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Chapterr  7 

Ann alternative approach to correcting response and 

nonresponsee Mas in election research 

7.11 Introductio n 

Eachh survey researcher is confronted with nonresponse bias. In the field of election research, 

thesee biases are also a well-known problem. A common feature of election research is that the 

dataa are not only used by the researchers responsible for designing and conducting the survey, 

butbut also by many other social scientists. Because of the wide use of election survey data, it is 

customaryy to include (nonresponse) weights in the data file, so that secondary data analysts do 

nott have to calculate weighting coefficients themselves. Researchers who want to take 

nonresponsee bias into account in their analysis are given the possibility to use these weights. 

Althoughh there is strong indication that response bias, and more specifically bias caused by 

answerr effects and stimulus effects, is also present in election survey data (see chapter 2, and 

alsoo Jackman, 1999; Marsh, 1985; Swaddle and Heath, 1989; Traugott and Katosh, 1979), 

thesee data sets never contain instruments to correct for these biases. 

Thiss means that, even after correcting for nonresponse bias, response bias will still be 

presentt in the data. Besides, there is also the more specific problem that in the calculation of 

nonresponsee weights, possible response bias in the data is not taken into account. When only 

backgroundd variables are used in calculating nonresponse weights, this does not have to be 

suchh a problem, as there is not much evidence that mere is much response bias in background 

variabless like age, sex or educational level (Asher, 1974). The problem may be more serious 

whenn more substantial variables are included in the weighting variable - and, as usually 

weightingg using only background variables is not sufficient to correct for nonresponse bias 

(seee chapter 6), this is a condition for weights that have a high correction power. In election 

studies,, voter turnout at the elections is normally used in calculating the weights, as the 

populationn values of this variable are known and because it is believed that there may be a 

relationn between the nonresponse process and voting at the elections. In the literature it has 

beenn shown many times that voter turnout can be overreported by stimulus effects (see for 

examplee chapter 2 and also Clausen, 1968; Granberg and Holmberg, 1992; Greenwald et al., 

1987;; Traugott and Katosh, 1979; Yalch, 1976) and answer effects - particularly by conscious 
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orr unconscious misreporting of voting behaviour, especially by nonvoters (see for example 

Bernsteinn et ah, 2001; Hill and Hurley, 1984; Silver et al., 1986; Traugott, 1989). 

Whenn weights are being constructed, without taking this into account, the weighting 

valuesvalues will get more extreme than they would have been if overreporting and stimulus effects 

wouldd not have been present in the data. In fact, by ignoring response bias and by using a 

variablee that might be seriously biased by answer and stimulus effects in calculating the 

weights,, one implicitely assumes that the nonresponse weights will also correct possible 

responsee bias. It is clear that this assumption is at the very least dubious, and probably 

completelyy wrong. 

Inn this chapter we set out to solve this problem and to arrive at a procedure that 

correctss for both nonresponse and response bias. First we will describe a general procedure to 

correctt for nonresponse bias in election research and the problems caused by stimulus effects 

andd answer effects one is faced with in applying it. Next, we will demonstrate what the 

consequencess will be of correcting for nonresponse bias, without taking response bias into 

account.. Then we will develop methods to correct for bias caused by stimulus effects and 

answerr effects. The integrated correction procedure that we will arrive at, is illustrated using 

dataa from the 1998 Dutch National Election Study. We will discuss if we can use this 

proceduree for more general election study data sets. Finally we will give an overview of ways 

too prevent response and nonresponse bias in election research and to further improve the 

methodss for correcting bias. 

7.22 Correcting for  nonresponse bias 

Nonresponsee may lead to nonresponse bias. If this is the case, it will be necessary to correct 

forr this bias. Not all variables will be biased by nonresponse. In general, nonresponse bias 

onlyy exists when there is a relation between the variables of interest and the nonresponse 

process,, or, in other words, between the variables of interest and the reasons why people do 

nott participate in the survey. There are several ways in which one can determine if such a 

relationn exists, and if so, to correct for i t 

Iff  population values are known for the variables of interest, it is possible to compare 

thesee values with the values found among the respondents. When these values differ 

significantlyy from each other, one can conclude that there is a relation between these variables 

andd the nonresponse process. The only variables of interest in election research, for which 
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populationn values are known, are voter turnout variables. This means that most weights in 

electionn studies only include voter turnout and some general background variables, like age, 

gender,, education and urbanization. 

Iff  no population values are known, a possible approach is to use certain groups of 

respondentss as approximations of the nonrespondents. When diese groups differ significantly 

fromm the rest of the respondents, there may be a relation between the variable of interest and 

thee nonresponse process. Examples of groups that can be used as approximations of the 

nonrespondentss are respondents that first refused to participate in the survey, but later were 

persuadedd to participate (Filion, 1976; Lin and Schaeffer, 1995; Smith, 1983; Smith, 1984) and 

panell  dropouts (see chapter 2 and also Taris, 1996; Taris, 1997). 

Ann alternative approach is to conduct a so-called nonresponse study: nonrespondents 

aree reapproached by an interviewer and asked to answer a substantially shorter version of the 

questionnaire.. This shorter version includes the most important variables of the study. This 

nonresponsee study can be used to find out whether there are significant differences between 

thee respondents and the nonrespondents on these variables. If this is the case, this can be 

consideredd strong evidence that a relation exists between these variables and the nonresponse 

process.. The results of the nonresponse study can also be used to correct nonresponse bias, by 

includingg these central questions in the weights used to correct nonresponse bias. 

Inn chapter 5 we modeled the nonresponse process for election research and found two 

mainn factors that are most important in determining this process: social involvement and 

attachmentt to society. These factors also show that voter turnout variables are good indicators 

forr attachment to society and that political interest is strongly related to social involvement. 

Thiss means that voter turnout and political interest are variables that may be very suitable to 

usee in correcting for nonresponse bias. That this is indeed the case was demonstrated when 

correctionn methods including voter turnout and political interest were compared with 

traditionall  correction methods that only include background variables, or only background 

variabless and voter turnout (see chapter 6). 

However,, before being able to use substantial variables like voter turnout and political 

interestt in correction procedures for nonresponse bias, one first has to solve three important 

problems. . 

Thee first problem is the fact that the nonresponse study will not have complete 

responsee - so we are still left with some nonrespondents for whom we do not know if they 

havee voted and what their level of political interest is. This problem can be handled in two 

ways.. The first possibility is to take the results found among the respondents of the 
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nonresponsee study as being representative for the total nonresponse group. One can question 

iff  this is a realistic assumption, as there is evidence that die-hard nonrespondents differ from 

moree willing nonrespondents (see chapter 4 and Goudy, 1976; Pavalko and Lutterman, 1973; 

Traugott,, 1987). The second possibility is to use extrapolation. In chapter 6 we showed that 

byy using the so-called last respondent method (see Armstrong and Overton, 1977) it was 

possiblee to arrive at reasonably accurate estimates of the distribution of voting behaviour and 

politicall  attitude variables in the total population. If we consider the respondents of the main 

studyy as the first extrapolation group and the respondents of the nonresponse study as the 

secondd extrapolation group, we can estimate the values on for example the level of political 

interestt in the total sample using the last respondent extrapolation method. 

Thee second problem is the possible existence of a stimulus effect. In the case of 

electionn studies that have for example both a pre-election and a post-election questionnaire, it 

iss possible that participation in the pre-election questionnaire will lead to a change in the 

behaviourr or attitude of the respondent, even more so when the subject of the study is known 

too be influenced by social desirability, as is the case with voting and political attitudes 

(Granbergg and Holmberg, 1992; Greenwald et al., 1987; Traugott and Katosh, 1979). When 

thee variables that are used in calculating the weights, in this case voter turnout and political 

interest,, are part of the post-election questionnaire, it means that these variables could be 

biasedd as a consequence of a stimulus effect. 

AA third problem, that is partly related to the previous one, is the possibility of so-called 

answerr effects, response bias caused by the tendency of people to give socially desirable 

answerss that are not in line with their true behaviour or attitudes. Voter validation studies in 

countriess like the USA (Abramson and Claggett, 1989; Belli et al., 2001; Traugott, 1989), the 

Unitedd Kingdom (Collins and Sykes, 1987) and Sweden (Andersson and Granberg, 1997; 

Granbergg and Holmberg, 1991) have for example shown that in election research a substantial 

groupp of nonvoters claims to have voted - in most studies, this group is as large as 20 %. It is 

moree difficult to know how many people overreport their level of political interest, as there is 

noo objective measure available for political interest. 

