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ARTICLE

Divided access and the spatial polarization of housing wealth
Rowan Arundel and Cody Hochstenbach
Department of Geography, Planning and International Development Studies, University of Amsterdam,
Amsterdam, The Netherlands
ABSTRACT

ARTICLE HISTORY

Recent research has pointed to increasingly divided housing access
across advanced economies. This reﬂects growing labor market
inequality and rising intergenerational divides amplifying the importance of parental resources. At the same time, an increasing spatial
polarization of housing markets has driven divergence between
high-gain versus low-gain submarkets. This paper confronts how
divided access to housing collides with growing spatial inequality
in housing markets. The research turns to the Netherlands, drawing
on full-population register data. First, GIS mapping exposes spatial
polarization in house-value development. Second, household-level
modeling demonstrates the impact of income, employment position
and parental wealth in divided access to housing submarkets. Taken
together, spatial polarization and diﬀerentiated access appear fundamental to driving inequalities in housing wealth accumulation.
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Introduction
Housing matters. Housing is fundamental to shaping individual life course trajectories,
being crucial to the attainment of independence and family formation (William &
Dieleman, 1996). It is also central toward household economic security and wealth
strategies (Aalbers & Christophers, 2014; Ansell, 2014; Doling & Ronald, 2010). Across
many advanced economies, the gradual and uneven erosion of welfare-state safety nets
(Brenner, Peck, & Theodore, 2010) alongside labor market restructuring (Bell &
Blanchﬂower, 2011; Stockhammer, 2013) have only increased the centrality of housing
assets toward household economic security. On a societal level, housing is further key in
producing and reproducing various dimensions of inequality (Desmond, 2016). In
particular, diﬀerentiated access to homeownership and property wealth accumulation
appear central to shaping societal inequalities.
Homeownership ideology over the past half century or so has endorsed mass homeownership as a means toward widespread asset accumulation and economic redistribution (Ronald, 2008; Kohl, 2018; Arundel & Ronald, 2019). Recent developments,
however, and especially since the Global Financial Crisis (GFC), have instead pointed
toward starkly increasing housing inequalities in many countries (Arundel, 2017; Forrest
& Hirayama, 2015; Lennartz, Arundel, & Ronald, 2016).
CONTACT Rowan Arundel
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On the one hand, divides in housing outcomes reﬂect other dimensions of rising
socio-economic inequality. Labor markets across advanced economies have been characterized by a “hollowing out of the middle classes” with growing shares in more
precarious employment (Kalleberg, 2018; Milanovic, 2016; Nolan et al., 2014; OECD,
2016) impacting housing access (Arundel & Doling, 2017). Relatedly, recent scholarly
work has singled out emerging generational divides, with younger populations in many
countries struggling to enter the housing market (Arundel & Doling, 2017; Lennartz
et al., 2016). This has seemingly increased the role of parental ﬁnancial support in
housing market entry (Forrest & Hirayama, 2015; McKee, 2012).
On the other hand, we argue housing markets are not only diﬀerentiated across
populations but are also divided across space. Housing asset accumulation is inherently
spatial. Recent transformations of housing markets – and land values that underlie these1 –
have seemingly only intensiﬁed spatial divides in the face of ongoing processes of housing
ﬁnancialization and rising ﬂows of capital invested in particular real estate markets
(Aalbers, 2016; Fernandez & Aalbers, 2016). In a context of spatial polarization, where
booming and struggling property markets coexist, it is not only a matter of who is able to
buy, but also where one buys may profoundly aﬀect asset accumulation.
In understanding dynamics of rising housing inequality, this paper brings together
how housing markets are divided across populations and space. While a substantial body
of research has looked at determinants of initial access to housing markets (see Dewilde,
Hubers, & Coulter, 2018; Filandri & Bertolini, 2016; Helderman & Mulder, 2007; Kurz &
Blossfeld, 2004), there is only limited understanding on diﬀerentiated wealth accumulation potential among homeownership entrants, and the spatial nature of such diﬀerences.
Past research in the UK has pointed to aggregate associations between higher social class
and increased housing capital gains (Hamnett, 1999; Murie & Forrest, 1980) alongside
recognition that such patterns can be geographic in nature (Forrest & Murie, 1989;
Hamnett, 1992). A recent Swedish study further posited that an important determinant
for higher-income individuals in achieving greater capital gains were their residential
trajectories across space (Wind & Hedman, 2018). Nonetheless, direct research into how
space structures unequal housing wealth accumulation has been limited. This article
addresses this knowledge gap through an examination of key factors that shape youngadult households’ likelihood to buy property in higher versus lower-gain locations –
reﬂecting divergent potential for housing wealth accumulation.
The article turns to the salient case of the Netherlands to empirically investigates these
processes. To do so, the paper employs an integrated perspective tackling, on the one
hand, spatial inequality in house-value developments in the country between 2006 and
2018, and on the other, how economic position and parental support structure young
adult2 households’ access to housing.
The paper begins outlining, ﬁrst, contemporary developments that are seemingly
promoting growing housing market spatial polarization and, second, household-level
determinants that may structure divided access to such spatially-diﬀerentiated housing
submarkets. We subsequently introduce the context of the Netherlands and its particular
relevance toward examining spatial dynamics of divided housing wealth accumulation.
Drawing on longitudinal and individual-level register data from Statistics Netherlands,
the empirical research thus presents two primary components: (1) an examination of
nation-wide trends of spatial polarization in neighborhood-level housing value
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developments, and (2) modeling how household economic position and parental support
structure entry into divergent neighborhood submarkets. The discussion of the results
brings attention to the fundamental signiﬁcance of these interacting dynamics in driving
increasing societal wealth inequalities.

