the Netherlands, specialized in data collection on 
aggregatee levels. Geo-Markt Profiel gathers its information from different sources and supplements these data by 
interviews.. For each postcode area in Holland two informants are interviewed by phone to ask them about a 
numberr of characteristics of the houses and apartments and of the households in the zipcode area. Every year 
Geo-Marktt Profiel does approximately 100.000 of those interviews, which means that the data about each 
postcodee area are updated once every four year. 
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refuserss who claimed not to be interested or who refused because of an other reason, 

respectivelyy 52 % and 47 % participated in the telephone interview. Of the incapable and 

inaccessiblee nonrespondents, only 15 % participated. We decided to leave the last two groups 

outt of the analysis, because their small number of cases. The 15 % that did participate will 

mostt probably not be representative at all for the complete groups. 

Tablee 2.3 - The comparison of the not interested refusers and the other refusers and of the respondents and the 
refuserss on some political variables. The fourth column (refusers) is the sum of the first and second columns. 

notnot interested refusers because all respondents refusers total 
_ __ refusers of other reasons 
VoteVote intention with regard to the upcoming parliamentary elections 
wil ll  not go voting 13.3(63) 13.3(47) 6.9(145) 13.3(110) 8.7(255) 
wil ll  go voting 77.0(364) 79.0(279) 86.0(1805) 77.8(643) 83.7(2448) 
doess not know yet 9.7 ( 46) 7.6 ( 27) 7.1 ( 150) 8.8 ( 73) 7.6 ( 223) 
Totall  16.2(473) 12.1(353) 71.8(2100) 28.2(826) 2926 
Chi-squaree column 1 and 2: 1.099, p=0.58, cc=.0365; Chi-square column 3 and 4: 34.863, p=0.00, cc=.1085 

VoteVote behavior at at the last local elections 
didd not vote 35.8(168) 34.4(122) 27.4 ( 570) 35.2(290) 29.6 ( 860) 
votedd 64.2(301) 65.6(233) 72.6(1514) 64.8(534) 70.4(2048) 
Totall  16.1(469) 12.2(355) 71.7(2084) 28.3(824) 2908 
Chi-squaree column 1 and 2: .187, p=0.67, cc=.0151; Chi-square column 3 and 4: 17.440, p=0.00, cc=.0772 

InterestInterest in politics 
nott interested 
fairlyy interested 
veryy interested 
Total l 

50.88 (250) 
41.33 (203) 

7.99 ( 39) 
16.77 (492) 

44.4(162) ) 
45.8(167) ) 

9.99 ( 36) 
12.4(365) ) 

25.99 ( 543) 
64.6(1355) ) 

9.44 ( 198) 
71.0(2096) ) 

48.1(412) ) 
43.22 (370) 

8.88 ( 75) 
29.00 (857) 

32.33 ( 955) 
58.4(1725) ) 
9.22 ( 273) 

2953 3 

Chi-squaree column 1 and 2: 3.680, p=0.16, cc=.0654; Chi-square column 3 and 4: 140.766, p=0.00, cc=.2133 

PoliticalPolitical self-confidence: politics is sometimes too compicated 
agreee 63.8(264) 55.5(181) 62.1(1210) 60.1(445) 61.5(1655) 
disagreee 36.2(150) 44.5(145) 37.9(740) 39.9(295) 38.5(1035) 
Totall  15.4(414) 12.1(326) 72.5(1950) 27.5(740) 2690 
Chi-squaree column 1 and 2: 5.174, p=0.02, cc=.0833; Chi-square column 3 and 4: .832, p=0.36, cc=.0176 

PoliticalPolitical efficacy: members of parliament do nol care about the opinion of people like me 
agreee " 63.5(242) 64.0(190) 38.0(726) 63.7(432) 44.7(1158) 
disagreee 36.5(139) 36.0(107) 62.0 ( 246) 36.3(246) 55.3(1430) 
Totall  14.7(381) 11.5(297) 73.8(1910) 26.2(678) 2588 
Chi-squaree column 1 and 2: .002, p=0.97, cc=.0047; Chi-square column 3 and 4: 133.741, p=0.00, cc=.2217 

Tablee 2.3 shows the results of the comparison between respondents and the two remaining 

groupss of refusers, with respect to three political attitude-variables and two voting behaviour 

variables.. The three political attitude-variables indicate political interest, political self-

confidencee (sometimes also labeled as internal political efficacy - measured by asking the 

respondentt if he or she agrees or disagrees with the statement 'Sometimes politics seem to be 

soo complicated that people like me are not able to understand what's really at stake') and 

politicall  efficacy (measured by asking the respondent if he or she disagrees with the statement 
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'Memberss of parliament don't care about the opinions of people like me') . The two voting 

behaviourr variables are the voter turnout at the latest local elections (that took place two 

monthss before the national elections) and the vote intention with regard to the national 

elections. . 

Too start with the comparison between the two groups of refusers (the first two 

columnss of table 3), the only significant difference that is found is that the group that claims 

nott to be interested agrees more often with the statement that politics are too complicated for 

them.. We do not find proof in the data for the hypothesis that refusers who give as the reason 

forr their refusal that they are not interested, will also more often say that they are not 

interestedd in politics, when explicitly asked for their political interest. Among both groups of 

refusers,, at least half of them consider themselves to be somewhat to even very interested in 

politics.. A possible explanation for this result is that people use 'not interested' as an easy 

escape,, as it sounds more reasonable than saying you just have no mind to be interviewed. 

Anotherr explanation is that, when people say that they are not interested, they only mean that 

theyy are not interested in being interviewed (in general), and not that they are not interested in 

thee subject of the interview. 

Differencess between respondents and refusers (the third and fourth column of table 

2.3)) are larger than the differences between the two groups of refusers. More respondents 

havee voted in the local elections and more of them are planning to vote in the upcoming 

nationall  elections (in both cases a difference of around 8 %). The group of people not 

interestedd in politics is nearly twice as small among the respondents as among the 

nonrespondents.. The level of political efficacy is much higher in the group of respondents. 

Withh respect to political self-confidence, respondents do not differ from the particular group 

off  not interested refusers. Respondents do differ from persons who refused for other reasons. 

Comparedd to this group, respondents have a lower level of political self-confidence. At first 

sightt this might seem unexpected, but when we are discussing the results of the research on 

stimuluss effects, we will present a possible explanation for this outcome. 

177 In the nonresponse study only one question each was asked to indicate political self-confidence and political 
efficacy,, instead of respectively the three or five questions that make up the political self-confidence and 
politicall  efficacy scales used in the DNES. To maximize the response in the nonresponse study, it was important 
too keep the questionnaire of this study as short as possible (Burchell and Marsh, 1992; Lund and Gram, 1998). 
Becausee of this, it was decided to measure political self-confidence and political efficacy by using only one 
indicatorr for each concept. Out of each scale, the item was chosen that had shown the highest correlation with 
thee total scale. 
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Tablee 2.4 - Logistic regression with political interest, vote behavior at the local elections, vote intention for the 
upcomingg parliamentary elections, political self-confidence and political efficacy as dependent variables and the 
influencee of being a respondent or a nonrespondent as explanation 

DependentDependent Variable: Political interest Voted Local Vote Intention Self-confid. Efficacy 

Independentt Variables B Sig B Sig B Sig B Sig B Sig 

Group:Group: respondent 
Age Age 

18-29yr r 
30-444 yr 
45-644 yr 

Gender,Gender, male 
Education Education 
low w 
middle e 

.4403 3 

-.4788 8 
-.1084 4 
.2994 4 
.2876 6 

-.9563 3 
.0619 9 

SocialSocial class in neighbourhood 
low w 
average e 

Urbanisation Urbanisation 
nott urbanized 
ratherr urbanized 
Region Region 
north h 
east t 
south h 

LevelLevel oj"prosperity 
low w 
average e 
Constant Constant 

NN (unweighted) 
-22 Log Likelihood 
Goodnesss of Fit 
Modell  Chi-square 
Probabilityy Chi-square 
Correctlyy predicted 
Nott correctly predicted 
Totall  correctly predicted 

-.0497 7 
-.0922 2 

.0208 8 

.0349 9 

-.0072 2 
.1926 6 

-.2467 7 

.0188 8 
-.0005 5 
.7471 1 

.00 0 

.00 0 

.00 0 

.14 4 

.00 0 

.00 0 

.00 0 

.00 0 

.34 4 
.21 1 
.54 4 
.37 7 
.70 0 
.75 5 
.62 2 
.01 1 
.95 5 
.03 3 
.00 0 
.98 8 
.84 4 
.99 9 
.00 0 

2791 1 
3016.408 8 
2800.758 8 
437.474 4 

.00 0 
90.19% % 
34.84% % 
73.066 % 

.2085 5 

-.6811 1 
-.3507 7 
,3358 8 
.0018 8 

-.4016 6 
-.0225 5 

-.1422 2 
-.0669 9 

.1674 4 

.0366 6 

.2211 1 

.1439 9 
-.3360 0 

-.0565 5 
.0724 4 
.9029 9 

.00 0 

.00 0 

.00 0 

.00 0 

.00 0 

.97 7 

.00 0 

.00 0 

.71 1 

.02 2 

.07 7 

.50 0 

.00 0 

.01 1 

.60 0 

.00 0 

.04 4 

.10 0 

.00 0 

.48 8 

.52 2 

.23 3 

.00 0 

2773 3 
3147.83 3 2 2 
2770.191 1 
209.135 5 

.00 0 
95.877 % 
11.30% % 
71.044 % 

.2580 0 

-.5874 4 
-.1676 6 
.1754 4 

-.0477 7 

-.6695 5 
.0316 6 

-.1358 8 
-.0564 4 

.0541 1 

.0436 6 

.2996 6 

.1583 3 
-.3838 8 

-.1608 8 
.0318 8 

1.7695 5 

.00 0 

.00 0 

.00 0 

.06 6 

.06 6 

.38 8 

.00 0 

.00 0 

.69 9 

.10 0 

.16 6 

.65 5 

.47 7 

.50 0 

.61 1 

.00 0 

.03 3 

.16 6 

.00 0 

.31 1 

.13 3 

.67 7 

.00 0 

2778 8 
2249.991 1 
2812.677 7 

171.211 1 
.00 0 

99.877 % 
.46% % 

84.200 % 

-.1042 2 

-.0823 3 
.1366 6 
.0774 4 
.3603 3 

-.9343 3 
.0754 4 

-.0884 4 
-.0097 7 

-.. 1497 
.1381 1 

.0110 0 
-.1998 8 
-.0325 5 

-.0400 0 
-.0403 3 
-.5788 8 

.04 4 

.15 5 

.33 3 

.06 6 

.29 9 

.00 0 

.00 0 

.00 0 

.22 2 

.32 2 

.28 8 

.93 3 

.05 5 

.02 2 

.05 5 

.00 0 

.92 2 

.02 2 

.70 0 

.56 6 

.68 8 

.52 2 

.00 0 

2605 5 
3049.079 9 
2639.770 0 
414.682 2 

.00 0 
81.94% % 
49.500 % 
69.566 % 

-.51133 .00 
.00 0 

-.50388 .00 
-.10288 .15 
.13766 .05 
-.02611 .54 

.00 0 
.45399 .00 
.04100 .49 

.57 7 
.04788 .55 

-.10911 .29 
.70 0 

.04911 .43 
-.01111 .87 

.71 1 
.04855 .64 

-.05877 .48 
.05899 .46 

.05 5 
.08555 .35 
.09422 .12 

-.00722 .92 

2507 7 
3136.267 7 
2508.827 7 
303.905 5 

.00 0 
52.13% % 
75.322 % 
65.10% % 

Soo far, we have shown that differences between respondents and nonrespondents are larger on 

thee political attitude- and voting behaviour variables than on the background variables. There 

iss also an alternative way in which it can be shown that being a respondent or nonrespondent 

iss related to political attitude and voting behaviour: by adding a variable that indicates if a 

samplee person is a respondent or a nonrespondent to a logistic regression equation, in which a 

politicall  attitude or a voting behaviour variable is the dependent variable. When there is no 

differencee between the respondents and nonrespondents on this variable, controlling for all 

otherother variables that are expected to have an effect on the dependent variable, the parameter of 

thiss indication-variable wil l not be statistically significant. We have tested this for all three 

politicall  attitude variables and two voting behaviour variables (only including respondents 

andd nonrespondents who participated in the telephone interview) and we found that the 
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parameterr that indicates whether a sample-person is a respondent or a nonrespondent is 

significantt at the 5 %-level for all five dependent variables (see Table 2.4)18. 

Tablee 2.5 - Comparison of correlations for the group of respondents versus the group of refusers and versus the 
groupp of respondents and refusers taken together. 

AgeAge Vote Gendr Effic. Educ. Knowl Intrst Class Intern Urban Prosp. 
Age Age 

VotedVoted Local 

Gender Gender 

Political Political 
Efficacy Efficacy 

Education Education 

Political Political 
Knowledge Knowledge 

Political Political 
Interest Interest 

SocialSocial Class 

VoteVote Intention 

Urbanization Urbanization 

Prosperity Prosperity 

.1582 2 

.1669 9 
.1557 .1557 
-.0134 4 
.0545 5 
.0204 .0204 
-.1819 9 
-.2120 0 
-.1944 -.1944 
-3573 -3573 
-3480 0 
-.2945 -.2945 
-.0921 1 
-.0600 0 
-.0773 -.0773 
.0835 5 
-.0504 4 
.0051 .0051 
-.0120 0 
-.1241 1 
-.0623 -.0623 
.0733 3 
.0494 4 
.0554 .0554 
-.0159 9 
.0567 7 

-.0150 -.0150 
-.0003 3 
-.1069 9 
-.0497 -.0497 

2084 4 
815 5 

2875 2875 

-.0129 9 
.0187 7 

-.0024 -.0024 
.0894 4 
.01% % 
.0837 .0837 
.1013 3 
.0626 6 
.0924 .0924 
.1208 8 
.0520 0 
.0871 .0871 
.2086 6 
.2966 6 
.2623 .2623 
.1119 9 
.0349 9 
.0789 .0789 
.4816 6 
.5019 9 
.4948 .4948 
-.0768 8 
-.0236 6 
-.0491 -.0491 
.0761 1 
.0522 2 
.0686 .0686 

2101 1 
858 8 

2954 2954 
2084 4 
824 4 

2889 2889 

-.0010 0 
-.0485 5 
-.0256 -.0256 
-.0316 6 
-.0937 7 
-.0613 -.0613 
-.1521 1 
-.2001 1 
-.1719 -.1719 
-.1891 1 
-.0997 7 
-.1501 -.1501 
-.0089 9 
-.0129 9 
-.0120 -.0120 
-.0189 9 
.0254 4 

-.0010 -.0010 
.0003 3 
-.0345 5 
-.0154 -.0154 
-.0061 1 
-.0588 8 
-.0311 -.0311 

1910 0 
672 2 

2519 2519 
1899 9 
672 2 

2511 2511 
1910 0 
678 8 

2529 2529 

.2228 8 

.2392 2 
.2402 .2402 
.2018 8 
.2776 6 
.2164 .2164 
.1253 3 
.1842 2 
.1881 .1881 
.0728 8 
.0310 0 
.0560 .0560 
.1003 3 
.1068 8 
.1191 .1191 
.0365 5 
.0489 9 
.0439 .0439 
.0847 7 
.0597 7 
.0810 .0810 

2097 7 
718 8 

2735 2735 
2081 1 
713 3 

2715 2715 
2097 7 
720 0 

2738 2738 
1909 9 
618 8 

2435 2435 

.3506 6 

.2878 8 

.3239 .3239 

.2640 0 

.3599 9 

.3132 .3132 

.17% % 

.2254 4 

.1978 .1978 

.1311 1 

.1535 5 

.1446 .1446 

.1018 8 

.0409 9 

.0800 .0800 

.1763 3 

.2054 4 

.1886 .1886 

1950 0 
734 4 

2647 2647 
1939 9 
730 0 

2632 2632 
1950 0 
740 0 

2656 2656 
1907 7 
657 7 

2494 2494 
1949 9 
676 6 

2556 2556 

.2491 1 

.2457 7 

.2414 .2414 

.1071 1 

.1202 2 
.1142 .1142 
.1083 3 
.1747 7 
.1359 .1359 
.0865 5 
.0303 3 
.0610 .0610 
.1083 3 
.1167 7 
.1107 .1107 

2096 6 
847 7 

2933 2933 
2080 0 
819 9 

2878 2878 
2096 6 
857 7 

2948 2948 
1907 7 
678 8 

2526 2526 
2093 3 
719 9 

2734 2734 
1946 6 
740 0 

2653 2653 

.0873 3 

.1570 0 

.1222 .1222 

.2075 5 

.2896 6 

.2585 .2585 

.0161 1 

.0319 9 

.0287 .0287 

.0687 7 

.1380 0 
.1068 .1068 

20% % 
856 6 

2947 2947 
2079 9 
822 2 

2882 2882 
2096 6 
866 6 

2962 2962 
1906 6 
676 6 

2522 2522 
2092 2 
718 8 

2731 2731 
1946 6 
738 8 

2650 2650 
2091 1 
855 5 

2941 2941 

.1034 4 

.0759 9 

.0918 .0918 
-.1320 0 
-.1460 0 
-.1366 -.1366 
.6591 1 
.6487 7 
.6539 .6539 

2100 0 
816 6 

2888 2888 
2084 4 
809 9 

2865 2865 
2100 0 
826 6 

2904 2904 
1910 0 
665 5 

2508 2508 
2097 7 
702 2 

2710 2710 
1950 0 
721 1 

2626 2626 
20% % 
820 0 

2891 2891 
2095 5 
824 4 

2897 2897 

-.0357 7 
.0271 1 

-.0039 -.0039 
.0874 4 
.1140 0 
.1026 .1026 

2101 1 
858 8 

2954 2954 
2084 4 
824 4 

2889 2889 
2101 1 
868 8 

2969 2969 
1910 0 
678 8 

2529 2529 
2097 7 
720 0 

2738 2738 
1950 0 
740 0 

2656 2656 
20% % 
857 7 

2948 2948 
2096 6 
866 6 
2962 2 
2100 0 
826 6 

2904 2904 

-.0376 6 
-.1071 1 
-.0675 -.0675 

2085 5 
854 4 

2935 2935 
2068 8 
820 0 

2870 2870 
2085 5 
864 4 

2950 2950 
1895 5 
674 4 

2511 2511 
2081 1 
717 7 

2721 2721 
1935 5 
736 6 

2638 2638 
2080 0 
853 3 

2930 2930 
2085 5 
864 4 

2950 2950 
2084 4 
822 2 

2885 2885 
2085 5 
864 4 

2950 2950 

Inn the triangle below left, the first correlations are the correlations among the respondents, the second correlations 
aree the correlations among the refusers and the third, cursive, correlations are the weighted correlations among the 
respondentss and refusers taken together. Correlations in bold means that me correlations between the respondents 
andd refusers differ significantly from eachh other at the 5%-level. 
Inn the triangle above right, die number of cases can be found on which the correlations are based. The number of 
casess for the respondents and nonrespondents together (the cursive printed number) is a weighted number. 

Noww that we have demonstrated that the respondents are different from the nonrespondents 

withh regard to voting behaviour and political attitude, we will examine if nonresponse bias 

Wee have dichotomized the dependent variables as follows: political interest: very and fairly interested (1) 
versuss not interested (0); voter turnout at the local elections: voted (1) versus did not vote (0); vote intention with 
regardd to the upcoming parliamentary elections: will go voting (1) versus will not go voting and does not know 
yett (0); political self-confidence: disagrees with the statement that politics is sometimes too complicated (1) 
versuss agrees with die statement that politics is sometimes too compilated (0); and political efficacy: agrees with 
diee statement that members of parliament do not care about the opinion of people like me (1) versus disagrees 
withh the statement that members of parliament do not care about the opinion of people like me (0). 
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significantlyy changes the relations found between variables. Previous research did not lead to 

unanimouss results (Goudy, 1976; Hawkins, 1975; O'Neil, 1979). We have tested this by using 

correlations.. We started by only including the group of respondents in the analysis. After that, 

wee added both groups of refusers. 

Ass we have seen above, not all refusers were prepared to answer the questions of the 

telephonee interview, so we decided to weight both groups of refusers to their share in the 

sample.. It is important to bear in mind that it is unlikely that the refusers who agreed to 

answerr some questions by telephone are totally representative of those who refused to do so. 

Butt because it is more likely that this last group will differ even more from the respondents 

thann the refusers who did answer the short telephone questionnaire, the differences found in 

thiss analysis can be considered as minimum differences. In reality, they will probably be 

largerr (Bebbington, 1970). 

Wee correlated all dichotomous and ordinal variables for which we had information for 

bothh the respondents and the nonrespondents and we found that 8 of the 55 correlations 

differedd significantly from each other (Table 2.5)19. Most interesting is that in all the 

correlationss that differ significantly, either the variable political interest, or the variable age, is 

involved.. This indicates that political interest and age play an important role in explaining the 

differencess found in relations between the respondents and the nonrespondents. 

2.3.22 Stimulus effects 

Thee sample elements in the stimulus effect study were contacted by phone and not face-to-

face,, as in the main study of the DNES. Table 2.6 shows that 54.9 % of those selected for the 

controll  study participated in the short telephone questionnaire. 

Tablee 2.6 - Response and nonresponse in the stimulus effect study of the 1998 Dutch National Election Study 
StimulusStimulus effect study _ ^ _ ^ ^_ 
Answeredd short telephone interview 797 54.9 % 
Didd not answer short telephone interview 654 45.1 % 
Totall  sample 1451 100-0% 

Becausee a different method of approaching subjects can lead to differences between the group 

off  respondents in the DNES and in the stimulus effect study - as different people may respond 

199 To calculate if two correlations differed significantly from each other on a 5%-level. we used a formula 
presentedd in Blalock (1960): Z=(0.5*ln((l+cl)/(l-cl))-0.5*ln((l+c2)Al-c2)))/(sqrt(l/(nl-3)+l/(n2-3))), with cl 
beingg the first correlation, nl the number of cases used in calculating the first correlation, c2 the second 
correlationn and n2 the number of cases used in calculating the second correlation. 
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too a face-to-face request for participation in a survey, than to a telephone request (De Leeuw 

andd Van Der Zouwen, 1988; Groves and Kahn, 1979; Hox and De Leeuw, 1994) - we had to 

takee extra care with respect to the similarity of the subgroups from both samples we wanted to 

use.. We matched respondents from the main study and the stimulus effect study to attain two 

similarr groups. 

Wee constructed two subgroups by finding for every respondent in the control group 

thatt had at least answered the telephone questionnaire, the most similar DNES-respondent20, 

takingg into account all those variables that were measured in both the first wave of the DNES-

surveyy and in the questionnaire that had been propounded to the control group. These were 

politicall  interest, voter turnout at the local elections, age, gender, education, number of 

memberss in the household, type of household, level of prosperity in the neighbourhood, 

dominatingg social class in the neighbourhood, level of urbanization and region. We found 109 

respondentss who were completely similar on these variables, 333 respondents who only 

differedd on one variable and 355 respondents who differed on two or more variables. 

Wee decided to start by including all the respondents without any differences. Reaching 

aa decision on which respondents to include that only differed on one variable was a littl e more 

complicated.. We selected pairs of respondents out of each sample, for which the variable that 

differed,, differed in the opposite direction (for example, the first control group respondent had 

valuee 1 on age, while the resembling DNES-respondent had value 2, so the second control 

groupp respondent should have value 2 on age, while the resembling DNES-respondent had 

valuee 1), and if more than one pair of respondents was possible (which was almost always the 

case),, we would first select the two pairs that had the least number of differences on the other 

variabless and went on until no pairs could be formed, or the respondents of the pairs that were 

stilll  possible, differed too much from each other. By this method we were able to keep the 

distributionss of the variables in both groups exactly the same and the correlations between 

thesee variables as similar as possible. This process led to two groups of 251 respondents. 

Forr three of the variables for which we have data for both the DNES-respondents and 

thee control group, we expect that stimulus effects might occur: voter turnout at the 

parliamentaryy elections, political self-confidence and political efficacy. All those variables 

Alll  Dutch National Election Study-respondents who had participated in the first wave of the DNES were 
consideredd in this process. Because the respondents who dropped out between the first and second wave of the 
DNESS were asked by telephone to answer a short questionnaire, we knew for most of them what their voting 
turnoutt in the parliamentary elections was and also what their answers to the political self-confidence and 
efficacyy questions were. 
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weree measured in the second wave of the DNES (as opposed to political interest and voter 

turnoutt at the local elections, two variables that were asked in the first wave of the DNES). 

Too test the existence of stimulus effects, we ran five logistic regressions with political 

interest,, voter turnout at the local elections, voter turnout at the parliamentary elections, 

politicall  self-confidence and political efficacy as the dependent variables. Besides a dummy 

variablee indicating whether the respondent is part of the experimental group or of the control 

group,, age, gender, education, region, dominating social class in the neighbourhood, 

urbanization,, dominating prosperity level in the neighbourhood, type of household and 

numberr of people in the household were included in the model as independent variables. In 

linee with our theory, we do not expect a significant effect of the dummy variable indicating 

thee group, when political interest or voter turnout at the local elections are taken as the 

dependentt variable, since these items were measured in the first wave of the DNES and could 

thereforee not be affected by stimulus effects. We do expect a significant effect of the variable 

indicatingg the group, when voter turnout at the parliamentary elections, political self-

confidencee and political efficacy are the dependent variables, since these questions were 

askedasked in the second wave. The results in table 2.7 show that this is indeed the case. 

Tablee 2.7 - Value of the dummy variable that indicates whether the respondent is part of the experimental group 
orr of the control group, in logistic regressions with political interest, voter turnout at the local elections, voter 
turnoutt at the parliamentary elections, political self-confidence and political efficacy as dependent variables. 

^^ B-parameter Significance level Number of cases 
politicall  interest .0001 LOO 502 
voterr turnout at the local elections -.0060 .97 502 
voterr turnout at the parliamentary elections .6101 .00 492 
politicall  self-confidence -.2151 .04 489 
politicall  efficacy -.2669 £1 474 

Thee positive effect of the group variable on voter turnout at the parliamentary elections and on 

politicall  efficacy indicates that respondents who participated in the first wave of the DNES 

claimm to have voted more often than the respondents of the control group do and have a higher 

levell  of political efficacy. In the case of political self-confidence, it appears that people who 

participatedd in the DNES are less politically self-confident than people in the control group. 

Att first glance, one might not expect such a pattern. However, it can be explained. Since 

personss who do not have a clear political attitude and do not have much knowledge are more 

sensitivee to stimulus effects (as we will demonstrate later), one could imagine that these 

persons,, after a long questionnaire with many questions about their political knowledge, 

wouldd conclude that politics is not understandable for people like them (Bishop et al„  1984). 
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Ass we already noted, stimulus effects occur more strongly in some groups than in 

others.. It has been demonstrated that persons without a clear attitude or knowledge about a 

certainn subject and the lower educated are easily influenced by others or by the media and will 

changee their behaviour much faster than people with a clear attitude and/or a higher education 

(Zaller,, 1992). Table 2.8 underlines this. In this table, voter turnout at the parliamentary 

electionselections for the experimental and the control group are compared for different categories of 

somee variables that are expected to indicate lack of a clear attitude towards politics or a low 

educationall  level. In most groups a stimulus effect occurs. The largest differences are found 

amongg the lower educated, the not politically interested and persons with low political self-

confidence.. These results are also in line with previous research that provides evidence for the 

existencee of a so-called 'Socratic effect'. Advocates of this 'Socratic effect' argue that the 

opinionn of respondents changes especially from the first to the second wave of a study. This is 

becausee respondents who do not have a clear attitude towards the topic of the study (due to a 

lackk of information) in the first wave, are stimulated by their participation to think about die 

topicc and will have developed a stable attitude by the time the second wave takes place (Saris 

andd Van den Putte, 1988). 

Tablee 2.8 - Stimulus effects with regard to vote behavior at the parliamentary elections, split for education, 
politicall  interest and political self-confidence - variables that are considered as indicators of a lack of a clear 
attitudee towards politics or of a low educational level. 

GroupGroup ONES 98 98 Control group Difference 
Education Education 
Loww 91.3 ( 63) 71.2 ( 52) 20.1 
Middlee 93.5 ( 87) 84.5 ( 82) 9.0 
Highh 94.9 ( 75) 88.9 ( 72) 6.0 

PoliticalPolitical interest 
nott interested 85.7(42) 66.7(34) 19.0 
fairlyy interested 94.8(164) 86.2(156) 8.6 
veryy interested 100.0 ( 19) 84.2 ( 16) 15.8 

PoliticalPolitical self-confidence: politics is sometimes too complicated 
Agreee 91.2(134) 77.9(102) 13.3 
Disagreee 96.8 ( 91) 87.2(102) 96_ 

Next,, the question if a stimulus effect also affects the relationships between variables has to 

bee answered. To determine whether this is the case, we compared those correlations in which 

theree is at least one variable for which we expect a stimulus effect to occur, for the group of 

respondentss who participated in the DNES and with the correlations in the control group. For 

onlyy 1 out of 30 correlations in which voter turnout at die parliamentary elections, political 

self-confidencee and political efficacy are involved, a significant difference on the 5 %-level 



52 2 

waswas found between the DNES-respondents and the respondents of the control group (see 

Tablee 2.9). This result means that we did not find any proof for the occurrence of bias in 

relationss between variables as the result of a stimulus effect. However, this result may be 

partlyy due to the small number of cases. Additional research into the consequence of stimulus 

effectss for relations between variables using a larger sample, may be useful for giving a more 

definitee answer to the question whether stimulus effects lead to bias in relations between 

variables. . 

Tablee 2.9 - Comparison of correlations for the group of NES-respondents on one side and the conrol-group on 
thee other side 

Voted Voted 
AgeAge Local Gender Number Educ. Interest Class Urban. Prosp. Effic. Conf. 

EfficiencyEfficiency -.1422 -.0966 -.0126 -.0322 .3234 .1937 .1302 -.0958 .1630 
(239)) (239) (239) (239) (239) (239) (239) (239) (239) 

p=.033 p=.14 p=.85 p=.62 p=.00 p=.00 p=.04 p=.14 p=.01 
-.2297-.2297 -.0425 -.1293 .0124 .2664 .0598 .0899 .0928 .0920 
(235)(235) (235) (235) (235) (235) (235) (235) (235) (235) 
p=.00p=.00 p=.52 p=.05 p=.85 p=.00 p=.36 p=.17 p=J6 p=.16 

Self-confidenceSelf-confidence -.1447 .1876 -.1795 .0281 .3272 .2751 .1219 .0675 .1505 .2101 
(241)) (241) (241) (241) (241) (241) (241) (241) (241) (239) 
p=.033 p=.00 p=.01 p=.66 p=.00 p=.00 p=.06 p=.30 p=.02 p=.00 

-.0541-.0541 .1184 -.2629 -.0068 .3784 .3093 .1727 -.0385 .1362 .2441 
(248)(248) (248) (248) (248) (248) (248) (248) (248) (248) (235) (248)(248) (248) (248) (248) (248) (248) (248) (248) (248) (23 
p=.40p=.40 p=.06 p=.00 p=.92 p=.00 p=.00 p=.01 p=.55 p=.03 p= 00 00 

VotedVoted .1371 .3868 -.0857 .0268 .0567 .1616 .1051 -.0416 .1393 .0132 .1107 
(241)) (241) (241) (241) (241) (241) (241) (241) (241) (239) (241) 
p=.033 p=.00 p=.19 p=.68 p=.38 p.=.01 p=.10 p=.52 p=.03 p=.84 p=.09 

.0091.0091 .2316 -.1379 -.0282 .1783 .1675 .0778 -.0244 -.0158 .0035 .1217 
(251)(251) (251) (251) (251) (251) (251) (251) (251) (251) (235) (248) 
p=.89p=.89 p=.00 p=.03 p=.66 p=.01 p=.01 p=.22 p=.70 p=.80 p=.96 p=.06 

Thee first correlations are the correlations among the group of respondents that participated in the first wave of the 
NESS with below the correlation, in between brackets, the number of cases on which the correlation is based and 
thee probability that, with the found result, the correlation wil l be zero in the population. The second, cursive 
correlationss are the correlations among the control group with below the correlation, in between brackets, the 
numberr of cases on which this correlation is based and again the probability that the correlation wil l be zero in the 
population.. When correlations are in bold, it means that the correlations differ significantly from each other at the 
5%-levell  (again we used the Z-score desribed in Blalock (1960) to test this - see also footnote 18). 

2.44 Discussion 

Wee started by distinguishing three sources of bias in election surveys: answer effects, 

nonresponsee and stimulus effects. Because our data did not allow us to study answer effects, 

wee concentrated on nonresponse and stimulus effects. Our conclusion is not a very positive 

one,, given the fact that nonresponse rates are growing over the years (Brehm, 1993; Goyder, 
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1987;; Hox and De Leeuw, 1994; Steeh, 1981) and that in most election studies the same 

respondentss are interviewed both before and after election day. 

Wee found substantial nonresponse bias in the distributions of notably the political 

attitudee and voting behaviour variables. Bias with respect to background variables was not as 

largee as with respect to political and voting behaviour variables. Weighting on background 

variables,, which is used by many researchers, is not an adequate method of correcting for 

nonresponsee bias, as was clearly shown by the results in Table 2.4: despite the fact that we 

controlledd for background variables, the effect of being a respondent or a nonrespondent on 

voterr turnout and political attitudes remained significant. 

Besidess bias in the distribution of the variables, we also found that the relations 

betweenn variables were affected by nonresponse bias. The fact that especially relations in 

whichh the variable political interest was involved, differed between respondents and the 

samplee as a whole, is a strong indication that the level of political interest plays an important 

rolee in deciding which subjects wil l participate in the study and which will not. 

Evidencee was also found for the existence of stimulus effects, particularly with regard 

too voter turnout at the parliamentary elections, but also for the two political attitude variables 

thatt were asked in both the second wave of the DNES and in the interview answered by the 

controll  group. The fact that the distribution of the variables for which we expected stimulus 

effectss to occur were different in the control group and in the DNES-group is a clear 

indicationn for the existence of a stimulus effect We did not find any convincing evidence that 

stimuluss effects also changed the relations between variables, although this could also be a 

consequencee of the relatively small number of cases. More research is needed in this 

direction,, to get more certainty about a possible influence of stimulus effects on relations 

betweenn variables. 

Thesee results suggest taking the possibility of serious bias in results of survey research 

inn general, and election research in particular, into account. In the design of the survey and in 

thee process of data collection, everything should be done to keep bias as low as possible. 

Becausee it will be impossible to prevent the occurrence of bias altogether, efforts should also 

bee made to get as much information about the level and direction of bias as possible in order 

too correct this bias more aptly than is presently done. 

Recontactingg nonrespondents to see if it is possible to get them to participate, 

collectingg information about all sample elements by using alternative sources and trying to get 

thee nonrespondents to answer a very short questionnaire with a few questions that are central 

forr the research, are some of the methods that can be used to get more information about the 
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levell  of nonresponse bias. When a survey has a pre(election) and a post(election) 

questionnaire,, it is worthwhile to question only some of the respondents who participated in 

thee pre-election survey a second time and additionally, to also interview a new group of 

respondentss in order to determine to what extent and for which variables the results are biased 

byy stimulus effects. 
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Chapterr  3 

Mixedd Mode Designs: Finding The Balance Between 

Selectionn Bias And Mode Effects21 

3.11 Introductio n 

Inn times of rising nonresponse rates in surveys, researchers are searching for methods that wil l 

helpp to keep nonresponse rates as low as possible. The causes of nonresponse are diverse, so 

thee methods to fight nonresponse are justt as diverse. In the survey literature many methods 

havee been thoroughly discussed: working with incentives (Church, 1993; Hopkins and 

Gullickson,, 1992; Shettle and Mooney, 1999; Singer et al., 1999; Singer, 2002; Yammarino et 

al.,, 1991), the training of interviewers (Cambum et al., 1999; Couper and Groves, 1992; 

Fowler,, 1991; Groves and McGonagle, 2001; Morton-Williams, 1993; Snijkers et al., 1999; 

Vann der Zouwen et al., 1991) or using different modes of data collection for different 

subgroupss (Day et al., 1995; Groves and Kahn, 1979; Hochstim and Athanasopoulos, 1970; 

Shettlee and Mooney, 1999; Sudman and Bradbum, 1982) are only some examples of methods 

usedd to keep the nonresponse as low as possible. Each method has its advantages and 

disadvantages,, concerning both (financial) resources needed and data quality. 

Ass part of a larger study into nonresponse bias in election research, we have carried 

outt a survey in which three modes of data collection are combined: telephone, mail and face-

to-facee interviewing. Besides using a variation of data collection methods, we also used a 

variationn of questionnaire length - in this way, making the threshold for people to participate 

inn the survey as low as possible. 

Thiss chapter has two main goals. First, to describe our research design, as a means to 

gainn more insight in how a researcher can keep nonresponse to a minimum level without 

needingg a large amount of (financial) resources by using a mixed mode design. Second, to 

describee the survey process in more detail, or, more specific, to answer the question what 

processess lead eventually to the results found in a survey - taking coverage bias, nonresponse 

biass and mode effects into account. 

211 This chapter was written with Willem Saris. I wish to thank Wouter van der Brug, Theresia van Wijk, Hetty van 
Kempenn and William van der Veld and three anonymous reviewers for their useful comments on earlier drafts of 
thiss chapter. 
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3.22 Selection and transformation processes 

Inn answering this second question, we will use the distinction between selection and 

transformationn processes, as described in Saris (1997). Coverage errors (in sampling) and 

nonresponsee errors (in executing a survey) cause selection processes. Response errors cause 

transformationn processes. 

Thee difference between selection and transformation processes can easily be explained 

byy using matrix algebra. If we denote the distribution of a certain dichotomous item a in the 

fulll  population by C, the distribution of item a in sample s as f̂ , and the distribution of item a 

amongg the final respondents as f^, we can map the selection processes as: 

or t«« = 

and d 

fasd) fasd) 
fJ2) fJ2) = = 

Xasl Xasl 

0 0 

:: "os*I « 

fan(l) fan(l) 
fU2) fU2) _ _ 

Xarsl Xarsl 

0 0 

0 0 

Xas2 Xas2 

fail) fail) 
fa(2) fa(2) 

0 0 

Xars2 Xars2 

fas(l) fas(l) 
fusQ) fusQ) 

(3.1.1) ) 

Orr  Ian — &an'las (3.1.2) ) 

wheree JW is the probability that a population element that has value k on item a is being 

sampledd and narsk is the probability that once sampled, an element that has value k on item a 

wil ll  respond. In this notation, it is simple to see that, when random sampling is used, Kasi = 

71̂22 i-e. the probability to be sampled is the same for a population element that has value 1 on 

itemm A, as for a population element that has value 2 on item a. Nonresponse bias in item a will 

bee absent if %ani = Ttars2 i.e. the probability to respond is equal for a sample element that has 

valuee 1 on item a and for a sample element that has value 2 on item a. If , narsi * Ttars2, 

nonresponsee bias will be present. If %„„]  = TiarS2 = 1» the response rate will be 100 %. 

Whatt is characteristic for selection processes is that the off-diagonal elements in the 

selectionn matrix are always zero. A person is sampled or is not sampled, responds or does not 

respond,, but this wil l not change the value of this person on item a. So a difference in the 

distributionn of a variable in the population and in the sample, or in the sample and among 

respondents,, can only be caused because the probabilities to be sampled i.e. to respond are not 

equall  for people who have different values on item a. 
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Characteristicc of a transformation process is that this value can 'change' - that is, the 

valuee itself does not change, but it is reported by the respondent to be different than it is in 

reality.. The transformation process can be mapped, using matrix algebra, as 

favrs(l) favrs(l) 

JavrsJavrs i^) 

"avrs]]"avrs]]  'ktvrsJ2 

*kivrs2]*kivrs2]  'Hivrs22 

ff ars (I) 

forsfors (2) 

Orr  fgrn = M o m *  tm ( 3 . 1 . 3) 

Iff  there is no response error, %avnii = Kavrs22 =1, which automatically makes JWJ/2 = Kavrs2j 

=0.. This means each respondent reports the value of item a correctly. If not each respondent 

reportss the value of item a correctly, 71^]] * iWs22 *1 and %anvi2  KavrsH KavrsH =*0, and response 

errorr does exist. 

Takingg both selection and transformation processes into account, the complete 

responsee process can be written as: 

I«vr ss = "*ovrs'  ^«rs*  ^ a j '  1̂  (3 .1 .4 -) 

333 Mode effects 

Traditionally,, in survey research, three modes of data collection have been distinguished: 

face-to-facee interviewing (an interviewer questions a respondent in person), interviewing by 

maill  (a respondents fill s in a paper questionnaire him- or herself) and interviewing by 

telephonee (an interviewer questions a respondent by phone). With the development of the 

computer,, variations of these methods have been developed, for example computer-assisted 

personall  interviewing (CAPI, which is basically the same as face-to-face interviewing, with 

thee interviewer recording the answers of the respondent on a computer; Couper and Nicholls, 

1992)) or computer-assisted self interviewing (CASI, the respondent fill s in the questionnaire 

him-- or herself using a computer, so in fact a variation of mail interviewing; for examples of 

thee many different faces of computer-assisted self-interviewing that have been developed in 

thee last decade, see Best and Krueger, 2002; Couper, 2001; Dillman, 2000; Saris, 1998; 

Vehovarr et al, 2002). What all these computer-assisted methods of interviewing have in 

commonn is that they are in fact nothing more than adaptations of the three basic methods of 

interviewing. . 
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Thee main problem in mixed mode surveys is the possible existence of mode effects. 

Modee effects can be defined as bias in the final results of a survey as the consequence of the 

modee of data collection that is used. That mode effects exist, has been clearly shown in the 

surveyy literature (see for example Biemer, 2001; De Leeuw et al., 1996; Epstein et al., 2001; 

Fowlerr et al., 1998; Kalfs, 1993; Saris and Hagenaars, 1997; Schwarz et al., 1991; Sykes and 

Collins,, 1988). But it has also been shown that mode effects do not always exist (see for 

examplee De Leeuw, 1992; De Leeuw and Van der Zouwen, 1988; Galobardes et al., 1998; 

Greenfieldd et al., 2000; Groves and Kahn, 1979; Hochstim, 1967; Reubrand and Blassius, 

1996).. It has been argued that mode effects are strongest in surveys that include questions 

withh so-called social desirable answer categories (De Leeuw, 1992; Presser and Stinson, 

1998;; Tourangeau et al., 2000) or in the case of sensitive subjects (Rasinski et al., 1994; 

Sudmann and Bradburn, 1974; Tourangeau et al., 2000) - for example in surveys about sexual 

behaviourr (Hewitt, 2002; Tourangeau and Smith, 1996) or drug use (Aquilino, 1994; Turner 

ett al., 1998). 

Modee effects can be a result of both selection processes and transformation processes. 

Usingg the notation we developed above, with t meaning telephone interviewing, m mail 

interviewingg and p face-to-face interviewing (i.e. in person), mode effects as a result of a 

selectionn process do exist when: 

Stn^S^^SpnStn^S^^Spn (3.1.5) 

Thiss means that mode effects as a result of a selection process (in this case, the nonresponse 

process)) exist when the probability to respond to a telephone interview is not equal to the 

probabilityy to respond to a mailed questionnaire or to a face-to-face questionnaire for different 

subgroups.. For example, when nonvoters are more inclined to participate in a face-to-face 

surveyy than in a telephone survey while voters are not, selection bias will come into existence 

ass a consequence of this mode effect. That these probabilities are indeed different is known 

fromm the survey literature (Biemer, 2001; Day et al., 1995; De Leeuw and Van der Zouwen, 

1988;; Goyder, 1985, Hox and De Leeuw, 1994). 

Thee mixed mode design is in fact developed from the knowledge that different 

methodss lead to different levels of nonresponse for different groups. Exactly these unequal 

responsee probabilities make mixed mode data collection attractive, even more strongly so 

whenn the (financial) costs of the three different data collection methods are taken into 

account.. Mail questionnaires are by far the cheapest of the three traditional data collection 
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modes,, followed by telephone interviewing while face-to-face is the most expensive (Dillman, 

1991;; Pruncho and Hayden, 2000). In face-to-face data collection, one needs interviewers (but 

thiss is not different from data collection by telephone) and as these interviewers need to travel 

too be able to do the interview, one also has travel expenses (both the time it will cost the 

interviewerr to reach the residence of the potential respondent and the costs of the travelling 

itself).. Mail questionnaires are the cheapest, as no interviewers are needed. Because the 

responsee rates of these three data collection methods are reversely related to 

thee financial expenses, it seems to pay off to first start with the cheapest data collection 

methodd (mail), follow up the nonrespondents by telephone and those who still are not reached 

orr not willing to participate, by a personal interview. In this way, the highest response level 

forr the lowest costs can be reached and the differences between the three modes because of 

thee selection process are turned to the advantage of the survey researcher. 

Thee main disadvantage of mixed mode data collection is the possibility of mode 

effectss as the result of transformation processes. Mode effects as the result of transformation 

processess exist when: 

M*,, **  M™»* Mp„„  (3.1.6) 

Thiss means that mode effects as a result of transformation processes exist when the 

probabilityy for a respondent to report the true value of a certain item in the questionnaire is 

differentt when this item is recorded by the respondent on a written questionnaire than when it 

iss recorded by an interviewer in a telephone interview or in a personal interview. If these 

probabilitiess are equal, the data obtained by the different data collection methods can be 

compared,, and differences will be reflections of true differences in the population (if we for 

thee moment ignore selection processes). If the probabilities are not equal, it is possible that 

differencess in the data are the consequences of die different modes of data collections, and not 

off  true differences in the population, or that differences that exist in the population will not be 

reflectedd in the data. 

Inn general, a researcher does not know the true population values of items that he or 

shee is interested in. This means that it is impossible to distinguish between bias in data 

becausee of selection processes and because of transformation processes. By an experimental 

design,, for example by controlling the selection process (dividing a sample in three random 

groups),, it may be possible to gain some insight in die existence of differences in 

transformationn processes for the diree interview modes. 
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Thee problem of this kind of experiments is that the different modes of data collection 

reachh different groups and therefore the groups are not comparable. It is exactly for this 

reasonn that mixed mode is used to increase the response rate in total. It would be better to test 

whatt the consequences are of both selection and transformation processes by using a real life 

mixedd mode design and data about both the true value and the reported value of a variable that 

iss of crucial importance for the research. This is what we set out to do in this chapter. 