Whatt are the possible effects of overreporting as a result of answer effects or of 

stimuluss effects on the calculation of weights? Overreporting may lead to overly high reports 

off  voter turnout in the sample. This wil l increase the weights for nonvoters and reduce the 

weightss for voters. For those variables that were asked in the post-election questionnaire, 

stimuluss effects may lead to higher levels of political involvement and possibly to a more 

positivee attitude towards politics and elections. Stimulus effects can also lead to lower levels 
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off  political self-confidence (see chapter 2). So the consequence of answer and stimulus effects 

wil ll  be that respondents with a low level of political involvement, a negative attititude 

towardss politics and elections or a high level of political selfconfidence will be overweighted, 

andd the opposite groups will have weights that are too small. 

Ass nonresponse bias is also known to lead to an overestimation of voter turnout, 

politicall  involvement and more positive attitudes towards politics (see chapter 1 and Smeets, 

1995),, this seems on face value to be no reason for concern. Weighting for nonresponse bias 

wil ll  correct this overestimation. However, there is still reason for concern. Those people who 

havee changed their behaviour or attitude due to their participation in the pre-election 

questionnairee and those people who have misreported their behaviour or attitude are treated in 

thee weighting as if they are exactly the same as true voters, those who are politically involved 

andd those with a positive attitude towards politics - while in fact, they are not. 

Pastt research into characteristics of misreporters of voter turnout showed that these 

peoplee are not like true voters, nor like true nonvoters (Anderson and Silver, 1986; Belli et al, 

2001;; Granberg and Holmberg, 1991; Silver et al., 1986). They are in between the two 

groups.. People that change their behaviour or attitudes due to a stimulus effect also differ 

fromm those who do not change. They are generally less educated, less interested in politics and 

havee a lower level of political self-confidence than those who do not change their behaviour 

(seee chapter 2 and Clausen, 1968; Granberg and Holmberg, 1992). Still, as these groups are 

relativelyy small (misreporters make up around 5 % of the total sample, the size of the group 

thatt changes its behaviour due to a stimulus effect is probably around 10 %), it is still possible 

thatt the effect on the weighting coefficients is only small. In the following paragraphs, we wil l 

testt whether this is indeed the case. 

733 Consequences of bias in the weights due to a stimulus effect 

Inn chapter 2 we demonstrated the existence of a stimulus effect in the post-election 

questionnairee of the 1998 Dutch National Election Study (DNES), by comparing the 

respondentss of the main study of the 1998 DNES with a control group that had only been 

questionedd after the elections. We will use the same data to examine whether weighting using 

aa variable of which it is known that it has been biased by a stimulus effect - voter turnout at 

thee national elections - wil l lead to different results in the main study and in uie control 

group. . 
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Tablee 7 . 1- Comparison of the unweighted estimates and the estimates obtained by weighting on 
reportedd voter turnout using a selection of respondents from die Dutch National Election Studies 
(thee experimental group) and from a control group. 

UnweightedUnweighted Weighted Difference 
NES NES Control Control 

group group 
NESNES Control 

group group 
NESNES Control 

Group Group 
VotedVoted in J 998 national elections 
yess 93.4 
noo 6.6 
Totall  241 

Self-reportedSelf-reported political interest: are you interestec 
yess 79.7 
noo 20.3 
Totall  251 

VotedVoted in 1998 local elections 
yess 86.1 
noo 13.9 
Totall  251 

82.1 1 
17.9 9 
251 1 

inin politics 
79.7 7 
20.3 3 
251 1 

86.1 1 
13.9 9 
251 1 

73.2 2 
26.8 8 
241 1 

74.6 6 
25.4 4 
241 1 

76.1 1 
23.9 9 
241 1 

PoliticalPolitical self-confidence: politics are too complicated for me 
agreee 61.0 
disagreee 39.0 
Totall  241 

PoliticalPolitical efficacy: Politicians are not interesled in 
agreee 35.1 
disagreee 64.9 
Totall  239 

52.8 8 
47.2 2 
248 8 

65.4 4 
34.6 6 
241 1 

mymy opinion 
46.0 0 
54.0 0 
235 5 

35.7 7 
64.3 3 
240 0 

73.3 3 
26.7 7 
251 1 

77.8 8 
22.2 2 
251 1 

84.2 2 
15.8 8 
251 1 

54.2 2 
45.8 8 
248 8 

46.0 0 
54.0 0 
234 4 

-20.2 2 
+20.2 2 

-5.1 1 
+5.1 1 

-10.0 0 
+10.0 0 

+4.4 4 
 A 

+0.6 6 
-0.6 6 

-8.8 8 
+8.8 8 

-1.9 9 
+1.9 9 

-1.9 9 
+1.9 9 

+1.4 4 
-1.4 4 

0 0 
0 0 

Too test this, we have compared the results of weighting using voter turnout to correct for 

nonresponsee bias in the main study (with stimulus effects present in the variable on which we 

weight)) and weighting using voter turnout in the control group (with stimulus effects absent in 

diee variable on which we weight). Table 7.1 gives the unweighted (columns 2 and 3) and 

weightedd (columns 4 and 5) distributions on five substantial variables and the differences 

betweenn the two, for both the DNES and the control study. From Table 7.1 it is clear that the 

changee after weighting is much larger in the main study than in the control group, especially 

forr political interest and voting at the 1998 local elections. This same process we also see in 

Tablee 7.2, which contains the correlations within the two groups before and after weighting. 

Thee differences in correlations that already existed between the two groups are reinforced by 

thee weighting process. When the correlations of the unweighted main study and control 

groupss are compared, none of the correlations differs significantly from each other. But when 

thee two groups are compared after correcting for nonresponse bias, three out of ten 

correlationss differ. The most remarkable change is that the correlation between 'voting at the 

nationall  elections' and 'voting at the local elections' becomes much higher in the main study 

afterr weighting, while this correlation barely changes in the control group. 
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Tablee 7.2 - Comparison of the correlations between the variables of interest before and after weighting on 
reportedd voter turnout using a selection of respondents from the Dutch National Election Studies (the 
experimentall  group) and from a control group. 

Votedd in 1998 national elections - self-reported 
politicall  interest 
Votedd in 1998 national elections - voted in 1998 local 
elections s 
Votedd in 1998 national elections - political self-
confidence e 
Votedd in 1998 national elections - political efficacy 

Self-reportedd political interest - voted in 1998 local 
elections s 
Self-reportedd political interest - political self-
confidence e 
Self-reportedd political interest - political efficacy 

Votedd in 1998 local elections - political self-
confidence e 
Votedd in 1998 local elections - political efficacy 

Politicall  self-confidence - political efficacy 

NES NES 
unweighted unweighted 

.155 5 
(241) ) 
.387 7 

(241) ) 
.111 1 

(241) ) 
-.013 3 
(239) ) 
.340 0 

(251) ) 
.235 5 

(241) ) 
-.169 9 
(239) ) 
.188 8 

(241) ) 
-.097 7 
(239) ) 
-.210 0 
(239) ) 

Control Control 
group group 

unweighted unweighted 
.203 3 

(251) ) 
.232 2 

(251) ) 
.122 2 

(248) ) 
-.004 4 
(235) ) 
.368 8 

(251) ) 
.233 3 

(248) ) 
.003 3 

(235) ) 
.118 8 

(248) ) 
.042 2 

(235) ) 
-.244 4 
(234) ) 

NES NES 
weighted weighted 

.255 5 
(241) ) 
.548 .548 

(241) (241) 
.202 2 

(241) ) 
-.023 3 
(240) ) 
.425 5 

(241) ) 
.299 9 

(241) ) 
-.216 -.216 
(240) (240) 
.195 5 

(241) ) 
-.219 -.219 
(240) (240) 
-.239 9 
(240) ) 

Control Control 
group group 

weighted weighted 
.227 7 

(251) ) 
.254 .254 

(251) (251) 
.141 1 

(248) ) 
-.004 4 
(234) ) 
.411 1 

(251) ) 
.241 1 

(248) ) 
.009 .009 

(234) (234) 
.131 1 

(248) ) 
.044 .044 

(234) (234) 
-.239 9 
(233) ) 

Thee results mean that the possibility of stimulus effect bias when nonresponse weights are 

computedd should not be ignored. One can even question whether weighting in election 

researchh that has both a pre- and a post-election questionnaire does not have more 

disadvantagess than advantages. A way to overcome this problem is to use only variables that 

havee been asked in me pre-election questionnaire in the correction procedure, which 

eliminatess further bias by weighting of the relationships between variables. This means that 

voterr turnout, which is the focus of the election study, cannot be used in the correction 

procedure. . 