Literature
The Spatial Polarization of Housing Markets
Location plays an essential role in housing asset accumulation. While this may be a selfevident real estate trope, spatial divisions in housing markets are seemingly on the rise.
Underlying rising spatial inequality are both increased and increasingly uneven ﬂows of
capital into housing. These dynamics are linked to the marketization and “ﬁnancialization” of housing (Aalbers, 2016; Aalbers & Christophers, 2014). Financialization has
promoted rising investment in property, expanded mortgage credit, and an embedding
of real estate into global circuits of capital (Aalbers, 2008; Aalbers & Christophers,
2014; Fernandez & Aalbers, 2016; Schwartz & Seabrooke, 2008). On a macro-level,
ﬁnancialization and expanded access to (cheap) credit essentially inﬂates the values of
collateral assets pushing up property values (Stiglitz, 2012). Investment in property
markets is further driven by lower yields on other investment portfolios (Green &
Bentley, 2014) and processes of capital shifting from production to the built environment, particularly in urban property markets (Christophers, 2011; Harvey, 1989).
These dynamics see house value inﬂation – particularly so in certain markets – promoting both growing wealth for market-insiders and rising aﬀordability barriers for
new entrants (Allegré & Timbeau, 2015).
Increasing spatial polarization plays out on various scales, for example between
regions, between cities but also at the very local level of neighborhoods. At higher
spatial scales, trends point toward the channeling of capital into select ﬁrst and secondtier global cities (Sassen, 1991, 2014). These property markets are targeted for both
returns and as a relatively secure store of capital (Fernandez, Hofman, & Aalbers,
2016). Conversely, many suburban areas see growing poverty rates (Cooke & Denton,
2015; Hochstenbach & Musterd, 2018) with peripheral (shrinking) regions confronted
with disinvestment and capital shifting away (Martinez-Fernandez, Audirac, Fol, &
Cunningham-Sabot, 2012).
The changing geography of capital ﬂows, has gone hand in hand with state restructuring. Many states have shifted toward market-enabling entrepreneurial policies that
privilege winner areas (Brenner, 2004; Harvey, 1989), likely exacerbating spatial polarization (Etherington & Jones, 2009). This is evidenced in contexts such as the
Netherlands where more centralized power facilitated national policy toward centralcity growth (Terhorst & Van de Ven, 1995).
Housing market dynamics are mutually reinforced by selective residential mobility,
further entrenching concentrated aﬄuence and disadvantage through persistent patterns
of socio-economic segregation (Sampson, 2012; Sampson & Sharkey, 2008). Recent
studies point to an increase in income segregation across European and American
urban areas (Bischoﬀ & Reardon, 2014; Musterd, Marcińczak, Van Ham, & Tammaru,
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2017). Such studies focus on population distributions but similar patterns likely apply to
housing market divisions, such as measured by changing property values.
While it is broadly understood that housing markets are inherently spatial, research is
lacking on how contemporary processes may be driving increasing spatial inequality. The
ﬁrst empirical focus of the paper thus confronts this issue through an investigation of
recent house value dynamics across neighborhood-level housing submarkets in the
Netherlands. Given the contemporary housing market dynamics discussed herein, we
expect to ﬁnd rising spatial inequality in rates of house value appreciation (Hypothesis 1).
Determinants of divided access to housing
Household economic position
Understanding housing inequality cannot be separated from the underlying factors that
structure unequal access to the housing market. Clearly, economic position fundamentally shapes both the ability to access homeownership and the type of (spatial) submarket
that households are able to invest in. Of course, housing preferences and decisions are
also inﬂuenced by a host of interrelated social and cultural factors (Bourdieu, 2005; Ley,
1996). Nevertheless, a suﬃciently high income and degree of economic security appear
necessary to access homeownership in the ﬁrst place, while a particularly strong economic position is needed to enter high-demand submarkets.
While persistent spatial inequality is important, local housing market change, notably
gentriﬁcation, may also contribute to economic sorting of housing wealth potential.
Especially more aﬄuent population groups are able to capitalize on rent gaps (Smith,
1979), using their capital and access to mortgage credit to close such gaps (Aalbers, 2007;
Wyly & Hammel, 1999). Higher-income newcomers may thus be able to buy into the
most proﬁtable niches.
Beyond income, employment position is likely crucial to housing access. Labor market
restructuring over recent decades has seen a growing ﬂexibilization of employment with
growing shares in non-typical and precarious contracts, such as temporary and part-time
positions (Biegert, 2014; Emmeneger, 2012). Employment security is important to homeownership access as evidenced in research across European countries (see Dotti Sani &
Acciai, 2018). While there is limited research on employment security and diﬀerentiated
outcomes among homeowners, a recent study in the Netherlands revealed strong correlations between stable employment contracts and being a homeowner in more urban and
higher-gain housing markets (Arundel & Ronald, 2019).
These dynamics inform our expectations in the relation between divided access and
spatially unequal housing markets. We thus posit that access to higher-gain spatial
submarkets would be associated with both higher household income (Hypothesis 2a),
as well as more secure employment positions (Hypothesis 2b).
Parental support
Young adults’ access to the housing market can be further structured by resources
beyond their immediate household. Here, parental support may play a crucial – and
increasing – role in structuring housing opportunities. There is substantial evidence of
rising intergenerational inequality. Across many countries, older cohorts, albeit by no
means a uniform group, were more likely to beneﬁt from favorable past labor conditions
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and be shielded from market reforms (Biegert, 2014; Häusermann & Schwander, 2012;
OECD, 2019b). These advantages intersected with easier homeownership access and
subsequent house-value increases, resulting in substantial shares of older cohorts with
(substantial) accumulated property wealth (Forrest & Hirayama, 2015). On the other
hand, younger cohorts have faced labor market deterioration alongside growing housing
unaﬀordability and, post-crisis, more restricted access to credit. Data from the United
States and Europe have shown long-term decreases in relative incomes for young adults
(Arundel & Doling, 2017; Bell & Blanchﬂower, 2011; Hills, Cunliﬀe, Gambaro, &
Obolenskaya, 2013).
The concentration of housing wealth among older generations and their more favorable labor market position ostensibly enhances the role of intergenerational support in
young adult housing trajectories, especially in purchasing a home (Forrest & Hirayama,
2015). Intergenerational transfers may take many forms: from direct ﬁnancial assistance,
acting as guarantors in credit access, to in-kind support through childcare or coresidence allowing increased savings (Forrest & Hirayama, 2015; Helderman & Mulder,
2007; Öst, 2012). Parents may also lend other support, such as resourceful social networks and speciﬁc housing knowledge (Hochstenbach & Boterman, 2017). Finally, the
intergenerational transmission of homeownership is more broadly related to social-class
reproduction (Friedman, Laurison, & Miles, 2015), socialization (Rowlands & Gurney,
2000), and normative (classed) expectations of transitions to adulthood (Druta & Ronald,
2017). Given divergent parental resources, intergenerational support reproduces socioeconomic and intra-generational divisions (Christophers, 2018).
Beyond homeownership entry, support from parents can be fundamental in structuring what housing is purchased. Parental resources may allow young adults to access more
expensive housing segments (Spilerman & Wolﬀ, 2012). This also inﬂuences where young
adults are able to buy. Previous research, in Sweden, the UK and the Netherlands, shows
how parental background plays an important role in the residential location of young
adults (Coulter, 2017; Hochstenbach, 2018; Van Ham, Hedman, Manley, Coulter, &
Östh, 2014).
Given these dynamics, we expect higher levels of parental resources to be associated
with entering higher-gain spatial submarkets (Hypothesis 3a). As we are able to diﬀerentiate between housing and non-housing parental wealth, we further expect the latter, as
a more “liquid” asset, to display a stronger association (Hypothesis 3b) implying the
particular signiﬁcance of the ﬁnancial mechanism of parental support.
Other determinants
Beyond our primary focus on economic position and parental resources, various other
household characteristics are expected to play a role in diﬀerentiated access to higher or
lower-gain submarkets (subsequently controlled for in our analyses). Of key importance
is educational attainment which would be expected to intersect with spatial residential
trajectories, given that education and higher-skilled employment opportunities tend to
concentrate in larger cities. More broadly, higher-educated young adults display
a stronger urban orientation and, within cities, typically prefer centrally-located gentrifying neighborhoods (Boterman, 2012; Ley, 1996). These areas are also commonly highergain submarkets. Additionally, household type would likely play a role in diﬀerentiated
housing trajectories, such as couples or households with children exhibiting diﬀerent
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housing preferences and spatial residential trajectories (Mulder & Hooimeijer, 1999;
Lersch & Dewilde, 2015). It is further important to consider how the number of siblings
may moderate parental support (Albertini & Kohli, 2012). Common socio-economic
variables of gender, age and ethnicity that have been shown to shape housing market
entry (see Filandri & Bertolini, 2016; Lersch & Dewilde, 2015; Kurz & Blossfeld, 2004)
may further intersect with particular (spatial) housing preferences and opportunities
among homeowners.
In sum, our research looks at how dynamics of housing market spatial inequality,
economic position, and diﬀerentiated access to parental resources may structure access
to more or less proﬁtable housing submarkets. While we argue for the crucial importance of understanding the intersect of these dynamics, we caution against implying
a direction of causality. Rather, we see spatially-diﬀerentiated housing markets and
divided access as mutually reinforcing: population sorting across space may further
drives property value divergences and vice versa. Furthermore, rather than absolute
outcomes of housing wealth inequality, we are concerned with examining rates of
appreciation. In other words, the research focuses on rates of change in housing values
regardless of the total size of housing assets (or, relatedly, the share owned versus the
share mortgaged). While absolute measures of housing wealth inequality have been the
focus of some relevant recent research (Wind, Lersch., & Dewilde, 2017; Arundel,
2017; Appleyard & Rowlingson, 2010; Hochstenbach 2018), we argue that understanding how rates of return in housing wealth are diﬀerentiated across socio-economic
lines is crucial to disentangling the mechanisms driving housing wealth inequality.