3.44 Sampling and Data Collection 

3.4.11 The sample 

Ourr data have been gathered as part of a study into nonresponse bias in election surveys. One 

off  the central goals of this study was to explain the overestimation of voter turnout. This 

overestimationn could be caused by nonresponse bias (i.e. a selection process) or by 

overreportingg of voting by nonvoters (i.e. a transformation process) or even by a stimulus 

effect,, when respondents have been participating in a pre-election survey about the elections 

(i.e.. a transformation process in which people not misreport their behaviour or attitude, but 

reallyy change their behaviour or attitude as a consequence of participating in the survey). To 

bee able to gain insight in what exactly was causing this overestimation of voter turnout, it was 

necessaryy to know the validated voter turnout of the voters that were sampled. 

Thiss validated voter turnout can be obtained from so-called election lists. On these 

lists,, it is recorded when a voter turns up to cast a vote. In several studies these election lists 

havee been used to validate the reported voting behaviour, for example in election studies in 

Swedenn (Andersson and Granberg, 1997; Granberg and Holmberg, 1991), the United 

Kingdomm (Collins and Sykes, 1987) and the United States (Abramson and Claggett, 1989; 

Bellii  et al., 2001), but not in The Netherlands. In The Netherlands, the local authorities 

(municipalities)) are responsible for organizing the elections. So it are the boards of the 

municipalitiess that should be asked for permission if a researcher wants to use these election 

lists.. As there are almost 500 municipalities in Holland, it means that for a national election 

study,, a very large number of municipality boards have to be contacted. As Holland has a 

veryy strict privacy legislation, it can be expected that many of these municipalities will not 

grantt permission to use the election lists. Because of this, and because it was not necessary for 

ourr study to use a national sample, we decided to focus our study on one municipality. We 

choosee the municipality of Zaanstad. Zaanstad has approximately 135.000 inhabitants, and 



61 1 

consistss of one big city (Zaandam), and six smaller villages. In 1998, the voter turnout in 

Zaanstadd was slightly lower than the national voter turnout (71.9 versus 73.2). Zaanstad is a 

secularizedd municipality, which means that the support for the christian parties CDA, GPV, 

RPFF and SGP is relatively low, while the Green Party, the social-democrats (PvdA) and die 

(conservative)) liberals (WD) are relatively strong in Zaanstad. 

Wee used a two stage stratified sampling procedure. Zaanstad is divided in 63 districts, 

withh each district having its own polling booth. By first sampling 10 districts, we only needed 

too check 10 election lists, instead of all 63. To be sure the number of districts sampled from 

thee main city of Zaandam, in which half of the inhabitants of Zaanstad is living, would be the 

samee as the number of districts sampled from the six village, we made two strata, one 

containingg all districts of the city, the other containing all districts of the villages. From each 

stratum,, 5 districts were sampled. In the second stage we sampled in each district 100 people 

fromm the electoral register. Using the electoral register as sampling frame had two important 

advantages.. First, as our goal was to study electoral behaviour, using the electoral register, 

matt contains all people eligible to vote, made it certain that we had all potential voters in our 

samplingg frame, and only them. Second, as the electoral register is part of the register of the 

population,, we had a wide range of background characteristics of the sampled people at our 

disposall  (for example date of birth, gender, household composition and marital status). 

Too be able to study the existence of a stimulus effect, it was necessary to divide the 

samplee in two halves. One half was interviewed before and after the elections and the other 

halff  was only interviewed after the elections. As stimulus effects are not the focus here, in the 

remainderremainder of this chapter we will not make a distinction between the respondents interviewed 

beforee and after the elections and those only interviewed after me elections. 

3.4.22 Data collectio n 

Wee used a mixed mode design to gather the data. We first distinguished between the sample 

elementss with a registered telephone number on one side (N=810) and those without a 

telephone,, with a disconnected telephone or with a unregistered telephone number on the 

otherr side (N=185). The sample elements with a registered telephone number were contacted 

byy telephone to be interviewed. The sample elements of which we did not know a telephone 

numberr were send a written questionnaire. As it is known that response rates on written 

questionnairess are much lower than response rates in a telephone interview (Armstrong and 

Overton,, 1997; De Leeuw and Van der Zouwen, 1988), we choose to do the interview by 
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telephonee when possible, as we gave priority to getting an as high as possible response at a 

earlyy stage of the survey over keeping the costs of the survey as low as possible. 

Ass surveys done by government institutions and university are known to have higher 

responsee rates than surveys by other organizations (Fox et al., 1988; Heberlein and 

Baumgartner,, 1978; Hox and De Leeuw, 1994), the interviewer in the telephone interview 

introducedd him- or herself as an employee of the University of Amsterdam. He or she 

explainedd the purpose of the study and asked if the respondent was willing to answer a short 

fivee minutes questionnaire. When confronted with a refusal, the interviewer tried to persuade 

thee respondent to change his or her mind, and when the respondent claimed to have no time to 

answerr the interview, offered to call back on a more suitable moment. When the respondent 

stuckk to his or her refusal, he or she was called back a few days later by a different 

interviewer.. This interviewer introduced him- or herself as calling on behalf of the research 

managementt and again stressed the importance of the participation of the respondent in the 

survey.. When the respondent still could not be persuaded to answer the questionnaire, the 

interviewerr asked if he or she was willing to answer at least two short questions, crucial to the 

study.. These questions were whether the respondent had voted at the last national elections 

andd whether the respondent was interested in politics. 

Aroundd the same time, the sample elements without a (known) telephone number were 

sendd a written questionnaire in an University of Amsterdam envelope, with a hand signed 

letterr (personalized letters on official stationery are known to raise response rates: see 

Dillman,, 1978; Harvey, 1987). In the letter, the purpose of the survey was explained, and the 

respondentt was asked to help the researchers by fillin g in the questionnaire. A port free 

Universityy of Amsterdam reply envelope was included to send back the questionnaire. 

Afterr approximately a month, both the not reached and the refusers from the telephone 

groupp and those who had been send the written questionnaire but did not reply on it, were 

sendd a second written questionnaire. In the accompanying letter (hand signed, using 

Universityy of Amsterdam stationery and with a port free reply envelope) the importance of the 

participationn of the respondent was again stressed, and those who were not willing to fill  in 

thee questionnaire were asked to at least answer the two questions that were printed on a strip 

att the end of the letter. 

Inn an ultimate effort to raise the response level, an interviewer visited all those people 

whoo still had not responded. It was not inconceivable that people would get irritated by an 

interviewerr on their doorstep, after having refused two times to participate by telephone and 

thenn being bothered by a letter, that again asked for their cooperation in the same survey. So 
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wee decided to first wait a few months before sending out the interviewers. We expected that 

mostt people would have forgotten being asked on an earlier moment to participate in the 

survey,, and those who still remembered, would probably be less irritated than when they 

wouldd have been recontacted by an interviewer on an earlier moment. 

Wee instructed the interviewers to explain them the importance of their participation 'in 

thee study, and to ask the people that kept refusing to at least answer the questions about their 

votingg behaviour at the last national elections and about their interest in politics. When a 

respondentt was not found at home, the interviewers paid two more visits, on different 

momentss of the day, in this way increasing the probability that the respondent would be found 

att home. The interviewers were not only asked to record the answers of the respondent, and 

thee reasons of refusal for those that refused, but also some other information about both the 

respondentss and the nonrespondents - like the type of residence, the state the residence was in 

andd the presence of a garden. This information was also recorded by one of the researchers 

himself,, for all people that had participated in the telephone or mail interview. 

Thee knowledge we had about the background characteristics of both the respondents 

andd nonrespondents was further increased by information about the characteristics of people 

livingg in the same postcode area as the respondent or nonrespondent was from. We obtained 

thiss information from Geo-Markt Profiel, a company that is specialized in gathering 

informationn about postcode areas. In this way we had information about for example the 

averagee educational level, the average age, the value of the houses, the proportion of ethnic 

minoritiess and the inclination to give to charity in the postcode area. 

Inn the end, we were left with 67 (6.7 % of the sample) persons, who did not participate 

inn me interview, nor were willing to answer the short two-question questionnaire. 149 (15 % 

off  the sample) people only answered these two questions (85 by phone, 27 by mail and 37 

face-to-face).. The other 779 respondents (78.3 % of the sample) answered the complete 

questionnairee (491 by phone, 101 by mail and 187 face-to-face). 

3.4.33 The sampling and response processes 

Thee survey process that we described above can be modelled as a series of selection and 

transformationn processes. Each selection or transformation process represents a certain level 

inn the survey process. We will distinguish eight levels, of which the first seven levels 

representt selection processes and the eighth level a transformation process: 
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1.. the first stage of the sampling process: selecting 10 districts out of the 63 districts of 

Zaanstad; ; 

2.. the second stage of the sampling process: selecting 100 people eligible to vole from 

eachh of the 10 sampled districts; 

3.. the division of the sample into those with a registered telephone number and those 

withh a nonregistered telephone number or without a telephone connection; 

4.. the division of the sample into those who participate in the telephone interview and 

thosee who do not for the sample elements with a registered telephone number; 

5.. the division of the sample into those who participate in the mail interview and those 

whoo do not; 

6.. the division of the sample into those who participate in the face-to-face interview and 

thosee who do not; 

7.. the division of the respondents into those that are willing to answer the long 

questionnairee and those who are only willing to answer the two-question 

questionnaire; ; 

8.. the answer behaviour of the respondents. 

Too study the effect of each of these eight processes on the distribution of a variable of 

substantiall  interest to our study, we wil l use voter turnout at the 1998 Dutch national 

elections.. We have the validated voter turnout for the total population available from the 

electionn lists. This means we are able to map the exact consequences of the selection and 

transformationn processes that we just have distinguished for the measurement of this variable. 

3.55 Results 

3.5.11 The sampling process 

Ass we used a random sampling procedure, we expect that the sampling processes will barely 

causee any distortion in the voter turnout variable. The two selection matrices below show that 

thiss is indeed the case. 
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Inn the selection matrix on the right, representing the first selection by sampling, the 

probabilityy to end up in the sample is almost as great for voters as for nonvoters. In the second 

selectionn process by sampling, we see that voters have a slightly higher probability to be 

sampledd than nonvoters (respectively .0606 versus .0578). This leads to a 1 % 

overrepresentationn of voters in the final sample, as can be seen on the most left matrix. We 

expectt that this small overrepresentation of voters is caused by sample fluctuations. 

3.5.22 The response and nonresponse processes 

Above,, we have distinguished five selection processes that have been caused by the 

nonresponsee mechanism. These selection processes can be represented in a tree diagram, 

whichh is pictured in Figure 3.1. In the diagram, we see that each node leads to two possible 

branches.. The two end branches of each bough represent the long or the short interview. 

Itt is possible to draw some general conclusions from this tree diagram. 

First,, with each new effort to get the nonrespondents to respond, a considerable part of 

thee nonrespondents does respond. This means that recontacting respondents through a 

differentt interview mode really pays itself off by substantially raising the response level. 

Second,, as the group of nonrespondents is getting smaller with each new node, it can 

bee expected that the further the node is from the root, the more the group of nonrespondents 

wil ll  represent the hardcore of the nonrespondents. So it can be expected, ignoring the effect of 

thee mode of interview, that the response rate will be smaller at each new node of the tree 

diagram.. From the tree diagram, we see that this is not true for all nodes. For those that are 

picturedd on the left side of the tree diagram (the people with a registered telephone number), 

thee response is 71 % for those interviewed by phone. The response level is much lower, only 

200 %, for those that were mailed a questionnaire (which is in line with our expectation) and 

againn 71 % for the face-to-face interview. For the group pictured on the right side of the tree 

diagramm (those who could not be phoned), the response level is 43 % for the mail 

questionnairee and much higher, 91 %, for the face-to-face interview. This result underlines 

ourr previous statement that of the three interview modes, other things being equal, the face-to-

facee interview will lead to the highest response rate, followed by the telephone interview, 

whilee the mail interview will have the lowest response rate. 

AA third striking result is the fact that, notwithstanding the group or the interview mode, 

thee proportion of the respondents that is willing to answer the long questionnaire is always 

betweenn 0.82 to 0.85, with only one, rather small, exception of 0.73 for those with a registered 
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telephonee number who responded to the mail questionnaire. In other words, giving the 

nonrespondentss the possibility to answer only two central questions instead of the longer 

questionnaire,, will lead to extra information about a group nonrespondents that is as big as 20 

%% of the all respondents. 

Too be able to test whether this higher response rate reached by combining various 

modess of interview will also lead to a better estimation of the true level of voter turnout, we 

needd to take both the selection and the transformation processes into account. As we have 

seenn before, it is possible to represent each selection or transformation process by a matrix. 

Whenn the probabilities of selection for voters and nonvoters are approximately equal 

inn all selection matrices, one can conclude that selection bias will be absent on all levels. 

Whenn the off-diagonal probabilities of all transformation matrices are near to zero (i.e. 

respondentss represent their voting behaviour correctly), response bias will be absent If both 

nonresponsee and response bias are absent on each level, data collection can be stopped after 

thee first level. So, using a mixed mode data collection and giving people the possibility to 

answerr a shorter questionnaire, does not add to the quality of the data. In Figure 3.2, we have 

presentedd all selection and transformation matrices. We also added the level of voter turnout 

inn eachh of the subgroups. 

Thee selection and transformation matrices found in Figure 3.2 clearly indicate that 

bothh selection bias and response bias are present in the response process. 

Inn five of the six selection matrices that represent the mode of interview, the 

probabilityy to respond is higher for voters than for nonvoters. In other words, voters will have 

aa higher inclination to participate in the interview than nonvoters have, notwithstanding the 

modee of interview. The only exception is the nonrespondents on the mail interview of the 

groupp that cannot be reached by phone: nonvoters have a slightly higher propensity to respond 

too the follow-up interview, which is done face-to-face, than voters have. But it should be 

notedd that the number of people that does not respond, is very small: only ten. 

Thee figure suggests that the length of the questionnaire leads to selection bias. In five 

off  the six selection matrices that picture the transition to the long questionnaire, the 

probabilityy for a voter to respond to the long questionnaire is greater than for a nonvoter. For 

respondingg to the short questionnaire, the process is exactly the other way around: nonvoters 

respondd more often than voters to the short questionnaire. This implies that only including the 

possibilityy to answer the long questionnaire will lead to a higher overestimation of voter 

turnoutt than when there is also a possibility for people to answer a short questionnaire. 
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Itt seems that the six transformation matrices that describe the transformation process of both 

thee long and short questionnaires of the telephone and mail mode do not differ that much from 

eachh other. The transformation matrices of the face-to-face mode clearly deviate from the 

matricess of the other two modes. The diagonal probabilities are much smaller and the off-

diagonall  probabilities are much greater for the face-to-face mode than for the other two 

modes,, for the transformation matrices of die short questionnaire even stronger so than for 

thosee of the long questionnaire. This indicates mat the response bias will be larger for the 

face-to-facee mode than for the other two modes. Below, we will answer the question whether 

thesee are significant differences. 

3.5.33 Testing a logtinear  model of the selection process 

Althoughh we found differences in the selection matrices in Figure 3.2 between voters and 

nonvoters,, we still are not sure whether these matrices differ significantly from each other. To 

testt this, we did a log linear analysis, using the program LEM (Vermunt, 1997). We included 

threee variables in our model: mode of interview (M), length of the questionnaire (L) and 

validatedd voter turnout, as registered on the election lists (V). The relation between mode of 

intervieww and length on the questionnaire on the one hand and the validated voter turnout on 

thee other hand is our main interest, so we will take the correlation between mode of interview 

andd length of the questionnaire (M*L ) for granted. If our hypothesis, that inclusion of 

differentt modes of interview and the possibility to answer a short questionnaire will lead to 

lesss selection bias, is correct, we expect that a model with the inclusion of the factors M*V 

andd L*V will fit, and models without these factors, will not. In Table 3.1, we have fitted four 

possiblee models, and we see that it is indeed the case that inclusion of the factors M*V and 

L* VV is necessary to arrive at a model to with a satisfactory fit. In Table 3.2, the parameters of 

thee model with the most satisfactory fit is showed. 

Tablee 3.1 - Fit of four loglinear models including mode of interview (M), length of questionnaire (L) and voter 
turnoutt (V) 
ModelModel | 
M*L+V V 
M*L+L* V V 
M*L+M* V V 
M*L+M*V+L* V V 

d.f.\ d.f.\ 
5 5 
3 3 
3 3 
2 2 

X2\ X2\ 
78.4701 1 
67.6136 6 
18.3922 2 
2.2980 0 

prob.prob. | 
.00 0 
.00 0 
.00 0 
.32 2 

L2\ L2\ 
77.2392 2 
64.3795 5 
16.1680 0 
2.2605 5 

prob. prob. 
.00 0 
.00 0 
.00 0 
.32 2 

Thee results in Table 3.2 indicate that the odds to find a voter among the people that respond to 

thee telephone questionnaire is greater than the odds to find a voter among the people that 
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respondd to the mail questionnaire, while the odds to find a voter among the people that 

respondd to the mail questionnaire is greater than the odds to find a voter among the people 

thatt respond to the face-to-face questionnaire. For the length of the questionnaire, the result 

thatt we found in Figure 3.2 is also corroborated by the parameters in Table 3.2: the partial 

oddss of finding a voter among the people that responded to the long questionnaire are 

U.2153/.8228)/(.8228/1.2153)) = 2.18 times greater than finding a voter among the people that 

respondedd to the short questionnaire (on how to calculate odds ratios, see for example Gilbert, 

1993;; Hagenaars, 1993). 

Tabell  3.2 - Parameter values for the model M*L+M*V+L* V 
betabeta standard error exp(beta) Waldorf DegreesDegrees of probability 

freedom freedom 
MethodMethod * Length 
Telephonee - Short .0074 .0669 
Telephonee - Long -.0074 
Mail-Shortt .1718 .0836 
Mail-Longg -.1718 
Face-to-Facee - Short -. 1792 
Face-to-Facee - Long .1792 

MethodMethod * Voter Turnout 
Telephonee - Voted .3703 .0545 
Telephonee - Did Not Vote -.3703 
Mail-Votedd -.0411 .0706 
Maill  - Did Not Vote .0411 
Face-to-Facee - Voted -.3292 
Face-to-Facee - Did Not Vote .3292 

LengthLength * Voter Turnout 
Short-Votedd -.1950 .0513 
Shortt - Did Not Vote . 1950 
Long-Votedd .1950 
Longg - Did Not Vote -.1950 

1.0074 4 
.9927 7 
1.1875 5 
.8421 1 
.8359 9 
1.1963 3 

1.4482 2 
.6905 5 
.9598 8 
1.0419 9 
.7195 5 
1.3899 9 

.8228 8 
1.2153 3 
1.2153 3 
.8228 8 

5.25 5 

61.06 6 

14.44 4 

.07 7 

.00 0 

.00 0 

3.5.44 Testing a log linear  model of the transformation process 

Noww that we have seen that the selection matrices for different modes of interview and for the 

longg and the short interview are not similar, the question is whether the transformation 

matrices,, pictured in Figure 3.2, are similar for the different modes of interview and the long 

andd the short questionnaire. If so, this means different modes and differences in the length of 

thethe questionnaire do not cause any differences in transformation processes, and we can 

concludee that using a mixed mode of data collection leads to less selection bias without any 

negativee consequences for the comparability of the answers of the respondentss interviewed by 

differentt methods. If mode effects are present, it is first important to see whether these 

differentt modes cause differences between the transformation processes of all three modes of 
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interview.. Second, we need to find out whether the final results are better or worse when the 

differentt modes are included in the design, because the profit of less selection bias gained 

usingg a mixed mode design could be cancelled out by the loss in response quality caused by 

modee effects. 

Too answer these questions, we have added the reported voter turnout (R) to our model. 

Thee transformation process can be expressed as V*R, i.e. the transformation from the true 

voterr turnout to me reported voter turnout. As we are interested to see which factors influence 

thiss transformation process, tiiis factor will be included in all models that we will test as a 

dependentt factor. We start with the M*L* V factor - as we are interested in the transformation 

process,, so we take the selection process for granted in all models - and we add the V*R 

factor.. From die first row of Table 3.3, it is very clear that Üiis two-factor model does not fit. 

Tablee 3.3 - Rt of six loglinear models including mode of interview (M), length of questionnaire (L), validated 
voterr turnout (V) and reported voter turnout (R) 
ModelModel dj. X2 prob. L2 prob. 
M*L*V+V* RR 10 228.9775 .00 150.7568 .00 
M*L*V+M*R+V* RR 8 141.5740 .00 125.7110 .00 
M*L*V+L*R+V* RR 9 188.7034 .00 138.8770 .00 
M*L*V+M*R+L*R+V* RR 7 112.9595 .00 110.5886 .00 
M*L*V+M*V* RR 6 24.9592 .00 21.4142 .00 
M*L*V+L*V* RR 6 188.7805 .00 138.8201 .00 
M*L*V+L*R+M*V* RR 5 7.8837 .16 7.4254 .19 
M*L*V+L*V*R+M*V* RR 4 4.1973 38 4.5026 34 

Inn the second, third and fourth row of Table 3.3, we have added the factors M*R (second 

row),, L*R (Üiird row) and botii (fourth row) to die initial model. We did not include die 

validatedd voter turnout V in those factors. In other words: die mode of the interview and the 

lengtiii  of the questionnaire are expected to have an effect on die reported voter turnout (R), 

butt not on die relation between die reported and validated voter turnout (V*R), so not on die 

transformationn process. These tiiree models do also not fit, which leaves us no odier choice 

thann to include a factor in die model with mode (M) or lengtii (L) and die factor of reported 

andd validated voter turnout (V*R). This means that the hypothesis that the different modes do 

nott lead to different transformation processes in our data has to be rejected In die fifth row 

wee have included a factor with mode of interview, validated voter turnout and reported voted 

turnoutt (M*V*R) , and in die sixtii row we have included a factor with length of the interview, 

validatedd voter turnout and reported voter turnout (L*V*R) . Both models do not fit, but we do 

seee that the inclusion of the M*V* R factor leads to a large improvement in fit, while die 

inclusionn of die L*V* R factor does not. In the seventh row, we kept the M*V* R factor and 

addedd the L*R factor. This model does fit very well. Replacing the factor L*R by the factor 
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L*V*R ,, as is done in the eight row, does not lead to a significantly better fit  (the improvement 

inn the Pearson chi-square is 3.6864 and in the likelihood ratio is 2.9228; with 1 degree of 

freedomm this means that there is no significant improvement of the fit  of the model). So we 

cann leave the factor L*V* R out, which means that the length of the questionnaire does not 

leadd to differences in transformation processes of response bias for respondents that have 

answeredd the long questionnaire compared to those that have answered the short 

questionnaire.. The parameters of the model in the seventh row of Table 3.3 are shown in 

Tablee 3.4. 

Tabell  3.4 - Parameter values for the model M*L*R+L*R+M*V* R 
beta beta 

ModeMode *Length * Validated Voter Turnout 
Telephonee - Short - Voted 
Telephonee - Short - Not Voted 
Telephonee - Long - Voted 
Telephonee - Long - Not Voted 
Maill  - Short - Voted 
Maill  - Short - Not Voted 
Maill  - Long - Voted 
Maill  - Long - Not Voted 
Face-to-Facee - Short - Voted 
Face-to-Facee - Short - Not Voted 
Face-to-Facee - Long - Voted 
Face-to-Facee - Long - Not Voted 

LengthLength * Reported Voter Turnout 
Shortt - Voted 
Shortt - Did Not Vote 
Longg - Voted 
Longg - Did Not Vote 

-.0428 8 
.0428 8 
.0428 8 

-.0428 8 
.1114 4 

-.1114 4 
-.1114 4 
.1114 4 

-.0686 6 
.0686 6 
.0686 6 

-.0686 6 

-.3165 5 
.3165 5 
.3165 5 

-.3165 5 

standard standard 
error error 

.0714 4 

.0886 6 

.0898 8 

ModeMode * Validated Voter Turnout * Reported Voter Turnout 
Telephonee - Voted - Voted 
Telephonee - Voted - Not Voted 
Telephonee - Not Voted - Voted 
Telephonee - Not Voted - Not Voted 
Maill  - Voted - Voted 
Maill  - Voted - Not Voted 
Maill  - Not Voted - Voted 
Maill  - Not Voted - Not Voted 
Face-to-Facee - Voted - Voted 
Face-to-Facee - Voted - Not Voted 
Face-to-Facee - Not Voted - Voted 
Face-to-Facee - Not Voted -Not Voted 

.4725 5 
-.4725 5 
-.4725 5 
.4725 5 
.3744 4 

-.3744 4 
-.3744 4 
.3744 4 

-.8469 9 
.8469 9 
.8469 9 

-.8469 9 

.1412 2 

.1904 4 

expfbeta) expfbeta) 

.9581 1 
1.0437 7 
1.0437 7 
.9581 1 

1.1178 8 
.8946 6 
.8946 6 

1.1178 8 
.9337 7 

1.0710 0 
1.0710 0 
.9337 7 

.7287 7 
1.3723 3 
1.3723 3 
.7287 7 

1.6039 9 
.6235 5 
.6235 5 

1.6039 9 
1.4542 2 
.6877 7 
.6877 7 

1.4542 2 
.4287 7 

2.3324 4 
2.3324 4 
.4287 7 

Waldorf Waldorf 

1.61 1 

12.42 2 

68.10 0 

degreesdegrees of probability 
freedom freedom 

22 .45 

11 .00 

22 .00 

Thee factor that is of most interest to us is the M*V* R factor. When we take a closer look at 

thee parameters of this factor, it turns out that the transformation processes of the telephone or 

thee mail mode do not differ that much from each other, especially when they are compared to 

thee face-to-face mode. This is in line with what we already had concluded about the 
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differencess between the transformation matrices of the three modes of interview in Figure 3.2. 

Thee conditional odds ratio of validated voter turnout and reported voter turnout for the 

respondentss interviewed by telephone is only 1.5 times greater than for the respondents that 

answeredd the mail questionnaire. But the conditional odds ratio of validated voter turnout and 

reportedd voter turnout for respondents that were interviewed face-to face is 196 times smaller 

thann for those interviewed by phone and 132 times smaller for those who answered the mail 

questionnaire.. This brings us to the conclusion that only the face-to-face interview mode leads 

too a deviating transformation process" . 

3.5.55 To get to a design with a minimum amount of bias 

Noww that we have seen that interview mode has an effect on the transformation process, 

althoughh only for one of the three modes of interview, we will turn to the last question that 

hass to be answered. Does working with a mixed mode data collection method, including the 

possibilityy for nonrespondents to answer a short questionnaire, lead to less biased results, 

despitee the fact that mode effects, and more general, transformation bias, exist? We will 

answerr this question by distinguishing six possible scenarios, each scenario representing a 

designn for the way in which the data collection is done. For each of the scenarios, we wil l 

demonstratee how much the variable voter turnout at the national elections is biased because of 

thee selection and transformation processes. We will also show what the consequences are for 

thee correlation of voter turnout at the national elections and two other variables: voter turnout 

att the provincial elections and self-reported political interest. 

Inn the first scenario, only the telephone is used for data collection. This means that 

onlyy the people with a registered telephone number can be interviewed. With random digit 

dialing,, it would also be possible to reach people with an unregistered telephone number 

(Lepkowski,, 1988; Waksberg, 1978). In our case, this was not possible, as we choose to use 

thee election register as our sampling frame. An important problem of random digit dialing is 

thatt the exact sampling frame is unclear, because people not eligible to vote, companies and 

non-existingg phone numbers will be included in the computer-generated telephone numbers 

(Brickk et al., 2002). Besides, littl e will be known about the nonrespondents, as we cannot use 

informationn from the population register, like we did in our survey. Working with list-based 

222 We also tested a model that included only the respondents of the telephone and mail questionnaires, so leaving 
outt the respondents that answered the face-to-face questionnaire. Without having to include the M*V*R-effect, 
wee found a model with a satisfactory fit. This result also clearly shows that there is no mode effect for the 
telephonee and mail modes of interview. 



74 4 

randomm digit dialing, like sometimes is suggested as a solution for this problem (Brick et al., 

1995;; Cassidy and Lepkowski, 1993; Tucker et al., 2002), is not possible in The Netherlands, 

duee to the strict privacy rules. Besides, when random digit dialing is used, the people that do 

nott have a phone at all, wil l still be left out. 

Thee second scenario is the same as the first scenario, with only one difference: 

nonrespondentss are given the opportunity to answer the short questionnaire. As we found a 

clearr relationship between length of the questionnaire and voter turnout and because we saw 

thatt the length of the questionnaire did not change the transformation process, we expect that 

includingg a short questionnaire in our data collection design can only improve our estimation 

off  the voter turnout in the population, compared to the situation in which only a long 

questionnairee is used. 

Inn the third scenario, the telephone and mail modes of interview are combined. This 

meanss that also the people of whom we do not know the telephone number can be included in 

thee survey. Again, we expect an improvement in the estimation of voter turnout in comparison 

withh when only the telephone mode of interview is used. This expectation is based on the fact 

thatt we found substantial differences in voter turnout when the respondents that were 

interviewedd using these two modes were compared to each other and that we did not find any 

differencess in response effects between the two groups of respondents. 

Thee fourth scenario is the same as the third, adding the possibly for the 

nonrespondentss to the telephone and mail interview to answer the two-question questionnaire. 

Again,, we expect an improvement in the quality of the estimation of the voter turnout 

Inn the fifth scenario, all three modes of interview are used: telephone, mail and face-

to-face.. As we did find a mode effect for the face-to-face interview, it might be possible that 

thiss mode effect will cancel out the improvement reached by adding a third mode of 

interviewingg to our data collection scheme. 

Finally,, the sixth scenario is the same as the fifth, adding the possibility to answer a 

shortt questionnaire to the research design. Compared to the fifth scenario, we expect an 

improvement. . 

Inn Table 3.5, the results of each of the six scenarios can be found. In Table 3.5a we see 

thatt all our expectations concerning the improvement of the estimation of the voter turnout are 

beingg corroborated by the data. Adding a different mode of interview to the data collection 

designn leads to a voter turnout that is closer to the true voter turnout in the sample (so in the 

population),, and adding the possibility to answer the short questionnaire leads to a further 

improvement.. The improvement is mainly caused by the fact that with each time a different 
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modee is added to the data collection design, the selection bias diminishes, while the (minor) 

increasee of die transformation bias (which is strongest in the fifth scenario - when all three 

methodss are being used, without the possibility for nonrespondents to answer the short 

questionnaire)questionnaire) is not strong enough to cancel out this improvement. The results in Table 3.5a 

alsoo show that giving the nonrespondents the possibility to answer a short questionnaire does 

notnot lead to a higher level of transformation bias, while it does lead to a substantial lower level 

off  selection bias. 

Inn Table 3.5b and Table 3.5c the consequences of each of the six scenarios for the 

correlationss between the validated voter turnout at the parliamentary elections and two other 

variabless of interest to our study can be seen. In the first cell of the second row of the tables 

thee correlations in the complete sample are pictured: .41 for the correlation between the 

validatedd voter turnout at the national elections and the validated voter turnout from the 

provinciall  elections and .23 for the correlation between the validated voter turnout at the 

nationall  elections and the self-reported political interest of the respondent. As we took both 

diee voter turnout at the national elections and the voter turnout at the provincial elections from 

thee election lists, the correlation of .41 is unbiased. We do not know the 'true' political 

interestt of people, as political interest is measured by asking people whether they are 

interestedd in politics, and no external source with the 'true' political interest of people exists. 

Soo the correlation of .23 between the voter turnout at the national elections and the self-

reportedd political interest should be interpreted with care, as the variable political interest may 

bee biased too. 

Wee see some interesting similarities and differences between the results in Table 3.5b 

andd Table 3.5c. First, including the respondents who answered the short questionnaire 

diminishess the selection bias. This is especially clear from Table 3.5b. Second, adding the 

possibilityy to answer a short questionnaire does not have any substantial effect on the amount 

off  transformation bias, as can be read from the comparison of the figures in the third and sixth 

columnn in both tables. Third, in both tables, the transformation bias is largest for the scenarios 

inn which telephone, mail and face-to-face modes of data collection are combined, although the 

differencee is much larger in Table 3.5c than in Table 3.5b. Fourth, while the correlation 

betweenn voter turnout at die national elections and at die provincial elections is 

underestimatedd for all scenarios, the correlation between voter turnout at the national 

electionselections and self-reported political interest is overestimated, although only for the scenarios 

thatt include the face-to-face interview. 
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Tablee 3 . 5- Bias in the voter turnout and the bias in the correlation of voter turnout and the voter turnout at the 
provinciall  elections and political interest for each of the six scenarios 

3.5a.. Selection and transformation bias in the voter turnout at the national elections in each of the six scenario's 

ValidatedValidated voter turnout at the 
nationall  elections in the sample 

72.9 9 

ReportedReported voter turnout at the national elections among the respondents 

onlyonly the long questionnaire bothboth the long and the short 
questionnaire questionnaire 

selectionselection transform- reported selection transform- reported 
biasbias ation bias turnout bias ation bias turnout 

ModeMode of data collection: 
onlyy telephone 
telephonee and mail 
telephone,, mail and face-to-face 

1-12.6 6 
1-10.7 7 
+3.5 5 

+2.9 9 
+2.5 5 
+3.7 7 

88.4 4 
86.1 1 
80.1 1 

+10.1 1 
+7.2 2 
+1.3 3 

+2.9 9 
+3.4 4 
+2.8 8 

85.9 9 
83.5 5 
77.0 0 

3.5b.. Selection and transformation bias in the correlation of voter turnout at the national elections and voter 
turnoutt at the provicial elections for each of the six scenario's 

Correlationn of validated voter 
turnoutt at the national elections 
andd validated voter turnout at 
provinciall  elections in the total 
sample sample 

Correlationn of reported voter turnout at the national elections and validated 
votervoter turnout at the provincial elections among the respondents 

.41 1 onlyonly the long questionnaire 

selectionselection transform* reported 
biasbias ation bias correlation 

bothboth the long and the short 
questionnaire questionnaire 

selectionselection transform- reported 
biasbias ation bias correlation 

ModeMode of data collection: 
onlyy telephone 
telephonee and mail 
telephone,, mail and face-to-face 

06 6 
06 6 
04 4 

-.05 5 
-.04 4 
-.07 7 

.30 0 

.31 1 

.30 0 

-.02 2 
-.02 2 
-.01 1 

-.05 5 
-.04 4 
-.06 6 

.34 4 

.35 5 

.34 4 

3.5c.. Selection and tranformation bias in the correlation of voter turnout at the national elections for each of the 
sixx scenario's 

Correlationn of validated voter 
turnoutt at the national elections 
andd the reported political interest 
inin  the total sample 

.23 3 

Correlationn of reported voter turnout at the national elections and the reported 
politicall  interest among the respondents 

onlyonly the long questionnaire 

selectionselection transform- reported 
biasbias ation bias correlation 

bothboth the long and the short 
questionnaire questionnaire 

selectionselection transform- reported 
biasbias ation bias correlation 

ModeMode of data collection: 
onlyy telephone 
telephonee and mail 
telephone,, mail and face-to-face 

00 0 
02 2 
03 3 

+.01 1 
+.01 1 
+.11 1 

.24 4 

.22 2 

.31 1 

+.01 1 
+.02 2 

.00 0 

+.01 1 
+.01 1 
+.11 1 

.25 5 

.26 6 

.34 4 

AA possible explanation of this difference is the fact that in the first case, there is only one 

variablee involved in the correlation that is influenced by measurement errors (as voter turnout 

att the provincial elections is directly taken from election list), while in the second case, both 

variabless are liable to measurement error. The correlation between voter turnout at the 

nationall  elections and at the provincial elections gets weaker as a consequence of the 

measurementt errors in voter turnout at the national elections. This explains why the 
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correlationn between the two variables becomes smaller when the face-to-face respondents are 

added,, as the transformation bias (i.e. the measurement error) is highest for this group of 

respondents,, which was also what we saw in Figure 3.2. 

Thee higher level of measurement error among the face-to-face respondents causes the 

correlationn between voter turnout at the national elections and self-reported political interest 

too become higher. This indicates that the measurement error in both variables goes in the 

samee direction. So, people that wrongly claim that they have not voted, also tend more often 

too say that they are not interested in politics and people that claim to have voted, to say that 

theyy are interested in politics. People who are not that much interested in politics may tend to 

forgett more often whether they have voted at the last elections. The people that participated in 

thee face-to-face interview were more difficult to persuade to participate in the interview 

(refusingg to participate in an election survey may be an indication of not being interested in 

politicss - see also the Discussion section). Besides that, the face-to-face interview was done 

severall  months later than the telephone and mail interview were. This may explain why the 

respondentss that answered the face-to-face questionnaire misreported their voting behaviour 

moree often than the respondents of the other two interview modes - and why especially the 

numberr of people that has voted but reports to not have voted is so much larger than among 

thosee interviewed by telephone or mail. 

Summarizingg the results in Table 3.5 we conclude that if one is interested in getting an 

ass good as possible estimate of the distribution of voter turnout in the population, the sixth 

scenarioo (so inclusion of all three methods and the possibility for the respondent to answer a 

shorterr questionnaire) works best. If one is mainly interested in the relationship between voter 

turnoutt and some other variables of interest, the second and fourth scenarios (a telephone 

intervieww - possibly followed up by sending out a mail questionnaire - combined with the 

possibilityy for nonrespondents to answer a short questionnaire) seem best suited, also taking 

(financial)) resources needed, into account. 

3.66 Discussion 

Inn this chapter we set out to answer some questions that every survey researcher, when 

confrontedd with nonresponse should ask him- or herself. What can I do to keep the 

nonresponsee as low as possible? Is using a combination of different modes of data collection a 

possiblee solution? What are the consequences of using different modes of data collection for 
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thee comparability of my data? We were able to answer these questions, as we had a data set at 

ourr disposal that made it possible to gain more insight in the consequences of the data 

collectionn design on the data than one usually has. 

Wee started out by demonstrating that using different modes of data collection leads to 

lowerr levels of nonresponse. We showed that subgroups that responded on different modes of 

intervieww also differed with respect to the main subject of the study - in our case, voting 

behaviour.. There is no reason to believe that these differences will not exist for other fields of 

research,, as is also underlined by studies into nonresponse bias done for fields of research as 

widee as psychology (Gerrits et al., 2001; Noll et al., 1997; Senn et al., 2000), health studies 

(Barriballl  and White, 1999; Berg et al., 1998; Etter et al., 1997; Hill et al., 1997) and 

economicss (Kennickell, 1999; Messonnier et al., 2000). 

Byy distinguishing a range of selection processes within the survey process, we were 

ablee to describe the way in which selection bias comes into existence, and show how using a 

mixedd mode design wil l lead to lower levels of selection bias. This selection bias can be 

furtherr diminished by giving nonrespondents the possibility to answer a shorter version of the 

questionnaire.. This shorter questionnaire contained the two most important questions of our 

studyy (voting behaviour and political interest). 

Wee realize that this method has an important limitation. For the people that respond to 

thee short questionnaire we will only have the values for a very limited number of our 

variabless of interest. Critics may point out that the advantage of adding the possibility of 

answeringg a shorter version of the questionnaire for nonrespondents will be very small, 

becausee we cannot take these 'semi-nonrespondents' up into our analyses. So the only thing it 

bringss is a better estimation of some key variables in the study, and some insight in the 

directionn of the selection bias. It is exactly this last aspect that makes having some 

informationn about people, who without giving them the opportunity to answer a shorter 

versionn of the questionnaire, would have been nonrespondents, an important advantage: as 

thiss information is very helpful in correcting for nonresponse bias - as we will see in later 

chapters. . 

Afterr having described the selection processes, we turned to the transformation 

processes.. The transformation processes can lead to response bias and, when the 

transformationn process is not the same for all modes of interview, to mode effects. Our results 

showedd that indeed there was response bias in our data. This response bias leads to a further 

overestimauonn of the reported voter turnout. We also found a difference in the transformation 

processess of the face-to-face interview on the one hand and the telephone and mail interviews 
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onn the other hand. So far, we did not discuss what could have caused this difference, and 

whetherr this difference is really caused by a mode effect. 

Beforee we are able to answer this question, it is first important to realize what kind of 

biass one would expect in our variable of interest, voter turnout, as the result of using a face-to-

facee interview. It is known that, in general, in a democracy voting is seen as some kind of a 

civicc duty, so as an social desirable act (Belli et al., 2001; Bernstein et al., 2001; Harbaugh, 

1996;; Presser, 1990). In previous studies it is found that in face-to-face surveys people tend to 

overreportt behaviour that is considered as social desirable (Presser and Stinson, 1998; Sykes 

andd Collins, 1988). This is caused by the presence of an interviewer during the interview and 

thee tendency respondents have to present him- or herself in a favourable way to this 

interviewer.. This means that in our study, we would expect that in a face-to-face survey more 

nonvoterss will claim to have voted and less voters will claim to have not voted, i.e. that the 

oddss ratio for a nonvoter to report to have voted versus a voter to have not voted, should be 

greaterr for respondents that participated in the face-to-face interview than for those that 

answeredd the telephone or mail questionnaire. However, this is not supported at all by our 

data.. The odds ratio among the face-to-face respondents is only 1.9, while the odds ratio 

amongg the telephone respondents is 24.0 and among the mail respondents even 113.6. This 

meansmeans that the nonvoters that are interviewed face-to-face are less often reporting to have 

votedd in the interview, relatively to voters reporting to have not voted. 

Soo it is unlikely that the different transformation process for the face-to-face interview 

comparedd to the other two interview modes that is found in our study is a direct consequence 

off  the mode of interview. It is caused by something else. When we discussed the results in 

Tablee 5c, we already pointed out two other differences between the group of people that was 

interviewedd face-to-face and those that were interviewed by telephone and mail. First, the 

face-to-facee group was more difficult to convince to participate in the study, or more difficult 

too reach. Second, they have been questioned a few months later than the other respondents. 

Above,, we already stated our expectation that, the harder people are to convince to 

participatee in our study, the less interested they may be in politics. This correlation between 

interestt in politics and participation in election research has been showed in many other 

studiess into nonresponse bias in election research (Andeweg and Van Holsteyn, 1996; Smeets, 

1995;; see also the previous two chapters). This is also endorsed by our data: the group that 

hass participated in the face-to-face questionnaire has a lower level of voter turnout in the 

parliamentaryy elections than the group that has been interviewed by phone or mail has (55.4 
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%% versus 80.1 %) and reports much less often to be interested in politics (53.2 % versus 71.6 

%). %). 

Basedd on this knowledge, we expect that several processes may have caused the 

differentt transformation process for the face-to-face questionnaire. 

First,, as these people have been interviewed more than half a year after the elections, it 

iss not inconceivable that part of the misreporting of the voter turnout has been caused by 

memoryy effects. This also explains why the response bias for the telephone and mail groups is 

goingg mainly in one direction (i.e. overreporting of voting), while for the face-to-face group 

thee misreporting by both the voters and nonvoters rises, but the relative rise of misreporting 

amongg the voters (i.e. much more voters claim to have not voted) is much higher than that 

amongg the nonvoters. This is also in line with results reported by Belli et al. (1999), who 

foundd that an experimental question they used to reduce overreporting by memory failure did 

workk much better for people interviewed later in the data collection period. The fact that 

manyy of the face-to-face interviewed people are not interested in politics in the first place, 

wil ll  reinforce memory effects, as it is known that memory effects will be stronger for 

respondentss that have no interest in the topic of the survey (Schwarz and Sudman, 1994). 

Inn Table 3.5, we showed that measurement errors - that could have been caused by 

memoryy effects - lead to a overestimation of the correlation between voter turnout and self-

reportedd political interest. This can mean that both variables are biased in the same direction. 

Itt is possible that this is a result of the tendency of people of making the answers on questions 

consistentt with answers that they have given on earlier questions or making their answers 

consistentt with their observable behaviour. As they have refused to participate in a survey 

aboutt politics, they will claim to be not interested in politics when asked, as claiming to be 

interestedd in politics, but not wanting to answer a short questionnaire about politics, can be 

consideredd as inconsistent behaviour. 

Theree is also another possibility. We have asked respondents for their political interest 

severall  months after the elections. The level of political interest of the respondents may have 

changedd in the time between the election and the interview. Around election time, there is a 

lott of media attention for politics. It is not inconceivable that this causes the respondent to 

takee more interest in politics than he or she usually does. It may even cause him or her to go 

voting,, for example, when an issue to which the respondent attributes much importance, is a 

centrall  issues in the election campaign. If this respondent had answered the questionnaire 

shortlyy after the elections, he or she might have answered to have voted and to be interested in 

politics.. But when the elections are over, and everything 'goes back to normal', the 
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respondentt may also fall back to his or her usual disinterest in politics. So, when interviewed 

aa few months after the elections, he or she answers to be not interested in politics and to not 

havee voted - as he or she usually does not vote in elections, and already has forgotten that in 

thee last national elections, he or she has. When this process has taken place, it means that, 

althoughh the respondents misreported his or her voting behaviour, this misreport does not 

causee any bias in the 'true' correlation between political interest and this voting behaviour -

butt as we do not know the 'true' political interest of the respondent at election day, we do not 

noticee this. If a process like this has happened, it can even be that the correlation between the 

reportedd voter turnout and the self-reported political interest is closer to the true value of the 

correlationn between voter turnout and political interest than the correlation between the 

validatedd voter turnout and the self-reported political interest in the sample. 

Theree is also another possible explanation for the higher level of transformation bias 

amongg the face-to-face respondents. The overrepresentation of voters who claim to have not 

voted,, especially among those that answered the short questionnaire in the face-to-face mode 

(99 out of 12 voters misreport their voting behaviour versus only 2 out of 74 among those that 

answeredd the short questionnaire by telephone or mail) may have been caused by the fact that 

thesee respondents were hardly motivated to answer the interview. As the interviewer kept 

pressingg them, they reluctantly yielded to the request of the interviewer, but because they 

weree irritated, they tended to answer the questions negatively. It is also not inconceivable that 

thesee people expected that by saying that they did not vote and were not interested in politics, 

thee probability that they would be contacted again in a later stage of the research would be 

muchh smaller. 

Iff  there is some truth in our explanations, it is possible to prevent this kind of 

differencess in the transformation process. When the follow-up of the nonrespondents with a 

differentt interview mode is done within a short interval of time, memory effects can be 

prevented.. The risk that the attitude of people has changed (in our case, their interest in 

politics)) by the time the interview is done, will also be much smaller. Still, it is important to 

keepp in mind that there should be some time between the refusal and the following up of these 

refusers,, to not run the risk that these people will get irritated when they are contacted again. 