7.44 Consequences of bias in the weights due to misreporting 

Too be able to test whether answer effects lead to serious bias in nonresponse weights, we have 

too compare the results after correction, using weights based on variables that are unbiased 

withh the results after correcting, using weights based on variables mat are biased by 

misreporting.. The Zaanstad validation study that was used in the previous chapters, offers us 

thiss opportunity. In this data file both validated (true) voter turnout and self-reported (thus 

overreported)) voter turnout are available. In Table 7.3 the estimates obtained by weights 

basedd on the validated voter turnout for response levels of 52 % and 78 % are compared with 
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thee estimates obtained by using weights based on the reported voter turnout. Table 7.3 shows 

thatt the differences obtained are only small. 

Tablee 7.3 - Comparison of estimates obtained by weighting on background variables 
andd true voter turnout and on background variables and reported voter turnout. 

VotedVoted in J 998 national elections 
yes s 
no o 
Total l 

Self-reportedSelf-reported political interest: are 
yes s 
no o 
Total l 

VotedVoted in 1999 provincial elections 
yes s 
no o 
Total l 

Self-reportedSelf-reported political knowledge 
littl e e 
fair r 
good d 
Total l 

5252 % response 
True True 

turnout turnout 

74.5 5 
24.5 5 
470 0 

Reported Reported 
turnout turnout 

74.5 5 
24.5 5 
470 0 

7878 % response 
True True 

turnout turnout 

74.5 5 
24.5 5 
704 4 

youyou interested in politics ? 
76.1 1 
23.9 9 
467 7 

41.2 2 
58.8 8 
470 0 

24.0 0 
34.4 4 
41.6 6 
466 6 

75.4 4 
24.6 6 
467 7 

39.8 8 
60.2 2 
470 0 

24.4 4 
35.0 0 
40.6 6 
464 4 

DoDo you feel ashamed when you have to admit that you did 
no o 
somewhat t 
yes s 
Total l 

DoDo you think voting is important? 
noo / neutral 
yes s 
yes,, very 
Total l 

33.8 8 
24.4 4 
41.8 8 
454 4 

10.5 5 
24.2 2 
65.3 3 
463 3 

35.8 8 
24.7 7 
39.5 5 
456 6 

11.9 9 
24.7 7 
63.3 3 
460 0 

70.9 9 
29.1 1 
701 1 

40.6 6 
59.4 4 
704 4 

28.2 2 
30.5 5 
41.2 2 
694 4 

notnot vote 
38.6 6 
25.3 3 
38.2 2 
674 4 

17.3 3 
26.0 0 
58.2 2 
688 8 

Reported Reported 
turnout turnout 

74.4 4 
24.6 6 
695 5 

69.8 8 
30.2 2 
692 2 

39.7 7 
60.3 3 
695 5 

29.0 0 
30.3 3 
40.6 6 
686 6 

J J 

37.5 5 
25.4 4 
37.1 1 
671 1 

18.6 6 
24.7 7 
56.8 8 
684 4 

Sample Sample 

74.5 5 
24.5 5 

65.2 2 
34.8 8 

39.5 5 
60.5 5 

Inn Table 7.4 we have compared the correlations obtained after weighting using the two 

differentt weights. The results in Table 7.4 show that weighting using reported voter turnout 

leadss to higher correlations between voter turnout and feeling ashamed when admitting to not 

havingg voted (although only the difference for the 78 % response level is significant), self-

reportedd political knowledge (although not significantly so) and, for the 78 % response level, 

politicall  interest. So people who feel ashamed when admitting they have not voted, who claim 

too have knowledge of and to be interested in politics, have the tendency to overreport voting 

moree often. These people bring their electoral behaviour in Une with their attitude towards 
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elections,, even when in reality attitude and behaviour are not. This result is similar to those 

Swaddlee and Heath (1989) reported for British election study. 

Thee conclusion is that, as far as univariate parameters go, weighting on a variable that 

iss biased by misreporting due to answer effects leads to only very small differences compared 

too weighting on a variable that is unbiased, at least in this case. For multivariate parameters 

thatt involve the variable that is used in weighting and variables that are related to that 

variable,, correlations can change due to using biased variables in constructing the weights. 

Tablee 7.4 - Comparison of the correlations between the variables of interest obtained by weighting on 
backgroundd variables and true voter turnout and on background variables and reported voter turnout 

Votedd in 1998 national elections - self-reported 
politicall  interest 
Votedd in 1998 national elections - voted in 1999 
provinciall  elections 
Votedd in 1998 national elections - self-reported 
politicall  knowledge 
Votedd in 1998 national elections - ashamed of 
admittingg to not voting? 
Votedd in 1998 national elections - voting important? 
Self-reportedd political interest - voted in 1999 
provinciall  elections 
Self-reportedd political interest - self-reported political 
knowledge e 
Self-reportedd political interest - ashamed of admitting 
too not voting? 
Self-reportedd political interest - voting important? 
Votedd in 1999 provincial elections - self-reported 
politicall  knowledge 
Votedd in 1999 provincial elections - ashamed of 
admittingg to not voting? 
Votedd in 1999 provincial elections - voting important? 
Self-reportedd political knowledge - ashamed of 
admittingg to not voting? 
Self-reportedd political knowledge provincial elections 
-- voting important? 
Ashamedd of admitting to not voting? - voting 

%% 52 
response response 

truetrue voter 
turnout turnout 

.174 4 

.188 8 

.315 5 

.368 8 

.445 5 

.253 3 

.266 6 

.255 5 

.185 5 

.193 3 

.183 3 

.142 2 

.424 4 

.372 2 

.336 6 

%52 %52 
response response 
reported reported 

voter voter 
turnout turnout 

.180 0 

.201 1 

.413 3 

.437 7 

.421 1 

.251 1 

.276 6 

.273 3 

.193 3 

.218 8 

.197 7 

.150 0 

.430 0 

.397 7 

.348 8 

%% 78 
response response 

truetrue voter 
turnout turnout 

.228 .228 

.174 4 

.281 1 

.374 .374 

.387 7 

.276 6 

.373 3 

.422 2 

.195 5 

.188 8 

.213 3 

.166 6 

.478 8 

.306 6 

.315 5 

%78 %78 
response response 
reported reported 

voter voter 
turnout turnout 

.341 .341 

.209 9 

.356 6 

.488 .488 

.331 1 

.281 1 

.379 9 

.428 8 

.201 1 

.194 4 

.222 2 

.170 0 

.480 0 

.309 9 

.316 6 

7.55 How to correct for  bias caused by stimulus effects and misreporting 

Noww that we have come to the conclusion that correcting for nonresponse bias using variables 

thatt are biased by stimulus or answer effects will not lead to unbiased results after correcting, 

itt is clear that we should first correct for bias caused by stimulus and answer effects, before 
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wee can correct for nonresponse bias. The question is what method we should use to correct for 

thiss bias. 

Weightingg does not seem to be an option, as the basic idea behind weighting is to give 

respondentss that belong to a certain group that is underrepresented more importance in the 

analysiss and respondents that belong to a group that is overrepresented less importance. But 

withh response bias, of which stimulus and answer effects are special cases, the problem is not 

thatt certain groups are over- or underrepresented among the respondents, but that some 

respondentss changed their attitude or behaviour as a result of participating in the study, or 

reportedd a behaviour or attitude that is not in line with their true behaviour or attitude. 