Study area and methods
The Dutch context
Our empirical focus turns to the case of the Netherlands, which presents unique
characteristics that make it particularly relevant for examining dynamics of housing
wealth inequality as well as reﬂecting similar trends occurring across advanced economies (Aalbers, 2016; Hay, 2004). The Dutch case is particularly salient, having experienced strong housing marketization and ﬁnancialization in recent decades. While social
rent traditionally accommodated large population segments, its ongoing gradual decline
has seen access increasingly restricted (Musterd, 2014). The share of housing associations
dwellings saw a decline from about 41% in 1990 to 35% in 2006 (Lijzenga & Boertien,
2016) and down to 29% in 2018 (Statistics Netherlands, 2019a). At the same time, an
expansion in market housing (both through homeownership and private rent), alongside
reduced tenant protection (Statistics Netherlands, 2019a) allows increasing social diﬀerentiation and spatial sorting in the housing market. The homeownership share grew from
46% in 1990 (Lijzenga & Boertien, 2016) to 53.7% in 2006 and 56.7% in 2018 (Statistics
Netherlands, 2019a, 2019b). The Netherlands represents a highly ﬁnancialized housing
market – displaying the highest European mortgage-debt-to-GDP rates (EMF, 2018) –
with long-term house price inﬂation fueled by high levels of credit access (Fernandez &
Aalbers, 2016). The Dutch homeownership market is also supported by generous mortgage tax deductions (Dutch: hypotheekrenteaftrek) which further inﬂate house values.
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Despite credit access being tightened following the GFC, recent years have seen increased
capital ﬂows into real estate by private households and institutional investors (Aalbers,
Bosma, Fernandez, & Hochstenbach, 2018).
Although the Netherlands is characterized by relatively modest income inequality, it
exhibits particularly high levels of wealth inequality (Reuten, 2018). The highlyﬁnancialized Dutch housing market has been identiﬁed as a key explanation for these
wealth disparities (Fernandez & Aalbers, 2016; Van Bavel & Salverda, 2014). Beyond
housing markets, the role of the Dutch state has seen a shift from policies that targeted
disadvantaged areas for investment (Musterd & Andersson, 2005) toward increasingly
prioritizing already well-performing urban neighborhoods (Hochstenbach, 2017; Van
Gent, 2013), further contributing to spatial polarization. Besides the particularities of the
Dutch case, it can also be placed within a context of similar trends occurring across
advanced economies which have seen ongoing ﬁnancialization (Aalbers, 2016), longterm house value inﬂation (OECD, 2019a), uneven development (Brenner, 2004) and
recent rises in housing inequality (Lennartz et al., 2016). In these ways, the examination
of the Dutch context provides both a salient case on its own as well as informing potential
dynamics across other contexts facing similar housing market processes. Finally, the
Netherlands provides particularly valuable data opportunities through access to fullpopulation and full-dwelling stock longitudinal registers.
The empirical research consists of two primary foci: (1) examining nation-wide trends
of neighborhood-level housing value developments, and (2) modeling how household
economic position and parental support structure entry into diﬀerent asset-accumulation
neighborhoods. In other words, the paper investigates polarization between “hot” and
“cold” property markets across space as well as how new home-buyers sort into these
diﬀerent spatial submarkets deﬁned on the basis of neighborhood boundaries. This paper
draws on data from the System of Social-statistical Datasets (SSD) of Statistics
Netherlands, which combines diﬀerent register datasets. It contains data on the full
population registered in the Netherlands, as well as dwelling-level information for the
total housing stock. All data are geocoded and longitudinal, making it possible to follow
people over space and time.
Spatial analysis of housing value dynamics
In order to assess spatial housing market polarization, it is necessary to measure housevalue developments at low spatial scales. We draw on dwelling-level registry data to
determine property values for each year in the 2006–2018 period (also see Hochstenbach
& Arundel, 2019). Information on dwelling size is not available, so we rely on total values.
Only those dwellings that have real estate information available for all years are included in
our analyses. We exclude demolished and newly-built dwellings, as well as those with
missing data in any of the years. This leaves a “stable” housing stock, which we use to
determine average neighborhood-level property values. Property values (Dutch:
Waardering Onroerende Zaken [WOZ]) are based on building characteristics, oﬃcial
valuations, and recent selling prices of nearby properties (Rijskoverheid, 2018). There is
a strong correlation between house values and house prices, but diﬀerences exist: rental
units also get a value assigned, and a time lag exists as changing sale prices take one or two
years to translate into changes in assessed values.
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In deﬁning small-scale housing submarkets, we follow the Statistics Netherlands
country-wide neighborhood classiﬁcation (Dutch: buurten), typically delineated by natural boundaries, waterways and major infrastructure. Using the 2016 neighborhoods,
boundaries are stable over time. To comply with SSD privacy requirements, we exclude
all neighborhoods where less than ten (stable) dwellings had values assigned. We exclude
a total of 1,678 neighborhoods, mostly scarcely populated rural, industrial, or newly
developed areas, and a very small number due to missing data.3 This leaves a total of
11,145 neighborhoods with 5,859,464 stable dwellings in our analyses with an average of
526 dwellings per neighborhood (minimum 10, maximum 11,381).
We measure inﬂation-corrected house-value development at the neighborhood level in
percentage change over diﬀerent periods, including 2006–2018 (the full data range) and
2014–2018 (a post-crisis period of increasing house values). GIS analysis is applied to map
uneven developments in detail. The resulting maps are presented as cartograms with neighborhoods intentionally distorted proportional to dwelling numbers using the GastnerNewman diﬀusion algorithm (Gastner & Newman, 2004). This graphically corrects for the
relative size of property markets and prevents misleading overrepresentation of larger but
sparsely-populated rural areas at the expense of smaller dense urban neighborhoods.
Subsequently, we analyze trends in housing market polarization at both the dwelling
and neighborhood level. We calculate house-value ratios by comparing the highest
value (i.e. top 10% most expensive) with the lowest value neighborhoods (i.e. bottom
10%). Increasing ratios over time indicate a stronger house-value polarization. A Gini
coeﬃcient over the years is further measured to capture spatial inequality trends. The
Gini is a common measure to capture inequality, ranging from 0 (full equality) to 100
(complete inequality). A higher coeﬃcient thus indicates greater diﬀerences between
neighborhoods. We calculate these measures at the dwelling-level to analyze the
uneven distribution of individual house values across the country. At the neighborhood-level, the measures assess the degree of spatial inequality between low-value and
high-value neighborhoods. In calculating the neighborhood-level measures, we weight
for diﬀerences in neighborhood size.
Regression modeling
The second empirical part of this paper looks into the question of where – in which
neighborhood property markets – young adult households buy a home. The key question
is to what extent young adults of diﬀerent economic and parental support characteristics
sort into property markets with higher or lower asset accumulation potential.
We ﬁrst address this question through descriptive analyses, focusing on the characteristics
of young adults moving into the diﬀerent neighborhoods. We do so by splitting our sample
across constructed neighborhood decile groups based on the 2014–2018 house-value development. To account for diﬀerences in neighborhood size, decile breaks are weighted by
number of dwellings. The top decile includes the 10% dwellings with the strongest neighborhood house-value developments: the “hottest” property markets nationally.
Subsequently, we estimate multilevel random-eﬀects regression models with the
2014–2018 neighborhood-level percentage change in property values as dependent
variable. Key predictor variables concern labor market position and parental wealth
background, as described below. Our models include two levels: the individual level
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and a spatial control. While we don’t include level-two variables in our model, we
acknowledge that our population is nested in several regional housing submarkets.
Within these submarkets, diﬀerent housing-market conditions and price developments may exist, inﬂuencing who is able to gain access at all, and into high or lowgain areas. Our spatial control is at the provincial level. The twelve provinces roughly
capture regional submarkets, while also preserving intra-regional variation.