Wee think that waiting two weeks before following up the telephone interview by a mail 

questionnaire,, and waiting a month after having send the mail questionnaire before visiting 

thee nonrespondents, should be long enough. 

Itt is more difficult to do something about those respondents that intentionally lie, 

becausee they do not want to be bothered again by the interviewer. Clearly pointing out to 
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thesee people that, when they have answered this two-question questionnaire, they will not be 

recontactedd again, may help. Still, interpreting the answers of this hardcore of 'difficult' 

respondentss should be done with care. 

Thee central questions of the short questionnaire can also be helpful for correcting the 

selectionn bias left in variables that are not part of this short questionnaire. This makes it even 

moree worthwhile to give nonrespondents the possibility to answer this questionnaire. 

Ourr results show that mixed mode surveys and adding the possibility for 

nonrespondentss to answer a shorter version of the questionnaire, only containing a small 

numberr of so-called central questions, will lead to higher response rates and to less selection 

bias.. Although response effects will be present, they are not reinforced by using different 

modess of interview, or by adding the central questions. The higher level of transformation 

biass for the face-to-face questionnaire that we found in our data are probably not so much the 

resultt of the interview mode, but of the moment this face-to-face interview was being done 

(halff  a year after the telephone and mail interviews) and the characteristics of the group that 

wass being interviewed face-to-face (mainly politically not interested). This led to higher 

levelss of memory effects and, especially in the long questionnaire, underreporting of voter 

turnout.. All in all, we conclude that a mixed mode design is an efficient way of fighting 

selectionn bias. 
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Chapterr  4 

Biass In Election Research23 

4.11 Introductio n 

Onee of the most debated issues in survey research literature is survey error. In the first chapter 

off  his 1989 book Survey Errors and Survey Costs, Bob Groves makes a distinction between 

twoo elements of total survey error based on the conceptual model of Lesley Kish (1965): bias 

andd variance. Bias is defined as the difference between the average value of a statistic 

obtainedd within the survey design and the true value in the population. Variance is described 

ass a summary of how the obtained values vary over conceptual replications of the survey 

design.. For characteristics that can be objectively observed, this distinction can be made 

relativelyy easily, but for characteristics like opinions or attitudes, which can only be observed 

throughh the respondent, it is more difficult to make this distinction. 

Anotherr important distinction that Groves makes is the distinction between errors of 

non-observationn and observational errors. Errors of non-observation are defined as errors 

arisingg because measurements were not taken for part of the population. Coverage error (error 

thatt exists because some persons are not part of the list or the frame used to identify members 

off  the population), sampling error (error that arises because the statistic is computed on a 

subsett of the population being studied) and nonresponse error (error that arises because some 

personss of the frame used by the survey cannot be located or refuse the interviewer's request 

forr an interview) are the three errors of non-observation that are discerned by Groves. 

Observationall  errors are defined as deviations in the answers of the respondents from 

theirr true values on the measure. Interviewer error (effects on the respondents' answers 

stemmingg from the different ways that interviewers administer the survey), instrument error 

(effectss on the quality of the respondents' answers from die wording of the question or flow in 

thee questionnaire), respondent or response error (different respondents provide data with 

differentt amounts of error, because of different cognitive abilities or differential motivation to 

answerr the questions well) and error as the result of the mode of data collection (effects on the 

respondents'' answers stemming from the mode of data collection used) are considered 

233 This chapter was written with Willem Saris. I wish to thank Wouter van der Brug, Theresia van Wijk, Hetty van 
Kempenn and William van der Veld and three anonymous reviewers for their useful comments on earlier drafts of 
thiss chapter. 
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observationall  errors. A special case of errors of observation, which is not explicitly discussed 

byy Groves, is stimulus effects. Stimulus effects occur when respondents change their attitude 

orr behaviour as a consequence of participating in research (Clausen, 1968; Granberg and 

Holmberg,, 1992; Traugott and Katosh, 1979; Yalch, 1976). 

Off  the errors of non-observation, coverage error and sampling error are mainly 

dependentt on the target population and whether it is possible to translate the target population 

intoo a sound sampling frame. If this is possible, coverage error wil l be absent, and by using 

probabilityy sampling, sampling error can be prevented too. For nonresponse error the situation 

iss more serious. In every survey there wil l be at least some sample elements that can not be 

contactedd or that refuse to participate, so in fact, a survey always runs the risk of nonresponse 

error. . 

Thee same is true for response error: the amount of response error will differ with the 

subjectt of the study, the way the survey is executed and the (sub)population studied. 

However,, every survey runs the risk of response error. Interviewer error, instrument error and 

errorr as a result of the mode of data collection all result from the way in which the survey is 

conductedd and are to a large extent within the survey researcher's control: a survey researcher 

iss free, within certain limits, to change the interviewers, the way the questions are asked and 

thee mode of data collection. Nonresponse and response errors are more difficult to control. 

Above,, we presented stimulus effects as a special case of errors of observation. 

Stimuluss effects occur as a result of the respondent's participation in the survey. Some survey 

researchh is more susceptible to stimulus effects than other survey research: this susceptibility 

dependss on the subject of the survey, the mode of data collection and the design. In general, 

panell  surveys (surveys in which respondents are asked to answer at least two questionnaires) 

wil ll  be more susceptible to stimulus effects, as the participation of the respondent in the first 

questionnairee can influence the answers to the second questionnaire (e.g. because the 

respondentt has been stimulated to think about the subject of the survey in the period between 

thee two questionnaires, has become aware of social expectations or will make the answers in 

thee second questionnaire consistent with the answers in the first questionnaire). It is difficult 

too prevent stimulus effects in survey research. In contrast to experimental research, it is not 

possiblee to carry out survey research without the respondents being aware that they are being 

observed.. So as with nonresponse and response error, it wil l be almost impossible for a 

researcherr to totally eliminate stimulus effects. 
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Inn our study, we will focus on bias. Contrary to variance, bias can lead to systematic 

deviationss in the survey values when compared to the true values in the population and it is 

thereforee considered a more serious problem in survey research. 

4.22 Detection of bias 

Wee will examine the contribution of three types of bias to total bias - response bias, 

nonresponsee bias and bias as a result of stimulus effects. We believe these are the most 

relevantt for the type of survey research on which we are focusing our attention, namely 

electionn research. We will start off with a short description of what causes each of these three 

biases. . 

4.2.11 Causes of nonresponse bias 

Nonresponsee bias is dependent on two elements: the response level (i.e. the proportion of 

samplee elements that participated in die survey) and the difference between the respondents 

andd nonrespondents on the variables that are being studied in the survey (Groves and Couper, 

1998).. It is possible to have a low response level and no nonresponse bias: this occurs when 

theree is no difference between the respondents and nonrespondents. When the response level 

iss very high, although diere is a large difference on several variables between respondents and 

nonrespondents,, the overall nonresponse bias will also be low. So to be able to estimate die 

magnitudee of nonresponse bias, one should know what the response level is and the difference 

betweenn respondents and nonrespondents. 

Too get information about die response level is not difficult but to find out whether 

respondentss and nonrespondents differ on variables that are important for the research is much 

moree difficult - as generally, not much information about die nonrespondents is available. 

Theree are a few ways in which a researcher can get some indication of die difference between 

respondentss and nonrespondents: firsdy, by comparing the respondent and nonrespondent 

groupss on some variables mat are known for bodi groups and secondly, by comparing die 

respondentss widi die population, for variables for which population values are known. 

Thirdly,, by comparing easy and difficult respondents (converted refusers and respondents 

whoo were only reached after several attempts are considered difficult respondents) and taking 

diee difficult respondents as proxies for die nonrespondents. 
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4.2.22 Causes of response bias 

Responsee bias can result from several different effects - for example: question-order effects, 

modee effects, interviewer effects, memory effects and answer effects (Bethlehem and Kersten, 

1986).. We will focus on the two effects that we expect will be the most important for our 

subjectt of study: memory effects and answer effects. Memory effects play a role when a 

respondentt is asked to answer questions about the past. The respondent may not remember 

exactlyy how things happened in the past, so he has to reconstruct it and this may lead to a 

misreportt of his or her past behaviour (Rubin and Wenzel, 1996; Schwarz, 1997). Answer 

effectss mean that the respondent is consciously answering a question in a way that does not 

correspondd with the truth. Social desirability and bandwagon effects are examples of 

processess that could give rise to answer effects (Hill and Hurley, 1984; Himmelweit et al., 

1978;; Katosh and Traugott, 1981; Presser, 1990; Weir, 1975). It is even more difficult to get 

ann indication of the amount of response bias than the amount of nonresponse bias. The best 

methodss are to check me answers of a respondent against information about the respondent 

fromm external sources if this is available, to check the consistency in the answering pattern of 

thee respondent, or to use multiple indicators for the same variables. 

4.2.33 Causes of stimulus effects bias 

Stimuluss effects bias can be the result of learning effects, a Hawthorne effect or answer 

effects.. A learning effect means that the attitude of the respondent changes as a result of 

participatingg in a questionnaire that was part of the survey and due to this attitude change, the 

behaviourr of the respondent also changes (Clausen, 1968). A Hawthorne effect24 means that 

thee respondent changes his or her behaviour as a result of (implicit) social expectations that 

thee respondent perceives: this feeling leads to a change in behaviour, but this does not 

necessarilyy have to be a real change in attitude. Some authors have used the term to indicate 

stimuluss effects (see Granberg and Holmberg, 1992) but here it wil l be used in its original, 

moree limited meaning. An answer effect in this context means that these (implicit) social 

expectationss do not lead to different behaviour but only to a different report of the 

""  The term 'Hawthorne-effect' comes from an experiment in a car-factory that was done in the 1920s in the city 
off  Hawthorne. This experiment showed that, when workers are aware of the fact that they are part of an 
experiment,, their production level increases (Roethlisberger and Dickson, 1939). 
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respondent'ss behaviour - a report that is in line with what the respondent thinks is expected 

fromm him or her as a result of participation in the first questionnaire but which does not 

conformm with his or her behaviour in reality. So both Hawthorne effects and answer effects 

aree results of social desirability. 

4.2.44 Contributio n to total bias 

Manyy authors have been studying each of these forms of bias separately but only a few of 

themm have integrated the different biases in a concept of total bias, to see what the relative 

contributionn is of each of these biases. Especially election research lends itself to an integrated 

approachh because all these three biases can be expected. Nonresponse bias can be expected 

becausee election research suffers from considerable nonresponse drop out and it is often 

arguedd that there is a strong relation between attitude towards politics (especially interest in 

politics)) and nonresponse in election research (Smeets, 1995; Visscher, 1995). Response bias 

cann be expected because voting, at least among some population groups in Western 

democracies,, is considered to be a moral duty. This could lead nonvoters to hide their true 

votingg behaviour from the interviewer (Bernstein et al., 2001; Hill and Hurley, 1984; 

Locanderr et al., 1976; Presser, 1990. Silver et al., 1986b). Besides, as there are parties that 

losee and parties that win in every election, the political arena is very sensitive to the 

appearancee of bandwagon effects (Katosh and Traugott, 1981; Traugott and Katosh, 1979; 

Weir,, 1975). Finally, many election studies contain more than one questionnaire. Political 

scientistss for example, are very interested in seeing how the preference of a voter changes in 

thee course of an election campaign and they will therefore ask voters before election day what 

theirr vote intention is and after election day what tfieir final voting behaviour was. Previous 

researchh revealed that asking people before the elections whether they are going to vote, can 

actuallyy stimulate those who were not at first intending to vote, to do so (Greenwald et al., 

1987). . 

Mostt of the above-mentioned studies have centered on only one element of total bias. 

Theree are also a few studies that used election research to estimate the contribution of 

nonresponsee bias, response bias and stimulus effects bias to the total bias. 

Marshh (1985) found clear proof for nonresponse bias in her study of die voting 

behaviourr of electors in the Cambridge constituency during the 1983 general election, but she 

didd not find any indications for the existence of a stimulus effect. She used a short, three 

questionn face-to-face pre-election questionnaire to test the presence of stimulus effects bias. 
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Marshh did not explicitly look at the separate contribution of response and nonresponse bias to 

thee total bias; she only concluded that both biases are clearly present in her data (although the 

conclusionn with regard to the existence of response bias is based on a question about voting in 

thee previous local elections). 

Swaddlee and Health (1989) used data from the 1987 British General Election study in 

whichh a voter turnout of 86 % was reported, whereas the official turnout rate was only 75 %. 

Ass the 1987 British General Election study did not have a pre-election component, Swaddle 

andd Health did not need to take the possibility of stimulus effects bias into account in their 

explanationn of the overestimation of voter turnout. They found that of the 11 % difference, 3 

%% could be considered response bias and the other 8 % was due to nonresponse bias, possible 

mistakess in the electoral register or sample variance. 

Finally,, Traugott and Katosh (1979) found proof for all three biases in their analysis of 

thee 1976 presidential election data from the Center for Political Studies' National Election 

Study.. As all the sampled respondents were asked to participate in the pre-election 

questionnairee (so there was no control group), the authors used being a member of the survey 

panell  as an indicator for the possibility of the presence of stimulus effect bias, (which meant 

thatt these people had participated in the election study in previous years). They found 

distinctlyy higher levels of validated voter turnout among the groups that had participated in 

thee panel. Moreover, it was found that misreporting took the voter turnout up from 61 % 

(foundd in the official records) to 72 % (reported by the respondents). As the adjusted voter 

turnoutt in the population was 56 %, this left 5 % to be explained by nonresponse bias, sample 

variancee and stimulus effect bias. Although the authors claimed that this 5 % overestimation 

waswas for the most part due to a stimulus effect, the method they used to demonstrate this did 

notnot make it possible to clearly distinguish between nonresponse bias and stimulus effect bias, 

ass the difference in voter turnout found between the panel and the cross-sectional sample 

couldd also have been caused by panel attrition, i.e. nonresponse. But it is clear that in their 

studyy the response bias accounts for the largest part of the total bias: more than two-thirds of 

thee total bias is caused by response bias. 

Usingg data gathered for the 1998 national elections and for the 1999 provincial 

electionselections in the Netherlands, we will try to answer the question to what extent nonresponse 

bias,, response bias and bias as the result of a stimulus effect contribute to total bias. As The 

Netherlandss is known for its relatively high level of nonresponse (see for example De Heer, 

1999;; De Leeuw and De Heer, 2002), it seems the Dutch election surveys are especially suited 

too study the bias caused by high levels of nonresponse. We will use three variables to map this 
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totall  bias: voter turnout during the national elections of May 1998, voter turnout during the 

provinciall  elections of March 1999 and political interest. We choose to use these variables 

becausee we have these variables available for all, or at least a very large part, of the sample 

andd because we expect these variables are die kind in which bias will show itself most clearly. 

433 Methodology 

Thee data we used were gathered in a survey that was done in the municipality of Zaanstad. 

Somee of the data were gathered just before and some just after the 1998 Dutch national 

electionss which took place on May 6th, 1998. The municipality of Zaanstad, with around 

135.0000 inhabitants and situated in the north-western part of the Netherlands, was chosen 

becausee it comprises one big city (Zaandam) and several smaller, surrounding villages - in 

thiss way, the sample included people living in highly urbanized areas and people living in 

moree rural areas. The target population consisted of all the inhabitants of Zaanstad that were 

eligiblee to vote (to be more specific: all persons of 18 years or older who had the Dutch 

nationality),, so the natural sampling frame was the electoral register of the municipality of 

Zaanstad.. Only those people registered in die electoral register receive a polling card which 

enabless them to vote. Taking a sample from this list means that there is no risk of getting 

noneligiblee units in die sample. 

Wee planned to sample 1000 voters from the election register of Zaanstad. We used a 

two-stagee probability sampling process. We first took 10 election districts of the 63 election 

districtss in die municipality. Five districts were in die city of Zaandam, where 51.5 % of die 

voterss of the municipality live, and five in die six villages that form a part of Zaanstad. In diis 

wayy we were ensured tiiat we would have as many voters from die more urban areas in die 

samplee as from die more rural areas. Next, we sampled 100 voters out of each district, by 

takingg a random sample from each of me ten selected districts25. 

Ourr main goal was to obtain as much information as possible about die sampled 

people.. This meant that we would need to maximize die response and die best way to do so 

seemedd to be collecting data dirough a mixed-mode design (Dillman and Tamai, 1988; 

Dillman,, 2000; Shettle and Mooney, 1999). All sample elements for whom die telephone 

numberr was known, were contacted by telephone for an interview. All sample elements for 

whomm no telephone number could be traced (because dieir telephone number was unlisted, 

Becausee in one of the districts, only 95 people were selected, the total sample size was 995 voters. 
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disconnectedd or they had no telephone), were sent a questionnaire by mail. All refusers in the 

telephonee interview were contacted for a second time to try to persuade them to reconsider 

theirr refusal. The nonrespondents of the mail questionnaire were sent the same questionnaire 

forr a second time together with a letter, stressing the importance of their participation in the 

survey.. In this first follow-up effort, we gave the sample elements that still did not want to 

participate,, the possibility to answer only two questions which were central to the survey: 

whetherr they had voted at the national elections and if they were interested in politics" . 

Peoplee who kept refusing to participate, who could not be contacted by phone or did not send 

thee mail questionnaire back, were then visited by an interviewer, to try to convince them to 

participate27.. It is a known fact that the best response results are achieved when people are 

persuadedd to participate through a face-to-face approach (De Leeuw and Van der Zouwen, 

1988;; Hox and De Leeuw, 1994; Sykes and Collins, 1988). 

Forr all the people in our sample we knew what the voter turnout at the 1998 national 

electionss had been and for most of them (with the exception of those that had moved to 

differentt municipalities between the 1998 national elections and the 1999 provincial elections) 

wee also knew what the voter turnout was at the 1999 provincial elections. We took this 

informationn from the official voter turnout registration lists. When a person goes to vote, he or 

shee has to hand over the polling card to one of the members of the polling committee who will 

thenn tick off the name on the election list. By using this list, we knew exactly who had voted. 

Too study the existence of stimulus effects we questioned half of the sample both 

beforee and after the elections, and the other half only after the elections. Of all the sample 

elements,, 57.9 % were in the end interviewed by telephone, 22.4 % face-to-face, 12.9 % sent 

theirr answers in by mail and 6.8 % could not be interviewed at all. Of the 93.2 % that were 

interviewed,, 78.3 % answered the questionnaire, and 14.9 % only answered the questions 

aboutt their political interest and their voter turnout at the 1998 national elections. 

Ann issue we should address before turning to the results, is the possible influence of 

modee effects on our results, since we questioned different parts of the sample by different data 

collectionn methods. Mode effects are not an issue when we are looking at the nonresponse 

biass for voter turnout because we are using the official registered voter turnout instead of the 

266 The voter turnout of respondent was measured by asking the following question: "Did you vote in the 
parliamentaryy election on Wednesday May 6? (Yes/No)". Political interest was measured with the following 
question:: "Are you very interested in politics, fairly interested or not interested? (Very interested/Fairly 
interested/Nott interested)". In the analysis we combined the first two categories. 
277 The telephone interviews were done on April, 29 and May, 1, 4 and 5, 1998 (the pre-election interview), May 
7,, 8, 11, 12 and 13, 1998 (the first wave of the post-election interview), May 18, 19, 25 andd 26, 1998 (the second 
wavee of the post-election interview). The written questionnaire was sent out on May 8, 1998. The reminder was 
sendd out on June 29, 1998. The face-to-face interviews were conducted from January 5 to February 19, 1999. 
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voterr turnout reported by the respondents. Mode effects are also not an issue when comparing 

thee experimental and the control group to see whether stimulus effects are present, since both 

groupss are questioned in the same way. So if mode effects exist, they will be approximately 

equallyy strong in both groups. As for the political interest variable, we do not believe that 

modee effects will have serious consequences for our results. Firstly, because most research 

intoo differences stemming from mode effects revealed that there are some differences but that 

thesee are relatively small or insignificant (Bongers and Van Oers, 1998; De Leeuw, 1992; De 

Leeuww and Van der Zouwen, 1988; Dillman and Tarnai, 1988; Greenfield et al., 2000; Groves 

andd Kahn, 1979; Hochstim, 1967; Locander et al., 1976; Reuband and Blasius, 1996 - see 

alsoo chapter 3). 

Secondly,, when significant differences were found between the results in different 

modess of data collection, these interviews concerned social or sensitive topics. Voter turnout 

att elections and political interest can be seen as social topics and it can be expected that social 

desirabilityy plays a role for these variables because a democratic society needs politically 

activee citizens to be able to function. This can impose moral pressure on a respondent to 

reportt behaviour that is in line with societal expectations, especially when data collection 

methodss are used in which there is a direct contact between interviewer and respondent. The 

interviewerinterviewer can be seen by the respondent as an agent of this societal expectation. The most 

directt contact exists in face-to-face surveys, followed by telephone surveys, while in mail 

surveyss there is no direct contact between the respondent and the interviewer. So it is not 

surprisingg to see that answers in face-to-face surveys are more biased by social desirability 

thann for example in telephone surveys (Saris and Hagenaars, 1997; Sykes and Collins, 1988). 

Evenn if such a process influences our case, it will not lead to significant problems. The 

modee of data collection that is the most sensitive as regards social desirability is used for the 

mostt difficult group - the group in which we expect the lowest levels of voter turnout and 

politicall  interest. In other words, a possible effect of social desirability will counteract our 

expectations.. Therefore, if the results we have found are in line with our expectations, the 

onlyy thing that is possible is that the bias is reduced by the mode of data collection and that in 

realityy the bias will be stronger than what we have found. 
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4.44 Results 

Beforee we can calculate the contribution of nonresponse bias, response bias and stimulus 

effectss bias, to the total bias, we first have to see whether each of the three biases is present in 

ourr data. If this is the case, we can also see in what proportion these three biases contribute to 

thee total bias. We will start by discussing the results for nonresponse bias, then the results for 

responsee bias and stimulus effects, and finally calculate the contribution of each of these three 

biases,, if present, to the total bias. 

4.4.11 Nonresponse bias 

Too be able to draw some conclusions from the occurrence of nonresponse bias in our survey, 

wee have distinguished four different groups in the sample. The first group consists of people 

whoo responded the first time they were approached by the interviewer (in the case of 

householdss with a listed telephone number) or received a mail questionnaire (in the case of 

householdss with an unlisted telephone number or no telephone). The second group are those 

peoplee who refused to cooperate the first time they were approached or did not send back the 

questionnairee but were persuaded to participate the second time they were approached. The 

thirdd group are those people who refused both times they were approached, who could not be 

reachedd by telephone or who did not send back the questionnaire the second time they 

receivedd it, but who did participate in the survey when they were visited by an interviewer. 

Thee fourth group are the final nonrespondents. 

Itt is expected that if nonresponse bias exists, die voter turnout for both the national 

andd the provincial elections (the voter turnout as registered in the official records, so that 

responsee effects can not play a role here) wil l diminish with the effort that had to be taken to 

gett the interview. In other words, the voter turnout wil l be highest in the first group and 

lowestt among the final nonrespondents. With regard to political interest, we expect to find the 

highestt level of political interest in the first group and the lowest in the third group (since we 

doo not of course know the political interest of the fourth group, the final nonrespondents). 

Thee results in Table 4.1 confirm these expectations. We see that for the national 

electionselections (Table 4.1 A) the official voter turnout among the first group of respondents is much 

higherr than among the second group of respondents, while the official voter turnout of the 

secondd group of respondents is higher than the turnout among the third group of respondents 
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andd the nonrespondents. These last two groups do not differ significantly. For the official 

voterr turnout at the provincial elections (Table 4. IB) the overall picture is the same. Finally, 

thee level of political interest (Table 4.1C) is clearly the highest among the first group of 

respondents.respondents. This level is much lower among the second and third groups of respondents. 

Tablee 4.1 - Comparison of the different groups of respondents and the nonrespondents28 

4,1.. A Voted in the 1998 national elections 
FirstFirst group Second group Third group Nonresponse Total 
(%)(%) n (%) n (%) n (%) n (%) n 

votedd 85.4 434 66.3 130 55.8 125 53.7 36 72.9 725 
didd not vote 14.6 74 33.7 66 44.2 99 46.3 31 27.1 270 
Totall  51.5 508 19.7 196 22.5 224 6.8 67 995_ 
Chi-square:: 90.204, 3 df, p=.00, cc=.288 
Comparingg first group and second group: chi-square: 32.408,1 df, p=.00, cc=.210 
Comparingg second group and third group: chi-square: 4.853, 1 df, p=.03, cc=. 107 
Comparingg third group and nonrespondents: chi-square: .090, 1 df, p=.76, cc=.018 

4.. IB. Voted in the 1999 provincial elections 
FirstFirst group Second group Third group Nonresponse Total 
(%)(%) n {%) n (%) n <%) n {%) n 

votedd 47.4 223 40.2 74 25.1 49 19.2 10 39.5 356 
didd not vote 52.6 247 59.8 110 74.9 146 80.8 42 60.5 545 
Totall  52.2 470 20.4 184 21.6 195 5.9 52 901_ 
Chi-square:: 38.250, 3 df, p=.00, cc=.202 
Comparingg first group and second group: chi-square: 2.788, 1 df, p=.09, cc=.065 
Comparingg second group and third group: chi-square: 9.833,1 df, p=.00, cc=.159 
Comparingg third group and nonrespondents: chi-square: .785, 1 df, p=.38, cc=.056 

4.1C.. Political interest 
FirstFirst group Second group Third group Total 
(%)(%) n (%) n (%) n (%) n 

interestedd 79.4 401 51.3 100 50.2 112 66.5 613 
nott 20.6 104 48.7 95 49.8 111 33.5 310 
Totall  54.7 505 21.1 195 24.2 223 923_ 
Chi-square:: 84.435, 2 df, p=.00, cc=.290 
Comparingg first group and second group: chi-square: 54.687, 1 df, p=.00, cc=.269 
Comparingg second group and third group: chi-square: 0.047, 1 df, p=.83, cc=.011 

Tablee 4.2 shows what the amount of bias would be for the three variables if the data collection 

wouldd have been stopped after having obtained the first, second and third groups of 

respondents.. When compared to the voter turnout in the total sample (for the variables 'voter 

turnoutt at the national elections' and 'voter turnout at the provincial elections') or after the 

finall  group of respondents has been obtained (the third group for 'political interest'), with a 

responsee level between 50 and 55 %, all three variables are overestimated by 8 to 13 %. When 

**  For the variable 'Voted in the 1998 National Elections', the last column adds up to the total number of sample 
elements,, for the variable 'Voted in the 1999 Provincial Elections', to the number of sample elements that were 
stilll  living in the area when the provincial elections took place and for the variable Political interest', to the 
numberr of sample elements that answered the political interest question. 
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thee response level goes up to 70 %, the overestimation of voter turnout and political interest 

stilll  ranges from 5 to 7 %. When the response level rises above 90 %, a response level which 

almostt no social survey reaches nowadays, the overestimation drops to 1 or 2 %. The results 

inn Table 4.2 are a clear indication of the existence of nonresponse bias. 

Tablee 4.2 - Nonresponse bias29 

4.2A.. Voted in the 1998 national elections 
FirstFirst group First and second First, second and third Total sample 

groupsgroups groups 

voted d 
didd not vote 
Total l 

4.2B.. Voted in 

voted d 
didd not vote 
Total l 

<%) <%) 
85.4 4 
14.6 6 
51.1 1 

bias bias 
+12.5 5 
-12.5 5 

thee 1999 provincial 
FirstFirst group 

(%) (%) 
47.4 4 
52.6 6 
47.2 2 

bias bias 
+7.9 9 
-7.9 9 

n n 
434 4 

74 4 
508 8 

elections s 

n n 
223 3 
247 7 
470 0 

(%) (%) 
80.1 1 
19.9 9 
70.8 8 

bias bias 
+7.2 2 
-7.2 2 

n n 
564 4 
140 0 
704 4 

FirstFirst and second 
groups groups 

<%>) <%>) 
45.4 4 
54.6 6 
65.7 7 

bias bias 
+5.9 9 
-5.9 9 

n n 
297 7 
357 7 
654 4 

(%) (%) 
74.2 2 
25.8 8 
93.3 3 

bias bias 
+1.3 3 
-1.3 3 

n n 
689 9 
239 9 
928 8 

First,First, second and third 
groups groups 

(%) (%) 
40.8 8 
59.2 2 
85.3 3 

bias bias 
+1.3 3 
-1.3 3 

N N 
346 6 
503 3 
849 9 

(%)(%) n 
72.99 725 
27.11 270 
1000 995 

TotalTotal sample 

(%)(%) n 
39.55 356 
60.55 545 
90.66 901 

4.2C.4.2C. Political interest 
FirstFirst group First and second groups First, second 

interested d 
not t 
Total l 

<%> <%> 
79.4 4 
20.6 6 
50.8 8 

bias bias 
++ 13.0 
-13.0 0 

n n 
401 1 
104 4 
505 5 

<%> <%> 
71.6 6 
28.4 4 
70.4 4 

bias bias 
+5.2 2 
-5.2 2 

n n 
501 1 
199 9 
700 0 

(%) (%) 
66.4 4 
33.6 6 
92.8 8 

n n 
613 3 
310 0 
923 3 

4.4.22 Response bias 

Ass we expect that answer effects will especially be present shortly after the elections and 

memoryy effects later on, we decided to split the sample in two groups. The first group consists 

off  the respondents who participated in the telephone and mail questionnaires and the second 

groupp consists of respondents who participated in the face-to-face interview. The telephone 

andd mail interviews took place shortly after the national elections, the face-to-face interview 

wass done a few months later. The shorter the time is between the moment the behaviour takes 

placee and the moment the respondent answers questions about that behaviour, the smaller the 

probabilityy will be that the respondent can not exactly remember his or her behaviour 

(Abelsonn et ah, 1992; Belli et al., 1999, Belli et al., 2001). So in the case of the telephone and 

2929 The exact distributio n for  the whole sample is not known as some people of the sample had moved to another 
neighbourhoodd or  city. Hence, their  voting behaviour  at the 1999 provincial election could not be tracked down. 
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maill  interviews, the probability that memory effects will play a role in misreporting voting is 

onlyy small. This means that if we find differences between true and reported voter turnout 

thesee will mainly be due to conscious misreporting. The face-to-face interviews were done in 

Januaryy 1999, eight months after the 1998 national elections. We expect the pressure a 

nonvoterr feels to conceal that he has not voted will be larger directly after the elections than a 

feww months later. In the period right after the elections, the media will feature news about the 

electionn outcome. In the past few years, when voter turnout in each election was lower than in 

thee previous election, a lot of media attention focused on the low turnout, with disappointed 

politicianss and political analysts stressing how important it is for citizens to use their right to 

votee in a democracy. This makes it even harder for a respondent, who does feel that voting is 

importantt but did not vote for some practical reason (or has forgotten to vote or could not find 

thee time), to admit that he or she has not voted. 

Iff  our expectations are correct, we should find in the first group that almost all 

misreportss will be nonvoters who claim they have voted. As we already noted above, previous 

researchh showed that misreporting of voter turnout is mainly done by nonvoters because they 

doo not want to admit that they have not fulfilled their 'democratic duty' (Clausen, 1968; 

Granbergg and Holmberg, 1992; Kraut and McConahay, 1973; Yalch, 1976). In the first group, 

thee greater number of misreports among the nonvoters will lead to a systematic response 

error,, in other words to response bias. As forgetting things is also linked to the importance of 

thatt behaviour to a respondent or die involvement of a respondent in that behaviour (Weir, 

1975),, memory effects do not have to be equally divided between voters and nonvoters. It is 

defensiblee to suppose that voters consider politics and voting as more important tfian 

nonvoterss do and that they are more interested and involved in politics - which motivates 

themm to vote -, so they will probably be able to remember their behaviour with respect to their 

participationn in politics better than those people who are less interested or involved in politics. 

Itt would not be surprising to find more memory effects among nonvoters than among voters -

soo in this case the response error will be partly response bias and partly response variance. 

Still,, for our hypothesis that response error is mainly due to answer effects in die period 

immediatelyy after the elections and mainly due to memory effects longer after the elections to 

bee true, we have to find significantly more voters claiming not to have voted in the second 

groupp than in die first group. 

Inn Table 4.3A, we see that diere is a difference between the voter turnout that was 

foundd by checking the election lists and the voter turnout mat was reported by the respondents 

inn die first two groups - a difference of 3.4 %. So in Üiis case, misreporting leads to a 3.4% 
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overestimationn of voter turnout. The reason for this error can be found in Table 4.3B. As the 

firstt part of Table 4.3B shows, there is almost no voter who answers that he or she has not 

voted,, while 20 % of the nonvoters claim to have voted. This clearly indicates the existence of 

ann answer effect, in the direction of a socially desirable answer. 

Tablee 3 - Response bias 

4.3A.. Comparison between voter turnout according 
too the election lists and according to the self-report 
off  the respondents {only first two response groups 
aree included in the analysis) 

ElectionElection lists Self-report 
(%)(%) n (%) n 

votedd 80.1 562 83.5 586 
nott voted 19.9 140 16.5 116 
Totall  702 702 

4.3B.. Misreporting among the voters and nonvoters 
FirstFirst and second groups Third group 
votersvoters nonvoters voters nonvoters 

(%)(%) n (%) n (%) n (%) n 
correctt 99.3 558 80.0 112 67.6 75 61.1 55 
incorrectt 0.7 4 20.0 28 32.4 36 38.9 35 
Totall  562 140 1U 90_ 
Comparingg voters and nonvoters first and second groups, chi-square: 510.815, 1 df, p=.00 
Comparingg voters and nonvoters third group, chi-square: 16.499, 1 df, p=.00 

Thee second part of Table 4.3B, which presents the respondents of the third group, shows a 

totallyy different picture. According to this table, more than one-third of the respondents are 

misreports.. In line with our expectations, we find more nonvoters misreporting than voters. 

Forr both groups, the number of misreports is much higher than in the first two response 

groups30.. The data seem to support the notion that response error in voter turnout is mainly 

causedd by answer effects when the respondent is asked for his or her voter turnout shortly 

afterr the elections and is mainly caused by memory effects when there is a relatively long 

periodd between election day and the day the respondent is interviewed. This process is 

reinforcedd by the fact that those third group of respondents are in general those who take a 

lesserr interest in politics (as we saw in Table 4.2) and as those people are less interested in 

politics,, they are also more inclined to forget about their true voting behaviour. 

30 0 
Itt should be noted, though, that another factor could have played a role in causing this large mismatch 

betweenn registered and reported voter turnout. These respondents were only willing to answer a few questions 
afterr there had been at least two unsuccessful attempts to interview them. One can question their motivation to 
participatee in the survey, which means that one can question the quality of their answers. 
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4.4.33 Stimulu s effec t bias 

AA few days before election day we planned to approach half of the sample with a short 

questionnairee of approximately 10 minutes to ask them about their attitude towards politics 

andd elections. This questionnaire was done by phone and it was made clear to the respondents 

thatt they would be called back after election day widi more questions and to ask them if they 

hadd voted. By explicitly mentioning that they would be contacted again after election day we 

triedd to make the situation as similar as possible to regular two-wave election studies - in 

whichh respondents are also aware that they will be questioned again after the elections. It was 

impossiblee to question everyone in the half of the sample that was supposed to be the 

experimentall  group. We did not obtain the names and addresses of the sample elements until 

shortlyy before election day, which meant there was only limited time to prepare the part of the 

samplee that had to be phoned (i.e. searching for their telephone numbers). It turned out that 

forr almost 30 % of the selected sample elements we could not find a telephone number 

throughh die regular channels in time for the field work. These people could not be interviewed 

beforee election day. Moreover, some of the people that we were able to call could not be 

reached,, while others refused. In the end, 38.8 % of the selected sample elements in the 

experimentall  group were interviewed. For all the people who were not phoned, not reached or 

whoo were not willing to participate in this experiment, we do not expect a stimulus effect to 

appear. . 

Takingg this into account, we decided to divide both the experimental and the control 

groupp in three subgroups: respondents, refusers and those who were not reached31. If a 

stimuluss effect exists, we expect to find differences in voter turnout between the experimental 

andd the control group of respondents, but not for the refusers and those not reached - since die 

refuserss and those not reached were not interviewed, there is no reason why the voter turnout 

inn the experimental group among Uiose two subgroups should be higher than in the control 

group. . 

Wee have seen mat there are three sorts of stimulus effects: a learning effect, a 

Hawthornee effect and an answer effect. In our data, we are only able to distinguish between 

learningg and Hawthorne effects on the one side and answer effects on the other side. Learning 

andd Hawthorne effects both mean a change in the behaviour of the respondent In this case, it 

311 Because we were unable to interview peoplee with an unlisted telephone number in the pre-election interview, 
wee consider all people with an unlisted telephone number as not reached, both in the experimental and in the 
controll  subsample in order to keep both subsamples comparable. 
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meanss that the respondents will vote more often. Answer effects only mean a change in the 

reportingg of behaviour, not in real behaviour. So when greater differences between voter 

turnoutt in the experimental and in the control group are found for self-reported voter turnout 

thann for the officially registered voter turnout, this indicates that answer effects exist. In Table 

4.4AA we have compared the experimental and control group subsamples for the officially 

registeredd turnout and in Table 4.4B we have compared both subsamples for the self-reported 

turnout.. In these tables, only the first two groups of respondents were included, because as we 

havee already seen, answer effects appeared in those two groups, while in the third group of 

respondentss mainly memory effects seemed to appear. 

Thee results in Table 4.4A are somewhat surprising: although none of the found 

differencess between the three subgroups is significant we find a substantially higher voter 

turnoutt in all three subgroups in the experimental group in comparison to the control group. 

Thee combination of the fact that the differences are not significant on the 5 %-level and that 

differencess are found for all three subgroups instead of only for the respondents, leads us to 

believee that this result is a consequence of random sampling error. So our data do not support 

thee existence of a learning effect or a Hawthorne effect. 

Theree is still a possibility that answer effects exist as a result of a stimulus effect It is 

nott inconceivable that people who were questioned before election day and who when asked 

aboutt their vote intention, claimed they were going to vote whereas in the end they did not, 

aree inclined to claim they voted when asked about their voting behaviour after the elections. 

Peoplee may find it difficult to admit that they have not done something that they said they 

weree going to do. As they are aware that the interviewer does not know whether they have 

votedd or not, they can misreport their voting behaviour without the risk of being exposed as a 

liar.. If such a process has taken place, the difference in voter turnout between the 

experimentall  group and the control group should be larger for the self-reported voter turnout 

thann for the true voter turnout. 

Thiss hypothesis is not supported by Table 4.4B. The level of voter turnout is higher for 

self-reportedd voter turnout than for officially registered voter turnout, which is in line with the 

resultt found with respect to response bias, but since in none of the three groups the official 

turnoutt differs significantly from the self-reported turnout - also not in the group of 

respondentss where we had expected such a difference to occur -, we have to conclude that no 

prooff  is foundd for the existence of an answer effect as a result of a stimulus effect. 
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Tablee 4.4 - Stimulus effects 

4.4A.. Comparison 
Experimental Experimental 
group group 

voted d 
didd not vote 
Total l 
ControlControl group 

voted d 
didd not vote 
Total l 

off  the registered 

Respondents Respondents 

(%) (%) 
89.6 6 
10.4 4 
42.9 9 

n n 
173 3 
20 0 

193 3 
Respondents Respondents 

(%) (%) 
83.8 8 
16.2 2 
45.8 8 

n n 
191 1 
37 7 

228 8 

turnoutt in the experimental 
Refusers Refusers 

<%) <%) 
72.8 8 
27.2 2 
27.8 8 

n n 
91 1 
34 4 

125 5 
Refusers Refusers 

(%) (%) 
66.2 2 
33.8 8 
29.7 7 

n n 
98 8 
50 0 

148 8 

andd the control group 
NotNot reached 

(%) (%) 
60.6 6 
39.4 4 
29.3 3 

n n 
80 0 
52 2 

132 2 
NotNot reached 

(%> (%> 
50.0 0 
50.0 0 
24.5 5 

n n 
61 1 
61 1 

122 2 

Total Total 

(%) (%) 
76.4 4 
23.6 6 
100 0 

Total Total 

(%> (%> 
70.3 3 
29.7 7 
100 0 

n n 
344 4 
106 6 
450 0 

n n 
350 0 
148 8 
498 8 

Comparisonn respondents experimental and control group - chi-square: 3.072, 1 df, p=.08. cc=.085 
Comparisonn refusers experimental and control group - chi-square: 1.379, 1 df, p=.24, cc=.071 
Comparisonn not reached experimental and control group - chi-square: 2.888, 1 df, p=.09, cc=.106 
Comparisonn total experimental and control group - chi-square: 4.578, 1 df, p=.03, cc=.069 

4.4B.. Comparison of the experimental and the control group for first and second groups of respondents for self-
reportedd and registered voter turnout. 

RespondentsRespondents Refusers 
experimentalexperimental control experimental control 

Self-reported Self-reported 
voted d 
didd not 

Registered Registered 
voted d 
didd not 

93.8 8 
6.2 2 

91.0 0 
9.0 0 

167 7 
11 1 

178 8 

162 2 
16 6 

178 8 

87.7 7 
12.3 3 

83.8 8 
16.2 2 

200 0 
28 8 

228 8 

191 1 
37 7 

228 8 

73.8 8 
26.2 2 

72.3 3 
27.7 7 

48 8 
17 7 
65 5 

47 7 
18 8 
65 5 

73.3 3 
26.7 7 

71.1 1 
28.9 9 

66 6 
24 4 
90 0 

64 4 
26 6 
90 0 

NOTEE - None of the differences between self-reported and registered turnout is significant on the 5 %-level 

NotNot reached Total Total 
experimental experimental control control experimental experimental control control 

Self-reported Self-reported 
voted d 
didd not 

Registered Registered 
voted d 
didd not 

80.0 0 
20.0 0 

70.9 9 
29.1 1 

44 4 
11 1 
55 5 

39 9 
16 6 
55 5 

65.4 4 
34.6 6 

61.5 5 
38.5 5 

34 4 
18 8 
52 2 

32 2 
20 0 
52 2 

86.9 9 
13.1 1 

83.2 2 
16.8 8 

259 9 
39 9 

298 8 

248 8 
50 0 

298 8 

81.1 1 
18.9 9 

77.6 6 
22.4 4 

300 0 
70 0 

370 0 

287 7 
83 3 

370 0 

NOTEE - None of the differences between self-reported and registered turnout is significant on the 5 %-level 

4.4.44 Contributio n to total bias 

Noww that we have looked at the three different biases, the next step is to get an indication of 

theirr contribution to the total bias. As we did not find proof of bias as a result of a stimulus 

effectt in our data, we wil l only take nonresponse bias and response bias into account. We 

choosee voter turnout at the national elections to test what the share of each single error is in 

thee total bias in this variable. As it is interesting to see whether different levels of nonresponse 

alsoo lead to a change in the relative share of each of the errors in the total bias, we have 
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distinguishedd three response levels: the response level after the first group of respondents was 

obtaintedd (51.1 %), after the second group was obtainted (70.6 %) and after the third group 

wass obtained (90.9 %)32. 

Tablee 4.5 - Contribution of nonresponse bias and response bias to the total bias 
ResponseResponse level 

51,1%51,1% 70.6% 90.9% 
turnoutturnout 9c com turnout % com turnout % com 

Samplee 72.9 72.9 72.9 
addingg nonresponse bias 85.4 80.6 80.1 67.9 74.6 41.5 
addingg response bias 88.4 19.4 83.5 32.1 77.0 58.5 

Inn Table 4.5 we start in the first row, with the official voter turnout as it was found in the total 

sample.. In the second row we have added the nonresponse bias obtained from the officially 

registeredd voter turnout among the respondents. We again see that the higher the response 

levell  is, the smaller the nonresponse bias in the turnout becomes. For a response level of 51.1 

%,%, a turnout level of 85.4 % is found among the respondents - 12.5 percentage points higher 

thann the turnout level in the sample -, while for a response level of 90.9 %, the biased turnout 

off  74.6 % is only 1.7 percentage points higher than the real turnout. In the third row, response 

biass is added by using the self-reported voter turnout instead of the officially registered voter 

turnoutt for the respondents. 

Whenn we look at the relative contribution of each of the single errors to the total bias 

wee see that with a response level of up to 70%, more than two-thirds of the error is 

nonresponsee bias. Only when the response level is more than 90% (something that is almost 

neverr reached in election research), does the response bias contribute more to the total bias 

thann the nonresponse bias does. 

4.55 Discussion 

Inn this chapter, we have taken a look at three important components of total bias in survey 

research:: nonresponse bias, response bias and bias as the result of a stimulus effect. As it is 

generallyy known in election research that voter turnout is overestimated, we took voter 

turnoutt at the Dutch 1998 national elections and 1999 provincial elections as our main focus. 

Wee found clear proof for the existence of nonresponse bias and response bias in our data, but 

wee were not able to demonstrate the presence of bias as a result of a stimulus effect. 

""  Respondents who answered some questions, but did not answer the question about their voter turnout in the 
nationall  elections, were regarded as nonrespondents here. 
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Ourr focus was on determining the proportion of the different kinds of bias we 

distinguished,, to the total bias. When we look at the size of the contribution of the two biases 

thatt were present in our data, to the total bias, it is clear that the most serious distortion is 

causedd by nonresponse bias - which is in agreement with the results found by Swaddle and 

Heatt (1987). Moreoever, we demonstrated how the relative contribution of nonresponse bias 

too the total bias grows when the response level goes down. For a response level of 70 %, a 

levell  most survey researchers in the Netherlands can only dream of in these times of rising 

nonresponsee (Hox and De Leeuw, 1994), two-thirds of the total bias is the result of 

nonresponsee bias. Only when the response level goes up to 90 %, the contribution of response 

biass to the total bias becomes bigger man the contribution of nonresponse bias. So it seems 

theree is more reason to worry about what nonresponse bias does to survey results than to 

worryy about the effects of response bias on these results. 