Inn survey research, and more especially in election studies, both selection process and 

transformationn processes take place (see chapter 3 and Saris, 1997). In selection processes, 

certainn groups are 'selected' with a smaller probability than others. Nonresponse is an 

examplee of a selection process. Bias caused by selection processes can be corrected by giving 

groupss of respondents that have a smaller probability of being 'selected'' (i.e. to respond) a 

higherr weight and groups of respondents that have a higher probability of being 'selected' a 

lowerr weight. 

Inn transformation processes, the behaviour or attitude of certain groups is transformed 

too a different behaviour or attitude. Stimulus effects and answer effects are examples of 

transformationn processes. Stimulus effects cause the behaviour or attitude of the respondent or 

thee report of the behaviour or attitude by the respondent to change (i.e. to be 'transformed'), 

answerr effects cause the report of the behaviour or attitude to be different from the true 

behaviourr or attitude: the true behaviour is transformed to a different reported behaviour. Bias 

causedd by transformation processes can only be corrected by substituting the transformed 

behaviourr or attitude with the behaviour or attitude of the respondent before the 

transformationn process took place. 

Withh this in mind, there seems to be only one way to deal with bias caused by a 

stimuluss effect: to detect the group that has changed its behaviour or attitude as a result of this 

stimuluss effect, and to correct its answers by substituting these with the answers the members 

off  the group would have given, had they not been participating in the study. The same 

reasoningg holds for answer effects, but in this case the respondents who have to be detected 

aree diose that report a behaviour or attitude that differs from their true behaviour or attitude. 

Whatt kind of respondents will be liable for a stimulus effect? In chapter 2 it was 

shown,, in line with the theory put forward by Zaller (1992), that people who do not have a 

strongg opinion or a high knowledge about the subject of the study are most inclined to change 
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theirr behaviour or their attitude as a result of their participation in that study. For election 

studies,, we are looking for people that report a low score on political knowledge and political 

involvementt in the pre-election study, and a high(er) score on political involvement in the 

post-electionn study. 

Althoughh political self-confidence has a positive relationship with political 

involvement,, in chapter 2 we argued that participating in a pre-election questionnaire can lead 

too a fall in the level of political self-confidence of some respondents. As the respondents wil l 

bee exposed to a great deal of information about politics in the pre-election questionnaire, they 

mayy get the feeling that politics is too complicated for them to fully understand. For example, 

thee fact that the pre-election questionnaire of the 1998 Dutch National Election Study 

containedd many political knowledge questions (for example, questions about the the European 

Union,, Dutch political leaders and the stance of political parties on issues like immigration, 

abortionn and foreign policy) will further reinforce this effect (see also Bishop et al, 1984). 

Hence,, we expect that there will be a group of people that wil l move towards a higher 

levell  of political involvement and a more positive attitude towards politics, as a consequence 

off  stimulus effects. Besides this group, there will also be a group of people that will move to a 

lowerr level of political self-confidence. The first group we will label as 'the risers' (as they 

risee on the political ladder or, become more involved), the second group as 'the downers' (as 

theyy go down die political ladder as a result of feeling less self-confident about politics). 

'Thee risers' can be detected by selecting those people who have a higher level of 

politicall  involvement in the post-election questionnaire than one would expect based on their 

levell  of political involvement or political knowledge in the pre-election questionnaire. 'The 

downers'' can be detected by selecting those people that have a lower level of political self-

confidencee in the post-election questionnaire than in the pre-election questionnaire. When the 

potentiall  'risers' and 'downers' have been detected one can correct all political behaviour and 

attitudee variables that have been asked in the post-election questionnaire. 

Thee basic idea behind the correction procedure is that for those respondents whose 

levell  of political involvement and political self-confidence seemed to have changed the most 

ass a result of the stimulus effect, the bias in the political involvement and attitude variables 

wil ll  also be the greatest The correction procedure should take this into account. 

Thee detection of respondents that are more liable to be influenced by answer effects is 

lesss straightforward. Past research shows that answer effects occur mainly in connection with 

questionss about sensitive behaviour (that is underreported) or behaviour and attitudes that are 

consideredd as socially desirable (that are overreported) or socially undesirable (mat are 
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underreported).. As voting in many cultures is considered to be socially desirable behaviour 

(Presser,, 1990; Sudman and Bradbum, 1974), it comes as no surprise that voter validation 

studiess have shown that answer effects lead to overreporting of voter turnout in election 

research.. It is not impossible that for other variables, also attitudinal variables, answer effects 

exist,, but as it is not possible to validate the answers of the respondents on attitudinal 

questionss through an external check - as can be done for voter turnout - it is not easy to detect 

suchh answer effects. Some experiments have been done with methods especially designed to 

measuree sensitive behaviour, for example the random response method, but this is beyond the 

scopee of this paper. 

Thee most obvious way to detect the misreporters due to answer effects is to execute a 

voterr validation study as part of the election study. When there is no voter validation study 

available,, it will be much more difficult to detect the misreporters. A possible solution is to 

usee knowledge about the characteristics of people that misreport from previous voter 

validationn studies (see for example Jackman (1999) who developed a method to estimate the 

amountt of measurement error using historical validation studies). 

Anotherr approach is to use a social desirability scale, as the respondents that have a 

highh score on this scale are probably the ones who are most liable to misreport their behaviour 

causedd by a tendency to give socially desirable answers. A social desirability scale that could 

bee used is the one developed by Marlowe and Crowne (1964) or the later adapted shorter 

versionss of this scale (Reynolds, 1982; Strahan and Gerbasi, 1972). The problem is that this 

scalee can only be used when variables that define this scale are present in the data file. For 

mostt election studies, this will not be the case. 

7.66 An illustratio n of the integrated correction procedure 

Noww that we have established an approach to deal with bias caused by stimulus effects and 

answerr effects, we wil l illustrate an integrated correction procedure that will correct for both 

responsee and nonresponse bias, using the data of the 1998 Dutch National Election Study. As 

thee 1998 DNES incorporated a nonresponse study and a stimulus effect study, these data seem 

suitablee for illustrating such a correction procedure. It should be realized that the 1998 DNES 

didd not take the idea of an integrated correction procedure into account in the research design. 

Thiss limits the means available to come to an optimal correction procedure. Still, it wil l be 

possiblee to examine in what respect an integrated correction method that takes both response 
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andd nonresponse bias into account performs better than traditional correction methods that 

onlyy take nonresponse bias into account. Before answering this question, we will start with a 

shortt description of the research design of the 1998 DNES. 

7.6.11 The 1998 Dutch National Election Study 

Thee 1998 Dutch National Election Study (DNES) was the first in which it was decided to 

makee some adaptions in the traditional design of the study in order to learn more about the 

magnitudee of possible nonresponse bias and the existence of stimulus effects. From the end of 

1980ss on, criticism of the DNES had been increasing, due to the growing nonresponse rate 

(Visscher,, 1995). By the time of the 1998 DNES, it was clear to the researchers involved in 

thee Dutch National Election Study that something had to be done about the rising 

nonresponse:: not only to try to keep it to a minimum, but also to gain more insight into the 

possiblee bias caused by it. It was decided to use a different sampling frame than in the past: 

thee election register. Through the election register, information about general characteristics 

off  the people in the sample could be obtained. This made it possible to compare respondents 

andd nonrespondents on these characteristics. As it was especially important to compare these 

twoo groups on variables that are directly linked to the main subject of the study - election 

behaviourr -, a nonresponse study was added to the research design. All nonrespondents were 

phonedd by an interviewer and asked to answer a small number of simple questions about their 

electorall  behaviour and atttitude towards politics and elections. The results of this 

nonresponsee study could be compared to the results of the main study of the DNES. In this 

way,, the researchers could gain more insight into the nonresponse bias in the main study. 

Ann additional advantage of this nonresponse study was that it would be possible to use 

thee results to correct for nonresponse bias. For calculating the 'official' weights included in 

thee 1998 DNES data set, the results of the nonresponse study were still not used - only 

backgroundd characteristics and voter turnout (so variables of which the population values 

weree known) were taken up in the weights. 

Besidess a nonresponse study, the 1998 DNES also contained a stimulus effect study. 