Research population
Our analyses focus on young-adult households that we classify as “new” entrants having
entered homeownership at any point in 2013 – thus the new entrants “capturing” the
subsequent neighborhood house value change from 2014–2018 that forms our dependent
variable. The selected entrant year represents the bottom of the Dutch housing and
economic slump, as house prices reached their low point before picking up again. Low
house prices may have given opportunities for new entrants, but stronger mortgage lending
criteria and economic precarity may restrict post-crisis access. All analyses are at the
household level, because this is where economic resources are bundled and translate into
housing market purchasing power. We only include households with one or two adult
members, where the oldest household member is aged between 16 and 39. Only households
where all members moved residence are included to ensure we are dealing with a new
purchase, rather than people moving in together. Our selection only includes young adults
who were previously tenants or living in the parental house, but who are owner-occupiers
after moving. In most cases these young adults will be ﬁrst-time buyers, although we cannot
rule out that this includes returns into owner occupancy. As we are interested in the role of
parental resources, only households where the wealth position of at least one parent is
known are included. Additionally, a total of 2.4% of households (N = 1,462) were removed
due to missing/extreme values on household/individual level while 7.4% (N = 4,438) were
removed due to missing/extreme values on dependent variable (house-value change). After
narrowing down our population, and excluding cases with missing and extreme values, our
population consists of 53,956 households (see Table 1 for descriptive statistics).

Household economic position indicators
We include various indicators of economic position in our analyses, considering both
gross household income and employment situation in 2013. Employment situation is
assigned for the household’s main earner4 and is derived from tax registers. We distinguish four employment situations, based on highest source of income over the year:
employed, self-employed, receiving beneﬁts, receiving student bursaries. We subsequently draw on insurance registers to determine whether employed main earners are
on a permanent or temporary contract.5 In a small number of cases, employment status is
categorized unknown, or not applicable (i.e. for major shareholders, or company directors). It should be acknowledged that our analyses focus on home-buyers which tend to
be a relatively more well-oﬀ group, while those in rent or in the parental home – skewing
lower on socio-economic status – are not part of the research population.
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Table 1. Descriptive data
(Household population in the multivariate analysis N = 53,956)
%
Gross household income (in euros)
Source of income (main earner)
Employment – permanent contract
Employment – temporary contract
Employment – unknown/not applicable contract
Self employment
Beneﬁts
Student bursary
Age (oldest household member)
Household type
Single person
Couple without children
Couple with children
Single parent
Other
Ethnicity (main earner)
Native Dutch
Non-western non-native
Western non-native
Gender (main earner)
Female
Male
Highest followed education level (main earner)
Unknown
Low
Mid
High
Parental housing wealth (in euros)
Parental non-housing wealth (in euros)
Number of siblings
Parents together
Average neighborhood house value in 2014 (in euros)*
Neighborhood house value change 2014–2018 (in %)

Mean
59,851

63.3
23.6
1.1
5.5
2.0
4.5
28.7
36.4
44.2
17.3
1.3
0.8
85.4
8.4
6.2
29.0
71.0
8.5
2.7
36.3
52.5
155,337
224,321
2.8
51.5
210,477
5.0

Data source: SSD, Statistics Netherlands, own calculations
*Adjusted for inﬂation and presented in 2017 euros

Parental resources
Our analyses also focus on the role of parental resources. Although we don’t have data
available on actual intergenerational ﬁnancial transfers, we are able to include parental wealth
positions. We distinguish between net parental housing wealth as well as net other nonhousing forms of parental wealth, which capture more easily transferable (liquid) assets such
as savings. These net wealth measures subtract all outstanding debts, including mortgages.
Parental wealth is summed for all parents of a household as the assumption is that
couples with aﬄuent parents on both sides may receive more support than those with
aﬄuent parents only on one side. In other words, we measure total wealth (minus debts)
of all parents of all adult household members.6 Where parents are separated, parental
wealth is summed for both parents. When wealth is missing for a parent (i.e. due to death
or a parent living abroad), only assets of the other parent are used.
Young-adult households’ own wealth position may also play a role, but unfortunately
our data only allows us to include household wealth post-moving. At this point, ﬁrst-time
buyers may have depleted their savings to buy and maximized their mortgage capacity.
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Including pre-moving wealth is not possible, as we cannot distinguish personal wealth
from parental wealth those living in the parental home.

Results
Spatial Polarization of Housing Markets
The spatial analysis examines the uneven development of housing values across the
Netherlands over the 2006–2018 period per neighborhood submarkets. This period
includes rising average values until about 2010 with a subsequent stagnation then decline
in the aftermath of the GFC. Only after 2015, average house values start increasing again
(see Table 2).
National trends mask strong spatial variations in property value dynamics. GIS
mapping reveal stark spatial inequality in house-value development per neighborhoods
(Figure 1). Between 2006 and 2018 most areas of the country show neighborhood declines
while a few speciﬁc property markets have, on the contrary, displayed signiﬁcant property value appreciation (Figure 1(a)). Rising property values – i.e. “hot market” neighborhoods – are mostly concentrated in a limited number of larger and medium-sized cities,
namely Amsterdam, Utrecht, Groningen and Haarlem7.
The 2014–2018 period (Figure 1(b)) shows a striking pattern of divergent house-value
appreciation across neighborhoods. Despite national indications of property value
increases, a spatial understanding of these developments reveals instead a story of
broad stagnation, or only modest gains, nationally. The glaring exception however is
Amsterdam, where dramatic property value gains dominate. To a lesser extent, other
cities – particularly Utrecht and Haarlem – display higher gains. The spatial analysis
uncovers the stark geographic heterogeneity in housing market developments across
neighborhoods, and suggests a growing diﬀerentiation in potential asset accumulation
among homeowners depending on where households buy property. Multi-scalar and
temporal patterns of increasing spatial polarization at the national, regional and municipal level are further untangled in (Hochstenbach & Arundel, 2019).
Turning to the composite indicators of inequality in housing values, further conﬁrms
our hypothesis of increasing house-value polarization between neighborhoods across the
country (Table 2): at the neighborhood level, the 90:10 ratio shows that neighborhoods in
the 90th percentile had housing values that were 2.23 times higher than those in the 10th
percentile in 2006. By 2018, this ratio had gone up to 2.42 – indicating increasing spatial
inequality. Annual ﬁgures show a clear and consistent trend upwards, and a post-2015
acceleration of inequality. The 75:25 ratio is more stable, showing a slight increase in
inequality. At the dwelling level, we see a similar divergent development, indicating
growing diﬀerences in house values between expensive and aﬀordable units.
Finally, the Gini captures overall inequality in the distribution of average housing
values. Increasing Gini-coeﬃcients at the neighborhood-level from 18.66 to 20.55
(an increase of +10%) conﬁrm a clear pattern of spatial house-value polarization. In
other words, nationwide, the distribution of housing values across neighborhoods has
become more unequal. Between 2015 and 2018, the Gini shows a rapid increase,
suggesting accelerating polarization in the most recent years. At the dwelling level, the