Ourr results indicate that persuading nonrespondents to reconsider their refusal will 

leadd to lower levels of nonresponse bias, so of total bias. The more difficult it is to persuade a 

groupp to participate in the questionnaire, the more the group seems to resemble the 

nonrespondents.. The method that we used of only asking the hardcore refusers a few 

importantt questions, proved to be a good method to get at least some information about the 

hardcoree refusers and about the way in which they differ from the respondents. Using mixed 

modess of data collection can also be useful to reach higher response levels (Dillman and 

Tarnai,, 1988). There is wide literature about other methods that can be used to raise response 

levels,, for example working with incentives (Church, 1993; James and Bolstein, 1992; Shettle 

andd Mooney, 1999; Singer, 2002; Singer et al., 2000; Yammarino et al., 1991), sending 

introductionn letters to all potential respondents before they are contacted for the first time by 

ann interviewer (Dillman et al., 1976; Lynn et al., 1998; Yammarino et al., 1991) or explicitly 

indicatingg in the questionnaire that nonrespondents will be followed up if they do not respond 

(McKee,, 1992). 

Althoughh the contribution of response bias to the total bias was, for response levels 

thatt are usually found in survey research, much smaller than that of nonresponse bias, it still is 

importantt to also try to minimize response bias - also because recent research showed that 

responsee bias in election surveys can distort relations between variables (Bernstein et al., 

2001).. The most important way to prevent response bias is to take away the pressure of social 

desirability.. This can be done by using more anonymous ways of data collection, for example 

Computerr Assisted Self Interviews (CASI, see Saris, 1991; Couper et al., 1998) or the 

randomizedd response method (Chaudhuri and Mukerjee, 1988; Fox and Tracy, 1986; Van der 
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Heijdenn et al., 2000; Warner, 1965); or by explicitly pointing out the possibility of answer 

effectss to respondents (Belli et al., 1999). This last method was used for reporting voting 

behaviourr and Belli et al. showed that the method did lead to lower levels of overreporting of 

voting.. The best way to prevent memory effects is to conduct the survey as soon as possible 

afterr the behaviour which is the subject of the research, took place. Giving the respondents 

referencess to place their behaviour in a certain context using so-called Event History 

Calendarss is another possibility (Belli et al, 2001a; Freedman et al., 1988). 

Wee were not able to demonstrate the existence of a stimulus effect. This does not 

meann that this kind of bias should not be an issue in election research. In contrast with the pre-

electionn questionnaires of most National Election studies that are done face-to-face and which 

takee up to an hour, our pre-election questionnaire was done by phone and only lasted a few 

minutes.. In our survey, the contact between the respondent and the interviewer seemed to be 

tooo short and too superficial to have any lasting effect on the respondent. As can be found in 

otherr research where the existence of bias as a result of a stimulus effect is demonstrated, for 

aa more intensive pre-election questionnaire a different result is found (see chapter 2). 

Ourr results in this survey are not simply generalizable to regular election surveys, as 

mostt of these have a different design with lengthy face-to-face pre- and post-election 

questionnaires.. But our results do point towards a possible solution to the problem of the 

stimuluss effect in election research. A researcher should try to keep the pre-election 

questionnairee as short as possible, instead of asking a lot of questions in the pre-election 

questionnairee that could be asked after the elections. In this way, it is possible to minimize the 

biass resulting from a stimulus effect (as we have seen in this survey), while some important 

dataa can still be gathered before election day. 
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Chapterr  5 

Too participate or  not to participate: the link between 

surveyy participation , electoral participation and political 

interest33 3 

5.11 Introductio n 

Onee of the most debated issues in survey research is unit nonresponse: the failure to obtain 

anyy of the substantive measures from the sample person or household (Groves, 1989). The 

causes,, the consequences, and what can be done to prevent and correct for it have been the 

subjectss of a wide range of literature. The fact that nonresponse rates seem to have increased 

withh time makes the problem even more serious (Brehm, 1993; Goyder, 1987; Groves and 

Couper,, 1998: 156-175; Hox and De Leeuw, 1994; Maas and De Heer, 1995; Steeh, 1981; 

Synodinoss and Yamada, 2000). 

Manyy authors have noted the consequences of nonresponse for die results of election 

research,, as it is believed that nonresponse may have great implications for election research. 

Ass long as mere is no indication of a relationship between what causes nonresponse and the 

subjectt of the study - in the case of election research: elections and politics - there is no reason 

too suspect bias as a consequence of nonresponse. In that case, the nonrespondents wil l 

probablyy not really differ from the respondents in the attitudes and behaviour mat is studied. 

However,, since previous research has suggested that there may be a relationship between 

interestt in politics and willingness to participate in a survey about politics, some authors have 

questionedd the accuracy of the results of election research (Couper, 1997; Smeets, 1995; 

Traugott,, 1987; Visscher, 1995; Visser et al., 1996; Voogt et al., 1998). The fact that 

respondentss in most election studies report a substantially higher voter turnout than the true 

voterr turnout of the population suggests that something could be wrong. 

Inn general, the literature distinguishes three different types of unit nonresponse: non-

contact,, refusal, and inability to respond (Daniel, 1975; Groves and Lyberg, 1988; Kalton, 

1983).. In this study, we will focus on refusal. Inability, most of the time serious physical or 

333 This chapter  was written with Willem Saris. An earlier  version of this chapter  has been published in Political 
Analysiss 11, 2003: 164-179. We would like to thank Geert Loosveldt for  his useful suggestions concerning the 
modell  that is developed in this chapter. 
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mentall  disabilities that make it impossible or very difficult for a person to participate in a 

survey,, is a cause of nonresponse that is unsolvable, at least for the researcher. Besides that, 

inabilityy makes up only a small proportion of the total nonresponse (Brehm, 1993: 48-49). 

Nonresponsee because of non-contact can be resolved relatively easily, by increasing the 

numberr of contact attempts. Refusals are at least partly solvable, but not as easily as non-

contacts.. Just asking people three times whether they want to participate, instead of asking 

themm only one time, is not sufficient to get them to participate. More effort is needed to 

persuadee them to comply and, even then, a researcher will be left with many people that stick 

too their refusal. The consequences of refusal for the results of election research requires 

understandingg why people refuse survey requests in the first place and the connection between 

refusalss and attitudes towards elections and surveys generally. We will try to answer this 

question. . 

Wee will use a new data set, gathered specifically for this study. In die data collection, 

thee focus was on getting as much information about the nonrespondents as possibe: not only 

onn some background characteristics like age, gender, and educational level, but also on survey 

andd election participation variables. This information is easily obtained for survey 

participationn variables (since the response behaviour of die respondent in die survey is the 

bestt operationalization of survey participation) but more difficult to obtain for election 

participationn variables. By using validated measures of election participation we were able to 

gett me true values of tiiese variables for all sample elements, which made it possible to test 

ourr model. More information about the data collection and the data set can be found in the 

paragraphh in which we explain me design of the study. 

5.22 Social involvement 

Inn his 1993 book The Phantom Respondents, Brehm discusses the consequences of 

nonresponsee for several voting models, based on election surveys. Since Brehm assumes the 

existencee of one or more factors that are influencing born political and survey participation, he 

expectss a serious potential for nonresponse bias in voting models. Social involvement is 

believedd to be one of the most important of these factors. Brehm expects that people with a 

highh level of social involvement in general have a higher level of political interest and are 

moree willing to participate in survey research than people with a lower level of social 

involvementt (Brehm, 1993: 70). Brehm's 'social involvement' hypothesis corresponds with 
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thee 'social isolation' hypothesis, discussed by Groves and Couper in their 1998 book 

NonresponseNonresponse In Household Interview Surveys. Groves and Couper use available data, mainly 

aboutt demographic characteristics and attitudes, to test several hypotheses about survey 

compliancee and refusal: the so-called opportunity cost hypothesis, the exchange hypothesis, 

thee authority hypothesis and the social isolation hypothesis (Groves and Couper, 1998: 121-

143).. We will focus our attention for the moment on the social isolation hypothesis. 

Accordingg to Groves and Couper, the social isolation hypothesis deals with the 

absencee of shared norms caused by the lack of ongoing relationships between a person or a 

groupp of people and the larger society. The absence of a bond between alienated groups and 

societyy makes these groups less likely to participate in a variety of social and political 

activitiess (Groves and Couper, 1998: 131-141). Groves and Couper test this hypothesis, using 

aa large range of rather weak indicators, as no better are available in their data set, and find 

mixedd results. Some indicators lead to changes in participation levels that are in line with the 

hypothesis,, other indicators do not seem to have a significant effect on participation, while 

stilll  other effects are found that are contrary to the hypothesis. 

Inn chapter 1 we have shown that participation in election studies might covary with 

politicall  interest, and therefore this kind of research may lead to a serious bias in predicting 

participationn in elections while predicting the election result quite correctly. Combining this 

ideaa with the hypotheses of Brehm and Couper and Groves, one could suggest that social 

involvementt explains political interest as well as participation in elections and in election 

surveys.. So, we expect that social involvement will generate a spurious relation between the 

participationn variables and political interest. 

Previouss research has already shown that involvement and participation in society lead 

too higher levels of electoral and political participation (see for example Baumgartner and 

Walker,, 1988; Olsen, 1972; Verba and Nie, 1972). Groves and Couper cite a wide range of 

literaturee in which results are reported that are in line with the hypothesis that lower social 

involvementt leads to lower rates of compliance to survey requests (Groves and Couper, 1998: 

131-141).. So, the higher the social involvement of a person, the higher the willingness to 

participatee in a survey, the probability to vote in elections and the level of political interest of 

thatt person. 

Thee variables we have chosen as explanatory variables for social involvement are not 

onlyy chosen for their effect on social involvement but also because they have been mentioned 

ass variables affecting the different forms of participation we want to study. Consequently, 

thesee variables are the same that Brehm (1993) and Groves and Couper (1998) used to test 
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theirr models and hypotheses and which they found after extensively reviewing literature on 

surveyy participation. On the basis of existing empirical literature we will then explain why 

wee decided to include the variables age, ethnicity, gender, education, income, being a single-

memberr household, presence of children in the household, household mobility, type of 

housingg structure, social disorganization in the neighborhood and urbanicity in our model. 

Wee expect that age will have a negative effect on social involvement. This expectation 

iss partly based on the disengagement hypothesis. This hypothesis states that people, after 

passingg a certain age, start to feel more and more out of touch with society (Cummings and 

Henry,, 1961; Glenn; 1969; Mercer and Butler, 1967). Old age also leads to an increase in the 

likelihoodd of physical complaints and disabilities (Andersen-Ranberg et al., 1999; Grundy and 

Glaser,, 2000; Samson et al., 2000). The resultant decreased mobility limits the possibilities 

forr high levels of social participation. Furthermore, older people tend to find it more difficult 

too keep up with all the rapid changes of modem-day society, particularly the developments in 

informationn and communication technology, as is illustrated by the lower participation rates 

off  older people in new forms of information technology (Bucy, 2000; Irving, 1999; Van Dijk 

ett al., 2000). This may lead to a feeling of being out of touch with society. Another indication 

forr a lower level of social involvement of older people is the fact that older people, especially 

thosee over 65 - the official retirement age in the Netherlands -, are less involved in leisure 

activities,, such as sports, cultural participation and volunteer work, which all lead to a higher 

sociall  involvement (Aarts, 1995; Ganzeboom, 1989; SCP, 1998: 700, 715, 752; SCP, 2000: 

502-504;; Van Deth and Leijenaar, 1994: 60-61). 

BeingBeing member of an ethnic minority group will also have a negative effect on social 

involvement.. An important requirement for social involvement is integration into the larger 

society.. It has been demonstrated that people prefer to live in a neighbourhood in which more 

peoplee from their own ethnic group live (Clark, 1992). Research in the United States reported 

thatt people from ethnic minorities are concentrated in areas with older, crowded and 

qualitativlyy inferior housing (Bianchi et al., 1982; Krivo, 1995). The same result is observed 

inn the Netherlands (Van Kempen et al., 2000). This concentration will make integration into 

thee larger society more difficult People shop in stores owned by members of their own ethnic 

group,, their children attend so-called 'black' schools (a term used for schools where most of 

thee pupils are from ethnic minority groups) and they are members of their own cultural or 

sportclubss (Mulder, 1993: 12-16). 

literaturee about the effect of gender on social involvement and participation is less 

unambiguous.. Some authors argue that women are more socially involved simply because 
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womenn are known to be more involved in maintaining social relations with friends and 

neighborss than men are (Groves and Couper, 1998: 136) - the 'social involvement through 

personall  relations'-hypothesis. On the other hand, the fact that men still more often have paid 

jobss (SCP, 1998: 222-226) and are therefore more in contact with various elements in the 

largerr society, can indicate a higher social involvement of men - the 'social involvement 

throughh occupational involvement'-hypothesis. Despite the fact that there is no agreement 

aboutt the direction of the effect of gender on involvement (if there is any), we nevertheless 

includee this variable in the model. A review of die literature on survey, electoral and political 

participationn may suggest the direction of the effect. 

Thee effect of educational level on social involvement is less difficult to predict. We 

expectt a positive effect. Higher educated people have a range of advantages for becoming 

involvedd in society, as compared to people with a lower level of education. Education in itself 

furnishess them witii more knowledge about society, it supplies them with the skills to become 

activee in society (Wolfinger and Rosenstone, 1980), it gives them a selective exposure to 

(quality)) media that reinforce interest in societal issues (Eveland and Scheufele, 2000) and, as 

peoplee tend to find their friends and acquaintances among those with similar levels of 

educationn and social economic status, their interpersonal contacts with others who have high 

levelss of social involvement, will also reinforce their own social involvement (Straits, 1991). 

Peoplee with a lower education will , in the same way as older people, have more difficulty to 

keepp up with all die changes in society. This is demonstrated by the lower rates of usage of 

neww types of communication media among lower educated groups (Van Dijk et al., 2000). It 

iss also known that people with a higher education are less often without a job (SCP, 1998: 

379-381),, are more often involved in volunteer work (SCP,1998: 750-751; Van Detfi and 

Leijenaar,, 1994: 61-62; Wilson, 2000: 219-220) and are more interested in cultural activities 

(Ganzeboom,, 1989; SCP, 1998: 710-711), all of which are factors contributing to social 

involvement. . 

Twoo other important factors mat will influence social involvement are the number of 

membersmembers in a household (and more specifically, whether die household is a single member 

householdd or not) and the presence of children. Living in a single-person household or having 

childrenn can be seen as contributing to respectively higher and lower levels of withdrawal 

fromm society. Single-person households tend to be less socially integrated, while members of 

householdss with children have higher social integration levels through school and friends 

networkss (Groves and Couper, 1998: 137-139). Jennings (1979) for example, reports that 

peoplee in Üiose age cohorts in which a large proportion of people have children of school-
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goingg age, have much higher levels of participation in school activities than people in other 

age-cohorts.. As for volunteer work, research revealed that married people tend to be more 

involvedd in this type of work than single persons and that children in a household raise the 

levell  of engagement in volunteer work even further (Wilson, 2000: 225-226). So we expect a 

positivee effect from the presence of children in a household on social involvement and a 

negativee effect from living in a single-person household. 

Wee also expect household mobility to have a negative effect on social involvement. 

Becausee it takes a while for a household to settle in and become integrated in a new 

neighbourhood,, it can be assumed that in households where moves have recently occurred, 

theree will be lower levels of attachment to the neighbourhood and therefore of social 

integrationn and participation (Bolan, 1997; Groves and Couper, 1998: 138-139; Kasarda and 

Janowitz,, 1974; Nelson, 1979; Sampson, 1988). 

Wee foresee that income has a positive influence on involvement in society. Income 

partlyy reflects a person's job. Lipset (1960) pointed out that someone who develops abilities 

inn his or her job which are also useful in politics, will be more inclined to show an interest in 

andd to participate in politics. Because the same abilities are to a degree as necessary for social 

participationn as for political participation and people with a higher income will more often 

havee jobs in which these kinds of abilities are developed, they will consequently be more 

involvedd in society. This is also displayed in the higher participation rates of the higher 

incomee groups in new communication technologies (Van Dijk et al., 2000). Besides having 

thee abilities to apply these technologies, the higher income groups also have the (financial) 

meanss to become involved. There is also research evidence of membership in volunteer 

organizationss that is not quite clear. Higher income groups possess more abilities for doing 

volunteerr work than lower income groups but appear to lack the time. Some studies detected a 

positivee effect of income on volunteer work, whereas others found no effect or a negative 

effectt (Wilson, 2000). Although evidence for the relation between income and social 

involvementt is somewhat mixed, most literature points towards a positive effect of residential 

valuee on social involvement. 

Thee type of housing structure and the social environmental variables are linked. 

Certainn types of housing structures can be found mainly in areas with certain levels of 

urbanicityy or population density. For example, most large multi-unit housing complexes are 

situatedd in highly urbanized areas and most farms in rural areas. Despite this strong 

connection,, we wil l include two separate factors in our model: the household level factor of 

typetype of housing structure, the neighborhood factor of social disorganization and the area-
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factorr of urbanicity. The term social disorganization needs some explanation. Social 

disorganizationn is characterized by weakened social kinship and local friendship networks and 

reducedd social participation in local affairs. Indicators of social disorganization in a 

neighborhoodd are transience of the population, large apartment complexes, racial and ethnic 

heterogeneity,, physical decay of the neighborhood, the percentage of persons in group 

quarters,, the percentage of owner occupied homes, the percentage of single-unit detached 

dwellingss and the percentage of persons under 20 years old (Groves and Couper, 1998: 177-

182).. As previous research clearly indicated that each of the three factors has an effect of its 

own,, we think it is worthwhile to include all three factors in our model. We expect a negative 

effectt of all three factors on social involvement. 

Inn his classic 1938 article, Wirth stated that urban lif e leads to alienation. Critics of 

Wirth'ss approach have pointed out that it is not ecological differences between urban and 

rurall  areas that lead to alienation in urban areas but other processes, such as for example, 

populationn concentration that creates a diversity of subcultures. Involvement in these 

subculturess replaces the involvement of people in larger society (Fischer, 1975). Others have 

foundd that it is not urbanicity or population density in itself that lead to lower levels of social 

participation,, but crime rates or fear of crime. Higher crime rates lead to less trust and to a 

lesseningg of helping behavior, which leads to lower levels of participation, for example, in 

surveyss (House and Wolf, 1978). In a study in the Netherlands it was found that population 

density,, residential mobility and to a lesser extent urbanicity had a negative effect on the size 

off  the neighbour networks of older people (Thomése and Van Tilburg, 2000). As the size of 

neighbourr networks is an indication of the social involvement of a person - especially in the 

casee of older people who are less mobile and therefore more dependent on local networks for 

theirr contacts - this result supports the expectation of lower levels of social involvement in 

urbann areas. In another study from the Netherlands about the effect of population density on 

healthh and social adaptation, it was found that high levels of population density lead to higher 

levelss of socially deviant behavior and to a poorer health situation. Both factors are believed 

too have a negative effect on social involvement (Levy and Herzog, 1974). 

Livingg in an area with a high level of urbanicity or population density and many multi-

unitt complexes can cause high levels of social disorganization in the neighborhood and a 

feelingg of crowding (Cohen et al., 1975). Feelings of crowding lead to avoidance of 

interactionn with strangers, a greater distrust of all except family and friends, lower levels of 

helpingg behaviour and a diminished sense of obligation to act for the social good (Amato, 

1993;; Fischer, 1981; Franck, 1980; Groves and Couper, 1998: 176-177; Sampson and Groves, 
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1989).. A survey in which inhabitants of high rise and low rise apartments were compared 

showedd that people who lived in high rise apartments were less socially active, had greater 

difficultyy establishing mutually supportive neighbour relations beyond their own floor and 

belongedd to fewer voluntary associations (McCarthy and Saegert, 1979). As apartments in 

multi-unitt complexes wil l in general be smaller than for example, single-family-houses, it is 

conceivablee that people living in multi-unit complexes might also more often be victim to 

feelingss of crowding inside the home. It was observed that this type of crowding not only 

leadss to tension and poor social relationships within the home but also to poor social 

relationshipss outside the home (Gove et al., 1979). 

Beforee formulating our model, we will first confront the hypotheses we developed 

aboveabove with the literature on survey, electoral and political participation, to see if they are 

supportedd by the literature. This can be done by comparing the expected relationships, on the 

basiss of our hypotheses, between the exogenous variables and the three participation variables 

withh the results that have been reported in literature. Starting point is the rule of path analysis 

(Duncann 1975; Saris and Stronkhorst, 1984) by which an indirect effect consisting of two 

positivee direct effects or two negative direct effects will be positive, while an indirect effect 

wil ll  be negative if one of the direct effects is negative and the other positive. Since all 

participationn variables have a positive relationship with social involvement, the sign of the 

indirectt effect is determined by the sign of the direct effects on social involvement. Using this 

information,, the predictions are presented in the table below. 

Tablee 5.1. Relationships, expected based on our hypotheses and observed in the literature, between the 
exogenouss variables and the participation variables. 

ExpectedExpected Observed effect on participation 
ForFor all three Survey Electoral Political 

ageage + mixed 
ethnicityethnicity -
gendergender - + + -
educationeducation + + + + 
incomeincome + + mixed + 
householdhousehold composition + + + + 
mobilitymobility -
housinghousing -
socialsocial disorganization -
urbanicityurbanicity . . . 

Thiss table shows that the empirical data from previous research contradict the predictions of 

ourr basic model with respect to the effect of three variables: age, gender and income. We will 

discusss the possible reasons why research literature contradicts our predictions and how our 

modelmodel can be adapted in order to bring our model in line with literature. 
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Thee first of these contradictions is found in the relation between age and the 

participationn variables. The prediction was that age has a negative effect on participation. The 

negativee effect of age on survey participation has been found many times (Fitzgerald and 

Fuller,, 1982; Goudy, 1976; Groves and Lyberg, 1988; Herzog and Rogers, 1988; O'Neil, 

1979;; Weaver et al., 1975). As regards the relationship with electoral participation and 

politicall  participation, literature is less consistent with the expectation of our model. 

Inn accordance with our model and with the disengagement hypothesis, some research 

reportedd lower rates of political participation among older people (for example Jennings and 

Markus,, 1988). Other authors have tried to refute the disengagement hypothesis by arguing 

thatt political participation increases with age because young people have other things on their 

mindss than politics (e.g. building a family, taking care of children, a professional career), 

whilee older people are less restricted by such factors and so have more opportunities for 

politicall  participation (Glenn and Grimes, 1968). Besides, higher levels of civic competence, 

ass a result of the life experiences that come with age, are claimed to have a strong positive 

relationshipp with political participation (Strate et al., 1989). The fact that lower levels of 

politicall  participation of older people are sometimes reported in research is explained by the 

lowerr educational levels of the older cohorts (education is known to have a positive 

relationshipp with political participation) and the higher mortality rates among men (who on 

averagee are more politically interested than women, especially in the older cohorts) (Milbrath 

andd Goel, 1977; Verba and Nie, 1972; Wolfinger and Rosenstone, 1980). Given the available 

evidence,, one can at least doubt the direction of the relationship. 

Withh respect to electoral participation, the relationship with age is clearer. Voter 

turnoutt is in general lowest among young people. Some authors conclude that electoral 

participationn increases with age (Schuyt et al., 1999; Straits, 1990; Walker and Naegele, 

1999),, but most proof is found for the existence of a curvilinear relationship between age and 

voterr turnout: voter turnout goes up as people grow older but after a certain age (early 1970s), 

itt starts to go down again (Caldeira et al., 1985; Hout and Knoke, 1975; Shields and Goidel, 

1997;; Wolfinger and Rosenstone, 1980). In conclusion, evidence with regard to electoral 

participationn contradicts our model and evidence with regard to political participation is, at 

anyy rate, mixed. 

Thee second variable for which the predictions do not hold is gender. When we 

discussedd the relation between gender and social involvement, we noted a disagreement about 

thee direction of the relation. So it is interesting to see what has been published on the relation 

betweenn gender and participation. Contrary to the situation in the past, it appears that 
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nowadayss women vote more often than men do (Leighley and Nagler, 1992a; Leighley and 

Nagler,, 1992b). At the same time, women are traditionally found to be less active in politics 

(Berelsonn et al., 1954; Campbell, Converse, Miller and Stokes, 1960; Verba, Nie and Kim, 

1978).. Among the explanations for the lower levels of political participation of women 

severall  factors are put forward: the political socialization process, which is thought to 

discouragee women from playing an active role in politics; situational factors, such as family 

responsibilitiess that keep women at home and out of the workforce; and structural factors, like 

thee overrepresentation of women in demographic groups that have low participation levels 

(Welch,, 1977). It has also been pointed out that one of the most important reasons for the 

lowerr rates of participation of women in politics is the fact that women are disadvantaged 

whenn it comes to the resources that facilitate this participation, mainly money and civic 

competence.. (Scholzman, Burns and Verba, 1994). A study among candidates running for 

publicc office found that, although men and women both experience a conflict with family life, 

thiss conflict has a greater impact on women than on men (Sapiro, 1982). As the traditional 

rolee models of men and women seem to be ebbing away slowly (more and more women have 

paidd jobs and men are increasingly involved in raising children: SCP, 1998: 221-228) it could 

bee that the relation between gender and political participation is not as strong anymore as a 

feww decades ago (Andersen, 1975), although recent studies still report the existence of (small) 

differencess in political participation rates between men and women (Scholzman, Bums, Verba 

andd Donahue, 1995; SCP, 1998: 220-221), with men having the higher participation rates. 

Ass for survey participation and gender, researchers who reported differences in survey 

participationn between men and women, noted higher response levels among women than 

amongg men (Brehm, 1993; Smith, 1983; Synodinos and Yamada, 2000; Traugott and Katosh, 

1979),, although it has been pointed out that this could be a consequence of the fact that 

womenn are more often found at home (Brehm, 1993; Smith, 1983). All in all, most literature 

impliess a negative relation of being female with political participation and a positive relation 

off  being female with electoral participation and survey participation. Because the literature is 

farr from unanimous, we decide to not include a direct effect of gender of social involvement. 

Whenn a first test of the model shows that it is necessary to adapt the model to get a fitting 

model,, we wil l decide whether we will include direct effect of gender on survey participation, 

electorall  participation or political interest. 

Thee last factor that seems to present a problem is the relation between electoral 

participationn and income. Some authors found a positive relation between turnout and income 

(Leighleyy and Nagler, 1992b; Wolfinger and Rosenstone, 1980) or stated that a decline in 
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financiall  well-being led to a lower voter turnout (Rosenstone, 1982), which is in line with the 

predictionn of our model. Contrary to these results, others found proof for a curvilinear trend, 

takingg relative income instead of absolute income: turnout first goes down when die relative 

incomee of people increases but this trend is reversed as people move further upon the income 

ladderr (Filer et al., 1993). Given the mixed evidence for this relationship we will for die 

momentmoment not include a direct effect of income on social involvement. 

Thee other relationships between die exogenous variables and survey, electoral and 

politicall  participation as predicted by our model are generally in line widi what is reported in 

literature.. For example, people with a higher education will clearly vote more often and 

participatee more often in politics (Alford and Scoble, 1968; Leighley and Nagler, 1992a; 

McAllister,, 1998; Shields and Goidel, 1997; Verba and Nie, 1972). Research in the United 

Statess also indicated that mere might be a strong negative effect of ethnicity on political 

participation,, an effect that remains when controls are carried out for social-economic status 

(Nelson,, 1979). Significantly lower levels of voter turnout have been reported among recent 

moverss (Verba and Nie, 1972; Wolfinger and Rosenstone, 1980), although this seems to be 

mainlyy caused by problems witii registering as a voter, so this could be a typically American 

problemm (Squire et al., 1987). Finally, lower levels of political and electoral participation 

(Verbaa and Nie, 1972; Verba et al., 1978) and of survey participation (Brehm, 1993; Goyder, 

1987;; Goyder et al., 1992; Groves and Couper, 1998; Smith, 1983; Steeh, 1981) were found 

inn urban areas. 

Soo the question that remains is how die differences we have found between the results 

wee would expect bases on our hypotiieses and the results reported in the literature for age, 

genderr and income and electoral and political participation, can be explained. We believe that 

theree is a second intervening variable which mediates between the exogenous variables and 

diee participation variables: attachment to society. 

533 Attachment to society 

Unlikee social involvement, attachment to society is attitudinal and not behavioural. 

Attachmentt has to do with the acceptance of the norms and values of society, while 

involvementt merely means playing a part in it, wimout really making the values of die society 

one'ss own. This means tiiat mere is not necessarily a positive relation between die two. On the 
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contrary,, those who feel attached to society might feel that they are not fit to play an active 

rolee in society, as other people are better suited for this than they are. 

Thee groups that feel attached to society are those that are aware of the values of 

society,, are socialized by these values, uphold these values or profit from them. People who 

havee been a part of society for a long time (older people and those of Dutch descent), who 

knoww what society stands for and are socialized by it (people with a higher education and 

againn those of Dutch descent), who uphold the values of society (older people, people living 

inn traditional types of households, women) or feel partly dependent on it (older people, 

peoplee with children and those that are relatively less well-off), are more attached to society. 

Inn line with what we have written above, we expect a positive effect from age, gender (being 

female),, education and household composition (being a couple with children) and a negative 

effectt from ethnicity and income on attachment to society. 

Attachmentt to society wil l lead to a higher sense of civic duty, which in turn will lead 

too a higher participation in elections. The attached citizen feels obliged to support the values 

thatt society carries and so he or she does the democratic duty that society expects (i.e. he or 

shee votes). This does not mean that those people automatically take an interest in the political 

process.. So, we expect that attachment wil l also generate a spurious correlation between the 

differentt participation variables but not with the political interest variable. 

Attachmentt can be explained partly by the social exchange hypothesis, as discussed by 

Grovess and Couper (1998: 125-131), which states that groups that are somewhat more 

dependentt on the government and so, on society, feel an obligation to society. This obligation 

translatess itself into a feeling of attachment to society. Moreover, and not accidentally so, it is 

largelyy these groups that uphold the same values that society, as we know it, stands for in a 

largee part of the western world. The central idea behind the welfare state is that those less well 

off,, or who can not fend for themselves, should be cared for and that the good of society as a 

wholee is superior to the good of the individual. 

5.44 The model 

Takingg into account the variables mentioned so far, , Figure 1 presents a preliminary causal 

model. . 

Iff  the model of Figure 1 is correct, this wil l lead to the conclusion that the social 

involvementt and attachment to society variables are the causes of most problems in election 

studies.. Participation in political surveys wil l be rather low for noninvolved people and, as a 
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consequence,, the prediction of the levels of electoral participation and political interest will be 

biased.. Whether the background variables play a similar role depends on their effect on social 

involvementt and attachment to society and their possible (not hypothesized yet) direct effects 

onn participation. 

Figuree 5.1- The preliminary causal model 
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Inn order to study these relationships, a special data collection was needed in order to get as 

muchh information as possible about the nonparticipants in the survey. We describe how this 

hass been done in the next section. In the third section, we test the preliminary model with the 

observedd data and suggest some adjustments. The analysis of the model is in the fourth 

section,, while in the fifth section we describe the results. We finish with some general 

conclusions. . 
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5.55 Design of the study 

5.5.11 Sample design 

Ass this study is focused on election research, we took all citizens that are qualified to vote as 

thee target population. The electoral register is the natural sampling frame for this population. 

Inn The Netherlands the electoral register contains all people over age 18 years with the Dutch 

nationality.. The municipalities control the electoral registers. Doing a nation wide electoral 

studyy that uses the electoral register as the sampling frame would require asking a large 

numberr of municipalities for their cooperation. We decided to conduct the survey in only one 

municipality,, as it would take a lot of time and money to get a national sample. Besides that, 

wee expected that not all municipalities would be willing to participate, so that a national 

samplee would be impossible anyway34. 

Wee chose Zaanstad, a rather large municipality located in the western part of The 

Netherlands,, as the municipality in which we would collect the data. Zaanstad consists of one 

bigg city (Zaandam) and six villages of different sizes, which assured us that we would be able 

too detect possible differences in participation between people from big cities and people from 

smalll  villages. 

Wee used a two-stage sampling procedure. In the first stage, we took a sample of ten 

electorall  districts out of the sixty-three districts of Zaanstad: five districts out of the city of 

Zaandamm and five out of the six villages. As 51 % of the inhabitants of Zaanstad are living in 

Zaandamm and 49 % in the six villages, by stratifying the sample in two groups we could be 

suree that we would have as many people from the more urbanized areas of die municipality as 

fromm the more rural areas. In the second stage, a random sample of 100 electors was taken 

fromm each of the ten selected election districts. We ended up with a sample of 995 electors.35 

344 The researchers that carried out the 1998 Dutch National Election Study worked with a national sample taken 
fromm the electoral registers, and, although this study is a government-sponsered collaboration among several 
Dutchh universities, even they did not get permission of all municipalities they contacted to sample from the 
electorall  register. We also need access to the election lists  on which it is registered whether a voter has turned 
upp to cast his or her vote - to be able to know the voter turnout of all sample elements. So far, no researcher in 
Thee Netherlands had received permission to use these list. Even getting permission of one municipality for using 
thee election lists was difficult. 
355 By a mistake made by the company that did the sampling, out of one district we only got 95 people, leading to 
aa total sample of 995 voters. 
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Nott all selected people participated in the study. We will discuss this point after the 

operationalizationn of the variables and the data collection have been discussed. 

Thee data used in this study were mainly gathered right after the Dutch national 

electionss in May 1998. In the questionnaire respondents were asked several questions about 

theirr attitudes toward politics and elections and about their voting behaviour. The 

questionnairee was short and took between 5 and 10 minutes. Our main goal was to have as 

muchh information about all potential respondents as possible, by maximizing the response -

onee of the reasons why we decided to keep the questionnaire short. 

AA mixed mode design for collecting the data was used, combining telephone 

interviewing,, mailed-out written questionnaires and face-to-face interviewing (Day et al., 

1995;; Dillman and Tamai, 1988; Hochstim, 1967; Herman, 1977). We tried to track down as 

manyy phone numbers of selected sample elements as possible. Those people for whom we 

weree able to find a phone number were interviewed by phone; the others were sent a written 

questionnairee by mail. Nonrespondents were recontacted one more time, using the same 

methodd as was used at the first contact. Those nonrespondents that were contacted two times 

byy phone, but still had not responded after the second attempt to contact them, were sent a 

writtenn questionnaire by mail, as some people that refused to participate in the telephone 

intervieww indicated that they were willing to answer a written questionnaire. 

Finally,, all people that still had not responded were visited by an interviewer, in a final 

attemptt to get them to participate. From the second effort to obtain an interview on, people 

thatt stuck to their refusal were asked to answer at least two questions: whether they had voted 

inn the parliamentary elections and whether they considered themselves interested in politics. 

Mostt nonrespondents were willin g to answer these questions. In this way, we secured 

informationn about the level of political interest and the self-reported voting behaviour of most 

off  the nonrespondents. 

5.5.22 Nonresponse 

Off  the 995 electors that were sampled, 779 (78.3 %) participated in the long questionnaire, 

1499 (15.0 %) were willing to answer the two questions about voting at the national elections 

andd their political interest and 67 (6.7 %) were not tracked down or not willing to answer any 

questionss at all. This means that we had all necessary survey data for more than 93% of the 

samplee units we selected for this study. This is a striking result compared to the 50-60 % 

normallyy obtained in the Netherlands (De Leeuw and Hox, 1998). 
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Unfortunately,, we cannot use all sample elements for our analysis. We lose all 

nonrespondentss that were not willing to answer the two short questions, as we do not know 

theirr political interest. Another variable that has missing values is voter turnout at the 

provinciall  elections. At the time of the 1999 provincial elections, some people were not living 

inn the same residence as when the survey was done. These 94 people could not be traced on 

thee election list of the 1999 provincial elections, so they had to be left out of our analysis. 

Sincee there is no reason why these people should be very different from the rest of the 

electors,, leaving out this group wil l not have serious consequences for our model. The third 

groupp that was left out was people for whom we were not able to track down the year they 

movedd into their current residence. These data were gathered around the time of the 1999 

provinciall  elections. With the exception of six persons, the people that could not be found in 

thee residential register moved since the 1998 national elections, so this group overlaps the 

groupp with a missing value on voter turnout at the provincial elections. Finally, we lost two 

moree respondents, as we could not catagorize the type of housing structure of their residence. 

Ass can be seen in the second column of Table 5.2, this leaves us 838 cases, of which 696 will 

bee considered as respondents and 142 as nonrespondents (refusers). 

Tablee 5,2 - Response level 
TotalTotal sample Adjusted sample* 

Longg questionnaire 779 78.3 696 83.1 
Shortt questionnaire 149 15.0 142 16.9 
Nonresponsee 67 6.7 

Totall  995 838 
**  Cases with missing values for voter turnout at the provincial elections (94 cases), number of years living in 
currentt residence (60 cases), type of housing structure (2 cases) and political interest (72 cases, including all 
nonrespondents)) are left out. 

Wee are aware of the fact that those 142 nonrespondents are not a perfect reflection of the 67 

nonrespondentss that were not willing to answer two simple questions or that could not be 

contactedd at all. Leaving out these 67 nonrespondents is the only way to be able to test our 

model.. Besides, it is more likely that including these 67 "die-hard" nonrespondents would 

sharpenn the possible differences we may find between the nonrespondents that answered the 

twoo questions and the respondents than it is that including them would lessen these 

differences. . 
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5.5.33 The operationalization of the endogenous variables 

Noww that we have specified the data collection method we can also specify the 

operationalizationn of the variables that have not been discussed so far. We will start with the 

endogenouss variables of the model. 

Thee survey participation is operationalized by a variable that indicates that the 

respondentt was only willing to answer a short, two question-questionnaire instead of the long 

questionnairee (refusal). This variable has the value 1 when people refused to participate in the 

longg questionnaire and were only willing to answer the short questionnaire of two questions; 

itt has a value of 0 when they responded to the longer questionnaire. 

Forr electoral participation we had two possible indicators: the participation in the 

nationall  elections in 1998 and the participation in the provincial election in the year 1999. The 

variablee 'electoral participation' is 1 when people have voted in the election and 0 when they 

havee not. The values of this variable come from the official election lists. In this way, we have 

thatt information for both respondents and nonrespondents. This is more valid than self-

reportedd turnout: when an elector turns up on election day to cast his or her vote, this is 

registeredd by a member of the polling-committee. The probability of a mistake is minimal. 

Previouss studies have indicated that when people are asked whether they have voted, they 

tendd to overreport their voting behaviour (Clausen, 1968; Granberg and Holmberg, 1992; 

Krautt and McConahay, 1973; Traugott and Katosh, 1979; Yalch, 1976). 

Too measure the variable political interest we used a question that both the respondents 

andd nonrespondents were asked to answer. They had to indicate whether they were 'very 

interested,, fairly interested or not interested at all' in politics. As the number of people that 

indicatedd to be very interested was not large, and the contrast in which we are mainly 

interestedd is that between interested and not interested electors, we decided to dichotomize 

thiss variable, putting the categories 'very interested' and 'fairly interested' together. 

Whenn a mixed mode design of data collection is used, one has to take into account 

possiblee mode effects. With regard to political interest, there are reasons to expect a mode 

effect.. Self-reported political interest may be influenced by social desirability. Being 

uninterestedd in politics can be seen as socially undesirable, from the idea that any responsible 

citizenn in a democracy should at least take some interest in the way this democracy is 

governed.. As social desirability is an effect of presumed expectations that the respondent 

believess the interviewer has, social desirability is expected to be stronger in those data 
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collectionn modes in which there is a direct contact between the interviewer and the 

respondent:: face-to-face and to a lesser extent telephone interviews. 

Inn die literature on mode effects, there is no agreement on the question wheüier mode 

effectss as a result of social desirability do exist, and if they do, if they are so large that they 

givee reason for concern. Hochstim (1967) and Locander et al. (1976) find no differences. De 

Leeuww and Van der Zouwen (1988), Sykes and Collins' (1988) and De Leeuw (1992) report 

onlyy small differences, while Lass et al. (1997), Saris (1997a) and Saris and Hagenaars (1997) 

observee much bigger differences between the results of data collection methods. 

Iff  being politically interested is seen as socially desirable in a democratic system, then 

soo is voting. Since we have self-reported and registered voter turnout for all respondents and 

forr those nonrespondents that were willing to at least answer the short, two question-

questionnaire,, we use this information to get an indication of possible bias in the data as a 

resultt of mode effects. Table 5.3 reports the self-reported and registered voter turnout in any 

off  the three data collection groups. 

Tablee 5.3 - Differences in self-reported and registered voter turnout and in political interest for three different 
dataa collection methods. 

VoterVoter turnout 
self-reported d 
registered d 
difference** * 

InterestedInterested in politics 
**  For 91 of the 995 sample elements no self-reported voter turnout was available and for 96 of the sample 
elementss no level of political interest was available, due to nonresponse. 
***  We have done an Analysis of Variance (ANOVA) on the mean voter turnout overestimation in each of the 
tfireetfiree groups and we have found a sum of squares of .30 with 2 degrees of freedom, a mean square of .15, and 
withh a F-ratio of 1.332, p=.26, so the difference in overestimation of voter turnout is not significant. 

Thee results show, besides a clear difference of level of voter turnout in the three groups, some 

differencess in voter overestimation in die three data collection methods, with mail 

questionnairess leading to the highest overestimation and face-to-face to the lowest 

overestimationn of voter turnout. The difference in overreporting between the three groups is 

nott significant, as is shown by an analysis of variance (ANOVA) on the mean voter turnout 

overestimationn in the tiiree groups. This result, combined with the fact that we are using only 

twoo variables that are obtained with the questionnaire, leads to the conclusion that there is not 

muchh reason to worry about any mode effects - as has also been shown in chapter 3. 

Telephone Telephone 

86.0(491) ) 
83.22 (475) 
2.88 ( 16) 

71.8(410) ) 

Mail Mail 

72.44 ( 92) 
66.99 {  85) 
5.55 ( 7) 

70.99 ( 90) 

Face-to-face Face-to-face 

54.7(110) ) 
55.2(111) ) 
-- 0.5 (- 1) 

53.2(107) ) 

Total* Total* 

899 9 
899 9 

899 9 
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5.5.44 The operationalization of the exogenous variables 

Thee exogenous variables included in this study have been chosen because they are expected to 

havee a direct effect on social involvement (Couper and Groves, 1998), and, consequently, an 

indirectt effect on participation and political interest, as follows from Figure 5.1. Most of these 

variabless have been operationalized using data outside the survey in order to get as complete a 

dataa set as possible. This holds for the following variables: age, ethnicity, gender, household 

composition,, residential mobility, income, type of housing, level of social disorganization and 

urbanicity.. These variables income and type of housing have been merged into one variable, 

residentiall  value, because income was not available in our data set. As we are using data that 

havee been gathered in only one municipality, it is not possible to distinguish between the 

neighbourhoodd variable level of social disorganization and the area variable urbanicity. So we 

wil ll  only use one variable, which we will call urbanicity. 

Agee is operationalized as the age of the person under study at the moment the survey 

wass done. It is measured in number of years. The information came from the electoral 

register,, in which the date of birth is registered. 

Thee variable ethnicity was more difficult to operationalize. A large number of 

differentt ethnic and racial groups are living in the Netherlands. Apart from the people from 

Dutchh descent, there are substantial groups of people from former Dutch colonies (mainly 

Surinam,, the Netherlands Antilles and the Moluccas), immigrant workers, political refugees 

andd asylumseekers. The largest minority groups are people from Surinam and immigrant 

workerss from Turkey and Morocco and their families (CBS, 2000), while in recent years, the 

groupp of asylumseekers and refugees grew considerably (SCP, 1998: 239-242). We have 

decidedd to consider all people from non-Dutch descent as ethnic minorities in our model. 

Ass we had no direct measure of ethnicity, we chose to use the family name of the 

respondentt to determine if die respondent belonged to one of the ethnic minority groups that 

wee had distinguished. This method of operationatisation was one of the reasons why we could 

nott categorize people from Surinam and The Netherlands Antilles as ethnic minorities, as 

mostt of diem have Dutch family names. Besides, as the large majority of people from 

Surinamm and The Netherlands Antilles are living in the two biggest Dutch cities (Amsterdam 

andd Rotterdam), the number of Surinams and Antillians living in Zaanstad will be small. All 

peoplee with non-Dutch sounding names are considered as ethnic minorities in our analysis. It 

iss important to realize that only people with the Dutch nationality are allowed to vote in 
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Parliamentaryy or provincial elections in The Netherlands, so that all people in our sample 

havee the Dutch nationality. 

Thee gender of a person is registered in the electoral register, so was available for all 

samplee elements. 

Ass we did not know the income of the respondents, we decided to use a variable that 

indicatess the value of the residence in which the respondent is living as a substitute for the 

incomee variable, as it is found in previous research that there is a strong influence of income 

onn the value of the residence a person lives in (e.g. Van Kempen et al., 2000). A comparable 

variablee is also used by Groves and Couper (1998) as an indicator for social economic status. 

Wee calculated the value of the house or apartment, using data that are known to influence this 

value.36 6 

Becausee households that have three or more members wil l have children in the 

household,, and single-person households will , by definition, not have any children in the 

household,, we decided to incorporate being a single-person household and having children in 

thee household in one variable, which can have one of three values: being a single-member or 

single-parentt household; and being a couple without children; being a couple with children. 

Thiss information was obtained from the population register. 

Too operationalize household mobility, we have distinguished between households mat 

weree living for shorter than five years in their current residence (these are defined as recent 

movers)) and those who are living five years or longer in their current residence. We used 

informationn from the residential register to categorize this variable. 

366 We used the following formula: 2/12 * type of housing structure + 1/12 * type of garden + 1/12 * state of 
repairr of the house + 1/24 * period that the house was built + 1/24 * level of prosperity in the neighbourhood + 
1/244 * dominating social class in the neighbourhood + 1/10 * dominance of owner occupied vs. rented 
residencess in the neighbourhood + 1/5 * average rent in neighbourhood or average price of house in 
neighbourhoodd + l/24*proportion household with two incomes in neighbourhood. The weights are based on an 
estimationn of the contribution of each of these factors to the value of a house (which is mainly determined by the 
sizee of the dwelling, the neighbourhood, the size of a possible garden and the state of repair of the house). Type 
off  housing structure (detached house, row house, appartment in flat, etcetera), type of garden (no garden, 
frontgarden,, backgarden or both) and state of repair of the house were registered by the interviewer (for those 
respondentss that were interviewed face-to-face) or the researcher (the other respondents and the 
nonrespondents);; all neighbourhood-level variables were obtained from Geo-Markt Profiel, an organization that 
iss specialized in gathering data on aggregate levels (Geo-Markt Profiel gathers its information from different 
sourcess and supplements these data by interviews. For each postcode area in Holland two informants are 
interviewedd by phone to ask them about a number of characteristics of the houses and apartments and of the 
householdss in the postcode area. Every year Geo-Markt Profiel does approximately 100.000 of those interviews, 
whichh means that the data about each postcode area are updated once every four years). After the calculation of 
thee value of the house or apartment in this way, we checked wheuier this variable correlated with some variables 
inn a way we expected and this was the case. In calculating this variable, we also included type of housing 
structure.. Since it is known that there is a very strong relation between residential value and type of housing 
structure,, we decided to not take up the variable type of housing structure in our model as a separate variable. 
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Thee urbanicity of the neighbourhood has been categorized by the researcher. A 

distinctionn has been made between neighbourhoods with a rural or countrified character and 

neighbourhoodss with an urban character. 