Inn this study, a control group comparable to the 1998 DNES main sample was interviewed 

usingg a questionnaire comparable to that used in the nonresponse study. The goal of the 

stimuluss effect study was to investigate whether stimulus effects existed in the 1998 DNES. If 

thiss was the case, the stimulus effect study would make it possible to gain insight into the 

magnitudee of this bias and to discern some patterns in this bias - concerning the direction of 
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thee bias and the group of respondents that seems to be affected mostly by the stimulus effects. 

Usingg the results of the stimulus effect study, we demonstrated in chapter 2 that a stimulus 

effectt was indeed present in the 1998 DNES. 

Bothh nonresponse study and stimulus effect study were done by phone, while the main 

studyy was done face-to-face. It is possible that differences found between the several studies 

mayy be due to method effects instead of indicating real differences between the two groups. In 

chapterr 3, it was demonstrated in an election study comparable to the DNES, that differences 

betweenn people interviewed by phone and people interviewed face-to-face were more 

probablyy caused by the moment that these interviews were conducted and by motivational 

differencess of the respondents than by a method effect. This is in line with other studies in 

whichh no method effects are found for telephone versus face-to-face surveys (for example De 

Leeuw,, 1992; De Leeuw and Van der Zouwen, 1988; Greenfield et al, 2000; Groves and 

Kahn,, 1979; Hochstim, 1967; Reubrand and Blassius, 1996). We will assume that the results 

off  the main study, the nonresponse study and the stimulus effect study can be compared. 

7.6.22 Correction of the 1998 DNES data for  stimulus effect bias 

Thee first step in the correction of stimulus effect bias is to detect the respondents whose 

behaviourr or attitude has changed as a result of participating in the first questionnaire, so 'the 

risers'risers' and 'the downers'. An important limitation of the 1998 DNES is that in pre- and post-

electionn questionnaires no questions are repeated. This means that it will be impossible to 

constructt pre- and post-election scales for political involvement and political self-confidence 

thatt contain die same variables. In die pre-election questionnaire, most of the questions can be 

usedd to determine the level of political knowledge and die direction of the political preference 

off  the respondent. The other questions were used to gather general background information 

aboutt the respondents. The post-election questionnaire contained all political self-confidence 

variabless and most of die political involvement variables. 

'Risers'' will be people whose level of post-election political involvement is higher 

thann their pre-election political involvement. We only have a few political involvement 

variabless available in the pre-election questionnaire and we will use political knowledge as a 

substitutee of political involvement because we have argued that those with a low level of 

politicall  knowledge will be more liable for a stimulus effect and because we also expect a 

strongg relationship between political knowledge and political involvement As we argued tiiat 

thee potential 'risers' will be people with a low level of political knowledge and a relatively 
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highh level of post-election political involvement, a comparison of a political knowledge scale 

(basedd on variables of the pre-election questionnaire) and a political involvement scale (based 

onn variables of the post-election questionnaire) can be used to determine the group of 

potentiall  'risers'.46 

Too identify the potential 'risers', we standardized both the political knowledge scale 

andd the post-election political involvement scale to have the same mean and the same 

minimumm and maximum values. Those who scored higher on the post-election political 

involvementt scale than on the political knowledge scale were considered the potential 'risers'. 

Inn comparison with the rest of the respondents, people with a low educational level, younger 

people,, women and people who did not vote in the local elections (these took place before the 

pre-electionn questionnaire was filled in) and people with a lower level of political interest 

weree overrepresented among the 'risers'. This is in line with what we would expect. 

Wee cannot use the political knowledge scale to determine the potential 'downers', as 

wee do not expect a strong relationship between the level of political knowledge of a person 

andd a lowering of the level of political self-confidence of that person as a consequence of a 

stimuluss effect. On the one hand, it still holds that people with a lower level of political 

knowledgee will be the ones that are most liable to change their behaviour or attitude as a 

consequencee of a stimulus effect (and even more so, because not being able to answer many 

off  the questions asked in the pre-election questionnaire, will negatively affect people's 

politicall  self-confidence). On the other hand, for 'downers' we would expect that their level 

off  political self-confidence will be relatively low in comparison to their level of political 

knowledge.. As it is also not possible to construct a political self-confidence scale based on the 

variabless of the pre-election questionnaire, we had to choose a different approach. 

First,, we constructed a political self-confidence scale.47 We then entered the post-

electionn political self-confidence scale as the dependent variable in a regression with several 

Thee 'political knowledge'-scale is constructed using three pre-election variables: knowledge about European 
Union-membershipp of certain countries, knowledge about the offices of several Dutch politicians and knowledge 
aboutt the composition of the current Dutch coalition government. All three variables were given an equal weight 
inn the scale. To measure the post-election political involvement we used six post-election variables. Most of 
thesee variables were scales constructed from several attitudinal variables. We expect that having voted at the 
nationall  elections, a low level of external political efficacy, a high level of political self-confidence, a low level 
off  political cynicism, a high level of civic participation and intensively following the election campaign are 
indicatorss of a high level of political involvement. 

Thiss political self-confidence scale was based on three attitudinal variables taken from the post-election 
questionnaire:: whether the respondent considered him- or herself qualified for politics, whether be or she 
consideredd him- or herself well-informed about politics and whether he or she agreed with the statement that 
politicss is sometimes too complicated for him or her. 
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variabless from the pre-election questionnaire as explanatory variables. Next, we compared 

thee predicted value of political self-confidence based on the pre-election variables with the 

post-electionn political self-confidence. The group for which the pre-election score was higher 

thann the post-election score, were considered as potential "downers'. 

Noww that we have identified the groups, the next step is to correct the variables from 

thee post-election questionnaire, along the lines that we described above, so by using the 

differencess between the pre- and post-election scales. To prevent the correlation between the 

correctedd variables rising because of the fact that most variables will be corrected by 

subtractingg or adding the same value, and to take into account the fact that reality never 

perfectlyy fits models, we calculated five different values for every respondent, each time 

addingg a random error term (using a normal distribution with mean zero and the standard 

deviationn of the variable indicating the difference between the pre- and post-election scales -

comparablee to the method used in stochastic regression imputation, see for example Littl e and 

Rubin,, 1989). We took the mean of these five values as the value of the respondent on the 

correctedd variable and rounded the value to the nearest integer. We are aware of the fact that 

withh each new calculation of the variable, the value might change because of the random error 

term.. This is not a problem, as the corrected values will never deviate much from each other. 

Tabell  7.5 - Comparison of the groups of potential 'risers' and 'downers' among the 1998 NES main 
studyy respondents and of all main study respondents before and after  correcting for  a stimulus effect 

GroupsGroups of potential 'risers' All main study respondents 
andand 'downers' 

BeforeBefore After Before After 
correctingcorrecting correcting correcting correcting 

VotedVoted in 1998 national elections 
yess 94.4 
noo 5.6 
Totall  799 

PoliticalPolitical self-confidence: politics are too complicated for me 
agreee 85.5 
disagreee 14.5 
Totall  906 

81.7 7 
18.3 3 
799 9 

72.2 2 
27.8 8 
906 6 

PoliticalPolitical efficacy: politicians are not interested in my opinion 
agreee 27.2 
disagreee 72.8 
Totall  776 

36.2 2 
63.8 8 
776 6 

90.8 8 
9.2 2 

1814 4 

61.6 6 
38.4 4 
1812 2 

36.8 8 
63.2 2 
1777 7 

85.2 2 
14.8 8 

1814 4 

55.0 0 
45.0 0 
1812 2 

40.7 7 
59.3 3 
1777 7 

Inn Table 7.5, the values for three post-election variables (voter turnout at the national 

elections,, an attirudinal question indicating the level of external political efficacy of the 

488 These variables were political knowledge, interest in politics, watching the main Dutch in-depth newsreel 
NOVA,, discussing politics at home as an adolescent, type of religious belief, sex, age, social class and education. 
Al ll  these variables turned out to have a significant effect, leading to an R-square for  the regression model of .399 
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respondentt and an attitudinal question indicating the level of political self-confidence) are 

compared.. In the first and second column, the group of potential 'risers' and 'downers' is 

comparedd before and after correction, in the third and fourth column, the total group of 

respondentss of the main study are compared before and after the correction. It is clear from 

Tablee 7.5 that for all three variables, correction for stimulus effect bias leads to substantial 

changee in the distribution, from 3.9 % for the political efficacy variable, to 5.6 % for voter 

turnoutt at the national elections and 6.6 % for the political self-confidence variable. With the 

exceptionn of the correlation between (the corrected) voter turnout at the national elections and 

voterr turnout at the local elections, that went from .389 to .306, the other correlations between 

thee corrected post-election variables and between these variables and the pre-election 

variables,, did not change significantly. 