18.62
2.23
1.53

26.68
3.18
1.76
€254,602
11,145

5,859,464

26.87
3.23
1.76
€239,078
11,145

5,859,464

2007

18.66
2.23
1.54

2006

5,859,464

26.89
3.19
1.76
€267,140
11,145

18.92
2.25
1.53

2008

5,859,464

27.20
3.25
1.78
€269,237
11,145

19.25
2.28
1.54

2009

5,859,464

27.35
3.25
1.78
€266,778
11,145

19.43
2.31
1.54

2010

5,859,464

27.31
3.23
1.78
€256,500
11,145

19.32
2.29
1.54

2011

5,859,464

27.30
3.22
1.78
€244,980
11,145

19.34
2.28
1.54

2012

Notes: Analyses based on a stable housing stock over time. All house values adjusted for inﬂation (in 2017 euros).
Data source: SSD, Statistics Netherlands, own calculations
a
Weighted for number of dwellings per neighborhood (i.e. percentile divisions based on dwelling counts).

Neighborhood-level a
Gini
90:10 ratio
75:25 ratio
Dwelling-level
Gini
90:10 ratio
75:25 ratio
Mean property value
Number of
neighborhoods
Number of dwellings

Table 2. Inequality measures between neighborhoods based on average property values.

27.44
3.25
1.79
€210,909
11,145
5,859,464

5,859,464

19.30
2.27
1.54

2014

27.39
3.24
1.78
€229,717
11,145

19.40
2.28
1.54

2013

5,859,464

27.62
3.29
1.80
€203,063
11,145

19.42
2.29
1.55

2015

5,859,464

27.89
3.35
1.82
€205,195
11,145

19.73
2.33
1.55

2016

5,859,464

28.21
3.37
1.85
€211,414
11,145

20.11
2.38
1.56

2017

5,859,464

28.64
3.44
1.87
€220,917
11,145

20.58
2.42
1.57

2018
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Cartogram distortion based on Gastner-Newman diﬀusion algorithm. Data source: SSD, Statistics Netherlands, own calculations. Values adjusted for inﬂation using the Consumer Price Index,
Statistics Netherlands.

Figure 1. Change in inﬂation-adjusted house values per neighborhood across the Netherlands.
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Table 3. Variation from mean for predictor variables across neighborhood deciles (mean = 100).
<< lowest gain neighborhoods
Deciles of inflation-adjusted
neighborhood house value
change 2014-2018

1

2

Gross income

96

Parental (total) wealth
Parental housing wealth
Parental non-housing wealth

103
105
102

Low education
Mid education
High education
Permanent contract
Temporary contract
Self employed
Unemployed
Student

highest-gain neighborhoods >>

3

4

5

6

7

8

9

10

98

99

97

99

97

99

100

105

108

97
108
91

100
107
96

92
95
90

88
95
84

81
87
77

80
84
78

90
92
89

104
101
105

154
122
172

117
127
76

105
124
80

90
117
85

102
121
83

114
110
90

98
106
96

101
104
95

81
94
105

72
75
120

43
45
146

100
98
111
130
58

102
98
97
107
60

102
100
95
90
61

102
98
91
118
61

102
100
90
104
61

101
100
86
99
89

103
98
86
88
86

100
94
85
96
117

100
95
82
100
124

91
102
102
94
167

Legend
> 110
> 102

< 98
< 90

DAta source: SSD, Statistics Netherlands, own calculations.

Gini increased from 26.87 in 2006 to 28.64 in 2018 (+6.6%). As would be expected,
inequalities are stronger at the dwelling level than at the aggregated neighborhood level.
Interestingly, however, the increase in inequality was stronger at the neighborhood level
than at the dwelling level.
Given the time lag and more tempered nature of assessed property values in comparison with actual sale prices, it is expected that the results would show even higher levels of
inequality measured by sales prices. Recent data on prices, only available for the largest
municipalities, show an even starker intensiﬁed dominance of Amsterdam compared to
the national average (Statistics Netherlands, 2019c). This indicates that as the city
captures an increasingly disproportionate share of property capital ﬂows, spatial polarization may accelerate.

Divided access to housing submarkets
With the second empirical focus, we are subsequently interested in where young adults
entering homeownership buy into the housing market. More speciﬁcally, we aim to
unravel to what extent economic and parental support characteristics shape access to the
spatially-diﬀerentiated housing submarkets across a landscape of (increasingly) unequal
higher-gain versus lower-gain neighborhoods.
Descriptive ﬁndings
Descriptive results across deciles based on neighborhood house-value change (Table 3)
reveal that gross household income is positively associated with the ability to buy in highgain neighborhoods, supporting our expectations (Hypothesis 2a). Households buying
into the top 20% of neighborhoods earn ﬁve to eight percent more than the average
young-adult household in our population, while those moving into the lowest-gain
neighborhoods, earn four percent below average. The relatively muted relationship can
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partly be explained by the fact only buyers are included who would need a more
substantial income to buy at all.
Turning to the employment status of principal household earner reveals some interesting ﬁndings that do not clearly support the expected relationship (Hypothesis 2b).
Both positions of permanent and temporary contracts display relatively even distributions. Those on a permanent contract do not buy into high-gain areas more often, neither
does there appear to be a substantial penalty for those on a temporary contract. Instead,
those on a permanent contract are even slightly underrepresented in high gain areas,
while the opposite is true for those on a temporary contract. Surprisingly, young adults
buying into the highest-gain areas are relatively often self-employed or students – a point
we will elaborate upon in the subsequent section.
On the other hand, parental wealth remarkably shows some even stronger divergences
in neighborhood outcomes than household income but particularly for the highest decile.
We do see more ambiguous patterns at the lower deciles given with somewhat higher
parental wealth values for the lowest deciles and lowest parental wealth associated with
the middle deciles. This is explained by the fact that mean 2014 house values in those
bottom three deciles are higher than for the middle four deciles (albeit lower than for top
three deciles). In other words, even though these neighborhoods show below-average
gains, they are slightly more expensive than the average. In the highest-gain neighborhoods, however, the pattern is starkly clear. For young adult households moving into the
top decile, their parents hold a full 54% more wealth than average (supporting
Hypothesis 3a). Distinguishing between parental housing wealth and other nonhousing parental wealth (i.e. savings), we ﬁnd the latter does show an even stronger
correlation with neighborhood outcomes. This lends support to our expectations regarding non-housing wealth as more liquid and easily transferable between generations
(Hypothesis 3b).
Finally, looking at education reveals strong diﬀerentiations. While overall, our population is a relatively highly educated,8 there are nonetheless clear divergences in spatial
outcomes. Those with low or middle education buy into low-gain areas relatively often,
while those with a high education concentrate in high-gain areas.
Regression analyses
We estimated multi-level random eﬀects models with the 2014–2018 neighborhood
property value change as the dependent variable to assess the isolated impact of economic
position and parental wealth background in access to the spatially-diﬀerentiated housing
submarkets markets (Table 4). We construct a three-step model: adding key parental
variables in the second step and, subsequently, an interaction between parental nonhousing wealth and employment contract.
We ﬁrst see in our models a further conﬁrmation of a signiﬁcant positive association
in our models between gross household income and buying into higher-gain property
markets (Hypothesis 2a). This is an important initial indication of an intensiﬁcation of
socio-economic inequality through unequal asset accumulation potential across space.
Education measures further corroborate such reproduction of socio-economic divisions
with highly educated households being signiﬁcantly more likely to move into high-gain
neighborhoods than their peers with a low or middle education level.

