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a b s t r a c t

Using a decomposition of US monetary policy shocks and inflation forecasts from Consensus Eco-
nomics, we find that information and monetary policy shocks move inflation expectations in op-
posite directions. Better performing forecasters appear less reliant on the informational content of
announcements.

© 2020 The Author(s). Published by Elsevier B.V. This is an open access article under the CC BY license
(http://creativecommons.org/licenses/by/4.0/).
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1. Introduction

In contrast to households and firms, financial market partic-
pants and professional forecasters seem to pay much attention
o the actions of monetary policymakers. How financial markets
erceive the path of future inflation drives contemporaneous
ong-term interest rates and therefore provides a direct trans-
ission mechanism of monetary policy announcements (Coibion
t al., 2020). However, as pointed out by Jarociński and Karadi
2020) (from now on JK), central bank announcements simul-
aneously convey information both about monetary policy and
he central bank’s assessment of the economic outlook. These
uthors disentangle monetary policy shocks from contempora-
eous information shocks and use a Bayesian structural vector
utoregression to assess their dynamic impact. Whereas mone-
ary policy shocks have an initial negative effect on the average
ne-year-ahead inflation forecast, information shocks increase
nflation expectations.

Using the two types of shocks as provided by JK and Consensus
orecasts, we examine how individual forecasters’ expectations
are affected by these shocks. We thus go beyond the impact
on average (or median) inflation expectations. This allows us
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to examine the interaction between characteristics of forecast-
ers’ inflation expectations, like the extent to which individual
forecasts deviate from the median forecast and the accuracy
of individual forecasters, and monetary policy and information
shocks.

2. Data used

Our dataset is obtained from Consensus Economics and com-
prises monthly professional forecasts of average annual inflation
in the US. Because the shocks of JK runs from 1990 to 2016, we
focus on this period. Our panel consists of 67 forecasters in total
— however, there are only 19 to 35 forecasters participating in
the survey at any one time.

Respondents provide fixed-event forecasts of annual inflation
in the current year and in the next year. As we are interested how
inflation forecasts change over time, we follow previous studies
and transform the data to fixed-horizon forecasts as follows:

π e
t ≡ π̂

fc
t+12|t =

h(t)
12

π
fc
t+h(t)−1|t +

12 − h(t)
12

π
fc
t+h(t)+11|t

π̂
fc
t+12|t approximates the forecast of the fixed-horizon 12-month
head inflation rate at time, t and is the weighted average of

the fixed-event forecasts of annual inflation in the year ending
t and the year ending t + 1. The enumeration h ∈ {1, 2 . . . 12} is
he number of months until the end of the year as at t . That is,
(Jan) = 12, h (Feb) = 11, . . . , h (Dec) = 1. For example, the ap-
roximate fixed-horizon forecast in September 2017, π̂ fc ,
Sept18|Sept17
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mpact of monetary policy and information shock on changes of inflation
orecasts: interaction with forecast deviation.

Notes: T-statistics in parentheses. All specifications are fixed effects estimations,
with standard errors clustered at the forecaster level. Policy shocks are obtained
from Jarociński and Karadi (2020). The sum of lagged coefficients shows the sum
(and associated t-statistics) of each shock. In column (3) the sum is taken at
he mean forecast deviation.
p < 0.1.
∗ p < 0.05.
∗ ∗p < 0.01.

s made up of the pair of forecasts, π
fc
Dec17|Sept17 (forecast of the

017 inflation rate at the 4-month horizon, h) and π
fc
Dec18|Sept17

forecast of the 2018 inflation rate at the 16-month horizon), with
eights 4/12 and 8/12 respectively.1

. Method

To test for the effect of monetary policy (MP) and central
ank information (CB) shocks on forecast revisions to inflation
xpectations, we employ standard fixed effects panel regressions:

π e
it ≡ π e

it − π e
i,t−1

= β0 + β1MP shockt−1 + β2MP shockt−2 + β3CB shockt−1

+ β4CB shockt−2 + β5forecast deviationi,t−1 + fei + eit (1)

ur dependent variable, ∆π e
it , is the change in YoY inflation

xpectations. We include two lags of each shock to account for
elayed effects. We examine forecaster heterogeneity with the
ariable forecast deviationi,t−1, which measures the deviation of
orecaster’s i prediction from the sample median in each month,
nd is an indicator of relative forecast performance.2 A negative

1 Each pair of forecasts used to create a single fixed-horizon forecast are
ade in the same month. Hence the transformation maintains consistency in

erms of the timing of the predictions.
2 Forecasters are aware of the median inflation forecast by the next period.
e do not include the actual forecast error because the official CPI is not

eleased until at least 13 months from the date of prediction — to include
uch a variable at this lag stretches credulity, since it is likely that forecasters
ave already accounted for their error before then.
 t

2

Table 2
Forecaster ranking and monetary policy.