Educationn was the only exogenous variable that had to be asked in the questionnaire, 

ass we could not obtain the educational level of the sample elements from an external source. 

Thee education level is only known for those people that answered the long questionnaire. For 

thee nonrespondents on this long questionnaire, we imputed the value of education, using a 

rangee of variables that we did know for all sample elements - age, gender, voter turnout at the 

nationall  elections, residential value, the mean educational level in the neighbourhood, the 

dominatingg social class in the neighbourhood and level of urbanicity - in a linear equation to 

calculatee the imputed values. We found, in line with results from previous research, a lower 

averagee level of education among the nonrespondents than among the respondents. 

Figuree 5.2 presents the adjusted model which has been specified above and which wil l 

bee tested in the next section. 

Figuree 2 - The second, adapted model 
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5.66 The model tested 

Inn the previous section we showed that some variables are dichotomous, others are ordinal, 

andd some are measured on interval level. Therefore the correlations between these variables 

havee been computed using polychoric and poly serial correlations using Prelis (Joreskog and 

Sórbom,, 1980). The correlation matrix is presented in Table 5.4. 

Tablee 5.4 - The correlations between the observed variables 
finalfinal refusal (FR) 1.00 
votedvoted in national elections (VN) -.23 1.00 
votedvoted in provincial elections (VP) -.13 .72 1.00 
politicalpolitical interest (PI) -.60 .41 .34 1.00 
ethnicityethnicity (ET) .11 -.36 -.16 -.02 1.00 
ageage (AG) .18 .11 .24 -.13 -.23 1.00 
residentialresidential value (RV) -.13 .18 .21 .15 -.30 .03 1.00 
educationeducation (ED) -.25 .26 .19 .39 -.18 -.36 .33 1.00 
householdhousehold composition (HC) -.17 .14 .09 .07 .02 -.32 .33 .26 1.00 
residentialresidential mobility (RM) -.01 -.19 -.22 .05 .21 -.50 -.10 ..16 .05 1.00 
gender(SX)gender(SX) .14 . l l - . 0 4 - . i l .14 .04 .00 -.12 -.08 .01 1.00 
urbanicinurbanicin <UR) .14 -.18 -.12 -.09 .28 .05 -.55 -.32 -.30 .06 .11 1.00 

FRFR VN VP PI ET AG RV ED HC RM SX UR 

Althoughh we think that most explained variance for all participation variables has to come 

fromm the effect of the two intervening variables social involvement and attachement to 

society,, these two variables have not been measured directly in this study. Their 

operationalizationn is determined by their position in the model. Before we can accept this 

interpretationn the model has to be tested in order to see if the specified relationships are 

correct.. Special care should be given to the direct effects of the exogenous variables on the 

participationn variables because such effects can make the relationships between the two latent 

variabless and the participation variables partially spurious. In order to test the model and to 

estimatee the effects presented in the model, we used the program LISREL8 (Jöreskog and 

Sobrom,, 1993),37 more precisely, the Maximum Likelihood-method.38 For testing we have 

377 We have assumed that the nine exogenous and five endogenous variables are measured with minimal errors. 
Thereforee we ignore measurement errors. This means that all 

http://ll-.04-.il
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usedd the chi-square test, even though we recognize the problems related with this test 

mentionedd by Saris, Satorra and Sörbom (1987) and Browne and Cudeck (1992).39 

5.77 Results 

Thee fit of the model as we had specified it turned out to be far from satisfactory. With a chi-

squaree of 213.99 and 18 degrees of freedom, the model does not fit the data very well. A 

possiblee reason is the fact that we only included two forms of participation - survey and 

electorall  participation - when we specified our original model. However, the model that we 

havee tested contains two variables that measure electoral participation. It is possible that some 

exogenouss variables will have a different effect on one of the two electoral participation 

variabless than on the other. If so, we should include a direct effect of that exogenous variable 

onn one of the two electoral participation variable but not on die other. It is important to 

introducee these direct effects because they represent an alternative explanation for 

participation,, namely one that does not go via one of the two intervening variables: social 

involvementt and attachment to society. As a consequence, the effects of these two variables 

mightt be reduced. 

Thee expected parameter change and the modification indices that LISREL calculates 

suggestt which direct effects would lead to a substantially better model and also to a better fit 

off  the model (Saris, Satorra and Sörbom, 1987). We only introduced direct effects if we could 

suggestt a reason why that specific exogenous variable would have an effect on one of the 

participationn variables but not on the other. 

Mostt of the effects that were suggested by the program to include in the model had to 

doo with the voting at the provincial elections and political interest. We think we can explain 

mostt of these effects (those of age, gender, household composition, residential value and 

urbanicity)) by the so called family-versus-society focus of the respondent. This factor is not 

thee same as social involvement. One can be involved in society but at the same time be very 

muchh focused on the family. For example, people that are very much focused on their 

children,, get involved in the school, the sport club or the youth club their children attend So 

althoughh they are very family-focussed, they are also involved in society (Jennings, 1979). 

Beingg society-focused means that one also takes an interest in society itself and does not see 

generall  assumptions (Anderson and Amemiya, 1988; Satorra, 1992), we decided to use ML which did converge 
andd provided a proper solution. 
399 In this case the sample size is not so big and the explained variances are not so high that we expect serious 
problemss with respect to the power of the test 
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involvementt in society as a (implicit) means to another end but as an end in itself. The family-

versus-societyy focus of the respondent is closely related to utilitarian individualism. 

Utilitariann individualism involves striving for personal interest and success with littl e account 

takenn of others (Billiet, 1995). Utilitarian individualism has been show to play an important 

partt in explaining panel dropout in the Belgian General Election Study (Loosveldt and Carton, 

2001;; Loosveldt and Carton, 2002). 

Too translate this into our model: people that are family-focussed are not really 

interestedd in politics, and will probably also not vote at the provincial elections, because 

provinciall  elections are second order elections, and past research indicated that second order 

electionss attract mainly those that follow politics more closely (Bolstein, 1991; Blondel et al., 

1997;; Norris, 1997; Reif and Schmitt, 1980). 

Householdd composition is the most strong variable to distinguish those that are family-

focusedd from those that are society-focused. People living in single person households do not 

havee a family and so wil l be more often society-focused, while a couple with children satisfies 

allall conditions to become family-focused (Stoker and Jennings, 1995). Age can also be seen as 

ann indicator of family-focus versus society-focus. The children of most older people will 

alreadyy have left the parental home and have started to live a life independent from then-

parents,, which wil l mean that with age, the focus on the family will become less prominent, 

soo there wil l be more room for a focus on society (Glenn and Grimes, 1968). We also expect 

thatt people that live in a house with a high value and people that live in a highly urbanized 

areaa will be more often focused on society. Residential value has a strong relation with 

income,, and income with the type of job someone has. People with well-paid jobs wil l be 

moree often career-orientated, which implies that they will have more focus on society (as 

businesss or work is part of society). In cities there are more opportunities for activities outside 

thee home (e.g., theatres, pubs, sportschools, shops, etcetera). This will stimulate people to 

spendd more free time outside the home, leadingg to less focus on the family. 

Thee last variable of which we expect a difference in family-vs-society-focus is gender. 

Womenn are still more often occupied with raising the children and other household duties 

thann men are, so it can be expected that they wil l be more family-focused and less society-

focusedd than men (Jennings and Niemi, 1971; Sapiro, 1982; Welch, 1977). An indication that 

thee family-vs-society factor influences the voter turnout in provincial elections among females 

negatively,, but not the voter turnout in national elections, is the higher turnout for females 

comparedd to men that was reported in presidential elections in the United States (Leighley and 

Nagler,, 1992b). However, for congressional elections (that have a lower turnout and can be 
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comparedd to provincial elections in The Netherlands in that aspect) there was no difference 

betweenn male and female turnout (Shields and Goidel, 1997). In conclusion, we hypothesize a 

negativee direct effect of having children (household composition) and being female (gender) 

andd a positive effect of age, residential value and urbanicity on political interest and voting at 

thee provincial elections. 

Wee will also include a direct effect of ethnicity on political interest. It is not unlikely 

thatt people from non-Dutch descent interpreted the question about political interest as a 

questionn about political interest in general, and not as a question about interest in Dutch 

politics.. Many people from non-Dutch descent are still very interested in what is going on in 

theirr country of origin, including politics, so although they are not interested in Dutch politics, 

theyy will answer the question about being politically interested positively. In other words: 

althoughh their lower involvement in Dutch society should lead to a lower level of political 

interest,, by their interpretation of the question about political interest this effect will (partly) 

bee reversed. We therefore add a direct effect of ethnicity on political interest to correct for this 

responsee effect. 

Anotherr direct effect mat is being recommended by the modification indices is a 

positivee direct effect of ethnicity on voter turnout at the provincial elections. This effect may 

bee explained by a turned around ceiling effect, a so-called 'bottom effect'. A bottom effect 

meanss that, because already so few people are doing the easy job (in this case, voting at the 

firstt order national elections), the number of people that do the difficult job (in this case: 

votingg at the second order provincial elections) can only be slightly smaller. Such a bottom 

effectt exists for voters from foreign descent, as they vote in relatively small numbers in the 

nationall  elections, but not for voters from Dutch descent, mat have a much higher voter 

turnoutt at the national elections. The few people from foreign descent that do vote in the 

nationall  elections are motivated and conscious voters, so they are voters that will probably 

alsoo vote in the provincial elections. Part of the voters of Dutch descent that vote in the 

nationall  elections do so because they believe national elections are important enough to 

justifyy the effort to go voting. A substantial number of the less motivated voters among them 

seee the provincial elections as less important, and stay home. The less movitated voters of 

non-Dutchh descent already stayed home at the national elections, so the difference between 

voterr turnout at the national and provincial elections is larger among the group of people of 

Dutchh descent than among the group of people of non-Dutch descent, which can explain die 

foundd positive effect of being of foreign descent and voting at the provincial elections. 
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Addingg a direct effect of residential mobility on political interest will also lead to a 

significantt better fit  of the model. We hypothesized that people that moved recently will be 

lesss involved, as they need some time to get settled. Moving only has an effect on behaviour 

(soo on electoral participation) and not on attitudes (so not on political interest). To correct for 

this,, a direct effect of having moved on political interest has to be included in the model. 

Thee last direct effect we will take up into the model is a positive effect of education on 

politicall  interest, as we believe that education wil l have an effect on political interest, apart 

fromm the indirect effect through social involvement. It has been shown before that there is a 

strongg relation between the level of education and being interested in politics. A high 

educationn will lead to more knowledge about and a better understanding of the political 

system,, and this wil l make it easier to become interested in politics (Alford and Scoble, 1968; 

Verbaetal.,, 1978). 

Wee present the results of the adjusted two-factor model in Table 5.5. The fit of this 

modell  is much better than the original two-factor model of Figure 1. The chi square is 1.40 

withh 4 degrees of freedom. Now that we are satisfied with the fit of the model we can look at 

thee effects of the latent variables on the different participation variables. 

Thee direct effects of social involvement on the participation and political interest 

variabless are in the expected direction. We see in Table 5.5 that the effects are very strong. 

Thiss means that these effects did not disappear as a result of the introduction of several direct 

effects.. This increases our confidence in the model. The results present very strong evidence 

forr the conclusion that measures of political interest and of electoral participation are clearly 

influencedd by social involvement, which means that it is quite certain these measures will be 

heavilyy biased, due to the fact that the people who do not participate in surveys are also the 

peoplee that have lower levels of political interest and electoral participation. 

Thee direct effects of attachment to society, with respect to the two electoral 

participationn variables, are also very strong. The effect on the survey participation variables is 

ratherr small, and not significantly different from zero. So it seems attachment on society has 

noo direct effect on survey participation, only on electoral participation. 

Thee effect of attachment to society on social involvement is negative, as expected. The 

expectt is not very strong, but significantly different from zero. 

Whenn we turn to the exogenous variables, we see mat all the direct effects of the 

exogenouss variables on social involvement that are significant are in line with our 

expectations.. However, three of these variables do not have a significant effect on social 

involvement:: age, residential value and urbanicity. And, as expected, a direct effect of gender 
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andd residentual value (i.e. income) is not needed to arrive at a model with a satisfactory fit. 

Thiss shows that there is no direct (or, maybe better, unambiguous) relation between gender 

andd income and social involvement. 

Tablee 5.5 - The results of the analysis of the data of Table 5.4 using the final 
model.. The completely standardized coeffcients are presented in the table. 
EffectsEffects of... on the Endogenous variables: Involvement Attachment 
Involvementt -.27 * 
Refusall  long questionnaire -.64*  .14 
Votedd in nat. elections .65 * .75 * 
Votedd in prov. elections .58*  .91* 
Interestedd in politics .98 * 

EffectEffect of of the Exogenous variables on.... 
Age e 
Ethnicity:: non-Dutch 
Genderr female 
Education n 
Residentiall  value 
Householdd composition 
Residentiall  mobility 
Livess in urbanized area 

Involvement Involvement 
-.10 0 

-.24* * 

.29* * 

.14* * 
-.16* * 
-.03 3 

DirectDirect Effect of the Exogenous variables on endogenous variables 
Agee on Voted provincial 
Ethnicityy on Voted provincial 
Genderr on Voted provincial 
Residentiall  value on Voted provincial 
Householdd comp on Voted provincial 
Urbanicityy on Voted provincial 
Agee on Interested in politics 
Ethnicityy on Interested in politics 
Genderr on Interested in politics 
Educationn on Interested in politics 
Residentiall  value on Interested in politics 
Householdd comp on Interested in politics 
Mobilityy on Interested in politics 
Urbanicityy on Interested in politics 

UnexplainedUnexplained variance endogenous variables 
Refusall  long questionnaire 
Votedd in national elections 
Votedd in provincial elections 
Interestedd in politics 
Sociall  involvement 
Attachmentt to society 

Chi-square e 
Degreess of freedom 
Numberr of cases 
Probability y 
Roott Mean Square Error Of Approximation 
Goodnesss Of Fit Index 
Adjustedd Goodness Of Fit Index 

.12* * 

.33* * 
-.27* * 
.19* * 
-.06 6 
.06* * 
.18* * 
.24* * 
.01 1 

.15* * 
.07 7 

-.16* * 
.13* * 
.10* * 

.54 4 

.22 2 

.18 8 

.10 0 

.70 0 

.72 2 

1.40 0 
4 4 

838 8 
.84 4 
.00 0 

1.00 0 
.99 9 

Attachment Attachment 
.34* * 

-.27* * 
.34* * 
.13* * 

-.13* -.13* 
.12* * 

**  significant on the 5 %-ievel 
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Alll  expected direct effects of the exogenous variables on attachment to society are confirmed 

byy the obtained results in Table 5.5. Most direct effects of the exogenous variables on the 

participationn and political interest variables have the expected sign, but all of them are small, 

especiallyy compared to the direct effects of social involvement and attachment to society on 

thee participation and political interest variables. The direct effects of gender and residential 

valuee on political interest and the direct effect of household composition on voter turnout at 

thee provincial elections, are not significantly different from zero. 

Wee should note that, because the effects of the exogenous variables on social 

involvementt and attachment to society are rather small, the indirect effects of these variables 

onn participation and political interest variables are trivial. For example, ethnicity has a direct 

effectt on social involvement of -.24 and social involvement has a direct effect of -.64 on 

refusingg to participate. This means that the indirect effect of age via social involvement on 

refusingg to participate is only .15. The indirect effect of ethnicity on refusal via attachment to 

societyy is even smaller (.04), which makes the total indirect effect of ethnicity on refusing to 

participatee .19. For most of the other exogenous variables the indirect effects on the 

participationn and political interest variables are even smaller, and as also the direct effects of 

thesee variables are absent or rather small, it is clear mat only using general background 

variabless to correct for nonresponse bias wil l not be enough to obtain unbiased estimates. 

5.88 Discussion 

Wee have tried to develop a model that links survey participation, electoral participation and 

politicall  interest, through one or more underlying factors, using data that are relatively easily 

availablee to election researchers. We have specified two factors, which we interpreted as 

sociall  involvement and attachment to society, according to their influence on the participation 

andd the political interest variables that we had included in our model. We also measured 

effectss of a set of exogenous variables on these two latent variables. Social involvement had a 

directt effect on all those four variables; attachment to society had a large direct effect on the 

twoo electoral participation variables. So the effects of these two latent variables on the 

variabless of interest turned out to be very strong even though we had introduced a set of direct 

effectss of exogenous variables (background characteristics) on the participation variables to 

gett a model with a satisfactory fit. Our final model - consisting of eight background 

characteristics,, two general societal factors, and four participation variables - was able to 
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explainn around 50% of the variance in the survey participation variable, around 80% of the 

electorall  participation variables and up to 90 % of the political interest variable. 

Onee finding that deserves some further attention is the very strong relationship that we 

havee found between political interest and social involvement. Because some of the direct 

effectss of the same exogenous variables on political interest and on social development have a 

differentt sign (for example, in the case of ethnicity and residential value), we cannot say that 

sociall  involvement is in fact political interest. But the knowledge that there is a very strong 

relationn between involvement in society and being interested in politics can be useful for 

developingg methods to correct for nonresponse in election research. For example, political 

interestt could be used as an indicator of social involvement, so that it is not necessary to 

measuree social involvement directly. 

Wee have been able to obtain higher levels of explained variance than the regular 

researchh into survey and electoral participation and political interest because of the inclusion 

off  two latent intervening variables in the model. The effects of these intervening variables 

couldd be estimated because we combined one survey and two electoral participation variables 

inn this study. In regular research, participation is explained using direct effects of exogenous 

variabless on the participation. These effects are comparable with the sum of the direct and 

indirectt effects we have studied, which turned out to be very small in our model. In the studies 

off  Brehm (1993) and Groves and Couper (1998) the importance of social involvement has 

beenn mentioned but not studied in the way we have done this here. 

Thee most important finding of this study is certainly that social involvement does play 

ann important role in explaining survey participation, electoral participation and political 

interest.. Since it is clear that the same factor that makes people comply with survey research 

alsoo makes them participate in elections and take an interest in politics, it is very risky to 

simplyy ignore the problem of nonresponse in election research. Due to the high refusal rates 

thatt are usually reported in election research, according to our model we expect that 

participationn rates in elections are typically overestimated. This is indeed found in many 

surveys.. We expect that political interest will be highly overestimated for the same reason. So 

farr this latter point has been mainly a topic of theoretical debate. Our results clearly indicate 

whyy such an overestimation is indeed the case. 

Forr future research this means that it would be advisable, besides trying to minimize 

nonresponsee and to gather as many data about the nonrespondents as possible, to develop 

methodss to correct for nonresponse, taking into account the characteristics of the process we 

described. . 
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Chapterr  6 

Howw to correct for  nonresponse bias in election research 

6.11 Introductio n 

Everyy survey researcher is confronted with the problem of nonresponse. As long as the group 

off  nonrespondents is very small or there is no reason to believe that these nonrespondents are 

differentt from the respondents on the variables of interest in the survey, possible nonresponse 

biass will only be small and can be ignored. Unfortunately, the group of nonrespondents is 

oftenn a substantial part of the sample and, to make things even worse, in many surveys there is 

reasonn to believe that being a nonrespondent has some relation with the subject under study. 

Especiallyy for election studies, in which respondents are asked for their voting behaviour and 

theirr political attitudes and behaviour, evidence suggests the existence of a strong relationship 

betweenn participating in election surveys and the variables that are of interest in these kinds of 

surveyss (Brehm, 1993; Couper and Groves, 1998; Mason et al., 2002; see also chapter 5). 

Ass concern about nonresponse bias increased, methods were developed to correct for 

thiss bias. Although through die years many different methods have been developed, some 

simplee and others very sophisticated, most methods worked according to the same principle: 

informationn that was available - information about the respondents, die nonrespondents, the 

populationn or from previous research - was being used to estimate the parameters or the 

valuess of variables among the nonrespondents. 

Itt is impossible to give a complete overview of existing correcting methods in just a 

feww paragraphs, so we will limit ourselves to addressing the most important and the most 

widelyy used methods. We will distinguish four classes of correction methods, ahhough the 

classess sometimes overlap: weighting, extrapolation, imputation and modelling. 

Weightingg means assigning each observed element an adjustment weight (Bethlehem, 

2002).. The central issue in weighting is the way in which the weight factor is obtained. Brehm 

(1993)) distinguishes three types of weights: population-based weights, sample-based weights 

andd probability of response weights. Population-based weights are calculated by employing 

dataa from an external benchmark to correct the marginals in the sample so Üiey correspond to 

"known""  population estimates. This means that one can only weight on variables of which 

populationn values are known. In general, these are not the variables that are of interest in the 

study.. This mediod assumes a relation between the nonresponse mechanism, the variables of 
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interestt and variables on which the population weights are based. Sample-based weights are 

obtainedd by applying the inverse of the response rate for a class of respondents to make the 

distributionn of classes of respondents identical to the distribution of classes of nonrespondents 

andd respondents in the general population. Probability of response weights is derived from the 

likelihoodd of obtaining a response from each class of respondents. A different distinction that 

hass been made in the literature is that between inverse probability weights (which are 

comparablee to Brehm's probability of response weights) and post stratification weights 

(whichh are comparable to Brehm's population-based weights, see for example Gelman and 

Carlin,, 2002). 

Thee second class of correction methods is extrapolation. Extrapolation is based on the 

ideaa that certain groups of respondents are more like the nonrespondents than others are. 

Thesee groups are men used to estimate values on variables for the nonrespondents. Correction 

methodss that use extrapolation start by distinguishing between different types of respondents. 

Whenn nonrespondents are followed up, some of them will be persuaded to participate, and 

thiss group of 'temporary nonrespondents' (or these groups, if more follow-ups are being 

done)) can be used as representative for all nonrespondents (El-Badry, 1956; Fuller, 1974; 

Hansenn and Hurtwitz, 1946; Hochstim and Athanasopoulos, 1970). Different extrapolation 

modelss exist. For example, the continuum of resistance model assumes that nonparticipants 

aree all similar to each other and that if nonparticipants would have taken part in the survey, 

theyy would have responded like the group of participants that was difficult to contact in the 

intervieww (Filion, 1975; Filion, 1976; Lin and Schaeffer, 1995). Examples of applications of 

thee continuum of resistance model are the last wave method (it is assumed that the 

nonrespondentss are like the average respondent in the last wave), the last respondent method 

(itt is assumed that the nonrespondents are like the projected last respondent in the last wave) 

andd the projected respondent method (it is assumed that the nonrespondents are like the 

projectedd respondent at the midpoint of the nonresponse group - Armstrong and Overton, 

1977). . 

Anotherr model, the classes model, assumes that nonparticipants are heterogeneous, 

thatt there are underlying classes of nonparticipants, and that similar classes can be found 

amongg survey participants. Methods based on such a 'classes model' require mat researchers 

identifyy groups of participants thought to be like nonparticipants and use them to estimate the 

characteristicss of nonparticipants (Lin and Schaeffer, 1995). 

Imputationn is a third method that is regularly used to correct for nonresponse. 

Althoughh mainly developed to correct for item nonresponse, it can also be used for unit 
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nonresponsee when variables that can be used to calculate the imputations are available for 

bothh respondents and nonrespondents. Imputation means that missing values are substituted 

byy estimates. These estimates can be obtained by a wide variety of methods, most of which 

aree described in Littl e and Rubin (1987): unconditional mean imputation, conditional mean 

imputation,, hot deck imputation, regression imputation, stochastic regression imputation and 

multiplee imputation. Hot deck imputation and multiple imputation are the most widely used 

methods.. In hot deck imputation adjustment-cells are formed based on values of the variable 

thatt is to be imputed, and a missing value is replaced by an observed value of this variable 

fromm a random chosen respondent in the same adjustment cell. Adjustment cells are formed 

onn the basis of similar values on a variable of which a relation to the variable with the missing 

valuess is expected. For a recent overview of several different hot deck methods, see Marker et 

al.. (2002). Multiple imputation is the most sophisticated and most complicated method of 

imputation.. This technique replaces each missing value with two or more acceptable values 

representingg a distribution of possibilities (Little and Rubin, 1987; Rubin, 1987). Many 

variationss of multiple imputation have been developed, for example multiple imputation 

basedbased on predictive mean matching (Heitjan and Little, 1991). 

AA fourth correction method that has elements in common with all previous methods, is 

thee development of a model to correct for nonresponse bias. Many different models have been 

developedd in the literature. Some of these models are based on Bayesian methods, using 

priorss to reach better imputation values (Conaway, 1993; Ericson, 1967; Little, 1992; Park 

andd Brown, 1994; Rubin, 1977; Stasny, 1991). Others use regression models or log-linear 

modelss to model the response probabilities (Alho, 1990; Baker and Laird, 1988; Chambers 

andd Welsh, 1993; Fay 1986; Pfeffermann, 1988) or use post stratification as a basis for 

modellingg (Gelman and Carlin, 2002). A special case is mixture models, which produce a 

subjectivee probability interval for the statistic that would have been calculated if all 

nonrespondentss had responded. Demographic and socio-economic information that is 

recordedd for both respondents and nonrespondents can be used to sharpen the subjective 

intervall  by adjusting a regression equation that uses this information (Glynn et al., 1993; Land 

andd McCall, 1993). Other authors have used administrative records in models to arrive at 

estimatess for nonrespondents (Zanutto and Zaslavsky, 2002). A special case of mixture 

modelss is pattern mixture models (Little, 1993; Little, 1994). Also beta-geometric models 

havee been used to model the nonresponse mechanism. In beta-geometric models, it is assumed 

thatt the response probabilities are governed by a beta-distribution (Colombo, 2000; Heekman, 

1977).. Others have used an 'enthusiasm to respond' variable to model the response propensity 
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scoree and linked the unit nonrespondents to the item nonrespondents (Copas and Farewell, 

1998). . 

Besidess these four classes of correction methods, there are many other correction 

methods,, of which some combine aspects of several of the above-mentioned methods. An 

examplee of a less commonly used method for correcting is substitution. A well-known 

examplee of a substitution correction method is the Kish-Hess replacement procedure, in which 

too the prospective respondents of a current survey, a list of nonrespondents from a previous 

studyy are added (Kish and Hess, 1959). Rubin and Zanutto (2002) recently proposed a method 

thatt combines substitution with multiple imputation. This method (which they labelled 

MMM ,, 'matching, modelling and multiple imputation') substantially diminished nonresponse 

bias.. Sometimes the setting of bounds is used to arrive at estimates in which nonresponse bias 

iss taken into account. One method is to calculate bounds by averaging over auxiliary 

informationn from previous research (Jackman, 1999). Others have assumed extreme values for 

thee nonrespondents to compute confidence intervals for the population estimates (Cochran, 

1963).. Another possibility is to set a critical value. If this value is passed, it will mean that the 

substantiall  conclusion of the research wil l be altered. The question is whether, given the level 

foundd for the variable among the respondents, it is probable that the value of this variable 

amongg the nonrespondents will be such that the critical level is reached, so the conclusion is 

changedd (Viswesvaran et al, 1993). The last method that deserves to be mentioned, also 

becausee its basic idea will be used in the correction methods that we will apply later on, is the 

so-calledd method of the central question. The nonrespondents are asked to answer a question 

thatt is central to the subject of study. This variable is then used in correcting for nonresponse 

bias,, for example by using this variable to calculate weights or by using it as one of the 

explanatoryy variables in a regression imputation (Betlehem and Kersten, 1986). 

Despitee the wide range of available correction methods, many researchers have in 

practicee so far chosen to ignore nonresponse, or those who did correct for possible 

nonresponsee bias used rather simple weighting methods, with population information on 

generall  background characteristics as a basis for weighting (Dillman et al., 2002). 

Inn this paper we set out to compare some simple correction methods that are easy to 

applyy and which work better than simple weighting on background variables. We will use 

electionn survey data to illustrate why it is necessary to correct for nonresponse bias and why 

usingg simple weighting on background variables barely corrects this bias. The same data are 

alsoo used to compare several more sophisticated, yet still easy to apply, correction methods 

(extrapolation,, hot deck imputation and multiple imputation), to find out whether different 
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correctionn methods lead to comparable or different results. A third issue that we wil l address 

inn this study is whether it is necessary to recontact nonrespondents. If it turns out that the 

responsee rate does not really change the quality (i.e. resemblance to the true value) of the 

estimatess of the correction methods, recontacting nonrespondents is not necessary anymore, 

whichh will save time and money. 

Inn the first paragraph we will describe the data and show why correction for 

nonresponsee bias is necessary. In the second paragraph we will give a short overview of the 

correctionn methods we will apply. In the third paragraph we will show why the traditional 

methodd of weighting on background variables does not work and we will show that using a 

so-calledd 'central question' does improve the corrections considerably. In the fourth 

paragraph,, we wil l take a closer look at the consequences of nonresponse for relations 

betweenn variables and the way in which potential nonresponse bias in these relations can be 

corrected.. We will end the paper with a discussion of the results and some concluding 

remarks. . 

6.22 Nonresponse bias in election research data 

Ass our goal is to evaluate different methods for correction of nonresponse bias, we need as 

muchh information as possible about both respondents and nonrespondents. This is necessary 

too gain some insight into the nonresponse bias on variables that are of interest to the study -

variabless for which one usually has no information for the nonrespondents. Besides that, we 

alsoo need information on these variables to be able to judge the performance of the different 

correctionn methods that will be applied. Finally, this information could also be a useful 

elementt in the application of the correction methods. 

Inn election research voting behaviour and attitudes of voters towards politics are at the 

centerr of interest. In chapter 5 we have argued that response behaviour, voting behaviour and 

politicall  attitudes can partly be explained by the same underlying factors: social involvement 

andd attachment to society. Two variables that have been shown to have a strong relation with 

thesee factors are self-reported political interest and voter turnout at elections. Because of the 

strongg relation between response behaviour and especially social involvement on the one 

hand,, and social involvement and self-reported political interest and voter turnout on the other 

hand,, these variables could be very useful in methods that aim to correct for nonresponse bias. 

Soo we tried to obtain information about these variables for as many sample elements as 

possible. . 
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Voterr turnout at elections is officially registered by members of the polling-committee 

onn an election list. Using these election lists makes it possible to know whether a voter 

actuallyy went to the polling booth and cast a vote. These election lists have been used in voter 

validationn studies in for example the United States, Great Britain and Sweden (Abramson and 

Clagett,, 1989; Anderson and Silver, 1986; Bebbington, 1970; Biemer, 1988; Granberg arid 

Holmberg,, 1991; Katosh and Traugott, 1981; Mason et al., 2002; Presser, 1984; Schaeffer et 

al.,, 1991; Sigelman, 1982; Silver et al., 1986a; Silver et al., 1986b), but, contrary to the 

situationn in these countries, these election lists are not easily available for researchers in the 

Netherlands.. As it turned out to be already difficult to find one municipality that was willing 

too cooperate and allow us to use die election lists, it was impossible to use a national sample 

forr our research, so we had to draw a sample from the population of one municipality. We 

foundd the municipality of Zaanstad willing to let us use the election lists for our research. 

Wee used the election register as the sampling frame, as all potential voters are featured 

inn this register. A two-stage sampling procedure was used. In the first stage, we took a sample 

off  ten electoral districts out of the sixty-three electoral districts of Zaanstad (to limit the 

numberr of election lists we had to work through): five electoral districts out of the city of 

Zaandamm and five out of the six smaller villages that also belong to the municipality. As 51 % 

off  the inhabitants of Zaanstad live in Zaandam, and 49 % in the six villages, we could, by 

stratifyingg the sample into two groups, be sure that we would have as many people from the 

moree urbanized areas of the municipality as from the more rural areas. In the second stage, a 

randomm sample of 100 electors was taken from each of the ten selected election districts. We 

endedd up with a sample of 995 electors. 

Thee data used in this study were mainly gathered right after the Dutch national 

electionss in May 1998. In the questionnaire respondents were asked several questions about 

theirr attitude towards politics and elections, and about their voting behaviour. The 

questionnairee was short and took between 5 and 10 minutes. As we have already stated above, 

ourr main goal was to have as much information as possible about all potential respondents, by 

maximizingg the response - one of the reasons why we decided to keep the questionnaire short. 

Thee best way to maximize the response rate seemed to be collecting data through a 

mixed-modee design (Dillman and Tarnai, 1988; Dillman, 2000; Shettle and Mooney, 1999). 

Al ll  sample elements, for whom the telephone number was known, were contacted by 

telephonee to be interviewed. All sample elements for whom no telephone number was known 

(becausee their telephone number was unlisted or disconnected or they had no telephone) were 

sentt a questionnaire by mail. All refusers in the telephone interview were contacted for a 
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secondd time to try to persuade them to reconsider their refusal. The nonrespondents of the 

maill  questionnaire were sent the same questionnaire for a second time together with a letter, 

stressingg the importance of their participation in the survey. In this first follow-up effort, we 

gavee the people that still did not want to participate, the possibility to answer only the two 

centrall  questions: whether they had voted at the national elections and if they were interested 

inn politics. People who kept refusing to participate, who could not be contacted by telephone 

orr did not send back the mail questionnaire at all, were eventually visited by an interviewer, to 

tryy to convince them to participate. People that stuck to their refusal were also asked to 

answerr the two above-mentioned questions. 

Thee (validated) voter turnout variable and the self-reported political interest variable 

wil ll  be the basis of our correction method. We have selected four other variables that we wil l 

usee to test how well each of the correction methods works. For one of those variables, voter 

turnoutt at the 1999 provincial elections, we had information available for the large majority of 

thee sample. The values of this variable were also obtained from elections lists. But as the 

provinciall  elections took place one year after we carried out our survey, some sample 

elementss were not living at the same address anymore, so we were not able to track down 

theirr voter turnout at the provincial elections. We decided to leave out these sample elements 

(aroundd 10 % of our original sample). Although the sample elements that were lost in this way 

differedd in some aspects to the remainder of the sample, this does not seriously affect our 

design.. It is not our aim to get a perfect prediction of the values of our variables of interest in 

thee population, but to illustrate the way in which different correction methods work. For this 

purpose,, we limited our population of interest to these 901 sample elements that were 

containedd in the original sample and were still living at the same address at the time of the 

19999 provincial elections. This has the advantage that we have at least one variable (voter 

turnoutt at the 1999 provincial elections) for which we can compare the results of the different 

correctionn methods with the actual values of all sample elements on this variable. 

Besidess the voter turnout at the 1999 provincial elections, we selected three more 

variables,, of which we expected that they might be subjected to nonresponse bias: self-

reportedd level of political knowledge, the presence of feelings of shame when one has to 

admitt that one has not voted, and the importance one attributes to voting. The exact wording 

off  the questions can be found in the Appendix. We have no population values at our disposal 

forr these three variables, so we only know the value of the sample elements that responded. 

Ass our design makes it possible to distinguish several different subgroups of respondents 

(fromm those that were interviewed in the first contact attempt to those that answered the 
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questionnairee when they were visited by an interviewer after not responding to two telephone 

callss and one letter), we can at least get an indication how well the different correction 

methodss will work for these variables, 

Tablee 6.1 - Voting in the 1998 national elections, self-reported political interest, voting in the 1999 provincial 
elections,, self-reported political knowledge, feelings of shame for not-voting and importance of voting for four 
differentt respondent groups, separate and cumulative 

groupgroup 1 group 2 group 3 group 4 totaltotal of 
groupgroup 1 

andand 2 

totaltotal of 
group group 
1.2.3 1.2.3 

total total 
sample sample 

VotedVoted in 1998 national elections 
voted d 
didd not vote 
Total l 
Percentagee of sample 

PoliticalPolitical interest 
interestedd in politics 
nott interested 
Total l 
Percentagee of sample 

85.5 5 
14.5 5 
470 0 
52.2 2 

78.8 8 
21.2 2 
467 7 
51.8 8 

69.77 59.5 61.9 
30.33 40.5 38.1 

766 158 197 
chi-sq:: 66.09, df 3, p=.00 

76.33 54.5 27.1 
23.77 45.6 72.9 

766 158 144 
chi-sq:: 142.51, 3 df,p=.00 

VotedVoted in 1999 provincial elections 
votedd 47.4 
didd not vote 52.6 
Totall  470 
Percentagee of sample 52.2 

46.11 25.3 29.4 
53.99 74.7 70.6 

766 158 197 
chi-sq:: 35.42,4 df, p=.00 

PoliticalPolitical Knowledge 
littl e e 
fair r 
good d 
Total l 
Percentagee of sample 

FeelsFeels ashamed 
nott ashamed at all 
ratherr ashamed 
(very)) ashamed 
Total l 
Percentagee of sample 

VotingVoting is important 
nott important / neutral 
important t 
veryy important 
Total l 
Percentagee of sample 

21.9 9 
31.5 5 
46.6 6 
466 6 

33.8 8 
35.1 1 
31.1 1 

74 4 

37.0 0 
24.7 7 
38.3 3 
154 4 

51.77 chi-sq: 18.65,4 df, p= .00 0 

29.7 7 
24.7 7 
45.6 6 
454 4 
50.4 4 

8.6 6 
21.8 8 
69.5 5 
463 3 
51.4 4 

21.3 3 
24.0 0 
54.7 7 

75 5 

57.2 2 
30.3 3 
12.4 4 
145 5 

chi-sq:: 65.38,4 df, p=.00 

17.1 1 
18.4 4 
64.5 5 

76 6 

38.3 3 
34.9 9 
26.8 8 
149 9 

chi-sq:: 105.79,4 df,p=.00 

83.3 3 
16.7 7 
546 6 

60.6 6 

78.5 5 
21.5 5 
543 3 

60.3 3 

47.3 3 
52.7 7 
546 6 

60.6 6 

23.5 5 
32.0 0 
44.4 4 
540 0 

59.9 9 

28.5 5 
24.6 6 
46.9 9 
529 9 
58.7 7 

9.8 8 
21.3 3 
68.8 8 
539 9 

59.8 8 

78.00 74.5(671) 
22.00 25.5 (230) 
704 4 
78.1 1 

901 1 
100.0 0 

73.00 65.2(551) 
27.00 34.8 (294) 
701 1 
77.8 8 

845 5 
93.8 8 

42.33 39.5 (356) 
57.77 60.5 (545) 
704 4 

78.1 1 

26.5(184) ) 
30.4(211) ) 
43.11 (299) 

694 4 
77.0 0 

34.77 (234) 
25.88 (174) 
39.55 (266) 

674 4 
74.8 8 

16.0(110) ) 
24.33 (167) 
59.7(411) ) 

688 8 
76.4 4 

901 1 
100.0 0 

Too be able to gain insight into the possible presence of nonresponse bias, it is necessary to 

havee recontacted at least once, the sample elements that refused to participate at the first 

contact,, or those that could not be contacted at all. As these sample elements would have been 

nonrespondentss had there not been a second effort to get them to participate, it can be 
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expectedd that when they differ in some aspects from those who were interviewed without any 

problems,, the direction of this difference may suggest in what respect the final 

nonrespondentss may differ from the respondents. 

Ass we recontacted all nonrespondents several times, we were able to distinguish four 

groupss in our sample: 

1.. people who responded the first time they were approached; 

2.. people who had to be approached two times, before they responded; 

3.. people who had to be approached three or four times before they responded; 

4.. people who only responded to the short questionnaire or who did not respond at all . 

Forr this fourth group, we only have information about the voter turnout at the national and 

provinciall  elections and about their self-reported political interest (for those that answered the 

shortt questionnaire). 

Inn the left part of Table 6.1 we have compared the various groups on the six variables 

wee are using in this analysis. We see that for all variables, the groups differ significantly from 

eachh other. Especially the difference between the first and third groups (or the fourth group, 

forr those variables for which we have data on the nonrespondents) is for all variables very 

large.. For example, in the first group 78.8 % of the people claim to be interested in politics, 

whilee in the fourth group, only 27.1 % do so - a difference of more than 50 %. The right part 

off  the table shows the distortion of nonresponse bias if we would have stopped data collection 

earlierearlier man we did. For example, if we only take the respondents of the first group into 

account,, we find a voter turnout at the national elections of 85.5 %. Adding the respondents of 

thee second group, the voter turnout goes down to 83.3 %, while incorporating the third group 

off  respondents brings the voter turnout to the level of 78.0 %, so almost 8 % below the level 

thatt was found in the first group. If we would have full response, the voter turnout would be 

evenn lower, 74.5 %. Although the bias is not as large in all the variables as for voter turnout at 

thee national elections, there is a substantial bias in all variables. Moreover, for all variables 

thee bias goes in the same direction, leading to a too positive picture for the attitude of the 

populationn to politics. The results for voter turnout at the national elections and political 

interest,, show that even with a response level of more than 75 %, the nonresponse bias can be 

substantial.. It is clear that simply ignoring nonresponse bias will leave us with biased results, 

400 We chose to consider people that only answered the short questionnaire as nonrespondents, even if they 
answeredd this short questionnaire in the second wave, as these people refused to answer the questionnaire. 
Althoughh they were willing to answer the two central questions, this willingness differs from the willingness to 
answerr the full questionnaire. Without the possibility to answer the two central questions, these people would 
havee been nonrespondents. 
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whichh may lead to wrong conclusions. So correcting for nonresponse bias is certainly 

necessaryy in this case. 

633 Application of methods to correct for  distributiona l bias in variables 

Forr a correction method to be useful to researchers that work in the field of social science, it 

shouldd not be too complicated or too laborious, and it should not use complicated or special 

statisticall  programs. With diis in mind, we made a selection of correction methods that are 

fairlyy easy to apply, that are already widely used and that do not oblige the use of (expensive 

orr difficult to find) non-standard software. 

Wee will apply: 

threee methods of weighting: 

•• weighting on background variables; 

•• weighting on background variables and voter turnout at the 1998 national elections; 

•• weighting on both background variables and the two central questions (voter turnout at the 

19988 national elections and self-reported political interest); 

onee extrapolation method: 

•• the last respondent method; 

fourr imputation methods: 

•• hot deck imputation using only background variables; 

•• hot deck imputation using both background variables and the two central question 

variables; ; 

•• multiple imputation using only background variables; and 

•• multiple imputation using both background variables and the two central question 

variables. . 

Withh the exception of the extrapolation method, all methods are applied both for a response 

ratee of 52 % (which is the response level we would have had if we would not have 

recontactedd the nonrespondents) and for a response rate of 78 %, which was the final response 

rate41.. Using two different response levels will give us the opportunity to answer the third 

questionn that we mentioned in the introduction: whether higher response rates will also lead to 

betterr performance of correction methods. 

Wee will start by giving a short description of each of the correction methods. 

411 As we need at least two groups of respondents for the extrapolation method, we could not use this method for 
thee response level of 52 %. 
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WeightingWeighting on Background Variables 

Wee obtained the weights using a number of background variables we had available for all 

samplee elements, and of which some relation with voting behaviour and political attitudes is 

expected:: age, ethnicity, gender, household composition, education, residential value, number 

off  years living in the current residence and social cohesion in the neighbourhood (see chapter 

5).. The weights were calculated by multiplying the separate weights of all variables4". 

WeightingWeighting on Background Variables and Voter Turnout at the Elections 

Ass the population value of the voter turnout is always known after an election has taken place, 

inn many elections studies the weights are built from both background variables and the voter 

turnout.. That is why we decided to include this method of weighting. This weight is basically 

thee previous weight, multiplied by the proportion of voters at the national elections in the 

populationn divided by the proportion of voters among the respondents after weighting on the 

backgroundd variables. In this way, we will get a perfect estimate of the voter turnout. It is 

importantt to notice that we had the opportunity to use the actual (validated) voter turnout, 

insteadd of the self-reported voter turnout, so response bias in voter turnout, which is known to 

exist,, is not an issue for us. Election researchers who do not have the actual voter turnout of 

thee respondents but only the self-reported voter turnout, should be aware of the fact that 

responsee bias can influence their weights. 

WeightingWeighting on Both Background Variables and the Two Central Questions 

AA new set of weights is created, combining the voter turnout at the 1998 national elections 

andd the self-reported political interest, with four categories: not voted and not interested, 

votedd and not interested, not voted and interested and voted and interested. For each of these 

fourr categories a weight is computed by dividing the sample proportion of this category by the 

responsee proportion after weighting on background variables. This weight is then multiplied 

byy the weight that was computed using the above-mentioned eight background variables, to 

4242 A different approach to calculate weights based on more than one variable, is to make subgroups, using all 
availablee background variables, and to calculate a separate weight for each subgroup. This method is far more 
laboriouss than multiplying the separate weight of all background variables. As we found that both methods lead 
too approximately the same weights, we chose to use the more simple method (multiplying the separate weights). 
Itt would also have been possible to use special weighting programs to calculate the weights, like BASCULA 
(Nieuwenbroekk et al., 1997). but as most social scientists do not have these kind of programs at their disposal, 
wee prefer a method that can be applied by using standard statistical software. 
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createe a new weight, in which the two central questions and the background variables are 

combined. . 

ExtrapolationExtrapolation by Using the Last Respondent Method 

Wee chose to use this method of extrapolation because it was demonstrated that this method 

workss better than the last wave method and the projected respondent method (Armstrong and 

Overton,, 1977). The basic idea behind the last respondent method is plotting the averages for 

thee first and (in our case) second and third groups, and drawing a line to the point representing 

thee cumulative percentage of respondents at the end of the third wave. When we let A be the 

percentagee response to an item within a given wave, X the cumulative percentage of 

respondentss at the end of a given wave, and L the theoretical last respondent, we can calculate 

LL using the formula: L=A3 + (A3-A1) (X3-X1/X3) (Armstrong and Overton, 1977). As the 

numberr of respondents in the second group was rather small, we chose to combine die second 

andd third group, in this way making a distinction between respondents who agreed to be 

interviewedd at the first contact, and those who had to be approached at least one extra time 

beforee they responded. 

Itt is important to realize that this extrapolation method has two important limitations. 