Gross household income (1000’s euros)
Source of income (main earner)
Employment – permanent contract
Employment – temporary contract
Employment – unknown/not applicable contract
Self employment
Beneﬁts
Student bursary
Age (oldest member)
Household type
Single person
Couple without children
Couple with children
Single parent
Other
Ethnicity (main earner)
Native Dutch
Non-western non-native
Western non-native
Gender (main earner)
Female
Male
Highest followed education level (main earner)
Unknown
Low
Mid
High
Parental housing wealth (10, 000’s euros)
Parental other wealth (10, 000’s euros)
Number of siblings
Parents together
Average neighborhood house value in 2014 (10, 000’s euros)
0.000

0.000

(ref)
−1.058***

−0.023***

0.000
0.000

(ref)
1.684***
2.238***

0.000

0.000
0.000
0.000
0.000

(ref)
−1.900***
−2.718***
−2.010***
1.803***

0.014
0.925

0.000
0.000
0.000
0.084
0.000
0.000

(ref)
0.866***
1.620***
0.795***
0.503
0.367***
0.119***

−0.399*
−0.024
(ref)
3.441***

p
0.000

Coef.
0.015***
0.68, 1.06
0.86, 2.39
0.45, 1.14
−0.07, 1.07
3.24, 4.11
0.10, 0.14

95% C.I.
0.01,0.02
(ref)
0.821***
1.347**
0.707***
0.415
3.456***
0.105***

Coef.
0.014***

(ref)
1.938***
2.153***

−0.72, −0.08 −0.392*
−0.52, 0.47 −0.017
(ref)
3.26, 3.62
3.332***
0.015***
0.007***
−0.174***
−0.712***
−0.03, −0.01 −0.032***

(ref)
−1.24, −0.88 −1.024***

1.39, 1.98
1.91, 2.56

(ref)
−2.09, −1.71 −1.844***
−2.97, −2.46 −2.621***
−2.79, −1.39 −2.013***
0.92, 2.68
2.016***

Model 1

0.000
0.000
0.000
0.000
0.000
0.000

0.016
0.945

0.000

0.000
0.000

0.000
0.000
0.000
0.000

0.000
0.001
0.000
0.153
0.000
0.000

p
0.000

Model 2

3.15, 3.51
0.01, 0.02
0.01, 0.01
−0.22, −0.13
−0.87, −0.55
−0.04, −0.02

−0.71, −0.07
−0.51, 0.47

−1.20 – −0.85

1.64, 2.24
1.83, 2.48

−2.05, −1.64
−2.89, −2.35
−2.71, −1.32
1.13, 2.90

0.63, 1.01
0.58, 2.11
0.37, 1.05
−0.15, 0.98
3.02, 3.89
0.08, 0.13

95% C.I.
0.01,0.02

−0.402*
−0.029
(ref)
3.318***
0.015***
0.004***
−0.172***
−0.714***
−0.031***

(ref)
−1.022***

(ref)
1.981***
2.163***

(ref)
−1.844***
−2.616***
−2.017***
1.931***

(ref)
0.700***
2.028***
0.623**
0.359
2.949***
0.103***

Coef.
0.014***

0.000
0.000
0.000
0.000
0.000
0.000

0.013
0.906

0.000

0.000
0.000

0.000
0.000
0.000
0.000

0.000
0.000
0.001
0.238
0.000
0.000

p
0.000

Model 3

(Continued)

3.14, 3.50
0.01, 0.02
0.00, 0.01
−0.22, −0.13
−0.88, −0.55
−0.04, −0.02

−0.72, −0.08
−0.52, 0.46

−1.20, −0.84

1.68, 2.28
1.84, 2.49

−2.05, −1.64
−2.88, −2.35
−2.71, −1.32
1.05, 2.81

0.50, 0.90
1.17, 2.89
0.24, 1.00
−0.24, 0.96
2.50, 3.40
0.08, 0.12

95% C.I.
0.01,0.02

Table 4. Multilevel random-eﬀects regression models. Dependent variable: percentage change in house values 2014–2018 of the destination neighborhood.
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Coef.

*p < 0.05 **p < 0.01 ***p < 0.001
Source: SSD, Statistics Netherlands, own calculations

Source of income (main earner) * Parental non-housing wealth
Employment-permanent contract * Parental non-housing wealth
Employment-temporary contract * Parental non-housing wealth
Employment-unknown/na contract * Parental non-housing wealth
Self employment * Parental non-housing wealth
Beneﬁts * Parental non-housing wealth
Student bursary * Parental non-housing wealth
Constant
−0.932
Number of cases – Level 1 (individual)
53, 956
Number of groups – Level 2 (province)
12
Log likelihood
−196, 190
2
4067.7
Wald chi
Variance – Level 1 (individual)
23.4
Variance – Level 2 (province)
84.2
0.081
Snijders/Bosker R2– Level 1 (individual)
2
0.118
Snijders/Bosker R – Level 2 (province)

Table 4. (Continued).

0.516

p

Model 1

−3.74, 1.88

95% C.I.

0.194
53, 956
12
−196, 032
4386.8
23.0
83.7
0.088
0.132

Coef.

0.892

p

Model 2

−2.60, 2.99

95% C.I.

(ref)
0.006**
−0.009**
0.004
0.003
0.022***
0.256
53, 956
12
−195, 999
4479.8
23.0
83.6
0.0896
0.1337

Coef.