Notes: see notes to Table 1.

coefficient indicates that forecasters revise their inflation ex-
pectations upwards (downwards) when they previously forecast
lower (higher) inflation than the sample median.

Next, we examine the relationship between the shock vari-
ables and individual forecast performance by interacting with the
absolute value of the forecast deviation (|forecast deviationi,t−1|).

e use absolute deviations because we are interested in whether
he size of deviations matters for the way forecasters react to
onetary policy.3 Our hypothesis is that forecasters that have
ot performed well react more to informational shocks than their
etter-performing peers. This could be, for example, due to their
nformational disadvantage, and the induced stronger reliance on
entral bank communication.
Additionally, we incorporate actual inflation performance into

ur analysis. In each month, we rank forecasters by their ex-post
orecast error (using realized inflation from the Federal Reserve

3 One alternative is to interact with the level of forecast deviations. This
pproach would be more appropriate if we were interested in analyzing whether
he sign of forecast deviations matters for forecasters’ reactions to monetary
olicy. We have, however, experimented with such specification to find that
he sign of deviations is irrelevant. The results are available upon request.
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ank of St. Louis). Forecasters not reporting a forecast do not
eceive a rank for that month. Next, we calculate the average
anking of each forecaster over the sample period. Finally, we
reate binary variables identifying better and worse performing
orecasters according to their average ranking, and interact with
he shock variables of JK.

. Results

In column (1) of Table 1, the effects of the CB shock are sig-
ificant and positive, while the effect of the second lag of the MP
hock is significant and negative. The cumulative effects are anal-
gously significant. In column (2), we add Forecast deviationt−1,
hich as expected, yields a significant negative coefficient. This
hows that forecasters respond to their relative inflation perfor-
ance to revise their expectations.
In column (3), we test for interaction effects between the

wo shocks and |forecast deviationt−1|. The cumulative effect of
ach shock (evaluated at the mean forecast deviation) remains
ignificant. Turning to the interaction terms, the results show
hat forecast deviations from the sample median do not affect
ow forecasters react to MP shocks, but do affect how they react
o the informational content of monetary policy announcements.
he coefficient on CB shockt−2 ·|forecast deviation|t−1 is significant

and positive, indicating that forecasters that perform poorer rela-
tive to the consensus in the last period respond more strongly
to CB shocks by making larger changes to their forecasts. One
explanation is that large deviations from the consensus may cause
forecasters to question the quality of their private information,
becoming thus more attentive to the informational content of
central bank announcements. Or they may have been previously
ignoring this information.

Finally, in Table 2 we incorporate actual inflation performance
into our analysis. In column (1), we identify top (bottom) ranking
forecasters with binary variables equal to 1 for forecasters in
the top (bottom) half of the average ranking, and 0 otherwise.
These binary variables are interacted with the shock variables.
Separating the forecasters in this way does not change the overall
direction of the CB and MP shocks (positive and negative, re-
spectively) – although the cumulative effect of MP shocks on the
top-ranking forecasters appears to be weaker than the bottom-
ranking forecasters, and is only marginally significant at the 10%
level. In column (2), we further separate forecasters by tercile,
3

such that there are 3 groups — top-ranking, middle-ranking and
bottom-ranking forecasters. In this grouping, the second lag of
the CB shock in top-ranking forecasters becomes insignificant.
The coefficient of the cumulative effect is half or less than half
of that of the middle- and bottom-ranking forecasters (although
the difference is only statistically different from 0 compared with
the middle-ranking forecasters). This suggests that top-ranking
forecasters are relatively less reliant on the information content
of central bank announcements, plausibly because they hold su-
perior private information. This is consistent with the results in
Table 1.

While the second lag of the MP shock remains significant
and negative in top-ranking forecasters, the cumulative effect is
insignificant. In contrast, the cumulative effect is significant in
middle-ranked forecasters. This can again be explained by infor-
mational asymmetries, to the extent that top-ranked forecasters
may anticipate monetary policy changes better before they are
announced. For bottom-ranking forecasters, the cumulative effect
is also insignificant. In this group, insufficient responses to mon-
etary policy announcements is associated with larger forecast
errors. This could be because worse performing forecasters are
less capable of disentangling the information content of monetary
policy announcements from the effect of the policy change itself
(or are simply inattentive). Overall, the results show that differ-
ences in the quality of forecasters are associated with different
responses to monetary policy. Monetary policymakers may bet-
ter align inflation expectations by making their communications
about the macroeconomic outlook and policy changes clearer.

5. Conclusion

Our results suggest that monetary policy and information
shocks move inflation expectations of individual forecasters in
opposite directions, confirming the results of Jarociński and Karadi
(2020) at the micro level. Furthermore, we find that better per-
forming forecasters appear less reliant on the informational con-
tent of central bank announcements.
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