First,, it can only be used when there are at least two groups of respondents. Second, die 

methodd corrects die distribution of a certain characteristic found in the sample retrospectively, 

butbut contrary to weighting or imputation, cannot be used to correct die relations between 

variabless in die sample. So, if one is interested in more than only the level of a certain 

characteristicc in die population, for example, in die relation of Üiis characteristic to anodier 

characteristic,, diis method is not suitable for correcting possible nonresponse bias in this 

relation. . 

HotHot Deck Imputation Only Using Background Variables 

Too be able to apply hot deck imputation, it is first necessary to divide die sample into a 

numberr of groups, in which respondents tiiat resemble each otfier are grouped. These groups 

aree obtained by using the CHAID-technique. CHAID is a technique diat recursively partitions 

aa sample into separate and distinct groups, so mat the variance of die dependent variable is 

minimizedd within the groups, and maximized among die groups. Because of diis 

characteristic,, CHAID is useful for obtaining hot deck imputation groups, as the more 

homogenouss the groups are, the more accurate and stable the estimates will be (Ratner, 2001). 
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Ourr first step, was to obtain a number of groups by CHAID for the respondents using 

thee variable of interest as dependent variable, and the same background variables that we 

listedd above as independent variables (using significance levels of 5 % for both predictor and 

category).. For each group, the distribution of die variable of interest is reported by CHAID. 

Ourr second step, was to assign all nonrespondents to one of those groups and to calculate the 

numberr of nonrespondents, which was expected to have a certain value of the variable of 

interest,, using the distribution found in the group among the respondents. Our third step, was 

too use multiple imputation to decide for each of the nonrespondents the exact value that would 

bee imputed for diem, taking into account die group die nonrespondent belonged to. So, die 

distributionn is obtained by die hot deck mediod, using die CHAED-algorithm, and die 

assignmentt of values on die individual level by using multiple (regression) imputation. For 

example,, in a certain group (for instance, males witii a university education) it is found diat 77 

%% of die respondents voted. Those nonrespondents will tiien be imputed as having voted, who 

belongg to die highest 77 % university educated male nonrespondents widi respect to tiieir 

probabilityy to vote, according to die values obtained by multiple imputation. The way tiiis 

multiplee imputation is performed is described when we discuss die application of die multiple 

imputationn correction metiiods. 

HotHot Deck Imputation Using Both Background Variables and the Two Central Questions 

Basically,, tiiis mediod works in die same way as die previously described hot deck imputation 

method.. The only difference is tiiat for obtaining die different imputation groups using 

CHAID,, not only die background variables are included as independent variables, but also die 

twoo central question variables. A complication is die fact that die value of self-reported 

politicall  interest is not available for 67 nonrespondents. We will start out by calculating tiiis 

valuee for tiiese 67 nonrespondents using hot deck imputation (using botii die value of self-

reportedd political interest for all available respondents, voter turnout at die 1998 national 

electionss and die background variables). These imputated values will be used in imputing die 

otiierr variables of interest. 

MultipleMultiple Imputation only Using Background Variables 

Onee of die main problems of multiple imputation is tiiat, although die mediod seems to lead to 

accuratee estimates of values for missing cases, it is ratiier tiresome and complicated to apply. 

Wee chose to use die program AMELIA (Honaker et al., 1999; King et al., 1998) for 

calculatingg the imputation values. AMELIA is a program diat is easy to use and freely 
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available.available. AMELIA uses the EM-algorithm to compute m missing values for each missing 

celll  in the data matrix. The complete distribution of a variable can be obtained by combining 

thesee imputed data sets (Rubin, 1987). For each of the variables of interest, we used the 

above-mentionedd background variables as die variables on the basis of which the imputation 

valuess are computed. 

Thee auüiors of AMELIA suggest using continuous imputations for ordinal variables. 

Ass we were interested in the distribution of a number of ordinal and dichotomous variables, 

wee chose to let AMELIA impute discrete values instead of continuous ones. Setting die 

numberr of imputations to 10, we used each of the 10 different distributions of the variable of 

interestt to calculate a mean distribution, by summing the 10 different proportions of each of 

diee categories of diis variable and dividing die result by 1043. We calculated the variance by 

usingg a formula given by Honaker et al. (1999), that takes both die witiiin-imputation variance 

(thee estimated variances of each completed data set) into account, and die between-imputation 

variancee (diat is calculated using die 10 imputed data sets, representing die uncertainty due to 

missingg data): SE(q)2 = 1/m Im,j=iSE(qj)2 + (Lmj^qj - MEAN(q))2/(m-l))(l-t-l/m), with m 

beingg die number of imputations (10 in our case) and qj die j-di estimate. 

MultipleMultiple Imputation Using Both Background Variables and the Two Central Questions 

Again,, die same multiple imputation mediod is used widi only one difference, die 

incorporationn of die two central question variables in die regression model used by AMELIA 

too calculate die multiple imputation estimates. 

6.44 Results of the correction methods 

Thee results of die correction mediods are presented in Tables 6.2 and 6.3. Table 6.2 contains 

diee tiiree variables for which we know die total distribution in die sample, witii in die last 

columnn die true value in the total sample. Table 6.3 contains die tiiree variables for which we 

onlyy know die values of die respondents. 

Wee see in Table 6.2 tiiat the pattern of die estimates of the different correcting 

methodss of voting at die 1998 national elections and self-reported political interest is very 

similar.. First, diere seem in general, not to be so many differences between the correcting 

433 We tried some alternative ways of calculating this mean distribution from the imputed values, for example by 
summingg the 10 values over each case and calculating a mean for each respondent, or by giving the case the 
mediann for the 10 imputed discrete values. However it turned out that these methods led to an overestimation of 
thee most occurring category of a variable. 
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methodss that are using the same data. For the 52 % response level, the hot deck imputation 

methodd using only background variables seems in general to perform a littl e bit worse than 

thee two other correcting methods using only background variables. For most variables the 

variancee using the multiple imputation correction method is somewhat higher (so closer to the 

truee value in the total sample) than for the two other correction methods. This is in line with 

whatt one would expect, as correction methods based on multiple imputation take also the 

variancee between the different imputed data sets into account. When the central questions are 

alsoo used in the estimation, the three correcting methods hardly differ from eachother. 

Second,, compared to the estimates that are obtained by only using background 

variables,, the correction methods that use the central question lead to much better estimates, 

bothh for the 52 and 78 % response levels. These estimates only overestimate on average the 

samplee value of voter turnout at the 1998 national elections and of self-registered political 

interestt by 0.4 to 1.2 %, while the estimates based on background variables lead to a 

overestimationn of 1.2 % to 7.0 % for the 78 % response level and of 5.5 % to 12.1 % for the 

522 % response level. The variance is also better estimated by including the central question 

variabless in the correction methods. This result clearly shows that correction methods, which 

onlyy use background variables, do not lead to good estimates of the true sample values of a 

variable. . 

Third,, although weighting on voter turnout only at the national elections and 

backgroundd variables leads, logically, to a perfect prediction of the voter turnout at the 

nationall  elections, it leads to an overestimation of the self-reported political interest of 10 to 

122 % for the 52 % response level and of 6 to 7 % for the 78 % response level. So we have to 

concludee that this commonly used correction method in election research does not lead to 

goodd estimates either. Extrapolation performs somewhat better for these two variables: a 

smalll  underestimation of voter turnout at the national elections and an overestimation of 4 % 

forr political interest. 

Finally,, for the imputation methods that use the central questions, the response level 

doess not influence the corrected estimates of voter turnout at the 1998 national elections and 

self-reportedd political interest. As this information is obtained directly from the two central 

questions,, the estimates of these two variables is only dependent on the proportion of sample 

elementss that answers the two central questions, and not on the response level with respect to 

thee total questionnaire. This explains why the values in column 8 and 9 are exactly the same 

ass the values in column 17 and 18 respectively. Because only a small proportion of the sample 

didd not answer these questions, it also explains why the estimates of these two variables are 
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veryy near to their true values. As the estimates obtained by weighting only use those sample 

elementss that have answered the complete questionnaire, the 52 % and 78 % response level 

correctedd estimates (column 7 and 16 of Table 6.2) are different. 

Thee picture for the voter turnout at the 1999 provincial elections is somewhat 

different.. Again, we see that the estimates based on methods that use the central question aire 

betterr than the estimates based only on background variables for the same response level. But, 

contraryy to the two former variables, for this variable there is not much difference for the 52 

%% central question method estimates and the 78 % background variables estimates. In other 

words,, using the central question method without any further pushing of nonrespondents leads 

too estimates for this variable that are as good as getting a 26 % higher response level (from 52 

%% to 78 %) by reapproaching nonrespondents. 

AA second striking result is that weighting on both background variables and voter 

turnoutt at the national elections and extrapolation, lead to good estimates that are all in a 

rangee of plus or minus 1 % of the true value of voter turnout at the 1999 provincial elections. 

Besidess that, the 78 % response level estimates that are obtained by using both background 

variabless and the central questions, are only somewhat better than the 52 % estimates using 

thee same information. The variance is approximately the same for all correction methods and 

alll  response levels - as there is barely a difference between the variance after 52 % of the 

samplee has responded (.25) and the variance in the total sample (.24). 

Finally,, when weighting, hot deck imputation and multiple imputation are compared, 

irrespectivee of the response level and the variables used in die correction procedure, 

weightingg always performs best, while the corrected estimates of the two otiier methods are 

notnot too far removed from each other. Even in the most optimal situation, the corrected 

estimatess obtained by hot deck imputation and multiple imputation still overestimate the 

actuall  sample value by 1.5 %. 

Itt is more difficult to draw conclusions about the quality of the corrected estimates of 

thee three variables that are pictured in Table 6.3, because we do not know the true sample 

valuess of tiiese variables. As we do have two different groups of respondents (those who 

answeredd at first contact and those who answered at a later contact) for these variables, we 

cann say something about the expected direction of the deviation of the value found among the 

respondentss in respect to the true value of die sample. By comparing the corrected 52 % 

responsee level estimates with the true 78 % response values, the 52 % and 78 % response 

levell  estimates and the corrected 78 % response level estimates with the expected direction of 
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deviation,, we can still draw some general conclusions about the quality of the different 

correctionn methods. 

First,, when the response level is the same, the correction methods using the central 

questionn perform better than those using only background variables, a result we also found for 

thee two voter turnout and the political interest variables. The differences between the two 

methodss seem to be less than for voter turnout at the 1998 elections and self-reported political 

interest,, but still, the differences are substantial, again showing that using only background 

variabless is not enough to reach good estimates of true values in the sample. 

Second,, although the differences between weighting, hot deck imputation and multiple 

imputationn are again not that big, it seems that when there are differences between the 

estimatess of the three methods, the multiple imputation estimates are most in line with what 

wee expect, especially when only background variables are used. Particularly for self-reported 

politicall  knowledge and the importance the respondent attributes to voting, multiple 

imputationn seems to perform better than the other two methods - also with respect to 

estimatingg the variance. When the central questions are part of the correction method, some 

smalll  differences between the three correction methods are also found, but there is not one 

methodd that clearly performs better. For example, multiple imputation seems to perform better 

forr self-reported political knowledge when the response level is 52 %, but for feelings of 

shamee because of non-voting, multiple imputation leads to the estimate which is closest to the 

valuee among the respondents, indicating that the method does underestimate the true sample 

valuee of this variable. 

Third,, in line with what we noticed for the estimates of the voter turnout at the 1999 

provinciall  elections, the corrected estimates for the 52 % response level using the central 

questionss and the 78 % response level using only the background variables are quite similar, 

withh the exception of the importance of voting-variable. For this variable, the estimates 

obtainedd by the second method are clearly much better. This seems to be mainly a result of 

thee big difference between the first group of respondents and the second group of 

respondents,, with the second group claiming much more often that voting is not important 

thann the first group. This result may lead to the conclusion that the stronger the relation 

betweenn the variable of interest and response behaviour is, the more important it is to get an 

ass high a response level as possible, because otherwise the corrected estimate will still differ 

substantiallyy from the true value in the sample. 

Fourth,, for all three variables and for all correction methods, there is a difference 

betweenn the 52 % and 78 % response estimates obtained by using the same correction 
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methods,, especially for the importance of voting-variable - again a consequence of the big 

differencee between the first and second groups of respondents for this variable. So, for 

variabless other than those variables measured by the central questions, it seems worthwhile to 

reapproachh nonrespondents, as this will lead to substantially better estimates. 

Finally,, the weighting on background variables and voter turnout seems to take a 

middlee position between the correcting methods that only use background variables and those 

thatt include the central questions. The extrapolation method leads to corrected estimates that 

aree similar or even somewhat more extreme than the 78 % response level central question 

estimates,, which may lead to the conclusion that extrapolation performs at least as well as 

thesee correction methods. 

6.55 Conclusions of the comparison of the correction methods for  univariate 

analysis s 

Summarizingg the results from Table 6.2 and Table 6.3, we reach seven general conclusions. 

1.. Correction methods that are only based on background variables perform substantially 

worsee than correction methods that are based on the central questions. 

2.. Correction methods that are based on the central questions lead to good estimates of the 

truee values in the sample, although there still is some overestimation. 

3.. Weighting on background variables and voter turnout at the national elections performs 

betterr than correction methods that only use background variables, but this seems not to be 

enoughh to get good estimates of the true sample values. 

4.. Extrapolation in general, performs at least as good as correction methods that are based on 

thee central questions. 

5.. With the exception of those variables measured directly by the central questions, for all 

otherr variables a higher response level leads to better estimates of the true sample values. 

6.. On the whole, weighting, hot deck imputation and multiple imputation perform equally 

well. . 

7.. The stronger the relation between the variables of interest and responding to me 

questionnaire,, the more important it wil l be to get an as high a response level as possible, 

too be able to arrive at good estimates of the true sample value. 
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6.66 Application of methods to correct for  bias in relations between variables 

Noww that we have shown that using correction methods based on the central questions lead to 

substantiallyy better estimates of the values of variables of interest in the sample than using no 

correctionn methods or correction methods that only use background variables, the next step is 

too investigate what using correction methods means for the relations between variables. In 

electionn research, often researchers are not only interested in the distribution of certain 

variabless in the population (for example voter turnout, political interest or political 

knowledge),, but also in the relations between these variables. For example, one might be 

interestedd to know whether a higher level of political interest or political knowledge leads to a 

higherr probability of voting in national or provincial elections, or whether a higher level of 

educationn leads to a higher political interest or political knowledge. 

Althoughh there can be nonresponse bias in the distribution of a variable, this does not 

necessarilyy have to mean that there is also nonresponse bias in the relation of this variable 

withh a third variable. As long as the relation between the two variables is the same among the 

respondentss and the nonrespondents, there will be no nonresponse bias. But when there is a 

relationn between response behaviour and a third variable that has an effect on the relation 

betweenn the two variables of interest, nonresponse bias can distort the relation found among 

thee respondents. To give an example: a researcher may be interested in the relation between 

politicall  interest and voter turnout. Now it so happens that this relation is different for people 

withh a high level of education than for people with a low level of education. If a relation 

existss between education and response behaviour, this can result in an underrepresentation of 

samplee elements with for example a low educational level among the respondents. In turn, 

thiss may lead to an estimated correlation between political interest and voter turnout among 

thee respondents mat is substantially higher or lower than the true correlation in the sample. 

Itt is important to know whether this potential for nonresponse bias in relations 

betweenn variables will be eliminated by the different correction methods that we have applied 

inn the previous paragraph. If so, the next question to be answered is whether the different 

correctionn methods perform equally well or whether some methods perform better than 

others.. We will try to answer these questions in two steps. First, we will see whether our data 

containn correlations between variables that differ among respondents and nonrespondents as a 

resultt of the relation between these variables and a third variable, and the relation of this third 

variablee and response behaviour. As we have already seen in Table 6.1, the level of political 

interestt is very different for the four response groups that we distinguished in die sample, 
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whichh implies the existence of a strong relationship between political interest and response 

behaviour.. This leads to the expectation that political interest may be a good candidate for 

beingg a third variable, so we decided to focus on the difference in relations between variables 

forr the politically interested and the politically not interested. Second, when such differences 

aree found, we wil l apply the following correction methods to these relations: weighting only 

onn background variables, weighting on background variables and voter turnout at the national 

electionss and weighting, hot deck imputation and multiple imputation using the central 

questions,, as these last three methods were the methods that seemed to perform best in 

correctingg nonresponse bias in the distribution of the variables of interest . 

6.6.11 Results 

Inn the first step, we have to show whether relations between variables are different under 

influencee of a third variable, in our case political interest. Table 6.4, in which the correlations 

betweenn several variables are pictured for the subgroup of those who are interested in politics 

andd the subgroup of those who are not, shows that, although there are differences, only a 

smalll  number of these (7.3 % of all correlations) is significantly different from each other45. 

Still,, the fact that we did find some correlations that differ significantly from each other, 

combinedd with our knowledge that there is a strong relationship between self-reported 

politicall  interest and response behaviour, presents some evidence that there might be a 

potentiall  for nonresponse bias in relations between variables. 

Thee most common methods used to study relations between variables in election 

researchh are correlations and regression. To see if it is worthwhile to use correction methods 

too eliminate nonresponse bias in relations, one should first know whether the potential for 

nonresponsee bias in relations actually resulted in bias, all the more so because so far we have 

onlyy found weak evidence for nonresponse bias in relations between variables. 

Thiss did not appear to be the case for correlations: although there were some minor 

differencess between correlations among the first group and second group of respondents and 

thee total sample, none of these was significantly at the 5%-level. So the correlations between 

thee variables in our study appear to be fairly robust for nonresponse bias. 

444 As it is not possible to correct relations between variables using extrapolation, we will not be able to use this 
correctionn method. 
455 To calculate if two correlations differed significantly from each other on a 5 %-level, we used a formula 
presentedd in Blalock (1960): Z=(0.5*ln((l+cl)/(l-cl))-0.5*ln((l+c2)/(l-c2)))/(sqrt(l/(nl-3Hl/(n2-3))). with cl 
beingg the first correlation. n2 the number of cases used in calculating the first correlation. c2 die second 
correlationn and n2 the number of cases used in calculating the second correlation. 
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Tablee 6.4 - A comparison of the correlations of voting in the 1998 national elections, self-reported political 
interest,, voting in the 1999 provincial elections, self-reported political knowledge, feelings of shame for not-
votingg and importance of voting and several background variables, for politically interested and not interested 
respondents s 

interestedinterested in 
politics politics 

votedvoted provincial 

pol.pol. knowledge 

import,import, voting 

ashdashd not voting 

age age 

urbanization urbanization 

gender gender 

hhhh composition 

education education 

ethnicity ethnicity 

valuevalue house 

yrsyrs in residence 

socialsocial cohesion 

votedvoted at 
national national 
elections elections 
not not 

interes interes 
ted ted 
.42 2 

(294) ) 
.13 3 

(185) ) 
.36 6 

(182) ) 
.14 4 

(178) ) 
.12 2 

(294) ) 
-.01 1 

(294) ) 
.14 4 

(294) ) 
-.01 1 

(294) ) 
.05 5 

(294) ) 
-.13 3 

(294) ) 
.05 5 

(294) ) 
-.17 7 

(292) ) 
.07 7 

(294) ) 

interes interes 
ted ted 

.34 4 
(551) ) 

.10 0 
(507) ) 

.28 8 
(504) ) 

.24 4 
(494) ) 

.12 2 
(551) ) 

-.16 6 
(551) ) 

.05 5 
(551) ) 

.15 5 
(551) ) 

.14 4 
(551) ) 

-.22 2 
(551) ) 

.16 6 
(551) ) 

-.18 8 
(547) ) 

.16 6 
(551) ) 

votedvoted at 
provincial provincial 
elections elections 
not not 

interes interes 
ted ted 

-.04 4 
(185) ) 

.23 3 
(182) ) 

.22 2 
(178) ) 

.24 4 
(294) ) 

-.05 5 
(294) ) 

.03 3 
(294) ) 

.02 2 
(294) ) 

.05 5 
(294) ) 

-.05 5 
(294) ) 

.10 0 
(294) ) 

-.21 1 
(292) ) 

.09 9 
(294) ) 

interes interes 
ted ted 

.16 6 
(507) ) 

.28 8 
(504) ) 

.26 6 
(494) ) 

.20 0 
(551) ) 

-.08 8 
(551) ) 

-.03 3 
(551) ) 

.08 8 
(551) ) 

.12 2 
(551) ) 

-.08 8 
(551) ) 

.12 2 
(551) ) 

-.18 8 
(547) ) 

.12 2 
(551) ) 

political political 
knowledge knowledge 

not not 
interes interes 

ted ted 

.03 3 
(178) ) 

-.02 2 
(174) ) 

-.03 3 
(185) ) 

-.13 3 
(185) ) 

-.16 6 
(185) ) 

.10 0 
(185) ) 

.11 1 
(185) ) 

-.12 2 
(185) ) 

-.06 6 
(185) ) 

.06 6 
(185) ) 

-.14 4 
(185) ) 

interes interes 
ted ted 

.15 5 
(499) ) 

.13 3 
(489) ) 

.05 5 
(507) ) 

-.14 4 
(507) ) 

-.13 3 
(507) ) 

.01 1 
(507) ) 

.18 8 
(507) ) 

-.17 7 
(507) ) 

.09 9 
(507) ) 

-.08 8 
(503) ) 

.10 0 
(507) ) 

importanceimportance of 
voting voting 

not not 
interes interes 

ted ted 

.36 6 
(176) ) 

.19 9 
(182) ) 

-.05 5 
(182) ) 

.14 4 
(182) ) 

.01 1 
(182) ) 

-.03 3 
(182) ) 

-.03 3 
(182) ) 

.10 0 
(182) ) 

-.12 2 
(182) ) 

.02 2 
(182) ) 

interes interes 
ted ted 

.39 9 
(492) ) 

.19 9 
(504) ) 

-.12 2 
(504) ) 

.04 4 
(504) ) 

.06 6 
(504) ) 

.12 2 
(504) ) 

-.09 9 
(504) ) 

.09 9 
(504) ) 

-.14 4 
(500) ) 

.08 8 
(504) ) 

ashamedashamed to 
admit admit having having 

notnot voted 
not not 

interes interes 
ted ted 

.17 7 
(178) ) 

.11 1 
(178) ) 

.15 5 
(178) ) 

.09 9 
(178) ) 

.02 2 
(178) ) 

-.07 7 
(178) ) 

.02 2 
(178) ) 

-.05 5 
(178) ) 

.00 0 
(178) ) 

interes interes 
led led 

.17 7 
(494) ) 

-.05 5 
(494) ) 

.09 9 
(494) ) 

.04 4 
(494) ) 

.15 5 
(494) ) 

-.09 9 
(494) ) 

.09 9 
(494) ) 

-.07 7 
(491) ) 

.04 4 
(494) ) 

Thee correlations that are in bold are significantly different from each other at the 5 %-level. 

Thee situation is somewhat different for regression equations. Because we wanted to compare 

thee actual values of the regression parameters in the total sample to those among the 

respondents,, we had to use regression equations that only contained variables for which data 

weree available for all cases. We used two regression equations. One in which political interest 

iss explained by the background variables age, gender, ethnicity, educational level, household 

composition,, value of the dwelling, numbers of years of residence in the current house, social 

cohesionn in the neighbourhood and level of urbanization, and one in which voter turnout at 

thee 1999 provincial elections is explained by voter turnout at the 1998 national elections and 

thee aforementioned background variables. For these two relations, it turned out that there 

weree some differences, particularly between the first group of respondents and the total 

sample,, as is shown in Table 6.5. 
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Thee most important difference in the first regression equation was the presence of a 

significantt effect of age on self-reported political interest among the first group of respondents 

(seee the second column of Table 6.5), an effect that turned out not to exist when the total 

samplee was used in the analysis (see the last column of Table 6.5). For the second regression 

equation,, the main difference was the fact that education did not have a significant effect on 

voterr turnout at the provincial elections among the respondents (see the second column of 

Tablee 6.6), but did have a significant effect on voter turnout when all sample elements were 

usedd (see the last column of Table 6.6). Although one can ask whether these differences are of 

majorr importance, they at least give us the opportunity to illustrate how well each of the 

correctionn methods performs with regard to correcting nonresponse bias in regression 

parameters. . 

Thee results of the five different correction methods are shown, for the 52 % and the 78 

%% response level, in Table 6.5 for the logistic regression with self-reported political interest as 

thee dependent variable, in Table 6.6 for the logistic regression voter turnout at the 1999 

provinciall  elections as the dependent variable. As self-reported political interest was one of 

thee central questions, we had this variable available for all sample elements that answered the 

centrall  questions, which means that the regression estimates obtained by the hot deck 

imputationn and multiple imputation methods are exactly the same for the 52 % and 78 % 

responsee levels. 

Fromm the results in Tables 6.5 and 6.6. three main conclusions can be drawn. 

First,, although the different correction methods using the central questions perform 

quitee well in correcting distributional nonresponse bias in the variable of interest, they seem 

barelyy to correct for nonresponse bias in regression parameters. Although there are some 

differencess between the uncorrected and the corrected parameters, this does not mean that the 

correctedd parameters are closer to the true parameters. On the contrary, sometimes die 

correctionn method cause parameters that were not significantly different from zero among the 

respondents,, or in the total sample, to become significantly different from zero. For example, 

thee effect of residential mobility on political interest, which was not significant among the 

firstt group of respondents, nor in the total sample, became significantly different from zero 

afterr weighting the first group of respondents, irrespective of which weighting method was 

used. . 

Second,, all correction methods, even the ones that only use background variables, 

seemm to perform equally well (or - perhaps better - worse). So this analysis does not bring us 
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anyy closer to pointing out a 'best correction' method. If this analysis shows anything, it is that 

alll  correction methods perform badly. 

Third,, despite the fact that the former two conclusions are quite negative for the 

correctionn power of the applied methods, there is also a more hopeful conclusion to draw 

fromm the results in Table 6.5 and 6.6. Although we found differences in parameters between 

thee first group of respondents and the total sample, we did not find any substantial differences 

inn parameters between the first and second group of respondents taken together and the total 

sample.. We have already reported above that correlations seem fairly robust to nonresponse 

biass and the same seems to be true for regression parameters, at least, when the response level 

iss reasonably high. 

6.77 Discussion 

Inn this paper, we set out to answer three questions. 

1.. Is it really necessary to correct for nonresponse bias? 

2.. What methods of correction for nonresponse bias perform best? 

3.. Is it really necessary to reapproach nonrespondents? 

Wee are now able to give the answers. 

Iff  a researcher is interested in the distribution of the values of a variable of interest, the 

answerr to the first question is a very clear "yes!". In our study we showed that for all variables 

off  interest, significant differences existed between respondents who had participated when 

theyy were approached the first time, those who had participated after a second, third or fourth 

contactt effort and those who did not respond at all. Had we not used correction methods in 

ourr study, we would have arrived at inaccurate conclusions, for example about the voter 

turnoutt at the 1998 national elections, self-reported political interest or the importance people 

attachh to voting in elections. 

Researcherss who are only interested in the relations between variables seem to have 

lesss reason to worry about nonresponse bias. In our study, it appeared that correlations 

betweenn variables were not really changed because of nonresponse bias, while in the 

regressionn equations very few parameters differed from the true parameter values in the total 

sample,, when only the first group of respondents were included in the analysis. Adding 

respondentss from groups that were later interviewed eliminated the nonresponse bias in the 

regressionn parameters altogether. 
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Thee answer to the second question, which correction methods perform best, can be 

splitt in two. The first part of the answer is that methods that use so-called central questions to 

correctt for nonresponse bias perform fairly well, while methods that only use background 

variabless perform much worse. The second part of the answer is that as long as central 

questionss are included in the correction method, it does not matter much whether weighting, 

hott deck imputation or multiple imputation is used: all methods perform equally well. The 

advantagee of weighting is that it is very easy to apply, whereas hot deck imputation and 

multiplee imputation require more effort on the part of the researcher. Although these methods 

aree also still quite simple to apply if the hot deck and multiple imputation methods that we 

suggestedd are used. The advantage of the imputation methods is that all elements in the 

samplee can be used, while with weighting, only those sample elements that have responded 

wil ll  be used: this will lead to a smaller number of cases available for analysis. 

Whenn one has no central question variables available, the use of extrapolation seems 

too be a good alternative as a correction method. Extrapolation can only be used when 

nonrespondentss have been reapproached at least once. The higher the final level of response 

is,, the better extrapolation will work. The main disadvantage of extrapolation is that one can 

onlyy correct the distribution of the variables of interest and not the relations between 

variables.. But as we saw, where the response level is reasonably high (around 75 %), 

nonresponsee bias in relations between variables is negligible, so that this does not have to be a 

problem. . 

Thee third question, whether it is really necessary to reapproach nonrespondents, is 

alreadyy implicitly answered above. A higher response level will not only lead to less 

nonresponsee bias, both in the distribution of variables and the relations of variables, but also 

too better performance of the correction methods. Our study demonstrated that a response level 

off  around 75 % is enough to eliminate possible response bias in relations between variables, 

andd to arrive at corrected estimates of the distribution of the variables of interest that are very 

closee to the true value in the sample, especially when central questions are used in the 

correctionn methods. 

Thee general conclusions of our study, taking into account the limitations of our data 

(thee specific subject of our study - elections - and the fact we had to rely on three different 

kindss of data collection methods to gather the data), are that in survey research: 

1.. one should always reapproach nonrespondents who refused to participate when they were 

contactedd for the first time, in order to try to reach a response level of 75 % (for example, 
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too give people an opportunity to fill  in a substantially shorter version of the original 

questionnaire,, leaving out these variables that are less important for the study); 

2.. one should ask nonrespondents to answer at least one or two questions that are central to 

thee study and of which it is expected that they may have a strong relation to response 

behaviourr - so that these variables can be used in correcting for nonresponse bias; 

3.. one should try to get as much information as possible about all sample elements from 

externall  sources - if possible, in election research, the validated voter turnout; 

4.. weighting, hot deck imputation and multiple imputation perform equally well, so can all be 

used,, as long as for a substantial part of the nonrespondents answers on central questions 

aree available. 
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Appendixx 6.1 

Thee exact wording of the questions that were used for the variables self-reported level of 

politicall  knowledge, the presence of feelings of shame when one has to admit that one has not 

votedd and the importance one attributes to voting. 

Self-reportedSelf-reported level of political knowledge 

Cann you indicate how far you agree with the statement: 

"ii  think I have a good overview of the most important political problems in our country" 

1.. agree 
2.. somewhat agree 
3.. don't agree, don't disagree 
4.. somewhat disagree 
5.. disagree 

TheThe presence of feelings of shame when one has to admit that one has not voted 

Howw far would you be ashamed if you had to admit not having voted without any good reason 

att an election? 

1.. I would be very ashamed 
2.. I would be fairly ashamed 
3.. I would be somewhat ashamed 
4.. I would hardly be ashamed 
5.. I would not be ashamed at all 

TheThe importance one attributes to voting 

Howw important is it in your opinion that almost all citizens are going to vote at elections? 

1.. Very important 
2.. Somewhat important 
3.. Neutral 
4.. Somewhat unimportant 
5.. Very unimportant 
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Chapterr  7 

Ann alternative approach to correcting response and 

nonresponsee Mas in election research 

7.11 Introductio n 

Eachh survey researcher is confronted with nonresponse bias. In the field of election research, 

thesee biases are also a well-known problem. A common feature of election research is that the 

dataa are not only used by the researchers responsible for designing and conducting the survey, 

butbut also by many other social scientists. Because of the wide use of election survey data, it is 

customaryy to include (nonresponse) weights in the data file, so that secondary data analysts do 

nott have to calculate weighting coefficients themselves. Researchers who want to take 

nonresponsee bias into account in their analysis are given the possibility to use these weights. 

Althoughh there is strong indication that response bias, and more specifically bias caused by 

answerr effects and stimulus effects, is also present in election survey data (see chapter 2, and 

alsoo Jackman, 1999; Marsh, 1985; Swaddle and Heath, 1989; Traugott and Katosh, 1979), 

thesee data sets never contain instruments to correct for these biases. 

Thiss means that, even after correcting for nonresponse bias, response bias will still be 

presentt in the data. Besides, there is also the more specific problem that in the calculation of 

nonresponsee weights, possible response bias in the data is not taken into account. When only 

backgroundd variables are used in calculating nonresponse weights, this does not have to be 

suchh a problem, as there is not much evidence that mere is much response bias in background 

variabless like age, sex or educational level (Asher, 1974). The problem may be more serious 

whenn more substantial variables are included in the weighting variable - and, as usually 

weightingg using only background variables is not sufficient to correct for nonresponse bias 

(seee chapter 6), this is a condition for weights that have a high correction power. In election 

studies,, voter turnout at the elections is normally used in calculating the weights, as the 

populationn values of this variable are known and because it is believed that there may be a 

relationn between the nonresponse process and voting at the elections. In the literature it has 

beenn shown many times that voter turnout can be overreported by stimulus effects (see for 

examplee chapter 2 and also Clausen, 1968; Granberg and Holmberg, 1992; Greenwald et al., 

1987;; Traugott and Katosh, 1979; Yalch, 1976) and answer effects - particularly by conscious 
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orr unconscious misreporting of voting behaviour, especially by nonvoters (see for example 

Bernsteinn et ah, 2001; Hill and Hurley, 1984; Silver et al., 1986; Traugott, 1989). 

Whenn weights are being constructed, without taking this into account, the weighting 

valuesvalues will get more extreme than they would have been if overreporting and stimulus effects 

wouldd not have been present in the data. In fact, by ignoring response bias and by using a 

variablee that might be seriously biased by answer and stimulus effects in calculating the 

weights,, one implicitely assumes that the nonresponse weights will also correct possible 

responsee bias. It is clear that this assumption is at the very least dubious, and probably 

completelyy wrong. 

Inn this chapter we set out to solve this problem and to arrive at a procedure that 

correctss for both nonresponse and response bias. First we will describe a general procedure to 

correctt for nonresponse bias in election research and the problems caused by stimulus effects 

andd answer effects one is faced with in applying it. Next, we will demonstrate what the 

consequencess will be of correcting for nonresponse bias, without taking response bias into 

account.. Then we will develop methods to correct for bias caused by stimulus effects and 

answerr effects. The integrated correction procedure that we will arrive at, is illustrated using 

dataa from the 1998 Dutch National Election Study. We will discuss if we can use this 

proceduree for more general election study data sets. Finally we will give an overview of ways 

too prevent response and nonresponse bias in election research and to further improve the 

methodss for correcting bias. 

7.22 Correcting for  nonresponse bias 

Nonresponsee may lead to nonresponse bias. If this is the case, it will be necessary to correct 

forr this bias. Not all variables will be biased by nonresponse. In general, nonresponse bias 

onlyy exists when there is a relation between the variables of interest and the nonresponse 

process,, or, in other words, between the variables of interest and the reasons why people do 

nott participate in the survey. There are several ways in which one can determine if such a 

relationn exists, and if so, to correct for i t 

Iff  population values are known for the variables of interest, it is possible to compare 

thesee values with the values found among the respondents. When these values differ 

significantlyy from each other, one can conclude that there is a relation between these variables 

andd the nonresponse process. The only variables of interest in election research, for which 
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populationn values are known, are voter turnout variables. This means that most weights in 

electionn studies only include voter turnout and some general background variables, like age, 

gender,, education and urbanization. 

Iff  no population values are known, a possible approach is to use certain groups of 

respondentss as approximations of the nonrespondents. When diese groups differ significantly 

fromm the rest of the respondents, there may be a relation between the variable of interest and 

thee nonresponse process. Examples of groups that can be used as approximations of the 

nonrespondentss are respondents that first refused to participate in the survey, but later were 

persuadedd to participate (Filion, 1976; Lin and Schaeffer, 1995; Smith, 1983; Smith, 1984) and 

panell  dropouts (see chapter 2 and also Taris, 1996; Taris, 1997). 

Ann alternative approach is to conduct a so-called nonresponse study: nonrespondents 

aree reapproached by an interviewer and asked to answer a substantially shorter version of the 

questionnaire.. This shorter version includes the most important variables of the study. This 

nonresponsee study can be used to find out whether there are significant differences between 

thee respondents and the nonrespondents on these variables. If this is the case, this can be 

consideredd strong evidence that a relation exists between these variables and the nonresponse 

process.. The results of the nonresponse study can also be used to correct nonresponse bias, by 

includingg these central questions in the weights used to correct nonresponse bias. 

Inn chapter 5 we modeled the nonresponse process for election research and found two 

mainn factors that are most important in determining this process: social involvement and 

attachmentt to society. These factors also show that voter turnout variables are good indicators 

forr attachment to society and that political interest is strongly related to social involvement. 

Thiss means that voter turnout and political interest are variables that may be very suitable to 

usee in correcting for nonresponse bias. That this is indeed the case was demonstrated when 

correctionn methods including voter turnout and political interest were compared with 

traditionall  correction methods that only include background variables, or only background 

variabless and voter turnout (see chapter 6). 

However,, before being able to use substantial variables like voter turnout and political 

interestt in correction procedures for nonresponse bias, one first has to solve three important 

problems. . 

Thee first problem is the fact that the nonresponse study will not have complete 

responsee - so we are still left with some nonrespondents for whom we do not know if they 

havee voted and what their level of political interest is. This problem can be handled in two 

ways.. The first possibility is to take the results found among the respondents of the 
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nonresponsee study as being representative for the total nonresponse group. One can question 

iff  this is a realistic assumption, as there is evidence that die-hard nonrespondents differ from 

moree willing nonrespondents (see chapter 4 and Goudy, 1976; Pavalko and Lutterman, 1973; 

Traugott,, 1987). The second possibility is to use extrapolation. In chapter 6 we showed that 

byy using the so-called last respondent method (see Armstrong and Overton, 1977) it was 

possiblee to arrive at reasonably accurate estimates of the distribution of voting behaviour and 

politicall  attitude variables in the total population. If we consider the respondents of the main 

studyy as the first extrapolation group and the respondents of the nonresponse study as the 

secondd extrapolation group, we can estimate the values on for example the level of political 

interestt in the total sample using the last respondent extrapolation method. 

Thee second problem is the possible existence of a stimulus effect. In the case of 

electionn studies that have for example both a pre-election and a post-election questionnaire, it 

iss possible that participation in the pre-election questionnaire will lead to a change in the 

behaviourr or attitude of the respondent, even more so when the subject of the study is known 

too be influenced by social desirability, as is the case with voting and political attitudes 

(Granbergg and Holmberg, 1992; Greenwald et al., 1987; Traugott and Katosh, 1979). When 

thee variables that are used in calculating the weights, in this case voter turnout and political 

interest,, are part of the post-election questionnaire, it means that these variables could be 

biasedd as a consequence of a stimulus effect. 

AA third problem, that is partly related to the previous one, is the possibility of so-called 

answerr effects, response bias caused by the tendency of people to give socially desirable 

answerss that are not in line with their true behaviour or attitudes. Voter validation studies in 

countriess like the USA (Abramson and Claggett, 1989; Belli et al., 2001; Traugott, 1989), the 

Unitedd Kingdom (Collins and Sykes, 1987) and Sweden (Andersson and Granberg, 1997; 

Granbergg and Holmberg, 1991) have for example shown that in election research a substantial 

groupp of nonvoters claims to have voted - in most studies, this group is as large as 20 %. It is 

moree difficult to know how many people overreport their level of political interest, as there is 

noo objective measure available for political interest. 

Whatt are the possible effects of overreporting as a result of answer effects or of 

stimuluss effects on the calculation of weights? Overreporting may lead to overly high reports 

off  voter turnout in the sample. This wil l increase the weights for nonvoters and reduce the 

weightss for voters. For those variables that were asked in the post-election questionnaire, 

stimuluss effects may lead to higher levels of political involvement and possibly to a more 

positivee attitude towards politics and elections. Stimulus effects can also lead to lower levels 



167 7 

off  political self-confidence (see chapter 2). So the consequence of answer and stimulus effects 

wil ll  be that respondents with a low level of political involvement, a negative attititude 

towardss politics and elections or a high level of political selfconfidence will be overweighted, 

andd the opposite groups will have weights that are too small. 

Ass nonresponse bias is also known to lead to an overestimation of voter turnout, 

politicall  involvement and more positive attitudes towards politics (see chapter 1 and Smeets, 

1995),, this seems on face value to be no reason for concern. Weighting for nonresponse bias 

wil ll  correct this overestimation. However, there is still reason for concern. Those people who 

havee changed their behaviour or attitude due to their participation in the pre-election 

questionnairee and those people who have misreported their behaviour or attitude are treated in 

thee weighting as if they are exactly the same as true voters, those who are politically involved 

andd those with a positive attitude towards politics - while in fact, they are not. 

Pastt research into characteristics of misreporters of voter turnout showed that these 

peoplee are not like true voters, nor like true nonvoters (Anderson and Silver, 1986; Belli et al, 

2001;; Granberg and Holmberg, 1991; Silver et al., 1986). They are in between the two 

groups.. People that change their behaviour or attitudes due to a stimulus effect also differ 

fromm those who do not change. They are generally less educated, less interested in politics and 

havee a lower level of political self-confidence than those who do not change their behaviour 

(seee chapter 2 and Clausen, 1968; Granberg and Holmberg, 1992). Still, as these groups are 

relativelyy small (misreporters make up around 5 % of the total sample, the size of the group 

thatt changes its behaviour due to a stimulus effect is probably around 10 %), it is still possible 

thatt the effect on the weighting coefficients is only small. In the following paragraphs, we wil l 

testt whether this is indeed the case. 

733 Consequences of bias in the weights due to a stimulus effect 

Inn chapter 2 we demonstrated the existence of a stimulus effect in the post-election 

questionnairee of the 1998 Dutch National Election Study (DNES), by comparing the 

respondentss of the main study of the 1998 DNES with a control group that had only been 

questionedd after the elections. We will use the same data to examine whether weighting using 

aa variable of which it is known that it has been biased by a stimulus effect - voter turnout at 

thee national elections - wil l lead to different results in the main study and in uie control 

group. . 



168 8 

Tablee 7 . 1- Comparison of the unweighted estimates and the estimates obtained by weighting on 
reportedd voter turnout using a selection of respondents from die Dutch National Election Studies 
(thee experimental group) and from a control group. 

UnweightedUnweighted Weighted Difference 
NES NES Control Control 

group group 
NESNES Control 

group group 
NESNES Control 

Group Group 
VotedVoted in J 998 national elections 
yess 93.4 
noo 6.6 
Totall  241 

Self-reportedSelf-reported political interest: are you interestec 
yess 79.7 
noo 20.3 
Totall  251 

VotedVoted in 1998 local elections 
yess 86.1 
noo 13.9 
Totall  251 

82.1 1 
17.9 9 
251 1 

inin politics 
79.7 7 
20.3 3 
251 1 

86.1 1 
13.9 9 
251 1 

73.2 2 
26.8 8 
241 1 

74.6 6 
25.4 4 
241 1 

76.1 1 
23.9 9 
241 1 

PoliticalPolitical self-confidence: politics are too complicated for me 
agreee 61.0 
disagreee 39.0 
Totall  241 

PoliticalPolitical efficacy: Politicians are not interesled in 
agreee 35.1 
disagreee 64.9 
Totall  239 

52.8 8 
47.2 2 
248 8 

65.4 4 
34.6 6 
241 1 

mymy opinion 
46.0 0 
54.0 0 
235 5 

35.7 7 
64.3 3 
240 0 

73.3 3 
26.7 7 
251 1 

77.8 8 
22.2 2 
251 1 

84.2 2 
15.8 8 
251 1 

54.2 2 
45.8 8 
248 8 

46.0 0 
54.0 0 
234 4 

-20.2 2 
+20.2 2 

-5.1 1 
+5.1 1 

-10.0 0 
+10.0 0 

+4.4 4 
•4•4 A 

+0.6 6 
-0.6 6 

-8.8 8 
+8.8 8 

-1.9 9 
+1.9 9 

-1.9 9 
+1.9 9 

+1.4 4 
-1.4 4 

0 0 
0 0 

Too test this, we have compared the results of weighting using voter turnout to correct for 

nonresponsee bias in the main study (with stimulus effects present in the variable on which we 

weight)) and weighting using voter turnout in the control group (with stimulus effects absent in 

diee variable on which we weight). Table 7.1 gives the unweighted (columns 2 and 3) and 

weightedd (columns 4 and 5) distributions on five substantial variables and the differences 

betweenn the two, for both the DNES and the control study. From Table 7.1 it is clear that the 

changee after weighting is much larger in the main study than in the control group, especially 

forr political interest and voting at the 1998 local elections. This same process we also see in 

Tablee 7.2, which contains the correlations within the two groups before and after weighting. 

Thee differences in correlations that already existed between the two groups are reinforced by 

thee weighting process. When the correlations of the unweighted main study and control 

groupss are compared, none of the correlations differs significantly from each other. But when 

thee two groups are compared after correcting for nonresponse bias, three out of ten 

correlationss differ. The most remarkable change is that the correlation between 'voting at the 

nationall  elections' and 'voting at the local elections' becomes much higher in the main study 

afterr weighting, while this correlation barely changes in the control group. 
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Tablee 7.2 - Comparison of the correlations between the variables of interest before and after weighting on 
reportedd voter turnout using a selection of respondents from the Dutch National Election Studies (the 
experimentall  group) and from a control group. 

Votedd in 1998 national elections - self-reported 
politicall  interest 
Votedd in 1998 national elections - voted in 1998 local 
elections s 
Votedd in 1998 national elections - political self-
confidence e 
Votedd in 1998 national elections - political efficacy 

Self-reportedd political interest - voted in 1998 local 
elections s 
Self-reportedd political interest - political self-
confidence e 
Self-reportedd political interest - political efficacy 

Votedd in 1998 local elections - political self-
confidence e 
Votedd in 1998 local elections - political efficacy 

Politicall  self-confidence - political efficacy 

NES NES 
unweighted unweighted 

.155 5 
(241) ) 
.387 7 

(241) ) 
.111 1 

(241) ) 
-.013 3 
(239) ) 
.340 0 

(251) ) 
.235 5 

(241) ) 
-.169 9 
(239) ) 
.188 8 

(241) ) 
-.097 7 
(239) ) 
-.210 0 
(239) ) 

Control Control 
group group 

unweighted unweighted 
.203 3 

(251) ) 
.232 2 

(251) ) 
.122 2 

(248) ) 
-.004 4 
(235) ) 
.368 8 

(251) ) 
.233 3 

(248) ) 
.003 3 

(235) ) 
.118 8 

(248) ) 
.042 2 

(235) ) 
-.244 4 
(234) ) 

NES NES 
weighted weighted 

.255 5 
(241) ) 
.548 .548 

(241) (241) 
.202 2 

(241) ) 
-.023 3 
(240) ) 
.425 5 

(241) ) 
.299 9 

(241) ) 
-.216 -.216 
(240) (240) 
.195 5 

(241) ) 
-.219 -.219 
(240) (240) 
-.239 9 
(240) ) 

Control Control 
group group 

weighted weighted 
.227 7 

(251) ) 
.254 .254 

(251) (251) 
.141 1 

(248) ) 
-.004 4 
(234) ) 
.411 1 

(251) ) 
.241 1 

(248) ) 
.009 .009 

(234) (234) 
.131 1 

(248) ) 
.044 .044 

(234) (234) 
-.239 9 
(233) ) 

Thee results mean that the possibility of stimulus effect bias when nonresponse weights are 

computedd should not be ignored. One can even question whether weighting in election 

researchh that has both a pre- and a post-election questionnaire does not have more 

disadvantagess than advantages. A way to overcome this problem is to use only variables that 

havee been asked in me pre-election questionnaire in the correction procedure, which 

eliminatess further bias by weighting of the relationships between variables. This means that 

voterr turnout, which is the focus of the election study, cannot be used in the correction 

procedure. . 