7.6.33 Correction of the 1998 DNES data for  answer  effects bias 

Ass we noted above, a voter validation study was not part of the 1998 DNES research design. 

Thiss means that there is no easy way to detect misreporters. We can use the knowledge of 

previouss validation studies of voter turnout, although one should take into account that most 

off  these studies are based on national elections and it is not inconceivable that the tendency to 

misreportt voter turnout will be different for national elections than for local elections. The 

onlyy voter validation study that has so far been done in the Netherlands was conducted in the 

cityy of Zaanstad, as part of an election study on the occasion of the 1998 national elections 

(seee the chapters 3 to 6). We used the results of this study to detect the group of potential 

misreporters.. By doing a logistic regression on the Zaanstad data, with a variable indicating if 

aa voter is a true voter or a nonvoter reporting to have voted as the dependent factor, we can 

discernn which characteristics make misreporters distingushable from the true voters.49 The 

regressionn parameters thus obtained were used to calculate the probability that a reported 

voterr would be a misreporter in the 1998 DNES main study.50 

Ass explanatory variables, we only took variables that were available in both the Zaanstad study and in the 
19988 DNES. Before entering the explanatory variables in the regression equation, we first dichotomized them, 
afterr having analyzed a range of crosstabulations that we used to see which values on the variables we selected 
weree most overrepresented among the misreporters. We found dial die misreporters were more often male, 
betweenn 30 and 44 years old, single or single with children, living in an urbanized area, often having only 
primaryy or lower professional education and agreed less often with the statement that voting is a duty and that 
theyy had good knowledge of politics than validated voters. 
500 It is important to note mat for the voter turnout at the 1998 national elections, we used the voter turnout 
variablee corrected for stimulus effect bias. As the other voter turnout variable that was asked in the 1998 DNES, 
voterr turnout at the 1998 local elections, was part of the pre-election questionnaire, this variable does not have to 
bee corrected for stimulus effect bias. 
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Next,, we had to decide how many voters we would expect to be a misreporter, for 

bothh voter turnout variables in the 1998 DNES (voter turnout at the 1998 local elections and 

voterr turnout at the 1998 national elections). In chapter 3 we showed, using transformation 

matrices,, that around 20 % of nonvoters claimed to have voted, while the proportion of voters 

whoo claimed to have not voted was negligible. This is in line with results reported in 

validationn studies conducted in other countries (Abramson and Claggett, 1989; Andersson and 

Granberg,, 1997; Belli et al., 2001; Collins and Sykes, 1987; Granberg and Holmberg, 1991; 

Traugott,, 1989). 

Inn the 1998 DNES main study a voter turnout of 73.8 % at the 1998 local elections 

wass reported and a voter turnout of 85.2 % at the 1998 national elections (after having 

correctedd for stimulus effects). The turnout of the 1998 local elections was 58.9 %, that of the 

19988 national elections 73.2 %. This means that the overestimation of the voter turnout due to 

answerr effects and nonresponse bias taken together was 12 % at me national elections and 

waswas 14.9 % at the local elections. If 20 % of the nonvoters misreport their voter turnout, we 

wouldd expect to find a voter turnout at die national elections of 81.5 % and at die local 

electionselections of 67.2 % when we control for answer effects. This means that we expect a 3.7 % 

overestimationn for voter turnout at the national elections and a 6.6 % overestimation for voter 

turnoutt at die local elections caused by answer effects. 

Havingg established the number of misreporters among the voters at die national and 

locall  elections, we can calculate die voter turnout corrected for overestimation as a result of 

answerr effects. We found tiiat die correction does not lead to any substantial changes in die 

correlationss between voter turnout at die local elections and voter turnout at the national 

elections,, nor in me correlations between tiiese two corrected variables and die otiier political 

behaviourr and attitudinal variables. 

7.6.44 Correction of the 1998 DNES data for  nonresponse bias 

Noww diat we have corrected for bias as a result of stimulus effects and answer effects, we can 

usee all die variables, both from die pre-election and die post-election questionnaire, for 

calculatingg the nonresponse weights without running die risk of ending up witii nonresponse 

weightss diat are biased by response bias. We used voter turnout at die 1998 local elections, 

voterr turnout at die 1998 national elections (for botii tiiese variables we knew die population 

values)) and self-reported political interest (dichotomized in 'interested*  and 'not interested') 
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too correct for nonresponse bias, as we have argued that these three variables are expected to 

havee a very strong relation with social involvement and attachment to society. 

AA problem that still has to be solved is the fact that we do not know the level of 

politicall  interest of the main study nonrespondents who did not participate in the nonresponse 

studyy either. We already pointed out that it is possible to estimate the political interest of this 

groupp of nonrespondents by extrapolating. Applying the last respondent method (see above) 

too the data of the main study (the first extrapolation group) and of the nonresponse study (the 

secondd extrapolation group) we find a level of self-reported political interest of 45.6 among 

thee nonrespondents, which leads to 61.1 % politically interested people in the complete 

sample.51 1 

Inn the calculation of the weights, we also used eight background variables. We 

selectedd most of these background variables based on the model developed in chapter 5 - in 

ass far as these variables were present in the DNES data set.52 We used an iterative procedure 

too calculate the weights, starting with only one variable. After weighting on this variable and 

makingg sure that the distribution on this variable among the respondents after weighting was 

equall  to the distribution in the total sample, we adapted the weight by taking up a second 

variable.. We again compared the distribution among the respondents after weighting to the 

distributionn in the complete sample. As the distribution of the first variable after weighting 

mayy have changed because of the inclusion of the second variable, we adapted the weight so 

thatt also the distribution of the first variable was equal to the distribution in the sample. Then 

wee checked the distribution of the second variable again, and adapted the weight when the 

511 The level of political interest using the last respondent method is calculated as follows. First, it is assumed that 
thee level of political interest among the nonrespondents will be equal to the level of political interest of the 'last' 
respondentt in the group used for the extrapolation ~ in this case the respondents of the nonresponse study. 
With: : 

Ifnss = the level of political interest among the respondents of the main study 
Inss = = the level of political interest among die respondents of the nonresponse study 
Iiss = the level of political interest of the 'last' respondent in the extrapolation group 
Io,, = the level of political interest in the complete sample 
Rn,ss =5 response level of the main study 
Ross = response level of the nonresponse study 

thee level of political interest of the 'last' respondent can be calculated by the formula: 
Ihh = Ins + O»-1™) * R»./( R«» + + R») = 52.0+ (52.0-74.1) * 21.7 /(49.8+21.7) = 45.3 

Second,, the level of political interest of the 'last' respondent is used to calculate the level of political interest in 
thee complete sample by the formula: 

IcSS = (R™ * I» + InS*  R. + (100-Ot.» + R.))*  tVlOO = 49.8*74.1 + 21.7*52.0+28.5*45. 3 = 61.1 
22 Three of these are respondent characteristics: age, sex and educational level; three are neighbourhood 

characteristics:: dominating social class in the neighbourhood, proportion of people with a high educational level 
inn the neighbourhood and level of prosperity of the neighbourhood; and two are regional characteristics: 
urbanizationn and region. With the exception of educational level of the respondent, we had these variables 
availablee for (almost) the complete sample. Education level we only had available for those who participated in 
thee DNES or in the nonresponse study. We assumed that the distribution in educational level for the 
nonrespondentss is equal to that of the respondents of the nonresponse study. 
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distributionn of this variable turned out to be not equal to the distribution in the total sample. 

Wee repeated this until the distribution of both variables was in line with the distribution in the 

sample.. Then we added the third variable to the weight, and the process started again. We 

repeatedd this process until all eleven variables were included in the weight. 

Too see how much the parameters have changed after correction, we will compare the 

unweightedd parameters with the parameters after weighting for the main study respondents. 

Too evaluate the correcting power of both the integrated correction procedure and the official 

DNESS weights, the corrected parameters will be compared to the parameters found among the 

respondentss of the main study and of the nonresponse study taken together. Adding the 

respondentss of the nonrespondent study to the main study respondents represents the complete 

samplee better than when only the main study respondents are included in the analysis. 