0.001
0.006
0.161
0.620
0.000
0.857

p

Model 3

0.00, 0.01
−0.02, 0.00
0.00, −0.01
−0.01, −0.02
0.02, 0.03
−2.54, 3.05

95% C.I.
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Even after controlling for other factors, employment position measures reveal similarly unexpected results as apparent in the descriptive ﬁndings. We ﬁnd, surprisingly, that
young adults on a temporary contract, in self-employment, or in education are more
likely to move into high-gain areas than young adults on a permanent contract. One
could argue that these groups have a more urban orientation – where the strongest
increases in housing values are also recorded. We therefore estimated additional models
(available upon request) focusing only on young adults that bought in urban areas
(models across the eight largest cities, the four largest cities, Amsterdam and the
Amsterdam metropolitan region). Even when narrowing our population, a similar eﬀect
for those self-employed and temporarily employed is found. In other words, even within
cities, these young-adult households appear to sort into relatively higher gain areas. One
explanation would be that these represent “marginal gentriﬁers” – with lower economic
but higher cultural capital (Rose, 1984). They may lack the economic position to buy into
established areas, seeking out niche markets of incipient gentriﬁcation instead.
Looking at parental background variables, the second model conﬁrms our hypothesis
ﬁnding a signiﬁcant independent “eﬀect” of parental housing and non-housing wealth on
buying in higher-gain neighborhoods. These results support the potential importance of
intergenerational resources in accessing prime housing markets (Hypothesis 2a). While
we cannot model direct ﬁnancial transfers, our models clearly reveal the correlation
between higher parental resources and entering submarkets with higher asset accumulation rates. This has fundamental implications in the reproduction and ampliﬁcation of
inequalities across generations. While parental non-housing wealth is also strongly
signiﬁcant, after controlling for other variables through our model, we don’t see the
expected stronger eﬀect (Hypothesis 2b) as was apparent in the descriptive results. Given
that we are not able to look directly at transfers, we acknowledge that parental wealth may
also capture the broader social-class background of young adults, although we do control
for other key socio-economic indicators. Nonetheless, the “number of siblings” shows
a signiﬁcant negative eﬀect potentially indicating that having to share parental wealth
with more siblings reduces the odds to move into high-gain areas. This reinforces the
likelihood of parental resources being important in direct support beyond broader class
position and associated preferences. Our third model further reveals interesting results in
terms of parental wealth to some extent mediating more precarious employment contracts. Including an interaction eﬀect between parental non-housing wealth9 and employment position reveals that parental resources have a signiﬁcantly higher impact on the
likelihood of accessing a higher gain neighborhood for those on a temporary contract and
particularly for students, compared to the reference category of those in full-time
employment. The larger role of parental wealth for these groups may correlate with
a stronger likelihood of being in higher-gain neighborhoods through further sociocultural transmission of expectations and preferences for certain neighborhoods
(Friedman et al., 2015; Hochstenbach & Boterman, 2017). Although we can’t measure
this directly, for some students with wealthier parents, this may involve assistance with,
or purchase of, housing by their parents for their study periods, which could be expected
to be more likely located in higher-gain central urban areas and university cities.
Among further control variables, the models return interesting results for ethnicity.
We ﬁnd that non-western non-natives are signiﬁcantly more likely to buy in higher-gain
neighborhoods compared to their native Dutch counterparts. While this is initially an
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unexpected result, when we run a further OLS regression model focusing only on the four
largest cities or on Amsterdam, we instead ﬁnd this group to be signiﬁcantly less likely to
buy into high-gain areas. The results would therefore seem to be explained by their urban
focus. In other words, non-western non-natives homebuyers tend to buy more often in
urban areas and especially within the largest cities where we also ﬁnd many high-gain
neighborhoods. Within these cities, however, they are more likely to buy into neighborhoods showing a relatively weak development in housing values. It is furthermore
important to keep in mind that we focus on a speciﬁc subset of homebuyers, with nonwestern non-natives much more likely to depend on rental housing. Hence, urban housevalue increases may indeed beneﬁt a small group of ethnic minorities – enabling those
that bought to accumulate substantial housing assets – but a larger share among these
minority groups may in fact ﬁnd themselves on the losing end where house-value
increases translate into declining rental housing aﬀordability.
Robustness checks
Alongside the robustness checks for the subsample of larger cities and the Amsterdam
region discussed above, we carried out a series of additional models over diﬀerent
combinations of time periods for property value change (including the full period
2006–2018, 2010–2018, 2011–2018, and so forth). We also estimated OLS regressions
without nesting data in provinces, and using larger borough districts (Dutch: wijken) as
spatial units. These robustness checks returned highly similar results across all variables,
indicating that our ﬁndings are not tied to a speciﬁc period or spatial scale.
We also ran the models where we did not use neighborhood-level, but dwelling-level
change in house values as the dependent variable. Interestingly, while the direction, size
and signiﬁcance of the eﬀects remained highly similar, the explanatory power (R-squared)
of these models was substantially lower. A technical explanation may be that aggregation of
dwelling data to the neighborhood level smooths the data, reducing dwelling-level volatility. A more substantive explanation would be that dwelling-level grading is partly dependent on post-purchase renovations and investments. Furthermore, purchase decisions may
be inﬂuenced to a greater extent by neighborhood trajectories. While not the focus of the
current article, these potential explanations motivate further research. The results of the
individual level models are included as additional material (see Table Appendix) and
provide some further insight into population sorting at the level of dwelling outcomes.
However, in excluding neighborhood dynamics, these models are essentially non-spatial
and thus do not directly capture our primary focus on spatial sorting.

Conclusion
Through an examination of detailed longitudinal register data for the Netherlands, our
analyses reveal patterns of increasing spatial polarization in house values conﬁrming our
ﬁrst hypothesis – with growing divergence between “hot” versus “cold” property markets.
We further see an acceleration in such spatial polarization for the most recent years. In
other words, where one buys has gained importance in securing future housing wealth
accumulation. Investigating the ﬂow of young adults into the housing market, we further
uncover sharply divided access to neighborhood property markets. The results revealed
signiﬁcant sorting of homebuyers into higher or lower gain neighborhoods across socio-
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economic lines in terms of income and education levels. The ﬁndings conﬁrm our second
hypotheses with income as a predictor of buying into higher-gain neighborhoods
(Hypothesis 2a). On the other hand, some unexpected associations regarding employment position were found (Hypothesis 2b), with self and temporary employed young
home-buyers instead correlating with higher-gain neighborhoods. Part of the explanation seems to be the somewhat larger role that parental wealth plays for this subgroup, as
the interaction-eﬀect model suggests.
In all our analyses, we further reveal parental wealth as a crucial determinant of access
to high-gain areas (Hypothesis 3a). In overall population sorting into deciles we also see
a stronger eﬀect of parental non-housing wealth (Hypothesis 3b). This, along with the
interaction results and the moderating eﬀect of siblings, underscores the mechanism of
direct ﬁnancial parental support in accessing more lucrative submarkets.
On the basis of these empirical ﬁndings we can make various broader, analytical
contributions. Our paper demonstrates the importance of considering multiple dimensions of socio-economic status in assessing divided housing access. Income and employment position remain crucial, but socio-economic inequalities also depend on multiple
interacting factors. Increasing labor market precarity makes it more important to diﬀerentiate between temporary and permanent contracts. Deepening generational divides
amplify the importance of parental support. The role of parental resources in accessing
higher rates of housing wealth accumulation implies a crucial mechanism of the intergenerational reproduction of inequalities. While we looked speciﬁcally at new buyers,
such divisions among homeowners only supplement further inequalities between homeowners and renters entirely excluded from property wealth accumulation (see Forrest &
Hirayama, 2018). These dynamics are often reinforced over time, as homeowners who
accumulate substantial assets are again more able to move into high-gain areas. Our
ﬁndings thus point to multiple intersecting socio-economic cleavages in housing asset
accumulation trajectories.
Our spatial analyses further highlight clear and consistent increases in spatial inequality in house values, with capital gains increasingly concentrating in (certain) major cities.
Where one buys has become more important in achieving future housing-wealth accumulation. Increasing spatial disparities are thus set to become more important in
producing and reproducing social inequalities.
These ﬁndings imply signiﬁcant policy relevance. The active role of space in amplifying unequal asset accumulation demands a careful consideration of policies that may
mitigating spatial divides. These relate to macro-level policies in dampening housing
ﬁnancialization and marketization, such as mortgage regulation and reducing homeowner tax beneﬁts, as well as policies that may promote a de-commodiﬁcation of housing
(i.e. regulations against speculative property investment and increasing non-market
housing options). This could further involve spatially-targeted measures, particularly in
overheated markets, as well as a broader reconsideration of state policies that promote
uneven development.
Above all, the research exposes underlying mechanisms driving growing housing wealth
inequalities. Our research promotes a crucial spatial understanding of wealth accumulation – one that may also be relevant to interpret other societal inequalities. It is not just
a question of owner-occupiers versus renters, as our analyses indicate notable segmentation
between buyers. Buying in the right place may enable some low-status households to make
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windfall gains, but polarization suggests beneﬁts mostly concentrated among alreadyprivileged households, and increasingly so. Wealth inequalities are not only mapped onto
space, but space itself ﬁgures prominently in reproducing and amplifying such inequalities.
In other words, where you buy matters: shaping both individual life-courses as well as
societal inequalities. This only becomes more critical as spatial polarization intensiﬁes.