7.44 Consequences of bias in the weights due to misreporting 

Too be able to test whether answer effects lead to serious bias in nonresponse weights, we have 

too compare the results after correction, using weights based on variables that are unbiased 

withh the results after correcting, using weights based on variables mat are biased by 

misreporting.. The Zaanstad validation study that was used in the previous chapters, offers us 

thiss opportunity. In this data file both validated (true) voter turnout and self-reported (thus 

overreported)) voter turnout are available. In Table 7.3 the estimates obtained by weights 

basedd on the validated voter turnout for response levels of 52 % and 78 % are compared with 
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thee estimates obtained by using weights based on the reported voter turnout. Table 7.3 shows 

thatt the differences obtained are only small. 

Tablee 7.3 - Comparison of estimates obtained by weighting on background variables 
andd true voter turnout and on background variables and reported voter turnout. 

VotedVoted in J 998 national elections 
yes s 
no o 
Total l 

Self-reportedSelf-reported political interest: are 
yes s 
no o 
Total l 

VotedVoted in 1999 provincial elections 
yes s 
no o 
Total l 

Self-reportedSelf-reported political knowledge 
littl e e 
fair r 
good d 
Total l 

5252 % response 
True True 

turnout turnout 

74.5 5 
24.5 5 
470 0 

Reported Reported 
turnout turnout 

74.5 5 
24.5 5 
470 0 

7878 % response 
True True 

turnout turnout 

74.5 5 
24.5 5 
704 4 

youyou interested in politics ? 
76.1 1 
23.9 9 
467 7 

41.2 2 
58.8 8 
470 0 

24.0 0 
34.4 4 
41.6 6 
466 6 

75.4 4 
24.6 6 
467 7 

39.8 8 
60.2 2 
470 0 

24.4 4 
35.0 0 
40.6 6 
464 4 

DoDo you feel ashamed when you have to admit that you did 
no o 
somewhat t 
yes s 
Total l 

DoDo you think voting is important? 
noo / neutral 
yes s 
yes,, very 
Total l 

33.8 8 
24.4 4 
41.8 8 
454 4 

10.5 5 
24.2 2 
65.3 3 
463 3 

35.8 8 
24.7 7 
39.5 5 
456 6 

11.9 9 
24.7 7 
63.3 3 
460 0 

70.9 9 
29.1 1 
701 1 

40.6 6 
59.4 4 
704 4 

28.2 2 
30.5 5 
41.2 2 
694 4 

notnot vote 
38.6 6 
25.3 3 
38.2 2 
674 4 

17.3 3 
26.0 0 
58.2 2 
688 8 

Reported Reported 
turnout turnout 

74.4 4 
24.6 6 
695 5 

69.8 8 
30.2 2 
692 2 

39.7 7 
60.3 3 
695 5 

29.0 0 
30.3 3 
40.6 6 
686 6 

J J 

37.5 5 
25.4 4 
37.1 1 
671 1 

18.6 6 
24.7 7 
56.8 8 
684 4 

Sample Sample 

74.5 5 
24.5 5 

65.2 2 
34.8 8 

39.5 5 
60.5 5 

Inn Table 7.4 we have compared the correlations obtained after weighting using the two 

differentt weights. The results in Table 7.4 show that weighting using reported voter turnout 

leadss to higher correlations between voter turnout and feeling ashamed when admitting to not 

havingg voted (although only the difference for the 78 % response level is significant), self-

reportedd political knowledge (although not significantly so) and, for the 78 % response level, 

politicall  interest. So people who feel ashamed when admitting they have not voted, who claim 

too have knowledge of and to be interested in politics, have the tendency to overreport voting 

moree often. These people bring their electoral behaviour in Une with their attitude towards 
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elections,, even when in reality attitude and behaviour are not. This result is similar to those 

Swaddlee and Heath (1989) reported for British election study. 

Thee conclusion is that, as far as univariate parameters go, weighting on a variable that 

iss biased by misreporting due to answer effects leads to only very small differences compared 

too weighting on a variable that is unbiased, at least in this case. For multivariate parameters 

thatt involve the variable that is used in weighting and variables that are related to that 

variable,, correlations can change due to using biased variables in constructing the weights. 

Tablee 7.4 - Comparison of the correlations between the variables of interest obtained by weighting on 
backgroundd variables and true voter turnout and on background variables and reported voter turnout 

Votedd in 1998 national elections - self-reported 
politicall  interest 
Votedd in 1998 national elections - voted in 1999 
provinciall  elections 
Votedd in 1998 national elections - self-reported 
politicall  knowledge 
Votedd in 1998 national elections - ashamed of 
admittingg to not voting? 
Votedd in 1998 national elections - voting important? 
Self-reportedd political interest - voted in 1999 
provinciall  elections 
Self-reportedd political interest - self-reported political 
knowledge e 
Self-reportedd political interest - ashamed of admitting 
too not voting? 
Self-reportedd political interest - voting important? 
Votedd in 1999 provincial elections - self-reported 
politicall  knowledge 
Votedd in 1999 provincial elections - ashamed of 
admittingg to not voting? 
Votedd in 1999 provincial elections - voting important? 
Self-reportedd political knowledge - ashamed of 
admittingg to not voting? 
Self-reportedd political knowledge provincial elections 
-- voting important? 
Ashamedd of admitting to not voting? - voting 

%% 52 
response response 

truetrue voter 
turnout turnout 

.174 4 

.188 8 

.315 5 

.368 8 

.445 5 

.253 3 

.266 6 

.255 5 

.185 5 

.193 3 

.183 3 

.142 2 

.424 4 

.372 2 

.336 6 

%52 %52 
response response 
reported reported 

voter voter 
turnout turnout 

.180 0 

.201 1 

.413 3 

.437 7 

.421 1 

.251 1 

.276 6 

.273 3 

.193 3 

.218 8 

.197 7 

.150 0 

.430 0 

.397 7 

.348 8 

%% 78 
response response 

truetrue voter 
turnout turnout 

.228 .228 

.174 4 

.281 1 

.374 .374 

.387 7 

.276 6 

.373 3 

.422 2 

.195 5 

.188 8 

.213 3 

.166 6 

.478 8 

.306 6 

.315 5 

%78 %78 
response response 
reported reported 

voter voter 
turnout turnout 

.341 .341 

.209 9 

.356 6 

.488 .488 

.331 1 

.281 1 

.379 9 

.428 8 

.201 1 

.194 4 

.222 2 

.170 0 

.480 0 

.309 9 

.316 6 

7.55 How to correct for  bias caused by stimulus effects and misreporting 

Noww that we have come to the conclusion that correcting for nonresponse bias using variables 

thatt are biased by stimulus or answer effects will not lead to unbiased results after correcting, 

itt is clear that we should first correct for bias caused by stimulus and answer effects, before 
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wee can correct for nonresponse bias. The question is what method we should use to correct for 

thiss bias. 

Weightingg does not seem to be an option, as the basic idea behind weighting is to give 

respondentss that belong to a certain group that is underrepresented more importance in the 

analysiss and respondents that belong to a group that is overrepresented less importance. But 

withh response bias, of which stimulus and answer effects are special cases, the problem is not 

thatt certain groups are over- or underrepresented among the respondents, but that some 

respondentss changed their attitude or behaviour as a result of participating in the study, or 

reportedd a behaviour or attitude that is not in line with their true behaviour or attitude. 

Inn survey research, and more especially in election studies, both selection process and 

transformationn processes take place (see chapter 3 and Saris, 1997). In selection processes, 

certainn groups are 'selected' with a smaller probability than others. Nonresponse is an 

examplee of a selection process. Bias caused by selection processes can be corrected by giving 

groupss of respondents that have a smaller probability of being 'selected'' (i.e. to respond) a 

higherr weight and groups of respondents that have a higher probability of being 'selected' a 

lowerr weight. 

Inn transformation processes, the behaviour or attitude of certain groups is transformed 

too a different behaviour or attitude. Stimulus effects and answer effects are examples of 

transformationn processes. Stimulus effects cause the behaviour or attitude of the respondent or 

thee report of the behaviour or attitude by the respondent to change (i.e. to be 'transformed'), 

answerr effects cause the report of the behaviour or attitude to be different from the true 

behaviourr or attitude: the true behaviour is transformed to a different reported behaviour. Bias 

causedd by transformation processes can only be corrected by substituting the transformed 

behaviourr or attitude with the behaviour or attitude of the respondent before the 

transformationn process took place. 

Withh this in mind, there seems to be only one way to deal with bias caused by a 

stimuluss effect: to detect the group that has changed its behaviour or attitude as a result of this 

stimuluss effect, and to correct its answers by substituting these with the answers the members 

off  the group would have given, had they not been participating in the study. The same 

reasoningg holds for answer effects, but in this case the respondents who have to be detected 

aree diose that report a behaviour or attitude that differs from their true behaviour or attitude. 

Whatt kind of respondents will be liable for a stimulus effect? In chapter 2 it was 

shown,, in line with the theory put forward by Zaller (1992), that people who do not have a 

strongg opinion or a high knowledge about the subject of the study are most inclined to change 
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theirr behaviour or their attitude as a result of their participation in that study. For election 

studies,, we are looking for people that report a low score on political knowledge and political 

involvementt in the pre-election study, and a high(er) score on political involvement in the 

post-electionn study. 

Althoughh political self-confidence has a positive relationship with political 

involvement,, in chapter 2 we argued that participating in a pre-election questionnaire can lead 

too a fall in the level of political self-confidence of some respondents. As the respondents wil l 

bee exposed to a great deal of information about politics in the pre-election questionnaire, they 

mayy get the feeling that politics is too complicated for them to fully understand. For example, 

thee fact that the pre-election questionnaire of the 1998 Dutch National Election Study 

containedd many political knowledge questions (for example, questions about the the European 

Union,, Dutch political leaders and the stance of political parties on issues like immigration, 

abortionn and foreign policy) will further reinforce this effect (see also Bishop et al, 1984). 

Hence,, we expect that there will be a group of people that wil l move towards a higher 

levell  of political involvement and a more positive attitude towards politics, as a consequence 

off  stimulus effects. Besides this group, there will also be a group of people that will move to a 

lowerr level of political self-confidence. The first group we will label as 'the risers' (as they 

risee on the political ladder or, become more involved), the second group as 'the downers' (as 

theyy go down die political ladder as a result of feeling less self-confident about politics). 

'Thee risers' can be detected by selecting those people who have a higher level of 

politicall  involvement in the post-election questionnaire than one would expect based on their 

levell  of political involvement or political knowledge in the pre-election questionnaire. 'The 

downers'' can be detected by selecting those people that have a lower level of political self-

confidencee in the post-election questionnaire than in the pre-election questionnaire. When the 

potentiall  'risers' and 'downers' have been detected one can correct all political behaviour and 

attitudee variables that have been asked in the post-election questionnaire. 

Thee basic idea behind the correction procedure is that for those respondents whose 

levell  of political involvement and political self-confidence seemed to have changed the most 

ass a result of the stimulus effect, the bias in the political involvement and attitude variables 

wil ll  also be the greatest The correction procedure should take this into account. 

Thee detection of respondents that are more liable to be influenced by answer effects is 

lesss straightforward. Past research shows that answer effects occur mainly in connection with 

questionss about sensitive behaviour (that is underreported) or behaviour and attitudes that are 

consideredd as socially desirable (that are overreported) or socially undesirable (mat are 
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underreported).. As voting in many cultures is considered to be socially desirable behaviour 

(Presser,, 1990; Sudman and Bradbum, 1974), it comes as no surprise that voter validation 

studiess have shown that answer effects lead to overreporting of voter turnout in election 

research.. It is not impossible that for other variables, also attitudinal variables, answer effects 

exist,, but as it is not possible to validate the answers of the respondents on attitudinal 

questionss through an external check - as can be done for voter turnout - it is not easy to detect 

suchh answer effects. Some experiments have been done with methods especially designed to 

measuree sensitive behaviour, for example the random response method, but this is beyond the 

scopee of this paper. 

Thee most obvious way to detect the misreporters due to answer effects is to execute a 

voterr validation study as part of the election study. When there is no voter validation study 

available,, it will be much more difficult to detect the misreporters. A possible solution is to 

usee knowledge about the characteristics of people that misreport from previous voter 

validationn studies (see for example Jackman (1999) who developed a method to estimate the 

amountt of measurement error using historical validation studies). 

Anotherr approach is to use a social desirability scale, as the respondents that have a 

highh score on this scale are probably the ones who are most liable to misreport their behaviour 

causedd by a tendency to give socially desirable answers. A social desirability scale that could 

bee used is the one developed by Marlowe and Crowne (1964) or the later adapted shorter 

versionss of this scale (Reynolds, 1982; Strahan and Gerbasi, 1972). The problem is that this 

scalee can only be used when variables that define this scale are present in the data file. For 

mostt election studies, this will not be the case. 

7.66 An illustratio n of the integrated correction procedure 

Noww that we have established an approach to deal with bias caused by stimulus effects and 

answerr effects, we wil l illustrate an integrated correction procedure that will correct for both 

responsee and nonresponse bias, using the data of the 1998 Dutch National Election Study. As 

thee 1998 DNES incorporated a nonresponse study and a stimulus effect study, these data seem 

suitablee for illustrating such a correction procedure. It should be realized that the 1998 DNES 

didd not take the idea of an integrated correction procedure into account in the research design. 

Thiss limits the means available to come to an optimal correction procedure. Still, it wil l be 

possiblee to examine in what respect an integrated correction method that takes both response 
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andd nonresponse bias into account performs better than traditional correction methods that 

onlyy take nonresponse bias into account. Before answering this question, we will start with a 

shortt description of the research design of the 1998 DNES. 

7.6.11 The 1998 Dutch National Election Study 

Thee 1998 Dutch National Election Study (DNES) was the first in which it was decided to 

makee some adaptions in the traditional design of the study in order to learn more about the 

magnitudee of possible nonresponse bias and the existence of stimulus effects. From the end of 

1980ss on, criticism of the DNES had been increasing, due to the growing nonresponse rate 

(Visscher,, 1995). By the time of the 1998 DNES, it was clear to the researchers involved in 

thee Dutch National Election Study that something had to be done about the rising 

nonresponse:: not only to try to keep it to a minimum, but also to gain more insight into the 

possiblee bias caused by it. It was decided to use a different sampling frame than in the past: 

thee election register. Through the election register, information about general characteristics 

off  the people in the sample could be obtained. This made it possible to compare respondents 

andd nonrespondents on these characteristics. As it was especially important to compare these 

twoo groups on variables that are directly linked to the main subject of the study - election 

behaviourr -, a nonresponse study was added to the research design. All nonrespondents were 

phonedd by an interviewer and asked to answer a small number of simple questions about their 

electorall  behaviour and atttitude towards politics and elections. The results of this 

nonresponsee study could be compared to the results of the main study of the DNES. In this 

way,, the researchers could gain more insight into the nonresponse bias in the main study. 

Ann additional advantage of this nonresponse study was that it would be possible to use 

thee results to correct for nonresponse bias. For calculating the 'official' weights included in 

thee 1998 DNES data set, the results of the nonresponse study were still not used - only 

backgroundd characteristics and voter turnout (so variables of which the population values 

weree known) were taken up in the weights. 

Besidess a nonresponse study, the 1998 DNES also contained a stimulus effect study. 

Inn this study, a control group comparable to the 1998 DNES main sample was interviewed 

usingg a questionnaire comparable to that used in the nonresponse study. The goal of the 

stimuluss effect study was to investigate whether stimulus effects existed in the 1998 DNES. If 

thiss was the case, the stimulus effect study would make it possible to gain insight into the 

magnitudee of this bias and to discern some patterns in this bias - concerning the direction of 



176 6 

thee bias and the group of respondents that seems to be affected mostly by the stimulus effects. 

Usingg the results of the stimulus effect study, we demonstrated in chapter 2 that a stimulus 

effectt was indeed present in the 1998 DNES. 

Bothh nonresponse study and stimulus effect study were done by phone, while the main 

studyy was done face-to-face. It is possible that differences found between the several studies 

mayy be due to method effects instead of indicating real differences between the two groups. In 

chapterr 3, it was demonstrated in an election study comparable to the DNES, that differences 

betweenn people interviewed by phone and people interviewed face-to-face were more 

probablyy caused by the moment that these interviews were conducted and by motivational 

differencess of the respondents than by a method effect. This is in line with other studies in 

whichh no method effects are found for telephone versus face-to-face surveys (for example De 

Leeuw,, 1992; De Leeuw and Van der Zouwen, 1988; Greenfield et al, 2000; Groves and 

Kahn,, 1979; Hochstim, 1967; Reubrand and Blassius, 1996). We will assume that the results 

off  the main study, the nonresponse study and the stimulus effect study can be compared. 

7.6.22 Correction of the 1998 DNES data for  stimulus effect bias 

Thee first step in the correction of stimulus effect bias is to detect the respondents whose 

behaviourr or attitude has changed as a result of participating in the first questionnaire, so 'the 

risers'risers' and 'the downers'. An important limitation of the 1998 DNES is that in pre- and post-

electionn questionnaires no questions are repeated. This means that it will be impossible to 

constructt pre- and post-election scales for political involvement and political self-confidence 

thatt contain die same variables. In die pre-election questionnaire, most of the questions can be 

usedd to determine the level of political knowledge and die direction of the political preference 

off  the respondent. The other questions were used to gather general background information 

aboutt the respondents. The post-election questionnaire contained all political self-confidence 

variabless and most of die political involvement variables. 

'Risers'' will be people whose level of post-election political involvement is higher 

thann their pre-election political involvement. We only have a few political involvement 

variabless available in the pre-election questionnaire and we will use political knowledge as a 

substitutee of political involvement because we have argued that those with a low level of 

politicall  knowledge will be more liable for a stimulus effect and because we also expect a 

strongg relationship between political knowledge and political involvement As we argued tiiat 

thee potential 'risers' will be people with a low level of political knowledge and a relatively 



177 7 

highh level of post-election political involvement, a comparison of a political knowledge scale 

(basedd on variables of the pre-election questionnaire) and a political involvement scale (based 

onn variables of the post-election questionnaire) can be used to determine the group of 

potentiall  'risers'.46 

Too identify the potential 'risers', we standardized both the political knowledge scale 

andd the post-election political involvement scale to have the same mean and the same 

minimumm and maximum values. Those who scored higher on the post-election political 

involvementt scale than on the political knowledge scale were considered the potential 'risers'. 

Inn comparison with the rest of the respondents, people with a low educational level, younger 

people,, women and people who did not vote in the local elections (these took place before the 

pre-electionn questionnaire was filled in) and people with a lower level of political interest 

weree overrepresented among the 'risers'. This is in line with what we would expect. 

Wee cannot use the political knowledge scale to determine the potential 'downers', as 

wee do not expect a strong relationship between the level of political knowledge of a person 

andd a lowering of the level of political self-confidence of that person as a consequence of a 

stimuluss effect. On the one hand, it still holds that people with a lower level of political 

knowledgee will be the ones that are most liable to change their behaviour or attitude as a 

consequencee of a stimulus effect (and even more so, because not being able to answer many 

off  the questions asked in the pre-election questionnaire, will negatively affect people's 

politicall  self-confidence). On the other hand, for 'downers' we would expect that their level 

off  political self-confidence will be relatively low in comparison to their level of political 

knowledge.. As it is also not possible to construct a political self-confidence scale based on the 

variabless of the pre-election questionnaire, we had to choose a different approach. 

First,, we constructed a political self-confidence scale.47 We then entered the post-

electionn political self-confidence scale as the dependent variable in a regression with several 

Thee 'political knowledge'-scale is constructed using three pre-election variables: knowledge about European 
Union-membershipp of certain countries, knowledge about the offices of several Dutch politicians and knowledge 
aboutt the composition of the current Dutch coalition government. All three variables were given an equal weight 
inn the scale. To measure the post-election political involvement we used six post-election variables. Most of 
thesee variables were scales constructed from several attitudinal variables. We expect that having voted at the 
nationall  elections, a low level of external political efficacy, a high level of political self-confidence, a low level 
off  political cynicism, a high level of civic participation and intensively following the election campaign are 
indicatorss of a high level of political involvement. 

Thiss political self-confidence scale was based on three attitudinal variables taken from the post-election 
questionnaire:: whether the respondent considered him- or herself qualified for politics, whether be or she 
consideredd him- or herself well-informed about politics and whether he or she agreed with the statement that 
politicss is sometimes too complicated for him or her. 
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variabless from the pre-election questionnaire as explanatory variables. Next, we compared 

thee predicted value of political self-confidence based on the pre-election variables with the 

post-electionn political self-confidence. The group for which the pre-election score was higher 

thann the post-election score, were considered as potential "downers'. 

Noww that we have identified the groups, the next step is to correct the variables from 

thee post-election questionnaire, along the lines that we described above, so by using the 

differencess between the pre- and post-election scales. To prevent the correlation between the 

correctedd variables rising because of the fact that most variables will be corrected by 

subtractingg or adding the same value, and to take into account the fact that reality never 

perfectlyy fits models, we calculated five different values for every respondent, each time 

addingg a random error term (using a normal distribution with mean zero and the standard 

deviationn of the variable indicating the difference between the pre- and post-election scales -

comparablee to the method used in stochastic regression imputation, see for example Littl e and 

Rubin,, 1989). We took the mean of these five values as the value of the respondent on the 

correctedd variable and rounded the value to the nearest integer. We are aware of the fact that 

withh each new calculation of the variable, the value might change because of the random error 

term.. This is not a problem, as the corrected values will never deviate much from each other. 

Tabell  7.5 - Comparison of the groups of potential 'risers' and 'downers' among the 1998 NES main 
studyy respondents and of all main study respondents before and after  correcting for  a stimulus effect 

GroupsGroups of potential 'risers' All main study respondents 
andand 'downers' 

BeforeBefore After Before After 
correctingcorrecting correcting correcting correcting 

VotedVoted in 1998 national elections 
yess 94.4 
noo 5.6 
Totall  799 

PoliticalPolitical self-confidence: politics are too complicated for me 
agreee 85.5 
disagreee 14.5 
Totall  906 

81.7 7 
18.3 3 
799 9 

72.2 2 
27.8 8 
906 6 

PoliticalPolitical efficacy: politicians are not interested in my opinion 
agreee 27.2 
disagreee 72.8 
Totall  776 

36.2 2 
63.8 8 
776 6 

90.8 8 
9.2 2 

1814 4 

61.6 6 
38.4 4 
1812 2 

36.8 8 
63.2 2 
1777 7 

85.2 2 
14.8 8 

1814 4 

55.0 0 
45.0 0 
1812 2 

40.7 7 
59.3 3 
1777 7 

Inn Table 7.5, the values for three post-election variables (voter turnout at the national 

elections,, an attirudinal question indicating the level of external political efficacy of the 

488 These variables were political knowledge, interest in politics, watching the main Dutch in-depth newsreel 
NOVA,, discussing politics at home as an adolescent, type of religious belief, sex, age, social class and education. 
Al ll  these variables turned out to have a significant effect, leading to an R-square for  the regression model of .399 
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respondentt and an attitudinal question indicating the level of political self-confidence) are 

compared.. In the first and second column, the group of potential 'risers' and 'downers' is 

comparedd before and after correction, in the third and fourth column, the total group of 

respondentss of the main study are compared before and after the correction. It is clear from 

Tablee 7.5 that for all three variables, correction for stimulus effect bias leads to substantial 

changee in the distribution, from 3.9 % for the political efficacy variable, to 5.6 % for voter 

turnoutt at the national elections and 6.6 % for the political self-confidence variable. With the 

exceptionn of the correlation between (the corrected) voter turnout at the national elections and 

voterr turnout at the local elections, that went from .389 to .306, the other correlations between 

thee corrected post-election variables and between these variables and the pre-election 

variables,, did not change significantly. 

7.6.33 Correction of the 1998 DNES data for  answer  effects bias 

Ass we noted above, a voter validation study was not part of the 1998 DNES research design. 

Thiss means that there is no easy way to detect misreporters. We can use the knowledge of 

previouss validation studies of voter turnout, although one should take into account that most 

off  these studies are based on national elections and it is not inconceivable that the tendency to 

misreportt voter turnout will be different for national elections than for local elections. The 

onlyy voter validation study that has so far been done in the Netherlands was conducted in the 

cityy of Zaanstad, as part of an election study on the occasion of the 1998 national elections 

(seee the chapters 3 to 6). We used the results of this study to detect the group of potential 

misreporters.. By doing a logistic regression on the Zaanstad data, with a variable indicating if 

aa voter is a true voter or a nonvoter reporting to have voted as the dependent factor, we can 

discernn which characteristics make misreporters distingushable from the true voters.49 The 

regressionn parameters thus obtained were used to calculate the probability that a reported 

voterr would be a misreporter in the 1998 DNES main study.50 

Ass explanatory variables, we only took variables that were available in both the Zaanstad study and in the 
19988 DNES. Before entering the explanatory variables in the regression equation, we first dichotomized them, 
afterr having analyzed a range of crosstabulations that we used to see which values on the variables we selected 
weree most overrepresented among the misreporters. We found dial die misreporters were more often male, 
betweenn 30 and 44 years old, single or single with children, living in an urbanized area, often having only 
primaryy or lower professional education and agreed less often with the statement that voting is a duty and that 
theyy had good knowledge of politics than validated voters. 
500 It is important to note mat for the voter turnout at the 1998 national elections, we used the voter turnout 
variablee corrected for stimulus effect bias. As the other voter turnout variable that was asked in the 1998 DNES, 
voterr turnout at the 1998 local elections, was part of the pre-election questionnaire, this variable does not have to 
bee corrected for stimulus effect bias. 
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Next,, we had to decide how many voters we would expect to be a misreporter, for 

bothh voter turnout variables in the 1998 DNES (voter turnout at the 1998 local elections and 

voterr turnout at the 1998 national elections). In chapter 3 we showed, using transformation 

matrices,, that around 20 % of nonvoters claimed to have voted, while the proportion of voters 

whoo claimed to have not voted was negligible. This is in line with results reported in 

validationn studies conducted in other countries (Abramson and Claggett, 1989; Andersson and 

Granberg,, 1997; Belli et al., 2001; Collins and Sykes, 1987; Granberg and Holmberg, 1991; 

Traugott,, 1989). 

Inn the 1998 DNES main study a voter turnout of 73.8 % at the 1998 local elections 

wass reported and a voter turnout of 85.2 % at the 1998 national elections (after having 

correctedd for stimulus effects). The turnout of the 1998 local elections was 58.9 %, that of the 

19988 national elections 73.2 %. This means that the overestimation of the voter turnout due to 

answerr effects and nonresponse bias taken together was 12 % at me national elections and 

waswas 14.9 % at the local elections. If 20 % of the nonvoters misreport their voter turnout, we 

wouldd expect to find a voter turnout at die national elections of 81.5 % and at die local 

electionselections of 67.2 % when we control for answer effects. This means that we expect a 3.7 % 

overestimationn for voter turnout at the national elections and a 6.6 % overestimation for voter 

turnoutt at die local elections caused by answer effects. 

Havingg established the number of misreporters among the voters at die national and 

locall  elections, we can calculate die voter turnout corrected for overestimation as a result of 

answerr effects. We found tiiat die correction does not lead to any substantial changes in die 

correlationss between voter turnout at die local elections and voter turnout at the national 

elections,, nor in me correlations between tiiese two corrected variables and die otiier political 

behaviourr and attitudinal variables. 

7.6.44 Correction of the 1998 DNES data for  nonresponse bias 

Noww diat we have corrected for bias as a result of stimulus effects and answer effects, we can 

usee all die variables, both from die pre-election and die post-election questionnaire, for 

calculatingg the nonresponse weights without running die risk of ending up witii nonresponse 

weightss diat are biased by response bias. We used voter turnout at die 1998 local elections, 

voterr turnout at die 1998 national elections (for botii tiiese variables we knew die population 

values)) and self-reported political interest (dichotomized in 'interested*  and 'not interested') 
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too correct for nonresponse bias, as we have argued that these three variables are expected to 

havee a very strong relation with social involvement and attachment to society. 

AA problem that still has to be solved is the fact that we do not know the level of 

politicall  interest of the main study nonrespondents who did not participate in the nonresponse 

studyy either. We already pointed out that it is possible to estimate the political interest of this 

groupp of nonrespondents by extrapolating. Applying the last respondent method (see above) 

too the data of the main study (the first extrapolation group) and of the nonresponse study (the 

secondd extrapolation group) we find a level of self-reported political interest of 45.6 among 

thee nonrespondents, which leads to 61.1 % politically interested people in the complete 

sample.51 1 

Inn the calculation of the weights, we also used eight background variables. We 

selectedd most of these background variables based on the model developed in chapter 5 - in 

ass far as these variables were present in the DNES data set.52 We used an iterative procedure 

too calculate the weights, starting with only one variable. After weighting on this variable and 

makingg sure that the distribution on this variable among the respondents after weighting was 

equall  to the distribution in the total sample, we adapted the weight by taking up a second 

variable.. We again compared the distribution among the respondents after weighting to the 

distributionn in the complete sample. As the distribution of the first variable after weighting 

mayy have changed because of the inclusion of the second variable, we adapted the weight so 

thatt also the distribution of the first variable was equal to the distribution in the sample. Then 

wee checked the distribution of the second variable again, and adapted the weight when the 

511 The level of political interest using the last respondent method is calculated as follows. First, it is assumed that 
thee level of political interest among the nonrespondents will be equal to the level of political interest of the 'last' 
respondentt in the group used for the extrapolation ~ in this case the respondents of the nonresponse study. 
With: : 

Ifnss = the level of political interest among the respondents of the main study 
Inss = = the level of political interest among die respondents of the nonresponse study 
Iiss = the level of political interest of the 'last' respondent in the extrapolation group 
Io,, = the level of political interest in the complete sample 
Rn,ss =5 response level of the main study 
Ross = response level of the nonresponse study 

thee level of political interest of the 'last' respondent can be calculated by the formula: 
Ihh = Ins + O»-1™) * R»./( R«» + + R») = 52.0+ (52.0-74.1) * 21.7 /(49.8+21.7) = 45.3 

Second,, the level of political interest of the 'last' respondent is used to calculate the level of political interest in 
thee complete sample by the formula: 

IcSS = (R™ * I» + InS*  R. + (100-Ot.» + R.))*  tVlOO = 49.8*74.1 + 21.7*52.0+28.5*45. 3 = 61.1 
22 Three of these are respondent characteristics: age, sex and educational level; three are neighbourhood 

characteristics:: dominating social class in the neighbourhood, proportion of people with a high educational level 
inn the neighbourhood and level of prosperity of the neighbourhood; and two are regional characteristics: 
urbanizationn and region. With the exception of educational level of the respondent, we had these variables 
availablee for (almost) the complete sample. Education level we only had available for those who participated in 
thee DNES or in the nonresponse study. We assumed that the distribution in educational level for the 
nonrespondentss is equal to that of the respondents of the nonresponse study. 
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distributionn of this variable turned out to be not equal to the distribution in the total sample. 

Wee repeated this until the distribution of both variables was in line with the distribution in the 

sample.. Then we added the third variable to the weight, and the process started again. We 

repeatedd this process until all eleven variables were included in the weight. 

Too see how much the parameters have changed after correction, we will compare the 

unweightedd parameters with the parameters after weighting for the main study respondents. 

Too evaluate the correcting power of both the integrated correction procedure and the official 

DNESS weights, the corrected parameters will be compared to the parameters found among the 

respondentss of the main study and of the nonresponse study taken together. Adding the 

respondentss of the nonrespondent study to the main study respondents represents the complete 

samplee better than when only the main study respondents are included in the analysis. 

Inn Table 7.6 we have compared the results of the weighting procedure for the 

distributionn of five variables: voter turnout at the 1998 national elections, voter turnout at the 

19988 local elections, self-reported political interest, extent of agreement with the statement 

thatt politicians do not really care about the opinion of the people (an indicator for external 

politicall  efficacy) and extent of agreement with the statement that politics is sometimes too 

complicatedd for the respondent (an indicator for political self-confidence). In Table 7.7 the 

correctedd and uncorrected correlations between these five variables are shown. 

Itt is clear from Table 7.6 that the two different correction methods lead to quite 

differentt results. After weighting using the DNES weight, there still is an overestimation of 

turnoutt at the local elections of 5.3 %, while, as the integrated correction method included this 

variablee in the weights, there is no bias left in this variable after correcting. In the case of the 

threee other variables, for which the main and nonresponse study respondents taken together 

aree used as a reference group, we see that the integrated correcton method leads to 

distributionss of the variables of interest that are more in line with the distributions in the 

referencee group than the distributions after using the DNES weights are. After weighting 

usingg the DNES weight, political interest is still overestimated, as is the level of disagreement 

withh the statement that politicians are only interested in people's votes and not in their 

opinions. . 

Evenn more striking is the fact that weighting using the DNES weight leads to a rise in 

thee proportion of people with a low political self-confidence, while such a rise is not in line 

withh the results of the nonresponse study, or with the result found after applying the integrated 

correctionn method. This makes it clear that not taking response bias due to stimulus effects 

intoo account can even lead to results that are more biased after weighting than before 
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weighting.. The DNES weights give more importance to people with a lower level of political 

self-confidence,, as this group is underrepresented among the respondents. But as participation 

inn the pre-election study caused some of the participants to become less self-confident about 

theirr political abilities, this response bias (leading to more people with a low political self-

confidence)) counteracted the overestimation of the level of political self-confidence due to 

nonresponsee bias among the respondents. Not taking this response bias into account will lead 

too overly high weights for those with a low level of political self-confidence, and so to an 

increasee of the response bias. 

Tablee 7.6 - Comparison of the distribution of five variables of interest for the 1998 
DNESS main study respondents (column 2), the 1998 DNES main study and 
nonresponsee study respondents taken together (column 3), the 1998 DNES main study 
groupp after weighting on the 1998 DNES weight (column 4), and the 1998 DNES main 
studyy group after applying the integrated correction procedure (column 5), 

DNESDNES main DNES main Weighting Integrated 
studystudy study and and on DNES correction 

respondentsrespondents nonresponse weighting procedure 
studystudy variable 

respondents respondents 
VotedVoted in 1998 national elections 
yess 90.8 
noo 9.2 
Totall  1814 

VotedVoted in 1998 local elections 
yess 73.8 
noo 26.2 
Totall  1803 

Self-reportedSelf-reported political interest: are you interested 
yess 75.8 
noo 24.2 
Totall  1810 

PoliticalPolitical efficacy: politicians are not interested in 
agreee 36.8 
disagreee 63.2 
Totall  1777 

inin pol 

89.8 8 
10.2 2 

1976 6 

70.3 3 
29.7 7 
2962 2 

itics? itics? 
67.4 4 
32.6 6 

3009 9 

mymy opinion 
45.3 3 
54.7 7 
2633 3 

PoliticalPolitical self-confidence: politics are too complicated for me 
agreee 61.6 
disagreee 38.4 
Totall  1812 

61.7 7 
38.3 3 
2739 9 

73.5 5 
26.5 5 
1814 4 

64.2 2 
35.8 8 
1806 6 

70.1 1 
29.9 9 
1811 1 

41.0 0 
59.0 0 
1770 0 

66.1 1 
33.9 9 
1812 2 

73.2 2 
26.8 8 
1814 4 

58.9 9 
41.1 1 
1803 3 

61.1 1 
38.9 9 
1810 0 

45.0 0 
55.0 0 
1774 4 

60.3 3 
39.7 7 
1814 4 

Inn Table 7.7 we see, with only one exception, that the correlations after correcting using the 

DNESS weights are higher than the correlations after correcting using the integrated correction 

method.. As the correlations after correcting using the integrated method are closer to the 

correlationss in the reference group, this indicates that correcting using the DNES weight 

overestimatess the strength of the relations between variables. Especially the relationship 
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betweenn voting at the national elections and voting at the local elections is strongly 

overestimated.. The one exception is the correlation between self-reported political interest 

andd political self-confidence. This correlation rises more strongly after applying the integrated 

correctionn method than after using the DNES weights. This can be explained by the fact that 

correctingg for stimulus effect bias in political self-confidence (to be more specific, moving 

somee of the respondents from 'having a low level of political self-confidence' to 'having a 

highh level of political self-confidence') will bring the answers on the political attitude 

variabless from the pre-election and post-election questionnaires more in line with each other. 

Tablee 7.7 - Comparison of the correlations of five variables of interest for the 1998 DNES main study 
respondentss (column 2), the 1998 DNES main study and nonresponse study respondents taken together (column 
3),, the 1998 DNES main study group after weighting on the 1998 DNES weight (column 4), and the 1998 DNES 
mainn study group after applying the integrated correction procedure (column 5). 

DNESDNES main DNES main Weighting Integrated 
studystudy study and on DNES correction 

respondentsrespondents nonresponse weighting procedure 

Votedd in 1998 national elections - voted in 1998 local 
elections s 
Votedd in 1998 national elections - self-reported 
politicall  interest 
Votedd in 1998 national elections - political efficacy 

Votedd in 1998 national elections - political self-
confidence e 
Votedd in 1998 local elections - self-reported political 
interest t 
Votedd in 1998 local elections - political efficacy 

Votedd in 1998 local elections - political self-
confidence e 
Self-reportedd political interest - political efficacy 

Self-reportedd political interest - political self-
confidence e 
Politicall  efficacy - political self-confidence 

.389 9 
(1803) ) 

-.208 8 
(1810) ) 

.105 5 
(1777) ) 

.117 7 
(1812) ) 

-.205 5 
(1799) ) 

.089 9 
(1766) ) 

.119 9 
(1801) ) 

-.150 0 
(1774) ) 

-.207 7 
(1808) ) 

.196 6 
(1775) ) 

study study 
respondents respondents 

.406 6 
(1964) ) 

-.230 0 
(1972) ) 

.111 1 
(1926) ) 

.123 3 
(1968) ) 

-.245 5 
(1953) ) 

.086 6 
(2614) ) 

.098 8 
(2717) ) 

-.190 0 
(2630) ) 

-.202 2 
(2735) ) 

.210 0 
(2608) ) 

variabe variabe 

.547 7 
(1806) ) 

-.295 5 
(1811) ) 

.145 5 
(1770) ) 

.174 4 
(1810) ) 

-.266 6 
(1803) ) 

.146 6 
(1762) ) 

.163 3 
(1802) ) 

-.175 5 
(1768) ) 

-.211 1 
(1807) ) 

.222 2 
(1766) ) 

.397 7 
(1803) ) 

-.250 0 
(1810) ) 

.115 5 
(1774) ) 

.143 3 
(1811) ) 

-.253 3 
(1799) ) 

.095 5 
(1763) ) 

.153 3 
(1800) ) 

-.174 4 
(1771) ) 

-.252 2 
(1807) ) 

.200 0 
(1771) ) 

Al ll  in all, we can conclude that the integrated correction method performs much better in 

correctingg for bias in election research than the DNES weighting method does. This 

underliness that it is important to not only correct for nonresponse bias, but to also correct for 

responsee bias and moreover, to take response bias into account when calculating weights to 

correctt for nonresponse bias. 
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7.77 Generalizing the integrated correction method to other  election studies 

Itt is important to know if it is possible to apply the integrated correction method that we have 

justt demonstrated for data of election studies that have been conducted in the past and that 

weree not accompanied by a nonresponse study and a stimulus effect study. 

Manyy international elections studies contain (at least) two waves of questionnaires, 

usuallyy a pre-election and a post-election questionnaire. If the first wave questionnaire is 

substantiall  enough to have a lasting influence on the respondents, there is the possibility that a 

stimuluss effect will come into existence. In that case, it can be expected that this first wave 

questionnairee will contain enough variables to develop a procedure comparable to the one we 

havee developed to detect the group whose behaviour or attitude may have changed as a result 

off  this stimulus effect. Then it will also be possible to correct for stimulus effect bias. 

Ass for correcting for response bias caused by answer effects, for most election studies 

itt may be possible to use the same variables as we did to detect these among the reported 

voterss who have the highest probability to be misreporting nonvoters - that is, if all these 

variabless are present in the data file. But it is not inconceivable that in different countries and 

inn different times, different processes may lead to overreporting of voting turnout. 

Thee lack of a nonresponse study can be dealt with in two ways, so that it is still 

possiblee to correct for nonresponse bias using variables that are believed to have a strong 

relationshipp with social involvement and attachment to society - like, for example, political 

interest.. First, by making a distinction between 'easy respondents' and 'difficult respondents1 

(thee last group being respondents who were difficult to reach, who only agreed to participate 

inn the study after being persuaded by the interviewer or who initially refused, but after being 

recontactedd a second time, were persuaded to participate after all) and then using the 'difficult 

respondents'' as proxy for the nonrespondents (as was done in chapter 1 and by Hawkins, 

1975;; Smeets, 1995; Smith, 1983; Smith, 1984). Second, if the study has more than one wave 

off  questionnaires, by using dropouts from the first wave as proxys for the nonrespondents. 

Thiss method was also applied in chapter 1 and by Smeets (1995). 

Ass the 1998 DNES contained a group of respondents that dropped out after having 

participatedd in the pre-election questionnaire, we can evaluate whether we will arrive at the 

samee nonresponse weights if we use this group in the extrapolation procedure to estimate the 

levell  of political interest in the complete sample, instead of the respondents of the 

nonresponsee questionnaire. For this to be the case, the total level of political interest estimated 
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usingg the respondents that dropped out after the pre-election questionnaire, should be 

approximatelyy the same as the level of political interest we estimated using the respondents of 

thee nonresponse questionnaire: 61.1 %. 

Becausee the group of panel dropouts is rather small - 287 respondents, which is 6.8 % 

off  the total sample, we will use the projected response method, as this method works better 

thann the last respondent method when the group used for extrapolation is small.5 Using the 

projectedd respondent method, we arrive at an estimate of the level of political interest in the 

totall  sample that is quite close to that found using the respondents of the nonresponse study: 

61.55 %. This means that the nonresponse weights calculated using the pre-election dropouts, 

aree almost equal to those calculated using the nonresponse study data - at least, in the case of 

thee 1998 Dutch National Election Study. 

7.88 Discussion 

Inn this paper, we have demonstrated that the traditional way of correcting for nonresponse 

biass in election research has some important limitations. First, it ignores the fact that election 

studyy data may be biased by more than nonresponse alone - more specifically, by stimulus 

effectss and answer effects. Second, as the traditional way of correcting does not take into 

accountt possible response bias in the calculation of nonresponse weights, it tries to eliminate 

nonresponsee bias at the risk of worsening the response bias. Using the 1998 DNES data, we 

showedd that an integrated method that distinguishes the different biases in the data, and 

correctss each of them separately, performs much better. 

Althoughh it is possible to use this integrated method for data sets that have been 

collectedd in the past, for future research it would be recommended to take measures in the 

researchh design that will make correction for response bias and nonresponse bias easier. The 

19988 DNES took a step in the right direction by including a nonresponse study and a stimulus 

effectt study in the design. It is a pity that, due to financial limitations, this approach was not 

continuedd in the 2002 DNES. It still seems that many election researchers see information 

aboutt possible bias in their data as a nice extra alongside the substantial variables that the 

electionn study was set up for in the first place, instead of as a necessary condition for the 

qualityy of the data. 

Inn general, it is better to prevent bias from coming into existence than to have to find 

wayss to correct for it. Panel research may always bring some stimulus effect bias with it. The 

533 For a description of the projected respondent method, see Armstrong and Overton. 1977 
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amountt of the stimulus effects will probably be dependent on the length of the questionnaire, 

butt also on the kind of questions asked in the questionnaire. In the 1998 DNES a wide range 

off  questions to measure the knowledge of the respondent about politics was asked and also 

manyy questions about the way in which the respondent views the different political parties in 

thee Netherlands. Answering such questions, for which the respondent has to retrieve his or her 

knowledgee about politics, may have a negative effect on the level of political self-confidence 

off  die respondent. If it is really necessary to ask these questions in die pre-election 

questionnary,, a way to prevent response bias would be to ask the political self-confidence 

questionss before asking tins range of knowledge questions. 

AA way to gain more insight into the magnitude of bias due to stimulus effects is to ask 

aa few important behavioural or attitudinal questions at die beginning of the pre-election 

questionnairee and to repeat tfiose questions in the post-election questionnaire. This will make 

itt possible to get information about the way in which the attitude of the respondent has 

changedd between the two questionnaires. Altiiough one can never be sure diat tfiis change has 

beenn caused by participating in the pre-election questionnaire, at least it gives die election 

researcherr some insight into the maximum size of the stimulus effect bias. Still, die best 

solutionn would be to split the sample in half - with one half participating in both die pre-

electionn and post-election questionnaire and the other half participating only in die post-

electionn questionnaire. This will also make it easier to detect the respondents who run a 

greaterr risk of having changed dieir behaviour or attitude as a result of tiieir participation in 

thee pre-election questionnaire, and to correct for diis bias. 

Too prevent overreporting of voter turnout will be even more difficult. One possibility 

tiiattiiat has been suggested, and tiiat seems to work, is to explicitly point out to die respondents 

thatt people have the tendency to misreport tfieir voting behaviour (Belli et al., 1999). Anotiier 

possibilityy is to first ask some questions diat will help to take die social desirability-pressure 

offf  die voting questions - for example, by asking the respondent if it has occurred in the past 

diatt he or she planned to vote, while due to circumstances tius did not happen, mentioning 

beforehandd diat many people experience this. Anodier way to correct for die overreporting of 

sociallyy desirable behaviour in otiier variables tiian die voter turnout variable, is to include 

somee variables diat make up a social desirability scale. 