Inn Table 7.6 we have compared the results of the weighting procedure for the 

distributionn of five variables: voter turnout at the 1998 national elections, voter turnout at the 

19988 local elections, self-reported political interest, extent of agreement with the statement 

thatt politicians do not really care about the opinion of the people (an indicator for external 

politicall  efficacy) and extent of agreement with the statement that politics is sometimes too 

complicatedd for the respondent (an indicator for political self-confidence). In Table 7.7 the 

correctedd and uncorrected correlations between these five variables are shown. 

Itt is clear from Table 7.6 that the two different correction methods lead to quite 

differentt results. After weighting using the DNES weight, there still is an overestimation of 

turnoutt at the local elections of 5.3 %, while, as the integrated correction method included this 

variablee in the weights, there is no bias left in this variable after correcting. In the case of the 

threee other variables, for which the main and nonresponse study respondents taken together 

aree used as a reference group, we see that the integrated correcton method leads to 

distributionss of the variables of interest that are more in line with the distributions in the 

referencee group than the distributions after using the DNES weights are. After weighting 

usingg the DNES weight, political interest is still overestimated, as is the level of disagreement 

withh the statement that politicians are only interested in people's votes and not in their 

opinions. . 

Evenn more striking is the fact that weighting using the DNES weight leads to a rise in 

thee proportion of people with a low political self-confidence, while such a rise is not in line 

withh the results of the nonresponse study, or with the result found after applying the integrated 

correctionn method. This makes it clear that not taking response bias due to stimulus effects 

intoo account can even lead to results that are more biased after weighting than before 
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weighting.. The DNES weights give more importance to people with a lower level of political 

self-confidence,, as this group is underrepresented among the respondents. But as participation 

inn the pre-election study caused some of the participants to become less self-confident about 

theirr political abilities, this response bias (leading to more people with a low political self-

confidence)) counteracted the overestimation of the level of political self-confidence due to 

nonresponsee bias among the respondents. Not taking this response bias into account will lead 

too overly high weights for those with a low level of political self-confidence, and so to an 

increasee of the response bias. 

Tablee 7.6 - Comparison of the distribution of five variables of interest for the 1998 
DNESS main study respondents (column 2), the 1998 DNES main study and 
nonresponsee study respondents taken together (column 3), the 1998 DNES main study 
groupp after weighting on the 1998 DNES weight (column 4), and the 1998 DNES main 
studyy group after applying the integrated correction procedure (column 5), 

DNESDNES main DNES main Weighting Integrated 
studystudy study and and on DNES correction 

respondentsrespondents nonresponse weighting procedure 
studystudy variable 

respondents respondents 
VotedVoted in 1998 national elections 
yess 90.8 
noo 9.2 
Totall  1814 

VotedVoted in 1998 local elections 
yess 73.8 
noo 26.2 
Totall  1803 

Self-reportedSelf-reported political interest: are you interested 
yess 75.8 
noo 24.2 
Totall  1810 

PoliticalPolitical efficacy: politicians are not interested in 
agreee 36.8 
disagreee 63.2 
Totall  1777 

inin pol 

89.8 8 
10.2 2 

1976 6 

70.3 3 
29.7 7 
2962 2 

itics? itics? 
67.4 4 
32.6 6 

3009 9 

mymy opinion 
45.3 3 
54.7 7 
2633 3 

PoliticalPolitical self-confidence: politics are too complicated for me 
agreee 61.6 
disagreee 38.4 
Totall  1812 

61.7 7 
38.3 3 
2739 9 

73.5 5 
26.5 5 
1814 4 

64.2 2 
35.8 8 
1806 6 

70.1 1 
29.9 9 
1811 1 

41.0 0 
59.0 0 
1770 0 

66.1 1 
33.9 9 
1812 2 

73.2 2 
26.8 8 
1814 4 

58.9 9 
41.1 1 
1803 3 

61.1 1 
38.9 9 
1810 0 

45.0 0 
55.0 0 
1774 4 

60.3 3 
39.7 7 
1814 4 

Inn Table 7.7 we see, with only one exception, that the correlations after correcting using the 

DNESS weights are higher than the correlations after correcting using the integrated correction 

method.. As the correlations after correcting using the integrated method are closer to the 

correlationss in the reference group, this indicates that correcting using the DNES weight 

overestimatess the strength of the relations between variables. Especially the relationship 
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betweenn voting at the national elections and voting at the local elections is strongly 

overestimated.. The one exception is the correlation between self-reported political interest 

andd political self-confidence. This correlation rises more strongly after applying the integrated 

correctionn method than after using the DNES weights. This can be explained by the fact that 

correctingg for stimulus effect bias in political self-confidence (to be more specific, moving 

somee of the respondents from 'having a low level of political self-confidence' to 'having a 

highh level of political self-confidence') will bring the answers on the political attitude 

variabless from the pre-election and post-election questionnaires more in line with each other. 

Tablee 7.7 - Comparison of the correlations of five variables of interest for the 1998 DNES main study 
respondentss (column 2), the 1998 DNES main study and nonresponse study respondents taken together (column 
3),, the 1998 DNES main study group after weighting on the 1998 DNES weight (column 4), and the 1998 DNES 
mainn study group after applying the integrated correction procedure (column 5). 

DNESDNES main DNES main Weighting Integrated 
studystudy study and on DNES correction 

respondentsrespondents nonresponse weighting procedure 

Votedd in 1998 national elections - voted in 1998 local 
elections s 
Votedd in 1998 national elections - self-reported 
politicall  interest 
Votedd in 1998 national elections - political efficacy 

Votedd in 1998 national elections - political self-
confidence e 
Votedd in 1998 local elections - self-reported political 
interest t 
Votedd in 1998 local elections - political efficacy 

Votedd in 1998 local elections - political self-
confidence e 
Self-reportedd political interest - political efficacy 

Self-reportedd political interest - political self-
confidence e 
Politicall  efficacy - political self-confidence 

.389 9 
(1803) ) 

-.208 8 
(1810) ) 

.105 5 
(1777) ) 

.117 7 
(1812) ) 

-.205 5 
(1799) ) 

.089 9 
(1766) ) 

.119 9 
(1801) ) 

-.150 0 
(1774) ) 

-.207 7 
(1808) ) 

.196 6 
(1775) ) 

study study 
respondents respondents 

.406 6 
(1964) ) 

-.230 0 
(1972) ) 

.111 1 
(1926) ) 

.123 3 
(1968) ) 

-.245 5 
(1953) ) 

.086 6 
(2614) ) 

.098 8 
(2717) ) 

-.190 0 
(2630) ) 

-.202 2 
(2735) ) 

.210 0 
(2608) ) 

variabe variabe 

.547 7 
(1806) ) 

-.295 5 
(1811) ) 

.145 5 
(1770) ) 

.174 4 
(1810) ) 

-.266 6 
(1803) ) 

.146 6 
(1762) ) 

.163 3 
(1802) ) 

-.175 5 
(1768) ) 

-.211 1 
(1807) ) 

.222 2 
(1766) ) 

.397 7 
(1803) ) 

-.250 0 
(1810) ) 

.115 5 
(1774) ) 

.143 3 
(1811) ) 

-.253 3 
(1799) ) 

.095 5 
(1763) ) 

.153 3 
(1800) ) 

-.174 4 
(1771) ) 

-.252 2 
(1807) ) 

.200 0 
(1771) ) 

Al ll  in all, we can conclude that the integrated correction method performs much better in 

correctingg for bias in election research than the DNES weighting method does. This 

underliness that it is important to not only correct for nonresponse bias, but to also correct for 

responsee bias and moreover, to take response bias into account when calculating weights to 

correctt for nonresponse bias. 
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7.77 Generalizing the integrated correction method to other  election studies 

Itt is important to know if it is possible to apply the integrated correction method that we have 

justt demonstrated for data of election studies that have been conducted in the past and that 

weree not accompanied by a nonresponse study and a stimulus effect study. 