Notes
1. While our discussion of housing and housing markets throughout refers to the entirety of
both building and land value, for an interesting overview of the particular role of land
markets see the work by Murphy (2018) on the UK.
2. Deﬁned as having a head of household aged between 16 and 39 years old.
3. For example, land-registry data is missing for the municipality of Steenbergen (10,006
dwellings distributed over 18 neighborhoods in 2016) and most of Bernheze. Due to the
small size of both municipalities, their omission does not inﬂuence our ﬁndings.
4. Unfortunately, the structure of our dataset does not allow us to also include the employment
situation of all partners, although we do capture income at the combined household level
alongside household type.
5. Very minor discrepancies between tax and insurance datasets exist, albeit unlikely to skew
results.
6. In the regression analyses we control for the total number of siblings as this may inﬂuence
how much ﬁnancial support one child may receive.
7. Haarlem is unlabeled on the map, but identiﬁable as the green cluster west of Amsterdam.
8. This is partly because we focus on young adults and homebuyers – both groups with higher
education levels than the total population.
9. We focus on the non-housing wealth as being the most “liquid” and potentially readily
accessible to support adult children’s housing trajectories.
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Gross household income (1000’s euros)
Source of income (main earner)
Employment – permanent contract
Employment – temporary contract
Employment – unknown/not applicable contract
Self employment
Beneﬁts
Student bursary
Age (oldest member)
Household type
Single person
Couple without children
Couple with children
Single parent
Other
Ethnicity (main earner)
Native Dutch
Non-western non-native
Western non-native
Gender (main earner)
Female
Male
Highest followed education level (main earner)
Unknown
Low
Mid
High
0.000
0.000
0.065
0.003

0.000
0.000

0.000

(ref)
−0.933 ***
−1.182 ***
−0.957
1.971 **
(ref)
1.417 ***
1.752 ***
(ref)
−0.847 ***

0.000

0.017
0.050

0.000
0.001
0.000
0.530
0.000
0.000

(ref)
0.820 ***
1.828 **
1.738 ***
−0.267
3.282 ***
0.096 ***

−0.566 *
−0.718
(ref)
2.982 ***

p
0.000

Coef.
0.026 ***

Model 1

(ref)
0.787 ***
1.613 **
1.643 ***
−0.305
3.187 ***
0.085 ***

Coef.
0.024 ***

(ref)
1.757 ***
1.750 ***

−1.03, −0.10 −0.562 *
−1.44, 0.00 −0.680
(ref)
2.72, 3.25
2.846 ***

(ref)
−1.11, −0.58 −0.835 ***

0.99, 1.84
1.28, 2.22

(ref)
−1.21, −0.65 −0.966 ***
−1.56, −0.81 −1.141 ***
−1.97, 0.06 −0.858
0.69, 3.25
2.070 **

0.54, 1.10
0.70, 2.95
1.23, 2.25
−1.10, 0.57
2.62, 3.94
0.64, 0.13

95% C.I.
0.02, 0.03

0.000

0.018
0.064

0.000

0.000
0.000

0.000
0.000
0.098
0.002

0.000
0.005
0.000
0.474
0.000
0.000

p
0.000

Model 2

2.58, 3.11

−1.03, −0.10
−1.40, 0.04

−1.10, −0.57

1.32, 2.19
1.28, 2.22

−1.26, −0.67
−1.54, −0.75
−1.87, 0.16
0.78, 3.36

0.51, 1.07
0.49, 2.74
1.13, 2.15
−1.14, 0.53
2.53, 3.85
0.05, 0.12

95% C.I.
0.02, 0.03

−0.572 *
−0.695
(ref)
2.828 ***

(ref)
−0.831 ***

(ref)
1.791 ***
1.758 ***

(ref)
−0.967 ***
−1.139 ***
−0.867
1.995 **

(ref)
0.634 ***
2.467 ***
1.543 ***
−0.329
2.727 ***
0.083 ***

Coef.
0.025 ***

0.000

0.016
0.058

0.000

0.000
0.000

0.000
0.000
0.095
0.002

0.000
0.000
0.000
0.416
0.000
0.000

p
0.000

Model 3

(Continued)

2.56, 3.09

−1.04, −0.11
−1.41, 0.02

−1.09, −0.57

1.36, 2.22
1.28, 2.23

−1.27, −0.67
−1.53, −0.75
−1.88, 0.15
0.71, 3.28

0.34, 0.93
1.20, 3.73
0.99, 2.10
−1.20, 0.55
2.04, 3.41
0.05, 0.12

95% C.I.
0.02, 0.02

Appendix. Multilevel random-eﬀects regression models. Dependent variable: percentage change in house values 2014–2018 of the destination dwelling.
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Coef.

ap < 0.05 **p < 0.01 ***p < 0.001
Source: SSD, Statistics Netherlands, own calculations

Parental housing wealth (10, 000’s euros)
Parental other wealth (10, 000’s euros)
Number of siblings
Parents together
Average neighborhood house value in 2014 (10, 000’s euros)
−0.147 ***
Source of income (main earner) a Parental non-housing wealth
Employment-permanent contract a Parental non-housing wealth
Employment-temporary contract a Parental non-housing wealth
Employment-unknown/na contract a Parental non-housing wealth
Self employment a Parental non-housing wealth
Beneﬁts a Parental non-housing wealth
Student bursary a Parental non-housing wealth
Constant
3.924 ***
Number of cases – Level 1 (individual)
53, 956
Number of groups – Level 2 (province)
12
Log likelihood
−216, 610
Wald chi2
1553.5
Var(_cons)
22.5
Var(residual)
179.5
Snijders/Bosker R2 – Level 1 (individual)
0.029
Snijders/Bosker R2 – Level 2 (province)
0.039

Appendix. (Continued).

0.007

0.000

p

Model 1

1.09, 6.75

4.771 **
53, 956
12
−216, 535
1707.3
22.1
179.0
0.033
0.055

Coef.
0.024 ***
0.007 ***
−0.124 ***
−0.589 ***
−0.16, −0.13 −0.159 ***

95% C.I.

0.001

p
0.000
0.000
0.000
0.000
0.000

Model 2

1.95, 7.59

95% C.I.
0.02, 0.03
0.00, 0.01
−0.19, −0.06
−0.82, −0.35
−0.17, −0.15
(ref)
0.007 **
−0.013 *
0.004
0.000
0.019 ***
4.839 **
53, 956
12
−216, 516
1747.4
22.1
178.8
0.034
0.056

Coef.
0.023 ***
0.004 **
−0.122 ***
−0.590 ***
−0.157 ***

0.004
0.013
0.304
0.963
0.000
0.001

p
0.000
0.003
0.000
0.000
0.000

Model 3

0.00, 0.01
−0.02, 0.00
0.00, 0.01
−0.02, 0.02
0.01, 0.03
2.02, 7.66

95% C.I.
0.02, 0.03
0.02, 0.03
−0.19, −0.06
−0.83, −0.35
−0.17, −0.14
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