Above,, we have already suggested diat every election study should be accompanied by 

aa voter validation study. It is not necessary to validate die complete sample: a small 

subsamplee of around 400 to 500 respondents will be enough - although titis also depends on 

diee number of nonvoters among die respondents. The smaller diis number is, die more 
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respondentss are needed for the voter validation study, as it is the nonvoters who are the 

potentiall  misreporters. With the voter validation study, one can get insight into the extent of 

thee overreporting and also into the kind of people that overreport. This knowledge can be used 

inn correction procedures for overreporting. In some countries the privacy rules make it nearly 

impossiblee to do voter validation studies. It is important that the legislators are made aware of 

thee fact that voter validation studies are a necessary part of national election studies (which 

aree most of the time paid for with public money), so it should be possible for election 

researcherss to conduct such a voter validation study. An alternative is to use knowledge from 

voterr validation studies that have been conducted in the past or in other countries, as the 

resultss of most of these studies are similar. 

Finally,, the only way to prevent nonresponse bias is to strive for a response level that 

iss as high as possible. As most election studies, and especially the Dutch one, are very 

extensive,, a possibility would be to ask people who are not willing to participate in the 

completee study to participate in a shorter version - for example, a survey that will take 

betweenn 15 to 30 minutes, and in which at least the most important behavioural and attitudinal 

variabless are included. This survey could be done by phone or even mail, if preferred. Not 

onlyy will this mean that for a group of potential nonrespondents, the researchers wil l have a 

goodd deal more information, but it will also be very helpful in gaining insight into possible 

nonresponsee bias and correcting for nonresponse bias. People who do not want to answer this 

shorterr questionnaire either can be asked to at least answer a few simple, central, questions 

(i.e.. voter turnout and political interest), and this information can also be used in correcting 

forr nonresponse bias. 

Al ll  in all, there are many ways to improve the possibility for correcting the different 

biasess that are present in election study data. This thesis showed that correcting for bias is 

necessaryy and that it is also possible. 
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Nederlandsee samenvatting 

Inn dit proefschrift staat de invloed van non-respons, antwoordeffecten en stimuluseffecten op 

dee resultaten van verkiezingsonderzoek centraal, en in het bijzonder op de resultaten van het 

Nationaall  Kiezersonderzoek (NKO). Directe aanleiding tot deze studie is de kritiek op het 

NKOO dat in de tweede helft van de jaren 90 is ontstaan. Deze kritiek was het gevolg van een 

debatt dat zowel onder politici, journalisten als wetenschappers werd gevoerd over het al dan 

niett bestaan van een kloof russen de politiek en de bevolking - een discussie die overigens 

nogg niets aan actualiteitswaarde heeft verloren, zo blijkt wel uit alle gebeurtenissen die in 

20022 in de Nederlandse politiek hebben plaatsgevonden. 

Dee bewering, met name gevoed uit de hoek van de politiek en de journalistiek, dat er 

sprakee was van een groeiende kloof russen de politici en de mensen door wie zij zijn gekozen, 

werdd door vooraanstaande Nederlandse politicologen als onjuist bestempeld. Zij wezen er op 

datt er in het NKO geen enkele aanwijzing werd gevonden voor de groei van een dergelijke 

kloof.. Integendeel, uit het NKO bleek dat de interesse van de Nederlanders in de politiek -

watt gezien werd als een goede indicator voor de betrokkenheid van de bevolking bij de 

politiekk - ook in de jaren 90 nog was toegenomen. Als er al een kloof zou bestaan, zou deze 

eerderr kleiner dan groter worden. De dalende opkomst bij verkiezingen in Nederland en het 

steedss verder afkalvende ledental van de Nederlandse politieke partijen, wat door de 'kloof-

denkers'' als belangrijke indicaties voor de juistheid van hun stelling werd gezien, kon door de 

'kloof-sceptici'' niet worden ontkend. Zij brachten daar echter de groei in ledental van 

belangenorganisatiess op het gebied van bijvoorbeeld natuur en milieu tegenin. Volgens deze 

zienswijzee vond er wel een verandering plaats in de wijze waarop de Nederlanders zich met 

politiekk bezig hielden: een steeds minder belangrijke rol voor de traditionele partijpolitiek en 

eenn steeds belangrijkere rol voor nieuwe manieren van politiek bedrijven, zoals daar door 

allerleii  belangengroeperingen invulling aan werd gegeven. Dit betekende niet dat daarmee de 

bevolkingg en de politici van elkaar waren vervreemd. Ze gingen alleen op een andere wijze 

mett elkaar om, als gevolg van onder andere het proces van ontzuiling en de individualisering, 

zoalss dit zich sinds de jaren 60 had ingezet. 

Dee discussie werd vervolgens vooral gericht op de waarde van de resultaten van het 

NKO,, aangezien het NKO een centrale positie had in de onderbouwing van het betoog van de 

'kloof-sceptici'.. Het in 1995 verschenen boekje 'Kiezersonderzoek op een Dwaalspoor' van 

dee Leidse politicoloog Gerard Visscher gooide de knuppel pas echt in het hoenderhok. In zijn 
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boekjee betoogde Visscher dat de reden dat in het kiezersonderzoek geen bewijs voor de groei 

vann de kloof tussen politiek en bevolking werd gevonden, was gelegen in de steeds grotere 

groepp mensen die niet aan dit kiezersonderzoek wilde meedoen. Deed aan het eerste officiële 

NKO,, begin jaren 70, nog 75 % van deze mensen mee, in de jaren 90 kwam dit percentage 

niett eens meer boven de 50 % uit. Volgens Visscher was er een sterk verband tussen meedoen 

mett kiezersonderzoek en interesse in politiek. Een duidelijke indicatie daarvoor was gelegen 

inn het feit dat in kiezersonderzoek altijd een veel hoger percentage mensen werd gevonden dat 

aangaff  te hebben gestemd, dan het werkelijke percentage stemmers in de bevolking was. Dit 

duiddee erop dat er veel minder niet-stemmers dan stemmers bereid waren mee te doen aan het 

kiezersonderzoek.. Visscher beargumenteerde daarop dat alle mensen die weigerden mee te 

doenn met het NKO zouden moeten worden beschouwd als zijnde niet geïnteresseerd in 

politiek.. Als deze veronderstelling juist was, zou dit betekenen dat het percentage politiek 

geïnteresseerdenn in Nederland veel lager was dan het in het NKO gerapporteerde percentage. 

Dee steeds kleinere groep die bereid was mee te doen aan het NKO zou er dan op wijzen dat de 

politiekee interesse van de Nederlanders wel degelijk sinds de jaren 80 aanzienlijk was 

afgenomen.. In dat geval werd het NKO van een wapen voor de 'kloof-sceptici' tot een wapen 

voordee 'kloof-denkers'. 

Visscher'ss boekje leidde tot een intensivering van de discussie over de gevolgen van 

dee groeiende non-respons voor de resultaten van het NKO en uiteindelijk zelfs tot vragen in 

dee Tweede Kamer - mede omdat het NKO grotendeels werd gefinancierd uit 

overheidssubsidies.. Het betoog van Visscher sloot daarnaast aan bij de groeiende 

belangstellingg die er, zowel onder marktonderzoekers als onder wetenschappers die zich 

bezighieldenn met publiek opinie- en bevolkingsonderzoeken, vanaf de jaren '70 en '80 was 

ontstaann voor de gevolgen van non-respons. Vooral in de jaren '80 en '90 leidde dit tot veel 

publicatiess in internationale vaktijdschriften uit de sociologie, politicologie, psychologie, de 

medischee hoek en het publieke opinieonderzoek. 

Inn het eerste hoofdstuk van deze bundel artikelen wordt aan de hand van een speciaal 

uitgevoerdd telefonisch onderzoek onder 2000 Nederlandse kiesgerechtigden getoetst in 

hoeverree de bewering van Visscher, dat er een sterk verband is tussen het al dan niet meedoen 

aann kiezersonderzoek en politieke interesse, juist is. In eerste instantie hebben we drie 

groepenn onderscheiden: 

1.. respondenten die bereid waren om met een groter kiezersonderzoek, vergelijkbaar met 

hett NKO, mee te doen; 
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2.. respondenten die alleen bereid waren met een korte telefonische vragenlijst mee te 

doen; ; 

3.. non-respondenten, die noch met het grotere kiezersonderzoek, noch met het 

telefonischee onderzoek, mee wilden doen. 

Omdatt we over deze laatste groep geen informatie hadden hebben we ons in eerste instantie 

beperktt tot een vergelijking tussen de eerste twee groepen. 

Niett alleen bleken er verschillen te zijn tussen beide groepen wanneer het ging om 

achtergrondkenmerkenn als leeftijd, geslacht, opleiding en mate van stedelijkheid van het 

gebiedd waar de respondent woonachtig was, ook bleek dat de politieke interesse van de twee 

groepenn aanzienlijk verschilde: de politieke interesse in de eerste groep lag veel hoger dan in 

dee tweede groep. Dit onderstreept de veronderstelling van Visscher. 

Omdatt we geen directe informatie over de non-respondenten hadden, zijn twee 

groepenn van respondenten gebruikt om een idee te krijgen over de mate waarin de non-

respondentenn afwijken van de respondenten. Respondenten die in eerste instantie geweigerd 

haddenn met het telefonische onderzoek mee te doen, maar in tweede instantie toch 

overgehaaldd konden worden om mee te doen, werden gebruikt als indicator voor de mensen 

diee bij hun weigering waren gebleven en respondenten die pas na zeer veel keren bellen 

bereiktt waren werden gebruikt als indicatoren voor de niet bereikte non-respondenten. Dit is 

eenn methode die al vaker is toegepast. Er bleken aanzienlijke verschillen te bestaan tussen de 

driee groepen - respondenten, overgehaalde weigeraars en moeilijk bereikbaren - waarbij de 

groepp die aangaf niet in politiek geïnteresseerd te zijn, oververtegenwoordigd was onder de 

overgehaaldee weigeraars. 

Doorr gebruik te maken van de relatie tussen opkomst bij de verkiezingen en politieke 

interessee binnen de groep van overgehaalde weigeraars en moeilijk bereikbaar was het 

mogelijkk een berekening te maken van de politieke interesse onder de non-respondenten. 

Daarbijj  gingen we er vanuit dat de relatie tussen opkomst bij de verkiezingen en politieke 

interessee hetzelfde was binnen de groep van overgehaalde weigeraars en de definitieve 

weigeraarss en binnen de groep van moeilijk bereikbaren en niet bereikten. Daarnaast maakten 

wee gebruik van de verwachte opkomst bij de verkiezingen onder de definitieve weigeraars en 

niett bereikten. 

Dezee methode is als uitgangspunt genomen om een correctie uit te voeren op het 

niveauu van politieke interesse zoals deze in de NKO's van 1971 tot en met 1994 is 

gerapporteerd.. Omdat niet bekend is welke respondenten in de verschillende NKO's precies 

overgehaaldee weigeraars zijn en wie moeilijk te bereiken was, moest de methode enigszins 
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wordenn aangepast. De meeste NKO's kennen twee vragenlijsten - een wordt voor de 

verkiezingenn afgenomen en de ander na de verkiezingen. Daarom is besloten de personen die 

well  geïnterviewd zijn voor de verkiezingen, maar niet meer wilden meedoen aan het 

intervieww dat na de verkiezingen werd gehouden, als indicator voor de non-respondenten te 

gebruiken. . 

Uitt de correctie die gebruik makend van deze methode is uitgevoerd bleek dat de 

politiekee interesse onder de Nederlandse bevolking is gestegen in de jaren '70 en zich 

vervolgenss heeft gestabiliseerd in de jaren '80 en '90 - overigens op een lager niveau dan uit 

dee ongecorrigeerde NKO-resultaten was gebleken. Hoewel er dus geen bewijs gevonden is 

voorr een groeiende politieke desinteresse onder de Nederlandse bevolking is het wel zo dat 

hett NKO de politieke interesse van de Nederlanders te hoog heeft ingeschat, en is er ook geen 

sprakee van een toename van de politieke interesse sinds de tweede helft van de jaren '80. 

Eenn beperking van de bovenstaande studie was dat er alleen kon worden gekeken naar 

vertekeningg als gevolg van non-response. Uit de literatuur blijkt dat er in kiezersonderzoek 

ookk sprake kan zijn van een zogenaamd stimuluseffect, wanneer dit kiezersonderzoek uit 

meerderee vragenlijsten op verschillende tijdstippen (bijvoorbeeld voor en na de verkiezingen) 

bestaat.. Dat wil zeggen dat mensen die voor de verkiezingen al aan het onderzoek meewerken 

alss gevolg daarvan hun mening of zelfs hun gedrag gaan veranderen. Het is bijvoorbeeld 

mogelijkk dat mensen, die zich normaal niet erg interesseren in politiek en niet gaan stemmen, 

zichh meer gaan verdiepen in politiek en de verkiezingen door het meedoen aan het onderzoek. 

Hett is zelfs mogeüjk dat ze hierdoor worden gestimuleerd om te gaan stemmen. Dit wordt 

nogg versterkt doordat ze weten dat ze na de verkiezingen nog een keer geïnterviewd gaan 

wordenn en ze wellicht een goede indruk op de interviewer willen achterlaten. Als dit het geval 

is,, dan kan dit betekenen dat de resultaten van het interview dat na de verkiezingen 

plaatsvindt,, worden vertekend. 

Alss dit proces zich voordoet, dan is de oververtegenwoordiging van stemmers dat in 

kiezersonderzoekk wordt gevonden niet alleen het gevolg van het feit dat niet-stemmers minder 

meedoenn aan het onderzoek. Het is ook het gevolg van het feit dat mensen die eigenlijk niet-

stemmerr zouden zijn geweest als ze niet aan het onderzoek zouden hebben meegedaan, nu 

zijnn gaan stemmen. Om zowel de vertekening als gevolg van non-respons in kaart te brengen 

alss om de aanwezigheid van een stimuluseffect te onderzoeken is het NKO van 1998 

uitgebreidd met twee studies: een non-respons studie en een stimuluseffect studie. In het 

tweedee hoofdstuk worden de resultaten van deze studies besproken. 
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Inn de non-respons studie zijn alle mensen die hadden geweigerd mee te doen met het 

NKOO telefonisch benaderd, in eerste instantie om te bezien of ze konden worden overgehaald 

alsnogg mee te doen. Wanneer dat niet het geval bleek, werd hen gevraagd een korte 

vragenlijstt te beantwoorden. In deze vragenlijst werd een klein aantal, voor het 

kiezersonderzoekk zeer belangrijke gegevens gevraagd - waaronder stemgedrag en politieke 

interesse.. Ongeveer de helft van de non-respondenten bleek bereid deze vragen te 

beantwoorden.. Vervolgens konden de antwoorden van deze non-respondenten worden 

vergelekenn met de antwoorden van de respondenten. Daarbij werd een onderscheid gemaakt 

tussenn vier groepen non-respondenten: 

1.. mensen die geweigerd hadden mee te doen aan het NKO omdat ze aangaven niet 

geïnteresseerdd te zijn in het onderzoek; 

2.. mensen die een andere reden gaven voor hun weigering; 

3.. mensen die niet in staat waren mee te doen (bijvoorbeeld vanwege ziekte of 

ouderdom); ; 

4.. mensen die niet bereikt waren. 

Err bleken veel verschillen te bestaan tussen deze vier groepen, vooral voor 

achtergrondkenmerkenn als leeftijd, geslacht, opleiding en dergelijke. De verschillen tussen de 

totalee groep van non-respondenten en de respondenten was veel minder groot. De verschillen 

tussenn deze twee groepen waren groter wanneer naar het stemgedrag (en dan met name het al 

dann niet gaan stemmen) en de houding ten opzichte van politiek werd gekeken. Met name op 

hett gebied van politieke interesse en vertrouwen in de politiek waren er grote verschillen, 

waarbijj  de respondenten meer geïnteresseerd bleken en ook een groter vertrouwen in de 

politiekk hadden dan de non-respondenten. Er is ook gekeken of de samenhang tussen de 

antwoordenn op vragen verschilt tussen de respondenten en non-respondenten. Dit bleek voor 8 

vann de 55 geanalyseerde verbanden het geval - en in al deze verbanden was of politieke 

interessee of leeftijd betrokken, wat een indicatie is dat vooral door de invloed van leeftijd en 

politiekee interesse verschillen tussen de twee groepen ontstaan. 

Inn het stimuluseffectonderzoek is na de verkiezingen door middel van een telefonisch 

onderzoekk een controlegroep gevraagd om een aantal kernvragen uit het NKO te 

beantwoorden.. Deze personen zijn, in tegenstelling tot de NKO-respondenten, alleen na de 

verkiezingenn zijn ondervraagd. Door de antwoorden van beide groepen met elkaar te 

vergelijkenn voor de vragen die na de verkiezingen zijn gesteld, kan er worden gecontroleerd 

off  er in het NKO sprake is van het optreden van een stimuluseffect Daarbij is het belangrijk 
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datt de twee groepen die worden vergeleken, ook daadwerkelijk qua samenstelling hetzelfde 

zijn.. Als eerste stap zijn dus twee vergelijkbare groepen geconstrueerd. 

Inderdaadd werden grote verschillen gevonden tussen de NKO-respondenten en 

respondentenn uit de controlegroep. Zowel de stemopkomst bij de Tweede Kamer-

verkiezingenn van 1998 als het vertrouwen in de politiek lag onder de NKO-respondenten een 

stukk hoger - precies zoals we hadden verwacht. Het politiek zelfvertrouwen lag echter lager. 

Ditt kan worden verklaard uit het feit dat vooral die mensen die minder betrokkenheid voelen 

bijj  de politiek en (mede daardoor) ook minder kennis hebben van de politiek, het meest 

vatbaarr zijn voor de gevolgen van het optreden van een stimuluseffect. Het gevoel niet zo veel 

vann politiek te begrijpen, dat bij deze groep toch al aanwezig is, wordt versterkt door hun 

deelnamee aan de eerste NKO-vragenlijst, waarin erg veel kennisvragen worden gesteld. 

Aangezienn deze mensen op veel van deze vragen geen antwoord zullen kunnen geven, krijgen 

zee nog meer het idee dat politiek te ingewikkeld voor hen is - wat een negatief effect op hun 

politiekk zelfvertrouwen heeft. 

Naa in hoofdstuk 2 zowel de aanwezigheid van non-respons vertekening als 

vertekeningg als gevolg van stimuluseffecten te hebben aangetoond, wordt in hoofdstuk 3 een 

onderzoekk beschreven waarin nog een derde bron van mogelijke vertekening wordt 

toegevoegd:: antwoordeffecten. Uit onderzoek in landen als de Verenigde Staten, Groot-

Brittanniëë en Zweden is gebleken dat mensen die aan kiezersonderzoek meedoen niet altijd de 

waarheidd zeggen als hen om hun stemgedrag wordt gevraagd. Met name veel niet-stemmers 

hebbenn de neiging te zeggen dat ze wel hebben gestemd. Het vermoeden is dat dit onder meer 

wordtt veroorzaakt doordat in een democratie stemmen bij verkiezingen als een burgerplicht 

wordtt gezien. Daarom vinden mensen het vervelend te moeten toegeven - om wat voor reden 

dann ook - niet te hebben gestemd. De omvang van deze groep van 'onechte stemmers' kan 

wordenn vastgesteld door een zogenaamd stemvalidatieonderzoek uit te voeren. In dit 

onderzoekk wordt het antwoord van de respondent op de vraag of hij of zij heeft gestemd, 

vergelekenn met de stemlijsten, waarop staat aangetekend of iemand zijn stem heeft 

uitgebracht.. Uit stemvalidatieonderzoek dat in het buitenland is gedaan blijkt dat gemiddeld 

200 % van de niet-stemmers zegt wel te hebben gestemd, terwijl bijna geen enkele stemmer als 

antwoordd geeft niet te hebben gestemd. Dit betekent dus dat er, naast non-respons en 

stimuluseffecten,, nog een derde oorzaak voor het te hoge niveau van stemopkomst dat in 

kiezersonderzoekk wordt aangetroffen, kan zijn. 

Tott nu toe bleek het in Nederland niet mogelijk, als gevolg van allerlei regelgeving op 

hett gebied van privacy, de stemlijsten bij kiezersonderzoek te gebruiken. Om te kunnen 
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vaststellenn in hoeverre ook in Nederland antwoordeffecten een rol spelen, werd een speciaal 

onderzoekk opgezet in de gemeente Zaanstad, omdat deze gemeente wel bereid was de 

stemlijstenn ter beschikking te stellen. De opzet van dit onderzoek was zodanig dat alle drie de 

bovengenoemdee bronnen van vertekening in kaart konden worden gebracht. Om te bezien of 

zichh stimuluseffecten voordeden, werd een gedeelte van de steekproef zowel voor als na de 

verkiezingenn geïnterviewd, en een ander gedeelte alleen na de verkiezingen. De aanwezigheid 

vann antwoordeffecten kon worden vastgesteld door het antwoord dat de respondenten gaven 

opp de vraag of ze bij de Tweede Kamerverkiezingen van 1998 hadden gestemd te controleren 

aann de hand van de stemlijsten. Tenslotte werd geprobeerd een zo hoog mogelijke deelname 

tee krijgen door gebruik te maken van een zogenaamde 'mixed mode' dataverzameling, waarin 

verschillendee interviewmethoden (telefonische, schriftelijke en persoonlijke interviews) 

werdenn gecombineerd. Weigeraars werd daarnaast de mogelijkheid gegeven een heel korte 

vragenlijstt te beantwoorden met maar twee vragen: of ze hadden gestemd bij de Tweede 

Kamerverkiezingenn van 1998 en of ze geïnteresseerd waren in politiek. Deze twee zogenaamd 

'centralee vragen' van het onderzoek konden gebruikt worden om een indruk te krijgen van de 

vertekeningg als gevolg van de weigering van mensen om mee te doen met de langere versie 

vann de vragenlijst 

Mensenn van wie het telefoonnummer bekend was, werden in eerste instantie 

telefonischh benaderd. Weigerden ze mee te doen, dan werden ze op een later moment 

opnieuww gebeld, om hen alsnog over te halen. Wanneer dat niet mogelijk bleek, werd hen 

gevraagdd in ieder geval de twee bovengenoemde vragen te beantwoorden. Mensen die bleven 

weigerenn werd vervolgens een brief gestuurd, met de vragenlijst bijgevoegd, en verzocht de 

vragenn alsnog schriftelijk te beantwoorden. Wanneer ze daartoe niet bereid waren, werd hen 

gevraagdd in ieder geval een strookje terug te sturen, met daarop opnieuw de twee 

bovengenoemdee centrale vragen. Reageerden mensen nog steeds niet, dan werden ze een paar 

maandenn later bezocht door een interviewer, die hen vroeg alsnog de vragenlijst te 

beantwoorden.. Als mensen daartoe bereid waren, dan werden de vragen direct mondeling 

doorr de interviewer gesteld. Bleef men weigeren, dan werd hen gevraagd om dan in ieder 

gevall  te zeggen of men had gestemd bij de afgelopen Tweede Kamerverkiezingen en of men 

geïnteresseerdd was in politiek. 

Mensenn van wie geen telefoonnummer bekend was, kregen een schriftelijke vragenlijst 

opgestuurd.. Wanneer er na een aantal weken geen reactie was ontvangen, werd er een 

herinneringg gestuurd, en tenslotte werden ook zij door een interviewer bezocht. 
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Dee voor en nadelen van een dergelijke 'mixed mode' aanpak van de dataverzameling 

wordenn in het derde hoofdstuk besproken, waarbij gebruik wordt gemaakt van een 

onderscheidd tussen selectieprocessen en transformatieprocessen. 

Inn selectieprocessen wordt een groep (bijvoorbeeld stemmers) met een bepaalde kans 

'geselecteerd'.. Selectieprocessen leiden tot vertekening van resultaten als niet elke groep een 

gelijkee kans heeft te worden geselecteerd. Het trekken van een steekproef en non-respons zijn 

voorbeeldenn van selectieprocessen. Als de kans voor alle mensen even groot is om in de 

steekproeff  terecht te komen, dan zal de steekproef een goede afspiegeling zijn van de 

bevolking.. En als alle mensen in deze steekproef een even grote kans hebben mee te doen aan 

hett onderzoek, dan zullen de resultaten die in het onderzoek worden gevonden, een goede 

afspiegelingg zijn van de stand van zaken in de hele bevolking. 

Inn transformatieprocessen 'transformeert' een groep tot een andere groep. Stemmers 

wordenn bijvoorbeeld niet-stemmers. Stimuluseffecten en antwoordeffecten zijn voorbeelden 

vann transformatieprocessen: wanneer iemand die normaal nooit gaat stemmen door het 

meedoenn aan het onderzoek nu wel gaat stemmen (een stimuluseffect) of wanneer iemand die 

niett is gaan stemmen, zegt wel te hebben gestemd (een antwoordeffect). 

Eenn belangrijk punt van kritiek op 'mixed mode' dataverzameling is dat het gebruiken 

vann een andere manier van interviewen tot andere antwoorden zou kunnen leiden: mensen 

gevenn bijvoorbeeld andere antwoorden op een telefonisch interview dan op een schriftelijk of 

mondelingg interview. Naar deze kwestie is al veel onderzoek gedaan. De resultaten zijn echter 

niett eenduidig. Soms worden er wel substantiële verschillen gevonden, soms niet. Door 

middell  een loglineare analyse wordt in hoofdstuk 3 onderzocht of de selectieprocessen en de 

transformatieprocessenn verschillen tussen de groepen die met verschillende methoden zijn 

ondervraagd.. Als dit het geval is, dan zou het gevolg kunnen zijn dat de resultaten van de 

groepenn die op verschillende manieren zijn ondervraagd, niet vergelijkbaar zijn. 

Wanneerr de selectieprocessen verschillen is dat geen probleem. Immers, de reden om 

'mixedd mode' dataverzameling te gebruiken is juist het feit dat met een andere methode 

anderee groepen worden bereikt. Zou dit niet het geval zijn, dan zou het geen zin hebben 

verschillendee manieren van interviewen te gebruiken. Wanneer transformatieprocessen 

verschillenn (dus bijvoorbeeld andere groepen mensen onjuiste antwoorden gegeven in een 

schriftelijkk interview dan in een telefonisch interview) is er wel een probleem, want dan zijn 

dee resultaten die verzameld zijn met verschillende methoden, niet meer vergelijkbaar. 

Inderdaadd verschillen in het Zaanstad-onderzoek de selectieprocessen, wat bewijst dat 

verschillendee methoden verschillende groepen uit de bevolking bereiken. Het blijkt daarnaast 
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datt er geen grote verschillen zijn in de transformatieprocessen binnen de groep die telefonisch 

iss geïnterviewd en de groep die de vragenlijst per post heeft ingevuld. Anders ligt het voor de 

groepp die door een interviewer persoonlijk is ondervraagd. De transformatieprocessen voor 

dezee groep wijken wel af. Dit lijk t echter niet zozeer het gevolg te zijn van een methode-effect 

(duss van de andere manier van interviewen), maar meer het gevolg van het feit dat deze groep 

veell  later is geïnterviewd dan de groepen die per telefoon of per post de vragenlijst hebben 

beantwoord.. Hierdoor is de kans op geheugeneffecten (mensen kunnen zich hun gedrag niet 

meerr precies herinneren) veel groter. Daarnaast was deze groep ook veel moeilijker over te 

halen,, dus waarschijnlijk minder gemotiveerd om aan het onderzoek mee te doen. Zowel 

geheugeneffectenn als een geringere motivatie kunnen tot de veel grotere aantallen 'foute' 

antwoordenn die in deze groep is aangetroffen, verklaren. Het feit dat de vertekening minder 

dann onder de respondenten die per telefoon of per post zijn geïnterviewd, één richting op gaat, 

(datt wil zeggen: er is onder de respondenten die persoonlijk zijn geïnterviewd een behoorlijke 

groepp stemmers die aangeeft niet te hebben gestemd), duidt hier ook op. 

OndanksOndanks de grotere vertekening die optreedt in de groep die via een persoonlijk 

intervieww is ondervraagd blijkt dat de schatting van de stemopkomst dichter bij de werkelijke 

stemopkomstt in de totale steekproef ligt wanneer deze groep wordt meegenomen in de 

analyse,, dan wanneer dit niet gebeurt. Alleen wanneer men voornamelijk geïnteresseerd is in 

hett verband van het stemgedrag met andere kenmerken, zoals politieke interesse, is het beter 

omm deze groep uit de analyse te laten. 

Inn hoofdstuk 4 wordt vervolgens voor het Zaanstad onderzoek in kaart gebracht in 

welkee verhouding tot elkaar non-respons vertekening, stimuluseffecten en antwoordeffecten 

optreden.. Evenals eerder voor het telefonische onderzoek dat in hoofdstuk 1 is besproken en 

voorr het NKO van 1998, wordt ook in het Zaanstad onderzoek duidelijk aangetoond dat er 

sprakee is van verschillen tussen respondenten die direct bereid waren mee te doen, 

respondentenn die een of meerdere keren opnieuw moesten worden benaderd voordat ze 

meededen,, en non-respondenten. In het Zaanstad onderzoek hebben we gegevens over het 

stemgedragg van de non-respondenten (uit de stemlijsten) en over de politieke interesse van 

eenn groot gedeelte van de non-respondenten (voor die mensen die wel bereid waren om de 

tweee centrale vragen te beantwoorden) beschikbaar. Daaruit zien we dat de non-respondenten 

dee groep vormen waarin verreweg de meeste niet-stemmers en politiek niet geïnteresseerden 

voorkomen. . 

Antwoordeffectenn blijken eveneens aanwezig in het Zaanstad onderzoek. Geheel in 

lij nn met eerdergenoemde stemvalidatieonderzoeken uit het buitenland wordt ook in het 
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Zaanstadd onderzoek gevonden dat het de niet-stemmers zijn die hun stemgedrag niet juist 

weergevenn in de vragenlijst. Ongeveer 20 % van hen geeft aan wel te hebben gestemd. 

Stimuluseffectenn worden echter niet aangetroffen. De meest waarschijnlijke verklaring 

hiervoorr is dat de telefonische vragenlijst, die voor de verkiezingen is afgenomen, te kort was 

omm een effect te hebben op het gedrag of de antwoorden van de respondenten. 

Voorr verschillende responsniveaus is er volgens gekeken wat de bijdrage van non-

responsvertekeningg en antwoordeffecten is aan de totale vertekening. Het blijkt dat hoe hoger 

hett responsniveau is, dus hoe kleiner de groep die niet mee heeft gedaan, hoe groter het 

aandeell  van antwoordeffecten in de totale vertekening wordt. Echter, pas bij een 

responsniveauu van rond de 90 % - iets wat nooit wordt gehaald in verkiezingsonderzoek - is 

hett aandeel van de vertekening als gevolg van antwoordeffecten groter geworden dan de non-

responss vertekening. Dit duidt er op dat in verkiezingsonderzoek vertekening als gevolg van 

non-responss een groter probleem is dan vertekening als gevolg van antwoordeffecten. 

Inn de volgende twee hoofdstukken richten we ons daarom vooral op de non-respons 

vertekening,, en de mogelijkheden die er zijn om deze vertekening te corrigeren. Om tot 

correctiemethodenn te kunnen komen, is het eerst nodig om te weten wat nu de oorzaak is van 

hett sterke verband tussen politieke interesse en stemgedrag enerzijds en de bereidheid mee te 

doenn aan (verkiezings)onderzoek anderzijds. In hoofdstuk 5 wordt een model ontwikkeld dat 

ditt verband probeert te verklaren. 

Een,, onder meer door Bob Groves en Mike Couper (in hun in 1998 uitgekomen boek 

NonresponseNonresponse in Household Interview Surveys) en John Brehm (in zijn in 1993 uitgekomen 

boekk The Phantom Respondents; Opinion Surveys And Political Representation) besproken 

veronderstellingg wordt als basis voor dit model genomen, namelijk dat er een duidelijke 

samenhangsamenhang is tussen meedoen aan onderzoek en maatschappelijke betrokkenheid. Politieke 

betrokkenheidd kan als een specifieke vorm van maatschappelijke betrokkenheid worden 

gezien.. Dit leidt tot de argumentatie dat de samenhang tussen het al dan niet meedoen aan 

onderzoekk enerzijds en politieke interesse en het gaan stemmen bij verkiezingen anderzijds, 

wordtt beïnvloed door de maatschappelijke betrokkenheid van een persoon. Behalve deze 

factorr is er nog een tweede factor, waarvan we een grote invloed op vooral stemgedrag 

verwachtenn en dat is de mate waarin een persoon zich verbonden voelt met maatschappelijke 

nonnenn en waarden. 

Mett behulp van het statistische programma LISREL en gebruikmakend van de 

gegevenss van het Zaanstad onderzoek wordt vervolgens een model getest. In dit model 

wordenn de mate van maatschappelijke betrokkenheid en de mate van verbondenheid met 
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maatschappelijkee normen en waarden gebruikt om politieke interesse, de opkomst bij 

landelijkee verkiezingen en bij provinciale statenverkiezingen te verklaren, alsmede de 

bereidheidd aan verkiezingsonderzoek mee te doen. Nadat nog een aantal directe relaties tussen 

verschillendee achtergrondkenmerken en stemgedrag, politieke interesse en bereidheid om aan 

verkiezingsonderzoekk deel te nemen aan het model zijn toegevoegd, wordt een passend model 

bereikt.. De meeste van deze toegevoegde relaties hebben te maken met de mate waarin een 

persoonn het eigen familieleven boven deelname aan het maatschappelijke leven stelt. Dit 

modell  onderstreept dat maatschappelijke betrokkenheid een positieve invloed heeft op het 

gaann stemmen bij verkiezingen, interesse in de politiek en de bereidheid deel te nemen aan 

verkiezingsonderzoek.. Daarnaast heeft verbondenheid met de maatschappelijke normen en 

waardenn vooral een sterke invloed op het gaan stemmen bij verkiezingen. Er is dus een zeer 

sterkee relatie is tussen maatschappelijke betrokkenheid en politieke interesse en tussen 

verbondenheidd met de maatschappelijke normen en waarden en stemmen bij verkiezingen. Dit 

leidtt er toe dat politieke interesse en stemgedrag geschikte kandidaten lijken te zijn om een 

belangrijkee rol te spelen in het corrigeren van non-respons vertekening. Dit wordt nog 

versterktt doordat deze gegevens bijna altijd beschikbaar zijn in kiezersonderzoek en relatief 

simpell  te meten zijn; dit in tegenstelling tot maatschappelijke betrokkenheid en 

verbondenheidd met de maatschappelijke normen en waarden. 

Inn hoofdstuk 6 wordt deze stelling verder onderbouwd door een aantal verschillende 

correctiemethodenn voor non-respons vertekening met elkaar te vergelijken. Er wordt daarbij 

opnieuww gebruik gemaakt van de gegevens uit het Zaanstad onderzoek. In het Zaanstad 

onderzoekk hebben we veel informatie beschikbaar over de non-respondenten. Hierdoor 

kennenn we voor een aantal belangrijke gegevens de stand van zaken in de complete 

steekproek,, waardoor het mogelijk is de prestaties van verschillende correctiemethoden te 

beoordelenn - door de resultaten na het gebruiken van de correctiemethoden te vergelijken met 

dee stand van zaken in de complete steekproef. 

Inn de eerste plaats zijn correctiemethoden die alleen gebruik maken van 

achtergrondgegevenss (zoals leeftijd, geslacht, opleiding, etcetera) vergeleken met methoden 

diee gebruik maken van zowel achtergrondgegevens als de twee centrale vragen, politieke 

interessee en stemgedrag. In de tweede plaats is vergeleken of een hoger respons niveau ook 

tott beter gecorrigeerde resultaten leidt. In de derde plaats zijn verschillende technieken van 

corrigerenn vergeleken: 

1.. wegen (een groep die ondervertegenwoordigd is, wordt zwaarder meegeteld); 
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2.. extrapolatie (informatie over bepaalde specifieke groepen respondenten - bijvoorbeeld 

overgehaaldee weigeraars - wordt gebruikt om een schatting te maken van de waarden 

onderr de non-respondenten); 

3.. hot deck imputatie (onder de respondenten worden groepen gezocht die vergelijkbaar 

zijnn met groepen non-respondenten op allerlei relevante kenmerken, en de waarden die 

onderr deze respondenten worden gevonden, worden eveneens gebruikt voor de 

vergelijkbaree groep van non-respondenten); 

4.. multiple imputatie (op basis van informatie die zowel voor de respondenten als non-

respondentenn aanwezig is, wordt voor elke non-respondent een aantal schattingen 

gemaaktt voor die variabelen waarop de waarden ontbreken, die uiteindelijk tot één 

waardee voor die ontbrekende variabelen worden samengevoegd). 

Uitt de analyse blijkt dat correctiemethoden die naast de achtergrondgegevens gebruik maken 

vann stemgedrag en politieke interesse tot betere resultaten leiden dan correctiemethoden die 

alleenn gebruik maken van achtergrondgegevens. Een tweede resultaat is dat een hogere 

responss in de regel tot betere resultaten na correctie leidt. Met andere woorden: het loont altijd 

dee moeite om non-respondenten opnieuw te benaderen en ze alsnog over te halen mee te doen 

aann het onderzoek. Tenslotte blijken de verschillen tussen de vier bovengenoemde technieken 

verwaarloosbaar:: alle vier de technieken leiden tot even goede resultaten, mits dezelfde 

gegevenss in de correctieprocedure worden gebruikt. Overigens valt de vertekening die als 

gevolgg van non-respons optreedt in de relaties tussen kenmerken mee. De verschillende 

correctiemethodenn blijken echter ook nauwelijks tot een vermindering van de vertekening 

aanwezigg in relaties te leiden. 

Inn het laatste hoofdstuk keren we terug naar het NKO van 1998, om te bezien of de 

kenniss die we in de voorgaande hoofdstukken hebben opgedaan kan worden gebruikt om tot 

beteree resultaten te komen dan op basis van de officiële NKO-wegingscoëfficient - die 

opgebouwdd is uit alleen een aantal achtergrondvariabelen en stemgedrag. In het voorgaande 

hoofdstukk hebben we voor het corrigeren gebruik gemaakt van gegevens die grotendeels niet 

vertekendd waren door stimuluseffecten en antwoordeffecten. Immers, in het Zaanstad 

onderzoekk zijn geen stimuluseffecten opgetreden. Omdat we in het toepassen van de 

correctiemethodenn het daadwerkelijke stemgedrag van de respondent, zoals dat uit de 

stemlijstenn bleek, hebben gebruikt, hebben ook antwoordeffecten geen rol kunnen spelen. 

Willenn we de gegevens van het NKO corrigeren, dan moeten we echter gebruik maken 

vann variabelen die wel degelijk beïnvloed kunnen zijn door stimuluseffecten en 

antwoordeffecten.. Om dit probleem het hoofd te bieden wordt een geïntegreerde 
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correctiemethodee ontwikkeld, waarbij eerst, apart, wordt gecorrigeerd voor stimuluseffecten, 

enn voor antwoordeffecten (specifiek gericht op de stemopkomst variabelen). Alvorens deze 

correctiee te kunnen uitvoeren, moeten eerst de groepen respondenten waarvoor verwacht kan 

wordenn dat deze effecten zich zullen voordoen, worden opgespoord. Als dit is gebeurd, dan 

kunnenn voor deze respondenten hun door stimuluseffecten of antwoordeneffecten vertekende 

antwoordenn op de betreffende vragen vervangen door de verwachte daadwerkelijke, niet 

vertekende,, antwoorden. Nadat deze correctieslag is gemaakt, kunnen ook, gebruik makend 

vann politieke interesse en een tweetal stemgedrag variabelen (opkomst bij de landelijke en bij 

dee gemeenteraadsverkiezingen van 1998), wegingscoëfficienten worden berekend om te 

corrigerenn voor de non-responsvertekening. 

Dee resultaten die met deze geïntegreerde correctiemethode voor stimuluseffecten, 

antwoordeffectenn en non-respons vertekening worden bereikt, wordt vervolgens vergeleken 

mett de resultaten van de officiële NKO-wegingscoëffïcienten. Daaruit blijkt dat de 

geïntegreerdee correctiemethode over de hele linie tot betere resultaten leidt. 

Dee in deze bundel gepresenteerde artikelen laten duidelijk zien dat non-respons 

vertekening,, maar ook stimuluseffecten en antwoordeffecten, grote gevolgen kunnen hebben 

voorr de resultaten van verkiezingsonderzoek. Het is daarom belangrijk te streven naar een zo 

hoogg mogelijke respons. Om dit te bereiken kan gebruik worden gemaakt van 'mixed mode' 

gegevensverzamelingg en van de grote hoeveelheid methoden die in de literatuur zijn 

beschrevenn als bijdragend aan een zo hoog mogelijke respons. Daarnaast dient de onderzoeker 

maatregelenn te nemen die stimuluseffecten en antwoordeffecten zo klein mogelijk houden. 

Omdatt zowel deze effecten als non-respons vertekening nooit volledig te voorkomen zullen 

zijn,, is het belangrijk om in de opzet van een verkiezingsonderzoek zoveel mogelijk gegevens 

tee verzamelen die inzicht kunnen geven in de mate van vertekening die als gevolg van deze 

driee processen optreedt. De analyses die in deze bundel zijn beschreven kunnen daarvoor een 

hulpmiddell  vormen. 





Stellingenn by het proefschrift 
"I' mm not interested - nonresponse bias, response bias and stimulus effects in election studies 

1.. Wegen op alleen achtergrondvariabelen is zinloos. Omdat het wegen op achtergrondvariabelen de 
onterechtee indruk wekt dat afwijkingen in de data als gevolg van non-respons bias gecorrigeerd 
worden,, is het nog beter niet te wegen dat alleen te wegen op achtergrondvariabelen. 

2.. Er is meer reden je zorg te maken over de gevolgen van non-respons vertekening dan over de 
gevolgenn van response vertekening, gezien de huidige respons percentages. 

3.. Relaties tussen variabelen zijn tamelijk ongevoelig voor non-respons vertekening, mits het 
responss percentage op een aanvaardbaar niveau ligt (70 % of hoger). 

4.. Survey onderzoekers zouden altijd gebruik moeten maken van drie soorten vragenlijsten: de 
volledigee vragenlijst; een korte versie met de essentiële vragen en een vragenlijst met alleen de 
centralee vragen van het onderzoek. Door middel van een driestaps benadering van respondenten 
kann veel meer informatie verkregen worden dan bij de traditionele wijze van survey onderzoek, 
waarbijj  alleen gebruik wordt gemaakt van de volledige vragenlijst. 

5.. Sociale betrokkenheid heeft zowel grote invloed op deelname aan onderzoek als op deelname aan 
verkiezingen.. Er is reden om aan te nemen dat ook bij onderzoek op andere terreinen dan 
verkiezingenn sociale betrokkenheid bepaalt wie meedoet en wie niet. Dit betekent dat in survey 
onderzoek,, ongeacht het onderwerp, het steeds dezelfde groep is die ontbreekt. 

6.. In een zich steeds verder individualiserende maatschappij zullen survey onderzoekers steeds meer 
vann maatwerk gebruik moeten maken in het benaderen van potentiële respondenten. Dit betekent 
datt in de toekomst al het survey onderzoek gebruik zal moeten gaan maken van mixed mode 
dataverzameling.. Daarom is het belangrijk dat methodologen prioriteit geven aan het ontwikkelen 
vann modellen op basis waarvan gecorrigeerd kan worden voor eventuele mode effecten. 

7.. Telemarketing en de mobiele telefonie zullen op termijn tot het einde van de telefonische enquête 
alss zelfstandig onderzoeksinstrument leiden. 

8.. hl Nederland wordt te veel prioriteit gegeven aan privacy bescherming, waardoor de 
mogelijkheidd om hoogwaardig sociaal-wetenschappelijk onderzoek te doen, danig wordt 
ingeperkt. . 

9.. De opkomst van de leefbare partijen en van Pim Fortuyn vormt een duidelijk bewijs dat er wel 
degelijkk sprake was van een grote kloof tussen de politici en de bevolking in Nederland en heeft 
daarmeee aangetoond dat de politicologen die, zich baserend op het NKO, aangaven dat er feitelijk 
nietss aan de hand was, er naast zaten. 

10.. Het probleem in Nederland is niet dat er te veel regels zijn. Het probleem is dat niemand zich aan 
dee regels houdt. 





Dngg .Dutch pc Fromm the 1990s on, there has been a discussion among .Dutch political scientists about 
thee possible consequences of nonresponse bias on the results of elections studies, more 
specificallyy of the Dutch National Election Study (DNES). This discussion is linked to 
thee argument whether a gap between the public and the politicians-exists. The DNES 
didd not present any proof for the existence of such a gap, while it was commonly belie-
vedd among politicians, journalists.;and some political scientists, that such a gap indeed 

"existed,, and that it also'grew larger-pvèr; the'years. Critics of the DNES blamed the 
risingg nonresponse level for the fact that the no proof was found for a gap, as they 
arguedd that those who did not participate in the DNES were also the ones who were not 
interestedd in politics. 
Thiss collection of articles is meant to shed more light on this discussion. In the first part 
off  this thesis,it is proven that nonresponse bias is indeed present in election studies, 
alsoo in the Dutch National Election Study. Evidence is also presented for the existence 
off  response bias and bias because of stimulus effects in election research'. 
Inn the second part of the thesis, a model that explains why nonresponse bias does exist 
inn election research is described. Based on this model, a method to correct for nonre-
sponsee bias is developed. It is then demonstrated that this method is more successful in 
diminishingg bias than traditional correction methods. In the final chapter, an integrated 
methodd to correct for nonresponse. bias, response bias and bias as a'result of stimulus 
effectss is presented. 
Thee analyses in this thesis proof that correcting -for bias, in- election research (and, in 
general,, in survey research) is necessary and that it is also possible. 
Thee results presented here are valuable for everyone involved in survey research, as it 
showss how, by using relatively simple correction methods, bias in results carr.be sub-
stantiallyy diminished. 

Robertt Voogt (1968) studied political science (international relations) and social scien-
cee methodology at the University of Amsterdam. After have worked for several years 
att Stichting Telepanel (STP), a survey research institute linked to the University of 
Amerdam,, Robert started his Ph.D research in 1997 at the same university. He is."cur-~ 
rentlyy employed at the Inspectie Werk en Inkomen (IWI), which is part of the Dutch 
Ministryy of Social Affairs and Employment. 
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