Manyy international elections studies contain (at least) two waves of questionnaires, 

usuallyy a pre-election and a post-election questionnaire. If the first wave questionnaire is 

substantiall  enough to have a lasting influence on the respondents, there is the possibility that a 

stimuluss effect will come into existence. In that case, it can be expected that this first wave 

questionnairee will contain enough variables to develop a procedure comparable to the one we 

havee developed to detect the group whose behaviour or attitude may have changed as a result 

off  this stimulus effect. Then it will also be possible to correct for stimulus effect bias. 

Ass for correcting for response bias caused by answer effects, for most election studies 

itt may be possible to use the same variables as we did to detect these among the reported 

voterss who have the highest probability to be misreporting nonvoters - that is, if all these 

variabless are present in the data file. But it is not inconceivable that in different countries and 

inn different times, different processes may lead to overreporting of voting turnout. 

Thee lack of a nonresponse study can be dealt with in two ways, so that it is still 

possiblee to correct for nonresponse bias using variables that are believed to have a strong 

relationshipp with social involvement and attachment to society - like, for example, political 

interest.. First, by making a distinction between 'easy respondents' and 'difficult respondents1 

(thee last group being respondents who were difficult to reach, who only agreed to participate 

inn the study after being persuaded by the interviewer or who initially refused, but after being 

recontactedd a second time, were persuaded to participate after all) and then using the 'difficult 

respondents'' as proxy for the nonrespondents (as was done in chapter 1 and by Hawkins, 

1975;; Smeets, 1995; Smith, 1983; Smith, 1984). Second, if the study has more than one wave 

off  questionnaires, by using dropouts from the first wave as proxys for the nonrespondents. 

Thiss method was also applied in chapter 1 and by Smeets (1995). 

Ass the 1998 DNES contained a group of respondents that dropped out after having 

participatedd in the pre-election questionnaire, we can evaluate whether we will arrive at the 

samee nonresponse weights if we use this group in the extrapolation procedure to estimate the 

levell  of political interest in the complete sample, instead of the respondents of the 

nonresponsee questionnaire. For this to be the case, the total level of political interest estimated 
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usingg the respondents that dropped out after the pre-election questionnaire, should be 

approximatelyy the same as the level of political interest we estimated using the respondents of 

thee nonresponse questionnaire: 61.1 %. 

Becausee the group of panel dropouts is rather small - 287 respondents, which is 6.8 % 

off  the total sample, we will use the projected response method, as this method works better 

thann the last respondent method when the group used for extrapolation is small.5 Using the 

projectedd respondent method, we arrive at an estimate of the level of political interest in the 

totall  sample that is quite close to that found using the respondents of the nonresponse study: 

61.55 %. This means that the nonresponse weights calculated using the pre-election dropouts, 

aree almost equal to those calculated using the nonresponse study data - at least, in the case of 

thee 1998 Dutch National Election Study. 

7.88 Discussion 

Inn this paper, we have demonstrated that the traditional way of correcting for nonresponse 

biass in election research has some important limitations. First, it ignores the fact that election 

studyy data may be biased by more than nonresponse alone - more specifically, by stimulus 

effectss and answer effects. Second, as the traditional way of correcting does not take into 

accountt possible response bias in the calculation of nonresponse weights, it tries to eliminate 

nonresponsee bias at the risk of worsening the response bias. Using the 1998 DNES data, we 

showedd that an integrated method that distinguishes the different biases in the data, and 

correctss each of them separately, performs much better. 

Althoughh it is possible to use this integrated method for data sets that have been 

collectedd in the past, for future research it would be recommended to take measures in the 

researchh design that will make correction for response bias and nonresponse bias easier. The 

19988 DNES took a step in the right direction by including a nonresponse study and a stimulus 

effectt study in the design. It is a pity that, due to financial limitations, this approach was not 

continuedd in the 2002 DNES. It still seems that many election researchers see information 

aboutt possible bias in their data as a nice extra alongside the substantial variables that the 

electionn study was set up for in the first place, instead of as a necessary condition for the 

qualityy of the data. 

Inn general, it is better to prevent bias from coming into existence than to have to find 

wayss to correct for it. Panel research may always bring some stimulus effect bias with it. The 

533 For a description of the projected respondent method, see Armstrong and Overton. 1977 



187 7 

amountt of the stimulus effects will probably be dependent on the length of the questionnaire, 

butt also on the kind of questions asked in the questionnaire. In the 1998 DNES a wide range 

off  questions to measure the knowledge of the respondent about politics was asked and also 

manyy questions about the way in which the respondent views the different political parties in 

thee Netherlands. Answering such questions, for which the respondent has to retrieve his or her 

knowledgee about politics, may have a negative effect on the level of political self-confidence 

off  die respondent. If it is really necessary to ask these questions in die pre-election 

questionnary,, a way to prevent response bias would be to ask the political self-confidence 

questionss before asking tins range of knowledge questions. 

AA way to gain more insight into the magnitude of bias due to stimulus effects is to ask 

aa few important behavioural or attitudinal questions at die beginning of the pre-election 

questionnairee and to repeat tfiose questions in the post-election questionnaire. This will make 

itt possible to get information about the way in which the attitude of the respondent has 

changedd between the two questionnaires. Altiiough one can never be sure diat tfiis change has 

beenn caused by participating in the pre-election questionnaire, at least it gives die election 

researcherr some insight into the maximum size of the stimulus effect bias. Still, die best 

solutionn would be to split the sample in half - with one half participating in both die pre-

electionn and post-election questionnaire and the other half participating only in die post-

electionn questionnaire. This will also make it easier to detect the respondents who run a 

greaterr risk of having changed dieir behaviour or attitude as a result of tiieir participation in 

thee pre-election questionnaire, and to correct for diis bias. 

Too prevent overreporting of voter turnout will be even more difficult. One possibility 

tiiattiiat has been suggested, and tiiat seems to work, is to explicitly point out to die respondents 

thatt people have the tendency to misreport tfieir voting behaviour (Belli et al., 1999). Anotiier 

possibilityy is to first ask some questions diat will help to take die social desirability-pressure 

offf  die voting questions - for example, by asking the respondent if it has occurred in the past 

diatt he or she planned to vote, while due to circumstances tius did not happen, mentioning 

beforehandd diat many people experience this. Anodier way to correct for die overreporting of 

sociallyy desirable behaviour in otiier variables tiian die voter turnout variable, is to include 

somee variables diat make up a social desirability scale. 

Above,, we have already suggested diat every election study should be accompanied by 

aa voter validation study. It is not necessary to validate die complete sample: a small 

subsamplee of around 400 to 500 respondents will be enough - although titis also depends on 

diee number of nonvoters among die respondents. The smaller diis number is, die more 
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respondentss are needed for the voter validation study, as it is the nonvoters who are the 

potentiall  misreporters. With the voter validation study, one can get insight into the extent of 

thee overreporting and also into the kind of people that overreport. This knowledge can be used 

inn correction procedures for overreporting. In some countries the privacy rules make it nearly 

impossiblee to do voter validation studies. It is important that the legislators are made aware of 

thee fact that voter validation studies are a necessary part of national election studies (which 

aree most of the time paid for with public money), so it should be possible for election 

researcherss to conduct such a voter validation study. An alternative is to use knowledge from 

voterr validation studies that have been conducted in the past or in other countries, as the 

resultss of most of these studies are similar. 

Finally,, the only way to prevent nonresponse bias is to strive for a response level that 

iss as high as possible. As most election studies, and especially the Dutch one, are very 

extensive,, a possibility would be to ask people who are not willing to participate in the 

completee study to participate in a shorter version - for example, a survey that will take 

betweenn 15 to 30 minutes, and in which at least the most important behavioural and attitudinal 

variabless are included. This survey could be done by phone or even mail, if preferred. Not 

onlyy will this mean that for a group of potential nonrespondents, the researchers wil l have a 

goodd deal more information, but it will also be very helpful in gaining insight into possible 

nonresponsee bias and correcting for nonresponse bias. People who do not want to answer this 

shorterr questionnaire either can be asked to at least answer a few simple, central, questions 

(i.e.. voter turnout and political interest), and this information can also be used in correcting 

forr nonresponse bias. 

Al ll  in all, there are many ways to improve the possibility for correcting the different 

biasess that are present in election study data. This thesis showed that correcting for bias is 

necessaryy and that it is also possible. 


